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Sammanfattning 

Ökade globala spänningar har bidragit till geopolitisk instabilitet och till en ökad efterfrågan inom 
försvarsindustrin. Detta har lett till ett skifte från det kostnadscentrerade fokus som präglade 
början av 2000-talet till dagens behov av resurseffektivitet och industriell uppskalning. De ökade 
kapacitetskraven får betydande konsekvenser för försörjningskedjor och skapar därmed ett behov 
av snabbare processer och teknologisk utveckling, däribland AI. Samtidigt innebär införandet av 
AI inom försvarsindustrin en paradox, eftersom organisationerna verkar i en miljö med höga 
säkerhetskrav. Därför blir en tydlig strategisk vision och lämpliga organisatoriska förutsättningar 
avgörande faktorer för en framgångsrik implementering och användning av AI. Trots det ökande 
vetenskapliga intresset för AI, är adoption inom försvarsindustrins försörjningskedjor för 
operativ effektivitet fortfarande begränsad. 

Denna studie bidrar delvis till att minska detta kunskapsgap genom att undersöka adoptionen av 
AI i försvarsindustrins försörjningskedja via en kvalitativ fallstudie i samarbete med BAE Systems 
Bofors. För att besvara detta kunskapsgap så undersöker studien Vilka barriärer kan uppstå vid AI 
adoption i försörjningskedjan inom försvarsindustrin? och Kan AI användas i en försörjningskedja inom 
försvarsindustrin när man utforskar möjligheter till operativ utveckling? Syftet är därmed att identifiera 
tillkommande barriärer, risker och möjligheter kopplade till implementering och användning av 
AI. 

Resultaten identifierar flera interna barriärer för AI adoption hos BAE, vilket skapar spänningar 
och risker kopplade till implementering och användning, särskilt med hänsyn till kulturella och 
säkerhetsaspekter. Vidare identifieras och diskuteras alternativa AI möjligheter i relation till deras 
kompatibilitet och funktionalitet för BAE. Sammanfattningsvis lyfter studien fram ett 
tvåstegsangreppssätt för AI adoption, där man betonar vikten av att balansera datatillgänglighet 
med AI-modellernas komplexitet för riskminimering, samt föreslår pilotprojekt för social 
hållbarhet och långsiktigt värdeskapande. 

Nyckelord 

Digital transformation, Artificiell intelligens, Försvarsindustrin, Försörjningskedja, Barriärer, 
Organisatoriska förutsättningar, Upprampning  
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Abstract 

Escalating global tensions have contributed to geopolitical instability and increased demands in 
the defence industry. This has resulted in a shift away from the cost centric focus in the early 
2000s towards a current need for resource efficiency and industrial scaling. The increase in 
capacity requirements has significant implications for supply chain operations, thereby creating a 
need for accelerated processes and technological advancement, including AI. However, AI 
adoption within the defence industry presents a paradox due to the high security centered 
environment in which organizations operate. Consequently, a clear strategic vision and suitable 
organizational preconditions become critical factors for successful AI implementation and use. 
Despite the growing scientific interest in AI, its adoption within defence industry supply chains 
for operational efficiency remains limited. 

This study partly bridges that gap by exploring AI adoption within the defence industry supply 
chain through a qualitative single case study in collaboration with BAE Systems Bofors. To 
address this gap, the study investigated Which barriers could occur when adopting AI in the defence 
industry supply chain? and Could AI be leveraged in the defence industry supply chain when exploring 
opportunities for operational development?. Therefore aiming to identify emerging barriers, risks and 
opportunities associated with the implementation and use of AI.   

The findings uncover several internal barriers for AI adoption at BAE, creating tensions and risks 
for the implementation and use with respect to cultural and security considerations. Additionally, 
alternatives for AI opportunities were identified and discussed in relation to compatibility and 
possible utilization for BAE. All together, highlighting a two step approach for AI adoption and 
the necessity to balance data availability with AI model complexity for risk mitigation, suggesting 
a pilot project for social sustainability and long term value creation. 

Keywords 

Digital transformation, Artificial intelligence, Defence industry, Supply chain, Barriers, 
Organizational conditions, Ramp up  
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1​ Introduction 

The defence industry is characterized by a complex environment and rapidly changing 
preconditions (Bolzan de Rezende et al., 2022; Antai & Hellberg, 2025). In recent years, this 
complexity has been further enhanced as the industry has undergone several strategic shifts and 
experienced significant growth, driven by escalating global tensions and the prioritization of 
military resources (Hellberg & Lundmark, 2025).  

Due to these uncertainties surrounding the defence sector, countries find themselves in a material 
crisis which triggers the need for rapid “ramp-up” (Antai & Hellberg, 2025). This ramp-up 
primarily involves scaling up manufacturing capacity and replenishing stockpiles to meet the 
increased demand for defence materiel in the trail of recent geopolitical developments (Mueller, 
2025; Hellberg & Lundmark, 2025). However, such expansion is not straightforward. Defence 
firms must simultaneously navigate a highly complex and strict regulatory environment that 
governs essentially all aspects of their operations (Antai & Hellberg, 2025). These extensive 
regulations, combined with the structural systemic complexity of the defence industry, create 
significant challenges for companies attempting to rapidly increase production while remaining 
compliant. As a result, the required ramp-up is considerably more demanding and 
time-consuming compared to other industries. 

When these needs are applied to the Swedish defense industry, they are placed in an extremely 
high-pressure environment. An environment to which has shifted from a stable post-war mindset 
in the early 2000s to a current pre-war mindset (Hellberg et al., 2025; VanEck, 2024). The 
geopolitical instability, combined with Sweden’s membership in NATO is calling for military 
demands with far higher prioritization than before (Nato, 2025). Regeringen (n.d.) demonstrates 
that the deteriorating security situation requires a significant military buildup. The goal is to 
increase the defense budget from 2,8% to 3,5% of Sweden's Gross Domestic Product (GDP) by 
2030, entailing a massive capital increase in the defense sector. However, this investment places 
extreme demands on the industry's capacity to deliver, causing the shift from cost- to resource 
effectivity.  

For Supply Chain Management (SCM), this means being prepared to handle significantly larger 
volumes and more complex flows without compromising quality or delivery precision, all while 
complying to the strict tolerances and regulations of the state. In a global market continuously 
affected by volatility and uncertainty, the ability to make rapid, data-driven decisions is crucial for 
competitiveness (Antai & Hellberg, 2025). Hence, the transition from cost efficiency to resource 
efficiency in the defence industry has necessitated the need for rapid scaling (Hellberg, 2023). 
Picken (2017, p. 2) emphasizes that “in the scaling phase, the entrepreneur must add significant resources 
and leverage processes and partnership to grow the business”. Highlighting Supply Chain (SC) as a crucial 
department regarding the need for resource effectiveness and utilization of supplier partnership. 
The scaling implies managing large amounts of resources and data, thus requiring accelerated 
processes to keep pace (Picken, 2017). The need for rapid development has led to increased 
interest in implementing new technology and digital aid. With advantages in terms of resilience 
and management of SC disruptions, Artificial Intelligence (AI) emerges as a useful tool for 
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optimization and risk mitigation (Belhadi, 2022). Broekhuizen et al. (2023) emphasizes the ability 
for AI to automate processes and handle large volumes of data, making it particularly well suited 
for managing the acceleration in the SC context. 

Belhadi et al. (2022) describe how the implementation of AI-based decision support is necessary 
to build resilient SC. The automation of routine tasks and the use of data driven augmentation 
can lead to more efficient operations and a stronger foundation for decision-making 
(Broekhuizen et al., 2023). Hence, utilizing AI to process datasets, companies can identify risks in 
real-time and act proactively rather than reactively in the event of disruptions. Furthermore, the 
authors note that there is limited research regarding the application of AI within SC, that there is 
currently a lack of unified frameworks for decision-making, which has created uncertainty 
regarding how to effectively adopt AI to strengthen the organization (Belhadi et al., 2022). 

1.1​ Problematization 

Despite the possibilities arising with the use of new technology and AI, organizations tend to 
have problems identifying and fully utilizing the opportunities. Ångström et al. (2023) argue that a 
common mistake is looking far ahead and pursuing too complex AI tools. Without suitable 
preconditions, clear strategic directions and incremental implementation, AI initiatives are 
doomed to fail (Ångström et al., 2023).  

Further, the operational acceleration with the use of AI must occur under unique circumstances. 
Bolzan de Rezende et al. (2022) emphasizes the complex environment in which the defence 
industry operates in. Innovation within the defense industry is governed by strict requirements 
for security and control. The Geneva Centre for Security Sector Governance (DCAF, n.d.) 
emphasizes that the integration of AI into the defense sector requires mechanisms for 
accountability and human control. Unlike civilian industries where speed is often prioritized, 
military technology and implementations must be verified against absolute requirements for 
reliability and compliance with international regulations to guarantee “good security sector governance” 
(DCAF, n.d.). Organizations in this sector must therefore navigate a paradox as they must 
accelerate their digitalization to meet delivery demands while being bound by a strict security 
framework that constrains that very acceleration. 

In the Swedish defence industry this challenge is amplified by strong dependence on 
governmental actors. With the Swedish Defence Materiel Administration (FMV) as the primary 
buyer, the industry heavily relies on political decisions linked to military reinforcement and 
humanitarian aid (Hellberg et al., 2025). While having the government as a buyer can provide 
economic stability and competitiveness through contracts that offer stable demand, long-term 
revenue streams, and access to political resources (Chen et al., 2021; Grover & Dresner, 2022). It 
also means that the industry is strongly characterized by security requirements and regulatory 
factors regarding public procurement, such as increased bureaucracy, information-processing 
demands, and exposure to changing political priorities (Grover & Dresner, 2022). Further, 
Falcone et al. (2024) highlight that government customer concentration can both increase and 
decrease firm performance depending on the extent of dependence. Therefore, defence firms 
must actively manage both the benefits and the risks associated with operating in a market where 

10 
 



 

state actors largely define demand, requirements, and procurement conditions (Mueller, 2025). 
Limiting the strategic decision making for the SC in the defence industry due to these 
dependencies (Hellberg, 2023). As a result, the increasing market demand combined with the 
complex industry entails the need for strategic decision-making when exploring the possibilities 
with AI. 

1.2​ Purpose and Research Questions 

Previous research captures the complexity of the defence industry (Bolzan de Rezende et al., 
2022) and the effects of a shifting geopolitical stability in terms of the need to accelerate 
processes and operations (Hellberg et al., 2025; Hellberg, 2023). Less emphasis has been given to 
support the strategic decision-making when investigating the possibilities of AI in the defence 
industry SC. Therefore, this thesis aims to explore AI adoption within the defence industry SC. 
To address this aim, the following research questions will be investigated to identify possible 
barriers, risks and opportunities associated with the implementation and the use of AI: 

RQ1: Which barriers could occur when adopting AI in the defence industry supply chain? 

