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Abstract

As influencer marketing continues to grow as a central component of many companies'
marketing strategy, the ability to accurately measure campaign effectiveness has become
increasingly important. While substantial financial investments are allocated to influencer
campaigns, current measurement practices vary considerably in their ability to capture actual
business performance. This study examines how companies measure the effectiveness of
influencer marketing campaigns and how these practices are shaped by campaign objectives
and internal capabilities. Using a qualitative approach, nine semi-structured interviews were
conducted with marketing managers at Swedish companies and influencer marketing
agencies. The findings indicate that indirect metrics, particularly engagement, dominate
current measurement practices. This reliance is primarily driven by long-term brand
awareness objectives rather than driving short-term sales. Direct measurement of purchase
behavior remains limited and is largely dependent on companies' distribution models and
internal analytical capabilities. Attribution emerges as the most significant challenge as the
non-linear nature of the customer journey and concurrent marketing activities make it
difficult to isolate the contribution of specific influencer campaigns. Beyond this, access to
measurement tools was found to be particularly important in determining a company's ability
to track direct outcomes such as conversion and sales. By applying the Hierarchy of Effects
model and the Resource-Based view, this study demonstrates that measurement practices are

shaped by both campaign objectives and internal resource constraints.



Acknowledgements

The authors of this thesis would like to express our gratitude to those who have contributed to

and supported us throughout this process.

First, we would like to thank our supervisor, Caroline Teh at Jonkdping International
Business School, for her continuous guidance, constructive feedback, and support throughout

the process. Her insights and encouragement have been invaluable in shaping this work.

We would also like to extend our gratitude to the nine respondents who generously took the
time to share their professional experiences and insights. Their openness and transparency
regarding their measurement practices were essential to this study and greatly contributed to

the depth of our findings.

DA e %@n}

Annie Ornskog Olivia Berg

Definitions of Terms:

Return on Investment (ROI): refers to the financial value generated by an influencer
marketing campaign in relation to the resources invested, typically measured by comparing

revenue to the costs of the campaign.

Direct measurement approaches: refer to metrics that capture measurable behavioral
outcomes resulting from a campaign, such as purchases, conversions, app installs, or revenue.

These metrics reflect the tangible business value generated by influencer marketing activities.

Indirect measurement approaches: refer to metrics that capture intermediate outcomes of a
campaign, such as engagement, reach, and impressions. These metrics indicate audience
interaction and awareness but do not directly reflect actual purchasing behavior or financial

outcomes.
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1. Introduction

This chapter introduces the research topic, establishes its relevance within the field, and outlines the
identified research gap. Building on this, the chapter presents the study s objectives and purpose, and

formulates the main research question that structures and guides the subsequent analysis.

1.1 Background

The rapid expansion of digital platforms has fundamentally altered how companies conduct
their marketing efforts. Technological advancement, particularly social media and
platform-based communication, plays a significant role in shaping consumer behavior. Unlike
earlier forms of marketing communication, social media platforms operate in a socially
embedded context in which credibility and immediacy influence consumer responses (Li &

Deng, 2026).

In recent years, traditional mass media have lost their position as the dominant sources of
information, particularly among younger consumers who increasingly turn to social media
and peer-like sources for information and recommendations. As a result, influencer marketing
has emerged as a key marketing strategy, operating within social media environments
characterized by interaction, relationships, and perceived credibility (Lou & Yuan, 2019).
Influencer marketing refers to a strategic collaboration between companies and content
creators, referred to as influencers, who post continuous brand content and engage with their
followers on their social channels (Pan et al., 2024). Influencer marketing is considered
effective as it combines advertising value through informative and entertaining content with
influencers’ credibility, such as trustworthiness, attractiveness, and perceived similarity.
Together, these factors contribute to building trust in branding content, which in turn

enhances brand awareness and purchase intentions (Lou & Yuan, 2019).

The effectiveness of influencer campaigns is affected by the choice of social media platform,
product type, and target audience. However, several challenges remain that could undermine
effectiveness. When the influencer marketing campaign becomes too obviously driven by
money, authenticity and effectiveness decrease. There is also a risk to the company if an

influencer strongly connected to the brand commits an unethical act. Additionally, social



media platforms are highly open environments where people freely share both positive and

negative opinions that can spread widely (Cheng- Xi Aw & Agnihotri, 2023).

1.2 Problematization

In recent years, many companies have increasingly adopted influencer marketing as a central
component of their marketing strategy. As of 2024, spending on influencer marketing reached
$24 billion. Despite its widespread adoption, marketers still face considerable challenges in
effectively measuring the performance and engagement generated by influencer marketing
campaigns (Pan et al., 2024). Without accurately measuring the effectiveness of influencer
marketing campaigns, companies risk allocating resources inefficiently and making decisions

based on incomplete or misleading performance indicators.

While advertising effectiveness was traditionally evaluated using metrics' such as recall and
brand attitudes, there has been a growing demand for marketers to demonstrate Return on
Investment (ROI) (Taylor & Carlson, 2021). As a result, sales-related metrics have become
increasingly important in assessing marketing performance. Despite ongoing challenges in
accurately measuring the ROI of influencer marketing campaigns, approximately 70% of
companies attempt to measure it (Leung et al., 2022a). While some marketers attempt to
directly track sales through links and discount codes, others rely on engagement metrics such
as reach and likes, assuming that higher engagement will lead to future sales. However,
engagement alone is considered an incomplete measure of campaign effectiveness (Libai et

al., 2025).

This reliance on engagement metrics is problematic, particularly given the substantial
financial resources companies allocate to influencer marketing campaigns, as it becomes
crucial for companies to assess whether these investments generate actual business value and
contribute to profitability. As highlighted by Beichert et al. (2024), current measurement
approaches® focus primarily on engagement metrics such as likes and comments, which
capture awareness but do not explicitly correlate with purchasing decisions. Consequently,

engagement metrics have been widely criticized as unreliable indicators of actual sales

' Metrics refers to a specific, quantifiable measure used to track or assess something.

2 Measurement approaches refers to the methods and practices companies use to evaluate the effectiveness of
influencer marketing campaigns, including the alignment with campaign objective, selection of metrics, tools,
and analytical processes used to assess campaign outcomes.



conversion, creating a disconnect between what companies measure and what ultimately

determines campaign success.

Although prior research has highlighted limitations in current measurement approaches
(Harambasi¢ & Skare, 2024; Ascani & Ancillai, 2025), significantly less attention has been
paid to how companies measure the effectiveness of influencer marketing campaigns in
practice and whether these metrics align with campaign objectives. This highlights a gap in
the literature, particularly from a company perspective, regarding how companies evaluate
influencer marketing campaign performance and whether current measurement approaches

accurately capture outcomes that reflect actual business value.

Furthermore, existing research highlights the need for a deeper understanding of the
effectiveness of influencer marketing campaigns, as marketing managers are increasingly
under pressure to justify their marketing expenditures. To meet these demands, companies
require more detailed and reliable information on the financial outcomes of their investments
(Leung et al., 2022a). In line with this, Pan et al. (2024) emphasize the importance of
outcome-based metrics such as sales and ROI, as these provide more actionable insights for
managerial decision-making. Despite this, there remains a limited understanding of whether
influencer marketing campaigns deliver a fair return relative to their cost, underscoring the
need for more robust measurement approaches that capture the financial value of influencer

collaborations.

Therefore, there is a need for research that examines how companies measure the
effectiveness of influencer marketing campaigns and how these measurement approaches can

be better aligned with actual business value.

1.3 Purpose & Research Question

The purpose of this study is to examine how companies measure the effectiveness of
influencer marketing campaigns. This includes exploring the types of metrics and Key
Performance Indicators (KPIs) used in practice, the reasons behind these choices, and the
extent to which these metrics reflect business performance, including both direct and indirect
outcomes. This study aims to contribute to a deeper understanding of how influencer

marketing performance is measured from a company perspective.



To address the purpose, the research question of this study is “How do companies measure
the effectiveness of influencer marketing, and how are these measurement practices shaped
by campaign objectives and internal capabilities?” supported by the following

sub-questions;

1. What metrics and KPIs do companies currently use to evaluate influencer marketing
performance?

2. To what extent do current measurement practices capture customer engagement and
purchase behavior?

3. What challenges do marketers experience in measuring the direct outcomes of

influencer marketing campaigns?

1.4 Delimitations

This study is conducted from a company perspective and examines how companies seek to
measure the effectiveness of influencer marketing campaigns. The aim is to analyze how
companies evaluate the effectiveness of influencer marketing campaigns, with an emphasis

on how consumer responses are measured, rather than on how consumers actually respond.

This study is limited to Swedish companies that actively work with influencer marketing,
meaning that the empirical findings reflect practices within this specific national market
context. Sweden was selected for its high level of digital maturity and the widespread use of
influencer marketing by companies. Furthermore, the empirical scope is restricted to
companies that primarily use Instagram and TikTok for their influencer campaigns. These
platforms were selected because they currently dominate the influencer marketing landscape
and offer the most relevant features for engagement-based and content-driven campaigns. No
specific industry is targeted, as influencer marketing on these platforms is not confined to any
particular sector. Companies from various industries were therefore included. Finally, the
study focuses solely on sponsored influencer collaborations in which companies pay
influencers to create posts or stories featuring their products or services. Other forms of
influencer activity are excluded, as they involve different strategic considerations and

measurement practices.



2. Literature Review

This chapter integrates relevant research and outlines the key perspectives that inform current
understanding of the topic. It also reviews the theoretical frameworks guiding the study and clarifies
how they shape the analytical approach, thereby establishing the conceptual basis for interpreting the

empirical findings.

2.1 Method of the Literature Review

The literature review in this paper follows a structured, systematic approach that combines
electronic and manual search strategies to identify relevant academic research. Electronic
database searches were conducted using keywords directly aligned with the study's purpose.
These include “influencer marketing” AND “effectiveness”, OR “assessment”, OR “return on
investment”, OR “measure*”, OR “metrics”, OR “performance”. In addition, manual
searches were conducted through backward snowballing by reviewing reference lists of
relevant articles and examining frequently cited studies to broaden the scope and gain deeper

insights into the research field.

The primary databases used to access high-quality, peer-reviewed articles were Scopus,
Google Scholar, and SageJournals. To ensure relevance and credibility, several inclusion
criteria were applied. The search was limited to articles published between 2016 and 2026 to
ensure up-to-date, relevant data, and only final, published journal articles written in English
were included. To further ensure quality and credibility, the selected research includes articles
published in journals listed in the ABS 2024 Journal Ranking. There is one exception, as this
article is not included in the ABS list, however, it is peer-reviewed and was selected because

of its high relevance.

Studies were further screened based on their relevance to measurement approaches within
influencer marketing campaign effectiveness, with a particular focus on the company
perspective rather than consumer-focused. The selection process involved an initial screening
of titles and abstracts, followed by full-text evaluation to determine suitability for inclusion,

yielding a final sample of 34 articles.
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2.2 Previous Research

2.2.1 Influencer Marketing

Influencers, also referred to as content creators, are individuals who have established follower
communities on social media platforms and influence audience opinions and behaviors
online. Influencer marketing can be understood as a strategic collaboration between
companies and digital content creators, in which influencers interact with their audiences and
promote brand-related messages on their social channels. This marketing strategy leverages
influencers’ social capital to enhance a company’s marketing communication and thereby

improve its organizational performance (Leung et al., 2022a).

