UMEA UNIVERSITY

Strengthening Human
Resource Information
Systems Through AI:

A Dynamic Capabilities Perspective

Kajsa Smedlund & Nora Szente

Department of Informatics
Magister Thesis, 15 hp
Digital Management and Innovation
SPM 2026.22



Abstract

HRIS platforms are built to make HR work easier and help with decision-making.
Organisations face challenges in fully changing how they work and therefore continue to use
familiar processes and systems from the past. Simultaneously, rapid development in Al
presents new opportunities that can strengthen the strategic capacity of HR work. This study
seeks to understand the challenges HR professionals face in HRIS-supported workflows
through the lens of dynamic capabilities and what Al features that could address them. This
study employs a qualitative, abductive research approach and was conducted as a case study
in collaboration with an HRIS company. Empirical data were collected through six semi-
structured interviews with HR professionals connected to the company. Through thematic
analysis, four themes were identified and linked to the three dimensions of Teece’s (2007)
dynamic capabilities framework: sensing, seizing and transforming. These findings are not
only about operational inefficiencies but also about how they limit organisations’ dynamic
capabilities. Specific Al-features are proposed to strengthen each capability, and the study
contributes by illustrating how the dynamic capabilities framework can be applied in an
HRIS context and practically, with a user-centred perspective on AI implementation within
HRIS.
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1. Introduction

Organisations today operate in increasingly dynamic environments where the ability to adapt,
identify opportunities, and act strategically has become essential for long-term
competitiveness (Arno, 2025, p. 91162; Ma & Wei, 2026, p. 2; Saputra et al., 2024, p. 55; Teece,
2007, p. 1319). Within this context, Human Resource Information Systems (HRIS) are
platforms designed to help HR departments manage processes and enable data-driven
strategic decision-making (Chowdhury et al., 2023, p. 7; DeSanctis, 1986, p. 15; Siddique et al.,
2025, p. 7). However, despite improved results and further technological advancements, HRIS
platforms often fail to reach their full strategic potential, since organisations continue to rely
on manual processes and scattered data (Siddique et al., 2025, pp. 2, 7). This limitation is not
merely operational but reflects a deeper gap in HR departments’ capacity to sense emerging
challenges, seize strategic opportunities, and transform their practices in response to a
changing environment (Deepa et al., 2024, p. 2; Teece, 2018, p. 43).

Artificial intelligence (AI) has become one of the most influential technologies reshaping
both organisations and HR work (Chowdhury et al., 2023, p. 2; Deepa et al., 2024, p. 1; Naoum
et al., 2026, p. 2). Within HR, Al-driven tools automate routine administrative tasks, enable
predictive analytics, and support more strategic workforce planning (Bastida et al., 2024, p. 3;
Deepa et al., 2024, p. 2). Yet academic understanding has struggled to keep pace with these
developments; the most-cited foundational work on HRIS from a leading information system
journal dates back to DeSanctis (1986), revealing a significant gap between the speed of
innovation and the academic understanding of its implications.

This development raises both practical and theoretical concerns. Baskerville et al. (2020, p.
509) argue that information systems increasingly shape organisational practices rather than
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merely reflecting them, describing this shift as an ontological reversal. In the context of Al-
enabled HRIS, this means that systems may begin to structure how HR work is performed if
development is driven primarily by technological possibilities rather than users’ actual needs.
Consequently, there is an increasing need to understand how AI can support HR professionals’
work without limiting human judgment or strategic priorities.

To examine this development, the study applies Teece et al.’s (1997) Dynamic Capabilities
(DC) framework, which has been further developed by Teece (2007, 2012, 2025). The
framework explains how organisations adapt to changing environments through three
interconnected capabilities: sensing, the ability to identify and interpret signals and
opportunities; seizing, the ability to mobilise resources and make strategic decisions; and
transforming, the ability to continuously transform structures, processes, and competencies
to gain competitive advantage over time (Teece, 2007, p. 1319). These three dimensions serve
as the analytical lens through which this study examines the challenges HR professionals face
in their HRIS-supported workflows.

The study was conducted as a qualitative, abductive case study in collaboration with an
HRIS company currently developing a strategy for future Al integration. Since the company’s
platform does not yet include AI functionalities, the study provides an opportunity to
investigate HR professionals’ experiences and challenges before AI becomes embedded in
existing workflows and organisational routines. Empirical data were collected through six
semi-structured interviews with HR professionals recruited through the case company’s client
network.

1.1 Research Question

Based on the identified gap and practical need for user-centred system development, the
overall aim of this study is to investigate how challenges in HRIS-supported HR work influence
organisations’ dynamic capabilities and how AI features within HRIS may address these
challenges and strengthen sensing, seizing, and transforming capabilities. Practically, this
contributes actionable guidelines for the case company’s AI development strategy grounded in
real user needs. Theoretically, the study offers an application of the dynamic capabilities
framework in an HRIS context, while responding to Baskerville et al.’s (2020, pp. 509, 518)
call for IS research to take seriously the human consequences of systems that increasingly
shape rather than reflect organisational reality. The study addresses the following research
questions:

1. What challenges do HR professionals experience in their HRIS-supported workflows,
understood through the lens of sensing, seizing, and transforming capabilities?

2. Which types of Al features could address these challenges?

1.2 Structure of the study

Initially, existing knowledge and relevant prior research in informatics are reviewed, along
with the presentation of the theoretical framework. This is followed by the research
methodology, which includes the research design, methods for data collection and analysis,
and ethical considerations. The empirical findings from the case study are then presented.



These findings are then analysed and discussed in relation to prior research and the theoretical
framework. Finally, the study presents its main conclusions, expected contributions and a
reflection on its limitations and future research.

2, Related Research

This chapter begins by introducing prior research about Human Resource Information
Systems (HRIS) as an increasingly important tool for managing HR processes and employee
data. The chapter then discusses key challenges in modern HR work. Building on these
challenges, the chapter explores how artificial intelligence (AI) is being integrated into HR
practices and highlights the opportunities it offers. Finally, the Dynamic Capabilities
framework is presented as the study’s theoretical framework, explaining how organisations
adapt and develop capabilities in response to technological change in HR.

2.1 Human Resource Information System

A Human Resource Information System (HRIS) is an integrated system designed to support
the planning, administration, decision-making, and control of human resource management
(DeSanctis, 1986, p. 15; Shahreki & Lee, 2024, p. 117). Importantly, an HRIS should not be
understood as a purely technical system, since it combines people, forms, rules, business
processes, and data (Shahreki & Lee, 2024, p. 117).

In practise, an HRIS manages the full employee lifecycle, including employee data
administration, recruitment and applicant tracking, payroll automation, time and attendance
monitoring, performance management, and employee self-service portals that allow staff to
manage their own information and request it directly (Shahreki & Lee, 2024, p. 117).

The benefits of implementing an HRIS are considerable. By automating routine
administrative tasks, organisations can reduce manual workloads and improve data accuracy.
Beyond operational efficiency, a well-implemented HRIS enables data-driven decision-
making, allowing the HR department to shift its focus from administrative processing towards
more strategic functions. Additional benefits include increased transparency in HR processes
and improved employee engagement (Alam & Kashem, 2022, p. 5; Eli Pascua & Blancaflor,
2025, p. 14).

