U.U.D.M. Report 2011:10
UNIVERSITET

On the Hsu-Robbins-Erdés-Spitzer-Baum-Katz
theorem for random fields

Allan Gut and Ulrich Stadtmuller

Department of Mathematics
Uppsala University






On the Hsu-Robbins-Erdos-Spitzer-Baum-Katz theorem
for random fields

Allan Gut Ulrich Stadtmuiller
Uppsala University University of Ulm

Abstract

The by now classical results on convergence rates in the law of large numbers involving the
sums > 00 n® "2P(|S,| > n), where 7 > 0, a > 1/2, such that ar > 1 has been extended
to the case a = 1/2 by adding additional logarithms. All of this has been generalized to
random fields by the first named author in Ann. Probab. (1978, 1980). The purpose of the
present paper is to treat the case when the a’s differ in the different directions of the field, as
well as mixed cases with some a’s equal to 1/2 with added logarithms and/or iterated ones.

1 Introduction and results

The point of departure of this paper is the pioneering paper in 1947 by Hsu and Robbins [11],
in which they introduced the concept of complete convergence, and proved that the sequence
of arithmetic means of independent, identically distributed (i.i.d.) random variables converges
completely to the expected value of the variables, provided their variance is finite. The necessity
was proved somewhat later by Erdés [2, 3]. The result was later generalized during a process which
led to the now classical paper by Baum and Katz [1], in which the equivalence of (1.1), (1.2), and
(1.4) below was established; the equivalence of (1.2) and (1.3) is trivial one way and follows via the
Lévy inequalities (more precisely via the standard Lévy inequalities as given in e.g. [6], Theorem
3.7.1 in conjunction with Proposition 3.6.1 there).

Theorem 1.1 Let r > 0, a > 1/2, and ar > 1. Suppose that X, X1, Xo, ... are i.i.d. random
variables with partial sums S, = 22:1 Xk, n>1.If

E|X|"<oco and,if r>1, EX =0, (1.1)
then
Z ar=2p(|S,| >n%) < oo forall £>0; (1.2)
=
Z ar=2p( max |Sk\ >n%) <oo forall £>0. (1.3)
n=1
If ar > 1 we also have
Z or=2P(sup |Sk/k*| > ¢e) < oo forall &> 0. (1.4)
k>n

Conversely, if one of the sums is finite for all € > 0, then E|X|" < 0o and, if r > 1, EX =0.
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The result in this form was generalized to the multiindex case in [4]. In order to formulate
it we need to define our setup. Toward that end, let Zi, d > 2, denote the positive integer d-

dimensional lattice with coordinate-wise partial ordering <, viz., for m = (mq,ma,...,my) and
n = (ny,na,...,ng), m < n means that my < ny, for k =1,2,...,d. The “size” of a point equals
n| = HZ:1 ng, and n — oo means that ng — oo, forall k =1,2,...,d.

Here is now the promised background result.

Theorem 1.2 Let r > 0 and o > 1/2 with ar > 1, and suppose that { Xy, k € Z$} are i.i.d.
random variables with partial sums S, = Zkgn Xy, ne Zj’lr. If

E|X|"(log" | X|)* ' <00 and, if r>1, EX =0, (1.5)
then
> |2 P(|Su| > [n|*¢) < oo forall £>0; (1.6)
n
> |n|wf2p(1§13x|sk| > |n|%) < oo forall &> 0. (1.7)

n

If ar > 1 we also have

Zj””*QP( sup |Sk/|k|¥| >¢€) < oo forall >0. (1.8)
= i<l

Conversely, if one of the sums is finite for all ¢ > 0, then E|X|"(log’ |X])?~! < 0o and, if © > 1,
EX =0.

REMARK 1.1 Here, and throughout, we define log" 2 = max{1,logz}, for 2 > 0, although, for
convenience, we shall permit ourselves to be sloppy about the additional +-sign within compu-
tations. Moreover, we use the convention that products such as H?:1 = 1. We also let C, with
or without indices, denote numerical constants of no significance, which, in addition may change
between appearances. O

In the above result every coordinate ng, k = 1,2,...,d, is raised to the same power a. The
main point of the present paper is to allow for different powers for different coordinates. As for
“the law of the single logarithm”, which is a parallel to the LIL in which one considers delayed
sums, we refer to [7].

In order to continue we therefore define @ = (a1, o, ..., aq), where, w.l.o.g., we assume that
the coordinates are arranged in non-decreasing order, such that a; is the smallest one and a4 the
largest one. We further let p denote the number of «’s which are equal to the smallest one, viz.,

p=max{k:ar = a1}

As is easily seen the domain of interest concerning the a’s becomes
1
§§Ol1§042§"'§04d§17 (1.9)

where the boundary 1/2 takes us into the realm of the central limit theorem and the boundary 1
corresponds to the Kolmogorov strong law.
Finally, for ease of notation, we use the notation n® = (n{*,n5?,...,ny?) and [n®| = HZ:1 nyt.
Theorem 1.2 now extends as follows.

Theorem 1.3 Let r > 0, suppose that oy > 1/2, that anr > 1, and let {Xk, k € Zjl_} be 1.i.d.
random variables with partial sums Sy =) ., Xk, n € Zi. If

E|X|"(logt |X|)P"' <00 and,if r>1, EX =0, (1.10)
then
> |2 P(|Sa| > [n%|e) <00 forall &> 0; (1.11)
n

> |n|aﬂ"*2p(1ﬁ13x |Sk| > n%[e) <00 forall > 0. (1.12)

n
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If ayr > 1 we also have

oo

Zj@gT*?P( sup |Sk/|k%|| >¢) <oo forall e>0. (1.13)

j=1 J<|k|

Conversely, if one of the sums is finite for all ¢ > 0, then E|X|"(log® |X|)P~! < 0o and, if r > 1,
EX =0.

