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Abstract  

Background: Artificial Intelligence (AI) has become a central enabling technology in 

entrepreneurial activity, reshaping how individuals identify opportunities, execute work, and 

compete in digital markets. Solopreneurs, individuals operating a business without partners or 

permanent employees, represent a structurally distinct case: a single person carries every function 

a firm would otherwise distribute across roles. Existing research on AI in entrepreneurship has 

concentrated on firms and on consumer responses to AI-generated content, leaving the producer-

side perspective of solopreneurs themselves largely unexamined. 

Purpose: This study examines and compares how solopreneurs perceive the business impact of 

AI across low and high product-risk contexts, with a focus on how the credibility stakes of their 

offering shape the perceived benefits, risks, and boundaries of AI integration. 

Method: We adopt an interpretivist philosophy and abductive approach, operationalized as a 

qualitative comparative case study. Fourteen semi-structured interviews were conducted with 

solopreneurs in seven countries across both low and high product-risk contexts. Data were 

analyzed using Template Analysis, with Dynamic Capabilities, Liability of Smallness, and 

Perceived Risk Theory functioning as sensitizing frameworks. Cross-case comparison across five 

aggregate dimensions identified shared mechanisms and contextual divergences. 

Conclusion: AI mechanisms operate similarly across both contexts, but the meaning, stakes, and 

boundaries attached to those mechanisms differ systematically with the credibility stakes of the 

offering. Solopreneurs in low product-risk contexts experience AI as a practical capability lever 

for execution, scalability, and market entry. In high product-risk contexts, they experience AI as a 

conditional resource requiring expertise, supervision, and active credibility management. We name 

this pattern contextual moderation: shared mechanisms whose stakes differ by context. The study 

extends Dynamic Capabilities, Liability of Smallness, and Perceived Risk Theory to the 

Solopreneurial context, and offers solopreneurs and entrepreneurship support actors a framework 

for judging when AI integration adds genuine value at the individual level. 
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1. Introduction 

__________________________________________________________________ 

In this chapter, we introduce the topic of our thesis on solopreneurs’ perceptions of the business 

impact of Artificial Intelligence (AI). We begin by presenting an overview of the current state of 

the topic, supported by previous academic research, reports and media sources. Further the 

critical analysis is developed in the problem discussion, where we identify key gaps that motivate 

our study. These gaps guide the formulation of our research purpose and research questions. 

Finally, the chapter presents the contribution of our work and provides the reader with a clear 

overview of how the thesis is structured and conducted.  

_____________________________________________________________________________ 

1.1 Background 

Entrepreneurship is undergoing significant transformation because of ongoing digitalization and 

technological advancement. Recent academic research highlights how traditional entrepreneurial 

processes, such as opportunity recognition, resource mobilization, and value creation are 

increasingly shaped by digital platforms, data-driven systems, and algorithmic capabilities 

(Ganuthula, 2025; Guerrero & Siegel, 2024). These shifts have altered not only how ventures are 

created and scaled, but also the underlying structures through which entrepreneurial activity is 

organized. 

Within this transformation, solopreneurship has emerged as a distinct and increasingly relevant 

form of entrepreneurship.  Solopreneurs are individuals who operate businesses independently 

without employees, representing a highly decentralized organizational structure in which a single 

actor assumes responsibility for all business activities (Bögenhold & Sawy, 2024). This form of 

entrepreneurship differs from traditional firm-based models, as it is not necessarily oriented toward 

growth through hiring, but often reflects a deliberate choice to maintain independence and control 

(Gkypali & Roper, 2024). 
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Research highlights that solopreneurs operate under specific structural conditions that shape their 

entrepreneurial behavior. Due to the absence of organizational support, they must simultaneously 

manage multiple functions, including strategy, marketing, operations, and customer interaction 

(Bögenhold & Sawy, 2024). As a result, their activities are strongly influenced by individual-level 

capabilities, experience, and learning processes. Empirical findings show that prior experience in 

innovation and growth plays a central role in shaping future strategic intentions, indicating that 

solopreneurs rely heavily on adaptive learning and self-efficacy in decision-making (Gkypali & 

Roper, 2024). 

At the same time, the rise of solopreneurship is closely connected to broader changes in the 

economic and technological environment. Digital technologies have reduced entry barriers, 

facilitated access to global markets, and enabled new forms of entrepreneurial activity that do not 

require traditional organizational infrastructure (Chalmers et al., 2021). These developments have 

contributed to the increasing visibility and relevance of solopreneurs within the entrepreneurial 

ecosystem (Chalmers et al., 2021). Supporting this trend, media and industry reports emphasize 

the growing role of independent entrepreneurs who leverage digital tools to operate and scale their 

businesses, often without expanding their organizational structure (Laker, 2024). 

Among the technological developments influencing entrepreneurship, Artificial Intelligence (AI) 

has become particularly important. AI refers to systems capable of performing tasks that typically 

require human intelligence, including data analysis, prediction, and decision support (Chalmers et 

al., 2021). As part of the broader Industry 4.0 paradigm, AI is increasingly integrated into business 

processes, enabling automation, efficiency gains, and more informed decision-making (Mariani et 

al., 2023). 

Research shows that AI is an enabler of entrepreneurial activity (Mariani et al., 2023). AI 

technologies contribute to opportunity identification, enhance decision-making quality, and 

support innovation and performance improvements within firms (Mariani et al., 2023). By 

processing large volumes of data and generating actionable insights, AI allows entrepreneurs to 

improve the effectiveness and efficiency of their operations (Rastogi & Pandita, 2025). In addition, 

AI facilitates the automation of routine tasks, potentially allowing entrepreneurs to shift attention 

toward higher-value strategic activities (Rastogi & Pandita, 2025). 
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Beyond operational processes, digital technologies and AI are also connected with broader aspects 

of entrepreneurial activity, including identity and value creation (Bögenhold & Sawy, 2024). In 

the case of solopreneurs, the individual often represents the core of the business, and their personal 

identity is closely linked to their professional activities (Bögenhold & Sawy, 2024). Research 

shows that they must navigate the relationship between their private and professional identity, 

selectively integrating elements of both in ways that support their business objectives (Bögenhold 

& Sawy, 2024). 

At the same time, media discussions highlight how AI is increasingly becoming part of everyday 

solopreneurial work (Tank, 2025; Business Insider, 2026a). Reports indicate that AI tools are being 

used for tasks such as content creation, customer interaction, and workflow automation, enabling 

individuals to enhance efficiency and expand their business activities (Tank, 2025; Business 

Insider, 2026b). These developments illustrate how AI is becoming embedded in everyday 

entrepreneurial practices, particularly among independent business owners (Tank, 2025; Business 

Insider, 2026b). 

1.2 Problem Discussion 

Existing research provides significant insights into the role of digital technologies and Artificial 

Intelligence (AI) in entrepreneurship. Studies consistently show that AI can improve decision-

making, efficiency, and support innovation by enabling entrepreneurs to process large amounts of 

data and automate routine tasks (Mariani et al., 2023; Rastogi & Pandita, 2025). In addition, AI 

has been identified as an enabler of opportunity recognition and performance improvement across 

entrepreneurial contexts (Mariani et al., 2023).  

Experimental evidence also suggests that generative AI and generative AI tools can influence 

measurable business outcomes, highlighting its growing practical relevance (Otis et al., 2024). 

Together, these studies establish that AI is already reshaping how entrepreneurial activities are 

performed. 

At the same time, entrepreneurship literature has traditionally emphasized the advantages of team-

based ventures. Founding teams have often been associated with greater scalability, legitimacy, 

and access to resources compared to solo founders (Greenberg & Mollick, 2018; Howell et al., 
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2022). As a result, solopreneurship has frequently been characterized as resource-constrained and 

limited in competitive reach. However, the increasing availability of AI challenges this 

assumption, as it introduces new tools that may alter how individual entrepreneurs access 

capabilities and compete in the market. 

Despite these advances, existing literature remains limited in its focus on individual-level 

entrepreneurial contexts, particularly solopreneurs. Much of the current research examines firms, 

teams, or organizational settings, where resources, roles, and decision-making processes are 

distributed across multiple actors (Chalmers et al., 2021). In contrast, solopreneurs operate under 

fundamentally different conditions, where a single individual is responsible for all aspects of the 

business. While some studies acknowledge the importance of individual capabilities and learning 

processes in solopreneurial settings (Gkypali & Roper, 2024), there is still limited understanding 

of how these individuals engage with and evaluate AI in their day-to-day business practices. This 

creates a contextual gap between existing research and the realities of independent entrepreneurial 

activity. 

This gap becomes particularly important when considering the growing importance of digitally 

native solopreneurship. Many solopreneurs today operate businesses that depend heavily on digital 

platforms, content creation, and personal branding. While AI may reduce operational friction and 

expand marketing capabilities, existing research does not sufficiently capture how solopreneurs 

themselves interpret and evaluate AI within their business practices.  

However, in solopreneurial settings, strategic decisions are not determined solely by objective 

performance outcomes, but by how individuals perceive potential benefits and risks. Solopreneurs 

must evaluate whether AI enhances their capabilities, supports their positioning, or introduces 

potential drawbacks related to quality, control, or credibility.  These subjective evaluations shape 

key decisions regarding technology adoption, marketing strategies, and long-term business 

development. Without understanding these perceptions, claims about AI’s ability to democratize 

or transform entrepreneurship remain incomplete.  

In addition, existing research on AI-enabled practices tends to adopt a consumer-oriented 

perspective. Studies primarily focus on how audiences respond to AI-generated content, including 

aspects such as trust, engagement, and disclosure (Tao et al., 2025; Zhang & Hur, 2025). While 
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these insights are valuable, they overlook how entrepreneurs, particularly solopreneurs, interpret 

these dynamics when making strategic decisions. This creates a disconnect between how AI is 

evaluated at the market level and how it is understood at the decision-making level. 

Another limitation in existing research concerns the lack of attention to contextual differences 

across types of entrepreneurial activity. Solopreneurs operate in diverse domains, where value 

creation and evaluation criteria vary significantly. Prior research suggests that entrepreneurial 

activities differ in how they signal value, particularly regarding the role of individual expertise and 

identity (Bögenhold & Sawy, 2024). Although marketing research shows that AI-generated 

content can influence trust and perception depending on context (Zhang & Hur, 2025; Yang, 2025), 

the interaction between AI adoption, solopreneurial decision-making, and product-risk context has 

not been empirically examined. This represents a key contextual and theoretical gap. 

Because the central research question of this study concerns solopreneurs' perceptions of AI's 

"business impact," it is necessary to specify what the term means here. In this study, business 

impact refers to the perceived effects of AI integration on the solopreneur's venture across four 

interrelated dimensions: operational capability (what a single individual can produce, decide, or 

execute through AI), the structural conditions of solo work (the constraints associated with 

operating without a team), market positioning (visibility, differentiation, and competitive 

standing), and credibility signals (how AI involvement is perceived in relation to professional 

identity, authenticity, and client trust). This conceptualization is grounded in the three frameworks 

that anchor the study: Dynamic Capabilities (Teece et al., 1997; Teece, 2007) for the capability 

dimension, Liability of Smallness (Aldrich & Auster, 1986) for the structural dimension, and 

Perceived Risk Theory (Mitchell, 1999) for the credibility dimension. 

Business impact is examined at the level of solopreneurs' subjective evaluations and strategic 

reasoning, not at the level of measured financial or operational performance. Objective outcomes 

such as revenue, profitability, productivity metrics, or audience engagement data are deliberately 

outside the scope of this study, which focuses on how AI integration is interpreted and acted on 

by the individual running the business. This focus is consistent with the study's interpretivist 

orientation and with the purpose of capturing the meaning solopreneurs attach to AI integration 

rather than its measurable effects. 
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To address these limitations, this study adopts an interpretivist, abductive, and qualitative approach 

to examine how solopreneurs perceive the business impact of AI-enabled practices within their 

own ventures (Easterby-Smith et al., 2021; Saunders et al., 2019). By focusing on solopreneurs as 

individual decision-makers, the study captures how AI is evaluated as part of everyday strategic 

reasoning rather than as a purely technological or organizational phenomenon. 

This research contributes to entrepreneurship literature in two ways. First, it extends the existing 

understanding of AI in entrepreneurship by shifting the focus from firms and consumers to 

solopreneurs as a distinct unit of analysis. Second, it introduces a contextual perspective by 

examining how AI is perceived across different product-risk contexts, offering a more nuanced 

understanding of how capability-enhancing technologies are evaluated in practice. 

1.3 Research Purpose 

The purpose of this study is to examine and compare how solopreneurs perceive the business 

impact of AI-enabled practices across low versus high product-risk contexts. Specifically, it 

examines how solopreneurs evaluate AI tools as a capability amplifier, in terms of perceived 

benefits (e.g., efficiency, scalability, market reach, and competitiveness) and perceived risks (e.g., 

loss of authenticity, reduced trust, credibility concerns)  by comparing solopreneurs in low 

product-risk contexts, such as SaaS platforms, digital tools, or content creation, with those in high 

product-risk contexts, such as consulting, B2B advisory, or expertise-based services where outputs 

directly signal professional credibility.  

Despite the rapid proliferation of AI tools in business, existing research on AI adoption has 

predominantly focused on large organizations or consumer behavior, leaving solopreneurs as 

strategic decision-makers largely underexplored. This is where a meaningful knowledge gap exists 

and specifically how individual entrepreneurs who operate without organizational infrastructure, 

delegated teams or institutional risk buffers evaluate and integrate AI into their business practices. 

The problem is compounded in high and low product-risk contexts, where a solopreneur’s personal 

credibility and professional reputation function as the primary signal of value to clients, making 

AI adoption decisions particularly consequential. This study addresses that gap is of direct 

relevance both to practitioners, solopreneurs who are seeking actionable guidance on AI 
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integration and to academics examining the intersection of entrepreneurship, technology adoption, 

and risk perception.  

1.3.1 Position on the Research Continuum 

This study is positioned toward the applied end of the basic-applied research continuum. Rather 

than generating universal theoretical laws, it seeks to improve understanding of a specific business 

phenomenon such as AI capability impact among solopreneurs towards the aim of producing 

context-sensitive insights that practitioners can act upon. However, the study also carries basic 

research value insofar as it extends established theoretical frameworks to a previously 

underexplored unit of analysis, thereby enriching their conceptual scope. 

1.3.2 Contribution to Knowledge 

The study makes three forms of contribution:  

1. Substantive contribution - it sheds new light on how product-risk context moderates 

solopreneurs perceptions of AI as a capability amplifier, a topic that has not been directly 

addressed in the literature. 

2. Theoretical contribution - it extends the Dynamic Capabilities framework and the 

Liability of Smallness perspective to the domain of solopreneurship, adapting concepts 

developed primarily for larger organizations to the logic and constraints of solo business 

operation, while also integrating Perceived Risk theory to account for how risk content 

shapes strategic AI adoption decisions. 

3. Practical contribution - it offers solopreneurs, coaches, and business educators a 

contextually grounded perspective on where AI integration adds value versus where it 

introduces strategic risk. 

1.3.3 Research Objectives 

To achieve the research purpose, the following objectives structure the study’s analytical process:  

1. To map the range of AI tools and practices solopreneurs currently use or evaluate across 

low and high product-risk contexts, 
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2. To identify the perceived benefits solopreneurs associate with AI integration, including 

efficiency gains, scalability, and competitive positioning, 

3. To analyze the perceived risks and limitations of AI adoption across both low and high 

product-risk context, with particular attention to how professional credibility and trust 

function as signals of service quality in high-risk settings, 

4. To compare how product-risk context shapes solopreneurs’strategic decisions about 

whether, when and how to integrate AI into their business, 

5. To develop a contextually informed conceptual understanding of AI as a capability 

amplifier for solopreneurs.  

Research Question  

“How do solopreneurs perceive the business impact of integrating AI into their business across 

low versus high product-risk contexts?” 
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2. Literature Review and Theoretical framework 

__________________________________________________________________ 

This second chapter presents the theoretical foundation of the study by reviewing existing research 

and defining the key concepts that guide the analysis. First, the literature review provides a 

structured overview of current research on artificial intelligence in entrepreneurship, 

solopreneurship, decision-making processes, and the perception of AI-generated outputs. The 

review is organized thematically to highlight dominant research streams and areas of focus within 

the field. 

Second, the theoretical framework introduces the main theoretical perspectives that inform this 

study, namely dynamic capabilities, liability of smallness, and perceived risk theory. These 

perspectives are used to explain how solopreneurs engage with AI and evaluate its impact on their 

business activities 

_____________________________________________________________________________ 

 

2.1 Literature Review 

2.1.1 Process 

The literature review was based on a structured search of academic databases, including Web of 

Science and Google Scholar, using keywords such as “artificial intelligence in entrepreneurship,” 

“AI adoption,” “AI business impact,” “solopreneurship,” “solo entrepreneurship,” “AI and 

decision-making,” “AI and authenticity,” “AI and trust,” and “human–AI interaction.” Priority was 

given to peer-reviewed journal articles with strong citation impact and direct relevance to the 

research focus. 

The review drew approximately 46 academic papers that were read and assessed for relevance to 

the study’s focus. The reviewed literature included not only research directly related to 

solopreneurship, but also papers on AI in broader entrepreneurial settings, individual-level 

decision-making processes, and selected work from marketing and human-computer interaction. 
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These additional literatures were included because of the limited academic focus specifically on 

solopreneurs and because they offered important insights into how AI-generated content shapes 

perceptions of trust, authenticity, and user evaluation. While these studies primarily focus on 

consumer responses, they provide important insights into how AI-mediated outputs are interpreted 

in market contexts, which is particularly relevant for solopreneurs whose business activities are 

often closely linked to personal credibility and audience perception. 

 

As the research focus became more specific, some initially reviewed sources were set aside, while 

others were retained because of their conceptual relevance to the final research question. 

To complement academic literature, selected industry reports and media sources were also 

considered to capture emerging trends in AI adoption among independent entrepreneurs. These 

sources are not treated as core theoretical foundations but serve to contextualize the rapid 

development of AI in practice and highlight the growing relevance of the phenomenon beyond 

academia. 

2.1.2 Artificial Intelligence in Entrepreneurship 

Research on AI in entrepreneurship has converged on two established findings. First, AI functions 

primarily as an augmentation rather than substitution technology: it expands entrepreneurs' 

capacity to process information and execute tasks but does not displace judgment (Mariani et al., 

2023; Rastogi & Pandita, 2025). Second, AI's role extends beyond efficiency into opportunity-

oriented activity, supporting experimentation and broader exploration of alternatives (Chalmers et 

al., 2021; Rastogi & Pandita, 2025).  

What this body of work has not done is differentiate among types of entrepreneurial actors. The 

studies above treat "the entrepreneur" as a generic category, which leaves open whether their 

conclusions extend to solo ventures, where role concentration and resource constraints may 

meaningfully change how AI is adopted and used. 

2.1.3 Solopreneurship and Individual-Level Entrepreneurship 

Solopreneurship is structurally distinct from team-based entrepreneurship along three dimensions 

consistently identified in the literature. The first is role concentration: a single individual carries 
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strategic, operational, and market-facing functions simultaneously, with no internal expertise to 

delegate toward (Gkypali & Roper, 2024). The second is resource constraint limited capabilities 

and the absence of dedicated teams that restrict the scope of activity that can be sustained (Gkypali 

& Roper, 2024; Bögenhold & Sawy, 2024) A third feature, less structural but equally 

consequential, is the fusion of personal identity with business value: solopreneurs depend on 

perceived expertise and credibility in ways that team ventures can buffer through organizational 

signals (Bögenhold & Sawy, 2024) 

These conditions help explain why digital technologies, and AI in particular, have been linked to 

the recent growth of solo entrepreneurship. They offer a partial substitute for the organizational 

capacity solopreneurs lack (Bögenhold & Sawy, 2024; Forbes Business Council, 2025). 