However, using an HRIS is not without its challenges. The implementation requires
investment in technology, licensing, and training (Shahreki & Lee, 2024, p. 117). Later, when
the system is up and running, issues such as navigational complexities or user interface might
arise (Eli Pascua & Blancaflor, 2025, p. 14). Further, resistance to change among staff,
dependence on accurate data input, and difficulties in integrating HRIS with existing
organisational systems may prevent organisations from realising the system’s full strategic
potential (Shahreki & Lee, 2024, p. 119). A particular challenge in this regard is that
organisations often continue to rely on manual processes even when an HRIS is available,
undermining the system’s capacity to deliver strategic value (Siddique et al., 2025, p. 2).

2.2 Challenges in Human Resource Work

HR work has become more complex due to digitalisation, growing data volumes, and changing
organisational expectations (Chowdhury et al., 2023, p. 1; Skare et al., 2023, p. 3). One major
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challenge is the continued reliance on manual and inefficient administrative processes. HR
departments still spend a lot of time on repetitive tasks and paper-based work, which reduces
efficiency and limits the ability to focus on strategic activities (Chowdhury et al., 2023, p. 11;
Deepa et al., 2024, p. 1; Eli Pascua & Blancaflor, 2025, p. 11).

In many organisations, HR information is also fragmented across spreadsheets and
disconnected systems that do not communicate effectively, making it difficult to manage the
data (Eli Pascua & Blancaflor, 2025, p. 11; Sharma et al., 2025, p. 8). Manually sorting and
organising large, unstructured datasets for analysis is often overwhelming and highly time-
consuming for HR professionals (Chen et al., 2025, p. 8). Although HRIS is introduced to
improve efficiency, its implementation itself can initially create additional workload. During
the first months, the organisation can experience higher workloads due to system
configuration, adaptation processes, and employee learning requirements (Eli Pascua &
Blancaflor, 2025, p. 14).

At the same time, HR professionals face increasing competence-related challenges. Due to
digitalisation, organisations now require employees with digital and analytical capabilities
(Skare et al., 2023, p. 3). Skare et al. (2023, p. 3) argue that there is a shortage of HR
professionals with the right technical skills, such as data analytics and algorithmic
understanding, which limits the effective use of modern technologies. Furthermore, HR
professionals increasingly need Al-related competencies, including knowledge of how to
implement, use, and maintain Al-based systems (Chowdhury et al., 2023, p. 10).

Resistance to change also represents a barrier to HR digitalisation initiatives. Canhoto et al.
(2021, p. 8) highlight that employees may fear being replaced by machines or losing personal
control over their work, which can reduce acceptance of new technologies. Additionally,
increased digitalisation enables greater employee monitoring, raising ethical concerns about
privacy and surveillance (Naoum et al., 2026, p. 26). The automation of sensitive HR decisions,
such as recruitment and performance evaluation, may also create perceptions of
dehumanisation among employees (Bastida et al., 2024, p. 2). Finally, without active support
from top management, digital HR initiatives risk failing despite technological investments
(Pillai & Srivastava, 2024, p. 3899; Siddique et al., 2025, p. 3).

2.3 Artificial Intelligence in Human Resources

Traditionally, HR work has largely focused on routine administrative and manual tasks,
including payroll administration, scheduling, employee record management, and recruitment
processes (DeSanctis, 1986, p. 15; Shahreki & Lee, 2024, p. 117). However, the development in
AT technologies, such as machine learning, natural language processing, and predictive
analytics, has changed how these core functions are performed (Deepa et al., 2024, p. 2).

In practice, Al in HR is primarily used to automate repetitive tasks, support data analysis,
and improve decision-making (Achilleos et al., 2026, p. 237). Automated AI functions are
commonly used in areas such as CV screening, chatbot-based employee support, and
administrative process automation, enabling HR professionals to reduce time spent on routine
tasks (Drydakis, 2022, p. 1227; Revillod, 2025, p. 1062).

At the same time, assisted AI applications support more analytical HR functions, such as
identifying workforce trends, predicting recruitment needs, detecting turnover risks, and



recommending competence development initiatives (Deepa et al., 2024, pp. 12—14). Through
smart HR processes driven by Al, organisations can automate time-consuming tasks related to
recruitment and employee management while also handling and analysing large amounts of
organisational data (Pillai & Srivastava, 2024, p. 3885).

In addition to supporting administrative and analytical functions, Al-driven systems may
also improve the employee experience through chatbot-based support that provides rapid
responses and assistance (Pillai & Srivastava, 2024, p. 3885).

2.4 Opportunities of Artificial Intelligence in Human
Resources

Wong and Ngai (2025, p. 1) note that organisations need to adapt their digital strategy and
integrate AI tools, which can provide HR professionals with significant support in their
decision-making and improve operational efficiency. This technological shift seeks to move
away from reactive administration into a more strategic and innovative approach of HR work
(Drydakis, 2022, pp. 1228).

Rather than only improving operational efficiency, Al enables HR professionals to access
and interpret organisational data in ways that support proactive decision-making and
workforce planning (Achilleos et al., 2026, p. 434). Al has also been shown to strengthen
organisations’ abilities to identify emerging changes, support strategic decision-making, and
continuously adapt organisational processes in dynamic environments (Drydakis, 2022, pp.
1227, 1239).

From this perspective, Al can be understood not only as a technological tool, but also as an
enabler of strategic renewal and organisational adaptability. Sambamurthy et al. (2003, p.
258) describe Al as a source of strategic agility through the creation of “digital options”, which
allow organisations to quickly identify and respond to changing needs in their environment.
Similarly, Drydakis (2022, p. 1224) argues that Al can help organisations navigate uncertainty,
increase efficiency, and reduce operational risks by strengthening their dynamic capabilities,
where HR functions play a central role in enabling organisational adaptation.

This connection between Al and dynamic capabilities is further reinforced by the positive
impact of smart Al tools on organisational adaptability and strategic responsiveness (Pillai &
Srivastava, 2024, p. 3886). Consequently, information systems can no longer be understood
as purely administrative tools, but increasingly as strategic resources that support
organisational agility and resilience in modern HR work (Drydakis, 2022, p. 1224).

3 Theoretical Framework

The theoretical framework applied in this study is the theory of dynamic capabilities (DC),
developed by Teece et al. (1997) and further developed by Teece (2007, 2012, 2018, 2023,
2025). The framework was chosen due to the changing role of digital information systems (IS)
within organisations and informatics research. Traditionally, HRIS has been viewed as an
administrative tool designed to support existing organisational processes (DeSanctis, 1986, p.
15). However, digital systems today, particularly Al-enabled ones, increasingly influence and
reshape organisational practices rather than merely reflect them (Baskerville et al., 2020, pp.
512, 518).



Baskerville et al. (2020, pp. 509, 511, 512) describe this development as an ontological
reversal in which IS actively shapes organisational reality. Consequently, older perspectives
that understand HRIS as passive administrative systems are no longer sufficient to explain
how organisations interact with modern AI technologies. There is therefore a need for
theoretical frameworks capable of explaining how organisations adapt to and change in
dynamic environments.

The DC framework is relevant in this context because it explains how organisations
integrate, build, and reconfigure resources to respond to environmental changes (Teece,
2007). According to Teece (2007), dynamic capabilities consist of three interconnected
dimensions:

¢ Sensing refers to the organisation’s ability to identify and interpret opportunities
and threats.

e Seizing concerns the ability to make strategic decisions and mobilise resources
based on identified opportunities.

¢ Transforming refers to the organisation’s capacity to continuously transform and
reconfigure structures, routines, and competences.

These capabilities are particularly relevant for understanding AI implementation in HRIS, as
AT increasingly affects how organisations gather information, make decisions, and adapt
internal processes (Drydakis, 2022, p. 1239).