Companies can effectively leverage influencers' followers and reach to their advantage. By
embedding promotional messages naturally within influencer-created content, companies can
leverage the influencer’s credibility to reach relevant audiences, thereby enhancing ROI
through more impactful and efficient campaigns (Alipour et al., 2025). To evaluate the extent
to which the influencer marketing campaign is effective, the cost of the campaign must be
taken into consideration. The costs of the campaigns vary significantly across influencers;
excluding these costs from the estimation will reduce the accuracy of the effectiveness
results. Estimating engagement is also important, as it clarifies how the company should
allocate its budget. For instance, posts introducing new products may receive less
engagement than posts that only remind customers about a product, thereby increasing the
risk associated with new product launches (Leung et al., 2022b). Consequently, the
effectiveness of influencer marketing is closely linked to the psychological mechanisms that

influence how consumers perceive and respond to the influencer content.

2.2.1.1 Psychological Drivers of Influencer Marketing Campaign Effectiveness

The effectiveness of an influencer marketing campaign depends on qualities that encourage
followers to accept brand-related messages. Attributes such as popularity and attractiveness
serve as heuristic cues that allow consumers to form quick judgments about an influencer,
without extensive cognitive effort. However, the influence of these cues is content-dependent,
as factors such as category involvement and perceived authenticity of the influencer

collaboration affect the extent to which followers rely on them (Hugh Wilkie et al., 2022).

11



In line with this, the effectiveness of influencer marketing campaigns should be
conceptualized as a multi-stage psychological process rather than a direct outcome of
exposure or reach (Hugh Wilkie et al., 2022). Perceived influencer credibility plays a central
role by enhancing consumers’ attitudes toward the sponsored post, which in turn leads to
more favorable perceptions of the promoted brand. These positive brand attitudes

subsequently increase engagement and purchase intentions (Lin et al., 2019).

In this context, the influencer's perceived authenticity is a key determinant of campaign
effectiveness, as it shapes how audiences engage with and respond to the content. To capture
these effects, marketers often rely on a combination of metrics, such as engagement rates,
direct sales outcomes, and algorithmic reach, to assess the effectiveness of influencer

campaigns (Duffek et al., 2025).

2.2.2 Measuring Marketing Effectiveness

When measuring marketing effectiveness, it is essential to ensure that the campaign costs
generate the intended return. Traditional measurement approaches for campaigns seem
outdated and ineffective in a dynamic marketing environment where social media plays a
central role. Given this, social media marketing requires distinct measurement approaches
tailored to its unique characteristics. Although social media platforms enable real-time
analytics through advanced technologies, organizations still struggle to use these insights
effectively, as measurement efforts often become isolated activities with indicators that rarely

inform actual decision-making (Ascani & Ancillai, 2025).

To evaluate the effectiveness of an influencer marketing campaign, the campaign's specific
objectives serve as the foundation for measuring it. Understanding the intended objectives
enables the company to define relevant metrics and to evaluate its strengths and limitations
more accurately (Alipour et al., 2025). As influencer marketing can serve multiple objectives,
such as increasing brand awareness and engagement or driving sales, aligning campaign
objectives with a suitable measurement approach is essential. Often, campaigns are measured
using engagement metrics, however, some companies also use financial metrics to assess

changes in behavior or statistical effects (Akbar et al., 2023).

12



In the context of this study, campaign effectiveness can be evaluated by assessing both
indirect and direct outcomes, as illustrated in Table 1. Indirect outcomes capture intermediate
responses such as engagement and exposure, while direct outcomes reflect actual purchase
behavior such as conversions and sales. This highlights the complexity of fully evaluating
campaign performance and reflects the ongoing challenges of linking intermediate indicators

to actual business performance.

Metric Category Metric Type | Examples What it measures
Engagement Metrics Indirect Followers, Likes, User interaction and
Comments, Shares, involvement

Endorsement Rate

Exposure-based Metrics | Indirect Reach, Impressions, | Content visibility and
Views, Watch Time attention

Financial Metrics Direct ROI (ROIS) Measures actual revenue
generated
Conversion Metrics Direct Conversion Rate, Links exposure to
Click-through Rate behavioral outcomes
Incremental Metrics Direct Lift Measures causal impact

on behavior and revenue

Table 1: Overview of metrics discussed in this study.

2.2.2.1 Limitations in Current Marketing Effectiveness Metrics

A notable tension exists in the literature regarding what companies actually measure in
practice. While Leung et al. (2022a) report that approximately 70% of companies attempt to
measure ROI for their influencer marketing campaigns, Akbar et al. (2023) find that
engagement metrics dominate current measurement practices. These findings are not
necessarily contradictory, as attempting to measure ROI and successfully doing so are
fundamentally different things. Measuring ROI is complex and comes with considerable
challenges, making it difficult to achieve in practice. Therefore, companies should consider
long-term outcomes, such as brand image and customer equity, as these represent a more

complete measure of marketing effectiveness (Libai et al., 2025).

13



This need for broader measurement approaches is reflected in the work of several researchers.
Pan et al. (2024) emphasize the need for more metrics focused on objective behavioral
outcomes. Alipour et al. (2025) reinforce the need for more robust metrics to accurately
assess engagement, brand awareness, and sales within influencer campaigns. Further,
Harambasi¢ and Skare (2024) imply that relying solely on quantitative indicators may fail to

capture the deeper qualitative dimensions that drive consumer engagement and behavior.

Measuring the effectiveness of influencer marketing campaigns is further complicated by
social media platforms, which can shape how content is distributed and perceived. Rather
than acting as neutral channels, platforms use algorithmic systems to prioritize or limit the
visibility of certain content, making campaign reach and engagement difficult to predict
(Libai et al., 2025). Thereby, the observed outcomes may be affected by factors beyond the
company's or influencers' control. As a result, companies may face difficulties in accurately

measuring campaign effectiveness.

2.2.3 Indirect Measurement Approaches

Since direct financial outcomes are difficult to capture for influencer campaigns, a range of
indirect measurement approaches has emerged as common alternatives. In this study, this
includes engagement and exposure metrics, which are easily tracked through platform-native

analytics tools and therefore widely adopted in practice.

2.2.3.1 Engagement Metrics

Leggett et al. (2026) highlight that influencer marketing is primarily measured through
analyzing consumer engagement. Likes, comments, and reposts are the most common metrics
to measure engagement and campaign success (Leggett et al., 2026). According to Li et al.
(2026), some use the engagement rate as a percentage of how many of the influencer's
followers interact with a post. This metric is described as easy to observe and quantify.
Further, the endorsement rate indicates the number of sponsored posts in relation to the total
number of posts from the influencer. The impact of the endorsement rate is then assessed to

determine its influence on the engagement of potential consumers (Li et al., 2026).

Beichert et al. (2024) explain that engagement acts as a mediator, indicating whether

something is working, and can account for up to 51% of the direct impact on ROI. This

14



strengthens the view that indirect metrics indicate the level of financial profitability. In
contrast, Holiday et al. (2023) define engagement as consumers' investment of cognitive,
emotional, and social resources in brand-related activities that extend beyond the act of
purchase. Taken together, these perspectives emphasize that the relationship between indirect

and direct metrics is heterogeneous.

Gupta & Verma (2025) argue that marketers need to look beyond conventional engagement
indicators, such as followers and likes. By shifting from ‘vanity metrics’ to data-driven
indicators, marketers can obtain a more accurate understanding of behavioral outcomes such
as click-through rates, purchase intention, and repeated engagement. Using a data-driven
strategy improves both accountability and budget efficiency. Furthermore, by prioritizing
interactive campaign formats, such as user-generated content, Q&A activities, and
community-building efforts, marketers can cultivate stronger emotional connections and

enhance long-term brand loyalty (Gupta & Verma, 2025).

2.2.3.2 Exposure-based Metrics

Aside from engagement metrics, research suggests that the effectiveness of influencer
marketing campaigns can also be assessed using exposure-based metrics. Migkos et al.
(2025) highlight that companies often evaluate visibility by examining views and reach,
which reflect how widely content is distributed and how many users are exposed to brand
messages. Furthermore, exposure quality is assessed using metrics such as watch time, as

longer viewing durations indicate deeper user attention and interaction (Migkos et al., 2025).

Harrigan et al. (2021) argue that focusing solely on campaign exposure is insufficient, as
several additional components must be considered: user network, user behavior, message
readability, and message structure. User network is used to assess how many people are
reachable for the campaign’s message, while user behavior reflects how frequently
individuals post, share, and interact. Message readability estimates how easy a message can
be understood by approximating the school grade level required to comprehend it. Lastly,
marketers should consider message structure, which refers to measurable surface-level
patterns in users’ writing, such as their use of hashtags or distinct words (Harrigan et al.,

2021). These aspects suggest that exposure alone is an incomplete measure, since the

15



audience reached does not necessarily comprise individuals to whom the marketing message

is applicable.

2.2.4 Direct Measurement Approaches

Direct measurement approaches involve assessing the actual behavior generated by the
capital invested in a campaign. This refers to metrics that capture the actual sales generated

and website traffic driven by the campaign.

2.2.4.1 Financial Metrics

ROI is widely discussed as a key metric for evaluating the effectiveness of influencer
marketing campaigns. In contrast to indirect metrics, ROI offers a more direct measurement
approach to campaign effectiveness as it is directly linked to financial outcomes such as sales
and thereby captures the actual business value generated (Libai et al., 2025). Beichert et al.
(2024) describe Return on Influencer Spend (ROIS) as a metric used to evaluate the financial
performance of an influencer marketing campaign. In this study, it is treated as equivalent to
ROI, as both concepts refer to the financial return generated from the investment in a specific
influencer campaign. By linking marketing activities to revenue, ROI enables managers to
evaluate which content or campaigns generate the highest returns, supporting more efficient
resource allocation and the replication of successful approaches (Leung et al., 2022a).
Furthermore, ROI plays a crucial role in justifying marketing investments, as it provides

financial evidence to support managerial decision-making. (Libai et al., 2025).

Despite these advantages, research suggests that relying on ROI as a primary performance
metric presents several challenges. While influencer costs are concrete and easy to quantify,
ROI often extends beyond immediate sales. It complicates accurate measurement, as it is
often difficult to link financial outcomes to specific influencer campaigns unless
campaign-specific tools (Libai et al., 2025) are used. One more advanced data-driven tool
commonly used to assess ROI is Marketing Mix Modeling (MMM). It offers companies a
structured basis for optimizing budget allocation and assessing ROI. Therefore, it enables
marketers to shape their strategies and work more effectively toward their intended financial
objectives (Estevez et al., 2024). Moreover, traditional ROI calculations often focus on
short-term transactions, potentially overlooking the long-term effects of influencer marketing,

such as customer retention and brand equity (Leung et al., 2022a).
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2.2.4.2 Conversion Metrics

In addition to financial metrics, direct outcomes can also be assessed by observable customer
behavior, such as website visits. While a social media post’s effectiveness is mainly based on
likes and comments, other types of content, such as stories posted on social media, are better
measured through clicks to the advertiser's website (Wies et al., 2022). Conversion metrics
can be assessed through tools such as discount codes and tracking links (Libai et al., 2025).
Dong et al. (2023) emphasize that using trackable ad links is beneficial, as they allow
consumers to take action immediately after exposure. This allows companies to measure

exactly how much traffic and revenue a specific influencer generates.