The next natural question would be to consider the boundary oy = 1/2. However, since in this
case,

Z\nl D72P(|Sa| > In*le) >Z 272 P (IS0

=1

Ll >Vi-1-1-1-1-6) = 400

1,1,

for any € > 0, there cannot exist any positive result in this case.

Nevertheless, in the case d = 1 Lai [12], Theorem 3, proves a positive result by adding (that is,
by multiplying) additional logarithms, cf. also [5]. Our next result is a multiindex extension of his
theorem.

Theorem 1.4 Let r > 2, suppose that oy = 1/2 (and thus, in particular, that cqr > 1), and let
{Xx, k € Z$} be i.i.d. random variables with partial sums Sy = > k<n Xk, D E z4. If

E|X|"(log" | X|)P"17"/? <00, EX=0, and VarX =o? < o0, (1.14)

then

»
Z In|"/D72P(|Sy| > an -log (H H nit-e) <oo for e>ovVr—2; (1.15)
i=1 i=1

n 1=p+1

P P d
Z |n\(r/2)72P(11£1§al>1(|Sk| > :UlnZ -log (I[lnl) J_[ n{i-e) <oo for e>ovr—2.(1.16)

n 1 =p+1

If aqr > 1, i.e. if r > 2, then we also have

>e)<oo forall e>ovr—2. (1.17)

p d
[Tkitogks ] k¢

i=1 i=p+1

ZJ(T/Q 2P bup ‘Sk/

j=1 J<|k|

Conversely, suppose that either r = 2 and p > 2, or that r > 2. If one of the sums is finite for
some € > 0, then E|X|" (logt |X|)?~'="/2 < 00 and EX = 0.

REMARK 1.2 When p = d one rediscovers [5], Theorems 3.4 and 3.6.

REMARK 1.3 The first and necessary condition in (1.14) implies, in particular, that the variance
is finite exzcept for the case when r = 2 and p = 1. However, one can show (cf. [5], page 301) that
an intermediate condition is sufficient when » = 2 and (p =) d = 1 in the symmetric case. For the
complicated precise condition and for more on this exceptional case we refer to [14]. O

REMARK 1.4 Note that when r = 2 the sums are, in fact, finite for every € > 0.
Our next result is devoted to the loglog-analog of the previous result.
Theorem 1.5 Suppose that oy = 1/2, that p > 2, and let { X, k € Zjl_} be i.i.d. random variables

with partial sums Sn = o, Xk, n € zZ¢. If

logt | X )1
|2% <oo, EX=0, and VarX =o? (1.18)
log™ log™ | X|
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then, for e > o/2p,

p p d
Z iP(|Sn| > Hni -loglog(Hni) H ngi - g) < oo; (1.19)
n |Il| i=1 i=1 i=p+1
1 P P d
Z HP(E@XWH > an -1oglog(Hni) H n - e) < . (1.20)
n = i=1 i=1  i=p+1

+ -1
Conversely, if one of the sums is finite for some ¢ > 0, then E|X|2% < oo and EX =0.

REMARK 1.5 When p = d one rediscovers [5], Theorems 6.2. O
One can also mix logarithmic and iterated logarithmic rates as follows.

Theorem 1.6 Suppose that oy = 1/2, that 2 < p < d, and let {Xy, k € Zj‘f_} be i.i.d. random
variables with partial sums S, = Zkgn Xx,ne€ Zi, If

(log™ | X[)*2

<oco, EX=0, and VarX =o?, 1.21
log™t log™ | X]| (1.21)

E|X|?

then, for e > o/2p,

p 4 d
Z ﬁp(|sn| > an -log log (Hnl) -log( H nl) .5) < 00 (122)

i=1 i=1 i=p+1

1 P P d
Z HP(E%)SWH > an -loglog (an) -log( H n;)-€) <oo. (1.23)
n - =1

i=1 i=p+1

d—
Conversely, if one of the sums is finite for some € > 0, then E|X|2% and EX =0.

Our final mix is devoted to logarithms, iterated ones and powers.

Theorem 1.7 Suppose that oy = 1/2, that 2 < p < q < d, and let {Xx, k € Z$} be i.i.d. random
variables with partial sums S, = stn X, ne€ fo, If

(log™ | X1)e~2

<00, EX=0, and VarX =o2, 1.24
log™ log™ | X]| (1.24)

E|XJ?

then, for € > o+/2p, we have

a P q d
Zﬁp(‘sl’J > H?’Li lOgIOg(Hni) ~]0g( H nl) . H ’I’L?’ 'E) < o00; (125)

i=1 i=1 i=p+1 i=q+1
1 q p q d
Z HP(Il?gx}l{‘Sk‘ > Hni loglog(H n;) - log( H ng) - H niie) <oo.  (1.26)
n = i=1 i=1 i=p+1 i=q+1

+ —2
Conversely, if one of the sums is finite for some € > 0, then E|X|2% and EX =0.

REMARK 1.6 The reason for the strict inequalities concerning p, ¢, and d is that there is no
“continuity” in the moment assumptions between those theorems and earlier ones. Some additional
comments on this are given in Remark 6.2.