Despite this structural distinctiveness, solopreneurs are rarely treated as a separate analytical 

category in entrepreneurship research. The literature predominantly addresses entrepreneurship at 

a general level, leaving the implications of role concentration and identity-business fusion for AI 

use largely unexamined. 

2.1.4 AI and Entrepreneurial Decision-Making 

The dominant framing in this literature treats AI-enabled decision-making as a hybrid process in 

which technological capability and human interpretation are mutually dependent. AI contributes 

pattern recognition at scale and scenario simulation that supports more iterative evaluation of 

opportunities (Mariani et al., 2023; Rastogi & Pandita, 2025). The outcomes of these capabilities, 

however, are not determined by the technology itself but by how entrepreneurs engage with and 

judge AI-generated outputs (Otis et al., 2024). 

This hybrid framing implies a recurring meta-decision beneath every AI-supported decision: when, 

and how much, to rely on the system. The literature acknowledges this evaluative burden but does 

not yet specify how entrepreneurs resolve it under different conditions of stake, uncertainty, or 

task type. The gap is particularly visible at the individual level where most accounts remain 

general, treating "the entrepreneur" rather than examining how those with no team to cross-check 

AI outputs navigate this reliance question. 
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2.1.5 AI, Trust, Authenticity and Market Perception 

Across studies of how audiences respond to AI-generated content, the literature shows a common 

pattern: responses are shaped less by the content itself than by contextual cues, especially the 

disclosure of AI authorship and prior expectations of human origin (Zhang & Hur, 2025). The “AI-

authorship effect,” in which credibility or engagement may decline when content is known to be 

AI-generated, is documented but not consistent, with its strength depending on domain, originality 

cues, and the perceived role of human input (Tao et al., 2025; Yang, 2025; Nazrin et al., 2025). 

The unresolved question is what this means for producers rather than perceivers. The evidence 

base is built almost entirely on audience-side studies; it does not examine how entrepreneurs 

anticipate or respond to these perception dynamics when deciding whether and how to integrate 

AI into their own outputs. For solopreneurs, whose business activity is closely tied to personal 

credibility, this gap is particularly consequential. 

2.2 Theoretical framework  

2.2.1 Purpose and alignment 

The framework is deliberately selective: it defines the key constructs guiding the analysis and 

connects them to theories; this theoretical framework is organized as present in Figure 1 and 

integrates three complementary perspectives: Dynamic Capabilities, as the core lens for how AI 

may support adaptive entrepreneurial action (Teece et al., 1997), Liability of Smallness, which 

highlights the structural constraints faced by solo ventures (Aldrich & Auster, 1986) , and 

Perceived Risk theory, which helps to explain why the perceived impact of AI may vary across 

different product or service contexts (Mitchell, 1999). 
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Figure 1 Integrated Conceptual Framework for AI-enabled Solopreneurship 

Note. Own elaboration based on Dynamic Capabilities (Teece et al., 1997; Teece, 2007), Liability 

of Smallness (Aldrich & Auster, 1986; Freeman et al., 1983), and Perceived Risk Theory (Mitchell, 

1999; Stone & Grønhaug, 1993). The product-risk moderator draws on the Search-Experience-

Credence framework (Girard & Dion, 2010). The treatment of the solopreneur as a structurally 

distinct unit of analysis follows Greenberg and Mollick (2018), Howell et al. (2022), and 

Bögenhold and Sawy (2024). 

2.2.2 Solopreneurship as a Distinct Entrepreneurial Form 

In this study, solopreneurs are understood as solo-founded ventures in which a single individual 

retains full strategic and operational control (Greenberg & Mollick, 2018; Howell et al., 2022), 

while simultaneously managing personal branding and legitimacy in digitally mediated 

environments (Bögenhold & Sawy, 2024). 

Entrepreneurship research has long examined the differences between solo-founded and team-

founded ventures. Founding teams are often associated with advantages such as complementary 

skill sets, broader knowledge bases, and access to wider networks and resources (Greenberg & 

Mollick, 2018; Howell et al., 2022). These characteristics may facilitate opportunity recognition, 
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problem solving, and venture growth. By contrast, solo-founded ventures typically operate with a 

more limited internal resource base because all strategic, managerial, and operational activities are 

concentrated in a single individual. 

As a result, solopreneurship represents a distinctive entrepreneurial form in which the founder 

assumes responsibility for multiple organizational roles simultaneously, including strategy, 

operations, marketing, and customer communication. This concentration of responsibilities creates 

both flexibility and constraints, as the venture’s performance depends heavily on the capacity and 

capabilities of a single individual. 

2.2.3 Liability of Smallness in Solopreneurial Ventures 

The liability of smallness describes the systematic disadvantages that small organizations face 

relative to large ones: restricted resources, limited market power, and weaker institutional 

legitimacy, which together raise their risk of failure (Freeman et al., 1983; Aldrich & Auster, 

1986). The disadvantage is structural rather than incidental. Small ventures lack the specialized 

personnel, slack resources, and internal division of labor that allow larger organizations to absorb 

shocks and distribute responsibility, which leaves them more exposed to financing pressure, 

competition, and operational disruption (Eggers, 2020). 

We argue that solopreneurship is not simply a small case of this condition but its most acute 

expression. In a one-person venture every function, strategy, operations, marketing, and client 

communication, is held by the same individual, with no internal delegation possible (Bögenhold 

& Sawy, 2024; Howell et al., 2022). The capacity to absorb a mistake, which in a team is provided 

by other people, does not exist. Empirical work on solo-founded ventures supports this reading: a 

longitudinal study of 4,470 such ventures found their early years carry a particularly high failure 

risk, with individual psychological traits emerging as key predictors of survival (Hagenauer & 

Zipko, 2025). The performance of the venture is bound to the capacity of one person to a degree 

that team ventures never face. 

For our purposes, the most consequential face of this liability is not resource constraint but the 

legitimacy deficit. Small ventures lack the institutional track record, brand equity, and 

organizational credentials that larger firms use to signal quality (Aldrich & Auster, 1986; Eggers, 
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2020). Solopreneurs experience this gap in its sharpest form: lacking an organization to vouch for 

them, they signal competence through personal credibility instead (Bögenhold & Sawy, 2024). 

Liability of smallness, in other words, constrains not only what a solopreneur can produce, but 

also the credibility-building work through which trust is earned over time, as expertise, 

professionalism, and legitimacy must be signaled personally rather than buffered by a larger 

organizational structure (Aldrich & Auster, 1986; Eggers, 2020; Bögenhold & Sawy, 2024). 

This is precisely where the theory connects to our research question. If a solopreneur's competitive 

position rests on personal credibility rather than organizational reputation, then any practice that 

could be read as inauthentic, including visible AI use, is not merely an operational matter but a 

potential threat to the central mechanism through which the venture establishes trust. Liability of 

smallness therefore does more than describe the disadvantages of working alone. It explains why 

the perceived impact of AI may be experienced differently by solopreneurs than by larger ventures, 

and it is the reason credibility, not just capability, is one of the dimensions this study examines. 

2.2.4 Dynamic Capabilities in Entrepreneurial Contexts 

Dynamic capabilities theory explains how firms adapt to rapidly changing environments by 

integrating, building, and reconfiguring their competences (Teece et al., 1997). Unlike operational 

capabilities, which let a firm perform existing activities efficiently, dynamic capabilities are 

higher-order capacities that reshape the resource base itself. Teece (2007) specifies three: sensing 

opportunities and threats, seizing them through resource mobilization, and transforming structures 

and routines to stay aligned with the environment. Subsequent work treats these capabilities as 

patterned but evolving routines through which firms recombine resources as markets shift 

(Eisenhardt & Martin, 2000; Wang & Ahmed, 2007). 

We adopted this theory for a reason it was not designed for. Dynamic capabilities theory was built 

to explain organizations, and it locates capability in managerial processes that are distributed 

across people: someone's senses, others seize, a structure transforms. The theory's central claim, 

that capability lies in how possibilities are interpreted and implemented rather than in the 

technology itself (Teece et al., 1997), takes on a different character when the organization is a 

single person. In a solo venture, there are no managerial layers and no cross-functional teams, so 

there is no separation between interpretation and action. The person who senses is the person who 
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seizes is the person who reconfigures. This collapse is what makes the solopreneur a distinctive 

site for dynamic capabilities, and it is why the evaluation of AI is not one input among many but 

the pivot on which sensing, seizing, and reconfiguring all turn. 

This reframing is supported empirically. Otis et al. (2024) show that generative AI produced 

uneven outcomes among entrepreneurs: higher performers benefited from AI while lower 

performers were harmed, and the difference lay not in access to AI but in how its outputs were 

judged and used. In an organization, this evaluative work can be distributed or corrected by others; 

in a solo venture it cannot. For the solopreneur, the quality of AI evaluation directly determines 

whether sensing leads to effective seizing and whether reconfiguration occurs at all. 

Dynamic capabilities theory therefore provides more than a vocabulary of adoption. Applied at the 

individual level, it directs attention to a specific mechanism: how a single decision-maker, with no 

organizational buffer, interprets and enacts AI within their own adaptive processes. This is the lens 

through which we examine AI's perceived business impact in the chapters that follow. 

2.2.5 Artificial Intelligence as a Capability Enabling Technology in Solopreneurship 

In this study, Artificial Intelligence refers broadly to computer-based systems that perform tasks 

resembling human intelligence (Haenlein & Kaplan, 2019), including generative tools for content 

and decision support (such as ChatGPT, Gemini, and Notion AI) and AI-powered analytics and 

automation (Feuerriegel et al., 2024; Kanbach et al., 2024). Where findings relate specifically to 

content creation, we use the narrower term generative AI. 

What makes AI significant for solopreneurs is not its technical definition, but the organizational 

gap it can fill. In a team venture, product development, marketing, analysis, and client 

communication are distributed across people with different skills. The solopreneur holds all of 

these functions alone (Bögenhold & Sawy, 2024). We therefore read AI in solopreneurial contexts 

as a form of virtual resource substitution: a way for one individual to perform work that would 

otherwise require additional personnel or paid external services. On this reading, AI is not 

primarily a productivity tool that makes existing tasks faster, but a capability extender that changes 

the range of functions a single person can plausibly cover. 
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This is what connects AI to the structural condition described earlier. Liability of smallness leaves 

solopreneurs without the functional roles a team provides; AI offers a partial substitute for those 

missing roles. It does not remove the structural condition, but it may compress its operational 

consequences, allowing a solopreneur to sense opportunities through better information access, act 

on them through rapid experimentation, and adjust their offering without the personnel such work 

would normally demand. 

We say partial substitutes deliberately. The capability AI provides is conditional on the 

solopreneur's own judgement, a point developed in the dynamic capabilities discussion above, and 

it carries reputational stakes where the work is tied to personal credibility, a point developed in the 

perceived risk discussion below. For the purposes of this section, the relevant claim is narrower: 

AI is conceptualized here not as a neutral tool but as a capability-enabling mechanism whose value 

lies in its capacity to substitute for the organizational resources a solopreneur structurally lacks. 

2.2.6 Perceived Risk Theory 

Perceived Risk Theory holds that decisions under uncertainty are governed not by objective risk 

but by how the decision-maker perceives the likelihood and consequences of a bad outcome 

(Bauer, 1960; Mitchell, 1999). What matters for behavior is the subjective expectation of potential 

loss, which is why two people facing identical objective conditions can act differently. 

The theory is conventionally elaborated into several risk dimensions, including financial, 

performance, social, psychological, and time risk (Stone & Grønhaug, 1993). For the present study, 

we do not treat these as a fixed taxonomy to be applied wholesale. Two dimensions are analytically 

central to solopreneurs and the rest are secondary. Performance risk, the possibility that an output 

fails to deliver what was promised, matters because AI-assisted work can fail in ways the 

solopreneur may not detect. Reputational risk, which we read as the combination of social and 

psychological loss, matters because in a solo venture the output carries the individual's name and 

credibility directly, with no organizational brand to absorb a failure. 

This selective reading is what connects Perceived Risk Theory to our research question. The theory 

was developed to explain how consumers evaluate risk before a purchase. We repurpose it to 

explain how producers, specifically solopreneurs, evaluate the risk of integrating AI into work for 
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which they alone are accountable. The level of perceived risk attached to an offering therefore 

becomes the variable we expect to shape how AI is used, and it is the basis for the low- and high-

product-risk distinction developed in the next section. 

2.2.7 Product and Service Category Risk: Low and High-Risk Contexts 

A key implication of perceived risk theory is that different product and service categories involve 

different levels of perceived uncertainty and potential consequences. Some categories involve 

relatively limited negative outcomes if a purchase decision proves unsatisfactory, while others 

involve more serious financial, functional, or reputational implications (Mitchell, 1999). 

To structure this distinction, the present study draws on the Search–Experience–Credence (SEC) 

framework, which explains how product types differ in their evaluability and associated 

uncertainty (Girard & Dion, 2010). Search goods are products whose quality can be evaluated prior 

to purchase through available information. Experience goods require consumption before quality 

can be assessed. Credence goods, by contrast, remain difficult to evaluate even after use because 

customers lack the expertise required to judge their quality. As uncertainty increases across these 

contexts, the importance of trust and credibility becomes more central in the decision-making 

process. 

Based on this, this study distinguishes between low-risk and high-risk product or service contexts. 

Low-risk contexts typically involve limited negative consequences if the purchase decision proves 

incorrect, and customers can evaluate product value relatively easily. Examples may include 

digital products, software tools, or productivity services. High-risk contests, by contrast, involve 

greater uncertainty and potentially more significant consequences, often requiring stronger signals 

of credibility and expertise. Examples include financial advisory services, health-related services, 

or professional consulting activities. 

For solopreneurs, these differences may influence how the use of technologies such as artificial 

intelligence is interpreted within the venture. In higher-risk contexts, where credibility and 

professional expertise are central to customer evaluation, the perceived use of AI may raise 

stronger concerns about trust, legitimacy, or reliability. In lower-risk contexts, AI may instead be 

interpreted primarily as a productivity-enhancing or experimentation tool. 
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Consequently, perceived risk theory provides a contextual lens for examining why solopreneurs 

operating in different market environments may evaluate the business impact of AI differently. 

While AI may expand operational capacity and experimentation opportunities, its perceived 

legitimacy and strategic value may vary depending on the level of risk associated with the 

venture’s product or service category. 

2.3 Research Gap  

The preceding literature review and theoretical framework collectively reveal three interconnected 

gaps in existing knowledge that motivate and justify the present study. While research on AI in 

entrepreneurship has expanded significantly in recent years, it has done so in ways that 

systematically exclude the solopreneur as a distinct unit of analysis, overlook the decision-making 

perspective of the entrepreneur in favor of the consumer, and treat entrepreneurial contexts as 

largely uniform rather than as structurally differentiated environments. These omissions are not 

incidental; they reflect a deeper tendency in the literature to conceptualize entrepreneurship 

through the lens of teams, organizations, and market audiences, rather than through the perspective 

of the individual who builds, manages, and strategically develops a business alone. Taken together, 

these three gaps converge on a single underexplored question, illustrated in Figure 2 below. 
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Figure 2 Research Gap - Proposed Model 

Note. Own elaboration. The four bodies of existing literature draw on entrepreneurship research 

(Chalmers et al., 2021; Greenberg & Mollick, 2018; Howell et al., 2022), AI adoption studies 

(Mariani et al., 2023; Rastogi & Pandita, 2025), AI perception studies (Tao et al., 2025; Yang, 
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2025; Zhang & Hur, 2025), and risk perception studies (Mitchell, 1999; Stone & Grønhaug, 1993). 

The theoretical lenses are Liability of Smallness (Aldrich & Auster, 1986), Dynamic Capabilities 

(Teece et al., 1997; Teece, 2007), and Perceived Risk Theory (Mitchell, 1999). 

The first gap concerns who is being studied. Most entrepreneurship research has focused on team-

based ventures, founding pairs, and organizations where responsibilities are shared and resources 

distributed across multiple people (Chalmers et al., 2021; Greenberg & Mollick, 2018). The 

solopreneur, someone running a business entirely alone, with no team to share the workload, 

absorb risk, or co-decide on strategy and has largely been left out of this picture. Because of this, 

we still know very little about how an individual in that position actually experiences, evaluates, 

and integrates AI into their day-to-day business. 

The second gap is about whose perspective is being captured. Research on how AI is perceived 

has mostly looked at it from the outside and that is, from the side of the audience or consumer 

perspective, examining how people respond to AI-generated content in terms of trust, engagement, 

or transparency (Tao et al., 2025; Zhang & Hur, 2025). What is missing is the view from the inside: 

how the solopreneur, as both the creator and the strategic decision-maker, makes sense of what AI 

means for their business. There is currently a real disconnect between what we know about how 

AI is received in the market and what we do not yet know about how it is understood and used by 

the people building their businesses with it. 

The third gap is about context. Existing research tends to treat solopreneurs as a fairly uniform 

group, without asking whether the type of business someone runs shapes how they think about and 

use AI. This study draws on Perceived Risk Theory (Mitchell, 1999) and the Search-Experience-

Credence framework (Girard & Dion, 2010) to distinguish between low and high product-risk 

contexts, and to examine whether that distinction meaningfully changes how solopreneurs evaluate 

AI as a business tool. For the purposes of this study, product-risk context is treated as an a priori 

organizing distinction derived from theory. The empirical analysis then examines what actually 

differentiates the two groups in practice: whether the key difference lies in the general risk profile 

of the offering, or more specifically in how the solopreneur’s outputs function in relation to 

expertise, identity, and professional trust. 
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Taken together, these three gaps point to a question that has not yet been directly addressed in the 

literature: “How do solopreneurs perceive the business impact of integrating AI into their ventures 

across low versus high product-risk contexts?” To explore this, the study draws on three 

theoretical lenses: Liability of Smallness, Dynamic Capabilities, and Perceived Risk Theory, as a 

sensitizing framework that guides both the data collection and the analysis. 
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3. Methodology 

______________________________________________________________________________ 

In this chapter, we present the methodological approach that forms the foundation of our study on 

solopreneurs and their perceptions of the business impact of AI. We begin by outlining more 

abstract aspects, including the research philosophy guiding our work, followed by a description 

of the research approach and design. We then detail the procedures for data collection and 

analysis, including data sampling and the use of semi-structured interviews with solopreneurs.  

______________________________________________________________________________ 

Our research is structured around Saunders, Lewis, and Thornhill's (2019) Research Onion 

metaphor, which is shown in figure 3. (The Research Onion). A layered model that moves from 

foundational philosophical assumptions through to the practical choices of data collection and 

analysis. This progression ensures that the use of semi-structured interviews is not an arbitrary 

decision but philosophically justified and logically consistent with the general research aim.  

 

Figure 3 The Research Onion 
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Note. From Research Methods for Business Students (8th ed.), by M. Saunders, P. Lewis, & A. 

Thornhill, 2019, Pearson Education. Copyright 2018 by Mark Saunders, Philip Lewis, and Adrian 

Thornhill. 

3.1 Research Philosophy 

The research philosophy defines the set of assumptions concerning how reality is understood and 

what constitutes valid knowledge within a study. These assumptions guide the entire research 

process, from the formulation of research questions to the selection of methods and interpretation 

of findings (Saunders et al., 2019). In this study, the philosophical position was grounded in 

nominalism (ontology) and interpretivism (epistemology), complemented by a reflexive 

axiological stance. Following Saunders et al.'s (2019) Research Onion, illustrated in Figure 3, these 

philosophical assumptions form the foundational layer of the research design, shaping all 

subsequent methodological choices. 