Dong et al. (2023) explain that ad links can be used to calculate two primary KPIs that
measure effectiveness at different stages. Firstly, the click-through rate (CTR), which is
measured as the ratio between the number of clicks on the link and the number of
impressions. Jin et al. (2025) emphasize that CTR is a metric used to evaluate the
effectiveness of online advertising and its ability to generate interest and traffic. Secondly,
Dong et al. (2023) highlight that adlinks are used to assess advertising effectiveness in
generating revenue by measuring the conversion rate, i.e., the ratio of purchases to clicks on

the link.

2.2.4.3 Incremental Measurement Approach

Gordon et al. (2020) present lift as a relevant measure for assessing the incremental effect of
advertising by comparing conversion rates between exposed and non-exposed users. Through
A/B testing, lift provides a causal estimate of campaign effectiveness by attributing observed
behavioral changes directly to the marketing activity, allowing marketers to assess whether a
targeted campaign corresponds with measurable changes in consumer behavior, such as store
visits or purchases.’ (Smith, 2017). As such, lift can be understood as a direct measurement
approach of campaign effectiveness as it captures actual changes in consumer behavior

resulting from the campaign.

3 Lift refers to the measurable increase in a desired consumer behavior, such as store visits or purchases, that can
be attributed to exposure to a specific advertisement or campaign. It is calculated using A/B testing, in which a
portion of the target audience is exposed to the campaign (the treatment group) while another portion is not (the
control group) Smith (2017).
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Building on this, more advanced approaches to measuring incremental effects have been
developed that go beyond simple conversion tracking. Rather than measuring overall
conversion rates, these aim to predict the causal effect of a specific marketing action on
individual customer behavior. By segmenting the target audience into groups, those who
would purchase regardless of exposure, those who may react negatively to advertising, and
those who are genuinely influenced by the campaign, marketers can identify which customers
actually represent incremental value (Gubela et al., 2022). Focusing measurement on this last
group provides a more precise estimate of the campaign's true commercial impact.
Accordingly, Gubela et al. (2020) argue that the lift is a more accurate indicator of campaign
effectiveness than traditional conversion-based metrics, as it captures the additional revenue

generated compared to a non-exposed control group.

2.2.5 Hierarchy of Effects Model

Lavidge and Steiner (1961) argue that immediate sales alone provide an incomplete measure
of effectiveness, as the effects of advertising are long-term and are therefore best reflected as
a process. To capture this process, they propose the Hierarchy of Effects (HOE) model,
consisting of six sequential stages through which consumers move (Fig. 1). The first two
stages, awareness and knowledge, are part of the cognitive stage that refers to rational
consumer behavior, where advertising should provide information and ideas. The next two
stages, liking and preference, are related to the affective component, involving favorable
attributes or emotional responses towards the product. The final two steps, conviction and
purchase, aim to stimulate purchase behavior and are associated with the conative stage,

which is driven by motivation and the intention to act (Lavidge & Steiner, 1961).
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Figure 1: Advertising research related to the hierarchy of effects model. Note. Adapted from
Lavidge and Steiner (1961).

The HOE model originated from the Attention-Interest-Desire-Action (AIDA) framework
and has evolved through several iterations to become a central framework for measuring
advertising effectiveness and its influence on consumer behavior (Hou et al., 2025). However,
researchers have questioned the applicability of traditional HOE models in modern digital
environments. Chakravarty and Sarma (2021) argue that the traditional models are limited
because they typically end at the purchase stage and lack empirical support for a strictly
linear progression through the stages. In digitally connected contexts, consumers increasingly
rely on online references and others' advice, suggesting that advocacy is often more powerful
than the original advertisement. Consequently, the authors emphasize the need to extend the
model to reflect the connectivity era, in which individual brand advocates can influence
broader communities and create value beyond individual repeat purchases (Chakravarty and

Sarma, 2021).
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Despite these critiques, recent research suggests that the HOE model remains relevant in
modern communication channels. Majid et al. (2019) propose that the model can help
understand social media users' decision-making processes by linking brand attitudes to
behavioral intentions. From a managerial perspective, the model encourages marketers to
move beyond superficial engagement metrics such as likes and awareness, and instead focus
on fostering deeper relationships that drive meaningful behavioral outcomes. By mapping
specific determinants of effectiveness onto different HOE stages, managers can identify
which message characteristics influence particular consumer responses. Additionally, Lee and
Hwang (2019) demonstrate how the HOE model can be applied to predict revenue by
tracking audience movement from awareness and interest toward purchase intention using

attitude-based data.

In this study, the HOE model will act as a structured framework for understanding the
customer journey, outlining the progression from awareness to purchase. It highlights how
various metrics correspond to different stages in the model. The initial steps in the HOE
model involve measuring indirect outcomes that capture consumer reactions in the early
phases of the customer journey. In contrast, the direct metrics correspond to the model's final
stage: purchase. This model will assess the extent to which companies’ measurement

practices align with their campaign objectives and actual customer behavior.

2.2.6 Resource-Based View

Barney (1991) introduced the Resource-Based View (RBV), a strategic perspective
emphasizing how a company’s internal resources and capabilities shape its potential to
achieve a sustained competitive advantage. Central to his framework are the VRIN criteria,
which specify that a resource must be Valuable, Rare, Inimitable, and Non-substitutable to
generate sustained competitive advantage. A sustained competitive advantage is defined as a
company’s value-creating strategy that no competitor is simultaneously pursuing, and whose
benefits cannot be replicated or matched by other companies. Resource heterogeneity and
immobility serve as the foundational inputs that shape whether a company’s resources are
valuable, rare, inimitable, and non-substitutable. Attributes that ultimately determine the

companies’ ability to achieve sustained competitive advantage.
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Figure 2: Resource-based view. Note. Adapted from Barney (1991).

Greve (2020) explains the company’s unique resources as difficult for competitors to imitate,
making them long-lasting advantages that generate economic returns. In RBV, the economic
perspective explains the outcomes of strategic actions, while the organizational perspective
explains the drivers of those actions. Furthermore, Greve (2020) identifies organizational
differences, path dependence, and complex social technologies as reasons some companies
perform better than others. Organizational differences imply that companies vary in ways that
can sustain competitive advantage. Path dependence highlights how unique historical choices
create hard-to-replicate resources, and complex social technologies further preserve this

uniqueness by making the sources of advantage difficult to fully understand or imitate.

However, RBV has been criticized for having limited empirical support for its core argument
that these resources really lead to superior long-term performance (Furr & Eisenhardt, 2021).
This limitation becomes particularly relevant when applying RBV to digital and data-driven
contexts. Fast et al. (2023) question whether data can be considered a valuable and inimitable
resource, given that data is non-rivalrous, the same audience data can often be collected by
multiple services or reached through different influencers and marketing methods (Fast et al.,
2023). As a result, tools that are equally accessible to all companies are unlikely to constitute

a sustained competitive advantage.

RBYV is used in this study to evaluate the challenges companies face and to examine how their
existing internal capabilities can be leveraged to develop the tools needed for more accurate
measurement approaches. Therefore, it serves a company perspective of how companies'

internal capabilities can improve the measurement of influencer marketing campaigns. While
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indirect metrics are easily observed through the external tools provided by platforms,
measuring direct outcomes requires internal systems that many companies currently lack.
RBY, therefore, offers a framework for understanding how internal resources and capabilities,
such as data collection systems and analytical competencies, influence the evaluation of
influencer marketing campaigns. Therefore, RBV clarifies how differences in internal

capabilities influence a company’s capacity to measure financial outcomes accurately.

By integrating these theoretical perspectives, the study provides a comprehensive
understanding of how the effectiveness of influencer marketing campaigns can be measured
and to what extent it reflects the campaign objective. Together, these perspectives illustrate
how both consumer-level responses and company-level resources influence the effectiveness

of the measuring, serving as the theoretical foundation of this study.
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3. Methodology

This chapter outlines the study s methodology, explaining its underlying research philosophy and
approach. It describes the research method, including data collection, sampling, and data analysis.

Further, the chapter also assesses trustworthiness and ethical considerations.

3.1 Research Philosophy

A research philosophy outlines the researcher's underlying assumptions and beliefs about
how knowledge is created and how the research process should be conducted. It reflects
beliefs about the nature of reality and the relationship between the researcher, the research
process, and the knowledge that emerges from it. These philosophical assumptions shape the
fundamental dimensions of the research process, influencing how the research questions are
understood, how methods are selected, and how the findings are ultimately interpreted.

A research philosophy is essential because it shapes how the study is designed, ensures
coherence across its components, and strengthens the credibility of the research by making

the underlying assumptions explicit (Saunders et al., 2023).

This study adopts an interpretivist research philosophy. Interpretivism is a subjective research
philosophy that emphasizes that humans differ from physical phenomena in that they actively
construct meaning, and interpretivist researchers therefore seek to understand these meanings
(Saunders et al., 2023). The study examines how companies currently perceive and
experience the measurement approaches used in influencer-marketing campaigns, as well as
the associated challenges. Because these insights are inherently subjective within a qualitative

research design, interpretivism is the most appropriate research philosophy in this study.

3.2 Research Approach

In line with the interpretivist research philosophy, this study's methodological choices are
guided by its underlying philosophical assumptions. As Saunders et al. (2023) explain, a
researcher’s philosophical stance underpins the methodological choice, research strategy, and

the techniques used for data collection and analysis.
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Consequently, a qualitative research approach was considered most appropriate for this study.
Qualitative research focuses on collecting and analyzing non-numerical data to understand
concepts, experiences, and social phenomena. Rather than seeking a single objective truth, it
emphasizes the meanings and interpretations individuals assign to their experiences (Trainor
& Graue, 2013). This approach is closely aligned with the interpretivist philosophy, which
highlights the subjective nature of knowledge and the importance of understanding social
phenomena through individuals' perspectives (Rapley, 2018). Qualitative methods are
therefore particularly suitable for exploring complex social phenomena and gaining in-depth

insights into human experiences and behaviors (Bhangu et al, 2023).

Furthermore, this study follows an abductive research approach. Unlike deductive reasoning,
which tests existing theory, or inductive reasoning, which derives generalizations from
observations, abductive reasoning seeks to interpret empirical observations and propose
possible explanations for them (Shani et al., 2020). Janiszewski and Van Osselaer (2021)
emphasize that an abductive approach is particularly useful when existing theory is
insufficient, and the aim of the study is to generate new insights or explanations. In the
context of this study, the existing literature on influencer marketing measurement approaches
provides the theoretical foundation, while empirical data collected through interviews are
interpreted in relation to this literature, allowing for a continuous interaction between theory

and empirical observations.

3.3 Research Method

3.3.1 Data Collection

The primary data for this study were collected through nine semi-structured interviews with
marketing managers at companies and influencer marketing agencies. The selection of
respondents aimed to include equal numbers of representatives from each group, as this was
considered the most suitable approach for exploring potential differences in measurement
practices. Although ten interviews were initially intended, one participant withdrew due to
unforeseen circumstances, resulting in a final sample of five companies and four agencies.
While this slightly disrupts the intended equal distribution, the final sample still provides

representation from both groups and is considered sufficient for this study.
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Each interview lasted approximately 30 minutes and was conducted through the Microsoft
Teams meeting function, as none of the respondents were located nearby. In those cases,
video calls are considered a trustworthy alternative to face-to-face interviews (Saarijarvi &
Bratt, 2021). All interviews were recorded and transcribed to ensure accurate representation

of respondents' contributions.

