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This thesis investigates fractional real estate investing in Dubai through the platforms
SmartCrowd and Stake, focusing on (1) exit performance, (2) investor accessibility, and (3)
fundraising dynamics. Using a dataset of 59 exited properties and 198 funded properties
between 2020-2025, the study applies descriptive statistics, correlation, and regression

analysis to examine investment outcomes and participation patterns.

The analysis of (1) exit performance indicates that premium locations in Dubai deliver
stronger capital appreciation, while smaller units, particularly studios, achieve higher rental
yields. Regression models, however, reveal limited explanatory power due to the restricted
sample size while also suggesting that broader market cycles such as the recent bullish growth
in Dubai’s property sector could outweigh individual property characteristics. (2) Investor
accessibility is found to be substantially improved by fractional investing platforms. With
minimum investment thresholds as low as AED 500, both Stake and SmartCrowd open high-
value real estate opportunities to smaller investors and enable diversification across multiple
properties. The findings for (3) fundraising dynamics show that unit size and location
influence the speed of funding and the total investor participation for each funding. In
addition, valuation discounts and high expected rental yields emerges as an important signal

to investors, accelerating capital inflows and highlighting the relevance of signalling theory.
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Denna uppsats undersoker fraktionerade fastighetsinvesteringar i Dubai genom plattformarna
SmartCrowd och Stake, med fokus pa (1) avkastning vid exit, (2) investeringsdtkomlighet och
(3) finansieringsdynamik. Med hjdlp av ett dataset bestaende av 59 avslutade
fastighetsinvesteringar och 198 finansierade objekt mellan 2020-2025 tillimpas deskriptiv
statistik, korrelations-och regressionsanalyser for att undersoka investeringsutfall och

deltagandemdnster.

Analysen av (1) exit-prestanda visar att premiumldgen i Dubai generar starkare
kapitalappreciering, medan mindre enheter, sirskilt studios, uppnar hogre hyresavkastning.
Regressionsmodellerna uppvisar dock begransad forklaringskraft pd grund av det begrénsade
urvalet av avslutade objekt. Resultatet antyder att bredare marknadscykler, sisom den senaste
starka tillvixten pa Dubais fastighetsmarknad kan viga tyngre én enskilda
fastighetskarakteristika. (2) Investeringsatkomligheten forbéttras avsevirt genom
fraktionerade investeringsplattformar. Med ldgsta investeringsnivéer sd ldga som 500 AED
Oppnar SmartCrowd och Stake upp hogvirdiga fastighetsmojligheter for mindre investerare
och mojliggdr diversifiering Gver flera fastighetsobjekt. Resultaten for (3)
finansieringsdynamiken visar att enhetsstorlek och lage paverkar bade hastigheten i
finansieringen och det totala antalet investerare per projekt. Dartill framtréder
vérderingsrabatter och hoga forvintade hyresavkastningar som viktiga signaler till

investerare, vilka paskyndar kapitalinfloden och understryker relevansen av signaleringsteori.
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1 Introduction
1.1 Background

Fractional real estate investing represents a modern financial innovation that leverages digital
platforms to enable individuals to acquire partial ownership in a physical property asset.
Traditionally, the real estate market has been characterized by high transaction costs,
significant barriers to entry, and sluggish responsiveness to shifts in demand, making it
inaccessible to smaller investors (Thota, 2019). By allowing properties to be divided into
fractional shares, platforms such as SmartCrowd and Stake make it possible for individuals to
invest with significantly lower capital, thereby democratizing access to the real estate market.
This model is particularly relevant in Dubai, a city experiencing rapid demographic growth,

increased tourism, and a surge in demand for residential real estate.

Although fractional investing can be implemented through blockchain-based tokenization, the
models used by platforms, in this research, SmartCrowd and Stake rely instead on regulated
special purpose vehicles (SPVs) to allocate ownership (SmartCrowd, n.d.). This approach
retains many of the benefits associated with tokenization, such as fractional ownership,
transparency and accessibility, while operating within existing legal and financial frameworks

(Gupta et al., 2020).

Compared to traditional structures like Real Estate Investment Trusts (REITs), which offer
pooled exposure to large property portfolios, digital fractional investing allows investors to
select individual properties and gain more direct exposure to specific markets, areas or
property types. While it lacks the decentralized blockchain trading functionality of
tokenization platforms, SPV-based real estate crowdfunding provides a practical and

compliant alternative for democratizing property investments in Dubai.

1.2 Research Gap

While previous research has explored both fractional real estate models (Lowies et al., 2018)
and blockchain-based tokenization of real estate (Avci & Erzurumlu, 2023: Kreppmeier et al.,
2023), the specific market dynamics, investor behaviour and funding mechanism within

Dubai’s emerging digital property investment platforms remain largely unstudied. Therefore,



there is currently a lack of empirical research focused on fractional real estate investing in the

UAE context, particularly in relation to success factors and investor participation.

1.3 Research Purpose and Research Aim

This research examines how digital fractional real estate investing operates in practice and
evaluates its impact on investment outcomes, market accessibility, and fundraising dynamics
in Dubai. The study aims to (1) identify which property and investment characteristics are
most strongly associated with higher returns in exited projects, (2) assess the extent to which
digital SPV-based crowdfunding models lower barriers to entry for smaller investors, and (3)
determine the key factors influencing funding speed and investor participation.

The findings of this study may provide valuable insights for aspiring property developers
exploring crowdfunding as a financing method, investment platforms aiming to improve their

features and investors who are considering investing in digital fractional real estate.

1.4 Research Questions

1) Which property and investment characteristics are most strongly associated with
higher returns in exited fractional real estate investments in Dubai?

2) To what extent does digital fractional real estate investments lower barriers to entry
for smaller investors?

3) Which factors have the greatest impact on successful fundraising in fractional real

estate projects?