From an ontological perspective, a nominalist position was adopted, which assumes that reality is 

not objective or independent of human perception, but rather constructed through social 

interaction, language, and individual interpretation (Saunders et al., 2019). This implies that 

phenomena such as the "business impact" of AI do not exist as fixed or universal realities, but are 

instead understood differently by different actors. In the context of this study, this meant that the 

impact of AI was not treated as an objectively measurable outcome, but as something perceived 

and interpreted by solopreneurs within their specific business environments. This position is 

closely aligned with Perceived Risk Theory, which conceptualizes risk as a subjective evaluation 

rather than an inherent characteristic of a product or service (Mitchell, 1999). Consequently, both 

the perceived benefits and risks of AI were understood as socially constructed and likely to vary 

across low and high product-risk contexts, where the consequences of credibility and trust differ. 

Epistemologically, the study was guided by interpretivism, which concerns how knowledge about 

the social world is generated. Interpretivism assumes that knowledge is generated through 

understanding how individuals interpret and make sense of their social world and experiences, 

rather than through the discovery of objective truths (Saunders et al., 2019; Easterby-Smith et al., 

2021). This perspective is particularly appropriate given that the research question focuses on how 

solopreneurs perceive the business impact of integrating AI into their business. Rather than 
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measuring performance outcomes or causal relationships, the study sought to understand how 

solopreneurs interpreted AI as a capability-enabling mechanism, and how these interpretations 

were shaped by their business context. This required engaging participants' narratives, experiences, 

and reflections in order to develop a rich, contextualized understanding of the phenomenon 

(Saunders et al., 2019). 

In line with this interpretivist stance, the study also adopted a reflexive approach to axiology, 

recognizing that research is inherently value-bound. The researchers' background in digital 

business and interest in AI may have influenced how the data were interpreted, particularly given 

the strong narratives surrounding AI as a driver of efficiency and innovation. Rather than 

attempting to eliminate this influence, it was actively reflected throughout the research process to 

ensure that interpretations remained grounded in the perspectives of the participants. 

Overall, by structuring the research in accordance with the Research Onion (Figure 3), alignment 

was ensured between the philosophical assumptions and methodological choices. The combination 

of a nominalist ontology and interpretivist epistemology supported a qualitative approach focused 

on understanding how solopreneurs constructed meaning around AI, particularly in relation to how 

its perceived impact differed across low versus high product-risk contexts. This philosophical 

position also shaped the choice of method and reasoning approach. If the business impact of AI is 

understood as something perceived and interpreted rather than a measurable outcome, then it is 

best studied through qualitative methods that allow participants to describe their experiences in 

context. It also supports an abductive approach, because the study seeks to interpret these meanings 

through an iterative movement between existing theory and emerging empirical patterns. 

 

3.2 Research Approach 

Following the philosophical positioning outlined above, the next layer of the research process 

involved defining the research approach, which concerns how theory is used in relation to 

empirical data. According to Saunders et al. (2019), researchers typically choose between three 

main approaches to theory development: deduction, induction, and abduction. A deductive 

approach begins with existing theory and tests it through empirical observation, often associated 
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with hypothesis testing and quantitative methods. In contrast, an inductive approach starts from 

empirical data and seeks to generate new theoretical insights without predefined assumptions. 

In this study, an abductive approach was adopted, which combines elements of both deduction and 

induction. Abduction is characterized by a repeated oscillation between theory and data, allowing 

the researcher to iteratively refine theoretical understanding in light of empirical observations 

(Saunders et al., 2019; Dubois & Gadde, 2002). This approach is particularly suitable for research 

contexts where existing theories provide useful guidance but are not sufficient to fully explain the 

phenomenon under investigation. 

The study began with three theoretical frameworks: Dynamic Capabilities, Liability of Smallness, 

and Perceived Risk Theory, which provided an initial conceptual lens for understanding how AI 

may influence solopreneurs' businesses. These frameworks informed the development of the 

interview guide and guided the initial stages of analysis. However, consistent with an abductive 

logic, these theories were not tested in a rigid manner. Instead, they functioned as flexible 

interpretive lenses, allowing the researchers to remain open to new themes and insights emerging 

from the empirical data. 

Throughout the research process, an iterative movement between empirical observations and 

theoretical interpretation was maintained. Insights from the interviews were used to refine, extend, 

or challenge existing theoretical assumptions, while theory was continuously revisited to make 

sense of emerging patterns. This iterative process enabled a deeper understanding of how 

solopreneurs interpreted AI within their specific contexts. 

Importantly, within this abductive framework, AI was not treated as an objectively measurable 

performance tool. Instead, it was conceptualized as a perceived capability-enabling mechanism, 

meaning that its relevance lay in how solopreneurs interpreted its role in shaping their ability to 

operate, compete, and grow. The abductive approach therefore allowed for an exploration of how 

these interpretations were constructed and how they differed across low and high product-risk 

contexts, rather than imposing predefined explanations. 
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3.3 Research Design  

Following the selection of the research approach, the next layer of the research process involved 

defining the research design, which outlined the overall strategy for answering the research 

question. According to Saunders et al. (2019), research designs can be broadly categorized as 

quantitative, qualitative, or mixed-method, depending on the nature of the data and the type of 

insights sought. 

In this study, a mono-method qualitative research design was adopted, as the aim was to understand 

how solopreneurs perceived the business impact of integrating AI into their business rather than 

to measure objective outcomes. A qualitative design is particularly appropriate when the focus is 

on subjective interpretations, sensemaking processes, and context-dependent experiences 

(Easterby-Smith et al., 2021). This aligns with the interpretivist philosophical stance of the study, 

which emphasizes understanding the social world from the perspective of participants. 

Within this qualitative approach, the study was structured as a comparative case study, enabling 

an in-depth investigation of the phenomenon within its real-life context. Case study research is 

especially suitable when the boundaries between a phenomenon and its context are not clearly 

defined, and when contextual conditions are integral to understanding the phenomenon itself (Yin, 

2018). In this research, the perceived business impact of AI could not be separated from the 

business environment in which it was applied, making a case study strategy appropriate. 

The comparative dimension of the design was central to addressing the research question. The 

study examined solopreneurs operating in low product-risk contexts and those operating in high 

product-risk contexts, allowing for exploration of how differences in business context shaped the 

perceived role and impact of AI. Rather than assuming AI has a uniform effect across all ventures, 

this design enabled the capture of how interpretations of AI varied depending on the extent to 

which business outputs were tied to personal credibility, expertise, and trust. 

In line with the abductive approach adopted in this study, this comparison was informed by a 

theoretical proposition derived from the Perceived Risk Theory (Mitchell, 1999). This proposition 

suggests that the role of AI may be interpreted differently depending on the risk profile of the 

business context. In high product-risk environments, where outputs are closely linked to personal 
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expertise and credibility, the use of AI may raise considerations related to authenticity and trust. 

In contrast, in low product-risk contexts, where outputs are more separable from personal 

credibility, AI may be associated with considerations such as efficiency and scalability. 

However, this proposition was not treated as a hypothesis to be tested, but rather as a sensitizing 

framework that guided data collection and analysis. Consistent with abductive reasoning, the 

empirical material was used to explore, refine, and potentially challenge this initial theoretical 

understanding. This allowed for the identification of both confirming and contradictory patterns 

across cases, ensuring that the analysis remained open to alternative interpretations and avoided 

pre-judged conclusions (Saunders et al., 2019). Particular attention was given to cases that deviated 

from this proposition, as such variations provided important insights into the complexity of how 

AI is perceived across different contexts. 

The unit of analysis in this study was the individual solopreneur, while grouping into high- and 

low-risk contexts enabled cross-case comparison. This design allowed the generation of context-

sensitive insights into how solopreneurs interpreted AI as a capability-enabling mechanism, and 

how these interpretations differed depending on the risk profile of their business environment. By 

capturing these variations, the comparative case study design provided a deeper understanding of 

the dynamics of AI adoption and evaluation within solopreneurial settings. 

3.4 Data Sample 

Following the research design, the next step in the research process involved defining how 

participants were selected and how data were generated. In line with the Research Onion (Saunders 

et al., 2019), this stage focused on identifying an appropriate sampling strategy and the process 

through which access to participants was obtained. 

3.4.1 Sampling Strategy 

Given the interpretivist and qualitative nature of this research, the aim was not to achieve statistical 

representativeness of the broader solopreneur population, but rather to obtain theoretically relevant 

and information-rich cases on the phenomenon under investigation. As qualitative research seeks 

to explore meanings and interpretations, sampling was guided by relevance to the research 

question rather than probabilistic selection (Easterby-Smith et al., 2021). 



 29 

The study therefore adopted a non-probability purposive sampling strategy, also referred to as 

judgmental sampling (Saunders et al., 2019), where participants were selected based on specific 

criteria. In this case, participants were required to be solopreneurs with experience of, or exposure 

to, AI-enabled practices in their business. This approach ensured that the data collected was 

directly relevant to the research focus. 

To capture variation in perspectives, a heterogeneous (maximum variation) approach was applied. 

Participants were intentionally selected from low product-risk contexts (such as digital products 

or content-based businesses) and high product-risk contexts (such as consulting or advisory 

services), where personal credibility plays a more central role. This variation enabled the study to 

explore how the perceived impact of AI differed across contexts, while also identifying any 

common patterns across cases. 

3.4.2 Access Strategy 

Access to participants was achieved through a hybrid access strategy, understood as the 

combination of traditional access and Internet-mediated access. Saunders et al. (2019) distinguish 

traditional access as forms of direct contact, such as personal networks, face-to-face interaction, 

telephone conversations, or correspondence, while Internet-mediated access refers to gaining 

access through digital technologies such as email, social networking sites, online communities, or 

web-based communication tools. In this research, both forms were combined because the target 

participants, solopreneurs using AI in their business, were not located within a single organization 

or professional group but were instead dispersed across different digital business environments. 

The traditional component of the strategy involves using existing personal and professional 

networks within digital business contexts. This helped create initial trust and credibility, which 

was important because participants were asked to discuss their own business practices, AI use, and 

perceptions of risk, trust, and value creation. This was important because, in qualitative research, 

access involves not only reaching participants but also building enough rapport for them to share 

meaningful and detailed accounts of their experiences (Saunders et al., 2019). 

The Internet-mediated component involved identifying and contacting potential participants 

through LinkedIn, Instagram, and Twitter/X. These platforms were selected because they represent 
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the natural digital environments in which solopreneurs communicate their professional identity, 

business offering, and use of digital tools. This aligns with the naturalistic orientation of qualitative 

research, where participants are approached within the contexts in which their social reality is 

formed and communicated (Saunders et al., 2019; Easterby-Smith et al., 2021). 

This hybrid strategy was particularly suitable for the comparative design of the study. LinkedIn 

was more useful for identifying solopreneurs in high product-risk contexts, such as consulting and 

advisory services, where professional credibility and expertise are central to the business offering. 

In contrast, Instagram was more useful for identifying solopreneurs in low product-risk contexts, 

such as digital products, content creation, and visually communicated business models. However, 

these platforms were not treated as fixed categories. Although certain platforms were more useful 

for locating different kinds of solopreneurs, platform sources did not determine classification. 

Instead, all potential participants were screened purposely to ensure that they met the study criteria: 

being a solopreneur, having experience with or exposure to AI-enabled practices, and operating 

within either a low or high product-risk context. 

3.4.3 Sample Size 

A sample of 14 participants is considered appropriate for qualitative research of this kind, where 

analytical depth is prioritized over statistical representation (Saunders et al., 2019; Hennink et al., 

2017).  

3.4.4 Theoretical Saturation and Analytical Sufficiency 

Sampling in this study was guided by the principle of theoretical saturation, understood as the 

point at which additional interviews no longer generate substantially new themes, categories, or 

analytical insights relevant to the research questions. In qualitative research, saturation is not 

treated as a purely numerical threshold, but as an iterative judgement based on the richness, 

repetition, and analytical relevance of the data collected (Saunders et al., 2019). In this study, 

saturation was assessed through ongoing pattern identification during the interview process. After 

each interview, the researchers engaged in continuous reflection, this is consistent with the study’s 

interpretivist and abductive orientation, where the researcher moves iteratively between empirical 

observations and theoretical interpretation (Easterby-Smith et al., 2021). 
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This process was especially important because the study used a comparative design between low 

product-risk and high product-risk contexts. Saturation was therefore considered not only at the 

overall sample level, but also within each comparison group. This helped ensure that the 

comparison between contexts was based on sufficient analytical depth rather than on uneven 

representation across the two groups. 

The final sample consisted of 14 solopreneurs, including six participants in high product-risk 

contexts and eight participants in low product-risk contexts. Rather than claiming that saturation 

was reached at a precise numerical point within each subgroup, the study treated saturation as a 

matter of analytical sufficiency. After the full dataset had been reviewed, the researchers found 

that later interviews largely reinforced already identified patterns concerning AI as a capability 

amplifier, perceived efficiency gains, credibility concerns, authenticity risks, and the role of 

product-risk context. Additional interviews contributed nuance and illustrative examples but did 

not substantially alter the main coding structure or generate new core categories. 

Saturation in this thesis is therefore understood as analytical sufficiency rather than as an 

exhaustive claim that all possible solopreneur experiences with AI have been captured. This 

distinction is important because the study does not aim for statistical generalization, but for depth, 

comparison, and context-sensitive interpretation. For heterogeneous qualitative samples, Saunders 

et al. (2019) note that overall sample size guidance commonly ranges between 12 and 30 

participants, depending on the research strategy, complexity, and research question. The sample 

size of 14 participants was therefore considered appropriate because it provided variation across 

low-risk and high-risk contexts while allowing recurring analytical patterns to be identified across 

the dataset. 

3.5 Data Collection 

This table provides a structured overview of the three data sources used in this study, including 

the volume, format and language of data generated, alongside illustrative examples drawn from 

the empirical material 

Data Sources, collected in 2026  
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Table 1 Overview of Data Collection Methods and Empirical Sources 

Data 

collection 

method 

Data source Examples of data 

Semi-

structured 

interviews 

● 14 interviews with 14 

participants  

● Average length 69 min  

● Total duration 16h 8min 

● Languages: English, 

Spanish Slovak 

● Platforms: Google Meet, 

Microsoft Teams, in-person 

“A solopreneur is a self-employed person 

who runs their own business completely 

independently without partners, without 

employees. Everything depends on them 

alone” (INT11)  

 

“Time is not the constraint anymore. I can 

just do so much more with AI” (INT8)  

Qualitative 

Coding and 

Template 

Analysis 

● Tool: QualCode  

● Abductive coding: a priori 

codes + emergent in vivo 

codes 

● Iterative hierarchical 

template development  

● Cross- case comparison: LR 

vs. HR group 

“I have never automated my content and it 

goes against what I believe in. You 

completely lose your voice.” (INT12)  

 

“That is partly why clients are happy to 

work with me. On calls I help them 

configure AI things, it adds a trust 

element.” (INT1) 

Participant 

Background 

Documentation  

● LinkedIn profiles, 

Instagram accounts 

● Public facing business 

materials reviewed prior to 

each interview  

Content creator, 8 years of experience, 

Sweden - publicly promotes transparent AI 

disclosure practices  

 

Automation consultant, 6 years of 
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● Used for contextual 

awareness and member 

validation 

experience, positions AI integration as 

core business offering 

3.5.1 Interview Guide and Theoretical Integration 

To support consistency across interviews while maintaining flexibility, a topic guide with guiding 

questions was developed, functioning as a conversational framework rather than a strict script. The 

guide was constructed abductively from the study's theoretical framework, ensuring alignment 

between theory and empirical inquiry while allowing space for participants to introduce their own 

perspectives and experiences. 

The interview guide was not formally pilot tested prior to data collection, which is consistent with 

the abductive orientation of the study. Rather than treating the guide as a fixed instrument requiring 

pre-validation, it was used as a flexible framework that evolved iteratively across the interview 

process. Early interviews informed adjustments to question sequencing, probing depth, and 

thematic emphasis in subsequent sessions, functioning as a form of iterative refinement consistent 

with abductive research logic (Saunders et al., 2019). 

The questions were designed to explore key themes derived from Dynamic Capabilities, Liability 

of Smallness, and Perceived Risk Theory. These included how solopreneurs identified and acted 

upon opportunities using AI, whether AI was perceived as expanding individual capacity or 

compensating for resource constraints, and how meanings related to authenticity, trust, and 

efficiency were constructed in different business contexts. However, the guide was used flexibly, 

meaning that the order of questions and the depth of discussion varied depending on the flow of 

the conversation and the relevance of emerging topics. 

In addition to theory-driven questions, the interviews included general background questions about 

the solopreneur and their business, such as industry, type of offering, and country of operation. 

These questions supported the comparative logic of the study by enabling further grouping and 

interpretation of patterns across cases where relevant. 
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3.5.2 Language Considerations and Data Depth 

English was the main interview language in this study. However, given the international scope of 

the sample and the aim of capturing rich and nuanced perspectives, participants were allowed to 

conduct the interview in a language in which they felt more comfortable, provided that the 

researchers were able to communicate in that language. 

In practice, interviews were conducted in English, Spanish, and Slovak. This flexibility allowed 

participants to express themselves more naturally and provide more detailed explanations and 

examples, which strengthened the depth and quality of the data. At the same time, conducting 

interviews across multiple languages required careful attention during transcription, translation, 

and analysis to ensure that meanings were preserved as accurately as possible. 

To support depth of inquiry, we used qualitative questioning techniques such as probing and 

laddering. Probing encouraged participants to elaborate on their responses and clarify meanings, 

while laddering helped move between concrete examples of AI use and the underlying beliefs and 

values shaping those perceptions (Saunders et al., 2019; Easterby-Smith et al., 2021). 

To preserve meaning across languages, a consistent translation procedure was applied. 

Translations into English were prepared using DeepL Translate and then reviewed by the 

researchers during the analysis stage, with cross-checking by both authors to verify that the 

intended meaning had been retained. Coding was conducted in English to ensure consistency 

across cases and to support comparison within the Template Analysis. Participants’ distinctive 

phrases and expressions, including those used as in vivo codes, were translated with careful 

attention to preserving their meaning in context. 

3.5.3 Interview Conduct and GDPR 

Interviews were conducted both online and in person. Online interviews took place on platforms 

such as Google Meet and Microsoft Teams, while face-to-face interviews took place at locations 

convenient for the participants. With participants' consent, all sessions were audio-recorded using 

the platform's built-in recording function. Transcriptions were generated using Microsoft Teams 

and Fireflies.ai and subsequently reviewed and corrected manually to ensure accuracy. 
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Prior to each interview, participants were informed about the purpose of the study, the use and 

treatment of the data, and the voluntary nature of their participation, in line with established ethical 

principles (Saunders et al., 2019). Participants were also asked about their preferences regarding 

anonymity, including whether personal names, company names, or other identifying information 

should be disclosed or anonymized in the research. 

Informed consent was obtained before proceeding with each interview. Throughout the 

conversations, an empathetic and attentive listening approach was adopted, aiming to create a 

comfortable environment that encouraged open and honest reflection. Summarizing techniques 

were used where appropriate to validate the researchers' understanding and allow participants to 

confirm, refine, or clarify their responses. 

3.5.4 Recording and Data Management 

With the explicit consent of participants, all interviews were audio-recorded to ensure accurate 

capture of the data. Interviews conducted online were recorded via the meeting platform (e.g., 

Microsoft Teams, Google Meet), which also provided automatic transcription immediately after 

the session. These transcripts were subsequently reviewed and refined where necessary to ensure 

accuracy, particularly in cases where interviews were conducted in languages other than English. 