The interviews varied because a semi-structured approach was used, allowing follow-up
questions to vary depending on the direction of each conversation. Using a semi-structured
approach allows for more in-depth discussions by enabling researchers to explore relevant
ideas that emerge during the discussion. It combines both inquiry and flexibility in qualitative

data collection (Adeoye-Olatunde & Olenik, 2021).

Developing a semi-structured interview guide is a crucial step that shapes the rigor and
trustworthiness of the research. Roberts (2020) recommends that the guide maintain a balance
between structure and flexibility while ensuring sufficient transparency. To achieve this, the
interview guide for this study was developed following the systematic five-phase process

outlined by Kallio et al. (2016), as described in the following section.

3.3.2 Interview Design
3.3.2.1 Interview Guide

The interview guide (the questions guiding the interviews) was developed in accordance with
the research question and sub-questions of this study, following the five-stage process

suggested by Kallio et al. (2016).

1. Identifying the prerequisites for using semi-structured interviews
Semi-structured interviews were chosen based on the study's purpose and research
question. The aim was to have in-depth discussions to obtain more valuable, nuanced

answers.

2. Reviewing and integrating existing knowledge
The data and theories identified in the previous research section served as the
foundation for developing the interview guide. The measurement approaches

highlighted in previous studies were incorporated into the guide and addressed during
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the interviews. In addition, questions addressing campaign objectives and perceived

measurement challenges were incorporated.

3. Constructing a preliminary guide
An initial set of 20 questions was developed to cover the key aspects of influencer
marketing measurement. Following further review, the questions were narrowed down
to 11 by removing duplicates and less relevant items. The questions were sorted as
follows: introductory questions, current measurement practices, and lastly, challenges

the companies face.

4. Conducting a pilot test
The pilot interview was conducted using a field-testing approach with an individual
who closely resembled the actual study respondents. The pilot test highlighted several
areas for improvement, including question structure and wording, and confirmed that

a semi-structured format was appropriate for generating in-depth insights.

5. Finalizing the guide
Finally, all improvements were incorporated into the interview guide based on
insights from the pilot test before the first real interview was conducted. This ensured
a coherent and effective foundation for the semi-structured interviews, aligned with

the study's research question.

The interview guide was prepared in both English and Swedish, as the interviews were
offered in a variety of the two languages. This allowed respondents to choose their preferred
language, ensuring that all questions were clearly understood. The interview guide can be

found in the appendices section as Appendix 3 (English) and Appendix 4 (Swedish).

3.3.2.3 Purposive Sampling

In qualitative research, purposive sampling is a common approach that aims to select
interview respondents who are most suitable and experts in the study's field to provide
valuable insights. It is a flexible method well-aligned with the core of a qualitative study. It is
also guided by considerations of credibility, transferability, dependability, and confirmability

(Ahmad & Wilkins, 2025).
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For these reasons, purposive sampling was selected for this study. Other sampling methods
were also reviewed to assess their applicability. A non-probability sampling method was
chosen as it aligns more closely with the study's purpose, in contrast to probability-based
sampling, which is typically associated with quantitative studies. Within non-probability
sampling, three methods were considered: purposive sampling, convenience sampling, and
quota sampling. Purposive sampling selects respondents with specific characteristics relevant
to the research question, enabling in-depth exploration within a defined population rather
than broad generalization. Convenience sampling relies on respondents who are easily
accessible, making it practical but more prone to bias (Setia, 2016). Quota sampling uses
convenience sampling while ensuring that predefined population segments are represented by
filling set quotas, a method commonly applied in field interviews to ensure balanced
characteristics (Stratton, 2021). Although non-probability methods carry a higher risk of bias
and limit generalizability (Setia, 2016), purposive sampling was the only applicable method,

as a random selection would not have ensured the required level of expertise in the subject.

The study includes two categories of respondents. The first consists of marketing managers at
companies that integrate influencer marketing into their overall strategy and manage it
entirely or partially in-house. The second consists of marketing managers at marketing
agencies whose work focuses exclusively on influencer marketing. Including both groups
provides broader and deeper insights that strengthen the final findings. This combination was
based on the initial outreach to respondents, where several companies indicated that their
influencer marketing activities were fully managed by external agencies. To capture this
variation and provide a comprehensive representation of current practices, both in-house and
agency-managed approaches were included. Additionally, the samples were narrowed to
companies and agencies operating in Sweden. An overview of all respondents, including their

roles, distribution models, and interview lengths, is presented in Table 2.
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Participant Label | Distribution Model | Participant occupation Interview length

Company 1 Digital app-based Chief Marketing Officer 24 min
Company 2 Retailers Chief Marketing Officer 22 min
Company 3 E-commerce & Marketing Operations 25 min
physical stores Manager
Company 4 Retailers Marketing Communicator 24 min
Company 5 E-commerce & Marketing Operations 27 min
physical stores Manager
Agency 1 N/A Communication Consultant | 25 min
Agency 2 N/A Project Leader and Advisor | 22 min
in Digital and Social Media
Agency 3 N/A Head of Campaign 33 min
Operations
Agency 4 N/A Head of Creative and 32 min
Community

Table 2: Interview Respondents

Although agencies have their own distribution models, these are not relevant to this study. As
agencies work with clients across multiple distribution structures, no single model can be
assigned. The distribution models of their clients were instead discussed during the

Interviews.

3.4 Data Analysis

In this study, the interviews serve as the foundation of the qualitative analysis. All interviews
were transcribed using Microsoft Teams' transcription feature during data collection. The
transcripts were subsequently reviewed manually by both authors, corrected for accuracy, and
refined to retain only relevant insights. Interviews conducted in Swedish were translated into
English using Microsoft Copilot and thereafter reviewed to ensure that the meaning and

intent of respondents' statements were accurately preserved.

To analyze the interviews, a thematic analysis approach was applied using the Gioia Method.

The analytical process began with repeated familiarisation with the transcripts, through which
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recurrent elements were identified and developed into first-order concepts that guided the
coding. This allowed irrelevant material to be excluded while elevating significant insights
into themes, supporting the shift from descriptive to interpretative analysis (Liu et al., 2025).
It provides a transparent and systematic structure that strengthens the study's credibility,

which is particularly important when the data consist of qualitative interviews.

These concepts were subsequently grouped into second-order aggregates and further
condensed into three overarching themes. These themes represent higher-level patterns that
emerged across the interviews and capture the central dimensions of how companies measure
influencer marketing and the challenges they encounter, each corresponding to one of the
study's sub-research questions. The resulting data structure, including all concepts,

aggregates, and themes, is presented in Appendix 5.

3.5 Trustworthiness

The quality of a study is often evaluated through the concept of trustworthiness and concerns
the extent to which the study provides reliable and accurate representations of respondents’
perspectives and experiences. It includes the dimensions of credibility, transferability,
dependability, and confirmability. These criteria help ensure that the findings are transparent,

consistent, and grounded in the collected empirical data (Korstjens & Moser, 2017).

3.5.1 Credibility

Credibility refers to the extent to which the research findings accurately represent the
perspectives and experiences of the respondents. Ensuring credibility in qualitative research
involves collecting data from relevant respondents and representing their perspectives
transparently and accurately (Hamilton, 2020). In this study, credibility was strengthened by
conducting interviews with professionals working with influencer marketing across different
companies and industries, allowing the researchers to capture insights from individuals with
relevant expertise and diverse perspectives. Furthermore, all interviews were recorded and
transcribed to ensure that respondents’ responses were accurately represented in the analysis.
The interpretation of the empirical material was continuously discussed between the authors
throughout the research process, allowing for reflection on emerging interpretations and

reducing the risk of misinterpretation.
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3.5.2 Transferability

Transferability refers to the extent to which a study's findings are applicable to other contexts
or settings. Rather than aiming for statistical generalization, qualitative research emphasizes
providing rich contextual descriptions that enable readers to assess whether the findings are
relevant to similar situations (Shenton, 2004). In this study, transferability was supported by
providing detailed descriptions of the research context, including the respondents'
professional roles and the industry context of influencer marketing. By documenting the
research setting and interview process in detail, the authors provide readers with sufficient
contextual information to assess whether the findings are applicable to comparable

organizational or industry contexts.

3.5.3 Dependability

Dependability concerns the consistency and transparency of the research process and refers to
the extent to which the research procedures are clearly documented and logically structured
(Shenton, 2004). In qualitative research, dependability is supported through careful
documentation of methodological decisions and continuous reflection on the research process
(Korstjens & Moser, 2017). In this study, the research design, interview procedures, and
analytical decisions were documented throughout the research process in order to ensure
transparency. Additionally, reflexivity was applied throughout the research process to

critically reflect on the researchers’ potential influence on the study (Kaur et al., 2025).

3.5.4 Confirmability

Confirmability concerns the extent to which the findings are grounded in the empirical data
rather than shaped by the researchers’ personal perspectives or biases. In qualitative research,
confirmability can be strengthened by ensuring transparency in the analytical process and by
incorporating perspectives from multiple sources (Hamilton, 2020). In this study, interviews
were conducted with professionals from various companies and industries, enabling the
researchers to compare perspectives across multiple data sources. In addition, reflexivity was
applied throughout the research process to maintain transparency regarding the researchers’

interpretations and analytical decisions (Kaur et al., 2025).
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3.6 Ethical Concerns

Ethical considerations are essential when conducting research involving human respondents,
as researchers must ensure that respondents’ rights, privacy, and well-being are protected
throughout the research process. When conducting interview-based research, it is particularly
important to adhere to ethical principles that safeguard respondents’ rights and foster a safe
environment for open, honest communication. Researchers must therefore prioritize
respondents’ rights by ensuring anonymity, privacy, and confidentiality throughout the

research process (Nii Laryeafio & Ogbewe, 2023).

In this study, informed consent was obtained from all respondents prior to conducting the
interviews. Respondents were provided with clear and comprehensive information regarding
the purpose of the study, the interview procedure, and how the collected data would be used.
They were also given the opportunity to ask questions and clarify any uncertainties before
agreeing to participate. All respondents were asked to read and sign a consent form, which
outlined their rights as study participants and how their personal data would be processed in
accordance with the General Data Protection Regulation (GDPR). This included information
on how it would be stored, used, and protected within the scope of this study. The
information sheet and consent form are included in Appendix 1 and Appendix 2. To further
ensure confidentiality, all respondents and their respective organizations were anonymized,

and personal information was handled securely and used solely for the purposes of this study.
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4. Empirical Findings

The key findings from the interviews are presented in this chapter. It summarizes the insights and the

identified themes that were revealed from the data collection, providing an overview of the findings.

4.1 Measurement Practices

4.1.1 Campaign Objectives as a Driver of Metric Choice

The findings indicate that the objectives of a campaign play a central role in determining how
the effectiveness of an influencer marketing campaign is measured. Across the interviews,
engagement and brand awareness emerged as the dominant objectives of influencer
marketing campaigns. As noted by Company 5, “Influencers offer a very strong opportunity
for brand-building. ” Further, Company 2 framed brand-building as a long-term commercial

’

strategy, arguing that “strong brand-building will lead to increased sales over time.’