1.5 Limitations

This study is subject to several limitations. First, all data is derived from the Dubai real estate
market, specifically from the two digital fractional investment platforms SmartCrowd and
Stake. To analyse property price development, a sample of 14 fully exited properties from
Stake and 45 exited properties from SmartCrowd was examined. For the analysis of funding
behaviour including factors such as funding volume and funding time, an additional of 41
funded SmartCrowd properties and 150 funded Stake properties were included in the

research.



2 Theoretical framework

2.1 Theoretical Models
2.1.1 Blockchain Technology and Smart Contracts

Although Blockchain-based tokenization is not the operating structure of the platforms
studied in this thesis, it provides a useful insight to understand how market design choices
shape returns, accessibility and fundraising dynamics in fractional real estate.

Blockchain technology, as first introduced by Satoshi Nakamoto (2008), is a decentralized
and distributed digital ledger designed to enable secure and transparent transactions without a
third party. Blockchain consists of a chain of cryptographic blocks, each containing a set of
transactions verified by a network of nodes. This structure ensures that once a block is added,
it becomes immutable (Nakamoto, 2008). While Bitcoin (BTC) revolutionized digital
transactions, it was primarily designed as a store of value. However, its limited
programmability left room for further innovation such as Ethereum (ETH). Ethereum was
introduced by Vitalik Buterin in 2015 as a programmable blockchain and was designed to
support smart contracts and decentralized applications (Coinbase, n.d.). Smart contracts can
be explained as programs that execute automated financial processes. In Real Estate, Smart
Contracts can, in principle, automate rent distribution and secondary transfers. This
automation does not change the economic proportional of the investor, but it can alter
operational costs, speed and reduce risk for error-handling. In fractional real estate, cash flows
from rent are distributed to investors according to their ownership share. Investors hold shares
that owns the title, and payments are made to shareholders in proportion to the amount
investment, net of costs (management, maintenance and platforms fees). Understanding these
parallels between blockchain-technology and SPV platforms helps highlight which
efficiencies in the industry come from the technology and which are driven by broader market

design.

2.1.2 Investment Theory

Investment theory provides a framework for understanding how investors allocate capital,
handle risk and maximize returns. It encompasses various financial models that explain how
assets are priced and how investment portfolios should be structured to achieve optimal risk-
adjusted returns. One of the core principles is the risk-return relationship, which suggests that

higher returns are associated with higher levels of risk (Ding, 2024). Modern Portfolio Theory



introduced by Harry Markowitz in 1952 is one of the most known models in investment
theory. It proposes that investors can construct an optimal portfolio by diversifying assets to

maximize expected return for their level of risk (Ding, 2024).

In the context of real estate, portfolio diversification has traditionally been constrained by
high entry barriers and illiquidity. However, fractional ownership of individual properties is
making it feasible for smaller investors to construct diversified real estate portfolios. These
platforms align well with the principles of portfolio theory, as they allow capital to be
distributed across multiple assets based on investor-defined criteria such as location, rental
strategy and expected yield and thereby enhancing diversification and reducing exposure to

asset-specific risk.

2.1.3 Liquidity Theory

Liquidity theory is a fundamental concept in financial markets, describing the ease with which
assets can be traded without significantly affecting their price. While traditional financial
markets, such as stocks and bonds, are liquid and easy to trade, the traditional real estate
market is inherently illiquid due to its characteristics such as high transaction costs and long
settlement periods. This illiquidity makes it difficult for investors to quickly exit positions or
reallocate capital in response to market changes. One of the key insights into the relationship
between liquidity and asset pricing comes from Amihud (2002) that less liquid assets require
higher expected returns to compensate investors for their liquidity risk. This framework
suggests that improving liquidity can have a direct impact on both asset pricing and investor

participation.

In the context of fractional real estate investing the digital platforms SmartCrowd and Stake
have restricted the secondary sales to only two windows per years, where investors are
allowed to exit their positions (Stake, 2025; SmartCrowd, 2025). While this structure
improves upon the illiquidity of traditional real estate, it does not offer continuous or open-
market liquidity. As such, investors remain exposed to timing risk and may require higher

expected returns to justify the reduced flexibility compared to more liquid asset classes.

2.1.4 Signalling Theory

Signalling theory addresses how parties with private information convey credibility to less

informed participants. In Spence’s classic job-market model, he explains that education



functions noy by increasing productivity but by serving as a signal of worker ability.
Education therefore works as a signal that employers use to separate high-and low ability

people (Rasmusen, 2007).

In the context of fractional real estate investing, platforms such as SmartCrowd and Stake rely
heavily on signalling to attract investors. Offering a discount to independent valuation or
highlighting a high expected net yield can serve as signals of investment attractiveness.
SmartCrowd and Stake rely on independent third-party valuations to disclose their discount to
market value, which enhances credibility despite the higher cost for obtaining the valuation.
In addition, they also provide full transparency by sharing all underlying calculations behind
their expected net yield estimates. Together, this reduces information asymmetry and

strengthen investor confidence, making the platforms offerings more credible and appealing.



3 Literature Review
3.1 Traditional Real Estate Investment

Real estate has long been considered a cornerstone asset class in portfolio construction due to
its relatively stable cash flows, potential for capital appreciation, and low correlation with
equites and bonds (Baum, 2021). Traditionally, access to the real estate market has been
enabled through direct ownership or investment vehicles such as open- and closed-end funds
and Real Estate Investment Trusts (REITSs). These structures, particularly REITS and funds,
have significantly broadened access to real estate, made the asset class more accessible to
retail investors, lowered the entry barriers, and simplified exposure to large-scale commercial

and residential property markets through regulated, tradable instruments (Liu & Chen, 2025).

While REITs have improved liquidity by enabling real estate shares to be publicly traded on
stock exchanges, they still rely heavily on centralized management, institutional governance,
and traditional financial infrastructure. As such, investors face limited control or transparency
over individual property-level performance since REIT and fund portfolios typically consist
of diversified holdings managed by professional asset managers (Feng et al., 2011). The
presence of administrative layers introduces operational costs and fee structure that reduce net
returns to investors. However, the regulatory clarity and the stable route for portfolio

diversification have made REITs and funds attractive for investors (Feng et al., 2011).