Recordings were stored securely in Google Drive, password-protected, accessible only to the two 

researchers. All files were named using participant codes (e.g., INT1, INT2) rather than real names. 

Raw audio files will be deleted following the thesis defense on 5 June 2026. 

3.6 Data Analysis 

The next stage of the research process involved defining how the data were analyzed and 

interpreted. In this study, the analysis focused on identifying patterns of meaning in solopreneurs' 

accounts of AI, rather than measuring objective outcomes. The aim was to understand how 

participants constructed and interpreted the business impact of AI across different product-risk 

contexts. In alignment with the interpretivist philosophy and the abductive approach of the study, 

Template Analysis was employed as the main analytical technique. 
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3.6.1 Analytical Approach and Coding Strategy 

The data were analyzed using Template Analysis, a flexible form of thematic analysis that involves 

the development of a hierarchical coding structure to identify patterns and themes within 

qualitative data (King & Brooks, 2017). This approach was appropriate for the study because it 

allows the analysis to combine deductive and inductive elements. This enabled the researchers to 

integrate existing theoretical frameworks while remaining open to new insights emerging from the 

interview material. Saunders et al. (2019) describe Template Analysis as a systematic and flexible 

approach that supports the use of a priori themes while also allowing emergent issues to be 

identified during the analysis. 

In alignment with the abductive research design, the analysis began with the development of an 

initial coding template derived from the three theoretical pillars presented in Chapter 2: Dynamic 

Capabilities, Liability of Smallness, and Perceived Risk Theory. These pre-defined a priori codes 

provided a sensitizing framework for the early stages of data categorization and helped maintain 

alignment between the theoretical framework, research questions, and empirical analysis. The a 

priori codebook is presented in Table 1. 

The coding process was supported by QualCode, a researcher-developed qualitative coding 

support tool created for this study. The tool enabled the researchers to upload each interview 

transcript, assign each participant to their relevant product-risk classification, either HR or LR, 

upload the a priori codes derived from theory, assign codes to selected text segments, organize 

codes hierarchically, and store coded material for comparison across participants and risk-context 

groups. QualCode was used as a data-management and coding-support system. 

The use of a coding-support tool was consistent with the practical role of computer-aided 

qualitative data analysis software, which can help researchers manage, organize, code, and retrieve 

qualitative data while leaving interpretation to the researcher (Saunders et al., 2019; Easterby-

Smith et al., 2021). This was particularly useful for the comparative purpose of the study, as the 

tool allowed coded material to be organized systematically across low product-risk and high 

product-risk contexts. 
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Table 2 A Priori Codebook Derived from Theoretical Framework 

 

At the same time, consistent with the abductive approach, the analysis remained open to emergent 

themes that arose directly from the interviews. As transcripts were reviewed, new codes were 

created to capture concepts, expressions, or experiences that were not fully explained by the initial 

theoretical framework. This included the use of in vivo coding, where participants' own words 

were used to preserve the meaning of their interpretations (Saldaña, 2016). 
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3.6.2 Iterative Development of the Template 

The coding process was conducted iteratively. The analysis began with familiarization, in which 

transcripts were analyzed in multiple rounds with the goal of immersing the researchers in the data. 

This was followed by preliminary coding, in which codes were added, removed, merged, or 

reorganized as patterns became clearer. Related codes were then grouped into broader categories 

through a process of clustering, leading to the construction of an initial coding template. As the 

analysis progressed, the coding structure evolved into a hierarchical template, where broader 

themes were supported by more specific sub-themes. This hierarchical organization allowed for a 

nuanced representation of how solopreneurs interpreted AI, capturing both common patterns and 

context-specific variations. This process reflected the abductive movement between theory and 

data, where empirical insights were used to refine theoretical understanding. 

3.6.3 Comparative Analysis Across Contexts 

Given the comparative case study design, a central component of the analysis involved examining 

similarities and differences across low- and high-product-risk contexts. Once the coding template 

had been established, themes were analyzed across cases to identify how interpretations of AI 

varied depending on the business environment. 

This cross-case analysis enabled an exploration of the dynamics of the phenomenon, particularly 

how issues such as efficiency, scalability, trust, credibility, and responsibility were constructed 

differently across contexts. Rather than assuming predefined outcomes, the focus was on how these 

meanings emerged from the data. Particular attention was given to deviant and negative cases, 

where participants' perspectives did not align with the initial theoretical propositions, because 

these cases helped refine and qualify the emerging interpretation. 
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Table 3 Overview of Interview Participants 
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Table 3 details the fourteen participants selected through heterogeneous sampling (Section 3.4.1) 

to capture variation across low and high product-risk contexts. Representing seven countries, the 

sample includes twelve men and two women with 1 to 14 years of solopreneurial experience. Semi-

structured interviews totaled 16 hours and 8 minutes, averaging 69 minutes per participant. This 

deliberate distribution enables the comparative analysis outlined in Section 3.3. 

Table 4 Classification criteria for High and Low-risk Contexts 

 

Own elaboration based on the SEC framework (Girard & Dion, 2010) and Perceived Risk Theory 

(Bauer, 1960; Mitchell, 1999; Stone & Grønhaug, 1993). 
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Application logic. The four criteria were applied holistically. No single criterion is individually 

decisive; classification reflects the dominant pattern across all four dimensions. Classification 

reflects the nature of the offering, not the domain. 

Dominant Activity Rule. Where participants described multiple activities with different risk 

profiles, classification followed the activity that was most commercially significant, most 

developed, or most central to the participant's current business at the time of the interview, as 

evidenced by their own description in the transcript. 

The table shows how the four classification criteria were applied to each participant in order to 

assign cases to the two comparison contexts. 
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Table 5 Participant mapping in the two comparison contexts 

3.7 Research Quality, Trustworthiness, and Ethics 
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Following the data analysis, we address the quality and ethical consideration of the research to 

ensure the rigor, credibility, and integrity of the study, complemented by a reflexive approach to 

the role of the researchers. 

3.7.1 Trustworthiness 

This study assessed qualitative rigor through Lincoln and Guba’s (1985) trustworthiness 

framework, focusing on credibility, dependability, transferability, and confirmability. Rather than 

treating these as abstract quality criteria, we addressed them through concrete methodological 

practices embedded in the design, data collection, and analysis. 

Credibility was supported through real-time clarification during interviews, including 

summarizing and paraphrasing techniques that allowed participants to confirm, refine, or correct 

the interviewer’s understanding. It was further strengthened through the active examination of 

negative and deviant cases, which were used to refine rather than merely confirm emerging 

interpretations. Dependability was addressed through a transparent and traceable research process, 

including documented adjustments to the interview guide, iterative development of the coding 

template, and reflexive memoing throughout the analysis. These practices created an audit trail 

that made the progression from raw material to final interpretation visible and internally coherent. 

Transferability was supported through thick description of the research context, including 

participant characteristics, the distinction between low- and high-product-risk contexts, the 

multilingual nature of the interviews, and the comparative logic of the design. The study did not 

aim for statistical generalization, but for analytical generalization by making the conditions and 

boundaries of the findings explicit. Confirmability was supported by grounding interpretations in 

interview evidence, preserving analytical notes and coding decisions, and maintaining reflexive 

awareness of how our own academic and professional interest in AI and digital business might 

shape interpretation. 

3.7.2 Research Ethics 

Ethical considerations guided the study throughout the research process and shaped how we 

interacted with participants, handled data, and reported findings. Participation was entirely 

voluntary. Before each interview, we informed participants about the purpose of the study, how 
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their data would be used, their right to withdraw without consequence, and the conditions of 

anonymity or attribution. Informed consent was obtained prior to data collection, and participants 

were given the opportunity to ask questions before agreeing to take part. 

Confidentiality and anonymity were managed according to participants' preferences. Participants 

were asked whether they wished to be anonymized or were comfortable with limited attribution 

for academic purposes. Where anonymity was requested, participant codes such as INT1–INT14 

were used and identifying information, including names, company names, client names, and other 

identifiable details, were removed from transcripts and reporting. This approach allowed us to 

protect participants’ privacy while respecting their stated preferences. 

Data management was conducted in accordance with the General Data Protection Regulation 

(Regulation EU 2016/679). The lawful basis for processing personal data was explicit informed 

consent (GDPR Article 6(1)(a)). Recordings and transcripts were stored in a password-protected 

cloud environment accessible only to the research team, and no personally identifiable information 

was retained alongside the working data files. Several participants were located outside the 

European Union; all such participants explicitly consented to their data being processed under the 

researchers’ GDPR-compliant procedures. Participants were informed of their right to request 

deletion of their data at any point prior to thesis submission. Raw audio recordings were scheduled 

for deletion following the thesis defense on 5 June 2026. 

Because the study involved interviews in English, Spanish, and Slovak, we also took additional 

care to preserve participants’ intended meanings across transcription, translation, and 

interpretation. Ethical considerations further extended to the use of AI-assisted tools. Fireflies.ai 

and Microsoft Teams were used to support transcription, while generative AI tools were used only 

on anonymized material from which directly identifying details had already been removed or 

replaced with participant codes (INT1-INT14). These tools were used to assist with initial code 

identification, language refinement, and structural review, while all interpretive decisions 

remained with the researchers. 
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4. Findings 

______________________________________________________________________________ 

This chapter presents the empirical findings of the study, organized around the thematic template 

developed through Template Analysis and displayed through a Gioia-inspired data structure. The 

findings are presented in four steps. 

First, the chapter defines solopreneurship based on participants’ own accounts. Second, it 

introduces the Gioia-inspired data structure, showing the movement from first-order evidence to 

second-order themes and five aggregate dimensions. Third, it discusses the five aggregate 

dimensions that explain how solopreneurs perceive the business impact of AI integration. Finally, 

it presents a cross-case comparison between High-risk and Low-risk contexts, showing how 

similar AI-related mechanisms can carry different meanings and stakes across the two contexts. 

______________________________________________________________________________ 

4.1 Participant Conceptualizations of Solopreneurship  

Before presenting the five aggregate dimensions, this section briefly examines how participants 

defined solopreneurship in their own terms. These conceptualizations are not themselves an 

analytical dimension, but they provide contextual grounding for the findings that follow by 

showing how participants understood their own identity and working condition. Participants are 

drawn from both low-product-risk (LR) and high-product-risk (HR) contexts, as classified in Table 

5, and each participant code is followed by its context label throughout the findings, for example 

INT1 (LR) or INT2 (HR), to maintain the comparative thread of the analysis. 
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Figure 4 Core Logic and Definition of Solopreneurship 

Across the interviews, solopreneurship was most consistently defined through the concentration 

of roles in one person. INT1 (LR) described it plainly: “it pretty much means I need to do 

everything. It just means you need to build; you need to sell; you need to do everything by 

yourself.” INT11 (LR) similarly defined a solopreneur as someone who “invent the service or product 

themselves and manage everything around it, communication with customers, the service itself, the admin, all 

by themselves.” INT5 (LR) captured the same idea more broadly: “you become like an entire 

department. You are design, execution, distribution, finance, you are everything in one team.” 

However, solopreneurship was not understood as doing every task in complete isolation. Several 

participants explained that solo operators may still involve others when needed. INT14 (LR) 

described a solopreneur as “a person who does everything but also knows how to involve other 

people when needed.” INT13 (LR) made a similar point: “nobody can really do absolutely 

everything completely solo.” What defines a solopreneur, therefore, is not the total absence of 

support, but that ownership, direction, and responsibility remain concentrated in one person. 
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Participants also described solopreneurship as a deliberate choice shaped by autonomy and control. 

INT7 (HR) defined a solopreneur as “an entrepreneur who wants to launch a project without 

partners, even without a team.” INT2 (HR) connected this to independence from hierarchy, 

explaining that solo entrepreneurship allowed him not “to have bosses.” INT4 (LR) expressed the 

same motivation directly: “I have chosen my own path.” This shows that solopreneurship was not 

only described as a lack of resources or team members, but also as a chosen way of working. 

At the same time, participants described the clear advantages of operating alone. Several associated 

solo work with speed, low overhead, and direct control over decisions. INT10 (LR) explained that 

“if you are a solo founder, basically when you make a decision, you just go with that,” adding that 

solo founders can be “way quicker.” INT1 (LR) similarly stated: “working solo, you definitely 

move way faster.” INT5 (LR) described the financial and organizational appeal of this model: “the 

freedom of not having to report to anyone is what makes it attractive, that, and that the revenue 

goes directly to you. Low costs with a lot of revenue are idyllic.” 

Still, this independence also carried costs. Participants repeatedly described role overload, 

prioritization difficulty, uncertainty, unstable income, and the absence of shared decision-making. 

INT1 (LR) explained that solo work requires moving between outreach, website changes, and 

product work, each requiring “a different part of your brain,” which “can be quite tiring.” INT10 

(LR) noted that it would be helpful “to discuss with a partner what you should prioritize and work 

on.” INT4 (LR) described prioritization as one of the biggest challenges of operating alone, saying 

that the first challenge is “becoming an artist in prioritization.” These accounts show that 

solopreneurship is not only about doing everything, but also about constantly deciding what should 

come first. 

Some participants also described the emotional and financial pressure of operating alone. INT10 

(LR) stated that “you can’t really rely on everyone or anyone,” while INT2 (HR) explained that 

“if you are alone, no one cares about your business.” INT7 (HR) noted that solo work can involve 

unstable income, describing months with high revenue and months with no revenue. These 

accounts do not define solopreneurship as loneliness or hardship, but they show that the autonomy 

of solo work can come with pressure, uncertainty, and limited shared support. 
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Participants also differed in whether they understood solopreneurship as a long-term identity or as 

a temporary stage. Some treated solo work as a deliberate and enduring way of working, while 

others described it as a phase that could later evolve into a small, trusted team or agency. This 

matters because it shows that solopreneurship was not understood as one fixed path, but as a 

flexible business form shaped by different motivations, constraints, and future intentions. 

For the purposes of this study, a solopreneur is defined as an individual who intentionally builds 

and operates an independent business without co-founders or permanent employees, while 

remaining as the central decision-maker and coordinator of the business. Solopreneurs may rely 

on freelancers, collaborators, software, or external support when needed, but ownership, direction, 

and final accountability remain concentrated in one person. 
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4.2 Data Structure  

 

Figure 5 Data Structure: Solopreneurs' Perceived Business Impact of AI  
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The analysis resulted in a thematic template organized around five aggregate dimensions, using 

own illustration inspired by Gioia Analysis. To present this structure clearly, the template is 

displayed through a Gioia-inspired data structure. This visual format shows the movement from 

selected first-order evidence, derived from participants’ own language to second-order themes 

developed through iterative analysis, and finally to aggregate dimensions. 

The five aggregate dimensions capture different aspects of how solopreneurs perceive the business 

impact of AI integration. AI as a Conditional Capability Lever focuses on how AI expands what 

solopreneurs can do, while showing that this expansion depends on knowledge, judgment, and the 

ability to evaluate outputs. AI Impact on Solo Constraints captures how AI interacts with the 

practical conditions of working alone, including role substitution, speed, and structural fragility. 

Risk of AI Integration brings together the perceived risks and costs of using AI, including 

performance errors, accountability, data concerns, and cognitive or capacity-related burdens. 

Market Differentiation and Competitive Position addresses how AI changes competition, 

including the shift from AI as a differentiator to AI as a baseline, the conditional advantage of 

smallness, and the continuing challenge of distribution. Finally, Authenticity, Credibility, and 

Trust capture how AI use affects human voice, perceived credibility, and the growing importance 

of AI literacy as a professional signal. 

This figure provides the structure for the findings that follow. The next sections discuss each 

aggregate dimension in more detail, using selected interview evidence and interpretation. The 

comparative analysis between HR and LR contexts is developed later in the chapter, where the 

focus shifts from the overall template to how similar AI-related mechanisms take different 

meanings and stakes across the two contexts. 

4.3 Aggregate Dimensions of Solopreneurs’ Perceived Business Impact of AI  

4.3.1 AI as a Conditional Capability Lever 

AI expands what solopreneurs can do, but this expansion is not a universal equalizer. Participants 

across the interviews described AI as expanding what one person could do, but not in the same 

way or to the same extent for everyone. Its value depended strongly on whether solopreneurs felt 

able to guide, evaluate, and correct what it produced. Across the data, AI was described not as a 
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replacement for existing capability, but as something that worked best when combined with prior 

knowledge of the task, market, or technical area. 

This dimension includes three connected themes. First, AI Amplification Conditional on Domain 

Knowledge. Second, Work Shifts from Execution to Evaluation. Third, AI as a Cognitive and 

Strategic Partner. 

AI Amplification Conditional on Domain Knowledge 

One of the clearest patterns in the interviews was that AI did not create the same value for 

everyone. Participants described AI as more useful when they already understood the task, market, 

or technical area in which they were using it. Domain knowledge allowed them to ask better 

questions, recognize useful outputs, detect errors, and push AI in the right direction. 

INT2 (HR) expressed this directly: 

"If you are two out of five good, AI makes you twice as good. If you are five out of five, AI 

makes you one thousand times better." 

INT3 (HR) made the same point more directly:  

"AI amplifies what you already know. It cannot replace expertise you don't have." 

The opposite situation was also visible. INT2 (HR) explained the problem of using AI where the 

user cannot judge the output: 

“I do not have the knowledge to verify that the AI is correct.”  

Across these accounts, participants distinguished sharply between AI use anchored in prior 

knowledge of the task and AI use without it. The first was described as productive.  The second 

was unreliable, because the solopreneur could not verify whether the output was correct. 

Work Shifts from Execution to Evaluation 

AI changed the type of work participants did. Several described AI as taking over parts of the first 

draft, production, or technical execution, while the solopreneur shifted toward reviewing, 

approving, and correcting the output. 

INT14 (LR) described this transition: 

“Now I review and approve, I am not the first drafter anymore.” 
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INT1 (LR) described the same shift in more active terms: 

“I actively work with AI, so I micromanage it to insanity. Many times, it gives me what I 

need and many times it does not.”  

INT3 (HR) also described the change as a transformation of work rather than a reduction of work: 

“I may actually be working more than before, just differently.”  

The evidence shows that AI does not simply reduce the amount of work for solopreneurs. It 

changes the nature of the work. Participants described moving from producing everything 

themselves to managing AI-supported outputs through review, correction, and approval. AI can 

reduce some execution tasks, but it also creates a stronger need for judgment, supervision, and 

quality control. The solopreneur remains central, not as the first producer of every output, but as 

the person responsible for deciding whether the output is accurate, useful, and aligned with the 

business. 

AI as a Cognitive and Strategic partner 

The third theme extends AI’s role beyond task execution into thinking and strategic reasoning. 

Several participants described using AI as a thinking partner: to talk through ideas, reduce 

uncertainty, explore options, or test a decision. This was especially relevant because solopreneurs 

often work without a co-founder, colleague, or team available for immediate feedback. 

INT8 (HR) explained: 

“A lot of times I use it as a conversation partner.”  

INT10 (LR) described a similar use in decision-making: 

“When I don't know the decision, but I have a hinge on what I think is the right approach, 

I can ask AI and ask it to be unbiased.” 

INT3 (HR) describe AI as: 

“co-pilot, not autopilot” 

Taken together, these quotes show that AI was not only used to produce outputs, but also to support 

the solopreneur’s thinking process. Participants used AI to create a form of dialogue, test their 

assumptions, and receive input when no team or co-founder was available. However, it also shows 
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that AI did not replace the solopreneur’s judgment. It supported reflection and decision-making, 

but the final interpretation and responsibility remained with the solopreneur. 