To further operationalise the framework, this study applies the concept of
microfoundations. Teece (2007, p. 1322) explains that dynamic capabilities are grounded in
everyday routines, organisational structures, decision-making processes, and individual skills
that enable or constrain organisational action. Existing routines may therefore both support
organisational stability and create resistance to change.

Within this study, microfoundations function as the central analytical tool for examining
how HR professionals interact with Al-enabled HRIS in their daily work and how these
interactions support or hinder organisational adaptability. Reinforced by Baskerville et al.’s
(2020, pp. 517, 519—520) argument that the renewal of the IS perspective, the DC framework
provides a suitable theoretical lens for understanding Al-enabled HRIS not only as technical
systems, but also as strategic organisational resources (Canhoto et al., 2021, p. 3; Deepa et al.,
2024, pp- 2—3; Wong & Ngai, 2025, p. 3).

The three dimensions of dynamic capabilities are used as analytical categories rather than
as variables to be measured. During the analysis, interview data were interpreted according to
whether the identified HRIS-related challenges primarly affected the organisation’s ability to
identify and interpret information (sensing), make informed decisions, and mobilise resources
(seizing) or adapt routines, processes, and competences over time (transforming).
Microfoundations were operationalized as the everyday routines, work practices, decision-
making processes, and individual behaviours described by the participants that either enabled
or constrained these capabilities.

Within this study, microfoundations function as the central analytical tool for examining
how HR professionals interact with Al-enabled HRIS in their daily work and how these
interactions support or hinder organisational adaptability. Reinforced by Baskerville et al.’s



(2020, pp. 517, 519—520) argument that the renewal of the IS perspective, the DC framework
provides a suitable theoretical lens for understanding Al-enabled HRIS not only as technical
systems, but also as strategic organisational resources (Canhoto et al., 2021, p. 3; Deepa et al.,
2024, pp- 2—3; Wong & Ngai, 2025, p. 3).

4. Research Methodology

This chapter presents the methodological choices made in this study. It introduces the research
context and presents an overview of the qualitative research approach, including the case study
design and abductive strategy. Further, the chapter describes the data collection and analysis
process, followed by the ethical considerations and methodological limitations relevant to the
study.

4.1 Research Context

This study was done in collaboration with a case company, operating in the HR technology
sector. The company has been active for about five years and primarily serves small and
medium-sized enterprises (SMEs). Their core product is an HRIS designed to help HR
professionals manage and streamline their daily workflows. At the time of this study, the
company is exploring their opportunities for integrating Al into its existing system. They have
experienced increasing customer demand for Al, but they don’t want to rush, since the HR
context involves sensitive information and privacy issues. This interest in Al implementation
provides a relevant empirical context for examining how Al can enhance organisational
capabilities and address practical challenges faced by HR professionals.

By using the company as an empirical setting, this study provides insights into how AI can
enhance organisations’ dynamic capabilities through HRIS, the challenges HR professionals
face in HRIS-supported workflows, and how AI features could help address these challenges.

4.2 Research Approach

This study adopts a qualitative research approach, as the aim is to gain a deep understanding
of how HR professionals experience and interpret their challenges and potential Al integration
(Mason, 2002, p. 3). A qualitative design is suitable because the study focuses on subjective
experience, meanings, and organisational practices rather than measurable variables or
generalisable outcomes (Mason, 2002, p. 3).

The study follows an abductive research strategy, as it incorporates both inductive and
deductive elements in moving between our data and theories (Mason, 2002, p. 180). We
entered the project with prior understanding and theoretical elements, and in the end, the
study contributed to new patterns connected to existing theory (Akerlund, 2017, p. 27). The
iterative process between data and theory was crucial because it allowed us to connect the
findings with the theoretical framework, highlighting why AI should be implemented.

A case study design is used to allow for an in-depth exploration of a single organisation and
its context (Mason, 2002, p. 166). This is appropriate, as it enables a detailed understanding
of the challenges HR professionals experience and how they could be addressed with AI, within
a real organisational setting rather than examining the phenomenon in a broad or abstract
way. Semi-structured interviews were chosen since they allow flexibility in the conversations,



which enables the HR professionals to describe their experience in their own terms while still
ensuring that key topics related to the research aim are covered (Mason, 2002, p. 62).

In line with Mason (2002, p. 24), this study does not view ontological and epistemological
positions as fixed choices, but rather as assumptions embedded within the research process.
From an ontological perspective, the study is grounded in a social constructionist
understanding of organisational reality. HR-related challenges are therefore not viewed as
objective and fixed phenomena, but as context-dependent and socially constructed through
HR professionals’ everyday experiences and interpretations (Mason, 2002, p. 3). What is
understood as a challenge in HR work emerges from how individuals make sense of their work
environment.

Consistent with that perspective, the study adopts an interpretivist approach to knowledge
production. The aim is not to measure or verify an objective impact of Al, but to develop an
understanding of how HR professionals make sense of their challenges, needs, and perceived
opportunities in relation to Al-enabled HRIS. Therefore, knowledge in this study is viewed as
co-constructed through the interaction between participants’ accounts and the researchers’
interpretations of these accounts (Mason, 2002, p. 63).

4.3 Data Collection

Semi-structured interviews were the primary method for data collection in this study. This
method was chosen because it was the most appropriate considering the study’s timeframe and
qualitative nature. Qualitative interviews are ideal when the aim is to gain an understanding
of the social context in which decisions are made, and actions are taken, as well as a deeper
knowledge of individuals’ motivations and views (Mason, 2002, pp. 62—63). These interviews
followed a guide (Appendix 1), which enabled the collection of detailed information and
encouraged respondents to answer complex questions that captured their unique experiences
in their profession (Oates, 2006, p. 187).

The interview guide (Appendix 1) was shaped by the study’s theoretical framing and
research questions to steer the discussion and make the interviews semi-structured (Oates,
2006, p. 188). The guide was structured to support the researchers both during and after the
interviews. It was organised and divided into different parts based on the theoretical
framework and aim of the study: (1) Professional background, (2) Sensing, (3) Seizing, (4)
Transforming and (5) View on Al and the future. The first part, professional background, was
created to give a gentle introduction and offer insights into the person’s background. The
following three parts: sensing, seizing, and transforming, were created based on the dynamic
capabilities framework (Teece, 2023). In those three parts, questions were asked about the
participant’s ability to sense, seize, and transform, but phrased differently. The last part, View
on Al and the future, was used to open the discussion and to let participants fantasise about
the future and express their wishes in response to the challenges they had just described.
Within these areas, specific questions were formulated to generate detailed responses.

A partial pilot interview was held with two representatives from the case company. Although
the interview guide (Appendix 2) was adapted to align with their perspective as providers, this
pilot yielded valuable insights that helped the researchers clarify the questions. It also helped
refine the wording and gave the researchers practice in explaining concepts to avoid
misunderstandings (Mason, 2002, p. 75; Oates, 2006, p. 189).
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For the sampling process, the case company shared a list of potential respondents with the
researchers, who then sent out e-mails introducing themselves, explaining the study, and
inviting them to participate. As the selection relied on the case company’s network acting as a
gatekeeper, this constitutes a convenience sampling method (Mason, 2002, pp. 140—141;
Oates, 2006, p. 98). Out of ten contacted individuals, six participants, all from different
companies, were interested and were invited via e-mail with a time that suited their schedules,
a Microsoft Teams link and the study’s consent form. The consent form included information
about the study’s aim, data-handling practices and a statement that the interviews would be
recorded (Oates, 2006, pp. 57—58). All six participants accepted the terms, and verbal consent
was given before each recording started (Oates, 2006, p. 191).