While real estate investments offer diversification and regulatory stability, they do not
eliminate the inherent risks associated with the underlying real estate assets. Investors must
still contend with a variety of property-level factors, such as property type and tenant profile,
that can impact the risk-return profile of real estate investments. One major risk factor is
possibility of rent default which directly affects expected cash flows. This risk is more
pronounced in single-tenant buildings where a vacancy can result in complete income loss
(Kreppmeier et al. 2023). However, single-family properties can often have lower risks since

they usually are in desirable suburban areas (Kreppmeier et al., 2023; Ling & Archer, 2023).

This leads us to another risk factor, location. Location is one of the most important
determinants of property value. Since real estate is immobile, its value is closely related to the
site. Properties in well-connected, growing urban or suburban areas tend to offer lower

vacancy risk and more demand (Kreppmeier et al., 2023). Additionally, institutional support



mechanisms, such as the U.S. Section 8 housing assistance program, can further reduce
income risk. Through this program, rent is paid directly to landlords by the government,

ensuring stable rent payments (Kreppmeier et al., 2023).

3.2 Tokenization of Real Estate

As an alternative to traditional real estate investment structures, tokenization has emerged as
an investment model to address key limitations such as high entry barriers, illiquidity,
transparency, accessibility and direct ownership. By enabling fractional ownership of
individual properties through digital tokens, tokenization offers a more flexible approach for
investors (Liu & Chen, 2025). These tokens are typically issued through Security Token
Offerings (STOs) and are classified as financial securities, meaning they are subject to
existing legal framework (Avci & Erzurumlu, 2023). In real estate, this means STOs can grant

investors equity in specific properties or portfolios.

A central component enabling tokenization is the use of smart contracts that can automate
processes such as rental income distribution and transfer of ownership rights, eliminating the
need for intermediaries which will reduce transaction times and costs (Mottaghi et al., 2024).
For example, once rental conditions are input into a smart tenancy contract, it can
autonomously trigger monthly rent payments, log transactions etc. Tokenization also
introduces a new level of transparency since property data and transactions can be embedded

on-chain (Mottaghi et al., 2024).

Unlike REITs and traditional funds, tokenization allows investors to directly select exposure
based on property type, location, tenant profile etc, rather than buying into pooled portfolios
managed by third parties. This investment flexibility is evident in the empirical findings of
Swinkels (2023), who analysed 58 tokenized residential properties on the RealT platform,
with majority located in Detroit, Michigan. The study found that each property had a median
of 254 individual token holders, indicating substantial fragmentation of ownership. The data
revealed that 22% of investors with more than $5,000 invested held tokens in over 40
different properties. Only 18% of investors with more than $5,000 invested held tokens in five

different properties or less.



This pattern of diversified investing is further supported by Kreppmeier et al. (2023), who
analysed over 238 000 blockchain transactions from 173 tokenized real estate projects, also
issued via RealT, and again primarily concentrated in Detroit. Their findings reveal that
individual investors hold tokens in an average of 10 different properties, with some of the
wallets being linked to as many as 171 unique assets. This suggests that tokenization
significantly reduces traditional barriers to portfolio diversification at the property level and
investors can create their own unique portfolio (Kreppmeier et al., 2023; Swinkels, 2023).
Investors can construct their own strategies and spread-out risk by investing in properties with
different property types, locations, and tenant profiles without relying on institutional fund

managers.

In addition to enhancing diversification within the real estate sector, tokenized properties tend
to exhibit distinct return-risk characteristics compared to other asset classes. In a study
analysing 180 real estate security tokens issued on the RealT platform, Steininger (2023)
found that these assets do not closely correlate with the housing market, REITs, or
cryptocurrency. Instead, they show an independent price behaviour, suggesting them as
potential diversifier in multi-asset investment strategies (Steininger, 2023). Notably, around
90% of the tokenized properties in the dataset were in Detroit and traded via the Ethereum

blockchain.

3.3 Crowdfunding in Real Estate

While there are several crowdfunding types, this research will focus on real estate
crowdfunding. Real Estate crowdfunding offers mutual benefits for both investors and funder.
For investors, it significantly lowers the capital required to enter the property market,
lowering the individual risk and allowing for better portfolio diversification. At the same time
the funder benefit from faster and more flexible access to capital (Borrero-Dominguez et. al,

2020).

Platforms such as SmartCrowd and Stake have crowdfunding for a diverse range of real estate
strategies, including long-term rentals, short-term rental properties, and fix-and-flip
investments. One of the core advantages of this investment model is the ability for individuals

to access high value real estate opportunities that would otherwise be financially out of reach.



Since ownership is fractional, both financial risk and maintenance responsibilities are shared

among multiple investors (Stake, n.d.-a).

Due to regulations set by the Dubai Real Estate Regulatory Authority (RERA), no more than

four individuals can be listed on a property’s title deed. To enable a larger number of

investors, platforms such as SmartCrowd and Stake establish a SPV. This structure ensures

that all investors are legally linked to the property through their proportional ownership of
shares in the SPV (Stake, n.d.-b).