REMARK 1.7 Note that the case p = 1 is special almost throughout, sometimes also for the proof of
the sufficiency. However, once again it follows from the necessity that the variance is automatically
finite unless p = 1. A related trouble concerns the necessity in the LIL which is “easy” when d > 2
and “hard” when d = 1. O
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2 Auxiliary tools

In order to get hold of the “size” of the index set Zi one needs the quantities
My(j) = Card {k s [k| < j}  and  dg(j) = Card {k : [K| = j},

together with their asymptotics

Ma(y) 1
j(log )™t " (d—1)!

We begin with some purely computational tools, the proofs of which exploit the method of
“summing along hyperbolas” (cf. [4, 5, 7]), partial summation and (2.1).

and  dg(j) = o(j°) forany § >0 as j — oc. (2.1)

Lemma 2.1 (a) Let 0; >0, i=1,2,3. Then

ZHnel Lexp{— HQHnGS} < 0.

n =1

(b)
Z 1 < 00, for v >d,
— [n|(log[n|)7 | =00,  for y<d.
(¢c) Suppose that p; >1,i=1,2,...,d. Then

Z H pz{foo ifall - pi>1,

= 00, if at least one  p; < 1.

PROOF. (a) follows upon observing that

ZHné‘l 1exp{ HQHnS}_Zd 01— 1eXp{—92j93}<007

n =1

and (b) is immediate from the fact that

o0

Z nl? log n|)” Z

= logj

plus partial summation and (2.1). Finally, (c) follows since

d 1 d oo 1
Z H,TP:HZnP ]

ni1,n2,...,ng 4=1 ¢ i=1n;=1 "1

The following result connects tail probabilities and moments (for more on this topic, cf. e.g.
[6], Section 2.12 for the case d =1 and [4, 5] for the case d > 2).

Lemma 2.2 (a) Let X be a random variable. Then, for any r > 0 and € > 0,
EIX["(log" |X[)* ! <00 <= ) |n|"'P(X]|>¢n|) < oo
Suppose in the following that r > 0 and that a; > 1/2 with aqr > 1.
(b) Let ag >1/2 and 1 < p < d. Then, for all e >0,

EIX["(log" | X[}’ <00 <= ) || 'P(IX]>en®|) < oo;

n
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(¢c) Letr > 2, oy =1/2, and 1 <p < d. Then, for alle > 0,

D d
E|X|"(logh [X])P7177/? < 00— Z|n| MATIP(IX] > e an log ([[ni) [ n5) < oo
=1 =1 1=p+1
(d) Let oy =1/2 and 1 <p < q<d. Then, for alle >0,
(log* |X )"~ TT
E|X |2g_;~_7+<oo<:>ZP|X|>5 an 1oglog(H i) H ngt) < oo;
log™ log™ | X]| i=1 i=1 i=p+1
(e) Let ay =1/2 and 1 < p < d. Then, for all e > 0,
_ P d
2 (log™ | X])* 2 :
E|X]| m<o® = ZP | X| > e Hnlloglog(nni)dog(.n n;)) < oo;
=1 =1 1=p+1
(f) Let oy =1/2 and 1 <p < q < d. Then, for alle > 0,
| |2(10g |XD -2
log™t log™t | X|
— ZP |X|>e HmloglogH -log( H n;) H nt) < oo.
=1 1=1 i=p+1 1=q+1

The proof is deferred to the Appendix.
The following lemma, which (partly) extends [4], Lemma 2.2, is taken from [8], page 1018.

Lemma 2.3 Suppose that {Xy, k € Zj‘,l_} are 1.1.d. random variables with mean 0, that, under our
usual setting, aq > 1/2, and set, for k <n and all n,

Yien = XiJ{{Xx <0} and  Sp=> Yin
k<n
Then
VarYi n
[n>|?

EIX[Vor(logh [X[)PT <00 = >

REMARK 2.1 When p = (¢ =) d, that is, when all o’s are equal, the results so far in this section
all reduce to the appropriate ones in [5].

REMARK 2.2 The sum of the truncated, normalized variances diverges if ay = 1/2. Namely, if,
for simplicity, we consider the symmetric case, then

Var Y1 n EX2I{|X| <1} 5
Vet $2EXHNIZY gy oy 35 L :

n ni=1 ny= 1

For some of the proofs to follow we need the following simpler version of the exponential bounds
(cf. e.g., [6], Theorem 3.1.2).

Lemma 2.4 Suppose that P(|X| < b) = 1 for some b > 0, that EX = 0, and set Var X = o2.
Then, for 0 <t <b~!, and x > 0.

P(|X| > ) < 2exp{—tx + t*c?}.

3 Proof of Theorem 1.3

By standard symmetrization/desymmetrization, the details of whish we omit, we may w.l.o.g.
suppose that the random variables are symmetric throughout the proof.
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The case a; > 1/2, ayr > 1

(1.10) = (1.11): The key tool in this part of the proof is the Kahane-Hoffmann-Jgrgensen
inequality (see e.g. [6], Theorem 3.7.5), according to which, for j > 1 to be conveniently chosen
below,

> n["TEP(|Sy| > 37n%e)
27

<Y | T P(IX] > %) + Co Y [l 2 (P(1Sa] > Ine))

Now, the first sum is finite iff the moment condition of (1.10) is fulfilled, and an application of
Chebyshev’s inequality majorizes the second one by

27 d oo
o2 no? \? arr—2 [ M —(20;—1)27 —ayr+2
E\n|1 CE Iln :C”g n; < 00
|22 2aL i ’
[ne2e i g
i=1ni=

n =1 n;

since the last exponent > 1 for j sufficiently large.

The remaining parts of the proof follow the usual pattern and are therefore only indicated.