RQ2: Could AI be leveraged in the defence industry supply chain when exploring opportunities for operational 
development?  
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2​ Theory 

The following theoretical framework presents existing research in the field of SCM in the defence 
industry, AI and organizational conditions for AI adoption. By integrating these areas, the 
sections aim to provide a theoretical foundation and highlight key concepts relevant for the 
remaining parts of the study. 

2.1​ Supply Chain Management in the Defence Industry  

SCM can be defined as: 

The management of a network of relationships within a firm and between interdependent 
organizations and business units consisting of material suppliers, purchasing, production 
facilities, logistics, marketing, and related systems that facilitate the forward and reverse 
flow of materials, services, finances and information from the original producer to final 
customer with the benefits of adding value, maximizing profitability through efficiencies, 
and achieving customer satisfaction (Stock & Boyer, 2009, p.706). 

In commercial SC this definition has traditionally been realised through a strong emphasis on 
cost reduction, lean operations, inventory minimisation and responsive adaptation to market 
demand (Emrouznejad et al., 2023; Min et al., 2019). Although the focus has progressively shifted 
toward integration, sustainability and digital solutions, cost efficiency has remained the dominant 
priority. 

However, modern SC has become increasingly complex, amplifying both uncertainty and risk 
(Korkmaz, 2024). According to Garvey et al. (2015), this complexity creates a high degree of 
vulnerability to disruptions, as a failure in one section can rapidly spread through the entire SC 
network. Garvey et al. (2015) continues to define SC risk as the potential for unforeseen events, 
ranging from supplier failures and logistical bottlenecks to geopolitical shifts that cause direct or 
indirect interruptions to the flow of goods and services. Which makes proactive risk management 
not only desirable but essential for maintaining stability and efficiency. Consequently, given the 
nature of SC, the ability to identify, assess, and mitigate such threats through effective risk 
management has become a critical priority. While traditional SCM primarily focused on cost 
reduction, affordable procurement and inventory optimisation, the modern approach focuses 
more on sustainability and long-term resilience as key drivers of overall business success 
(Samvedi et al., 2013). 

This shift toward resilience is particularly noticeable within the defence sector, where SCM has 
become increasingly complex and competitive in today's turbulent and volatile security 
environment (Antai & Hellberg, 2025). Although the SC plays a crucial role in the success of any 
defense organization (Korkmaz, 2024), the SC operates under fundamentally different conditions 
than those in commercial industries. While cost efficiency remains relevant, procurement 
priorities have increasingly shifted from price optimisation toward resource availability, reliability, 
and the capacity to rapidly scale production when required (Antai & Hellberg, 2025; Hellberg et 
al., 2025). This transition reflects the industry’s need to adapt quickly to volatile geopolitical 
conditions and rising demand. Consequently, defence firms must manage two contrasting 
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operational approaches simultaneously which are the cost-conscious operations during peacetime 
in terms of lean, and the surge-capable responses during periods of crisis or conflict in terms of 
agility (Antai & Hellberg, 2025). 

In this dual context, an effective and resilient SC is not simply a support function, but a critical 
factor for both organisational performance and national security (Korkmaz, 2024). The 
profitability of the defence industry is largely dependent on full utilization of production capacity, 
leaving no surplus or slack available to accommodate short-term production ramp-up’s. 
Moreover, this limitation is further aggravated by the long lead times for the procurement of 
critical materials (Hellberg et al., 2025).  

Consequently, proactive and comprehensive risk management becomes a strategic necessity 
rather than an operational option (Korkmaz, 2024). Defence firms must move beyond traditional 
cost-focused approaches and actively build resilience through supplier diversification, strategic 
buffering of critical components, enhanced SC visibility, and the development of dynamic 
capabilities (Hellberg & Lundmark, 2025). Managing SC risks and adapting to emerging trends 
such as digital advancement and sustainability will therefore be crucial for a sustainable future in 
the defense industry (Korkmaz, 2024). Despite the strategic importance of defence SC, academic 
knowledge remains limited (Antai & Hellberg, 2025).  

Another important aspect is that the SCM should not only be understood as an external network 
between firms, suppliers and customers, but also as an internal structure within the organisation 
(Lambert et al., 1998). The authors further argue that SCM consists of several interconnected 
business processes. These processes cut across traditional functional boundaries and therefore 
require coordination between several departments and areas of responsibility. Similarly, Lambert 
et al. (2001) emphasise that successful SCM depends on cross-functional integration, since SC 
performance is not created by isolated functions, but through the coordination of activities across 
the organisation. However, this also makes SCM difficult to implement in practice. When 
processes are divided between different organisational units, systems and decision-making levels, 
there is a risk that functional boundaries become barriers rather than possibilities (Lambert et al., 
2001). Consequently, organisational silos may emerge in operations such as procurement and 
logistics departments, who often use their own systems and processes, which reduces information 
sharing, visibility and responsiveness across the SC (Chukwunweike et al., 2024). To address this 
issue, Chukwunweike et al. (2024) argue that automation can contribute to breaking down such 
silos by improving data integration, information flow and coordination across organisational 
functions. In this context, technologies such as AI can be seen as important tools for reducing 
barriers, increasing SC visibility and supporting more integrated decision-making (Chukwunweike 
et al., 2024). This makes AI particularly relevant in relation to modern SCM and the defence 
industry, as it may strengthen the organisation’s ability to coordinate complex SC activities and 
respond to disruptions more effectively.  
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2.2​ Artificial Intelligence 

Artificial Intelligence (AI) is a technological breakthrough and has transformed how industrial 
operations are executed and managed (Rashid & Kausik, 2024). The technology has seen rapid 
growth both in industries and research over the years, uncovering its potential (Lachheb et al., 
2025). Despite the widespread use and ongoing exploration of AI, its definition remains 
somewhat ambiguous. Although, a common understanding of the definition is “technology that 
enables machines to imitate various complex human skills” (Sheikh et al., 2023, p.15). This capability is 
enabled by its development based on vast data sets and an integration of methods including 
Machine Learning (ML) and Deep Learning (DL). ML is the part of AI in which it acquires 
knowledge from data and gradually enhances its performance while DL advances it further to 
manage complex operations derived from the structure of the human brain (Darwish et al., 2026). 
These techniques enable AI to understand complex systems and relationships, and recognize 
patterns. Therefore, it possesses the capability to progress over time as it is provided with data 
(Rashid & Kausik, 2024).  

Broekhuizen et al. (2023, p.1) argue that “AI has the potential to transform the way businesses operate by 
automating routine tasks, augmenting human decision-making, and generating insights from vast amounts of 
internal and external data“. Allowing organizations to leverage AI for the aim of enhancing their 
operations and establishing better basis for decision-making. It is proven that companies using AI 
have enhanced their employee productivity and organizational performance (Kassa & Worku, 
2025). Hence, describing a technology able to execute in a wide range of processes helping with 
both basic daily operations and more complex strategic decisions. 

When examining AI in an organizational context, current research suggests that AI adoption is 
best understood through a dual lens encompassing both technical and social dimensions 
(Tursunbayeva & Gal, 2024). Rather than functioning independently, these dimensions are seen as 
interdependent as one cannot function effectively without the other when aiming for successful 
AI adoption. This aligns with a sociotechnical perspective, where Akbarighatar et al. (2023) 
demonstrate that strengthening the interaction between social and technical aspects enhances 
organizational maturity and improves AI adoption outcome. Meanwhile, literature further 
indicates that AI system advancement depends on access to large datasets derived from various 
organizational processes and customer interactions (Joy et al., 2024). As a result, AI adoption 
today is closely linked to the organizational ability to integrate data flows across departments and 
functions. Cross-functionality therefore emerges as a key component for the advancement as it 
provides a foundation for AI adoption by facilitating knowledge sharing and improving data 
collection (Tursunbayeva & Gal, 2024). Overall, this highlights that AI adoption is not solely a 
technical challenge but an organizational capability to combine social and technical readiness. 

In the context of the defence industry, Sobczyński (2016) emphasizes the importance of 
information security management and confidentiality levels to ensure restricted knowledge 
sharing and limited availability to sensitive information. This reflects industrial circumstances in 
which information cannot flow freely within organisations due to the strict security environment. 
It also highlights that data management becomes increasingly complex when access to certain 

14 
 



 

information must be constrained. Thereby, demonstrating suboptimal conditions for 
cross-functionality and data availability, undermining AI adoption and the utilization of different 
models. 

However, some AI models might be more suitable than others based on operations and intended 
outcome. AI is mainly divided into two categories which are narrow AI and artificial general 
intelligence (Kondort & Cioc, 2024). Broekhuizen et al. (2023) argue that narrow AI is suitable in 
a predictable context with well-defined cognitive tasks while artificial general intelligence is 
broader and suitable for more complex analytical tasks. The more complex the operations, the 
more complex AI models are needed for the implementation. This, in turn, increases the 
importance of security, as Saeed and Alsharidah (2024) emphasizes that more advanced AI 
requires larger datasets for training, causing an increased risk for data exposure. Further, Narula 
et al. (2025) argue that more advanced AI systems make it increasingly difficult to identify 
vulnerabilities. Hence, highlighting the correlation between the complexity of AI systems and the 
likelihood of security threats. The correlation demonstrates the importance of considering the 
degree of AI utilization in the security centered defence industry, since it is accompanied by 
potential risks. 

Although high levels of AI utilization can enable the resolution of complex tasks and the analysis 
of large volumes of data, several prerequisites must be addressed before even being able to 
implement it. Adopting AI entails a transformative process on both an organizational level and 
an employee level as it requires a Digital Transformation (DT). Schilirò (2024) describes DT as 
the adoption of disruptive technology for operational purposes accompanied by change regarding 
products, processes and organizational structure. Therefore highlighting the need for 
organizational change and the creation of the right technological and cultural environment for AI 
adoption aligning with the sociotechnical perspective addressed by Akbarighatar et al. 2023). 

2.2.1​ Organizational Conditions 

For the purpose of managing the DT required for AI, the establishment of organizational 
maturity becomes an important aspect. Merhi and Harfouche (2023) emphasizes multiple 
important preconditions and enablers for AI adoption with top management support and 
organizational culture as of significant value. The aspects encompass a mutual understanding and 
a shared belief in terms of the organizational transformation and willingness to change work 
practices. Ångström et al. (2023) emphasizes that entrenched routines often harness AI adoption 
when missing a data-driven mindset and causes employees to misunderstand and not see the 
benefits of the implementation. Hence, the creation of a creative and open culture, and a digital 
mindset amongst the employees can not be overstated. The digital mindset is fostered through an 
organizational awareness regarding the value of new technology and DT (Gimpel et al., 2018). 
Murire (2024) argues that the awareness is highly relevant as employee resistance is natural when 
not understanding the positive impact of AI and thus fear potential replacement. Vial (2019) 
further argues that a key aspect for DT is cross-functional collaboration and the need for 
separation of organizational silos. Highlighting the importance of managerial support to ensure 
mutual understanding of the pursued value. Weingarth et al. (2019) provides clarification through 
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a case study where leaders played a significant role for the creation of an organizational awareness 
regarding the DT. Early commitment and communicated engagement demonstrated the 
importance of a shared organizational dedication.  