Table 1
Comparison of Different Real Estate Investments
. oo Crowdfunding
Dimension Ovlv)lizxfﬁ REITs / Funds f];’llffc‘l‘(‘czl‘;‘;‘l‘:l‘)‘ (Stake /
P SmartCrowd)
Very high entry | Lower entry barriers | Very low entry barriers | Very low entry
Accessibilit barriers. Requires | via shares/funds- through fractional barriers via
Y purchasing entire | Accessible to retail |tokens (digital fractional SPV
property. investors. ownership). shares.
Moderate. Peer-to-peer Moderate
Very low. Relatively high. token trading possible ’
D . Secondary markets
Liquidity Transactions take | Traded on stock but depends on L
limited; usually
months/years. exchanges (REITs). |platform and o
. exit windows.
regulation.
. . . Moderate.
Investor controls | Limited property- High. Blockchain .
o . Platforms provide
due diligence. No |level transparency | enables on-chain . .
Transparency information but
external managed by property and
. . depend on SPV
transparency. professionals. transaction data. )
reporting.
Difficult. Usually g:lvselfsrl fi );posure to High. Tokens allow High. Fractional
Diversification | concentrated in . portfolio construction | access enables
. portfolios of ) . .
few properties. . across many assets. diversification.
properties.
Full control but Smart contracts
also full Centralized Platform-managed
s automate aspects (rent . .
responsibility for | governance by asset | .. .. i via SPV, investors
Governance . distribution etc.); .
management, managers; investors o are passive
) ownership rights are
tenants, and passive. shareholders.
. coded.
maintenance.
High prer idiosyncratic
. risk due to . .
. concentration . . Lower risk due to Lower risk due to
Risk Factors . . diversification; . . . . . .
risk, vacancy risk, . diversification. diversification.
SO subject to market
location risk. risk

Note. The table summarizes key differences between direct property ownership, REITs/funds,

tokenization via blockchain, and crowdfunding. The comparison highlights accessibility,

liquidity, transparency, diversification opportunities, governance structures, and associated

risk factors.




3.4 Dubai Market
3.4.1 Demographics

Over the past decade, Dubai has experienced remarkable demographic growth. As of April
2025, the city’s population reached 3.9 million residents, compared to 2.3 million in April
2015, indicating a population growth of 70% over the last ten years (Dubai Statistics Center,
2025). This rapid expansion has been accompanied by a increase in real estate development,
supported by government initiatives to attract foreign investments. The continuous inflows of
expatriates, professionals and entrepreneurs have increased the demand for both residential
and commercial properties (DXBInteract, 2025a). Tourism in the area has also had an
extraordinary growth. In 2024, the city recorded a historic milestone by welcoming 18.7
million tourists, an increase of 9% from 2023, making it one of the world-s most visited
destinations (Dubai Department of Economy and Tourism, 2025). This rise in tourism has

increased the city’s attractiveness as a place to live, work, and invest in.

3.4.2 Role of Government

While Dubai’s population has surged in recent years, this growth is deeply rooted in a long-
standing tradition of urban planning. Since the 1960s, when the city had only 40,000 residents
and a built-up area of merely 3.2 km?, Dubai has adopted six strategic master plans. The 1960
and 1971 master plans laid the foundation for spatial zoning and initial infrastructure followed
by 1985 Structural Plan and the 1995 Urban Area Structure Plan. By 2012, with the Dubai
2020 Structure Plan, the population surpassed 1.9 million and the urban area extended over
1.335 km?, showcasing the city’s strategically managed expansion. This evolution reflects a
consistent governmental commitment to long-term spatial planning, forming the backbone for
today’s ambitious Dubai 2040 Urban Master Plan (Dubai Municipality, 2022).

Table 2

Evolution of Dubai’s Master Planning, 1960-2012: Urban Area and Population Growth

Across Key Planning Milestones

Plan Year Plan Name Population Urban/Built Area

1960 Dubai Master Plan 40,000 3.2 km? (Built Area)

1971 Dubai Master Plan 80,000 80 km? (Zoned Area)

1985 Dubai Structural 370.000 367 km? (Urban
Plan Area)

10



1995 Dubai Urban Area 674.000 1,035 km? (Urban
Structure Plan Area)

2012 Dubai 2020 1,905,000 1,335 km? (Urban
Structure Plan Area)

Note. Table reports major planning milestones in Dubai between 1960 and 2012, showing

population estimates and the extent of the built in each plan.

The upward trend is set to continue as Dubai implements large-scale infrastructure projects
and long-term strategic plans aimed at supporting both population growth and tourism. With
constructions as the new AED 218 billion terminal at Al Maktoum Internation Airport and the
expansion of Dubai Metro, hints at an upward trend of growth ambitions. These initiatives are
aligned with the Dubai 2040 Urban Master Plan, which is the new Master Plan launched in
2021 (UAE Government, 2023).

The Urban Master Plan project’s Dubai’s population to reach 7.8 million by 2040, effectively
doubling housing demand. The plan emphasizes sustainability, smart-city technologies and
innovation, which are expected to lead to long-term value appreciation in real estate (haus &
haus Real Estate, 2025). Another government agenda is the D33 Agenda, which aims to
double Dubai’s economy by 2033. With goals such as increasing GDP to AED 32 trillion,
attraction AED 650 billion in foreign investment, the city is clearly set on becoming a global

market for international business and investment (haus & haus Real Estate, 2025).

3.4.3 Dubai Real Estate Market Overview

Dubai’s real estate market stands out strongly in comparison to other global cities. While
prime markets in London typically deliver 2-5% annual growth and New York stagnated,
Dubai has recorded a 16.5% increase in its All-Residential Price Index in 2024. Since 2020,
the average property price has grown 70% over four years (haus & haus Real Estate, 2025).
As 0f 2024, the average prices per square foot in Dubai ($405) was far lower than New York
($1.500) and London ($1.023), while the average rental yield was higher than both cities.
Indicators such as Dubai’s comparatively high rental yields, strong property price growth,
together with its ranking as the world’s second-safest city, by Global Safety Index 2025, have
contributed to the city’s population growth of 204,000 residents in 2024. In the same year,

Dubai had 169.083 real estate sales transactions (42% increase from 2023) and a total real
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estate transaction value of AED 427 billion (up 34% year-on-year) (haus & haus Real Estate,

2025).
Table 3
Dubai vs. Other Global Cities: A Side-by-Side Comparison
Metric Dubai, UAE London, UK New York, USA
onerage Rental Yield 6.9% 349 3459
(%)
Property Price o 0 0
Growth (2024) (%) 16.5% 2.9% 3.1%
gj‘f)"tal Gains Tax 0% Up to 28% Up to 20%
0
Aonnual Property Tax 0% 249, 129
(%0)
Average Price Per
Sqft (USD) $335 $1,402 $1,611
Note. Adapted from the haus & haus investment playbook (haus & haus Real Estate, 2025, p.
11-12).
Price per sqft
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1200 1196 1200
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Figure 1

Median Apartment Prices per Square Foot in Dubai, 2012-2025 (Adapted from DXBlInteract,

2025b)
Note. The figure shows the median apartment prices per square foot in Dubai between 2012

and 2025. The y-axis represents prices in AED per square foot.