Implications (1.12) = (1.11) and (1.13) = (1.11) are trivial. An application of the Lévy
inequalities proves (1.11) = (1.12). In order to prove that (1.11) = (1.13) one mimics the
analogous part in the proof of Theorem 1.1 (cf. also [6], Section 6.12).

Finally, if (1.11) holds, then finiteness of the required moment follows via obvious modifications
of the analog for the classical Hsu-Robbins-Erd8s theorem as provided in [6], page 314. The heart
of the matter is to show that P(|S,| > ---) is of the same order of magnitude as nP(|X| > ---),
after which one applies Lemma 2.2.

The case a3 > 1/2, ayr =1

The only part that differs from the previous proof is the step
(1.10) = (1.11): For this boundary case we use truncation as follows.
Set, for k < n, and all n

Yien = XiJ{{Xi < [n®}  and S, =) Yin.
k<n

Then, by the truncated Chebyshev inequality (see e.g. [6], Theorem 3.1.5),

Z| P(|Sn| > 2[n%|e) < Z| P(|Sa] > In*[e) +Z |IDIP(\X|> In%)

VarYy
< Z Ine|2e2 zn:P(‘X| > [n%]) < oo
The finiteness of these sums follows from Lemmas 2.3 and 2.2(b), respectively. O

4 Proof of Theorem 1.4

The case a1 =1/2, r=2,p>1

We first recall that now,

1
§:a1-~-o¢p<ap+1§~-~§ad<1.

The general idea of the proof is the same as that of the first part in the previous proof, and, once
again, it “suffices” to treat the symmetric case.

(1.14) = (1.15): Toward that end, the Kahane-Hoffmann-Jgrgensen inequality, for j > 1
conveniently chosen, followed by an application of Chebyshev’s inequality (recall that we assumed
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finite second moment in all cases) tells us that,

p P d

Z| (ISa] > 37 H dog ([Tne) T ni-e)

i=1 i=1 i=p+1

d

SClzP(\X|> ﬁni~1og(ﬁm) H nfls)

i=1 i=p+1

2

0y )Z : < [l o )Qj
. .
2 [ \TT2_, ni - log (T2, i) - TT0 oy 2™

The first sum in the RHS is finite for all ¢ > 0 iff the moment condition of (1.14) is fulfilled (note
that » = 2 and that p — 1 — /2 = p — 2 in this case), and the second sum can be rewritten as

;@-(log(nglni))2 .(Hd - 2%71)2

i p+1n

_ Z 1 ( 1 )2’/19 1

- nl D . J— 200 —1)27
In| A\ (log(I[;=; mi))? [Ticpin n( )

d

! 1

i=p+1 "%

oo 1 d - X
=1 <n1 m(logni)m/p> ( n(2a11)27+1>

i=p+1 “n;=1

IA

Now, the second portion of sums converges since the exponents in the denominator (2c;; —1)27 +1 >
1, and the first sums converge by choosing j such that 27 > p.

An application of Lemma 2.1, finally, establishes the desired implication.

The remainder of the proof follows as in the proof of Theorem 1.3 with Lemma 2.2(c) replacing
Lemma 2.2(b) in the very final step. O

The case a3 =1/2, r > 2

Once again, the only part that significantly differs from the usual procedure is the implication
(1.14) = (1.15).

The main feature in comparison to the proofs so far is that this one is more closely related to
LIL-type of proofs. This is due to the fact that positive results are not valid for all € > 0, but
only for all € which are bounded below by some positive number. One consequence of this is that
symmetrization is not possible, since one always looses a factor 2 during the desymmetrization
process. Another complication is that this necessitates two truncations.

Let 0 < n < apy1 —1/2,8et B; = oy —m, for i = p+1,p+2,...,d, so that 8; > 1/2, and
introduce the truncations

B and Cn = Clp =90 an log an . H ngt,

for k <mn and § > 0 small. Furthermore, set

XII{ = XkI{|Xk| < bn}, X1l<l = ka{bn < ‘Xk| < Cn}7 XW XkI{|Xk| > Cn},

and let all objects with primes or multiple primes refer to the respective truncated summands (and
recall from above that log(-) = log™ (-) throughout our computations).
Next, letting

P P d
Ap = {|Sal > (£ +26) Hni-log(Hni)' H ngi}, (4.1)
i=1 i=1

i=p+1
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and setting

p 14 d

A, = {|Sil>¢ Hnl -log(Hni) : H ngi}, AL = {at least two k < m: X}/ # 0},
= i=1 i=p+1

A = {at least one k < n: X} # 0},

we note that
An C A UALUAY, (4.2)
from which we conclude that
P(An) < P(A,) + P(Ay) + P(AY). (4.3)
e P(AL):

Since, by standard procedures,

sz in [ e < [ stare =of TTnows (- 1T 077).

|z|>n |z|>n i=p+1

an application of Lemma 2.4 with z = 6\/Hf:1 n; -log ([TH_; ns) - Hd_p+1 ngt and ¢t = 26/by
(noticing that 1 — §; < ;) yields

p d
P(|S] >e(1+6) Hnl log H H ng)

i=p+1

P d
P(|S,—ES,|>¢ n; - log H”z) H i)
=1

i=1 i=p+1

P d 2 p
a;—PB; 3 log( ln’b 2(ci— /31
§exp{—§log||ni II n; +ﬁ.d—2%_1 || n; +5)}
i=1

i=p+1 [limps1mi i=p+1
g2 L d
<exp{ — o5 log(I[m) I nl(1-0)},
g =1 i=p+l
which we summarize as
e2(1-6 u d
P(A}) < exp{ — 2(1(—1—6)23'2 -log(H n;) H n:’} for n large. (4.4)

i=1 i=p+1

As a preliminary for the final step we rewrite the estimate for this contribution to (1.15) as