Moreover, top management serves as a guidance for the alignment of current strategy and AI 
adoption. Pollack and Pollack (2014) argue that one significant step for change management is 
communicating a clear vision for the change, indicating the need for a well-defined strategy. 
Further, Ångström et al. (2023) emphasizes the importance of a clear value proposition in which 
organizations are urged to start with low-complexity AI solutions and then gradually increase 
over time. Hence, decreasing the risk of falling short as a consequence of the unsuccessful 
alignment with current strategy and processes. Therefore literature proposes pilot projects in 
order to ensure a shared understanding of the value with hands-on experience along with leverage 
of a sustainable approach for strategic alignment and future scaling (Tursunbayeva & Gal, 2024; 
Schwaeke et al., 2025). 

Another crucial aspect for AI adoption is the data accessible for the achieved purpose. The 
desired outcome based on the strategic vision needs to be specified in order to provide the AI 
with relevant input. Without organized and structured data, AI implementation is doomed to fail 
(Ångström et al, 2023). Further Merhi and Harfouche (2023) argue that poor data quality is one 
of the main aspects for lack of trust in AI models and refer to it as “garbage in, garbage out”. 
Highlighting the foundational value of relevant data with good quality for AI implementation. 
Hence, it requires the development of a data-driven organization with a shared understanding of 
essential data and its strategic value. Once again leadership is phrased as a supportive factor and 
an enabler for the cultural change towards a data-driven organization (Prakash, 2024).  
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3​ Method 

This section presents the research methodology applied in the study. It outlines the specific 
research context and demonstrates the methodological choices made throughout the process 
including data collection and data analysis. Finally, considerations regarding trustworthiness and 
ethical aspects are discussed to clarify the quality and validity of the research. 

3.1​ Research Context  

The study is based on a single case study conducted at BAE Systems Bofors, hereafter referred to 
as “BAE”. More specifically, the focus is directed toward the procurement department in which 
addresses the majority of the operations within the company's SC. BAE is a world-leading 
Swedish company in the defence industry, specialising in the development and manufacture of 
advanced weapon systems and ammunition for both national and international markets. 

Currently, the Swedish defence industry is undergoing a major transition. Driven by Sweden’s 
NATO membership, escalating geopolitical tensions, and a shift from a post-war to a pre-war 
mindset, the sector faces urgent demands for rapid production ramp-up, and significantly 
increased material volumes (Antai & Hellberg, 2025; Hellberg & Lundmark, 2025). This 
development requires defence firms to transition from traditional cost to resource efficiency.  For 
BAE’s procurement department, these conditions implies managing larger material volumes and 
complex supplier networks under extreme time pressure, all while operating under strict 
regulatory, security, and compliance regulations. 

In response to this, BAE has started exploring the potential of AI to automate processes and 
activities. BAE also represents a particularly interesting and suitable case due to their recently 
started AI adoption journey, and currently evaluating multiple opportunities without having 
committed to specific solutions yet. 

By studying the early stage of AI adoption for the procurement department, this thesis is able to 
explore how a high-security defence organisation navigates the strategic paradox of needing rapid 
digital acceleration while being restricted by strict security requirements and governmental 
dependencies. 

3.2​ Research Design 

Due to the exploratory nature of this study, a qualitative methodology is appropriate as the 
problem requires a deep understanding of root causes and the ability to explore patterns and 
processes (Bell et al, 2019). Further, Taherdoost (2022) also suggests that qualitative research is 
exploratory by nature and can be used to discover new insights and ideas. Therefore, a single case 
study was conducted as it builds on contextual issues and lessons learned (Taherdoost, 2022). 
Moreover, this study has been conducted through an inductive approach as it allowed the 
findings to emerge from the data, without the restraints imposed by theories or methodologies 
(Thomas, 2003). Allowing the researchers to remain open minded to unexpected patterns and 
themes throughout the data collection and analysis. 
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To systematically process the empirical findings, a thematic analysis was employed. This method 
was chosen to identify, analyze, and report patterns within the data, which is essential when 
seeking to understand complex organizational phenomena (Braun & Clarke, 2006). The thematic 
analysis will be further explained and discussed in section 3.4. 

Since the early stages of the study were characterized by limited knowledge about the 
organizational expectations and potential use of AI. Hundley and van Teijlingen (2002) discusses 
the advantage of using pilot studies with the collection of primary data and development of a 
research plan as two of the main objectives. Therefore, a pilot study was set up to establish the 
conditions and limitations for the main study through interviews between week six and seven. A 
downside of pilot studies is the possibility of inaccurate assumptions based on the collected data, 
which could hamper future work (Hundley & van Teijlingen, 2002). Hence, the importance of the 
selection of participants for these interviews could not be overstated and were carefully chosen 
based on expertise and organizational knowledge. 

While the initial purpose of the pilot study was to gain a foundational understanding of 
challenges within the procurement department, it became clear that the data gathered was of 
considerable value for the final results. The transition from the pilot phase to the main study 
therefore occurred almost automatically, as the initial interviews provided deep insights that 
directly addressed the research questions. Thus, the pilot and the main study were integrated 
seamlessly into a single research process. Rather than treating the pilot phase as a separate phase, 
it was included into the primary data set, allowing the study to benefit from the data collected 
from the very beginning of the case study. 

To provide a comprehensive overview of how the different stages of the study interconnect and 
how the research process progressed, a conceptual model of the research design has been 
developed. The model illustrates the structured flow from the initial purpose and overall design, 
through the empirical qualitative work consisting of data collection and analysis, ultimately 
leading to the final results. Additionally, it highlights how the write-up phase has been an 
ongoing, continuous process throughout the entire duration of the study. This research design is 
visualized in Figure 1 below. 
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Figure 1: The research design. 

3.3​ Data Collection 

To gather the data required for this study, interviews were used as the main method. According to 
DiCicco-Bloom and Crabtree (2006), collecting data through interviews is highly effective when 
conducting exploratory research, as it allows the researcher to explore for more specific and 
detailed answers. This method is particularly valuable for uncovering complex perspectives and 
personal experiences that other data collection methods might miss. By engaging directly with 
participants, the researcher can gain a deeper understanding of the subject matter through a 
grounded and detailed exploration of the research problem (DiCicco-Bloom & Crabtree, 2006). 

3.3.1​ Interview Setting 

A semi-structured approach was chosen to maintain a balance between consistency and flexibility. 
Taherdoost (2021) explains that semi-structured interviews are beneficial because they are 
planned ahead of time based on an interview guide, yet still allow for the use of open-ended 
questions. This ensures that all relevant topics are covered while providing the necessary freedom 
for participants to express their views in their own words. Furthermore, this approach enables the 
discovery of unexpected insights, as the flexible interview guide allows the interviewer to adapt 
the dialogue based on the participant's input (Taherdoost, 2021). Therefore, the preparations 
before the study included an interview guide with twelve main questions where the guide served 
as a support rather than to be strictly followed. In order to ensure interview questions and 
participants which were applicable for the context of the study, the guide was tested and 
discussed together with the supervisor at the company and our supervisor from the university. 
Although, both the guide and the participants changed throughout the process to widen the 
perspective and improve the data collection. The finalized version of the interview guide is 
visualized in Appendix A. 

The setting for the interviews was face-to-face, given that Taherdoost (2021) describes it as 
beneficial due to its ability to obtain rich data quality, ability to explore complex and sensitive 
subjects and the opportunity for oral clarification. This was crucial for establishing “rapport” - a 
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mutual relationship of trust and respect (DiCicco-Bloom & Crabtree, 2006), within a 
security-regulated industry where trust is not optional, it is a must. Without it, participants are 
less likely to feel sufficiently secure to speak candidly, narrowing the study’s access to open, 
high-quality exploratory data. To ensure a comprehensive data collection during the interviews 
and minimize the risk of overlooking certain aspects, one researcher focused on keeping the 
conversation going while the other took notes and contributed with follow-up questions when 
necessary. 

The interviews were transcribed manually to comply with the BAE strict data security and 
confidentiality regulations, which prohibited external digital tools. Each participant received an 
invitation for a one-hour session, though the actual interviews varied between 30 and 60 minutes 
depending on the depth of the discussion. In total, 14 employees participated in the study, 
resulting in 13 interviews. The total duration of these interviews was 10 hours, 33 minutes, and 28 
seconds, generating a total of 81,086 transcribed words. A more extensive summary of these 
interview details can be found in Appendix B. 

3.3.2​ Selection of Participants  

The selection of participants was a crucial phase of the research, as the quality of the findings 
depended on identifying individuals with the specific expertise required to address the research 
questions. This study employed purposeful sampling, which DiCicco-Bloom and Crabtree (2006) 
describe as an iterative process that seeks to maximise the depth and richness of the data. As 
Hancock et al., (2021) also highlights, the selection of participants directly influences the quality 
of the data. Therefore, the primary step was to identify key participants who possessed the most 
relevant information to be able to address the study's research questions.  

The process began with an initial pilot phase where managers for each individual unit within the 
case company’s procurement department were interviewed. These managers were selected 
because they possessed the most comprehensive knowledge of their respective areas. According 
to Taherdoost (2021), and Hancock et al., (2021), identifying participants with such high-level 
organizational knowledge is essential for establishing the study's path. As the research progressed, 
the pilot phase seamlessly transitioned into the main study. 

Following the initial interviews with the managers, a snowball sampling strategy was utilized 
(Naderifar et al., 2017). Each manager was asked to recommend two to three employees from 
their department who could broaden the study´s insights through their specific operational 
perspectives. To ensure variation and data richness, we requested a mix of both senior and 
recently hired employees. DiCicco-Bloom and Crabtree (2006) state that such variation among 
the participants is essential to capture a wider range of shared understandings. By combining the 
holistic view of management with the diverse, hands-on experiences of the employees, ensuring 
the high level of data quality required for an exploratory case study. 
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3.4​ Data Analysis 

In order to assemble and comprehend the data collected from the interviews, a thematic analysis 
was conducted. The approach enables a thorough investigation through six phases where 
patterns and similarities are identified throughout the process (Braun & Clarke, 2006). The 
extensive process resulted in a deeper understanding of the research subject from the participants 
perspective which is crucial when performing an explorative study. The method offers a high 
degree of flexibility due to the possibility of iteratively working back and forth in the data, making 
it suitable for qualitative research (Braun & Clarke, 2006). 