Across both LR and HR contexts, AI was described as expanding what one person could do, but 

with different emphasis. In LR contexts, it was more often linked to speed and workflow support, 

while in HR contexts it was more closely tied to expertise, verification, and responsibility. The 

comparative differences in how it was expressed in LR and HR cases are examined more fully in 

Section 4.4. 

4.3.2 AI Impact of Solo Constraints 

AI reduces several of the practical burdens of working alone, but it does not remove the structural 

condition itself. What changes is the form of the constraint, not its presence. 

This dimension includes three connected themes. First, Functional Role Substitution. Second, 

Speed as Structural Relief. Third, Structural Fragility Beyond AI's Reach. 

Functional Role Substitution 

The most consistently named form of relief was that AI took over specialist functions which 

solopreneurs previously had to hire, go without, or perform poorly on their own. 

INT8 (HR) expressed this directly: 

"Previously you needed a product manager, UX designer, database engineer, front 

end, back end. Now you do not need any of those things." 

INT4 (LR) described the same shift in cost terms: 

"I just hired a finance director and all I did was pay for one more subscription." 

Under the Liability of Smallness lens, function-multiplicity is one of the defining structural 

disadvantages of solo operation, because one person must own every business role without the 

capacity to hire. Functional role substitution directly offsets this: AI does not add capacity to the 

individual; it dissolves the need for certain roles entirely. 
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Speed as Structural Relief 

A second form of relief was named universally across participants. AI compressed the time 

required for routine work, releasing capacity that solopreneurs could redirect elsewhere. 

INT13 (LR) illustrated the order-of-magnitude shift: 

"Something that takes two hours I do in two minutes." 

INT8 (HR) described the same effect in structural terms: 

"Time is not the constraint anymore." 

Together, functional role substitution and speed relief describe a meaningful reduction in the 

operational burden of solo work. 

Structural Fragility Beyond AI's Reach 

The third theme is that neither form of relief dissolves the underlying structural condition. When 

production time compresses, the available space refills with more work, broader scope, or higher 

ambition. 

INT3 (HR) described this directly: 

"I may actually be working more than before, just differently." 

More fundamentally, the data surfaces a pattern of structural fragility that AI does not reach: 

income volatility, the absence of a decision-making partner, and social isolation. Even INT8 (HR), 

the most AI-integrated participant in the dataset, articulated this directly: 

"I think you can do pretty much everything. But the weird thing is that you really do 

not need basically people anymore in a business. But I wish I did because I like the 

company." 

Structural fragility, in its affective and relational dimensions, remains outside the reach of AI 

capability. 
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For Dimension 2, the cross-case pattern was one of emphasis rather than difference. Both LR and 

HR participants named functional role substitution and speed relief at comparable rates as shared 

findings. Where the groups diverged was in which face of structural fragility they emphasized: LR 

participants more often named its operational dimensions, such as income volatility and the 

missing co-founder, while HR participants more often named its affective dimensions, such as 

loneliness, emotional load, and the absence of colleagues. 

4.3.3 Risk and Cost of AI Integration  

AI integration does not only reduce constraints; it also creates new ones. The costs that emerged 

across this dataset are not primarily about technical failure. They are about the permanent work AI 

use requires, the accountability that cannot be transferred, and the cognitive burden that capability 

expansion produces. 

This dimension includes four connected themes. First, Performance Risk and the Ongoing Labor 

of Verification. Second, Accountability Cannot Be Delegated. Third, Security and Data Risk. 

Fourth, Cognitive and Capacity Risk. 

Performance Risk and the Ongoing Labor of Verification 

The most universally reported cost was the ongoing labor of verifying outputs that cannot be fully 

trusted or fully understood. 

INT13 (LR) described this as routine: 

"I always check what it produces." 

INT8 (HR) identified the structural reason verification cannot be reduced to occasional checking: 

"You just know the car is moving but you do not know why." 

AI produces outputs whose internal reasoning is opaque to the user. Verification is therefore not a 

response to occasional error, but a permanent overhead embedded in every AI-assisted task. 

Accountability Cannot Be Delegated 
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A second cost, analytically distinct from verification, is that accountability for AI-supported 

outputs cannot be transferred to AI itself. 

INT8 (HR) expressed this directly: 

"Somebody with blood running through the veins needs to be accountable." 

INT3 (HR) framed the same point in operational terms: 

"AI cannot be held accountable for anything. You are always the responsible one." 

AI is not a legal, moral, or reputational subject. Every output, error, and consequence remains the 

solopreneurs. The capability gain and the accountability burden are inseparable. 

Security and Data Risk 

A third cost, named primarily by participants operating in regulated or data-sensitive sectors, 

concerned about the boundary between business information and AI tools. 

INT2 (HR) described this: 

"I am in insurance. GDPR is always about data. I am not going to give AI my customer 

list." 

Security and data risk operates as a hard limit on the scope of AI use, defined externally by 

regulation rather than internally by preference. 

Cognitive and Capacity Risk 

The fourth cost is a second-order effect of AI's power rather than its failure. When the production 

constraint falls away, the pressure to do more fills the available space. 

INT12 (HR) articulated this directly: 

"I live very stressed out by everything, all the possibilities that AI gives you." 
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AI removes the production ceiling, but the ceiling itself was a form of protection against 

overwhelm. 

Together, these four themes describe a risk structure that is intrinsic to AI integration rather than 

incidental to it. Solopreneurs who use AI effectively do not escape risk. They absorb a different 

configuration of it: less constraint on what they can produce, more responsibility for what gets 

produced, and a permanent obligation to audit what they cannot fully see inside. 

For Dimension 3, the cross-case pattern was mixed. Performance risk and accountability appeared 

across both LR and HR contexts as shared concerns. Security and data risk appeared more often 

in HR cases, partly because this group included participants working in more regulated or data-

sensitive settings. Cognitive and capacity risk showed the clearest difference: LR participants more 

often described fear of falling behind, while HR participants more often described the overload of 

keeping up. 

4.3.4 Market Differentiation and Competitive Position 

AI changes the competitive position of solopreneurs, but it does not automatically make them 

differentiated. Across the interviews, participants described AI as making it easier to produce, 

build, and compete with fewer resources. However, they also questioned whether AI still works as 

a real differentiator when competitors can use the same tools. 

From Competitive Differentiator to Competitive Baseline 

This theme shows that AI use is no longer enough to create competitive advantage by itself. Since 

many businesses now have access to similar tools, basic AI adoption has become closer to a market 

expectation than a unique differentiator. 

INT10 (LR) expressed this: 

“If you're just using AI, I don't think it's an advantage at all because everyone is using 

AI as of now.” 

INT3 (HR) made a similar point: 
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“AI helps everyone, not just solopreneurs.” 

At the same time, not using AI could become a disadvantage. INT10 (LR) described this strongly: 

“If you're a tech company in today's age and don't use AI, you're already dead.” 

These quotes show that AI has moved from being a potential differentiator to becoming a 

competitive baseline. Using AI may be necessary to remain relevant, but basic use is not enough 

to stand out. Highlight a new market dynamic where AI competence is a condition of participation 

rather than a source of differentiation. 

Smallness Becomes a Conditional Advantage 

A second theme was that AI can make smallness more competitive. Several participants described 

contexts in which operating as a solopreneur, without the weight of large organizational structures, 

created its own form of competitive advantage by reducing the need for staff, lowering costs, and 

increasing speed. 

INT4 (LR) described this directly: 

“I am competing from my house against TripAdvisor, Airbnb.” 

INT13 (LR) captured the same idea from the opposite side, suggesting that larger structures may 

lose some of their advantage: 

“Large, heavy structures are being hacked.” 

These quotes show that AI can change the meaning of being small. Smallness is not only a 

disadvantage when AI allows one person to move faster, operate with lower overhead, and avoid 

internal bureaucracy. In some cases, being small can become a source of flexibility. 

However, this advantage is conditional. AI may help solopreneurs compete on production, speed, 

or operating costs, but it does not automatically give them brand recognition, trust, capital, or 

access to customers. Therefore, smallness becomes an advantage only in some parts of the 

business, not across the whole venture. 
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Distribution Remains the Main Constraint 

Participants repeatedly suggested that AI makes production easier, but it does not fully solve the 

problem of distribution, selling, and gaining attention. 

INT5 (LR) described the constraint directly: 

“Now, the bottleneck is selling.”  

INT10 (LR) made the relational limit very clear: 

“You cannot send an AI agent to talk to investors.”  

These quotes show that AI can help create products, content, code, or services, but it does not 

replace the human work of building trust, persuading clients, closing deals, or accessing markets. 

In other words, AI can reduce the difficulty of making something, but not necessarily the difficulty 

of getting people to buy, trust, or invest in it. 

For Dimension 4, the pattern appeared across both HR and LR contexts. Both groups recognized 

that basic AI use was no longer a distinctive advantage. The difference was mainly one of 

emphasis: LR participants linked AI more strongly to bootstrapped growth, low overhead, speed, 

and competition with larger firms, while HR participants framed smallness more as an aspiration 

or possibility alongside the burdens of operating alone. Distribution remained a shared constraint 

across both groups. 

4.3.5 Authenticity, Credibility, and Trust 

AI does not only affect what solopreneurs can produce. It also shapes how their work is perceived 

by clients, audiences, and themselves. Across the interviews, participants were not only concerned 

with whether AI could generate useful outputs, but also with whether AI-supported work still 

sounded authentic, credible, and trustworthy. 

This dimension includes three themes. First, Authenticity is protected through human voice and 

Selective AI use. Second, Perceived AI uses shape Credibility and Trust. Third, AI Literacy as the 

new credential. 
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Selective AI use protects authenticity 

Participants often described authenticity as something that had to be actively protected. For some, 

this meant avoiding AI in visible or personal forms of communication. For others, it meant using 

AI selectively, but rewriting or adapting the output so that the final result still sounded like them. 

INT12 (HR) expressed this: 

“I have never automated my content, and it goes against what I believe in. You completely 

lose your voice.” 

INT4 (LR) claim authenticity directly to their work: 

“Authenticity and honesty are the foundation of everything I do.” 

The evidence suggests that selective AI use became a way to protect authenticity. AI could support 

parts of the work, but participants wanted to remain visible in the final output, especially when the 

work was tied to their voice, identity, or relationship with clients and audiences. 

Perceived AI Use Shapes Credibility and Trust 

AI use could either strengthen or weaken credibility, depending on how it was perceived. In some 

cases, visible AI use created concerns about generic content, reduced authenticity, or lower trust. 

In other cases, AI knowledge increased credibility because clients expected the solopreneur to 

understand and use AI well. 

INT9 (LR) described a case where AI-assisted content was noticed by the audience: 

“A follower detected AI-assisted content, I added the label immediately. I fully agree 

with the feedback.” 

However, AI use was not always seen as a threat. INT1 (LR) described AI knowledge as something 

that helped build trust with clients: 

“That is partly why clients are happy to work with me, on calls I help them configure 

AI things, it adds a trust element.” 
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These quotes show that perceived AI use can work in two directions. If AI makes the work feel 

generic or dishonest, it can reduce credibility. But if AI use signals competence, relevance, or 

technical skill, it can increase trust.  

AI Literacy as the New Credential 

Several participants described AI use not only as a tool for production, but as a capability that 

clients, competitors, or markets increasingly expect. In this sense, knowing how to use AI well 

became a new kind of credential: not a formal qualification, but a visible sign of competence and 

relevance. A new professional signal. 

INT10 (LR) expressed this directly: 

“The use of AI agents is the competitive moat now and going forward and how well you 

are with using those.” 

INT3 (HR) described the same idea as a skill in its own right: 

“Matching the right model to the right use case is an important skill in itself.” 

These quotes show that AI literacy was not only about using tools. It was about knowing which 

tools to use, when to use them, and how to apply them effectively. For these participants, credibility 

did not come from simply using AI, but from using it well. 

For Dimension 5, tensions around authenticity and AI use appeared in both HR and LR contexts, 

but in different ways. In LR contexts, concerns center more on voice and audience perception, 

while in HR contexts they were more closely tied to professional credibility and client trust. The 

shared mechanism was therefore present across both groups, but the stakes were higher in HR 

contexts. 

4.4 Cross case Analysis 

A central purpose of this study is to understand how solopreneurs perceive the business impact of 

AI integration across LR and HR product-risk contexts. For this reason, the cross-case comparison 

is a key part of the findings chapter. After presenting the five aggregate dimensions separately, 

this section compares how the same AI-related mechanisms appeared across both context groups. 

The aim is not to portray LR and HR solopreneurs as two opposite types of AI users, but to identify 
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how product-risk context shapes the meaning, emphasis, and stakes attached to AI use. This 

comparison therefore provides the empirical basis for answering the study’s comparative research 

question.  

The cross-case comparison showed that what most clearly separated the two groups was not 

product-risk in a general sense, but how much each output put the solopreneur’s credibility at 

stake. In low-product-risk contexts, outputs could be judged more on their own. In high-product-

risk contexts, the output was more tightly connected to how the solopreneur’s expertise, judgment, 

and trustworthiness were judged. This means that product-risk context remained the basis for 

comparison, but the data showed that credibility-stakes were a more precise way of describing how 

that difference worked in practice. In the rest of the analysis, product-risk context refers to the 

original comparison category, while credibility-stakes refers to the mechanism that the findings 

brought into focus. 

Table 6 Cross-Case Comparison of LR and HR Solopreneurs 
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Seen through this lens, the comparison did not reveal two opposite forms of AI use. Across both 

groups, AI expanded capability, reduced some solo constraints, introduced new burdens, changed 

competitive conditions, and raised questions of authenticity and trust. The difference was in how 

these mechanisms were interpreted and what they placed at stake. LR participants more often 

connected AI to speed, practical leverage, low overhead, visibility, and bootstrapped growth. HR 

participants more often connected similar mechanisms to expertise, verification, credibility, 

responsibility, and trust. The central cross-case insight is therefore that the mechanism was often 

shared, but the business stakes differed. 

Table 6 presents a structured cross-case comparison of how solopreneurs in low product-risk and 

high product-risk contexts perceive the business impact of AI across five aggregate dimensions. 

While the surface pattern of AI adoption appears similar across both groups all fourteen 

participants actively used AI tools, the meanings, stakes, and boundaries attached to AI use 

differed systematically depending on the risk profile of the business context. Each dimension is 

interpreted in turn below, before the section closes with a cross-dimensional synthesis and a 

connection to the deviant cases discussed in Section 4.6. 

Dimension 1: AI as a conditional capability lever 

Both groups converge on the view that AI functions as a conditional capability level rather than a 

standalone replacement for human expertise. Across both contexts, the productivity value of AI is 

strictly tied to the entrepreneur’s pre-existing domain knowledge. However, the contextual 

divergence lies in the operational downside of lacking that knowledge: LR solopreneurs view a 

lack of expertise as an obstacle to optimal prompting and output quality, whereas HR solopreneurs 

view it as a critical operational risk that threatens professional accountability. 

Dimension 2: AI impact on solo constraints 

Regarding the structural constraints of working alone, both LR and HR participants report similar 

rates of functional role substitution and operational speed relief. The groups diverge in how they 

experience the unresolved aspects of structural fragility. LR solopreneurs emphasize its 

operational dimension-focusing on income volatility and the strategic vacuum of missing a co-

founder. Conversely, HR solopreneurs focus heavily on its affective and relational dimensions, 
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explicitly highlighting the persistence of professional loneliness, emotional load and the absence 

of human colleagues.  

Dimension 3: Risk and cost of AI integration 

While both groups recognize that AI does not completely eliminate systemic business 

vulnerabilities, they treat integration risks with different degrees of severity. LR participants view 

integration risks primarily through a lens of practical friction, such as tool subscription costs or 

workflow configuration errors. For HR participants, integration risks represent immediate 

existential threats to the venture, specifically concerning client data confidentiality, regulatory 

compliance (e.g., GDPR), and the fear of relying on opaque or “black-box” algorithmic outputs 

for high-stakes decision making. 

Dimension 4: Market differentiation and competitive position 

Both groups acknowledge that basic AI adoption no longer offers a unique competitive advantage 

because access to these tools has been democratized among competitors. Consequently, market 

distribution remains a binding constraint across the entire dataset. The distinction is a matter of 

stakes: for LR solopreneurs, the primary objective is market reach: leveraging AI for bootstrapped 

growth, low overhead and speed to compete with larger firms. For HR solopreneurs, market 

distribution is framed as a matter of maintaining authority, where professional credibility and 

domain expertise serve as the primary defensive differentiators.  

Dimension 5: Authenticity, credibility, and trust 

The sharpest contextual divergence occurs regarding authenticity and trust management. While all 

participants actively manage boundaries around their professional identity, their strategies are 

fundamentally different. LR participants focus on brand consistency, seamlessly embedding AI 

into their workflow by training tools on their content, editing outputs to match their voice, or 

practicing transparent disclosure. In contrast, HR participants treat visibility, keeping its role 

confined to back-end preparation while ensuring all client-facing execution remains exclusively 

human.  
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4.5 Cross Case Synthesis Figure 

Read across the five dimensions, the comparison shows that AI mechanisms appear in both LR 

and HR settings, while the emphasis placed on different aspects of capability, the mode of 

structural relief AI provides, the orientation toward integration risk, the stakes in competitive 

positioning, and the strategy for managing AI's visible role differ systematically between the two 

groups. 
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Figure 6 Cross-case comparison of low and high-risk solopreneurs across five dimensions 

Section 4.6 maps the boundaries of this pattern through the deviant and qualifying cases, before 

Chapter 5 interprets it theoretically. 
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4.6 Deviant Cases  

Table 7 Deviant Case Selection in Risk-Contexts 

Note. A deviant case is defined as a participant whose account partially deviates from or sits at the 

operational boundary of a dominant pattern. These cases are used analytically to qualify and add 

depth to the primary cross-case findings. 

INT8 - Deep Integration Without Resolution of Structural Isolation 

Despite maintaining the highest level of AI tool integration in the dataset, INT8 explicitly 

highlights that automation cannot substitute for human connection, stating: "The weird thing is 

that you really do not need basically people anymore in a business. But I wish I did because I like 

the company". This case marks the upper boundary of technological substitution, demonstrating 

that comprehensive back-end automation fails to mitigate the affective isolation of solo work 

INT12 - Cognitive Overload and Internally Contradictory Account 
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This account displays a unique cognitive tension, simultaneously describing AI as a collaborative 

partner while expressing profound cognitive overload and resistance to relinquishing control. 

INT12 notes a distinct reluctance to hand over critical functions like financial management to 

algorithmic systems. This case establishes an internal psychological boundary, demonstrating that 

highly contradictory stance-taking and unresolved sensemaking regarding AI can coexist within a 

single individual's narrative 

INT6 - Experimental Identity That Fits Neither Group Pattern 

INT6 challenges the permanent identity structures observed in both groups by framing 

solopreneurship as a transient, shifting career stage: "It does not necessarily start alone forever, it 

starts alone but does not have to end alone". Because INT6 does not anchor their business identity 

around permanent independence (LR) or rigid expertise signaling (HR), this case introduces a 

temporal boundary condition to the data. It highlights that the HR group is not internally 

homogeneous in its professional identity construction 

Rather than undermining the primary cross-case findings, these three deviant instances map the 

precise boundaries of the identified patterns. They demonstrate that while product-risk contexts 

strongly shape how solopreneurs perceive and integrate AI, they do not deterministically dictate 

them. Individual identity orientations, philosophical commitments to autonomy, and psychological 

sensemaking introduce analytical variances that a structural risk classification alone cannot fully 

account for. 