Z |n|(r/2)—2P(A:n) < Z H (r/2) 2 Z ﬁ nz(_r/2)72

n>ng n1,M2,..., np i=1 Npt1,Np425eney ng i=p+1

d

x exp { — m log( I_InZ H nl}. (4.5)

1=1 i=p+1

In order to estimate the RHS it is necessary to distinguish between four cases, namely whether
log(TT5-, n,) and/or H —pi1 N are <2or > 2.

o log([[;_;ni) >2and 1
In this case

impt1 1 22

D d
logH H Hn,-)+.H ny,
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so that the RHS in (4.5) is dominated by

201 d
(r/2)—2— 55550 5)
2(1+6)20 (r/2)—2 n
> 11 DV | exp{ -3 1+5 I
n1,ng,...,np i=1 Np+1,Mp42;.-,Md 1=p+1 i=p+1
where the first factor converges whenever € > o 1+‘5 AV~ , and the second factor converges in

view of Lemma 2.1(a) (with d replaced by d — p)

o log([Tf_;n;) <2and HZ_ o1 > 2
Since n; — oo for all 7 it follows that summation over the first p coordinates involves only a finite
number of terms, and summation over the latter ones is convergent due to Lemma 2.1(a).

P d n
e log(I[i=;ni) > 2 and Hi:p+1 n; <2
In this case summation over the latter coordinates involves a finite number of terms, and summation
over the former ones turns into
(oo} e“(1-9)

L 21-94 u (r/2)-2- 5200,
Z Hng/z) 26Xp{_2(€1(+6)2)' H )} = HZ” a+e)

n1,Mn2,...,Np i=1 i=1n;=1

146 -
and convergence holds whenever € > o AV =2

o log(TT7_; ni) <2 and Hz p_Hn? <2
The sum converges trivially, since it contains only a finite number of terms.

As for the first contribution to (4.3) we have thus shown that
1+6

V1-96

> P EP(AL) < oo for >0 Vr—2. (4.6)

o P(Al):
Recalling that 8; > 1/2 we find that

2 E|X|"(log" | X[)P~1-7/2 2
P < IP(POX] > 0a)7 < o (EE 08 D)
{log(IT7_ ni)}""* ’
< (T,5)|n|2( ma— 3 o Bivp—1-r/2
i=1 " Hz p+1 1% {21og( 1ﬂz)+10g(Hz p+1 "% 1
1 i
< C(’I“, 6)|n|2—r {Og(H =1"4 )}

log([n|"/2)r— 172"
which tells us that

r/2)— _r log(] [;—1 ns
Y m|"I72PAL) < C(r,6) Y I /21(){g(|rf|1}/2); 1)}”2 <oo forall 6>0.  (47)

o P(Al):
Since
P(AY) < [n|P(|X] > en),

it follows, via Lemma 2.2(c), that

D d
> |72 pAY) <Z|nw/2> 'P(1X| >4 Hnl log ([[ni)- [ n) <00, (48)
1=1

n =1 i=p+1

likewise for all § > 0.
By combining (4.1) and (4.3) with (4.6) — (4.8) we finally conclude that

d
- o 149
Z|n|( /D72P(|Sn| > (e + 20) Hnl log 1_[1 i)-iglni ) <oo for E>0m\/r—2,

which, in view of the arbitrariness of d, finishes the proof of the implication (1.14) = (1.15).
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The remaining parts of the proof follow along the usual lines, and are therefore omitted. We are
thus done with the sufficiency part as well as with the necessity part with respect to the moment
condition. Concerning the mean, if one would assume that E(X) = pu # 0, then S,, . 1~ n1 -4,
which means that P(|Sy, 1 n1 logng ) does not tend to zero for any € > 0, and, hence,
that the sums cannot converge, which, in turn forces the mean to be equal to zero.

5 Proof of Theorems 1.5, 1.6, and 1.7

The proof of Theorem 1.5 follows by modifying the previous one, crudely speaking by replacing
logarithms by iterated ones. We therefore confine ourselves to providing the skeleton of the main
steps.

Once again we let § > 0 be small, 0 < 7 < apy1 —1/2, and set 3; = o; — 1, for i =
p+1,p+2,...,d, so that §; > 1/2. We truncate via

Xll( = XkI{‘Xk| < bn}, Xl/(/ = XkI{bn < ‘Xk‘ < Cn}, X”/ Xkl{|Xk| > Cn},

for k < n, where

2602 P L n; d 5 P d
bn :bn = =l : iiv — Cn =9 i - logl ’ ?77
= o\ aToe L izplj[ﬂn‘ = Cjn| }_[171 og og(};[1 ni) iz?llln,

Next, by introducing

An = {|Sal > (e+39) H n; - loglog H H ngi}
=1 i=1 i=p+1
AL, = {ISu>¢ Hnl log log ( H H nii}, AL = {at least three k < n: Xy, # 0},
=1 1=1 i=p+1
Ay = {at least one k <n: X} # 0}.

it follows (of course) that
P(An) < P(Ay) + P(Ay) + P(AY). (5.1)

o P(A)):
By estimating |E S},|, and thereafter applying Lemma 2.4 as above, we obtain the following analog
of (4.4):

2 P
, e?(1—=9) "

< - . . | .
P(A) < exp{ 501+ 0)202 loglog(l | n;) n, } for n large, (5.2)

im-
d

and consequently that

SEETESRENND VRN |- VR | I

n>ng N1,M2,...,Np 1=1 Np4+1:MNp+2yeey ,ng t=p+1
2 P d
e?(1—-9) "
xexp{ — 30+ 97207 log log(ll;[1 n;) i:plll nl}. (5.3)