In addition, Agency 3 emphasized the long-term perspective by explaining that "Previously,
the work was more conversion-driven with quick campaigns, whereas today we work more
strategically and long-term with influencer marketing when it comes to brand awareness and
with multiple touchpoints over a longer period.” This view was shared among several
respondents, Agency 4 elaborated on this, explaining that their focus is on “long term effects
and softer values [...] and building a sense of likeability around the brand.” Company 3
further highlighted that their campaigns "are part of a long customer journey", explaining
that it is particularly important for higher-priced products where "there is a different kind of

credibility in those purchases because these are long-term, high-involvement purchases."

However, a few respondents described a more short-term performance-driven use of
influencer marketing, where the objective was directly linked to measurable customer
behavior. Company 1 stated that their “main goal is almost always to maximize app installs,”
which signaled a more short-term campaign objective rather than long-term brand-building.
Company 5 similarly noted that their "whole business is built around influencer marketing to
generate short-term sales”, illustrating that for some companies, influencer marketing

functions primarily as a short-term strategy.

32



For the majority of the respondents, campaign objectives were not fixed but varied depending
on the type of campaign and product, and whether the focus was product-related or
brand-building. Company 4, for example, explained that for new product launches, the
objective is primarily reach, describing the approach as “more product-focused, not
brand-building”’, with the aim that “people should see the ad several times so the product

stays top-of-mind.”

These contrasting orientations suggest that campaign objectives are not uniform across
companies and that the choice between long- and short-term objectives shapes not only how

campaigns are designed but also how their effectiveness is measured.

4.1.2 Types of Metrics Used

The findings showed that metric selection is largely driven by campaign objectives. Given
that brand-building emerged as the dominant campaign objective across the interviews, seven
of the nine respondents rely primarily on indirect metrics as their primary indicators of
campaign performance. Although engagement was the most frequently used indicator of

campaign performance, the approaches used to measure it differed.

In practice, indirect metrics were collected through a combination of methods. Agency 1
measures indirect outcomes from their clients by "receiving tracking links” but also by
“requesting influencers’ statistics or screenshots” to gain insights into content performance,
including the number of views, reach, likes, comments, shares, and watch time. Agency 2
noted that “the influencers themselves may share screenshots with us showing reach,
comments, engagement, and similar metrics.” However, they typically received consolidated
data through an external agency responsible for providing campaign statistics. Agency 4
further explained that, beyond receiving the influencer’s own statistics, they “in 99% of cases
we also run paid social behind the content, which means we also get a lot of data and
insights from that.” Company 3 similarly emphasized the importance of indirect indicators,
explaining that they “look at reach, but especially engagement. We want awareness and
liking, [..]and to follow the comment section to see that people are positive”’ to measure the

effectiveness of their brand-building efforts.

33



However, several respondents who primarily rely on indirect metrics still use financial
metrics as a complementary measure, indicating that a mixed-method approach is often
necessary to capture campaign performance more comprehensively. Company 1 expressed
that they “look at impressions [...] we also consider engagement such as likes and
comments,” but also highlighted the importance of using direct metrics. Company 2 stated
that they “mainly measure effectiveness through engagement metrics,” but also explained that
they “look at traffic and clicks using UTM links. In addition, we use softer KPIs such as
engagement rate, cost per click, and watch time.” This indicates that engagement is measured
primarily, with direct outcomes measured as a complement. Company 5 similarly highlighted
that they also adopt a mixed method with metrics “regarding engagement, financial metrics,
and also measurements around brand attitude.” Agency 4 mentioned that they sometimes
look at cost per reach or cost per engagement, but primarily focus on engagement. Agency 3
stresses that the chosen metrics must be aligned with the objective of the campaign, noting
that "a number is just a number until you understand it," emphasizing that measurement only

becomes meaningful when connected to a clearly defined objective.

Despite this, measuring direct financial metrics remained limited across respondents. Agency
4 stated that "ROI is very complex in influencer marketing,” which is a common view shared
by many respondents. Nevertheless, some still attempt to measure it. Company 1 explained

its approach to calculating financial outcomes as follows:

“Before entering a collaboration, we often estimate expected performance by looking
at the influencer s typical number of views on sponsored posts. Based on this, we
calculate an expected cost per thousand views. After the campaign, we evaluate the

actual cost per app install, which gives us an indication of performance.”

However, several respondents noted that sponsored posts tend to generate lower engagement
than organic content, making it difficult to estimate performance beforehand. Company 2
further noted that they “used to calculate ROI when we relied more on discount codes, since
that made it easier to track sales |[...] and without discount codes it s difficult to track sales
accurately.” This shift toward brand-building indicates a broader move away from financial

metrics toward engagement metrics.
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4.1.3 Tools and Tracking Methods

In contexts where outcomes are difficult to track, analytical tools become essential for
enabling any form of measurement. The respondents were asked whether they were satisfied
with the tools available for measuring the effectiveness of influencer campaigns. While some
expressed a need for additional or more advanced tools, others felt that their current solutions
were sufficient. Additionally, some organizations rely on external tools, while others have
developed internal systems to address the challenges of evaluating the effectiveness of

influencer marketing campaigns.

4.1.3.1 Internal Tools

The respondents described a range of internal tools used to evaluate influencer marketing
performance. These tools can be categorized by the specific functions they serve in the

measurement process.

For companies with e-commerce or app-based distribution models, internal tools enabled
relatively precise tracking of direct outcomes. Company 1 has an internal tool to “see how
many users download the app from specific platforms, such as TikTok, and how many of those
users also install the browser extension. “ Similarly, Company 5 is able to track their sales
through “UTM tagging and discount codes for almost each collaboration so we can track
both how many people clicked and [...] how many actually bought something.” Agency 2
further noted that a landing page could also function as an internal tool to track the traffic
from a campaign, explaining that “we can track the next step in the traffic if we have a
landing page. We can at least see that out of 5,000 people that viewed the story, 200 clicked
through."”

Some respondents described using more advanced systems, particularly Marketing Mix
Modeling (MMM) tools, which allow them to combine multiple data sources and generate
broader insights into campaign performance. These tools are used to analyze investments

across channels, assess short-term outcomes, and support data-driven decision-making.

Company 3 explained that they use an internal MMM tool, “where all investments are
analyzed and translated into ROL It allows us to compare different channels, but it mainly
captures short-term sales [...] It is very black and white, since it does not capture emotional

or brand-building effects, but I still see it as a useful ‘benchmark’ for evaluating
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performance.” This highlights both the value and the limitations of MMM tools in influencer

marketing.

Agency 4 elaborates that "we have our own MMM tool that covers everything from profile
management and draft handling to reporting, where campaign statistics are fed directly into
the platform along with learnings and insights from the campaign [...] having a data-driven
approach is very important." They also connect campaigns to their insights department,
which conducts optional post-campaign surveys: "Clients can add on a post-campaign survey

asking things like: have you seen this content with this profile, did you appreciate it. “

Agency 3 states that they “mainly work with our own tool.” Through that, we can collect a
lot of data” which they have developed as a response to the challenges they faced in
measuring influencer marketing campaign effectiveness. The tool provides all the data

needed to evaluate campaign effectiveness in relation to the defined objectives.

4.1.3.2 External Tools

In addition to internal tools, several respondents rely on external tools to support the
measurement of influencer marketing campaign effectiveness. These tools include

platform-native analytics, agency-provided platforms, and external tracking mechanisms.

The interviews overall implied that the platform-based tools are approachable tools to track
the engagement and follow up on the statistics for exposure of sponsored posts. Company 2
described using platforms “such as influencer insights and ad platforms like Meta and TikTok
Ads Manager.” However, they also noted that they “use tracking links whenever possible.
These are mainly used in formats such as Instagram Stories or sometimes on Snapchat. In
some cases, we also include links in the influencer s profile bio, although this is less
common.” This indicated that while platform-native tools offered a straightforward way to

track basic statistics, their capabilities remained limited to surface-level engagement data.

Beyond platform-native tools, some respondents relied on external agencies for more
comprehensive measurement support. Company 5 mentions that they “work with an agency
to get more support with data as influencer marketing has become such a big part of our
marketing strategy. It allows us to get more accurate measurements,” which implies that the
use of tools provided by agencies is efficient. Company 4 similarly explained that they “get

help from an influencer agency” to provide statistics for the campaign. Further, Agency 1
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states, “If I'm measuring something myself, I primarily use Tool X *, developed by Agency 3,”

noting that it is available for external companies to purchase and use.

4.2 Perceived Accuracy of Influencer Marketing Campaign Effectiveness

When selecting campaign objectives and corresponding metrics, the choice largely depends
on what the marketing manager considers most reliable and suitable for the campaign. All
respondents were therefore asked whether they consider engagement to be a reliable indicator

of effectiveness.

4.2.1 Perceived Reliability of Engagement Metrics

During the interviews, it was found that most of the respondents primarily rely on measuring
the engagement of an influencer marketing campaign. Therefore, they were asked how well
they perceive engagement metrics to reflect campaign outcomes. Overall, many companies
described engagement as a reliable indicator, particularly when the campaign objective is

brand awareness. This view was reflected in Company 2’s statement:

“We see engagement as a very important and reliable indicator. It s essential for
building a community and increasing brand awareness [...] Influencers are generally
much better at creating engagement, which is why they are such an important part of

our strategy.”

This highlights that influencer marketing is considered especially effective when the aim is to

increase brand awareness. Agency 1 further nuanced this perspective by explaining that:

“If the campaign goal is engagement, then likes, comments, and shares are good
metrics. Otherwise, I would say that these are more indicators of how well the
campaign'’s content perform, while results from UTM links and similar tools are a

better measure of the campaign itself.”

Agency 4 emphasized another perspective, that engagement must be interpreted carefully, as
it can reflect both positive and negative reactions. “/t depends on what KPIs we have set. If
we look at engagement, especially comments, [...] we have to analyze the comment section to

see whether people are actually interested in the product. If none of the comments mention

4 Tool X is a pseudonym used in this study to protect the confidentiality of the agency.
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the product, the engagement figures become very misleading.” This further suggests that
engagement alone is not a reliable indicator; it must be analyzed in context to determine
whether it reflects campaign effectiveness. Agency 3 further reinforced the need to analyze
engagement qualitatively, noting that “High engagement could be a comment section full of

negative comments”, meaning that engagement metrics must be interpreted in context.
4.2.2 Capturing Purchase Behavior

This section explores the extent to which current measurement practices capture actual
purchase behavior, including the accuracy of direct sales tracking, the use of engagement as a
substitute for purchase data, brand attitude measurement, and respondents' perceived

influence on purchase decisions.

Accuracy in capturing purchase behavior differed across respondents and was influenced by
both distribution structure and campaign objective. For respondents with e-commerce or
app-based business models, purchase behavior could be tracked with relative precision.
Company 1 described tracking “the conversion rate from all install to extension install” as a
key indicator of campaign impact, while Company 5 noted that unique discount codes and
UTM links allow them to see “how many people clicked, and more importantly, actually

bought something.”

However, for the majority of the respondents, direct purchase tracking was not feasible, and
engagement metrics or brand attitudes measurements are therefore used as substitutes. While
these were considered meaningful indicators, most respondents acknowledged that they do
not fully capture whether influencer marketing campaigns actually drive sales. Company 3
reinforced this, arguing that influencers who build strong communities "can probably
influence a lot of purchases, even if you cannot directly calculate ROI from it", emphasizing
the long-term role of trust and credibility in shaping purchase behavior. Company 4, which
relies on an external agency to calculate ROI, also notes that these estimates are “not entirely

reliable”, which further strengthens the challenges with calculating ROI.