4.6.1 Qualifying Deviant Cases 

Several participants exhibit minor thematic deviations without fully breaking away from their 

group's overarching pattern. Within the LR cohort, INT4 experiences a distinct personal-societal 

split perceiving AI as highly advantageous for individual business execution while simultaneously 

expressing deep ethical concerns regarding its broader societal harms. This qualification 

underscores that positive individual capability evaluations can run parallel to structural and 

macroeconomic anxieties. 
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5. Discussion  

______________________________________________________________________________ 

This chapter moves from presenting the findings to interpreting their broader meaning. Building 

on the five aggregate dimensions identified in Chapter 4, we develop an abductive analysis of how 

AI reshapes solopreneurial capability, constraints, risk, and trust across LR and HR product-risk 

contexts. The discussion connects the empirical patterns to the theoretical lenses of Dynamic 

Capabilities, Liability of Smallness, and Perceived Risk Theory, while also showing where the 

findings extend or challenge these perspectives. The chapter closes by synthesizing these 

arguments into a conceptual understanding of the impact of AI in solopreneurship. 

______________________________________________________________________________ 

5.1 AI as a Conditional Amplifier 

This section extends Dynamic Capabilities theory by shifting the unit of analysis from the firm to 

a single individual. The argument is that AI is not a dynamic capability. The dynamic capability 

is the solopreneur's ability to judge and direct what AI produces. 

Existing research has shown that AI can support entrepreneurial activity by improving opportunity 

identification, experimentation, decision-making, and the organization of work (Chalmers et al., 

2021; Mariani et al., 2023; Rastogi & Pandita, 2025). Within Dynamic Capabilities theory, such 

processes are often understood through the ability to sense opportunities, seize them, and 

reconfigure resources in response to change (Teece et al., 1997; Teece, 2007). However, these 

discussions often assume an organizational setting, where capabilities are embedded in routines, 

managerial processes, and distributed decision-making. In contrast, solopreneurs operate without 

this organizational infrastructure. This makes the question of how AI becomes a capability 

especially important. 

The findings show that AI should be understood as a conditional amplifier rather than a universal 

equalizer of solopreneurial capability. Participants described AI as expanding what one person 

could do, but this expansion was not automatic. The strongest condition was domain knowledge. 

AI became most valuable when solopreneurs already understood the task, market, or technical area 



 70 

well enough to guide the tool, evaluate the output, and correct mistakes. Without this knowledge, 

AI could still produce something, but participants could not always judge whether the output was 

accurate, useful, or safe to rely on. 

This finding challenges the idea that AI democratizes capability simply by making advanced tools 

widely accessible. The data suggests something more uneven. AI did not equalize all solopreneurs 

in the same way. It was most useful for those who already had enough expertise to ask better 

questions, recognize quality, and decide how to use the result. In this sense, AI amplified existing 

capability more than it created capability from nothing. This aligns with recent evidence that 

generative AI can produce uneven entrepreneurial outcomes, where some entrepreneurs benefit 

more than others depending on how they interpret and apply AI-supported advice (Otis et al., 

2024). This study adds to that insight by showing why this unevenness occurs in solopreneurial 

work: the difference lies not only in access to AI, but in the solopreneur’s ability to evaluate and 

direct it. 

However, domain knowledge was not the only condition. The findings point to a broader form of 

evaluative capacity. This includes domain knowledge, AI literacy, business experience, awareness 

of risk, and market judgment. Solopreneurs needed to know not only whether an AI output was 

technically correct, but also whether it was appropriate for their clients, aligned with their brand, 

credible in their context, and commercially useful. This means that AI capability depended not 

only on using the tool, but on being able to interpret and place the output within a specific business 

situation. 

This helps explain who AI did not equalize in the data. AI was less equalizing for solopreneurs 

who could not verify outputs, for those whose main constraint was distribution rather than 

production, and for those operating in contexts where credibility and professional judgment were 

central to the value proposition. AI could help generate content, code, ideas, or workflows, but it 

did not automatically solve weak market access, lack of trust, limited credibility, or inability to 

assess quality. In other words, AI was most equalizing where the problem was execution, but less 

equalizing where the problem was judgment, credibility, or distribution. 

This finding extends the Dynamic Capabilities perspective. AI can support sensing by helping 

solopreneurs explore ideas, scan options, or think through decisions. It can support seizing by 
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enabling faster production, testing, and execution. It can support reconfiguring by changing 

workflows and shifting work from manual execution to evaluation and supervision. However, in 

this study, these processes were not distributed across an organization. They were concentrated in 

one individual. The solopreneur was the person identifying possibilities, evaluating AI-supported 

outputs, deciding what to act on, and reorganizing the work accordingly. 

Therefore, AI itself should not be treated as dynamic capability. The capability lies in the 

interaction between AI and the solopreneur’s judgment. This is important because Dynamic 

Capabilities theory argues that competitive advantage depends not simply on resources, but on 

how those resources are interpreted, mobilized, and reconfigured (Teece et al., 1997; Teece, 2007). 

In the solopreneurial context, AI becomes strategically meaningful only when the individual can 

turn AI output into useful action. 

This also clarifies the difference between operational and dynamic capability. In many cases, AI 

first appeared as an operational tool: it helped participants do existing tasks faster, such as drafting, 

coding, researching, or creating content. However, AI became more strategically significant when 

it changed what the solopreneur could attempt, how they made decisions, or how they structured 

their work. The shift from execution to evaluation is especially important here. AI did not simply 

make solopreneurs faster; it changed their role in the work. They became less the first producer of 

every output and more the person responsible for judging, directing, and integrating what AI 

produced. 

At the same time, the findings do not support the idea that AI automatically creates durable 

competitive advantage. Several participants recognized that basic AI use is becoming common and 

therefore less distinctive. This means that AI may help solopreneurs participate in the market, but 

it does not by itself make them differentiated. More durable advantage appears to come from how 

AI is combined with domain expertise, AI literacy, client understanding, personal credibility, and 

distribution capacity. 

This finding contributes to Dynamic Capabilities theory by showing how capability formation 

changes when the unit of analysis is not a firm, but a single individual. In AI-enabled 

solopreneurship, capability is not embedded in organizational routines or managerial systems, but 

in the solopreneur’s evaluative capacity. Domain knowledge is the clearest condition, but the 
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broader mechanism is the ability to judge, adapt, and use AI outputs in context. AI therefore does 

not operate as a universal equalizer. It amplifies capability unevenly, strengthening those who can 

direct it while exposing the limits of those who cannot. 

5.2 AI and the Liability of Smallness 

This section extends the Liability of Smallness perspective by showing that AI changes the 

liabilities of working alone without removing them. AI relieves operational liabilities such as role 

overload, time pressure, and missing functional roles. It does not relieve relational and 

accountability liabilities such as credibility, distribution, and final responsibility, which remain 

with the solopreneur. 

Liability of Smallness explains why smaller ventures face disadvantages related to limited 

resources, reduced legitimacy, lack of organizational slack, and restricted access to specialized 

roles (Aldrich & Auster, 1986; Freeman et al., 1983). In solopreneurship, this condition becomes 

even more concentrated because the business does not only operate with fewer people; it operates 

around one person. Strategy, execution, decision-making, customer communication, and 

accountability are carried out by the same individual. 

The findings show that AI changes how this liability is experienced but does not remove it. 

Participants described AI as reducing some of the practical constraints of working alone. It helped 

cover functions that, in a larger business, would often be handled by employees, teams, or 

specialized experts, and that solopreneurs would otherwise need to perform themselves, postpone, 

or occasionally outsource to freelancers or external experts. It also reduced time pressure by 

making production, drafting, research, coding, content creation, and administrative work faster. In 

this sense, AI partly reduces the functional burden of smallness. 

However, the findings also show that AI does not create a full organization around the solopreneur. 

It can simulate parts of organizational capacity, but it does not reproduce the organization itself. 

AI can support missing roles, but it does not provide shared responsibility. It can speed up 

execution, but it does not remove the need for judgment. It can help generate outputs, but it does 

not build trust, legitimacy, or distribution by itself. This distinction is important because it prevents 

an overly optimistic interpretation of AI as a solution to the structural constraints of solo work. 
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The findings also challenge the traditional view of smallness as only a disadvantage. Several 

participants did not describe solo work only as a constraint, but also as an intentional operating 

logic. They valued autonomy, control, low overhead, speed, and freedom from bureaucracy or 

external investors. This means that, in solopreneurship, smallness is both a liability and a strategic 

choice. The same condition that limits capacity also creates flexibility. AI strengthens this tension 

because it allows some participants to preserve the benefits of being small while reducing some of 

its practical costs. 

This has implications for how Liability of Smallness is understood in AI-enabled solopreneurship. 

The theory is still useful because participants clearly faced constraints linked to size: missing roles, 

limited resources, weak market access, and legitimacy challenges. However, the findings suggest 

that these constraints are not all affected by AI in the same way. AI reduces some operational 

liabilities, especially role overload and time pressure, but it leaves other liabilities unresolved. 

Accountability, credibility, distribution, emotional support, and final responsibility remain 

concentrated in the solopreneur. 

The HR/LR comparison adds an important nuance to this argument. AI reduced some functional 

constraints of solo work in both contexts, but the remaining liability differed. In LR contexts, 

smallness was more often tied to visibility, distribution, low overhead, and the ability to compete 

with larger firms. AI helped participants produce and operate faster but did not remove the 

challenge of reaching customers. In HR contexts, smallness was more closely tied to credibility, 

accountability, and trust. AI could support execution, but it did not provide the shared 

responsibility or professional legitimacy that a larger organization might offer. 

This study therefore contributes to the Liability of Smallness perspective by showing that AI does 

not eliminate the disadvantages of smallness; it reconfigures them. In AI-enabled solopreneurship, 

smallness becomes more operationally flexible but not structurally resolved. The liability shifts 

from not having enough capacity to the continued concentration of judgment, credibility, 

accountability, and market access in one person. 
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5.3 AI and the Post-Adoption Risk Burden 

This section extends Perceived Risk Theory in two ways. First, it shows that risk in AI-enabled 

solopreneurship is not only a pre-adoption perception. It is an ongoing responsibility carried after 

every AI-supported decision. Second, it adds the producer's side to existing research on how AI-

generated content affects credibility, authenticity, and trust on the audience side (Yang, 2025; 

Zhang & Hur, 2025). 

Existing research on AI in entrepreneurship shows that AI can support information processing, 

opportunity development, decision-making, and task execution (Chalmers et al., 2021; Mariani et 

al., 2023; Rastogi & Pandita, 2025). Perceived Risk Theory provides a useful lens for 

understanding how individuals evaluate possible negative consequences under uncertainty, 

including performance, financial, social, psychological, and time-related risks (Mitchell, 1999; 

Stone & Grønhaug, 1993). In addition, prior research on AI-generated content suggests that AI 

involvement can shape audience perceptions of credibility, authenticity, and trust, although this 

literature mainly examines consumer or audience responses rather than the producer-side 

perspective of entrepreneurs (Yang, 2025; Zhang & Hur, 2025). 

In this study, we applied that lens to solopreneurs’ evaluations of AI use. The findings show that 

AI did not simply reduce the burden of solopreneurship. It shifted. AI reduced the effort needed to 

draft, produce, research, code, automate, or generate ideas, but it also created new work around 

checking, correcting, deciding, protecting data, and remaining accountable for the final output. In 

other words, AI reduced the burden of manual execution but increased the burden of governing 

AI-supported work. 

This was especially visible in the need for verification. Participants repeatedly described AI 

outputs as useful but not fully reliable. Errors, hallucinations, and unclear reasoning meant that 

AI-supported work still required human checking. This changes the meaning of efficiency. AI may 

speed up the first version of the work, but the solopreneur still needs to invest time and judgment 

in deciding whether that output can be trusted. The risk is therefore not only that AI may make 

mistakes, but that the solopreneur may fail to identify those mistakes before they become part of 

the business. This extends the classic idea of performance risk by showing that, in AI-enabled 
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solopreneurship, performance risk is not only about whether the tool works, but whether the 

individual can verify and stand behind what it produces. 

A second burden concerns accountability. Even when AI produced or supported an output, 

participants did not treat responsibility as transferable to the tool. The final responsibility remained 

with the solopreneur. This is important because AI can automate parts of production, but it cannot 

absorb the consequences of what is delivered, published, or promised. For solopreneurs, this makes 

AI use differently from simple delegation. A task may be partly delegated to AI, but accountability 

remains human. This finding extends Perceived Risk Theory because the issue is not only potential 

loss, but responsibility for consequences. 

The findings also extend traditional risk categories by showing that AI introduces burdens that are 

not fully captured by financial, time, or performance risk alone. Security and data concerns were 

important, especially where participants worked with sensitive information, client data, or 

regulated contexts. At the same time, several participants described a cognitive and capacity-

related burden. AI made more things possible, but this also created pressure to do more, start more 

projects, and keep up with the speed of change. In these cases, the risk was not that AI failed, but 

that its usefulness expanded the volume of work and decisions the solopreneur felt responsible for 

managing. 

This finding adds an important producer-side view to Perceived Risk Theory. Much of the theory 

focuses on how people evaluate risk as buyers or consumers. In this study, participants were not 

only evaluating AI as users of a tool; they were evaluating the consequences of using AI in outputs, 

decisions, and client-facing work for which they remained responsible. Risk therefore became less 

about choosing the wrong tool and more about managing the consequences of AI-supported work 

inside the business. 

This producer-side view also complements prior research on AI-generated content and audience 

perceptions. Existing studies help explain why AI involvement may affect credibility, authenticity, 

and trust from the audience side (Yang, 2025; Zhang & Hur, 2025). This study adds the 

solopreneur’s side of that process: participants anticipated these possible reactions and adjusted 

their AI use accordingly. Some avoided AI in visible or personal forms of communication, while 
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others used transparency, rewriting, or selective use to manage credibility. Risk was therefore not 

only experienced after audience reaction; it was actively managed before publication or delivery. 

The HR/LR comparison adds nuance to this argument. In LR contexts, the shifted burden was 

more often connected to keeping up with speed, visibility, content volume, and the pressure to 

remain competitive. In HR contexts, the burden was more closely tied to verification, 

accountability, security, and professional trust. This means that AI shifted the burden in both 

contexts, but the content of that burden differed depending on what was at stake in the business. 

Therefore, under an AI-enabled model, perceived risk ceases to be a momentary checkpoint in the 

technology adoption lifecycle and instead becomes an embedded variable of ongoing use. AI 

effectively abstracts the labor of creation, but it leaves accountability fully intact. Ultimately, the 

operational reality of the solopreneur shifts from the exertion of manual execution to the high-

stakes responsibility of system governance. 

5.4 The Stakes of AI Use Across Product-Risk Contexts 

Perceived Risk Theory suggests that different product and service categories involve different 

levels of uncertainty and potential consequence (Mitchell, 1999). The Search–Experience–

Credence framework is also useful here because it distinguishes between offerings that customers 

can evaluate more directly and offerings where customers depend more strongly on trust, expertise, 

and credibility (Girard & Dion, 2010). In this study, these ideas were used to compare LR and HR 

solopreneurial contexts. 

The findings show that product-risk context matters, but not in a simple way. The comparison did 

not reveal two completely different patterns of AI use. Across both HR and LR contexts, 

participants described AI as expanding capability, reducing some solo constraints, creating 

verification work, and raising questions about authenticity and trust. The main difference was not 

whether these mechanisms appeared. The difference was what they meant and what was at stake 

when they appeared. 

Product-risk context did not divide participants into AI-positive and AI-negative groups. Instead, 

similar AI-related mechanisms appeared across both contexts but took different meanings 
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depending on the business setting. The main difference was therefore not whether AI was used, 

but what AI use placed at stake. 

In LR contexts, AI was more often linked to practical and market-facing concerns: producing 

faster, increasing visibility, reducing costs, testing ideas, and competing with limited resources. 

Risks were still present, but they were often connected to audience perception, content quality, 

speed pressure, and distribution. In these contexts, AI was mainly evaluated in terms of whether it 

helped the solopreneur produce, reach, and compete more effectively. 

In HR contexts, similar mechanisms carried stronger credibility and accountability implications. 

AI could still expand capability and support work, but because the offering was more closely tied 

to expertise, judgment, and trust, participants were more concerned with verification, client-facing 

use, professional credibility, and responsibility for outputs. In these contexts, AI use was not only 

a question of productivity. It also raised the question of whether the solopreneur could still be 

trusted to deliver judgment, not just output. 

This finding also extends how Perceived Risk Theory is applied in this study. The HR/LR 

comparison shows that risk was attached not only to the AI tool itself, but also to the role that AI-

supported output played in the business. The same AI practice therefore carried different stakes 

depending on whether the output could be evaluated directly or depended more heavily on the 

solopreneur’s expertise and judgment. 

The same point applies to authenticity and trust. Prior research on AI-generated content suggests 

that AI involvement can shape audience perceptions of credibility, authenticity, and trust (Yang, 

2025; Zhang & Hur, 2025). This study adds the solopreneur’s side of that process: participants 

anticipated and interpreted those possible reactions differently depending on their context. In LR 

contexts, the concern was often whether content still sounded genuine and aligned with the 

personal brand. In HR contexts, the concern was more directly tied to whether perceived AI use 

might weaken professional trust or make the solopreneur’s expertise appear replaceable. 

This comparison should not be overstated. The findings do not show two opposite groups, but a 

contextual pattern in which similar mechanisms appeared across both contexts while product-risk 

context shaped their meaning, intensity, and consequence. 
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This section extends Perceived Risk Theory and the Search-Experience-Credence framework 

(Girard & Dion, 2010) by introducing what we call contextual moderation. The same AI-related 

mechanisms appear in both LR and HR contexts, but their meaning and consequence depend on 

the credibility stakes of the offering. Product-risk context does not determine whether AI is used. 

It determines what AI use puts at stake. Risk is therefore not located in the AI tool itself but in the 

role AI-supported output plays in the specific business. 

5.5 AI and the Reconfiguration of Solopreneurship 

Taken together, the findings suggest that AI is reconfiguring what solopreneurship can mean. AI 

was not perceived only to complete tasks faster. Participants described it to extend operational 

capacity, support decision-making, compensate for missing roles, and create a form of thinking 

support in the absence of a team. This means that AI-enabled solopreneurship is not simply 

traditional solo work with more efficient tools. It is a different configuration of solo work, where 

one person can access forms of support that previously required employees, collaborators, or 

specialized expertise. 

However, this reconfiguration is not universal. AI expanded capability unevenly. It was most 

valuable when the solopreneur had enough domain knowledge, AI literacy, business experience, 

and judgment to evaluate and direct the output. This matters because AI does not automatically 

make all solopreneurs equally capable. It can increase what one person can produce, test, or decide, 

but only when that person can turn AI output into reliable and meaningful action. 

One of the clearest signs of this reconfiguration is the shift from execution to evaluation. AI 

allowed participants to move away from being the first producer of every output and toward 

becoming the director, reviewer, and judge of AI-supported work. This changes the solopreneur’s 

role. The value of the individual is not only in producing everything manually, but in deciding 

what is correct, useful, credible, and aligned with the business. 

The findings also show that AI occupies an ambiguous position in solopreneurial work. 

Participants described it as a tool, assistant, co-pilot, conversation partner, “army of brains,” and 

in some cases as a possible cofounder. This language matters because it shows that AI was not 

experienced only as a productivity technology. It could partly fill gaps created by the absence of a 



 79 

team, especially by supporting drafting, problem-solving, decision-making, and strategic 

reflection. However, participants also drew clear boundaries. AI could assist, suggest, draft, or 

challenge, but it could not fully replace human accountability, professional judgment, emotional 

support, or responsibility for the business. 