Next we have to deal with the four cases.

e loglog(TTV_ 1nl) > 2 and []¢ M > 2
The RHS of (5.3) is dominated by

—e (1 5) d

> Ik (logH DREID SR | TR U=t | ()

N1,M2,. N 1= 1 Np41,Mp42,--s0d i=p+1 i=p+1
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The first factor converges whenever £ > o(1 4 §)4/2p/(1 — ¢), and the second one converges in
view of Lemma 2.1(a).

o loglog([T%_, ni) <2andH_p+1n”>2
Summation over the first p coordinates involves only a finite number of terms, and summation over
the latter ones is convergent due to Lemma 2.1(a).

e loglog( 1nl)>23Lnd1_[_p_|r1n <2
Now summatlon over the latter coordinates involves only a finite number of terms, and summation
over the former ones turns into

c2(1-¢)

Z H - (log Hnl ) P oo whenever & > o(140)v/2p/(1—=19).

n1,n2,...,Np i=1
e loglog(IT%_, n;) <2 and Hf:pﬂ n <2

The sum converges trivially, since it contains only a finite number of terms.
By combining the four pieces we have thus shown that

3 ﬁP(A’n) oo for e>o(l+6)y/2p/(1-0). (5.4)

o P(AL):
We argue as before to obtain (1/2 < 8 < 1 again)

E|X |2 (log™ |X])P~!

3
3 logt log™t | X
P(AY) < InP(P(IX]> b))’ < |n|3(b2 (logb )pgl/lig‘lo‘gb )

1 1 p 1/2 Bi 3
< 0(5)|n|3< ; = Og(gﬁ - ,,HZ ’fﬁln) 5 )
1”1H—p+1” 1(109?( i=1 " H—p+1” )
log1 3 1
[T, 41 ni™* (log n[)3»—1) [T, % (log n|)3p-1=0
1
< C(9)

[T ni™ (o (T2 mi))20 D0

and, hence, for § > 0 small enough by Lemma 2.1(b) and (c) (recall that p > 2),

" 1 1
Z\n\ Pldn) < 00 Z T naClog(TT7 13))3 D38 Y i —p <. (55)

Mpt1,---5Md H i=p+1 n;

o P(AI):
Since, once again, P(AL) < |n|P(|X| > ¢y), it follows, however this time via Lemma 2.2(d), that

d
Z‘n‘ P(A™) Z| (1X| >0 Hn log log Hn II 7)) <o forall §>0.(5.6)

1=p+1

By combining the different contributions as in the proof of Theorem 1.4, we finally conlcude that

Z| (|Sn| > (£ +20) Hnl loglog H H ng) <oo for e>o\/2p,
i=1 =1

i=p+1

where in the last step we also exploited the arbitrariness of §.
The proof of Theorem 1.5 thus is complete. O
The proofs of Theorem 1.6 and 1.7 amount to modifying the proof of Theorem 1.5 “in the
obvious way”. In fact, Theorem 1.6 is a particular case of Theorem 1.7 (¢ = d).
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6 Concluding remarks

First, some observations.

1. A preliminary inspection of (1.11), together with a glimpse on Theorem 1.2, tells us that,
since

Y Infeerr /D=2 p(|Su| > nf*e) <Y |2 P(Sa] > [n%fe)

n n

> In[*"2P(|Su| > n|*e),

IN

it follows immediately that E|X|*7/@¢(log™ |X[)¥™' < oo and EX = 0 is necessary for
Theorem 1.3 to hold and that E|X|"(log’ |X[)4~! < 0o and E X = 0 is sufficient.

As for Theorem 1.4 an analogous argument, together with an appeal to [5], Section 3, shows
that E|X|"/?%¢(log™ | X|)* ' < oo and E X = 0 is necessary for Theorem 1.3 to hold, how-
ever, under the additional assumption that aq > 1/2 (consider, instead, the boundary |n|*@¢),
and that E|X|"(log™ | X|)4~1""/2 < 0o and F X = 0 is sufficient, (compare with the bound-
ary +/|n|log |nle).

For Theorem 1.5 we observe, via [5], Theorem 6.2, that E|X|'/(log™ |X|)4~! < oo and

d—1

E X = 0 is necessary (with ag > 1/2), and that E|X|2m+l)m <occand EX =0is
sufficient for the theorem to hold.

2. The moment conditions in Theorems 1.4 and 1.5 depend only on the shortest edge(s). This is
because more smoothening occurs during longer stretches, or, equivalently, more oscillations
and “wild” behavior is visible in short ones. The moment assumptions are therefore adapted
to “taming” the latter ones. On the other hand, this is not the case in Theorems 1.6 and
1.7. An explanation for this would be that in those cases all a’s are equal to 1/2; and the
expansion rates only differ by different slowly varying functions, which is not sufficiently
dramatic.

This might also elucidate the fact that there is no continuity in the conditions between the
last two theorems and the earlier ones cf. e.g. Remarks 1.2, 1.5, and 1.6.

3. The “reason” that there is no third equivalent sum in the boundary cases » = 2 is because
the weights of the probabilities are equal to |n|~! which introduces the appearance of the
harmonic series which grows logarithmically and not as “the next power”, which is the case
as soon as r > 2. In order for a third sum to enter one has to introduce additional logarithms
in the weights; cf. [5], Theorem 3.5.