Figure 1 illustrates Dubai-s long term apartment price trends over the past decade. After

peaking in 2014, the prices declined until 2020, when they bottomed out at around AED per
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1101 sq. ft. This coincided with the economic slowdown and uncertainty during the COVID-
19 pandemic. However, from 2021 onwards prices rebounded and rising in average 11% per

year until 2025.

3.4.4 Prime and Growth Locations in Dubai Real Estate

Like any global city, Dubai has areas considered more “prime”, where property values are
higher thanks to their proximity to landmarks, beaches, or iconic attractions. Haus & haus
(2025) categorize different areas in Dubai into three categories; Billionaire Playground (Ultra-
Prime), Mid-Tier Goldmines (Strong Yields & Growth) and Midtier-Goldmines (Future
Capital Appreciation).

¢ Billionaire Playground: Palm Jumeirah, Jumeirah Bay Island, Downtown Dubai,
Dubai Hills Estate — all positioned as trophy assets with exclusivity, lifestyle appeal,
and strong long-term resale value.

e Mid-Tier Goldmines: Burj Khalifa District, Business Bay, Jumeirah Village Triangle,
Dubai South, Dubailand and Jumeirah Lake Towers — delivering consistent rental
demand and attractive returns.

e Emerging Hubs: Expo City Dubai, Dubai Creek Harbour, Dubai Islands, Dubai South
near Al Maktoum Airport — new growth areas expected to see significant appreciation

as infrastructure and demand grows.

To complement the qualitative insights, a table has been compiled using data from the from
Bayut’s (UAE’s largest Real Etate Portal) apartment sale price data.

Table 4

Apartment Prices per Square Foot (AED) by Dubai Area: One-Year and Three-Year
Averages and Price Deviation to All Areas (Bayut, n.d.)

Price per square  Price deviation to

foot All Areas

Dubai Area 1Year | 3Year | 1Year | 3 Year

All Areas 1831 1755 0.00 0.00
Al Barari (Majan) 1793 1602 -0.02 -0.09
Al Furjan 1276 1115 -0.30 -0.36
Al Sufouh 1468 1622 -0.20 -0.08
Arjan 1343 1229 -0.27 -0.30
Business Bay 2356 2181 0.29 0.24
Creek 2435 2195 0.33 0.25
Damac Hills 1355 1283 -0.26 -0.27
DIFC N/A N/A N/A N/A




DWC, Al Wasl 2943 2632 0.61 0.50
Downtown 2848 2619 0.56 0.49
Dubai Hills 2359 2110 0.29 0.20
Dubai Marina 2263 1936 0.24 0.10
Dubai South 1457 1082 -0.20 -0.38
Dubailand 964 879 -0.47 -0.50
IMPZ (Dubai Production

City) 1272 1057 -0.31 -0.40
Jumeirah Beach

Residence 2260 2205 0.23 0.26
Jumeirah Golf Estates 1369 1180 -0.25 -0.33
Jumeirah Lake Towers 1986 1643 0.08 -0.06
Jumeirah Village Circle 1373 1214 -0.25 -0.31
MBR City 1978 1905 0.08 0.09
Palm Jumeirah 3369 3288 0.84 0.87
Marina Quays - West 2129 1931 0.16 0.10
Remraam 860 749 -0.53 -0.57
Silicon Gates 837 761 -0.54 -0.57
Silicon Oasis 1272 921 -0.31 -0.48
Sports City 1115 940 -0.39 -0.46
The Greens 1563 1321 -0.15 -0.25
The Views 1963 1723 0.07 -0.02
Tilal Al Ghaf 2076 1797 0.13 0.02
Town Square 1305 1126 -0.29 -0.36
Za'abeel 3045 2851 0.66 0.62

Note. Prices are expressed in AED per square foot. One year refers to the average price over
the last 12 months and three year refers to the average over the last 36 months. Price deviation
shows the relative difference between a given area and the overall Dubai average, calculated

as (Area-All Areas) + All Areas. “N/A” indicates that no data were available.

As shown in Table 4, Dubai’s market shows that prime districts carry a price premium. Areas
as Palm Jumeirah and Downtown Dubai remains as the city’s premium areas, while mid-tier
areas as Jumeirah Lake Towers, Business Bay and Dubai South have an average price closer

to Dubai’s general prices.

3.5 SmartCrowd

SmartCrowd is a DIFC-based platform that sources income-generating properties and pools
investors into a special purpose vehicle (SPV) created for each unit. The asset is divided into
1,000,000 shares and investors hold proportional SPV shares and receive their share of net
rent and any capital gains at exit (SmartCrowd, n.d.-a). The process is fully digital with a low

investor barrier across multiple properties. Governance and costs are transparent and codified



as SmartCrowd discloses a simple fee schedule (1.5% entry, 0.5% annual administration, and
2.5% exit). Standard Dubai transaction costs are budgeted per deal and transparent with

investors (SmartCrowd. (n.d.-c).