Company 3 contributed with a further perspective on the limitations of ROI, indicating that

engagement is a more effective driver of long-term outcomes. As the respondent notes:
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“If we only looked at ROI, then we would only invest in Google search or purely
conversion-driven copy. Then we would have no visibility, no emotional connection,

2

and no relationship with the brand. In the long term, I do not think that would work.

This gap between perceived and provable impact carries practical consequences. As noted by
Company 3, this is particularly when justifying budgets internally, as "if you go to senior
management and ask for more budget, you need to show in black and white that something
has worked." Company 1 illustrated the financial risk this creates, observing that the results a
post generates are hard to predict, which "creates a risk, especially when significant amounts

are paid to influencers who typically perform well but do not deliver in a specific campaign.”

To partially address the gap between perceived and measurable purchase impact, several
respondents described incorporating brand attitude measurements as a more structured
substitute for direct purchase data. Agency 3 described comparing "a group that follows the
profiles who did the collaboration against a group that does not follow them, to see if their
response differs.” Agency 4 similarly offered clients the option of post-campaign surveys
asking "have you seen this content with this profile?, did you appreciate it?", describing it as
an add-on to standard reporting. Company 3 described a comparable approach, noting that
they had conducted measurements around brand attitude to assess "how people perceived the

brand before and after seeing the campaign.”

Agency 3 noted another perspective, explaining that influencer marketing offers the unique

advantage of enabling two-way communication and constant feedback.

"What is so fantastic about influencer marketing is that it is rarely a passive
consumer, you get direct responses in the comments or DMs, and you know that this
post has been appreciated, maybe even requested [...] many influencers even ask us if
we have collaborations coming up with certain brands because their followers request

that type of content, that is something quite unique to influencer marketing."
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4.3 Challenges in Measuring Influencer Marketing Campaign Effectiveness

4.3.1 Attribution Challenges

The findings revealed that attribution represents one of the most consistently cited challenges
across all respondents. This section examines the structural challenges respondents face in
attributing campaign outcomes to specific influencer activities, including multi-channel
overlap, retailer data limitations, difficulties tracking offline purchases, isolating influencer

contributions, data reliability issues, and inconsistencies across platforms.

A recurring theme across the interviews was the difficulty of isolating the effect of influencer
marketing and knowing whether it specifically contributed to a sale. Agency 1 described it

through the non-linear nature of the customer journey:

“Consumers rarely make a purchase directly after seeing a single story. They see a
product with an influencer on Instagram, search for it on Google months later, watch
a video on YouTube, and finally click on a retargeting ad. It may have originated from

’

an influencer campaign, but it is impossible to know.’

This was reinforced by Agency 4, which noted that influencer campaigns rarely exist in
isolation: "When we launch a campaign, it often runs at the same time as outdoor
advertising, TV, and everything else, so it is very difficult to measure the effect of influencer
marketing specifically.” Agency 4 further illustrated how rare it is to establish a clear causal
link, observing that "unless something becomes a clear trend [...] it is very hard to attribute

sales to a specific influencer.”

Company 2 described the same problem from a multi-channel perspective, noting that
"several channels claim credit for the same purchase, which makes it hard to know what
actually drove the sale.” Even for companies with access to more advanced measurement
tools, the challenge persists. Company 3 elaborated on this, describing the inconsistency

across their data sources:

"Since we have many independent data sources, it is very hard to say what exactly
tipped the customer over the edge. If we look at Google data, it says one thing. If we

look at Meta, it says another. If we look at our website data, it says something else.
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And then the MMM model says yet another thing. I think you just have to accept that

it is not completely transparent, and take the data for what it is."

The attribution challenge is further complicated for companies selling through third-party
retailers, where access to sales data is limited. Company 2 noted that "We receive very limited
data from our retailers. The only thing we can really see is stock purchases, which makes it
difficult to connect sales to specific campaigns or activities." Several interviews indicated
that this challenge is closely linked to the product's distribution model more broadly. Agency
1 elaborated that:

"If it's an e-commerce business, it's fairly easy to technically track how many people
click through to a purchase. If it's a food product sold in grocery stores, it's naturally

much harder to know how many people went from a TikTok video to the store shelf."

Accordingly, Company 4, which sells products in grocery stores, explained that they “can t
see exactly how many purchases a specific collaboration generated.” This indicates that

capturing returns in terms of actual purchases is highly uncertain and often inaccurate.

4.3.2. Identified Gaps

This section explores the gaps and limitations respondents identified in their current
measurement practices, including the lack of adequate tracking tools, reliance on estimations,
desired attribution improvements, and planned tool developments. The gaps identified by
respondents are closely related to the attribution challenges described in the previous section.
The inability to attribute campaign outcomes often stems from a fundamental lack of

adequate tracking tools. Company 1 noted that:

"The main challenge is the lack of precise tracking. With posts, reels, or TikTok
videos, it is often difficult to determine exactly how many app installs were generated
by a specific piece of content [...] To my knowledge, there are currently no effective

solutions available for this type of tracking.”

In the absence of precise tracking, several respondents reported relying on estimates.
Company 1 noted that posts could vary significantly in performance and that “A¢ the moment,

there is a significant amount of uncertainty, and we often have to rely on estimations. More
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precise tracking capabilities would reduce this guesswork.” Company 3 offered a
complementary perspective, suggesting that partnering with specialized agencies could help
bridge the gap, noting that "it can be useful to work with an agency, because they can

structure and feed in data differently."

When asked about desired improvements, respondents pointed primarily to better attribution
capabilities and a deeper understanding of long-term campaign impact. Agency 1 described
the ideal as being able to apply "multi-touch attribution to better follow the customer journey
across different media types, from influencers to TV." Agency 4 similarly expressed a desire
for "a better connection between influencer data and purchases"” and "a better way of
measuring attention.” Company 3 pointed to a more specific improvement, highlighting the
value of retargeting, noting that "if we know that someone has seen a specific campaign, it

would be useful to continue targeting that person with follow-up messages."

Several respondents also described concrete plans to address these gaps going forward.
Company 2 noted plans to implement their own BI system to “automate data collection and
analysis across platforms”, while Agency 3 described continuously developing their own

platform with a particular focus on helping clients move beyond isolated numbers.

However, not all respondents framed the measurement gap primarily as a matter of tools.
Agency 3 suggested that the primary gap does not lie in the tools themselves but in the
preparations, arguing that the challenge is “if we do not know what the objective is, it
becomes difficult to measure anything. But, if you know from the start what the campaign
aims to achieve, then it is much easier to measure against that goal.” This perspective points
to goal-setting and planning as prerequisites for effective measurement, rather than to tool
development alone. Company 4 reinforced this view from a different angle, noting that
“given where our products are sold, we have the right measurement tools so it is not a tool
problem, it is a structural one.” This suggests that for some companies, the measurement gap
is not driven by a lack of tools but by the commercial context in which they operate.
Company 3 reflected a broader acceptance of measurement limitations, noting that "/ think

you just have to accept that it is not completely transparent, and take the data for what it is."
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5. Analysis

This chapter analyzes the findings by identifying key themes and relating them to previous research. It
also examines the results through the study s theoretical perspectives and addresses the research

question along with its sub-questions.

The empirical findings presented in the previous chapter indicate that measurement practices
in influencer marketing are largely shaped by campaign objectives and internal capabilities. It
was also shown that most companies rely primarily on indirect metrics as proxies for
campaign effectiveness. In the following section, these findings are analyzed in relation to the
Hierarchy of Effects model (Lavidge & Steiner, 1961) and the Resource-Based View (Barney,

1991), as well as the existing literature reviewed in Chapter 2.

5.1 Measurement Practices - Hierarchy of Effects

The findings indicate that indirect metrics, particularly engagement, dominate respondents'
current measurement practices. This aligns with both Li et al. (2026) and Leggett et al.
(2026), who identify engagement as the most commonly used metric in influencer marketing.
While Beichert et al. (2024) describe indirect metrics as mediating indicators rather than an
accurate reflection of the effectiveness, the findings show that companies often use
engagement as their primary objective. The respondents argue that influencers offer a strong
opportunity for brand-building and therefore use it to create likability around the brand,
which will lead to increased sales over time. This long-term orientation is supported by Lin et
al. (2019), who explain that perceived influencer credibility fosters more favorable brand
perceptions, which subsequently drive engagement and purchase. Moreover, Holiday et al.
(2023) emphasize that engagement activities extend beyond the act of purchase, which

corresponds with the respondents’ long-term orientation.

This can be understood through the HOE model (Lavidge and Steiner, 1961), where
awareness is the first stage in the progression towards purchase. The findings reveal that
influencer marketing is particularly effective at driving outcomes in the early stages of
awareness, knowledge, and liking. This indicates that influencer campaigns do not

necessarily lead directly to purchase behavior. Instead, their strength lies in shaping
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early-stage responses and influencing consumers over time. Awareness and knowledge can be
reflected through exposure-based metrics such as watch time, views, and reach, while liking
aligns with engagement metrics such as comments, likes, and shares. The findings suggest
that exposure metrics are commonly assessed statistics that are a valuable complement to
engagement metrics in brand-building efforts. Together, these stages are typically assessed
through indirect metrics, which explains why they dominate current measurement practices.
Several respondents emphasized that high exposure does not automatically imply positive
attitudes or liking and that engagement must therefore be analyzed. This is consistent with
Harambasi¢ and Skare (2024), who highlight the importance of analyzing the drivers of

consumer engagement rather than relying solely on quantitative indicators.

Nevertheless, there is also prior research that contradicts the indirect measurement approach
shown in the findings, arguing that marketers should move beyond likes and comments, as
such metrics do not capture actual customer behavior (Gupta & Verma, 2025). However,
Duffek et al. (2025) emphasize the need to combine direct and indirect metrics to assess the
effectiveness of influencer marketing campaigns. This approach was reflected in several
respondents, who noted that exposure and engagement alone are an incomplete measure of
influencer marketing campaign effectiveness and should be interpreted alongside direct
metrics. While previous research emphasizes the importance of measuring direct outcomes
through financial metrics (Beichert et al., 2024), the findings show that this is not commonly
assessed in practice. This finding contrasts with Leung et al. (2022a), who report that
approximately 70% of companies try to measure ROI for their influencer marketing
campaigns, a finding not reflected in this study. Instead, the findings align with Libai et al.
(2025), who emphasize that customer equity and long-term outcomes serve as the ultimate
measure of marketing effectiveness. This suggests that companies’ reliance on indirect

metrics reflects a strategic choice rather than a measurement limitation.

In contrast to the earlier stages, the later stages, preference, conviction, and purchase, still
remain hard to capture. These stages are more closely aligned with the direct metrics that
only a minority of respondents can measure. The findings show that some companies with
e-commerce or app-based distribution can track these outcomes through conversion metrics,
such as clicks and visits, using tracking links, UTM tags, or discount codes. However, such

approaches are only feasible for companies that control their conversion channels. Companies

44



relying on retailers lack access to point-of-sale data, making direct measurement nearly
impossible. Several respondents described brand attitude measurement as a partial substitute
for direct purchase data. By assessing brand perceptions, companies attempt to capture the

preference stage without access to actual sales data.