3.4.1​ Thematic Analysis 

The thematic analysis followed the structure presented by Braun and Clarke (2006) addressing the 
six phases for the analyzing process. The development of codes and themes in phase two and 
three were first conducted individually and then reviewed together with the purpose of creating 
stronger rigor as the individual analyses were evaluated against each other to determine the 
finalized themes. Therefore, individual interests could be reduced by reflecting on outliers and 
considering different perspectives (Nowell et al., 2017). 

Phase 1, familiarization with the data: The familiarization was first established through manual 
transcription of the recorded interviews where re-listening and writing were highly beneficial. 
Together with a thorough individual reading of the transcribed data, initial thoughts emerged 
through the development of better data knowledge. 

Phase 2, generating initial codes:  In the second phase, initial codes were created and written as 
comments in a digital document, highlighting the section from the transcription. These 
comments enabled easier visualization of the codes when constructing and reviewing themes in 
the following phases. When developing initial codes, researchers' own interests can affect the 
outcome of the codes (Ahmed et al., 2025). Hence, understanding the potential impact of 
individual interest when generating codes resulted in an awareness where codes emerged only 
through the words of the participant. For a better overview, the codes were transferred to a 
separate spreadsheet document. A total of 654 codes were documented, which established a 
fundamental basis for the development of themes.  

Phase 3, constructing themes: When all initial codes were conducted, the next phase revolved around 
the construction of themes. Codes with similar meaning or description of the same subject were 
gathered to construct themes. Initial themes were generated individually to ensure a wide 
perspective without affection between the researchers, resulting in a total of 25 themes. 

Phase 4, reviewing themes: When individual themes were identified, a thorough comparison and 
reviewing occurred. This phase included an evaluation of both themes and underlying codes to 
ensure valuable and illustrative final themes and the creation of relevant sub-themes. After 
reviewing the initial 25 themes, inferior ones were discarded and several equivalent themes 
merged together to form the establishment of seven final themes with a total of 14 sub-themes. 
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Phase 5, defining themes: In the fifth phase, themes and sub-themes were labeled in relation to the 
context for the purpose of serving as a core foundation for the study. These definitions help to 
articulate a clear message and more explicit understanding of the research. 

Phase 6, writing the report: Finally, a presentation of the defined themes was executed and described 
together with evidence from empirical data to create rigor in the analysis. The results were later 
discussed and linked to relevant literature in the field in order to address the research questions. 

3.5​ Trustworthiness 

To ensure the trustworthiness of this study, the researchers have followed the four criteria 
proposed by Guba (1981): credibility, transferability, dependability, and confirmability.  

Credibility is often considered the most important factor in establishing trustworthiness 
(Shenton, 2004). To achieve this, the study began focusing on familiarizing with the case 
company before the semi-structured interviews took place. Furthermore, the use of triangulation 
was applied by involving a wide range of participants. Allowing for individual viewpoints and 
experiences to be verified against others to construct a rich and stable picture of reality. Shenton 
(2004) also mentions how researcher bias can obstruct the research. Therefore, frequently held 
debriefing sessions were held between the researchers and their superior, allowing for discussion 
and alternative approaches.  

Regarding transferability, Shenton (2004) highlights the importance of providing a good empirical 
context to allow readers to assess the findings applicability to other settings. In this study, the 
scope is specifically limited to SC with data gathered from participants such as purchasers, SC 
managers, managers, and IT employees. The research context is further described in section 3.2, 
while specific details regarding the number and length of the data collection sessions, as well as 
the time period of the study, are presented in Appendix B. 

To ensure dependability, Shenton (2004) emphasizes the importance of enabling future 
researchers to repeat the study by providing a thorough description of the research process. In 
this study, dependability is reinforced by maintaining detailed documentation of the 
methodological choices to ensure the stability and consistency of the findings over time. This has 
been achieved by accounting for the qualitative case study design, the inductive approach, and the 
practical implementation of the thematic analysis. Furthermore, the research design is illustrated 
in Figure 1, which serves as a visualization for the study. 

Lastly, confirmability was addressed by ensuring that findings emerge directly from the data. This 
was achieved through a consistent data collection process and by clearly distinguishing data 
sources through citations. By maintaining an audit trail, the researchers allowed the process to be 
traced step-by-step, ensuring the results reflect the participants' ideas rather than researcher 
predispositions (Shenton, 2004). 
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3.6​ Ethics 

There are several aspects needed for consideration to ensure a confidential processing of 
information and a secure protection of the participants privacy regarding the qualitative 
interviews. The interviews were constructed to achieve two of the sections for ethical guidance 
described by Birkmann and Kvale (2018). 

3.6.1​ Informed Consent 

Following Brinkmann and Kvale (2018), informed consent was obtained by briefing each 
participant on the study's overall purpose. Before the recordings began, a verbal agreement was 
reached regarding participation and the use of the data. To ensure transparency without leading 
the participants to specific answers, a balance was achieved between providing sufficient 
over-information and maintaining the openness required for an exploratory study. It was also 
clarified that while informal conversations and post-recording discussions could provide context 
for the researchers, only data from the formal sessions would be included in the study. 
Participants were also informed of their voluntary involvement and their right to withdraw from 
the interviews at any time. 

Additionally, Participant 11 and Participant 12 did not consent to being audio recorded during 
their interview. Therefore, the data collection for this interview relied entirely on detailed, 
real-time notes taken by one of the researchers to ensure that their insights were accurately 
captured without compromising their comfort or privacy. 

3.6.2​ Confidentiality 

A Non-Disclosure Agreement (NDA) between BAE and the researchers was signed to ensure no 
leakage of confidential information. All documents submitted throughout the master thesis for 
external persons to see where passed through an internal inspection team. Thereby, the NDA and 
the inspection team assured the participants in this study that no disclosed information would be 
shared. The transcription was manually conducted to further ensure secure processing of the 
collected data. 

To further protect the participants' privacy, all individuals were informed that they would be 
anonymous in the final report, which is crucial in organizational studies where roles might 
otherwise identify a participant (Brinkmann & Kvale, 2018). Thus, all audio recordings were 
stored locally on secure devices instead of cloud services to comply with the case company’s strict 
security requirements. These recordings were accessed only by the researchers and deleted upon 
the study's completion. By combining measures, the researchers ensured that the findings reflect 
the participants' genuine thoughts and insights without compromising their identity or 
proprietary data (Brinkmann & Kvale, 2018). 

23 
 



 

3.6.3​ Research Reflection 

Both authors contributed equally throughout the research process and therefore share equal 
ownership of the final thesis. The ability to share the workload enabled a process where the 
authors could take advantage of each other's strengths. However, this balance was carefully 
managed at all stages to reduce the risk of one author taking full responsibility for certain parts of 
the study, which could result in bias due to individual interests. Thereby, clarifying the parallel 
approach of the thematic analysis as both authors constructed codes and themes before 
determining the finalized themes and sub-themes. This resulted in a broader knowledge capture 
for the study as both perspectives were considered.  
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4​ Findings 

Based on the thematic analysis of the data, seven themes and 14 sub-themes emerged. Figure 2 
provides a visual summary of how the sub-themes are connected to each theme, establishing an 
initial understanding for the following section, which will present the findings in greater detail 
accordingly.  

 
Figure 2: Sub-themes and themes identified through the thematic analysis. 

4.1​ Empirical Orientation 

The themes presented in Figure 2 are thoroughly developed from the interviews to provide 
clarity to the research questions. Where Full throttle enables a comprehensive understanding of the 
root cause for the barriers and opportunities in which the research questions investigates. 
Furthermore, Garbage in, garbage out, The awakening and Better safe than sorry addresses the emerging 
barriers within RQ1, and Work smarter, not harder, Numbers do not lie and Navigating the unknown 
addresses the possible opportunities within RQ2. 
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4.2​ Full Throttle 

One common theme is the need to ramp up their processes as a result of the geopolitical 
instability and the higher demand of the company’s products. The majority of aspects connected 
to current challenges or development projects for increased efficiency is characterized by the 
ramp up and the accompanying organizational change.​  

4.2.1​ Resource Efficiency 

The geopolitical instability and the increasing demands results in an industrial situation where a 
higher tempo is required. The shift and the new volumes are quoted by following employees: 

The impact [of delay] has not been as significant as it is now in a global situation where war 
in Europe is a fact and where the defence industry is expected to deliver fast. It is not as easy 
as it sounds to change a whole culture – P4 

Historically, this company has managed it [former working methods] due to a pretty small 
production. Now we ramp up to extremely high volumes and we have a very very obvious 
growing pain – P1 

The geopolitical shift has caused the organization to adapt their operations and priorities in order 
to keep up with the new necessary pace. It has caused a shift away from the former cost centric 
focus to a resource based priority where time is the main aspect, reflected by an employee: 

It may cost whatever it costs, as long as we get it home fast. [...] Oh yes, and then [early 2000] 
we may have agreed on a contract due to a good price. But nowadays it is barely up for 
discussion, instead the one who gets the contract is the one who is able deliver the fastest – 
P14 

The data shows that the ramp up is affecting the operations and the employees decision-making 
and prioritization. The shift from cost efficiency to resource efficiency is evident and forcing the 
organization to establish new ways of working to optimize their processes. 

4.3​ Garbage In, Garbage Out 

This theme revolves around their Enterprise Resource Planning (ERP) system and the containing 
data. The ERP system is the common platform for the company and the main source for 
gathering information. For the procurement department, it serves as a system for order 
management. Hence, the importance of good data quality and correct information can not be 
overstated. 

4.3.1​ Insufficient Master Data 

When discussing the ERP system and the containing master data it became clear that it was poor 
and incomplete. Addressing the underdevelopment of the area was common and quoted by 
several employees: 

I think the biggest problem today in this company is that the master data is pretty poor – P1 
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Yes, if you look at it from a basic level it is clear to see that the importance of master data has 
been completely underestimated. [...] we got high technology stuff but the basic things such 
having an ERP system where the master data is not updated surprises me on daily basis – P4 

The poor quality of the master data in the ERP system results in a lack of credibility from the 
perspective of the employees. The joint frustration shared amongst the employees was obvious 
since it caused an increased workload in terms of finding the correct data, reflected by the 
following employees: 

As I see it here at the company, you really can not rely on those dates at all and therefore you 
are back to square one, completely dependent on coming up with manual work arounds 
yourself – P9 

So, the problem is that the master data is not correct. If it would be correct then it would be 
very simple and then you avoid all this detective work – P8 

Moreover, poor master data and the lack of trust is seen as a barrier for digital tools when 
discussing how these manual processes could be performed more efficiently, discussed by two 
employees: 

Although, you need some level of quality or else it probably does not matter how great tools 
you build or develop if you can not trust what you insert – P2 

I mean the master data in the system is not as it should be. Therefore, I do not see us being 
able to solve the order flow with AI until the master data is correct – P1 

The findings indicate inadequate master data in the ERP system, causing both additional work on 
a daily basis and limiting future development through digital tools. The extra workload consumes 
time that could otherwise have been spent on more creative thinking or strategic decision-making. 
The emerging data limitations showcase suboptimal conditions for AI, both in terms of trust and 
technological maturity. Although the inadequate data appears to be a widely recognized issue, the 
intentions on how to address it remains unclear. 