4. A frequently convenient method of proof is to use symmetrization and desymmetrization. One
reason for this is that truncated means remain zero, another one is that the Lévy inequalities
are much easier to handle, since the medians are equal to zero. However, by doing so one
always “looses” at least one factor 2 in the lower bound for € as mentioned above. Now, when
a sum is finite for all € > 0 this does not cause any problem, but otherwise, as in some of our
results, it does. In order to circumvent this one typically has to resort to two truncations
and exponential inequalities, that is, the proofs become LIL-type proofs.

5. As just mentioned one normally needs two truncations in LIL-type proofs. Namely, one trun-
cation adapted to the application of the exponential inequalities and one in order to match
the moment requirement. Unfortunately these truncations do not coincide, and, typically, it
is a thin central slice that is the hard one to deal with. It is, however, always possible to
obtain a weaker result requiring only the lower truncation by, a consequence of this being
that the moment assumption equals “the inverse of the lower truncation” b, (instead of the
usual ¢,). For example, a sufficient condition for Theorem 1.5 would then correspond to
evaluating the relevant moment condition for

P ] d
ZP(|X| > Hi:l g Bi

loglog(TT5_, ns) i i
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where 0 < 7 < 41 — 1/2 is chosen so that §; = a; —n > 1/2. For the proof one would then
prove the exponential part as before. The remaining part would correspond to P(AY) with by,
playing the réle of ¢,, before. Comparing with Lemma 2.2(d) one finds that the corresponding
moment assumption turns out as F X?(log™ | X|)?~log™ log™ | X| < oo, which is (slightly)
stronger than that of the theorem.

A similar reasoning applies in various results in the realm of the central limit theorem, where
an additional assumption of a third moment permits one to apply the Berry—Esseen theorem.

. The analog of “last exit times” related to the LLN and LIL have been investigated in various

papers.
The analog with respect to Theorem 1.3 is
L(e) = sup{|n| : [Sa| > en*[},
for which we have the relation
{L(e) = j} = {sup |Sk/[k*|| > ¢},
Ji<|k|
which tells us that

E(L Z]T LP(sup ‘Sk/|k [| >¢e), r>0. (6.1)
J<|K|

Combining this with Theorem 1.3 yields precise conditions for the moments of L(e) to be
finite, namely:

Theorem 6.1 Let r > 0, ay > 1/2, and ayr > 1. If EX = 0, Var X = 0?2, and
E|X|"(log™ | X|)P~! < oo, then

E(L(E))alr*1 <oo forall £>0.

Conversely, ifE(L(E))Oélr_1 < oo for all e > 0, then E|X|"(log™ |X|)P~! < 00 and, if r > 1,
EX =0.

REMARK 6.1 For p = d this reduces to [5], Theorem 8.1. O

By arguing similarly, but with respect to Theorem 1.4, we set

p D d
1= [T e (o0 1T o).
=1 i=1 i=p+1

for which we have the relation

{L(e) = 5} = { sup |5/ Hklogk H i

Jg‘kl 1=p+1

>el,

which implies that

>eg), r>0.

Zyr LP(sup ‘Sk/\Hk‘ i log k; H ki

J<|k| i=p+1

Combining this with Theorem 1.4 yields the following analog of Theorem 6.1.
Theorem 6.2 If EX =0, Var X = 02, and E|X|"(log¥ |X|)P~17"/2 < oo, then, forr > 2,

E(L(s))(r/Q)il <o for e>ovVr—2,
Conversely, if E(L(a))(T/Q)_l < oo for all e > 0, then E|X| (log™ |X|)P~1="/? < 00 and
EX =0.

REMARK 6.2 For p = d this reduces to [5], Theorem 8.2. O
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In spite of the fact that all moments of L(¢) are infinte one can show that if EX = 0,
Var X = o2, and
+ p
U
log™ log™ | X]|

then

ElogL(e) <oo forall e>o042(p+1),
by extending [5] Theorem 8.1 in the obvious way to the analog of Theorem 1.5 above.

Similar results can, of course, be obtained with respect to the last exit times relative to
Theorems 1.7 and 1.6.

There also exist results for the counting variable

P d
N(e):Card{ 2 |Sn| > ¢ Hn, log(H i) H n;xb}’

=1 1=p+1

albeit less precise ones.

As for analogous results related to the multiindex LIL, we observe that, for any p,

N(E) = Cm“d{ :|Sn| >¢€ Hnl log log Hnl H 7’}

i=p+1

> Ni(e) =Card{n:|Sp, 11, 1| >¢ev/niloglogni},

and since in view of Slivka’s result [13] E(Ny(g))" = oo for all » > 0 and ¢ > 0, it follows
immediately that

E(Ny(e))" =00 forallr>0ande >0,
and all the more so for the last exit time.

For more on this we refer to [5], Section 8, and some additional references given there.

A Appendix

Here we present the proof of of Lemma 2.2. Since ¢ acts as a scaling parameter it suffices to
consider the case ¢ = 1. The proof amounts to, what is frequently is called, “routine calculations”,
which, nevertheless, can be somewhat delicate and tricky.

(a) Cf. e.g. [4], Lemma 2.1 and further references given there.