SmartCrowd offer two types of investments called Hold and Flip. Hold targets stabilized,
income-generating units; investors receive their share of net rental income during the holding
period and any capital gains upon sale. The platform underwrites a multi-year horizon and
offers two exit strategies; Vote to sell and Share Transfer Facility. Vote to sell means that
within 2 to 5 years of holding the unit, the shareholders can vote to sell the property. Share
Transfer Facility offers investor to sell their share of the property to other investor who can
purchase the shares, and this opportunity occur twice a year. This exit strategy provide
liquidity for the sellers, where the sellers can set an asking price for their shares and buyers
can purchase those (SmartCrowd, n.d.-d). Flip properties are value-add opportunities where
SmartCrowd acquires undervalued properties, renovates them, and aims to sell within a short
horizon (9-18 months) for a profit. Flip investments do not pay monthly rent, but instead the
return comes as a lump sum upon resale at a higher price (SmartCrowd, n.d.-d).

On transparency and documentation, each live listing provides third-party valuation reports, a

full cost budget, projected yields and key risk factors.

3.6 Stake

Stake is another leading digital real estate investment platform headquartered in Dubai DIFC.
Much like SmartCrowd, Stake enables fractional investment in real estate properties with a
minimum investment of AED 500. Each property investment is held through a SPV and while
the SPV holds the title deed, the investors become shareholders of the SPV. The property is
divided into 1 AED shares for ease of fractional ownership (Abi Issa, 2023a). Like
SmartCrowd, investors in properties on Stake earn income from rentals and their share of
capital gains when the property is sold, but they can also invest in Fix n’Flip which are like
SmartCrowds Flip investments. The Exit Strategies are very similar to SmartCrowd where
the investors can either vote to sell the property or sell their own shares during two exit

periods per year (Brizido, n.d.).

The platform is fully online, and investors can browse properties, read reports, invest funds,
and track refunds through either their website or their mobile app. Stake’s fee structure is

transparent and similar to SmartCrowd. They charge Acquisition Fee (1.5%), Annual



Administration Fee (0.5%), Exit Fee (2.5%) and Performance Fee (7% of any appreciation
profit). Aside from platforms fees, investors also pay for standard property purchase and
selling costs. Stake provide an investor memo, cost projections and third-party valuation for
all their listings where comprehensive information can be found to a high level of
transparency. Purchase price, associated costs, expected rental income, projected investor
returns and the independent valuation is something that Stake shares for the public (Aba Issa,

2023b).
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4 Methodology

4.1

Data sources

The empirical foundation of this is study is built on secondary data collected form the two

digital real estate investment platforms SmartCrowd and Stake. To assess capital appreciation

and price development, the dataset includes 14 fully exited properties from Stake and 45

exited properties from SmartCrowd from the period 2020-2024. For the analysis of funding

dynamics data for an additional 150 fully funded properties from Stake and 41 from

SmartCrowd were collected from the period 2024-2025.

4.2 Methods

4.2.1

Exit Performance Analysis

The performance of exited fractional real estate investments will be analysed using secondary

data from Stake and SmartCrowd platforms. The dataset includes transaction-level data for

properties that have been purchased, rented, and subsequently sold via each platform.

Two main performance components will be evaluated:

1.

Annualised Capital Appreciation — measured as the percentage change between the

property’s purchase price and sale price at exit.

. Annualised Rental Yield — measured as the net rental income generated during the

holding period, expressed as a percentage of the purchase price per year of ownership.

The analysis will proceed in several steps:

Descriptive statistics will be used to summarise annualised capital appreciation and
annualised rental yield across different key property characteristics such as property
type, location and leasing strategy.

Correlation analysis will be used to explore relationships between different property
and investment characteristics and the two return components (annualised capital
appreciation and annualised rental yield).

Multiple regression analysis will be used to identify which property and investment
characteristics are most strongly associated with higher capital appreciation, higher
rental income, and higher annualised returns. Separate models will be estimated for

appreciation and rental income to capture different drivers.



Where possible, market benchmark data will be included to compare the performance of

exited fractional investments to market trends.

4.2.2 Investor Accessibility

Investor accessibility will be assessed by comparing the minimum investment thresholds and
ownership structures of the platforms with other real estate investment options. Data will be
collected from publicly available platform information. The analysis will focus on identifying
how these entry requirements may affect the ability of smaller investors to participate in the

market.

4.2.3 Fundraising Success Factors

Fundraising success will be evaluated using two main indicators:

1. Funding time — the number of days until the property is fully funded.

2. Investor participation — the number of investors participating in the property offering.
Due to data availability, these indicators will be analysed separately for the two platforms.
SmartCrowd do not disclose the number of investors per property, while Stake do not provide

data on funding time. As a result, two separate datasets will be used for the analysis.

Funding time: 41 funded SmartCrowd properties from 2023-2025.
Investor participation: 150 fully funded Stake properties from 2024-2025.
The analysis will proceed in the following steps:

e Descriptive statistics will be used to summarise funding time and investor
participation across property and investment key property characteristics such as
property type and leasing strategy. Funding time will also be normalised into a
“funding efficiency” metric (total investment amount divided by days to full funding).
Investor participation will be normalised as the number of investors per 1.000.000
AED of property value to account for differences in project size.

e Correlation analysis will be used to explore relationships between property and
investment characteristics and the two fundraising indicators (funding efficiency and
investor participation).

e Multiple regression analysis will be used to identify which characteristics are most

strongly associated with faster funding and higher investor participation.



5 Results

5.1 Exit Performance Analysis

The analysis of exited fractional real estate investments aims to identify how different
property and investment characteristics are associated with variation in returns. Two key
performance measures are considered: annualised capital appreciation and annualised rental

yield.

5.1.1 Descriptive Statistics

Stake dataset
Table 5 provides an overview of the Stake dataset. Most of the properties in the sample are

studios and long-term rental strategies dominate the leasing strategy.