4.4​ The Awakening 

This theme revolves around the current work practices and organizational structures developed 
over time. Former work approaches are shaping their routines and the current processes are 
causing them to fall behind in collaboration and hampering their development. 

4.4.1​ Routines and Processes 

When exploring the collaboration amongst the employees and the flow of information, a 
recurring topic appeared, highlighting that their processes do not emerge seamlessly. Different 
work practices and information gathering between employees is not unusual as they tend to 
operate in a way that suits them. The following citations build upon one another and contribute 
to a broader understanding of the current situation: 
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For some people it is sort of an awakening that one might consider using the ERP system, I 
mean that is completely out of track to be honest. [...] We have an ERP system, we work in it. 
Period – P4 

That we can not trust the existing demands because we do not use the ERP system as we 
should. [...] we are working in Excel sheets on the side rather using what we have [the ERP 
system] – P7 

Then I create an Excel file from what I consider an appropriate way, but then if someone 
else… my college might not have done it in the same way, so that is what i meant by creating 
your own [way of working] – P8 

And then there is a purchaser who is in contact with me for my project, and that same 
purchaser is also in contact with four or five others doing it differently. After all, we still want 
the same information in some way – P14 

P14 is highlighting that employees reach out for the same information in different ways, 
indicating a situational awareness without any greater adaptations or changes. On the topic of 
individual and organizational change, one employee said: 

My purchaser or the majority of them have been here for quite a long time and are a bit 
older, they are senior people and fully occupied managing their day to day work. [...] People 
are quite set in their ways, like how things always have been done – P1 

Indicating that experienced employees tend to find their own solutions and shortcuts. Hence, 
their way of working are being passed on to new employees empowering a personal approach 
over a standardized and joint workflow, reflected by an employees: 

I think it is still trailing behind. You did not do it in the past so even if new ones [employees] 
are arriving, they do not know how to use the ERP system properly, so people are just 
continuing in the same old rut as before – P7 

Taken together, lingering ways of working results in adapted approaches creating unsynchronized 
workflows. When onboarding new employees, this results in even more fragmented processes 
given that individual approaches are being passed on and later adapted to suit that individual. 
Highlighting the need for standardized work practise throughout the department for better 
synergy. 

4.4.2​ Working in Silos  

Moreover, separate workflows are hampering the exchange of information amongst employees. 
When asked how the collaboration between units work today, one employee said: 

The communication aspect is not always going both ways. On one hand we supply chain 
managers have a responsibility to amend the information from the project to the purchasing 
groups but on the other hand it is as important to amend information back – P2 
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In cases of miscommunication, the risk of establishing isolated functions where information stays 
within them increases. Causing a possible and undesired outcome of creating new separate work 
practices. 

They [managers] have to be pretty clear so that the same information reaches out to 
everyone and the same goes for how we should work so some people do not start doing 
things differently, with some doing it one way and others doing something else. It feels like 
we are establishing watertight compartments, so that is something we need to investigate – 
P10 

As a result, the emerging silos are hindering the collaboration between employees and units. 
Causing the risks of developing or working with the same task separately, creating duplicate work 
and unnecessary workload. Here, managerial communication is a critical factor and should not be 
ignored. 

4.4.3​ Individual-Dependent Knowledge 

A reason for the emerging isolated functions appeared to be individual-dependent knowledge 
existing in the division. Some more experienced individuals possess knowledge to an extent 
where they are the only source for that information. An employee said: 

In that way there is a reliance on some individuals, because they know that we have bought X 
amount before, it arrived this much today, it is down at the warehouse. [...] If this individual 
gets sick or god forbid, dies or resign, then we have an incredibly long stretch before we are 
up and running again there – P1 

The current situation demonstrates a possible gap at the department regarding knowledge 
sharing. In the event of resignation, their knowledge loss can create subsequent challenges for the 
current employees, discussed by the following employee:  

Then there could be problems with orders placed two and a half years ago that are currently 
on the way. These things are often individual-dependent and then we have someone who is 
resigned sitting on all this information and the order does not look as it should, I mean how 
it was placed and then it is words against words which is a really difficult way of working – 
P7 

When relying on experienced individuals difficulties can occur in situations where they are not 
available or can not assist. Taken together, the combination of individual dependent knowledge 
and the establishment of individual processes can create isolated functions as a result of inferior 
exchange of information and data management. 

4.5​ Better Safe than Sorry 

The following findings show that security is both a necessary foundation for AI and a barrier that 
creates friction in the adoption process. To present these challenges, the findings are categorized 
into three sub-themes: Data sharing and data leakage, regulatory restrictions, and authorization 
and classification. 
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4.5.1​ Data Sharing and Data Leakage  

A primary sub-theme identified in the interviews is the risk of data leakage and the potential 
exposure of proprietary information. The fear of compromising business secrets acts as a 
fundamental barrier, creating a risk-aware mindset. Participant 4 describes how this mindset 
makes the process harder: 

But then… What makes is difficult is ofcourse security and that information must not leak, 
so the understanding for that – P4 

This difficulty suggests that even when AI has great potential, the risks often slow down or stop 
the implementation. The main concern is losing confidential information that could harness the 
company's competitive advantage and national security, as described by the same participant: 

But that is what you are afraid of, that business secrets will get out - P4 

The data handling in an AI system also makes this challenge more complicated. Not knowing 
exactly where data goes creates uncertainty, which makes it hard to trust new tools:  

It is difficult to know if data is leaving the company when using AI – P12 

The uncertainty regarding data persistence and third-party access means that the organization 
often defaults to a restrictive policy, prioritizing safety over the potential efficiency gains that AI 
might offer. 

4.5.2​ Regulatory Restrictions  

The findings show that security is not just a choice, but a requirement in this industry. In 
security-critical sectors, the rules for starting to use new technology are much stricter than in 
other fields. This creates a situation where the organization must follow specific standards that 
might not exist in other businesses. Participant 8 describes this pressure: 

[...] given that this is security-critical and this industry, there is a completely different set of 
requirements and yeah … challenges – P8 

Because of this, many feel that AI and security do not always fit together. While AI is often 
designed to be open and connected, the organization’s culture is built on being closed and 
protected. The open nature of many AI tools goes against a professional culture that focuses on 
avoiding risks, as noted by the same employee: 

It can be a bit difficult to look in that direction, while at the same time, I believe many have a 
security mindset, which is very good. AI and security don't exactly go hand in hand – P8 

Furthermore, the findings indicate that this constant focus on security acts as a brake on the 
organization’s agility. While these security regulations are necessary for maintaining a safe 
environment for operations, they also create a gap between the organization and industries that 
can adopt new technology more quickly. This means that security is seen as a necessary and 
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difficult barrier that slows down the pace of change. Participant P6 describes this tension 
between the need for safety and the struggle to adopt new systems: 

There is so much security around everything we do […] everything is related to security. So, 
it is obviously a major brake for the company, which is necessary, of course. But it probably 
slows down the adoption of systems and tools that might be obvious in other organizations 
– P6 

Finally, the findings show that external regulations from authorities are the primary limitation. In 
this industry, following these rules is mandatory and leaves very little room for flexibility: 

Legal requirements from authorities [stating] that data must not leave the company - P11 

These legal demands act as a strict barrier for data processing, making it difficult to adopt AI 
tools that require data to be shared externally. 

4.5.3​ Authorization and Classification  

A third central aspect within the security theme concerns authorization and classification. In an 
organization that handles projects with varying security classifications, ensuring that sensitive data 
does not reach unauthorized individuals becomes particularly challenging when implementing AI 
systems. 

One significant risk highlighted is that AI tools can generate or expose information from projects 
with a higher security classification than what the user should have access to. This creates a 
concrete concern regarding accidental disclosure of classified material. As participant 11 explains: 

[...] that an AI can spit out information from projects in a security class that not everyone has 
access to – P11 

This risk is closely linked to the fundamental principle that data must only be available to those 
who are authorized to access it. The organization must therefore actively ensure controlled access 
even when AI systems are introduced: 

We must ensure that the right data becomes available to the right person – P12 

Since AI connects data through processes that aren't always visible, it may unintentionally expose 
restricted projects. This risk means that traditional access controls must be reinforced with robust 
security mechanisms and regular checks on how AI handles protected information. 

4.6​ Work Smarter, Not Harder  

A recurring theme throughout all interviews was the role of automation as a primary challenge 
for the organization. The following section focuses on the sub-theme of manual processes, 
described by the heavy administrative workload that characterizes the current state of operations. 
Furthermore, it outlines a possible future state where AI-driven automation enables a shift from 
labor-intensive tasks toward strategic oversight and increased efficiency. 
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4.6.1​ Manual Processes 

Current State 

​​The interviews highlight that a significant portion of the daily workload consists of repetitive, 
manual tasks that hinder productivity. This manual burden is not just a minor inconvenience, it is 
a primary time consumer that distracts employees from their main responsibilities. For many, the 
workday is defined by the constant need to collect information and generate reports, leaving little 
room for more strategic work:  

For my part, it's probably quite a lot of reporting, summaries – P8 

The scale of this issue becomes clearer when looking at the total time required for standard 
operations. For instance, administrative processes such as managing supplier documentation and 
setting up articles are described as extremely resource-heavy. Since these tasks must be performed 
repeatedly for every single article or supplier, the total amount of hours lost to basic tasks are 
substantial: 

[...] you could calculate how long it takes to set up an article for a supplier with all the 
documentation and find that it takes this many minutes times the number of articles, and 
then I think you would end up with quite a lot of time – P9 

A major cause of this friction is the lack of integration within the current systems. Instead of 
having automated tools that can calculate values or compare documents like contracts and 
invoices, employees are forced to perform these tasks themselves:  

[...] we have no reports that we run directly from the system. Instead, we create analysis 
reports based on different data in our system. We pull out different files, merge them, create 
macros, and build the file we work in during the week – P14 

This manual heavy lifting is particularly visible in how reports are generated as data must be 
extracted from their system, merged across multiple files, and structured using macros before any 
analysis can even begin. 

Future State 

Looking ahead, the participants expressed how there is an expectation that AI could bridge this 
gap by handling the data-heavy aspects of the job. However, the goal is not to automate the 
human out of the process, but rather to shift the employee’s role toward oversight. The vision is a 
system where the AI performs the work, while the human focuses on setting parameters, 
analyzing results, and ensuring quality: 

I would analyze and look at what the AI does, but I don't do the job... you have to be 
involved and steer and [choose] which parameters and check so that nothing special happens 
– P8 

Ultimately, the ambition is to move toward a best-case automated environment where the system 
manages routine communication and monitoring autonomously:  
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In the best of worlds, I wouldn't have to do it. In the best of worlds, the system should send 
out to suppliers that, here you have submitted an order acknowledgment and you should 
deliver in two weeks – P14 

By allowing AI to handle everything from data filtering to supplier reminders, the procurement 
department could transition from manual workflows to time-efficient strategic oversight. 