While previous literature highlights incremental metrics as a more precise approach to
capturing the causal effect of a campaign (Gordon et al., 2020), the findings suggest they are
rarely used in practice. Only one respondent described using an A/B testing approach by
comparing responses between those who follow a collaborating profile and those who do not.
However, this approach does not fully meet the requirement of a controlled incremental
measurement approach. This further illustrates how most companies do not measure beyond

the lower stages of the HOE model.

5.2 Internal Capabilities - A Resource-Based View

While the HOE model helps understand what companies measure and why, the RBV provides
a framework for understanding why measurement quality varies across companies. Barney
(1991) argues that competitive advantages come from internal resources that meet the VRIN
criteria, i.e., that are valuable, rare, and difficult to imitate. The findings suggest that
measurement capabilities such as data tools, analytical systems, and internal competencies
can serve as such resources, and that differences in these capabilities directly shape what

companies can measure in practice.

However, the findings suggest that many companies rely on the same platform-native
analytics tools, such as Meta and TikTok Ads Manager, to track indirect metrics. Since these
tools are equally accessible to all companies, the data they provide cannot be considered a

rare or inimitable resource in the RBV sense (Fast et al., 2023; Furr & Eisenhardt, 2021).

What differentiates companies, however, is their ability to go beyond these shared tools. The
findings reveal clear differences in internal measurement capabilities across respondents.
Applying the VRIN criteria to these differences offers a more precise understanding of where
competitive advantage in measurement actually lies. Some respondents rely primarily on
in-platform statistics, while others have developed internal systems for data collection and

analysis. Some respondents described using internal MMM tools that consolidate investments
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across channels and translate them into insights. This aligns with Estevez et al. (2024), who
highlight MMM as a more advanced, data-driven approach that provides companies with a
structured basis for optimizing budget allocations and assessing ROI. However, respondents
also acknowledge the limitations of these tools, noting that they mainly capture short-term
sales and do not account for emotional responses or brand-building effects. A notable
exception is Agency 3, which has developed an advanced measurement platform, referred to
as Tool X in this study, which they describe as sufficient for their needs. This reinforces the

idea of RBV that differences in internal capabilities can constitute a competitive advantage.

These differences in tools reflect what Greve (2020) calls organizational differences, i.e., the
idea that companies vary in ways that shape their ability to perform. Greve (2020) further
explains that path dependence helps explain why some companies have developed advanced
measurement systems while others have not. The development of internal tools by some
respondents illustrates this clearly, as these systems were built over time through accumulated
experience and investment that less resourced companies cannot easily replicate. This is
consistent with the RBV, which states that resource availability, rather than strategic intent

alone, determines measurement quality.

This resource gap is particularly evident when measuring direct outcomes. Leung et al.
(2022a) emphasize that ROI offers a more direct measure of campaign effectiveness, as it is
linked to financial outcomes, which, in turn, supports more efficient resource allocation.
However, accessing this level of measurement requires both internal systems and analytical

competence that many companies lack. The interview findings show this gap in two ways.

The most frequently mentioned is the lack of adequate tools. Many companies lack the
internal systems needed to accurately track direct outcomes, and as Harambasi¢ and Skare
(2024) note, current measurement approaches in influencer marketing primarily focus on
engagement metrics and fail to capture the deeper dimensions that drive consumer behavior.
Gupta and Verma (2025) argue that a data-driven strategy improves both accountability and
budget efficiency, which is central when justifying marketing investments (Libal et al., 2025).

However, the findings suggest that most respondents are not equipped to measure in this way.
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The second is a lack of analytical competence. Having access to data is not sufficient if
companies lack the ability to interpret and contextualize it. This was a recurring theme across
the interviews, where respondents emphasized that understanding what the numbers actually
mean is just as important as collecting them. Ascani and Ancillai (2025) identify a similar
pattern, observing that companies struggle to translate social media analytics into actionable
insights not only because of tool limitations but also due to gaps in analytical capabilities. For
example, some respondents mentioned the importance of analyzing comments, as not all
engagements are relevant to the brand itself. Another perspective highlighted in the findings
is that senior management requires clear evidence before approving budgets. In this sense, the
capacity to connect measurement outcomes to strategic decision-making is a valuable and

rare internal resource within the RBV.

To further elaborate on how these internal capabilities function as strategic resources, the
VRIN criteria can be applied to the measurement capabilities identified in the findings.
Regarding value, internal MMM tools and analytical competence enable ROI measurement
that platform-native tools cannot provide, making them valuable in the RBV sense.
Regarding rarity, only a small number of respondents have developed such systems,
confirming that these capabilities are not widely distributed across the industry. Regarding
imitability, the path-dependent nature of tools such as Tool X means they cannot be easily
replicated by competitors, as they were built over years of accumulated experience.
Regarding substitutability, platform-native tools are only a partial substitute because they
cannot capture direct financial outcomes. Taken together, this suggests that advanced
measurement capabilities constitute a genuine source of competitive advantage where they
exist. It also reinforces that most companies' reliance on indirect metrics reflects not only a

strategic orientation toward brand-building, but also a resource constraint.

5.3 The Attribution Gap - Where HOE and RBYV Intersect

The attribution challenges identified during the interviews can be understood through both
the HOE model and RBV. Together, these perspectives explain why the gap between what

companies want to measure and what they can actually measure remains so persistent.

From an HOE perspective, attribution is difficult because the consumer journey is not linear

as the model suggests. Charkravarty and Sarma (2021) argue that the HOE model’s linear
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progressions fail to capture how consumers actually behave in digitally connected
environments. They further emphasize the need to extend the model to reflect the role of
multi-channel influence in shaping purchase decisions. This is consistent with the findings, as
respondents described how campaigns run alongside other marketing activities, and how
consumers may encounter a campaign long before they make a purchase. This makes it
structurally impossible to attribute outcomes to a single channel or activity. Attribution
should therefore also be understood as a conceptual problem rooted in the complexity of how

consumers actually progress through the stages described by the HOE model.

From an RBV perspective, the attribution gap persists not only because the customer journey
is non-linear, but because most companies lack the internal resources required to navigate
that complexity. Accurately tracking consumer progression across multiple touchpoints
requires advanced data systems, cross-channel analytical tools, and the competence to
interpret them. The findings show that these resources are unevenly distributed across
companies. Where companies possess these capabilities, such as internal MMM tools or
advanced platforms like Tool X, they are better equipped to develop a more complete picture
of campaign performance. For most companies, however, the resource constraints identified

in section 5.2 directly limit how much of the attribution problem can be resolved in practice.

Taken together, the findings and analysis suggest that neither indirect nor direct metrics alone
are sufficient to fully capture the effectiveness of influencer marketing campaigns. Indirect
metrics are accessible and well aligned with brand-building objectives, but as Beichert et al.
(2024) note, engagement does not fully capture purchase behavior or financial outcomes. On
the other hand, Libai et al. (2025) further argue that companies need to move beyond
short-term transaction-focused metrics toward broader measurement approaches of customer
equity and long-term brand value. Direct metrics provide more concrete evidence of
commercial impact but are only accessible to companies with the right distribution models
and internal capabilities. A mixed approach that combines indirect metrics for brand-building
with the selective use of direct metrics and brand attitude measurements where feasible,
therefore appears to be the most realistic strategy currently available. This reflects both the
practical realities described by respondents and the broader call in the literature for more
robust, outcome-based metrics that move beyond engagement alone and better capture the

impact of influencer marketing campaigns (Pan et al., 2024; Alipour et al., 2025).
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6. Conclusion

This chapter summarizes the thesis by answering the research question and its sub-questions. It also
outlines the study s theoretical and practical contributions, and discusses its limitations as well as

directions for future research.

6.1 Summary and Conclusion

This study aimed to explore how companies evaluate the effectiveness of influencer
marketing campaigns by identifying the metrics they rely on and analysing how these choices
are shaped by campaign objectives and internal capabilities. The research question guiding
the report was “How do companies measure the effectiveness of influencer marketing, and
how are these measurement practices shaped by campaign objectives and internal
capabilities?” The study was structured around three sub-questions concerning (1) the
metrics and KPIs used in practice, (2) the extent to which these metrics capture engagement

and purchase behavior, and (3) the challenges companies face in measuring direct outcomes.

Regarding the first sub-question, the findings revealed that companies primarily rely on
indirect metrics. It highlighted the particular use of engagement and exposure metrics, despite
the emphasis in previous literature that focused on the need for more financial metrics. This
reliance is largely driven by the objectives of influencer campaigns, which are primarily
focused on building brand awareness rather than generating immediate sales. As a result,
indirect metrics are perceived as more relevant indicators of whether the campaign has

achieved its objective.

The second sub-question examined how well current measurement practices capture
engagement and purchase behavior. The findings indicate that companies generally perceive
their metrics as appropriate for assessing outcomes aligned with brand-building objectives.
However, engagement metrics require additional qualitative interpretation to determine
whether the engagement is positive or negative. Direct purchase behavior is captured to a
limited extent and only under certain conditions. Companies operating through e-commerce
channels can more easily track conversions using tools such as discount codes and tracking
links, whereas companies selling through retailers face significant difficulties in linking

purchases to specific influencer campaigns. As a result, increased engagement and brand
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awareness are often treated as intermediate indicators that may contribute to future sales

rather than direct evidence of purchase behavior.

The third sub-question addressed the challenges companies face in measuring direct
outcomes. The findings reveal that the main barriers are a lack of accessible tools and
technical capabilities to reliably track direct outcomes, and a lack of analytical competence.
Nevertheless, this limitation is not perceived as problematic by most companies, as their
primary objectives are brand-building. Thereby, engagement and exposure are perceived as
sufficient indicators of campaign success for most respondents. This, however, is somewhat
contradicted by the fact that most respondents still expressed a desire for more advanced
measurement tools and better attribution capabilities. This suggests that while the
measurement gap is not experienced as an immediate operational problem, there is awareness

that current practices fall short of the ideal.

Together, the findings provide a clear answer to the research question of how companies
measure the effectiveness of influencer marketing and how these practices are shaped by
campaign objectives and internal capabilities. It revealed that companies measure the
effectiveness of influencer marketing primarily through indirect metrics, a choice largely
shaped by their campaign objectives. Since most influencer marketing campaigns aim to
build brand awareness, companies prioritize engagement- and exposure-based indicators,
which they perceive as the most relevant indicators of campaign success. At the same time,
the study demonstrates that internal capabilities also influence measurement practices.
Companies rely more heavily on indirect metrics because these are supported by easily
accessible analytics tools provided by the platforms, whereas direct financial metrics require
more advanced tracking systems that several companies lack. As a result, direct metrics such
as conversions or sales are used only when technical conditions allow it in terms of tools and
a suitable distribution channel for tracking conversions. Overall, the research concludes that
the effectiveness of influencer marketing campaigns is measured through a combination of
objective-driven metric selection and capability-driven constraints, with indirect metrics

dominating due to both strategic relevance and practical feasibility.
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6.2 Theoretical Contributions

This study contributes to existing literature by elaborating on the research on influencer
marketing measurement from a company perspective. While previous research has
highlighted limitations in current measurement practices, this study contributes qualitative
insights into how these limitations are experienced in practice. This study applies two
established frameworks to the context of influencer marketing: the Hierarchy of Effects
(HOE) model and the Resource-Based View (RBV). Thereby, the study demonstrates that the
attribution gap in influencer marketing is shaped by more than a lack of adequate tools. The
non-linear nature of the consumer journey and differences in internal capabilities across

companies are equally important factors.