Table 5
Dataset Overview of the Data from Stake
Nr of Exited Properties 14
Average Holding Period (months) 25.93
Average Nr of Investors 270.57
Average Purchase Price (AED) 1,334,347.86
Average Annualised Appreciation (%) 16.68%
Average Annualised Rental Yield (%) 6.84%
Studio: 50.0%, 1 Bed: 28.6%, 2 Bed: 14.3%, 3 Bed:
Property Type Distribution (%) 7.1%
Leasing Strategy Distribution (%) Long Term: 71.4%, Short Term: 28.6%

Note. The table summarizes key portfolio metrics of exited properties through Stake.

Table 6 present the breakdown of annualised capital appreciation across different leasing
strategies, property types, and locations. The highest average appreciation is observed in
properties located in DIFC (23.7%) and Palm Jumeirah (20.2%), while Downtown Dubai
shows the lowest average appreciation (12.2%).

Table 6

Annualised Capital Appreciation by Leasing Strategy, Property Type and Location
Panel A. Leasing Strategy

Leasing Strategy Nr of Properties Average Median Min Max

Short Term 4 16.4% 18.0% 9.3% 20.2%
Long Term 10 16.8% 14.8% 9.8% 28.1%
Panel B. Property Type

Bedroom Nr of Properties Average Median Min Max
Property Type 7 18.1% 16.8% 9.3% 28.1%




1 Bedroom 4 13.3% 12.0% 9.8% 19.3%
2 Bedroom 2 19.9% 19.9% 19.6% 20.2%
3 Bedroom 1 13.7% 13.7% 13.7% 13.7%
Panel C. Location

Location Nr of Properties Average Median Min Max
Business Bay 1 16.8% 16.8% 16.8% 16.8%
DIFC 2 23.7% 23.7% 19.3% 28.1%
Downtown Dubai 4 12.2% 12.3% 9.3% 14.9%
Dubai Marina 6 16.7% 16.7% 10.9% 21.5%
Palm Jumeirah 1 20.2% 20.2% 20.2% 20.2%

Note. Annualised capital appreciation is reported as a percentage and calculated as the

compound annual growth rate of property prices. “Nr of properties” indicates the number of

properties included in each category; other values (average, median, min, max) are standard

descriptive statistics.

Annualised rental yields are also examined across the same categories. The results

summarized in Table 7 show that Studios have the highest average rental yield (7.4%), with

Business Bay standing out among locations (11.1%). The studio in Palm Jumeirah had the

lowest average rental yield (3.5%).

Table 7

Annualised Rental Yields by Leasing Strategy, Property Type and Location

Panel A. Leasing Strategy

Leasing Strategy Nr of Properties Average Median Min Max

Short Term 4 6.6% 5.9% 3.5% 11.1%
Long Term 10 6.9% 7.1% 5.2% 8.3%
Panel B. Property Type

Bedroom Nr of Properties Average | Median Min Max

Studio 7 7.4% 6.7% 6.3% 11.1%
1 Bedroom 4 6.7% 6.6% 5.2% 8.3%
2 Bedroom 2 5.5% 5.5% 3.5% 7.5%
3 Bedroom 1 6.1% 6.1% 6.1% 6.1%
Panel C. Location

Location Nr Of Properties Average | Median Min Max
Business Bay 1 11.1% 11.1% 11.1% 11.1%
DIFC 2 6.0% 6.0% 5.6% 6.3%
Downtown Dubai 4 6.4% 6.3% 5.2% 7.8%
Dubai Marina 6 7.3% 7.5% 6.1% 8.3%
Palm Jumeirah 1 3.5% 3.5% 3.5% 3.5%

Note. Annualised rental yield is reported as a percentage rental income relative to property

value. “Nr of properties” indicates the number of properties included in each category; other

values (average, median, min, max) are standard descriptive statistics.
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Overall, the results indicate that the average annualised capital appreciation has been

relatively high for the Stake properties. The results also show that certain unit types,

especially studios, perform better in terms of rental yields.

SmartCrowd dataset

The analysis of the SmartCrowd portfolio covers 45 exited properties with an average holding

period of 37.1 months and an average purchase price of approximately AED 566,000. The

dataset consists mainly of studios (46.7%) and 1-bed units (46.7%) and 2-bed units only make

up of for 6.7%. The most common leasing strategy is Holiday Home (37.8%), followed by
Income (35.6%) and Balanced (26.7%). See Table 8 for the dataset overview.

Table 8
Dataset Overview of Exited Properties from SmartCrowd
Nr of Exited Properties 45
Average Holding Period (Months) 37.11
Average Nr of Investors N/A
Average Purchase Price (AED) 566 033.60
Average Annualised Appreciation (%) 14.99%
Average Annualised Rental Yield (%) 6.01%
Property Type Distribution (%) Studio: 46.7%, 1 Bed: 46.7%, 2 Bed: 6.7%
Leasing Strategy Distribution (%) Holiday Home: 37.8%, Income: 35.6%, Balanced: 26.7%

Note. The table summarizes key portfolio metrics of exited properties through SmartCrowd.

For annualised capital appreciation, the results in Table 9 show that the Holiday Home

strategy delivers the highest average returns (18.6%). At the property type level studios and 1-

bed units are around 14% while the three 2-bed units outperform the other types with the

average of 26.7%. Appreciation varies considerably across locations; however, for many

locations the small sample size limits the reliability of the results.