4.7​ Numbers Do Not Lie 

This theme emerged as a central point of discussion throughout the interviews, highlighting the 
need for improved analytical capabilities. The findings illustrate how current methods impact 
both daily operations and strategic foresight, leading to the identification of two sub-themes: 
decision support and prioritization, and forecasting and risk analysis. 

4.7.1​ Decision Support and Prioritization 

The findings indicate that one of the most pressing challenges for employees is the lack of 
structured support for daily decision-making. In an environment explained as high pressure and 
tight deadlines, the inability to distinguish between urgent and important tasks creates a bit of 
friction. Respondents described a reality where they often face multiple delayed projects or orders 
without a clear prioritization system to guide their focus. Without a system to rank these tasks, 
the process of prioritization becomes more of guesswork rather than a strategic decision.  

[...] you do not know what is important and what is not, and if you have ten things that are 
late and you have no set date or any prioritization to rely on. Unless you can go in and see 
that the one with the latest deadline has the highest priority, but we don’t have that kind of 
structure, which is a part of the problem – P8 

This lack of structure forces employees to rely on their own judgment in situations where the 
data should ideally provide the answer. The interviews highlight a strong desire for more 
fact-based foundations to rely on and increase the speed of decisions. For a purchaser, the 
challenge is not just about knowing what to do, but feeling confident that their time is being 
spent where it contributes to the most value, as highlighted by the participants: 

It is very difficult as a purchaser to determine what should be prioritized. But also 
understand what I should focus on and where I should spend my time – P6 

To be… but maybe have more information to stand on, in order to feel confident taking 
these risks, supported by more fact-based decisions – P3 

Ultimately, replacing the current guesswork is essential for operational efficiency. This shift would 
ensure that choices are consistently aligned with high-value tasks, transforming decision-making 
into a professional asset for the organization. 
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4.7.2​ Forecasting and Risk Analysis 

The second sub-theme identifies a shift from reactive firefighting toward proactive strategy. A 
central challenge is the lack of confirmed forecasts, which currently undermines the 
organization's credibility when seeking external financing or making long-term commitments. 
Without robust data, the business case for major investments remains speculative: 

It is very difficult to approach a bank for a loan of X million SEK when the bank questions 
the business case and the lack of confirmed orders. Simply stating that orders are expected is 
not enough to make it work. We need to become more risk-oriented, but we must do so in a 
way that establishes true credibility – P2 

To address this, the findings suggest a need to move away from waiting for confirmed purchase 
orders. Instead, the organization must develop the capability to act on forecasted demand, 
allowing for a more reliable approach to risk: 

Ultimately, it is a matter of how we can commit to risks based on forecasted demand rather 
than waiting for a confirmed purchase order – P2 

We need to work more proactive, and stop with the daily firefighting and start to see five to 
ten years ahead, ordering based on forecasts – P8 

This transition toward a proactive strategy also includes a more analytical approach to the 
supplier base. Currently, identifying risks or negotiation opportunities is largely manual. 
Respondents suggest that leveraging analytical tools or AI could transform how contracts are 
handled and how supplier risks are measured: 

There are many areas, but looking at it from another angle. Let's consider decision support 
and the process of carrying out risk analyses on all our suppliers – P8 

If you take an AI that could analyse our contracts with our suppliers and find what we 
should negotiate on – P8 

Finally, the interviews highlight that intuition alone is not enough to validate how they allocate 
suppliers, and that they are in a need for a more data-driven approach. To diversify the supplier 
base and avoid over-dependence on single sources, the organization requires a structure that 
identifies these risks much earlier than today’s processes:  

We are aware that we can become too dependent on a single supplier, but at the same time, 
we want to avoid that since we need multiple options to rely on. However, this is difficult to 
manage in practice, especially when large orders come in. I would prefer to identify this 
much earlier so we could establish a clear purchasing structure, deciding what goes where 
and to which supplier. At the moment, it is handled more on intuition, where the operational 
buyer has to step in and note that one supplier is receiving too much and redirect orders to 
another instead – P10 

By integrating forecasting with risk analysis, the organization aims to replace firefighting with a 
clear, data-driven structure that secures long-term stability. 
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4.8​ Navigating the Unknown 

This theme describes an important aspect regarding unnecessary workload for employees when 
navigating through existing information in the ERP system. When not having correct order 
information or general guidance, employees devote time from their daily operations for the 
purpose of finding information and securing entitled decisions.  

4.8.1​ Detective Work 

The first sub-theme revolves around the employees’ constant search for information. 
Throughout the interviews, it became clear that the gap in their shared information is inducing 
problems. Failing to gain clarity when managing orders comprising inaccurate information results 
in an investigation for the employees: 

But also based on history, we have been working this way, we sit and create manual orders, 
we receive purchase requisitions which are incorrect. [...] Then our purchasers have to 
investigate what we have in our warehouse, what is on the way, and there is no clear picture 
of that today – P1 

These investigations are discussed by another employee expressing that specific information can 
be hard to retrieve. Especially when taking control of orders created by other employees: 

It is basically a lack of information that I do not have access to and might not be able to ask 
the people involved earlier either. Some have resigned and so on. You do not want to burden 
others too much either. But yeah, that is probably it, searching and gathering information. It 
is like we are doing detective work, kind of – P6 

Time spent on finding and amending the information is causing the employees to fall behind in 
daily operations. The extra workload is seen as unproductive time, diverting attention from what 
is actually important, reflected by an employee: 

Let’s say that in our case, an operative purchaser is the person responsible for ordering 
materials and monitoring to confirm. Some days they do not even have the time to purchase, 
that is pretty bad. You do not have time for what you are actually here for. What do you do 
instead? You end up doing other people's work like searching for information etc. – P5 

The inadequate information for order management and the need for devoting time to 
investigations clearly speaks for a poor flow of information. Indicating that shared data and the 
navigation in their ERP system are underdeveloped areas. Causing the employees to lose precious 
time when devoting work for gathering information. 

4.8.2​ Key Indicators 

A recurring aspect when discussing the employees navigation in information is the lack of key 
metrics. Such indicators can be helpful for the employees in order to ensure that you strive 
toward common decision-making. As they work with various suppliers and various price lists it is 
hard to follow how the prices change over time, discussed by following employee: 
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So, there can be ten thousands of price lists but no great tool to follow how the price has 
developed for different articles over time. You do not have any tool to see how the agreed 
price actually stands against the order confirmations over time. Instead you handle them one 
at a time, and that basically comes down to the development of good key indicators to 
follow. So far, I would say that we are not the best in the class here at the company – P8 

The same interviewee indicates that not having general indicators to rely on is forcing the 
employees to focus on specific changes instead of having overall guidance to base the decisions 
on. Highlighting a current lack of data centricity, fostering a mindset in which employees delve 
into isolated instances rather than taking a holistic view. The time spent on single cases can be 
reduced as bigger trends could steer the discussions, reflected in following citation: 

When you are missing good key indicators, you focus on this little tree in the forest and then 
you focus on another little tree. If you have good key performance indicators which follow 
the development of price over time per supplier, per product category, I think that you feel 
confident not spending time discussing this one tree in the forest every time. Instead, we 
look at the whole forest on a quarterly basis and identify the larger trends where there is 
significantly more value – P9 

When you have tools for measuring the current state of suppliers or metrics for development of 
prices over time as an example, discussions become easier for the employees due to supporting 
data. It is a helpful approach which can result in better supplier capacity load, price agreement 
and overall better decision-making.  
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5​ Discussion 

The following chapter discusses the empirical findings in relation to both the theoretical 
framework and new literature. It addresses the overarching cause, before shifting focus to the 
potential barriers that must be considered to ensure suitable conditions for AI adoption. 
Furthermore, the discussion highlights several opportunities with AI and evaluates whether they 
are applicable within the specific context of the study. Lastly, the chapter addresses sustainability 
considerations with AI adoption. 

5.1​ Overarching Cause 

The overarching cause refers to the overall geopolitical shift and the increased demands in the 
defence industry indicating a need for organizational acceleration and operational effectiveness 
with the help of new technology. 

Full Throttle  

The findings illustrate that BAE is currently operating in a state of full throttle. Caused by 
geopolitical instability and an increase in demand for defence products have placed the 
procurement department under intense pressure to rapidly scale operations. Employees describe 
significant growing pains as existing workflows struggle to handle the increased volumes, forcing 
the organisation to adapt rapidly.  

A critical change highlighted in the interviews is the shift from cost efficiency to resource 
efficiency. Where price was once the primary concern, the ability to deliver has now become the 
dominant competitive factor. Several participants noted that securing materials as quickly as 
possible is now prioritized, even if it comes at a higher cost. This transition reflects on the 
broader development in the defence industry mentioned, where escalating global tensions have 
triggered a material crisis and forced organizations to move away from traditional cost-centric 
models toward prioritizing availability and surge capacity (Antai & Hellberg, 2025; Hellberg & 
Lundmark, 2025). 

However, achieving this ramp-up is far from straightforward. The defence industry’s complex and 
highly regulated environment makes rapid scaling particularly challenging (Bolzan de Rezende et 
al., 2022; Antai & Hellberg, 2025). In addition, the strong dependence on governmental 
customers introduces both opportunities and risks related to bureaucracy and shifting political 
priorities (Falcone et al., 2024; Mueller, 2025). 

To succeed in this rapidly changing industry, BAE should take advantage of new technology by 
exploring digital solutions, such as AI, which could enhance operational efficiency. 

5.2​ Barriers 

Barriers refer to existing challenges and constraints for AI adoption at BAE. Highlighting the 
need to establish suitable internal preconditions to ensure organizational value and facilitate a 
smooth and effective transition towards the implementation and use of the technological 
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development. Regarding organizational readiness, the empirical findings indicated three critical 
considerations that must be addressed to ensure suitable conditions for AI adoption. These 
considerations underscore current problems and overall essential conditions necessary to achieve 
a successful DT. 

Garbage In, Garbage Out 

When discussing AI adoption, the importance of acquiring accurate and valuable data can not be 
overstated (Ångström et al., 2023). Organizations attempting AI adoption without possessing 
structured data or a clear understanding of the intended outcome are unlikely to succeed, as 
garbage input will end up as garbage output from the system (Merhi & Harfouche, 2023). The 
findings revealed that poor data quality is an obvious issue in the organization, as inadequate data 
undermines the employees’ trust in both the current ERP system and future technological 
developments. Previous literature similarly identifies poor data quality as a major aspect 
contributing to employee scepticism towards AI adoption (Merhi & Harfouche, 2023). 