(b) We generalize the method of summing along hyperbolas in that we treat the coordinates 1
through p in one portion and those from p + 1 to d in another one. Summing over all values of
j=1I1_,n; and ng, k =p+1,...,d separately, an upper bound of the sum becomes

DD dp(i)da—p(k) - (GR)*TTIP(IX] > jo k) <Y n|* T P(IX] > [n®])

j=1k=1

<3S dy(G)da—p(k) - (jR)*TTIP(1X| > o ker). (A.2)

j=1k=1

Hence, with o = 41 or = g, respectively, we have to control

> dy(G)dap(k) - (GR) T P(IX] > 50k,
1k=1

N

J

or, equivalently, using partial summation twice together with (2.1),

Z (log j)*~*(log k)~P=1 - (jk)™ " P(|1X| > j*' k) .

j=1k=1
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This sum converges iff the following integral converges:

/ / / ()" (log )P~ (log )P~ dudyd Fyx (u)
z¥1y*<u

In order to prove the desired conclusion it therefore suffices to show that
u) = // (zy)* " L(logz)P " (logy)* P~V dady < u"(logt u)P~t  as u — oo.
a1yr<uy

Omitting second- and higher order terms—for a more careful treatment we refer to the proofs of
the harder parts (e) and (f)—we obtain

I(u) ~ / / ()7 (log 2)7~ (log )P~ dudy
z¥1y*<u

1/a

u (u/y™)t/ >
~ / yo‘”_l(log y)d_p_l(/ xa”_l(log x)d_l d;v) dy

} (u/y*)/ o1

~ C/ yorr—l logy)d*p*1 {xa”(log:ﬂ)d*l dy

X

a1r— —p— ur « d71
/ 1 g )t e Qog(u/y™) "™ dy
1/

w(logu) ™t [ o)t 71~ Curlog ),

X

since the last integral is convergent (recall that, by assumption, (o — aq)r > 1).
(¢c) Using the arguments from part (b), in particular inequalities (A.2), we have to deal with

SN R d(5) dap (k) P(IX| > /ilog j k%),
j=1k=1

with @ = a1 or = oy, respectively, which, in particular, implies that o > 1/2.
This means that we have to check the convergence of the integral

/ / /W < (zy) /D~ log )P~ (log y)* P~ dwdyd Fi x| (u) ,
zlogz-y*<u

which, is done by the same procedure as in the previous part.
(d) In this case the evaluation of

p P d
> P(1X| > | T] i toglog ([ ) T »i)
n i=1 =1 U

i1
with a as before, reduces to
oo oo
> dp() dap(k) P(1X] > \/jloglog j k%),
j=1k=1

and the corresponding evaluation of the integral

J[ o ogay ogu)™ " dadydFis ()
vzloglogxz-y*<u

leads to the desired moment condition.
(e) The last two parts have to be treated differently, because we do not end up with a convergent
sum in the end as before.
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By estimating the sum with the corresponding integral we obtain

d P d
ZP(|X| >e Hm loglog(H n;) - log( H ni))
n i=1

i=1 i=p+1

=[]/ dp(a) - da_p(y) dody dF (1)
e€ vz loglogz-ylogy<u
where we define d_(x) = d ([z]) for > 0.

Although it is not true that d (j) behaves as a power of log j asymptotically, it is all the same
enough (equivalent) to show that
(log u)?—2

(logz)P"1(logy)?¥ P ldady < u?>~—=— as u— o0,

- f
VzToglog z-yTog y<u loglogu

in order to prove the desired conclusion.

Toward that end, omitting non-influential (iterated) logarithms, we have

I(u) ~ (log )"~ (log y)*~*~" dady

//\/x log log z-y log y<u

u?/loglogu u?/(x loglog x-log(u?/x))
~ / (log z)P~! (/ (logy)4—P~1 dy) dx

u?/loglogu o1 w2 9 d—p—1
/ (log z) xloglog z - log(u?/x) ( og(u /x)) v

u?/loglogu -
d—p—2 (IOg x)p
= u2 / (10g(u2/l‘)) ’ . m dm

Suppose first that p < d — 2. For an upper bound we then have
u2/ loglog uw (log x)p—l

Iw) < u?(log(ut)’ " |

(log {E)p u?/loglogu
log log x]

xloglogx

i

Cu?*(logu)?—P=2 {
ogu _ 5 (logw)’=?

~ C 2 1 d—p—2 _
u(logu) log log u loglogu ’

and for the lower bound,

v —p—2 (logz)r~!
I > 42 1 2 d—p—=2 (
(w) 2w / (log(w*/)) zloglog de
u p—1 d—2
> u?*(log U)d_p_Z/ 7(1% z) dx ~ u27(10g w) )
zloglogx loglog u

This concludes the proof for that case.
If p=d—1, then

u?/loglogu 1 (10 p—1
)

I(u) ~u? : d

() u/ log(u?/x) xloglogx v

and the argument is “reversed, so that, for the lower bound we have

'lL2 O, ogu —
2 / [leglogu (1o gyp—1 i
2logu zloglogx

I(u)

o 1 (logu)? u? (log u)P~! — 2 (log u)*—2

loguloglogu loglogu loglogu
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For the upper bound we split the original integral in two pieces.

uz/ log log u

1) =1V + [ — I(u) + Lo (u).

u

Now,

and

u/loglog(v/u) (] p—1 1 P
Il(u)gu/ %deCuM:ouQ) as  u — 0o,
z loglog x loglog u
2
1 u?/ loglogu 1 p—1
I>(u) u? / %dx
log (u/loglog(vu))  Ju/ogtog(vm) @loglogz

5 1 (log u)? O (log u)?—2

~ —_— =

logu loglogu loglogu

Combining the two integrals establishes the desired estimate.
(f) The proof of this part amounts to the estimation of

I(u) ~ // (log I)pil(log y)qufl(log Z)Ul*p*1 dxdydz
Vzloglogzylogy-z*<u

following the ideas of the proof of part (e).

This concludes the proofs of the sufficiencies. The converses are immediate, since the proofs of

the sufficiencies throughout are based on ~, <, and upper and lower bounds. O
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