At the same time, AI did not remove the harder boundaries of solo work. Distribution, trust, 

credibility, and accountability remained difficult to outsource or automate. AI could make 

production faster, but it did not automatically make customers easier to reach, investors easier to 

convince, or professional judgment easier to trust. This is important because it prevents an overly 

optimistic reading of AI-enabled solopreneurship. AI may expand what one person can do, but it 

does not remove the need for market access, relational trust, and human responsibility. 

The HR/LR comparison reinforces this conclusion. Across both contexts, AI expanded what 

solopreneurs could do, but the meaning of that expansion differed. In LR contexts, AI more often 

reconfigured solo work through speed, production, low overhead, and market visibility. In HR 

contexts, AI reconfigured solo work more cautiously, because the business depended more directly 

on trust, expertise, and professional judgment. This shows that AI-enabled solopreneurship is not 

one uniform model. It takes different forms depending on what the business sells, how value is 

evaluated, and what clients or audiences need to trust. 

This reconfiguration is best understood by reading the three theoretical frameworks together. 

Dynamic Capabilities theory explains why AI becomes strategically meaningful only through the 

solopreneur's evaluative capacity to interpret and direct outputs. Liability of Smallness explains 

why AI relieves some structural constraints of solo work (role overload, time pressure, missing 

functional roles) while leaving others untouched (accountability, credibility, distribution, 

emotional load). Perceived Risk Theory, extended to a producer-side view, explains why the 

consequences of AI use are evaluated continuously rather than only at the point of adoption, and 

why those consequences carry different weights depending on product-risk context. Read together, 

the three frameworks describe the same underlying pattern from three angles: AI expands what the 

solopreneur can do but concentrates rather than distributes the judgment and accountability that 

determine whether that expansion creates value. 
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Overall, AI-enabled solopreneurship is best understood as expanded capacity with concentrated 

responsibility. AI allows solopreneurs to do more, think with more support, and operate with fewer 

functional limitations, but it does not remove the defining condition of solopreneurship: one person 

remains responsible for the business and for the meaning of the work produced. This is the central 

reconfiguration identified in this study. AI changes the possibilities of solo work, but it does not 

erase its human, relational, and accountable core. 
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6. Conclusion  

______________________________________________________________________________ 

Building on the findings and discussion, this chapter concludes our study by returning to the 

research question and presenting the main insights from the abductive analysis on how 

solopreneurs perceive the business impact of AI across LR and HR contexts. It first summarizes 

the overall answer to the research question, then presents the theoretical contributions and 

practical implications of the study. The chapter closes by outlining the main limitations, alternative 

explanations, and directions for future research. 

______________________________________________________________________________ 

This study examined how solopreneurs perceive the business impact of integrating AI into their 

ventures across Low-risk and High-risk product contexts. Based on fourteen semi-structured 

interviews and an abductive Template Analysis, the findings show that AI was perceived as neither 

as a simple productivity tool nor as a universal solution to the challenges of solo work. Instead, 

solopreneurs described AI as a conditional capability lever: it could expand what one person could 

produce, decide, test, and manage, but only when the solopreneur had the knowledge, judgment, 

and AI literacy needed to evaluate and direct its outputs. 

The main research question asked how solopreneurs perceive the business impact of integrating 

AI across Low-risk and High-risk product-risk contexts. The findings show that AI was perceived 

as highly impactful, but not unconditionally beneficial. Participants described AI as valuable for 

increasing speed, supporting decision-making, reducing dependence on some forms of external 

support, and allowing one person to operate with greater scope. At the same time, they associated 

AI use with new burdens around verification, accountability, data protection, authenticity, 

cognitive overload, and trust. AI therefore changed the nature of solo work rather than simply 

making it easier. 

The cross-case comparison shows that the difference between LR and HR contexts was not 

whether AI was useful, but what AI use placed at stake. In LR contexts, AI was more often 

connected to speed, visibility, productivity, low overhead, and bootstrapped growth. In HR 

contexts, it was more closely tied to expertise, verification, professional credibility, client trust, 
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and responsibility for outcomes. Similar AI-related mechanisms therefore appeared across both 

contexts, but their meaning and consequences differed depending on the role of trust, expertise, 

and evaluability in the business. 

Overall, the study concludes that AI-enabled solopreneurship is best understood as expanded 

capacity with concentrated responsibility. AI allows solopreneurs to produce, decide, test, and 

coordinate more than before, but it does not provide a team, institutional buffer, or shared 

accountability structure. The solopreneur remains responsible not only for the business itself, but 

also for judging, verifying, and governing what AI makes possible. In this sense, AI changes the 

scale and scope of solo work, but it does not remove its human, relational, and accountable core. 

6.1 Theoretical Contributions and Practical Implications  

6.1.1 Theoretical Contribution  

This study makes four theoretical contributions: 

First, we extend Dynamic Capabilities theory by showing that capability does not reside in the 

technology alone, but in the person who uses it. Existing research shows that AI can support 

entrepreneurial processes such as opportunity identification, experimentation, and reconfiguration 

of work (Chalmers et al., 2021; Mariani et al., 2023; Rastogi & Pandita, 2025). However, our 

findings show that access to AI does not generate capability on its own. For solopreneurs, 

capability emerges only when AI is combined with domain knowledge, AI literacy, business 

experience, and the capacity to evaluate and direct outputs. The implication for Dynamic 

Capabilities theory is that, in the solopreneurial context, sensing, seizing, and reconfiguring are 

not supported by organizational routines or distributed teams, but are concentrated in a single 

individual whose judgment determines whether AI creates value or creates risk. 

Second, we refine the Liability of Smallness perspective by distinguishing between functional and 

structural constraints, and by showing that AI addresses only the first. Prior literature frames small 

venture liabilities in terms of limited resources, legitimacy deficits, organizational slack, and role 

specialization (Aldrich & Auster, 1986; Freeman et al., 1983). Our findings show that AI can 

reduce some of these constraints: it alleviates role overload, accelerates production, and extends 

access to specialized skills. But it does not resolve the structural liabilities of solo work. 
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Accountability, distribution, trust, legitimacy, and the absence of relational support remain 

concentrated in the solopreneur regardless of how much AI is adopted. We therefore refine the 

Liability of Smallness perspective by showing that AI reconfigures smallness rather than removing 

it: solo work becomes operationally more flexible, but the deeper constraints that define it are not 

redistributed by AI. 

Third, we extend Perceived Risk Theory by showing that, in AI-enabled solopreneurship, risk is 

not confined to the adoption decision but continues through ongoing use. Perceived Risk Theory 

sensitized the analysis to how solopreneurs interpreted uncertainty, downside, and possible loss 

across performance, social, psychological, and time-related dimensions (Mitchell, 1999; Stone & 

Grønhaug, 1993). Our findings showed that these concerns did not end once AI was adopted. 

Instead, solopreneurs experienced risk as a continuing responsibility tied to verifying outputs, 

protecting client data, managing cognitive overload, and preserving professional credibility in AI-

assisted work. We therefore extend Perceived Risk Theory by showing that, in this context, risk is 

experienced not only at the point of adoption but also on the producer side, where the solopreneur 

remains responsible for the outputs and consequences of AI-assisted work. 

Fourth, we show that product-risk context operates as a form of contextual moderation that shapes 

the meaning, not only the magnitude of AI use. Prior research has shown that AI can shape how 

audiences perceive credibility, authenticity, and trust (Yang, 2025; Zhang & Hur, 2025), but this 

work focuses primarily on audience responses rather than producer strategy. Our study adds the 

solopreneur’s perspective and identifies a systematic comparative pattern: across all five analytical 

dimensions, solopreneurs in low- and high-product-risk contexts reported similar mechanisms but 

attached different meanings and stakes to them. In low-product-risk contexts, AI was more often 

experienced as a lever for speed, production volume, and market entry. In high-product-risk 

contexts, the same tools were more often experienced as conditional resources requiring expertise, 

supervision, and active credibility management. This was not simply a difference in adoption rate 

or tool preference. It was a difference in what AI use meant and what it placed at stake depending 

on the credibility-stakes of the offering. 

Taken together, these four contributions show that AI-enabled solopreneurship cannot be fully 

understood by applying existing frameworks in their original form. Dynamic Capabilities theory 

must account for capability that is individual rather than organizational. The Liability of Smallness 
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must distinguish between constraints that technology can reconfigure and constraints it cannot. 

Perceived Risk Theory must extend beyond adoption to address the ongoing burden of production 

responsibility. And any account of AI and trust must recognize that product-risk context does not 

merely moderate the benefits of AI, but changes what AI use means. The collective contribution 

of the study is therefore a more precise theoretical vocabulary for understanding when, how, and 

at what cost AI expands individual entrepreneurial capacity. 

6.1.2 Practical Implication  

Our findings offer practical implications for solopreneurs, business educators and coaches, and 

support organizations working with independent entrepreneurs. Across all three audiences, the 

main lesson is the same: AI should not be treated as a shortcut that automatically solves the 

challenges of solo work. Its value depends on how well it fits the business context, how carefully 

it is governed, and how effectively the solopreneur can judge its outputs and limits. 

For all solopreneurs: AI is now the baseline, not the advantage 

Across both low- and high-product-risk contexts, participants described a clear shift in how AI fits 

into competitive positioning. Basic AI use was no longer seen as a strong source of differentiation. 

As INT10 put it, “if you're just using AI, I don't think it's an advantage at all because everyone is 

using AI as of now.” The implication is that solopreneurs should not build their strategy around 

AI adoption alone. They need to identify what they bring that AI cannot replace, such as market 

knowledge, client relationships, judgment, reputation, or specialist expertise, and use AI to 

strengthen that foundation rather than substitute for it. 

A further implication is that many solopreneurs have experienced the current AI moment as a 

window of opportunity. They saw AI not only as a tool for efficiency, but as a chance to build, 

test, and compete in ways that previously required more people, more capital, or more time. Yet 

this same opportunity also expanded the amount of noise surrounding the business. As a result, the 

practical challenge was not simply to move faster, but to make better decisions about what 

deserved attention, investment, and follow-through. In this sense, the current AI moment increases 

the value of judgment: solopreneurs need to identify which opportunities are strategically 

meaningful, and which are only distractions amplified by speed. 
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For all solopreneurs: domain knowledge, verification, and accountability matter more than 

tool access 

One of the clearest findings across the interviews was that AI created the most value when 

participants already understood their field well enough to judge what AI produced. As INT2 said, 

“I do not have the knowledge to verify that the AI is correct.” Verification was also described as a 

routine part of AI-assisted work, not an occasional check. INT13 (LR) stated: “I always check 

what it produces.” The practical implication is that solopreneurs should invest not only in learning 

tools, but in building the expertise needed to evaluate outputs, compare alternatives, and decide 

when AI should not be trusted. 

This also means treating checking time as part of the real cost of AI use. More importantly, AI can 

support work, but it cannot take on accountability. As INT8 put it, "Somebody with blood running 

through the veins needs to be accountable." Where errors affect trust, safety, quality, or reputation, 

responsibility remains fully human. This is a direct consequence of the structural distinctness 

argument: in a venture where capability and accountability are both located in one person rather 

than distributed across a team, the individual's capacity to judge, verify, and own outcomes is the 

bottleneck, and that capacity is what AI amplifies or exposes. 

For solopreneurs in low-product-risk contexts: more production does not automatically 

mean more growth 

In low-product-risk settings, AI mainly expanded output, speed, and operational flexibility. 

Participants described being able to complete work more quickly and reduce reliance on external 

specialists. But they also showed that faster production did not solve the harder market problem. 

As INT5 (LR) explained, “the bottleneck is not doing things, it is selling them, distributing them.” 

The practical implication is that solopreneurs in these contexts should separate production strategy 

from distribution strategy. AI can help them make more, but it does not remove the need for 

visibility, customer acquisition, and market reach. 

Participants in these contexts also described a specific pressure created by the speed of the current 

AI moment: the fear of falling behind, missing the wave, or failing to exploit a temporary 

advantage. As INT4 put it, “So I feel FOMO.” That pressure can be productive, but it can also 

push solopreneurs toward shallow experimentation and constant switching. The practical 
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discipline is not to chase every new tool, but to decide which AI-enabled opportunities genuinely 

strengthen the business and which ones only create the appearance of momentum. 

For solopreneurs in high-product-risk contexts: make deliberate decisions about where AI 

appears 

In high-product-risk settings, AI use carried stronger credibility and trust implications. Participants 

were more cautious about using AI in areas where clients were paying for expertise and judgment 

rather than for raw output. The practical implication is that solopreneurs in these contexts should 

make explicit decisions about where AI is visible and where it is not. Using AI to support 

preparation, structure internal thinking, or generate first drafts does not carry the same stakes as 

using it directly in final advice, recommendations, or other trust-sensitive deliverables. 

In these contexts, the practical priority is not maximum automation, but selective and defensible 

use. AI can still expand capacity, but it needs to be integrated in ways that protect client's trust and 

professional credibility rather than weaken them. Clear internal rules about where AI is acceptable, 

where manual review is mandatory, and where human-only work remains necessary can help 

solopreneurs avoid inconsistency and protect the value clients believe they are buying. 

For educators, coaches, and support organizations: teach judgment, not only adoption 

The clearest implication for educators and support organizations is that AI training should go 

beyond tool use. The most valuable AI skill in this study was evaluative capacity: knowing how 

to assess outputs, protect data, manage authenticity, and decide when AI strengthens or weakens 

the work. Training that focuses only on features, prompting, or automation addresses the easiest 

part of the problem. The harder and more important task is helping solopreneurs learn how to 

judge, filter, and govern AI in context. 

Support organizations should also avoid treating AI as a full solution to the resource problem of 

solo work. The findings showed that AI can reduce role overload and increase speed, but it does 

not remove accountability, trust, legitimacy, or relational isolation. More useful support will 

therefore distinguish between the constraints of AI changes and the ones it does not. It should also 

reflect business context. Solopreneurs in low-product-risk settings may need more help with 

distribution and strategic focus, while those in high-product-risk settings may need more help with 

verification routines, credibility management, and responsible AI use in trust-sensitive work. 
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Overall, the practical lesson of this study is that AI increases what solopreneurs can do, but also 

increases what they must manage. The solopreneurs who benefit most are therefore unlikely to be 

those who adopt AI fastest, but those who use it most deliberately in relation to the actual risks, 

constraints, and credibility demands of their business. 

6.1.3 Societal Implications 

The findings also carry broader societal implications for how AI is understood in relation to 

independent work, professional trust, and the future of work. Public discussions often frame AI as 

a democratizing technology that allows individuals to do more with fewer resources. Our findings 

partly support that view, but they also show that the benefits of AI are uneven. The solopreneurs 

who gained the most value were not simply those with access to AI, but those with the knowledge, 

judgment, and credibility to evaluate and direct its use. This suggests that AI may not only widen 

opportunity for independent workers but also widen the gap between those who can govern AI 

effectively and those who cannot. 

A second societal implication concerns the changing nature of solo work. AI made one-person 

businesses more operationally capable, but it did not reduce the concentration of responsibility, 

the emotional strain of working alone, or the need to remain accountable for outcomes. In this 

sense, AI may support the growth of leaner and more scalable solo ventures without reducing the 

underlying exposure of the people running them. This matters for wider debates about self-

employment and the future of work, because it suggests that technological empowerment can 

coexist with continued precarity, pressure, and isolation. 

The findings also highlight a growing tension around trust in AI-mediated markets. In high-

product-risk contexts especially, participants were concerned that visible AI use could weaken the 

trust placed in their expertise, judgment, or authenticity. This suggests that as AI becomes more 

common in professional and creative work, human accountability may become more socially 

important rather than less. The broader issue is not only whether AI is used, but how people can 

judge when AI-assisted work remains trustworthy, who is responsible when it fails, and how much 

disclosure audiences and clients should reasonably expect. 

Finally, the study suggests that the current AI moment is not only a technical shift, but also a social 

one. Many participants experienced it as a window of opportunity, but also as a source of urgency, 

pressure, and fear of falling behind. This has implications for how society understands 
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entrepreneurial adaptation in AI-intensive environments. If AI expands what individuals can do 

while also increasing the pressure to do more, then the future of independent work may become 

not only more flexible, but also more demanding. The societal challenge is therefore not only how 

to expand access to AI, but how to ensure that AI-enabled work develops in ways that remain 

sustainable, trustworthy, and humanly manageable. 

6.2 Limitations  

Despite the contributions of this study, several limitations must be acknowledged. The qualitative 

and exploratory nature of the research, together with its focus on solopreneurs' perceptions of AI 

across product-risk contexts, shapes the scope and transferability of the findings. These limitations 

are organized across four dimensions: methodological, contextual, theoretical, and researcher 

related. 

6.2.1 Methodological Limitations  

The study draws on 14 semi-structured interviews, a sample size appropriate for exploratory 

qualitative work but one that supports analytical rather than statistical generalization (Saunders et 

al., 2019; Easterby-Smith et al., 2021). Two features of the sample further bound what can be 

claimed from it. First, purposive recruitment privileged solopreneurs who were digitally visible 

and reflective about AI, which may have produced stronger or more articulated views than the 

broader population holds. Second, LR participants were recruited primarily through Instagram and 

HR participants primarily through LinkedIn. Because each platform carries its own identity culture 

(lifestyle and autonomy on Instagram, professional positioning on Linkedln), the "bootstrapped 

and indie" pattern observed in the LR group cannot be fully disentangled from the recruitment 

channel. 

All data are self-reported. Participants described their AI use rather than being observed using it, 

which introduces the possibility of social desirability bias and retrospective reinterpretation. This 

is most consequential for the authenticity, credibility, and trust themes, where the study captures 

solopreneurs' beliefs about client reactions rather than verified client responses. 

Finally, coding was supported by QualCode, a researcher-developed tool used for transcript 

management, code application, and hierarchical organization rather than for automated analysis. 
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All interpretive decisions remained researcher-led, guided by an explicit codebook and discussed 

between both researchers. 

6.2.2 Contextual Limitations  

The LR/HR distinction was useful for structuring comparison but should be read as an analytical 

classification rather than a fixed boundary. Real solopreneurial portfolios are often hybrid: a single 

individual may offer activities that span risk contexts. The four-criteria framework in Table 4 and 

the dominant-activity rule were used to manage this, but classification at the level of the individual 

cannot fully capture activity-level variation. 

The study is also a snapshot. Interviews were conducted during a period of rapid change in AI tool 

capability, accessibility, regulation, and social acceptance. Participants' perceptions reflect the 

moment of interview and may not hold as the technology and the surrounding norms evolve; one 

participant explicitly noted that their stance on AI as a co-founder could shift within weeks. A 

longitudinal design would be better suited to tracking how solopreneurs' interpretations move over 

time. 

6.2.3 Theoretical limitations  

The three theoretical frameworks anchoring this study, Dynamic Capabilities, Liability of 

Smallness, and Perceived Risk Theory, were developed for organizational or consumer contexts 

rather than for one-person ventures. Each required adaptation: sensing, seizing, and reconfiguring 

were treated as cognitive rather than routine-based processes; smallness was interpreted not only 

as constraint but also as a deliberate preference for autonomy and perceived risk was repositioned 

from consumer uncertainty to the business owner's own evaluation of stakes affecting professional 

identity. 

The abductive design accommodated this adaptation by treating the theories as sensitizing lenses 

rather than testable models, allowing empirical material to refine them. The findings should 

therefore be read as a context-specific theoretical interpretation, not as a full test or extension of 

the underlying frameworks. 
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6.2.4 Researcher Limitations  

Some interviews were conducted in languages other than English and subsequently translated. 