First, by applying the HOE model, the study demonstrates that while it provides a useful
framework for mapping measurement practices onto stages of the consumer journey, it also
supports existing critiques regarding the model's applicability in the modern digital
environment. Consumers encounter influencer content across multiple channels over
extended periods, making it impossible to measure a linear progression from awareness to
purchase. This suggests that while the HOE model remains a valuable analytical tool, its
application in digital marketing content should account for the non-linear nature of the

customer journey.

Secondly, the study contributes to RBV literature by demonstrating that measurement
capabilities can be understood as strategic resources. While RBV has been widely applied to
explain competitive advantages across industries, its application to marketing measurement
capabilities remains underexplored. This study suggests that resource heterogeneity directly
shapes companies’ ability to measure direct outcomes. More specifically, by applying the
VRIN criteria to measurement capabilities, the study demonstrates that advanced internal
tools and analytical competence satisfy the conditions of value, rarity, imitability, and
non-substitutability. Moreover, this study highlights that the distribution model through
which companies sell their products constitutes a structural resource constraint that extends

RBV’s framework beyond internal systems alone.

51



6.3 Practical and Societal Contributions

The findings of this study have several practical implications for companies and agencies
working with influencer marketing. First, the study highlights the importance of defining
clear campaign objectives before selecting metrics. The findings suggest that unclear
objectives are among the most significant barriers to effective measurement. Companies are
therefore encouraged to establish a specific and measurable objective prior to launching a
campaign, as the choice of metrics should follow the campaign objective rather than being

determined by what is most easily available.

Second, companies should consider their distribution model when setting measurement
expectations. For e-commerce companies, there are more tools and attribution methods
available, enabling more precise tracking of direct outcomes. However, for companies selling
through retailers or physical stores, direct sales attribution is difficult, regardless of the tools
available. In such cases, alternative approaches such as brand attitude surveys serve as more

realistic proxies for commercial impact.

Third, for companies that lack adequate internal tools or analytical competence, working with
a specialised influencer marketing agency provides access to more structured measurement
support and expertise. Alternatively, consider investing in external measurement tools
developed by experienced industry actors. This allows smaller companies to access more

advanced measurement capabilities without the need to build internal systems from scratch.

Finally, as influencer marketing continues to grow as a major component of marketing
strategy, improving measurement practices becomes increasingly important for responsible
resource allocation. When companies rely on incomplete metrics, they risk misallocating
significant budgets. By contributing to a deeper understanding of how measurement practices
can be better aligned with campaign objectives and internal capabilities, this study supports

more informed and accountable marketing decisions across the industry.

6.4 Limitations & Future Research Directions

This study has several limitations that should be acknowledged. First, the sample size was
relatively small, which is common in qualitative studies, but also limits the generalizability of

the findings. Because the study required respondents with specific expertise and roles directly
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connected to influencer marketing, the number of suitable respondents was limited.
Additionally, the thesis's time constraints limited both the period available for recruiting

respondents and the time required to write and develop the study.

The study is also limited by its Swedish context. Sweden is a digitally mature market with a
strong influencer culture, and measurement practices may differ in countries with other
market structures or levels of digital adoption. Future research could therefore benefit from
comparative studies across different national contexts. Another limitation of the study is the
focus on specific platforms. In this study, TikTok and Instagram are the dominant platforms
within influencer marketing. However, since this is a rapidly evolving landscape, future
research could investigate emerging platforms to understand how measurement practices vary

across them.

Another limitation relates to the scope of the measurement practices analyzed. While the
study focused on direct and indirect metrics for assessing campaign outcomes, it did not
examine how companies set budget levels or develop pricing strategies for influencer
marketing. Future research could explore how companies justify investment levels, negotiate

influencer fees, and assess value in the absence of robust financial attribution.

Finally, this study highlights the need for more research on advanced measurement
approaches. Future studies could examine the use of incremental metrics, marketing mix
modeling (MMM), and cross-channel attribution to better understand how influencer
marketing contributes to broader marketing performance. Such methods could provide deeper
insights into causal effects and help companies move beyond the limitations of

platform-provided metrics.
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Appendices

Appendix 1: Participation Information Sheet

i
JOMKOPING UNIVERSITY

|Ankdping Intermational
Bus

i+
Participation Information Sheet
You are being invited to take part in a thesis study. Before you decide whether or not to take part, it is
important for you to understand why the research is being done and what it will involve.

Please take time to read the following information carefully.

Purpose of study:

This study is conducted as part of a Bachelor’s thesis at Jonképing International Business School. The
purpose of the study is to examine how companies measure the effectiveness of influencer
marketing campaigns and to explore different methods and metrics used in practice. The study also
contributes to student learning, particularly in relation to research methodology. The data collected
through this interview will be analyzed and used to support the findings and conclusions of the
thesis. The study will be conducted between March 2™ and April 30" 2026.

it is entirely up to you to decide whether or not to take part. All the information that we collect
about you during the course of the research will be kept strictly confidential. You will not be able to
be identified in any ensuing reports or publications.

Under GDPR you have the following rights over your personal data:

s The right to be informed. You must be informed if your personal data is being used.

* The right of access. You can ask for a copy of your data by making o ‘subject access request’,

s The right to rectification. You can ask for your data held to be corrected.

= The right to erasure. You can ask for your data to be deleted.

= The right to restrict processing. You can limit the way an organisation uses your personal data if
you are concerned about the accuracy of the data or how it is being used.

= The right to data portability. You have the right to get your personal dota from an erganisation
in a way that is accessible and machine-readable. You also have the right to ask on organisation
to transfer your data to another organisation.

= The right to object. You have the right to object to the use of your personal data in some
circumstances. You have an absolute right to object to an organisation using your data for direct
marketing.

= How your data is processed using automated decision making and profiling. You have the right
not to be subject to a decision that is based solely on automated processing if the decision affects
vour legal rights or other equally important matters; to understand the reasons behind decisions
made about you by automated processing and the possible consequences of the decisions, and to
object to profiling in certain situations, including for direct marketing purposes.

You should also know that you may contact the data protection officer if you are unhappy about
the way your data or your participation in this study are being treated at dpo@ju.se

Thank you for reading this information sheet and for considering to take part in this research study.
Contact details for further information:

Thesis supervisor: Caroline Teh Thesis student: Annie Ornskog Thesis student: Olivia Berg
caroline.teh@ju.se oran23kg@student.ju.se beol23ad@student.ju.se
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Appendix 2: GDPR Consent form

-
JONMKOPING UNIVERSITY

sekiiping Inteenational

Biriness Schoo

GDPR Thesis Study Consent Form

Required by European Union General Data Protection Regulation 2016/679

GDPR Consent for the Study: “Measuring Influencer Marketing Effectiveness: How Companies Use
Indirect and Direct Metrics to Evaluate Campaign Performance”

By taking part in this study, | consent to the following:

* | voluntarily agree to participate in this study and understand that | can refuse to answer any
question and withdraw from the study at any time without providing a reason.

* | understand that the information | provide will be handled in accordance with GDPR.

My signature indicates that | have read and understood the information above and agree to
participate in this study.

Name of participant [IN CAPITALS] Signature Date

Thesis contact details for further information
Annie ﬁrnskog, +46 76 052 24 14, oran23kg@student.ju.se
Olivia Berg, +46 76 394 25 09, beol23ad@student.ju.se
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Appendix 3: Interview Guide English

1. Could you briefly describe your company and your role?

2. Can you describe how your company currently works with influencer

marketing, and which platforms you primarily use?

3. How long have you been workimg with influencer marketing. and how

has your approach developed over time?

4. How do you currently measure the effectiveness of your influencer
campaigns? Do you use any specific tools or platforms to track and

evaluate campaign results?

5. Do you adapt the metrics or KPIs you use depending on the objectives of

the campaign?

6. Do you use tracking links, discount codes, UTM tags. or other attribution

methods?
7. How do you calculate ROI for influencer marketing, 1f you do?

8. To what extent do you consider engagement metrics such as likes,

comments, and shares to be reliable indicators of campaign effectiveness?

9. What challenges do you face when trying to link influencer activities to

actual customer behaviour?

10.What are the biggest challenges you experience when measuring

influencer marketing performance?

11. What improvements would you like to see in tools or data for measuring

the effectiveness of influencer campaigns?
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Appendix 4: Interview Guide Swedish

1. Beritta kort om ditt féretag och din roll?

2. Kan du beskriva hur ditt foretag arbetar med influencer marketing idag,
vilka plattformar anvinder ni?

3. Hur ldnge har ni arbetat med influencers, och hur har ert arbetssétt
utvecklats over tid?

4. Hur miter ni idag effekten av era influencer-kampanjer? Anvinder ni
nagra specifika verktyg eller plattformar for att f6lja upp resultatet?

5. Anpassar ni vilka métt eller KPI:er ni anvinder beroende pa kampanjens
mal?

6. Anvinder ni sparningslinkar, rabattkoder, UTM-taggar eller andra
attributeringsmetoder?

7. Hur arbetar ni med att berdkna ROI for influencer marketing, om ni gor
det?

8. Ivilken utstrackning anser ni att engagemangsmatt som likes,
kommentarer och delningar ér tillforlitliga indikatorer pa kampanjens

effektivitet?

9. Vilka utmaningar moéter ni nir ni forsoker koppla influencer-aktiviteter
till faktiskt kundbeteende?

10.Vilka ar de storsta utmaningarna ni upplever nér det géiller att méta
influencer marketing?

11.Vilka forbéttringar skulle ni vilja se 1 verktyg eller data for métningen av
effektiviteten av influencer-kampanjen?
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Appendix 5: Data Structure
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Appendix 6: Declaration of Al

DECLARATION

We hereby declare that this thesis represents our own work.

We declare that we have obtained the necessary ethical approval (GDPR) and acknowledged
our obligations and the rights of the respondents in the research. We declare that if we have
made use of non-sensitive personal data we have collected GDPR Thesis consent forms,
including contact details with respondents in our study.

We have read and applied the Jonkaping University's current research ethics guidelines with
regards to the use of artificial intelligence (Al) tool in this work as presented in the Course
Guide. During the preparation of this work the authors used the following Al tools and the
purpose for their use.

- Microsoft Copilot has been used to translate the interview transcripts from Swedish
to English, after which the translations were manually reviewed to ensure accuracy
and preserve the messaging and intent of respondents’ statements. Grammarly was
used to correct grammar errors and improve clarity.

- Microsoft Copilot and Claude have been used to provide synonyms, interpretations,
and explanations to various terms and concepts.

- Grammarly was used to correct punctuation errors, article usage, and improve the
overall clarity of the written text.

Al was not used to generate empirical findings, analyze interview data, or produce theoretical
arguments. All analytical and interpretive work was conducted by the authors, and the use of
Al was limited to improving the written expression of ideas already developed by the authors
themselves.

As authors, we have reviewed and edited the content as needed and take full responsibility for
the content of the thesis.

2
Signature: MMM/

Date: 21- 05‘?-6

Signature:

Date: 9.‘ '05‘26
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