From the findings, weakened trust and increasing manual workarounds emerged as a common 
topic due to lack of data in the ERP system as a result of a diverse data management and 
consolidation. This creates a vicious cycle in which low trust reduces the ERP system usage and 
standardization, ultimately resulting in even worse data quality. The absence of trust and system 
usage may indicate a broader cultural resistance towards DT and AI adoption.  

Literature highlights the significance of involving and engaging employees through the cultural 
shift that the DT entails and pinpoints the need for establishing a data-driven organizational 
culture (Ångström et al., 2023; Murire, 2024). Given the current circumstances, data centricity 
becomes essential not only for structuring and managing data effectively, but also for generating 
valuable system data for AI utilization. Employees' understanding of how data contributes to the 
organizational goals and AI related outcome therefore becomes crucial in order to secure reliable 
data gathering and unified data-driven management practice. 

Further, findings showcase an absence of awareness regarding the strategic importance of 
structured data and cross functional collaboration for valuable data gathering. This gap in 
knowledge must be addressed in order for employees to even realize its existence. Therefore it 
becomes essential to guide the employees through the strategic change and be transparent with 
the intended outcome and the data necessary to achieve it. Thus, a strong and effective 
management is required to communicate the importance of a data-driven culture, in which data is 
being trusted and used as the basis for decision-making (Prakash, 2024). 

The Awakening 

The findings revealed reliance on individual-dependent knowledge and the emergence of 
organizational silos hindering the free flow of information. These conditions reflect an inferior 
situation for AI adoption as previous research emphasizes the importance of a creative and open 
culture for DT (Gimpel et al., 2018). Rather than a supportive collaboration and standardized 
workflows, the current conditions illustrate a closed culture and an organizational mindset 
centered around individual work practice.  
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Findings stated that the exchange of information differs amongst employees based on individual 
routines. The identification clearly points out decentralised processes, highlighting the risk of 
work practices being shaped by individual perspective and preference, resulting in inconsistent 
data management amongst employees. Further indicating that organizational knowledge remains 
tacit rather than being embedded in unified systems and standardized processes. Such 
fragmentation may create challenges for AI adoption as it relies on accessible and structurized 
organizational data. 

Moreover, the findings point towards a growing organizational awareness regarding the need for 
unified processes and shared system use. This awakening may reflect an increasing 
acknowledgement that the current workflows and individual processes are unsustainable for a 
DT. Although, this fragmentation was not reflected upon as a common understanding, causing 
frustration amongst employees who possess the knowledge. The narrative highlights the need for 
a broader understanding and stronger guidance to support collaborative efforts. 

Previous literature states that collaboration is a key aspect for DT, suggesting that the current 
conditions are hampering effective collaboration between employees and units (Vial, 2019). 
Highlighted as the study revealed that managerial communication was not always articulated 
properly, contributing to the formation of organizational silos. As communication falls short, the 
risk of developing interpretations of the purpose of AI adoption increases. Making the 
establishment of a DT more difficult without a shared vision. This aligns with Murire (2024) 
emphasizing that a mutual understanding and employee awareness is crucial for reducing the risk 
of cultural resistance. 

The findings therefore suggest that the main challenge for AI adoption may not be the technical 
aspect but rather organizational and cultural (Tursunbayeva & Gal, 2024). Since the current 
organizational conditions indicate a lack of collaboration in terms of processes and exchange of 
information, mutual awareness needs to be prioritized. Transparent communication from top 
management can decrease the risk of employees not understanding the value of the DT together 
with the risk of cultural resistance. Engagement from top management in the early stage of the 
DT is therefore important in order to foster a culture ready for change with a shared vision and 
committed employees. 

Better Safe than Sorry 

Data security emerged as an important aspect influencing AI adoption in the defence industry as 
collaboration with public authorities comes with strict regulations for procurement (Antai & 
Hellberg, 2025). Employees stated the common sense of better being safe than sorry, indicating 
an organizational awareness with risk mitigation as highly prioritized. Such attitudes indicate a 
deeply embedded security centered culture where data handling and information access are 
managed with considerable caution. In highly restricted industrial environments, this mindset is 
both necessary and expected due to potential consequences of data leakage and unauthorized 
access (Antai & Hellberg, 2025).  
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However, the same security requirements that protect organizational and national interests may 
simultaneously cause limitations for AI adoption. The findings revealed restricted data access 
across employees based on security classification and operations, aligning with the efforts in the 
defence industry to withhold sensitive information from unauthorized parties and individuals 
(Sobczyński, 2016). Hence, limiting the potential for utilizing cross-functional data, which is 
essential for AI as it depends on diverse and integrated datasets (Joy et al., 2024). Highlighting a 
paradox in which security requirements foster data fragmentation while AI systems rely on data 
availability and broad data incorporation. 

The strict data management results in a suboptimal condition for advanced AI integration, as the 
circumstances contradicts the foundational requirements for complex AI systems such as artificial 
general intelligence. These applications require large datasets from multiple perspectives in order 
to develop better perception capabilities and decision-making (Saeed & Alsharidah, 2024). 
Although artificial general intelligence is often regarded as a long-term goal for AI development, 
it may not be a suitable fit within the high security environment in which the defence industry 
operates. Additionally, complex AI increased the difficulty of identifying vulnerabilities, thereby 
further intensifying the security risks (Narula et al., 2025). 

The situation indicates a possible need to develop isolated AI applications for separate operations 
in order to ensure secure data management and validate the use of available data for separate 
processes. While this approach may address barriers for optimal AI scaling and full utilization, it 
collectively suggests the adoption of less complex AI systems such as narrow AI, due to the 
limitation of available data and the strict risk mitigation (Saeed & Alsharidah, 2024). Therefore it 
becomes important to investigate which processes could be supported by such AI applications 
and whether the data required for the intended outcome is available for integration. 

5.3​ Opportunities 

While barriers address the necessary preconditions, opportunities focus on the actual 
improvements in efficiency and strategy with relation to the security centered environment. 
Therefore, opportunities refer to the potential benefits and value that AI can bring to the 
organization. 

Work Smarter, Not Harder 

The findings show that BAE’s daily operations are heavily dominated by extensive manual and 
repetitive processes. A large share of working time is spent on tasks like data collection, report 
generation, and manual gathering of information from multiple systems. This creates a heavy 
administrative burden that prevents employees from focusing on strategic SCM activities. In 
practice, the organisation is currently working harder rather than smarter. While literature argues 
that AI has the potential to transform business operations by automating routine tasks and 
increasing employee productivity (Broekhuizen et al., 2023; Kassa & Worku, 2025), the empirical 
reality highlights a critical question regarding whether it is even possible to implement an AI 
within this specific context. 
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According to Chukwunweike et al. (2024), organizational silos represent a major barrier in SCM 
as they reduce visibility and responsiveness across departments. Chukwunweike et al. (2024) 
further argue that automation and AI are important tools precisely because they can help break 
down these rigid silos, and improve data integration and cross-functional coordination. This 
makes automated workflows highly relevant for a defence industry actor like BAE, where both 
efficiency and agility are essential to handle a complex and volatile security environment (Bolzan 
de Rezende et al., 2022; Antai & Hellberg, 2025). 

However, a major problem arises when looking at the actual implementation of these automated 
solutions. Even though AI is highly suitable for recognizing complex patterns and improving 
workflows (Rashid & Kausik, 2024), applications for automation inherently depend on access to 
vast amounts of integrated data from different organizational processes to work effectively (Joy et 
al., 2024). In a high-security defence industry which BAE operates within, information cannot 
flow freely due to strict regulations, confidentiality levels, and restricted knowledge sharing 
(Sobczyński, 2016). This strict security environment forces data to be kept in separate silos to 
protect sensitive information, which goes against the foundational requirements for complex AI 
integration. Therefore, while AI automation is theoretically necessary to break down BAE's 
organizational silos, the lack of accessible, large-scale data makes a successful implementation 
difficult in practice. 

Numbers Do Not Lie 

The findings show a lack of structured support for decision-making and prioritization at BAE. 
Under high pressure and tight deadlines, employees often struggle to determine what tasks are 
most important. This leads to critical choices being based on intuition rather than facts. This 
reactive approach also affects long-term planning within the organisation. Weak forecasting 
results in constant firefighting instead of a proactive strategy. Consequently, the transition away 
from intuition-based decisions emerged as a common desire among the employees. 

Previous literature highlights that predictive AI analytics can significantly improve forecasting 
accuracy and strengthen risk management under these kinds of conditions (Adewuyi et al., 2021, 
Onukwulu et al., 2025). To achieve valuable strategic foresight in an unpredictable environment, 
the authors further emphasize that AI tools cannot just rely on internal metrics. Instead, the 
systems must actively combine internal operational data with external data, in this case from 
global SCs and geopolitical trends to generate valuable system insights (Broekhuizen et al., 2023). 
This approach allows the organization to identify supplier risks at an early stage and build 
long-term resilience (Rafiq et al., 2026, Korkmaz, 2024). 

However, merging internal and external data requires navigating a highly sensitive security and 
regulatory environment. The findings show that compliance with strict procurement regulations 
and national security laws is highly prioritized within BAE. These regulations create a major 
difficulty since connecting secure internal databases with open external sources increases the risk 
of data exposure and potential security threats (DCAF, n.d.; Saeed & Alsharidah, 2024; Narula et 
al., 2025). In the defence sector, information sharing is strictly limited by confidentiality levels to 
protect restricted knowledge, which complicates the data gathering process (Sobczyński, 2016). 
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Despite these difficulties, the integration of external data also brings major opportunities for 
BAE. Successfully combining the data streams would allow the procurement department to shift 
from a reactive unit into a more proactive strategic planning unit. But to implement AI for 
forecasting and risk analysis, BAE needs to be capable of verifying external data while strictly 
protecting classified internal information (Merhi & Harfouche, 2023). Highlighting that a 
successful implementation demands a highly controlled integration process where BAE needs to 
balance AI adoption with strict industrial security requirements. 

Navigating the Unknown  

During the data analysis it became clear how employees frequently find themselves navigating the 
unknown in their daily work. When information in the ERP system is incomplete, outdated, or 
scattered, significant time is spent on investigations to clarify orders, check stock levels, trace 
histories, and verify details from previous colleagues. This constant search for information not 
only creates frustration but also diverts attention from core responsibilities. The lack of clear 
guidance and shared data forces employees into unproductive detective work that slows down 
operations and reduces overall efficiency. 