Transcriptions were generated using Microsoft Teams and Fireflies.ai and corrected manually, but 

minor inaccuracies cannot be excluded, particularly with accents or technical vocabulary. Where 

translational ambiguity remained, descriptive glosses were added in brackets to preserve the 

intended meaning. 

Both researchers have backgrounds in digital business and a stated interest in AI as an enabler of 

entrepreneurial activity. This constitutes a passionate outsider stance (Saunders et al., 2019) which 

may have shaped probing during interviews and the interpretation of ambiguous statements. 

Reflective memos and member validation were used throughout to mitigate this risk but cannot 

eliminate it. 

6.3 Alternative Explanations  

A rigorous qualitative analysis requires explicit engagement with alternative explanations for the 

patterns identified in the findings. Three are presented here.  

1. Industry composition rather than risk perception - the observed differences between HR and 

LR group may reflect the specific industries represented in each group rather than product-risk 

context as a structural variable. Industry and product-risk context are structurally correlated in the 

sample and cannot be fully disentangled.  

2. Platform selection bias as an explanation for the Bootstrapped and Indie Philosophy 

pattern. The bootstrapped/indie identity pattern may reflect the communities from which LR 

participants were recruited rather than a genuine feature of LR solopreneurial identity. A different 

recruitment strategy might not produce the same pattern. 

3. Individual personality and risk tolerance. Individual traits such as openness to experience, 

risk tolerance, and epistemic self-confidence may explain a substantial portion of the within-group 

variation that the product-risk context framing does not account for. 

6.4 Future Research  

The findings and limitations of this study point to several directions for future research. 
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6.4.1. Longitudinal research on AI adoption over time 

This study captured solopreneurs’ perceptions of AI at a single point in time during a period of 

rapid technological change. Several participants explicitly described their views as evolving, 

especially in relation to dependency, trust, cognitive overload, and the value of new tools. A 

longitudinal design following the same solopreneurs over time would make it possible to examine 

whether the patterns identified here remain stable or change as AI tools mature, become more 

normalized, or become more deeply integrated into everyday work. 

This is theoretically important because the study’s conclusions about conditional capability, 

shifting risk, and concentrated responsibility were based on cross-sectional accounts. A 

longitudinal design could test whether these are stable features of AI-enabled solopreneurship or 

temporary responses to an early phase of adoption. It could also clarify whether the current 

“window of opportunity” framing persists, narrows, or disappears as AI becomes part of the 

competitive baseline. 

6.4.2 Mixed-methods research linking perceived impact to business outcomes 

This study focused on perceived business impact rather than objective performance. As a result, it 

showed how solopreneurs interpreted AI’s value, but not whether those perceptions translated into 

measurable differences in outcomes such as revenue growth, content reach, customer retention, or 

client conversion. A mixed-methods design combining interview data with performance indicators 

would allow future researchers to examine whether the gains reported here correspond to 

observable business effects. 

This is important because the study extended Dynamic Capabilities theory through participants’ 

accounts of capability expansion, but it could not test whether those perceived gains produced 

sustained advantage. A mixed-methods design would help clarify whether AI-enabled sensing, 

seizing, and reconfiguring at the individual level led to measurable business improvement, or 

whether some of the value of AI remains situational and unevenly realized in practice. 

6.4.3. Comparative recruitment and platform-based sampling research 

As discussed in Section 6.3 Alternative Explanations, the recruitment strategy may have 

introduced differences between the LR and HR groups that reflected platform cultures as well as 
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product-risk context. In particular, the bootstrapped and indie-oriented identity pattern in the LR 

group may partly reflect recruitment through digital communities where those values are especially 

visible. A future study that recruits similar business types across different platform environments 

would allow researchers to examine whether these identity patterns remain consistent or are 

specific to certain communities. 

This is theoretically important because the study’s contextual argument rests on the claim that 

product-risk context shapes how AI is interpreted and what it places at stake. A design of this kind 

would test the strength of that claim by distinguishing the effects of business context from the 

effects of community norms and self-presentation. It would also strengthen the trustworthiness and 

broader relevance of the present study by clarifying whether the observed differences are rooted 

mainly in product-risk context, in identity context, or in both. 

6.4.4 Larger comparative samples across a wider range of solopreneurial contexts 

Although the present sample was appropriate for an abductive qualitative study, future research 

with a larger number of participants could test the robustness of the cross-case patterns identified 

here across a broader range of industries, business models, and national settings. This would be 

particularly useful for examining whether the distinction between low- and high-product-risk 

contexts remains stable when applied to more heterogeneous solopreneurial populations. 

This matters theoretically because the present study proposes that product-risk context shapes the 

meaning and stakes of AI use. A larger comparative sample would allow researchers to test how 

far that argument travels, where its boundaries lie, and whether additional contextual variables 

become more important once the range of cases is expanded. 

Taken together, these future directions would help clarify the temporal, demographic, behavioral, 

and contextual boundaries of the present findings. More broadly, they would test how stable the 

study’s core argument remains across different populations, stages of AI adoption, and forms of 

evidence. This matters because the value of the present study lies not only in identifying current 

patterns, but also in opening a more precise research agenda for understanding how AI reshapes 

solo entrepreneurship over time. 
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6.5 Study Conclusion 

This study approached solopreneurship not as a smaller version of team-based entrepreneurship 

but as a structurally distinct entrepreneurial form, in which strategic, operational, marketing, and 

accountability functions are concentrated in a single individual and venture performance is bound 

directly to the capacity of that individual (Section 2.2.2). This structural premise is what makes 

the question of AI's impact on solopreneurs analytically different from the question of AI's impact 

on firms or teams, and it is the premise on which the empirical findings and their interpretation 

rest. 

This study examined how solopreneurs perceive the business impact of AI integration across low- 

and high-product-risk contexts. The study finds that AI was perceived as highly impactful in both 

contexts, but not in the same way. Across the dataset, solopreneurs described AI as expanding 

what one person could produce, decide, test, and manage. However, the meaning and 

consequences of that expansion differed depending on the type of business. In low-product-risk 

contexts, AI was more often associated with speed, production, visibility, and low overhead. In 

high-product-risk contexts, it was more closely tied to expertise, verification, credibility, and 

responsibility for outcomes. 

The central conclusion of the study is therefore that AI-enabled solopreneurship is best understood 

as expanded capacity with concentrated responsibility. AI increased what solopreneurs could do, 

but it did not remove the need for judgment, verification, trust-building, or accountability. Instead, 

it changed the scale and scope of solo work while leaving its deeper human and relational burdens 

in place. 

The study’s contribution is both theoretical and substantive. It shows that AI capability in 

solopreneurship is conditional rather than automatic, that AI reconfigures rather than removes the 

liabilities of smallness, and that AI-related risk continues after adoption as an ongoing burden of 

use. More broadly, it shows that product-risk context shapes not only whether AI is useful, but 

what AI uses places at stake. 

Taken together, these findings show that AI does not dissolve the defining condition of solo 

entrepreneurship. It reorganizes it. Solopreneurs can do more than before, but they still stand alone 

in carrying out the responsibility for what their businesses produce. The structural distinctness of 
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solopreneurship is therefore not a peripheral framing in this thesis but its central premise: it is what 

determines whether AI integration becomes expanded capacity or concentrated burden, and it is 

the foundation on which both the theoretical contribution and the practical guidance of this study 

are built. 
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APPENDIX A  Questionnaire for Interviews with Solopreneurs 

WARM-UP 

● Can you briefly describe your business and what you sell?  

● How would you personally define a “solopreneur”? What does that term mean to you? 

● How long have you been operating as a solopreneur? 

● Where are you currently based? 

● What are the main activities you personally handle in your business? 

● What are the biggest challenges of running the business alone? 

● Would you feel comfortable sharing roughly the average monthly revenue of your 

business?  

 

AI as a Business Tool 

● Do you currently use AI tools in your business? If yes, in what ways? 

● What first motivated you to explore AI tools in your business — or to avoid them?  

○ Follow-up: Was there a specific moment or trigger that pushed you in that 

direction? 

● How has your use of an AI changed or evolved since first time using it?  

● How has your use of AI evolved over time, if at all — both in terms of what you use it for 

and how much you rely on it?  

● In what areas of your business are you currently considering using AI?  

● What challenges or problems do you face using AI tools in your work?  

 

Marketing related:  
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● Do you use an AI for clients - facing outputs - like content, copy or communication or more 

for behind the scenes tasks? Can you give any examples? 

● How has AI changed the volume or quality of content or campaigns you are able to produce 

alone? 

● Before AI, how did you typically handle the tasks you now use AI for?  

 

Tech- related: 

● Do you use AI more for generating code, automatic workflows or for strategic / business 

tasks? Can you explain to me a typical use case?  

● Has AI changed the types of projects or clients you are able to take on as a solo developer 

or technical founder?  

● Before AI, how did you typically handle the tasks you now use AI for? 

 

Perceived Risk 

● What do you see as the main risks of using AI tools in your type of business? 

● Have you ever hesitated to use or publish something AI-assisted?  

- Follow-up: What held you back? 

● How do you think, end user of your business would react if they knew/recognized AI 

played a role in how you run your business or communicate with them?  

● Do you think the risks of using AI would be different if your business operated in a 

sensitive field, such as healthcare or financial services?"  

● Have there been situations where AI created problems or extra work for you? 

 

Marketing-related:  

● How has AI influenced how potential clients or customers perceive your credibility or 

professionalism? 
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● Have you noticed any differences when it comes to your audience and AI-assisted 

content versus content you produce entirely yourself?  

 

Tech-related: 

● Has AI changed the speed at which you can deliver work or test new solutions for clients? 

● Has using AI tools affected how clients perceived the quality or value of your technical 

output?  

 

Business Impact   

● What changes, if any, have you noticed in your business since using AI tools?  

- follow up Q: Think about things like efficiency, visibility, revenue, or how clients 

perceive you - has anything shifted there?  

● Do you consider AI as a competitive advantage for your business? 

● Can you think of a situation where AI clearly helped your business? 

● Do you think AI has changed your ability to compete with other businesses? 

● Has using an AI affected how clients or customers perceive the quality of your work - 

positively, negatively or not at all?  

● Are there aspects of your work or communication that you believe should never be 

delegated to AI? What makes those different? 

 

 

Marketing related:  

● How do you ensure that what AI helps you produce still feels authentic and consistent with 

your brand or voice? 

● HAs AI changed the volume or consistency of your content output and has that translated 

into any visible business results like more leads or engagement?  
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● Have you ever experienced a situation where AI-assisted content performed differently, 

than content you created entirely yourself?  

 

Tech- related:  

● Has AI changed the speed and quality at which you can deliver technical work to clients?  

follow up: Have clients noticed or commented on this?  

● Has AI allowed you to take on project types or technical challenges that were previously 

outside your individual skill set?  

● HAs AI changed how you approach problem-solving or product development, not just the 

speed, but the process itself?  

 

Liability of Smallness 

● Do you feel that operating solo affects how much you can leverage or trust AI tools 

compared to a larger business? 

● What would you say you still cannot do alone even with AI - where does the amplification 

have a ceiling?   

● What resources — time, money, skills — do you feel are necessary to use AI effectively 

as a solopreneur?  

● Do you think the advantage AI gives solopreneurs is sustainable, or will larger players 

always catch up and outpace you? 

 

Reflections and Conclusion:  

● If you had to describe AI in one sentence in terms of what it means for your business 

● Looking ahead, how do you see your use of AI evolving, and what would need to change 

for you to use it more or differently? 

● Looking ahead, how do you see AI influencing your business in the future? 
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● If AI tools disappeared tomorrow, how would that impact your business? 

● Is there anything about using AI in your business that we haven’t discussed but you think 

is important? 
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APPENDIX B  Cross-case selected evidence table  

Aggregate 

dimension 

Second-order 

theme 
Illustrative evidence Analytical relevance 

AI as a 

Conditional 

Capability Lever 

AI Amplification 

Conditional on 

Domain 

Knowledge 

INT3 (HR): “AI amplifies what 

you already know; it cannot 

replace expertise you don’t 

have.” 

INT1 (LR): “For some things 

you need to have domain 

knowledge.” 

INT4 (LR): “when you don’t 

know the topic deeply, 

formulating the right questions 

can be complex.” 

INT5 (LR): “If you have a bit of 

a technical background, it gives 

you an advantage…” 

INT3 (HR): “Matching the right 

model to the right use case is an 

important skill in itself.” 

Capability gains 

depend on prior 

understanding, 

verification, and 

proper framing. HR 

states this more 

explicitly, but LR 

contains clear 

counter-cases. 

Work shifts from 

execution to 

evaluation 

INT3 (HR): “I am more of a 

reviewer now than a 

programmer.” 

INT3 (HR): “I describe what I 

want, let it work, then review 

and give feedback.” 

INT11 (LR): “Sometimes I 

double-check things myself…” 

INT13 (LR): “Even though I 

AI reconfigures work 

from direct 

production toward 

prompting, reviewing, 

correcting, and 

quality control. 
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have the premium model, I still 

double-check everything.” 

AI as a Cognitive 

and Strategic 

partner 

INT12 (HR): “It helps me a lot 

to think…” 

INT6 (HR): “you have an army 

of brains smarter than you at 

your disposal.” 

INT10 (LR): “I can sort of 

validate my own thoughts…” 

INT8 (HR): “I do treat it like it 

is a co founder…” 

AI is used not only to 

produce outputs but 

also to think, reflect, 

validate, and extend 

cognitive reach. 

AI Impact of Solo 

Constraints 

Structural 

Fragility 

INT11 (LR): “Training multiple 

people at once… My main 

limitation is time.” 

INT8 (HR): “It does not solve 

the accountability issue.” 

INT8 (HR): “I would probably 

mentally be healthier without 

AI…” 

INT7 (HR): AI does not remove 

all skill gaps. 

AI reduces some 

burdens, but the 

structural fragility of 

solo work remains in 

time, accountability, 

capability ceilings, 

and personal strain. 

Functional Role 

Substitution 

INT13 (LR): “I would have had 

to hire someone to do it.” 

INT14 (LR): “Before… I 

needed help… Now I can do it 

by myself with AI.” 

INT1 (LR): “You do not even 

need to have co-founders or 

employees.” 

INT7 (HR): AI agent replaced a 

human research consultant. 

AI can substitute 

some external labour 

or support roles, 

especially in coding, 

research, 

administration, and 

content-related tasks. 
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Speed as 

Structural Relief 

INT1 (LR): “100 or 1000X 

faster than before.” 

INT4 (LR): “Those pages took 

me 2 days to build. Before, it 

would have taken me between 1 

and 2 months…” 

INT13 (LR): “With ChatGPT, I 

had it calculated in 2 minutes.” 

INT2 (HR): a project imagined 

for years was completed in two 

hours. 

Acceleration itself 

becomes a structural 

relief mechanism by 

allowing solo actors 

to do more without 

immediate scaling. 

Risk of AI 

Integration 

Performance 

Risk 

INT8 (HR): “AI … has no idea 

about security or privacy…” 

INT10 (LR): AI can create “bad 

data structures or bad flow.” 

INT13 (LR): “I still double-

check everything.” 

INT3 (HR): AI can waste time 

and go off course on bugs. 

AI can produce 

flawed, unsafe, or 

misleading outputs 

that demand 

verification and 

correction. 

Accountability 

Cannot Be 

Delegated to AI 

INT3 (HR): “I remain fully 

responsible for it.” 

INT3 (HR): “I am always the 

one accountable for any data I 

handle.” 

INT11 (LR): “If it makes sense, 

I use it. If not… I do it my own 

way.” 

INT12 (HR): reluctance to hand 

AI “the keys” to finances. 

Responsibility 

remains with the 

solopreneur even 

when AI contributes 

substantially to the 

work. 
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Security and 

Data Risk of AI 

integration 

INT2 (HR): “I am not going to 

give the AI my customer list.” 

INT10 (LR): “it’s not a great 

spot to send your valuable and 

sensitive data to the USA…” 

INT13 (LR): “I don’t put any 

sensitive data or personal 

information into it…” 

INT14 (LR): a shared database 

was deleted. 

INT12 (HR): data risk is 

especially salient in health. 

Security and data risk 

is central across both 

groups and should not 

be treated as an HR-

only concern. 

Cognitive and 

Capacity Risk 

INT12 (HR): “Now that I work 

with AI I have much more work 

than before…” 

INT12 (HR): “I am with four 

parallel projects… And so I 

have stress.” 

INT5 (LR): “I am afraid of 

becoming obsolete tomorrow.” 

INT4 (LR): “So I feel FOMO.” 

AI can intensify 

workload, stress, 

dependency, and 

pressure to keep up 

rather than simply 

reducing effort. 

Market 

Differentiation 

and Competitive 

Position 

From 

competitive 

differentiator to 

competitive 

baseline 

INT10 (LR): “everyone is using 

AI as of now.” 

INT3 (HR): AI also benefits 

competitors. 

INT12 (HR): AI has not solved 

the harder market problem. 

INT5 (LR): production is easier, 

selling is harder. 

Basic AI use is 

increasingly baseline; 

advantage now 

depends more on 

application quality 

than on mere 

adoption. 

Smallness 

Becomes a 

INT4 (LR): “I am competing 

from my house… against 

AI can temporarily 

convert small scale 
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Conditional 

Advantage 

companies with millions of 

dollars…” 

INT1 (LR): “I can get some 

market share out of them for 

sure because of AI.” 

INT11 (LR): a solo person may 

compete with larger teams when 

AI agents mature. 

INT1 (LR): very high margins 

create endurance advantages. 

into an advantage 

through low 

overhead, speed, and 

flexibility, but only 

under specific 

conditions. 

Distribution as 

main constraint 

INT12 (HR): “the problem is 

always distribution…” 

INT5 (LR): “the bottleneck is 

not doing things, it is selling 

them, distributing them.” 

INT7 (HR): “main limitation is 

on the distribution side…” 

INT12 (HR): attention is scarce 

and increasingly contested. 

The main bottleneck 

shifts from making 

products to reaching 

audiences, attention, 

and customers. 

Authenticity, 

Credibility, and 

Trust 

Selective AI use 

protects 

authenticity 

INT9 (LR): “I rewrite it in my 

own voice so it stays true to 

me.” 

INT14 (LR): “I trained it to 

write in my specific voice and 

tone.” 

INT12 (HR): “you completely 

lose your voice.” 

INT11 (LR): AI cannot fully 

capture personality. 

Participants preserve 

authenticity by 

editing, constraining, 

or refusing visible AI 

substitution in 

identity-bearing 

outputs. 

Perceived AI Use 

Shapes 

INT3 (HR): “They already 

know — I’m transparent about 

Trust depends not 

only on actual AI use 
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Credibility and 

Trust 

it…” 

INT9 (LR): “Either I post it with 

a label, or I don’t post it at all.” 

INT9 (LR): “A follower pointed 

it out and I added the label 

straight away…” 

INT14 (LR): AI-assisted content 

improved engagement. 

INT12 (HR): visible AI video 

may fail to create connection. 

but on how AI 

involvement is 

perceived, disclosed, 

and responded to by 

audiences or clients. 

AI Literacy as 

the New 

Credential 

INT3 (HR): “Matching the right 

model to the right use case is an 

important skill in itself.” 

INT1 (LR): “For the things 

where I have domain 

knowledge, AI accelerates it.” 

INT13 (LR): “I had to compare 

outputs from both GPT and 

Gemini.” 

INT1 (LR): product quality 

depends on knowing how to 

control the system. 

The ability to direct, 

compare, and verify 

AI increasingly 

functions as a marker 

of competence and 

legitimacy. 
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