All six interviews were held via Microsoft Teams, each lasting around 30 minutes. All
interviews were conducted in Swedish, as it was the common language for all participants and
researchers. The interviews were recorded and automatically transcribed through the software.
The data collection process, including informed consent and data handling practices, was
conducted in alignment with the Swedish Research Council’s guidelines for good research
practice (Akerman, 2024).

4.4 Data Analysis

All data collected from the interviews were processed and analysed in accordance with the
guidelines for thematic analysis (TA) described by Braun and Clarke (2006, pp. 79—81). First,
all the auto-generated transcriptions from Microsoft Teams were reviewed, corrected, and
clarified to ensure that the material was accurate and easily understandable before the actual
analysis began.

The analysis was carried out in two phases: an open exploration of the empirical material,
followed by the application of theory. During the first phase, an inductive coding method was
applied to explore the raw interview material without predefined categories. This phase was
used to identify initial codes and common themes that emerged directly from the transcribed
material, such as general system challenges, contextual factors, and the respondents’ overall
attitudes towards Al. In this phase, 33 codes were created and later merged into four different
themes as illustrated in Figure 1. The selected interview quotes used in the study were
translated from Swedish to English to maintain a consistent style.

Themes Codes Quotes
Parallel Systems & Scattered Data 10 44
Administrative Overload 12 58
Human vs. Machine 7 56
System Usability & Learning Barrier 4 14

33 172

Figure 1: Overview of the themes, including the number of codes and quotes



For effective data management, the Al tool Claude (Anthropic, 2026; Nyberg et al., 2025, p.
2680) was used as a support tool during this phase. Claude was used specifically to structure
the researchers’ notes and to identify duplicates in the codes. Additionally, all themes, codes
and analytical interpretations were developed and determined solely by the researchers.

In the second phase, a deductive approach was applied, in which Teece’s (2007, p. 1319,
2018, pp. 44—45) three dimensions of dynamic capabilities, sensing, seizing and transforming,
were used to analyse the themes identified in the first phase. The initial coding and themes
development remained inductive and were grounded in the participant’s experience. The
deductive stage involved examining how each theme reflected limitations or strengths in the
organisation’s sensing, seizing, and transforming capabilities. More specifically, sensing was
operationalised as participants’ ability to make informed decision and mobilise resources
based on that information, and transforming as their ability to adapt routines, processes, and
ways of working over time. Microfoundations were operationalised as the everyday routines,
work practices, and individual behaviours described by the participants that either enabled or
constrained these capabilities. This analytical process also provided a basis for discussing how
Al features could potentially strengthen the identified capabilities.

4.5 Ethical Considerations

In qualitative research, ethical considerations extend beyond the treatment of participants and
involve a critical examination of the researchers’ role, decisions and the context of the study
(Oates, 2006, p. 54). Researchers must therefore critically reflect on how their own biases,
thoughts and preconceptions might influence the research process. As qualitative results are
generated through the researchers” lens of interpretation, the results and the knowledge they
create are inevitably shaped by their own perspectives (Mason, 2002, p. 7). Continuous
reflexive methods were used throughout the study to remain aware of how these biases
influenced data analysis and later interpretations (Mason, 2002, p. 5).

This study’s specific context and its collaborative nature also require ethical and
methodological considerations. The decision to collaborate with the case company and tailor
the research to their specific concerns and interests would naturally steer the study in a certain
direction. Whilst this collaboration ensured the study’s usefulness, it is necessary to
acknowledge that different circumstances or another partnership might have led to a different
research design and results (Oates, 2006, p. 61).

Further, since the data collection was primarily based on contacts provided by the case
company, this could be considered a convenience sampling method (Oates, 2006, p. 98). As
the case company acted as a gatekeeper by providing contact details for potential respondents,
the researchers had limited influence over the exact selection of those interviewed (Mason,
2002, pp. 140—141). The sample is therefore linked to the company”s existing network, which
must be considered when evaluating the perspectives shared during the interviews (Mason,
2002, p. 141; Oates, 2006, p. 98).

Lastly, the study’s limitations in terms of time and scale must be considered to maintain
transparency regarding the results. The study was executed within a strict timeframe and was
geographically and demographically limited to SMEs in Sweden. Given these limitations, the
study’s findings are highly contextual. It is therefore ethically and methodologically important
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to note that a broader study area, a different organisational size or a longer timeframe might
have yielded different findings and revealed other dynamics. Taking these limitations into
account ensures that the claims made in the study are properly situated in context and not
oversimplified beyond what the data and the specific context can support (Mason, 2002, p. 1).

4.6 Method critique

A qualitative case study enables an in-depth understanding of HR professionals’ experiences
of HRIS-supported workflows and their perceptions of Al integration. However, the study also
has several limitations. Since the study focuses on one case company and six HR professionals
connected to SMEs in Sweden, the findings are context-specific and cannot be statistically
generalised (Mason, 2002, p. 195). Different organisational contexts may experience other
challenges or opportunities related to Al-enabled HRIS.

The use of semi-structured interviews provided rich and detailed insights into participants’
experiences and interpretations (Oates, 2006, p. 187), which was important given the study’s
exploratory aim. However, interviews rely on self-reported data and therefore gather
information about the participants’ perceptions rather than their actual behaviour. Methods
such as observation could have provided additional insights into how HR professionals work
and what challenges they have (Oates, 2006, p. 36). Compared to surveys, interviews generated
deeper insights and gave us the flexibility to ask follow-up questions, while surveys could have
enabled a larger sample and broader comparison across organisations (Oates, 2006, p. 36).
Individual interviews were chosen to allow participants to speak openly about organisational
challenges and Al, but focus groups may have generated more interactive discussions and
revealed different perspectives (Oates, 2006, p. 195)

Furthermore, although the coding was conducted inductively and with an open mindset, the
underlying theory may have influenced which topics were emphasised and how the findings
were interpreted. Finally, the researchers’ interpretations and collaboration with the case
company also shaped the research process and the resulting findings.

5. Findings

This part presents the findings from the thematic analysis of the interview material. Four
themes were identified, representing key challenges experienced by HR professionals in their
everyday work. The themes were parallel systems and scattered data, administrative
overload, human vs. machine, and system usability and learning barriers. The following
sections explain the themes and illustrate them with relevant quotes from the interview
material.

5.1 Parallel Systems & Scattered Data

The participants explained that implementing an HR support system has changed how they
work with information and data. For example, Participant 5 said, “I thought it was a problem
that we kept all our information in binders, so I implemented an HR system so we could store
the documents there instead”, and Participant 2 said, “It’s like night and day, you could say”,
referring to how information was stored before and after the implementation of an HRIS.
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Although the participants considered the implementation of an HRIS to have improved
their work situation, challenges related to parallel systems, scattered data and manual data
transfer remained. Participant 4 explained the situation as follows:

“We haven't linked the payroll system to the HR system yet, so we need to
manually transfer the data from the HR system to the payroll system. But what I
work on the most, I'd say, is scheduling, since that’s outside the system, and the
system still doesn’t have everything we need, for example, when presenting an
employee survey. We can’t display the results exactly the way we need to, so
there’s a lot of manual work involved there too, where I must sit down and create
my own reports” (Participant 4).

Furthermore, as Participant 4 noted, the use of parallel systems can create additional
challenges. Data patterns may remain hidden when relevant information is stored in separate
systems, as Participant 1 explained: “I don’t get any indication that someone has been out sick
a certain number of times; that information is stored in the payroll system”. Participant 3
describes a time-consuming situation caused by scattered data, which slows down decision-
making:

“It’s not like I have a chat feature in the system that can pull up information for
an employee right now, such as how long he’s been employed and what his sick
leave record looks like. I must go into the system and retrieve the specific
information I need, depending on the decision I must make.” (Participant 3).