To solve this problem of navigating the unknown, an AI chatbot could be introduced to offer 
assistance for routine information retrieval and increase human decision-making when provided 
with relevant key metrics (Broekhuizen et al., 2023; Bashar & Nayak, 2025). On a general level, 
such a chatbot could easily handle predictable contexts, acting as a basic search assistant for 
single, isolated files to quickly answer routine questions. However, to truly eliminate deep 
detective work, a more profound and cross-functional AI solution is required. Literature 
emphasizes that successful AI adoption is a multifaceted process that depends heavily on data 
availability and the organizational capability to integrate technology within current processes 
(Tursunbayeva & Gal, 2024). When SC processes are split between different units, functional 
boundaries naturally become silos (Lambert et al., 2001). These silos reduce internal visibility, 
meaning that a deep, cross-functional chatbot cannot easily access the integrated data needed to 
compile broad key metrics or track long-term trends.  

The transition from a general chatbot to a deeply integrated and advanced system becomes even 
more complex when analyzing user authorization and security classifications. The empirical 
findings strongly highlight user authorization as a major problem for AI adoption, primarily 
because it is difficult to predict or verify exactly what information the chatbot will generate. In 
addition, advanced AI models require open access to vast datasets to function reliably (Saeed & 
Alsharidah, 2024). Findings indicate that cross-functional AI could spit out information, thus 
indicating that such AI models might be unpredictable which could create a potential conflict 
regarding the defense sector's strict confidentiality levels (Sobczyński, 2016). Narula et al. (2025) 
also highlights that as AI systems become more advanced, identifying internal vulnerabilities and 
controlling outputs becomes increasingly more difficult. Because BAE operates under 
individualized access levels where employees only have clearance for specific data, an unverified 
AI output risks exposing secret or classified information to someone without the proper 
authorization. Therefore, a general chatbot could be practically feasible while a deeply integrated 
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AI model might present a risk as the difficulty of controlling system output limits its ability to 
safely bridge internal information. Collectively arguing for a less complex AI model. 

5.4​ Sustainability 

For the purpose of achieving a viable long-term DT and AI adoption, social sustainability 
becomes an essential consideration. As earlier discussed, DT involves a cultural change in which 
the employees represent the key determinant to success. Consequently, overlooking the 
involvement of employees could harness DT as employee attitudes towards the adoption of AI 
play a pivotal role (Murire, 2024). A successful transformation can therefore be characterized by 
the organizational ability to ensure employee participation, acceptance and adaptability 
throughout the AI adoption.  

Non-engagement might prevent employees from understanding the vision and intended outcome 
of AI adoption, often as a consequence of insufficient transparency in the communication 
throughout the transformative process. Resulting in employees struggling to perceive the value of 
AI as a tool. To address this challenge and ensure long-term benefits from AI adoption, 
organizations can gradually implement AI into processes and operations. Starting with 
low-complexity AI models can help ensure strategic alignment and establish a clear value 
proposition before scale over time, supporting long term financial value creation (Ångström et 
al., 2023; Schwaeke et al., 2025).  

Therefore, pilot projects are recommended based on “low hanging fruit” initiatives, as argued by 
Ångström et al. (2023), since such applications often require fewer data sources and operate 
within a well-defined scope, representing a narrow form of AI (Broekhuizen et al., 2023). These 
pilot projects allow employees to get hands-on experience and thereby acknowledge the 
usefulness and value of the AI adoption (Tursunbayeva & Gal, 2024). Hence, addressing and 
clarifying AI as a tool for efficient work practice rather than a replacement for employees.  

Furthermore, the integration of AI applications such as narrow AI is also discussed as a way of 
limiting data availability within systems, as it decreases the risk of leakage to unauthorized 
individuals (Broekhuizen et al., 2023; Saeed & Alsharidah, 2024). As mentioned earlier, employees 
often adopt a better safe than sorry mindset, which might reflect potential resistance to AI use if 
security is not perceived as fully assured. Hence, data restriction with isolated and less complex 
AI models could facilitate greater trust amongst employees. Thereby, suggesting pilot projects 
based on less complex AI models to enhance social sustainability by fostering organizational 
awareness and establishing appropriate conditions for AI adoption.  
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6​ Conclusion 

The thesis aimed to explore AI adoption within the defence industry SC while striving to identify 
possible barriers, risks and opportunities associated with the implementation and use of AI. 
Through a qualitative case study based on the procurement department at BAE, the study was 
able to uncover internal conditions influencing AI adoption together with opportunities, 
emerging from employees' existing work practice and identified challenges. Collectively, the 
findings provide a basis for addressing the research questions for the study. 

RQ1: Which barriers could occur when adopting AI in the defence industry supply chain? 

The study shows several internal barriers when adopting AI in the defence industry SC visualized 
in Figure 3. The findings indicate an absence of data-driven organizational culture accompanied 
by organizational silos and individualized work practices. Highlighting several undesired aspects 
for AI adoption, arguing for the risk of cultural resistance amongst employees when not 
perceiving the benefits of its implementation and use. Therefore, pointing out the need for top 
management commitment in order to engage employees and communicate a clear vision. 

In addition, barriers related to the security centered environment were identified. Authorization 
and classified information, contradicts an implementation of advanced and complex AI models 
as these require vast amounts of data from various sources. Pointing out a potential risk for data 
leakage and therefore suggesting pilot projects with less complex AI models. 

RQ2: Could AI be leveraged in the defence industry supply chain when exploring opportunities for operational 
development? 

The findings from the study indicates that the defence industry can take advantage of AI to 
leverage their operations within the SC. Automation, forecasting and risk analysis, and 
information retrieval are areas in which AI can be exploited. Optimizing such aspects could 
enhance the operational effectiveness at BAE in relation to the need for scaling. Although, the 
ability to integrate such AI models requires a foundational work. The current circumstances at 
BAE demonstrates inferior conditions for AI adoption, thus highlighting the need for a two step 
approach based on the barriers and opportunities visualized in Figure 3.  

The first step implies that BAE should overcome the existing barriers and create the right 
preconditions before even attending AI adoption. When suitable conditions are established, BAE 
should in the second step evaluate which opportunities to leverage from based on the available 
data for system input. Thereby being able to align the AI adoption with suitable system 
complexity based on data availability and intended outcome, in order to decrease the risk of data 
leakage. Consequently, BAE can better address the paradox of AI operating in a high security 
environment with classified information and secure a sustainable adoption. 
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Figure 3: Overview of the conclusion. 

6.1​ Limitations and Future Research 

Although the aim of the study was to investigate the topic of AI adoption in the defence industry 
SC through a rigorous and trustworthy process, there are several limitations to the study that 
ought to be mentioned. 

This study was conducted through a single case study specifically based on BAE Systems Bofors, 
which restricts the generalizability of the findings. Since the research is limited to a single 
company operating within the context of the Swedish defense industry, the results are highly 
context-specific. Therefore, when evaluating the credibility, transferability, and relevance of the 
conclusions, they must be understood within these specific conditions. 

The transferability of the proposed two-step approach relies heavily on the strict security 
environment and information classification inherent to the Swedish defense sector. Consequently, 
the findings regarding governmental regulatory constraints and organizational readiness may not 
fully apply to defense industries in other countries. Furthermore, the relevance of the conclusions 
is driven by the current geopolitical instability and the pressure to ramp up. Under stable 
conditions with less urgency to scale, the preconditions would differ, meaning the findings have 
limited applicability to commercial supply chains. Finally, the credibility of the conclusions is 
bound to the procurement department within the SC. By only investigating this specific function, 
other perspectives within the company as a whole were excluded, which further narrows the 
scope of the empirical data. 

45 
 



 

Based on these limitations, several approaches for future research emerge. For the purpose of 
establishing a wider knowledge base, multiple organizations within the defense industry could be 
investigated. Thus, a comparison could be executed in order to find similarities or differences 
regarding challenges and opportunities for AI adoption. 

To expand on this, future research should include a larger number of companies to gain a broader 
perspective on technological development in this sector. Future studies could also expand 
internationally by examining the defense industries of multiple countries, allowing for a 
cross-border comparison of how different national regulations affect AI implementation. Finally, 
future research could benefit from looking beyond procurement to investigate other departments 
to understand how different business units interact with new technology. 
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Appendices 

Appendix A - Interview Guide 

Introduction 

●​ We briefly introduce ourselves and who we are. 
●​  Brief presentation of the purpose of the master thesis and the interview. 
●​ Explain that the interview will be recorded and ask whether the participant approves this. 
●​ Explain that all interviewees will remain anonymous when the data is used, and that the 

review group will have access to all information before submission. 

Background 

●​ Tell us a little about yourself and your role in the organization. 

Challenges  

●​ What challenges do you see within the SC, as well as within your unit? 
●​ If you compare today’s challenges with the challenges you had a few years ago, what is the 

biggest difference, and how have the challenges shifted? 
●​ How have you solved challenges over the years? Through new technology, reorganization, 

or process changes? 
●​ If you instead think a few years ahead, what challenges do you believe will be the greatest 

for your unit then? 
●​ How do you perceive the way departments communicate/interact with each other? Is 

information allowed to flow freely between departments? 
●​ What would you say is the most tedious task you have done in the past week? 

View on AI 

●​ Has AI previously been discussed within your unit? 
○​ YES: In what way? In what contexts? 
○​  NO: What are the reasons AI has not been addressed? 

●​ Do you see opportunities in implementing AI? 
○​ YES: Why do you believe AI is the right tool? 
○​ NO: Please elaborate why. 

●​ What do you think should be prioritized regarding AI? 

Conclusion 

●​ Is there anything related to this topic that you feel we have missed, or anything you would 
like to add? 

●​ Is there anyone you think we should speak with further? 
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Appendix B - An Overview of the Interview Details 

Here is an overview of the interview details referred to as appendix B. A notable disclaimer 
regarding the data collection is that participants P11 and P12 did not consent to being audio 
recorded. As a result, one of the interviewers manually took notes during this interview to 
document the participants insights as accurately as possible, therefore only 752 words. 
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Participant(s) Role  Date 
(yyyy-mm-dd) 

Duration 
(h.min.sec) 

Transcribed 
Words  

Interview 
Setting 

P1  Division 
Manager 

2026-02-04 00.34.53 4496 In person  

P2  Division 
Manager 

2026-02-05 00.32.19 3879 In person  

P3 Division 
Manager 

2026-02-05 00.42.30 5977 In person  

P4 Employee 2026-02-12 00.39.18 5999 Digital 

P5  Division 
Manager 

2026-02-12 00.54.32 6295 In person 

P6 Employee 2026-03-02 00.56:34 9102 In person 

P7  Employee 2026-03-04 00.52:52 7566 In person 

P8  Employee 2026-03-04 00.52:55 6907 In person 

P9  Employee 2026-03-06 00.52.37 7643 In person 

P10 Employee  2026-03-11 00.50:39 7004 In person 

P11  IT-Employee  2026-03-18  
00.53.33 

 
752 

Digital 

P12 IT-Employee  2026-03-18 Digital 

P13 Employee  2026-03-19 00.52.47 8359 In person 

P14  Employee 2026-03-20 00.57.59 7107 In person 

Total:  - - 10.33. 28 81086 - 
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