While some participants found parallel systems challenging, others consciously chose to use
alternative systems or solutions instead of their primary HRIS. Participant 4 mentioned that
using multiple sources could be beneficial, since it increases the credibility of the information,
especially when different sources say the same thing:

“I think it’s a good thing because it gives me some input from... I probably
wouldn’t want to rely on just one source, depending on what I'm deciding on, so
I tend to check different places, but I don't find it time-consuming, I actually see
it as a positive thing” (Participant 4).

The preference for other systems is also rooted in habit. Participant 1 describes that “In some
cases, I think the system would definitely be helpful, but it’s easier to do it without the system
because I know how to do it”, and Participant 2 argued that some functions were avoided
because “some features are not yet tailored to our business and are a bit more general in
nature”, leading them to complete tasks manually or through other solutions.

5.2 Administrative Overload

As described in the previous section, using parallel systems or avoiding the system altogether
often resulted in additional manual and administrative work. One of the most frequently
described challenges among HR professionals was administrative overload. Participant 2
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explained that administrative reporting consumed a lot of time, and Participant 4 stated that
“administrative work, well, it takes a lot of time, that’s just the way it is”.

The administrative overload was closely connected to manual data handling. Participant 4
described a process with many steps before obtaining the needed statistical information: “I still
find that often, you must download something into Excel, summarise it, enter formulas, link
them correctly, and then account for other costs that aren’t in the system. Then you must
calculate standard values for those, and so on...”, and Participant 3 also mentions a similar
situation with similar issues:

“If I suspect there’s a pattern, like ‘sick before vacation’ or ‘sick on Mondays’, the
system can’t detect that on its own. Instead, I must pull the data, enter it into
Excel, apply some formatting, and then a pattern might emerge” (Participant 3).

Even when the information was available, and the system was used as intended, participants
noted that there was no guarantee that all data was included or up to date. Participant 5
mentioned that “a change means you have to update all the systems as well”, and also explained
that retrieving information often required collecting additional data manually from other
sources, despite some information already existing in the system:

“Let’s say it’s something minor, like an employee not having put in enough effort,
and we need to see what we can do about it. In that case, you'd have to check the
system that tracks that kind of thing. Yeah, you know, work completed and stuff
like that. But otherwise, when I must make a decision, most of it is based on
experience and laws/collective bargaining agreements or other important
factors” (Participant 5).

Other administrative challenges that participants believed Al functions could help address
were automated triggers, data anonymisation, and operational signals. Participant 1 discussed
automated triggers related to career events, such as promotions, stating: “Then you’ll also be
assigned a mentor. Id like to receive a reminder to make sure that person is assigned a mentor,
since he’s now a senior”. Participant 3 explained that anonymising data before AI analysis was
time-consuming because the current situation was like: “sometimes you have to write
something like, ‘NN requests to be fired, YY’s computer for XX due to a soccer ball being kicked
indoors,” which means something completely different”. Participant 5, on the other hand,
described how operational signals were not systematically captured: “Based on certain
challenges that arise every day, it [AI] could come up with suggestions for improvements
regarding survey questions or something else”.

Further, the implementation of a new system also created additional administrative work
related to setup and customisation. Both Participant 2 and Participant 5 described the
workload connected to system integration. Participant 2 explained the difficulty of finding the
time to integrate all functions: “Yeah, but next year, I'll really get into this, and we’ll be able to
build this together. But then reality and time constraints kick in, and you end up having to cut
corners because it needs to be ready by next week or so”. Participant 5 stated the
implementation process “hasn't really paid off yet. You must enter all the important data,
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configure all the settings, and learn how the system works on your own. That's a lot to handle”.
However, several participants also highlighted that once the system was fully understood, it
could provide reflection, insights, and support for change and action. For example, Participant
2 said: “When it comes to employee surveys, it’s clear that they’re helpful. They allow us to
identify trends or patterns. If we choose to keep the same questions over time, we can track
changes”.

5.3 Human vs. Machine

The participants described a struggle with what can be achieved through AI and what requires
human supervision. Whilst being open to Al as a supportive tool, the participants unanimously
agreed that humans should have the overall control and final say. The interviews showed this
in a couple of ways, from concerns about blindly trusting and using Al to the opinion that
human relationships can never be replaced by machines.

Participants’ trust in Al remained conditional, with everyone expressing an openness to
using it as a tool. However, no one was willing to let it operate without supervision. A clear
example was expressed by Participant 1, “Regardless of how much Al is taught, I personally
would not want to simply unleash it and allow it to act on its own without reviewing the
results.” Participant 2 had a similar concern and described a fear of taking too many shortcuts
by relying too much on Al-generated content without applying enough critical thinking, and
asked: “How can I be sure that Al is giving me accurate information?”

These concerns led to a consensus on the significance and necessity of human supervision.
Participant 1 emphasised that they wished to view the AI's output so they could stand behind
it. Participant 3 illustrated the connection between AI and human reasoning through a
metaphor regarding a jigsaw puzzle:

“There will always be a need for experts who are willing to make decisions,
because AI will never do that. AI can put together the pieces of the puzzle. It may
be able to fit all nine pieces together in the future, but that means that there will
still be someone needed to make a decision.” (Participant 3)

This participant also stated that an AT model never takes responsibility for a decision and that
this will never change fundamentally.

In addition to decision-making and supervision, the participants emphasised interpersonal
dynamics as a qualitative attribute of HR practice that AI cannot replicate. An openness to Al
was expressed by Participant 1, who insisted that it should not be “at the expense of
interpersonal relationships”, adding that a person seeking employment deserves to meet a
person rather than a machine. Multiple participants commented that signs indicating that an
employee is struggling are usually recognised before any system reacts. Participant 6 expresses
their process in this matter as follows:

“We rely heavily on one another here [at the company]. There are 13 of us [...] and
once a month we have [...] a “wellbeing coffee break”, which is just a chance to sit
down, chat and see how everyone is doing. It is because we are out visiting clients
a lot, so it is hard to pick up on how everyone is doing. Most things come to light
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through openness, either I see something or notice something, or someone has
noticed a difference in a colleague and then tells me that I should go and check on
that person.” (Participant 6)

Moreover, the participants noted that systems can easily detect absences due to illness but
cannot replicate relationships and the daily interactions in which such issues arise.

These fundamental concerns about the use of Al had practical implications, with concerns
raised that AI may be used incorrectly, uncritically, or without a proper framework.
Information security and data protection were recurring themes, especially given the nature of
the participants’ roles, with daily responsibilities including managing salaries, record-keeping,
and other HR-related tasks. Participant 4 described how it initially felt “a bit scary” not
knowing which information was authorised to be entered and expressed relief when the
organisation established an Al policy that clarified the boundaries. The same participant also
urged system providers to be more transparent about what happens in the event of a data leak:
“whose responsibility is it, and how would the situation be handled?” According to Participant
4, without that transparency, people might avoid using the features altogether.

5.4 System Usability & Learning Barrier

A recurring theme during the interviews was the challenge of navigating and utilising HR
systems to their full potential, especially in the early stages of implementation, as previously
mentioned at the end of 4.2. Participants described challenges that were not solely technical
and were also linked to time, experience, and system flexibility. Instead of immediately
reducing the workload for the HR professionals, the system often created extra work at the
start before the real benefits could be seen.

Participant 5 described this start-up period directly and explained that, especially during
the first six months, HR systems are more time-consuming than beneficial. Entering all the
necessary data, configuring settings, and learning the system is a lot of work before the system
starts to deliver value.

“T'would say that an HR system takes far more time in the first six months than it
saves. It has not given much back so far. Because you must enter all the important
data, sort out all the settings and learn the system yourself. There is a lot to do,
and then to be able to make use of all the features, which you also must set up in
a way that works, and that takes time too.” (Participant 5)

The participants described how their limited system skills continued to affect what they could
retrieve and use, even after the start-up period. Participant 1 said they wanted to be able to link
certain data in ways that were presumably possible but had not yet learned how to. Meaning
that the function likely existed somewhere in the system, but it is unclear where. There was a
gap between what a system could theoretically do and how a user could apply it in practice.
This results in frustration and highlights a broader challenge: that the value of an HR system
is not limited to its functions; it also depends on the user’s ability to navigate them.

Related to this was the challenge of adapting the system to the organisation’s specific
processes. Participant 3 brought this up in the context of offboarding and explained that the
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system was structured around a standard process: an employee resigns, is given notice and
leaves. But they found it difficult to handle variations such as immediate termination or other
non-standardised terminations. Participant 3 describes it like this:

“The system is very much designed around the idea of “OK, you onboard like this”
and then you just carry on. You cannot change much about the processes there,
especially the offboarding process. The system is based on someone having
resigned, letting that person serve out their notice period, and then they leave.
However, if someone has not resigned but has been dismissed, then there are
always lots of special considerations.” (Participant 3)

Some participants reflected on how extensive professional experience, often seen as an asset,
could prevent them from approaching systems with a more open mind. It was noted by
Participant 3 that experience makes it possible to fill in the gaps when the system only gives
part of the picture, “to be able to retrieve the missing pieces of the puzzle from your own
knowledge instead of only relying on the system to provide the complete puzzle.” At the same
time, such deeply rooted approaches could make it harder to think in new ways. Participant 1
reflects on this through a lens of self-criticism:

“In these cases, it is a disadvantage to have worked for a long time. I am too set
in my ways [...] I probably need someone to say, “Yes, but think about that”, and
then I might be able to think and come up with some ideas. But I think that I have
probably worked here for too long to be able to come up with anything.”
(Participant 1)

In this sense, the learning barrier is not only about the system, but also about the user’s
relationship with their own professional habits.

6. Analysis

In this part, the empirical findings are presented in Chapter 4. Findings are analysed to answer
the first research question: “What challenges do HR professionals experience in their HRIS-
supported workflows, understood through the lens of sensing, seizing, and transforming
capabilities?”. While the previous chapter highlighted the practical challenges HR
professionals experience in their current HRIS-supported workflows, this chapter aims to
translate these lived experiences into theoretical terms by applying the dimensions of sensing,
seizing and transforming (Teece, 2007, 2018). The analysis goes beyond the observable
patterns in the data to explain the underlying limitations in the HR department’s current
capabilities.

6.1 Sensing

Through the lens of sensing, understood as the capability to identify and shape opportunities
and threats (Teece, 2007, p. 1322), several of the challenges identified in the findings can be
interpreted as barriers to sensing’s microfoundations. According to Teece (2007, p. 1323),
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organisations require both access to relevant information and the capability to recognise,
interpret, and shape it to develop effective sensing capabilities.

As discussed in sections 4.1 and 4.2, HR professionals described the use of parallel systems
and manual data handling. A key challenge is that information is scattered across different
systems that are not integrated. Consequently, HR professionals need to spend more time
manually gathering and transferring data between systems, rather than interpreting
information and identifying emerging organisational needs or risks.

However, the problem is not only related to time. The use of parallel systems might also
cause relevant data to be hidden or unavailable when information is stored in different systems
that do not communicate with one another. As a result, the process of scanning information
becomes slower and more incomplete. Teece (2007, p. 1323) highlights that information must
not only be collected, but also reach those who have the capacity to understand and interpret
it. Manual data handling and parallel systems increase the risk of important information being
lost during processing.

The situation is further intensified when HR professionals continue to use familiar systems
because they feel comfortable with them, rather than fully adopting the implemented HRIS. At
the same time, the findings revealed nuances: one participant highlighted that information
gathered from multiple sources was perceived as more credible and offered a broader
perspective. This suggests that using multiple systems may, in some cases, support the
microfoundations of sensing by enabling a broader understanding of the information.

Furthermore, the lack of automation can also be interpreted as a barrier to sensing
capabilities. When routine HR processes require manual handling, HR professionals must
spend much of their time on administrative activities rather than analytical or strategic tasks.
As a result, opportunities for more analytical and strategic tasks become constrained. Teece
(2007, p. 1326) argues that analytical systems play an important role in organisational learning
and sensing, whereas heavily manual processes limit the organisation’s ability to process and
interpret information efficiently.

6.2 Seizing

Seizing is understood as an organisation’s ability to use its resources to make well-grounded
decisions in response to opportunities or challenges identified through sensing (Teece, 2012,
p. 1396, 2025, p. 53). It is emphasised by Teece (2007, pp. 1326—1327) that a well-functioning
seizing capability does not appear automatically from an identified opportunity but must be
grounded in strong microfoundations. These microfoundations consist of organisational
structures, routines, and mechanisms for decision support that enable efficient action (Teece,
2007, pp. 1319, 1333—1334). This is something that has been identified through the challenges
identified in the findings, which have been connected to the microfoundations of seizing.

A central challenge identified in the findings is how time-consuming integrating the HRIS
into the organisation’s daily workflow can be. Through the lens of the DC framework, this
represents a direct barrier to an organisation’s seizing capability. Teece (2012, p. 1395 2018, p.
43) argues that the strength of an organisation’s DC defines the speed and effectiveness with
which it can adapt its resources to new technological possibilities. Prolonged implementation
periods, therefore, indicate friction in adapting the HRIS to the organisation’s daily workflow,
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causing the organisation to miss the opportunity to realise the system’s full potential (Teece,
2018, pp. 43, 45—46).

The findings further illustrate that participants are positive about using Al as a supportive
tool in decision-making, but consistently emphasise the importance of human supervision and
not having the system make the final decision. This aligns well with Teece’s (2012, pp. 1396—
1398) perspective on seizing as a capability that should not be reduced to automated processes
and is consistent with HR professionals’ emphasis on questioning AI’s answers and seeking
other sources to verify Al’s output.

Furthermore, AT’s outstanding ability to optimise and analyse data lacks the intuition of
humans and the contextual understanding needed for strategic adaptation (Chowdhury et al.,
2023, p. 14; Simoén et al., 2024, p. 3). Seizing is therefore not about automating decision-
making; rather, it is about translating data into strategic value (Teece, 2012, p. 1397).

6.3 Transforming

Within the DC framework, transforming refers to an organisation’s ability to continuously
evolve by restructuring its structures, processes, and competences to maintain competitive
advantages in a dynamic environment (Teece, 2007, pp. 1335-1346; 2012, pp. 1396, 1398).
Organisations therefore need to be able to leave outdated routines behind and adapt their
microfoundations, which Teece (2007, pp. 1319, 1328, 1335) highlights as either enabling or
constraining an organisation’s strategic capability. This tension is evident in the findings,
particularly in sections 5.2 and 5.4, where the microfoundations have become fixed rather than
adaptable.

The participants describe a general preference for using manual processes over the HRIS
system, which is not primarily due to resistance to change but rather a lack of confidence that
the system can perform tasks as reliably as they themselves can (Chowdhury et al., 2023, p. 19;
Simon et al.,, 2024, p. 8; Teece, 2007, p. 1335). This presents a paradox in which HR
professionals’ experience risks locking them into old patterns and limiting their ability to think
innovatively (Teece, 2007, p. 1335). Additionally, the large volume of manual tasks leaves them
with little to no time to develop and transform new HR processes (Chowdhury et al., 2023, p.
11). The challenge of transforming is therefore not a motivational issue but one of capacity, as
manual work needs to be minimised before transformation becomes possible.

From the perspective of the DC framework, this presents a fundamental problem. As
emphasised by Teece (2007, pp. 1335-1337), organisations need to identify their own
weaknesses and change how they gather information to support new ways of working. This is
a difficult task due to path dependency, where old habits and decisions make it hard to break
with established ways of working. Updating the microfoundations is therefore of utmost
importance, as without doing so the whole organisation’s ability to innovate risks being lost
(Teece, 2007, pp. 1327-1328).

Limitations within the HRIS itself can further complicate the problem. The concept of
ontological reversal (Baskerville et al., 2020, pp. 511—512) is central here, as IS no longer only
reflects reality but actively shapes and creates it. A rigid system that dictates how HR
professionals perform their work, forcing them to adapt to it rather than be supported by it
(Baskerville et al., 2020, pp. 514, 517), thereby weakening the microfoundations of
transformation (Teece, 2007, p. 1337).
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Implementing AI without careful consideration risks amplifying instead of resolving the
underlying issues. Introducing Al into a system that already lacks the adaptability and user
trust needed risks creating further friction in the workflow, deepening the divide between HR
professionals and the technology meant to support them (Baskerville et al., 2020, pp. 518-519;

Teece, 2007, pp. 1335, 1344).
6.4 Conceptual Model of Challenges and Dynamic Capabilities

Building on the previous analysis of sensing, seizing, and transforming capabilities, the model
in Figure 2 illustrates how the different challenges within HRIS-supported HR work are
connected to the three dimensions of dynamic capabilities on varying levels.

Based on our analysis, the theme “Parallel systems & Scattered data” is strongly connected
to sensing, but only moderately connected to seizing and transforming. “Administrative
overload” has a strong connection to both sensing and transformation, and a moderate
connection to seizing. “Human vs. Machine” is only connected to seizing. “System Usability &
Learning Barrier” is only connected to transforming.

Themes linked to the Dynamic Capabilities Perspective (Teece, 2007)

Themes from Findings

System Usability

Parallel Systems @ Administrative % Human vs. it .
—— earning

LT & Scattered Data Overload Machine

Barrier

vy
.
-----
. Ya,
“aa,

SENSING SEIZING TRANSFORMING
Identify needs Take action based Change the way
or problems on insights of working
Dynamic Capabilities
Link strenght: — SITONG ~—~— smmssmsas Moderate

Figure 2. Model of themes linked to dynamic capabilities.

The three capabilities are not separate from one another but build on one another (Teece,
2007, p. 1343) and are often pursued in parallel rather than in sequence (Teece, 2025, p. 31).
So, rather than representing isolated categories, the model highlights the overlap among the
themes and illustrates how specific HR challenges may simultaneously influence multiple
dynamic capabilities.
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<. Discussion

This chapter discusses the study’s findings in relation to previous research and the Dynamic
Capabilities framework. First, the identified HRIS-related challenges are discussed as barriers
to organisations’ capabilities to sense, seize, and transform. The discussion then turns to how
Al-enabled features within HRIS may support these capabilities by reducing operational
inefficiencies, improving decision-making, and enabling more adaptive and strategic HR work.
The suggested Al features should be understood as exploratory suggestions, rather than
solutions based on empirical findings. Through this discussion, the chapter highlights how AI-
enabled HRIS can be understood not only as administrative systems, but also as strategic
organisational resources that influence organisational adaptability and digital transformation.

7.1 HRIS Challenges as Barriers to Dynamic Capabilities

The identified challenges, grouped into four themes, align with prior research on HR
challenges. The struggle to use a parallel system because of scattered data was highlighted by
both Eli Pascua and Blancaflor (2025, p. 11) and Sharma et al. (2025, p. 8). The administrative
burden, which was one of the most frequently mentioned challenges in our data, is consistent
with what Chowdhury et al. (2023, p. 11), Deepa et al. (2024, p. 1), and Eli Pascua and
Blancaflor (2025, p. 11) report in their studies. The tension between human and machine, in
other words, the worry about letting go and giving Al tools the authority, is also discussed by
Canhoto et al. (2021, p. 8), where they highlight that employees worry about being replaced or
losing control to new technologies. Finally, the last theme about usability and learning barrier
is partly raised by Eli Pascua and Blancaflor (2025, p. 14) as they argue that the first stage in
the implementation of a new system will take more than it gives, but that it will later, when
implemented, start to give back to the users. One challenge highlighted by Skare et al. (2023,
p. 3) and Chowdhury et al. (2023, p. 10), but not identified in this study, concerns the shortage
of technical competencies such as data analytics, algorithmic understanding, and Al-related
skills. One possible explanation is that the participants did not perceive these competencies as
a major challenge in their daily work. Another explanation could be that limitations in
technical skills are difficult to self-identify or were not openly expressed during the interviews.

When the identified challenges were analysed through the lens of sensing, seizing, and
transforming (Teece, 2007), the analysis revealed that issues such as parallel systems,
administrative overload, tensions between human and machine work, and usability barriers
are not merely operational inefficiencies affecting HR professionals’ daily work. Rather, they
may also limit organisations’ dynamic capabilities by reducing their ability to identify
opportunities, act upon them, and adapt to organisational and technological change. These
findings support previous research suggesting that HRIS platforms often fail to reach their full
strategic potential because some work is still done manually, and the data is scattered
(Siddique et al., 2025, pp. 2, 7).

7.2 Al as an enabler of dynamic capabilities

As noted in previous research, Al has the potential to strengthen organisations’ dynamic
capabilities by enabling more strategic, data-driven, and adaptive HR work (Pillai & Srivastava,
2024, 3885). Since the three dynamic capabilities build on one another and are often pursued
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simultaneously rather than sequentially (Teece, 2007, p. 1343; Teece, 2025, p. 31),
strengthening one capability may also support the development of the others.

Regarding the experienced HR challenges connected to sensing in the analysis, AI-driven
data integration could support sensing capabilities by merging information from multiple
HR systems, identifying duplicate data, and creating an overview of employee-related
information. Such a feature could make relevant information more accessible, improve
organisations’ ability to identify emerging needs and risks, and hopefully tackle a major
challenge: compiling reports and documents. In addition, AI-powered dashboards
designed from a user-centred perspective could automatically summarise HR trends, highlight
variations, and generate recommendations based on patterns in HR data. User-centred
dashboards would also align with Baskerville et al. (2020, p. 509), who argue that we need to
consider the role of humans when creating information systems.

Teece (2007, p. 1343; 2025, p. 31) mentions that dynamic capabilities are not separate
entities but are built upon one another. It is therefore easier to succeed at seizing if sensing is
successful, because of the strong connection between them. The AI features in sensing that
promote transparency could be beneficial by improving HR professionals’ trust in the HRIS’s
implemented AI. Adding features that include the possibilities to follow the AI’s journey to
their answers and fulfil the wishes of the participants who want to have the ability to build their
own understanding to be able to stand behind the AI. Implementing a feature such as
Explainable AI could therefore address this by enabling a successful Al for seizing and
making it possible for HR professionals to make well-grounded decisions. This
implementation of AI does not replace human strategic thinking, which aligns with the theme
of Human vs Machine.

AT could solve and support in many aspects, but it is not able to solve everything. By
implementing a concept of Al that puts Human-in-the-loop, it could be positive by
combining the best and most useful aspects of Al, such as summarising data and visualising it,
with humans having to actively check and approve or deny it.

Implementing Adaptive AI workflows could enable a continuous, innovative, and
reconfigurable process capable of transformation. The earlier sections of findings and analysis
provide an understanding of the possibilities within this area. Through the implementation of
AT in the HRIS system, the system could analyse user behaviour, changing processes, and the
organisation’s needs, and then suggest simpler workflows and identify when important steps
in the processes are being missed. This lowers the risk of technology making organisations
rigid in their routines and strengthens transformation, which connects to the theme of System
Usability & Learning Barrier.

Furthermore, HR professionals have shown that the implementation phase creates
significant friction and hinders the strategic value of the HRIS system, which aligns with Eli
Pascua and Blancaflor (2025, p. 14). Through an AI-driven implementation, guidance
could be provided to address this, with users guided through new processes, identifying
barriers to adoption, and personalising them. Implementing this type of AI could support and
make it easier for continuous reconfiguring and system customisation within the daily
workflow of the HR professionals.
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8. Conclusion

The purpose of this study was to explore the challenges HR professionals experience in their
HRIS-supported workflows through the lens of Teece’s (2007) DC framework (sensing, seizing,
and transforming), as well as how AI features could address these challenges.

Four themes were identified in the thematic analysis, thereby answering the study’s first
research question: Parallel Systems & Scattered Data, Administrative Overload,
Human vs. Machine, and System Usability & Learning Barrier. With Teece’s
(2007) DC framework, the analysis was able to show that these challenges are not only
operational inefficiencies but also limit organisations’ ability to identify opportunities, the
ability to act upon them and adapt to change.

The second research question of the study was addressed through suggesting specific Al
features to address each challenge: AI-driven data integration and AI-powered
dashboards to strengthen sensing; Explainable AI and Human-in-the-loop approaches
to support seizing; and Adaptive AI workflows and Al-driven implementation
guidance to enhance transforming,.

This study applies the DC framework within an HRIS context to structure the empirical
findings, and demonstrating how the dynamic capabilities framework can be used to interpret
HR professionals’ experiences of HRIS-supported work. Rather than extending the framework
itself, the study illustrates its usefulness for analysing challenges related to HRIS and Al
Furthermore, the findings align with the argument that IS no longer merely reflects
organisational reality but contributes to the shaping and creation of how work is structured
and done.

From a practical perspective, this study provides useful insights for organisations and
system developers interested in integrating Al into HRIS platforms. Its findings emphasise the
importance of user-centred development, where Al features are conceptualised based on HR
professionals’ actual work practices and needs. The study concludes by addressing the
identified challenges and how AI can help strengthen HR professionals’ ability to manage
change and build long-term value.

This study has several different limitations that should be considered when interpreting the
findings. Firstly, this study is based on interviews with six HR professionals from Swedish
SME:s that all use the same HRIS system. The findings within this study are therefore context-
specific and should not be generalised beyond the specific organisations and industries
involved. The suggested Al features are therefore not based on previous research but solely on
the participants’ experienced challenges and their correlation with the theoretical framework.

Secondly, the study was conducted within the framework of a specific case company and
over a limited time period. The collaboration with the case company provided valuable
opportunities to study the phenomenon in depth, although it may have influenced the study's
focus and the perspectives represented in the empirical material. In addition, this study is
based on participants’ experiences and descriptions of their work rather than observations of
actual system use.

Future research could explore similar topics within larger organisations, other industries,
or internationally to determine whether the same challenges and opportunities arise there.
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Longitudinal studies of organisations before and after the implementation of Al features in
HRIS could also be valuable for studying how dynamic capabilities change over time.

Furthermore, future research could focus on users’ trust in AI-supported HR processes, how
different types of human supervision could influence the use of AI, and how specific Al features
contribute to strengthening organisations’ sensing, seizing, and transforming capabilities in
practice.
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Appendix 1. Interview Guide

Theme:

Questions:

Professional
Background

1.

2.

Can you tell me about your role — (what a typical workday

looks like) — and which processes take up the most time?

How long have you been using the HR-system, and how

central is it to your daily work?

a. (Which features do you use the most?)

b. Do you see clear differences in how you worked before the
system was implemented?

c. Are there features you still partially handle manually outside
the system?

Sensing

If you need information to make a decision — where do

you turn, and how long does it take?

a. Do you need to gather information from several different
sources to get the full picture?

. How do you usually find out that something is becoming

a problem — for example, that employees are struggling

or that expertise is being lost?

a. Do you feel that you find out about things in time, or do you
sometimes find out too late?

Seizing

. Can you describe a situation where you identified a

problem or an opportunity?

a. How did you decide on what to do?

Are there situations where you know what you need to
do — but where the system holds you back instead of
helping you?

Transforming

Have any significant changes been made to the organization?

. When you want to make a change in HR — such as

implementing a new process or changing how you work
— how do you go about it?
a. How does the system support or limit you in this?

. How do you ensure that HR initiatives lead to results?

a. Will that make you change the way you work?
b. Does the system help?

View on Al
and the future

10.

11.

12.

Have you used Al tools before — such as ChatGPT or

Copilot? What has your experience been like?

a. Isthere anything you're sceptical about or concerned about
regarding Al in an HR context?

Imagine that anything is possible — what kind of Al

function would make the biggest difference in your

work?

Is there anything important we haven’t discussed — to

help us understand what a better HR system might look

like?
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Appendix 2. Pilot Interview Guide (with case company)

Theme:

Questions:

Context and
Customer
Profile

1.

2.

What types of customers do you primarily work with, and
how do they use the HR system in practice?

What do you feel customers primarily want to get out of the
system?

. What was the last thing a customer contacted you about?

a. What was it about?

Sensing

. Can you think of an example where a customer had the

information in the system—but still didn’t see it in time, or

failed to act on it?

a. What do you think happened—was it a system issue, a process
issue, or something else?

. Are there features in the system that you think customers

should use more to gain better insights—but that they don’t
use?

a. Why?

Which features in the HRIS can be linked to sensing?

Seizing

Once customers have identified a problem or need, what do
you think prevents them from taking action?

. Do you notice that customers often go outside the system to

resolve issues? Can you give an example?
a. What do you think is the reason for this?
Which features of the HRIS can support seizing?

Transforming

10.

11.

12.

Is there a feature in the system that helps customers
develop their HR processes over time?

a. Describe how it works

What are the most common changes customers want to
make — but find difficult to implement?

Which HRIS features can support transformation?

AT and future

13.

14.

15.

16.

Of the situations we’ve discussed — where could AI make the
biggest difference?

a. Examples?

What expectations do you hear from customers regarding
Al in HR systems?

Is there any concern or resistance from customers
regarding AI?

Is there anything customers never ask about but that you
think they need?

a. Something they might not realize they’re missing?
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Figure 1. Overview of the themes, including the number of
codes and quotes

Themes Codes Quotes
Parallel Systems & Scattered Data 10 44
Administrative Overload 12 58
Human vs. Machine 7 56
System Usability & Learning Barrier 4 14

33 172

Figure 2. Model of themes linked to dynamic capabilities.

Themes linked to the Dynamic Capabilities Perspective (Teece, 2007)
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