Table 9

Annualised Capital Appreciation by Leasing Strategy, Property Type and Location

Panel A. Leasing Strategy

Leasing Strategy Nr of Properties | Average Median Min Max
Holiday Home 17 18.6% 19.7% 4.9% 31.3%
Income 16 11.8% 11.4% 2.6% 24.0%
Balanced 12 14.1% 10.4% 4.2% 33.4%
Panel B. Property Type
Bedroom Nr Of Properties | Average Median Min Max
Studio 21 14.4% 12.1% 4.9% 31.3%
1 Bed 21 13.9% 13.1% 2.6% 28.2%
2 Bed 3 26.7% 27.6% 19.1% 33.4%
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Panel C. Location

Location Nr Of Properties Average Median Min Max

Business Bay 2 20.0% 20.0% 19.8% 20.2%
Downtown Dubai 1 20.7% 20.7% 20.7% 20.7%
Dubai Marina 13 18.3% 19.1% 4.9% 31.3%
Dubai South City 3 9.7% 9.3% 8.4% 11.4%
Dubailand 2 25.5% 25.5% 17.5% 33.4%
Emirates Living 1 3.3% 3.3% 3.3% 3.3%
IMPZ 3 14.4% 12.4% 12.2% 18.6%
JBR 1 10.8% 10.8% 10.8% 10.8%
JLT 3 17.5% 16.1% 6.2% 30.3%
JVC 3 14.1% 13.1% 5.3% 24.0%
Palm Jumeirah 1 19.7% 19.7% 19.7% 19.7%
Remraam 2 4.5% 4.5% 2.6% 6.4%
Silicon Oasis 4 13.1% 13.1% 8.4% 17.8%
Sports City 3 7.6% 7.2% 4.9% 10.6%
The Greens 2 6.0% 6.0% 4.2% 7.8%
The Views 1 27.6% 27.6% 27.6% 27.6%

Note. Annualised capital appreciation is reported as a percentage and calculated as the

compound annual growth rate of property prices. “Nr of properties” indicates the number of
properties included in each category; other values (average, median, min, max) are standard

descriptive statistics.

For annualised rental yield, Holiday Home strategy leads with 6.3%, followed by Income
(6.0%) and Balanced (5.6%). At the property type level, studios are highest at 6.4%, while 1-

bed and 2-bed units both average 5.7%. As for annualised capital appreciation, there is a

variation for the different location because of the small sample size.

Table 10

Annualised Rental Yields by Leasing Strategy, Property Type and Location

Panel A. Leasing Strategy

Leasing Strategy Nr Of Properties Average Median Min Max

Holiday Home 17 6.3% 5.3% 3.8% 9.1%
Income 16 6.0% 6.0% 4.6% 7.6%
Balanced 12 5.6% 5.7% 4.2% 7.1%
Panel B. Property Type

Bedroom Nr Of Properties Average Median Min Max

Studio 21 6.4% 6.2% 4.9% 9.1%
1 Bed 21 5.7% 5.2% 3.8% 8.8%
2 Bed 3 5.7% 5.1% 5.0% 7.1%
Panel C. Location

Location Nr Of Properties Average Median Min Max

Business Bay 2 5.2% 5.2% 4.2% 6.3%
Downtown Dubai 1 5.0% 5.0% 5.0% 5.0%
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Dubai Marina 13 6.6% 5.8% 4.9% 9.1%
Dubai South City 3 5.7% 5.7% 5.5% 6.0%
Dubailand 2 6.7% 6.7% 6.3% 7.1%
Emirates Living 1 6.4% 6.4% 6.4% 6.4%
IMPZ 3 5.4% 5.2% 4.6% 6.2%
JBR 1 6.6% 6.6% 6.6% 6.6%
JLT 3 6.5% 6.2% 5.7% 7.6%
JVC 3 6.0% 6.0% 4.8% 7.2%
Palm Jumeirah 1 3.8% 3.8% 3.8% 3.8%
Remraam 2 5.3% 5.3% 5.0% 5.7%
Silicon Oasis 4 6.2% 6.3% 5.1% 7.3%
Sports City 3 5.7% 5.9% 4.9% 6.4%
The Greens 2 5.1% 5.1% 5.0% 5.2%
The Views 1 5.0% 5.0% 5.0% 5.0%

Note. Annualised rental yield is reported as a percentage rental income relative to property

value. “Nr of properties” indicates the number of properties included in each category; other

values (average, median, min, max) are standard descriptive statistics.

While the results indicate that leasing strategy and prime locations as potential drivers of

performance, the limited sample size for many locations reduces the reliability of the findings.

5.1.2 Correlation Analysis

Stake correlation analysis

Table 11 reports Pearson correlations between annualised capital appreciation and annualised

rental yield and key attributes in the Stake dataset (n=14). Reported p-values refer to two-

tailed tests. Given the small simple size, results should be treated as indicative and interpreted

alongside the regression analysis.

Table 11

Correlation of Variables with Annualised Capital Ap,

preciation and Rental Yield

Correlation with . .
Annualised Correlation with
Variable . p-value Annualised Rental p-value
Capital .
o . Yield
Appreciation
Appreciation Total 0.68 0.0077 0.11 0.7185
Months -0.42 0.1334 0.11 0.7061
Nr of investors 0.39 0.1630 -0.44 0.1131
ROI Year 0.78 0.0011 0.42 0.1332
Sell Price -0.06 0.8383 -0.57 0.0342
Sq foot -0.10 0.7349 -0.45 0.1107
Total Purchase -0.11 0.7085 -0.58 0.0311
Transaction Cost 0.12 0.6784 -0.63 0.0163
Type (Bedrooms) -0.14 0.6286 -0.38 0.1834
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Note. Values are Pearson correlation coefficient with corresponding p-values. Values in bold

indicate correlations significant at the 5% level (p<0.05).

While some correlations such as annualised capital appreciation with appreciation total or
ROI year are statistically significant, these variables are mathematically related to the
dependent measure and therefore do not represent independent drivers. Relationships that
might indicate meaningful patterns such as the negative correlation between holding period
(months) and appreciation are not statistically significant at the 5% level in this sample,
meaning they could correlate due to random variation. For annualised rental yield, the
strongest variables are negative correlations with sell price, total purchase and transaction
cost, which suggests that the more expensive properties and higher transaction costs tend to
result in lower yields. However, given the very small sample size, the statistically significant

results should be interpreted with caution.

SmartCrowd correlation analysis
Table 12. reports Pearson correlations between annualised capital appreciation and annualised
rental yield and key attributes in the SmartCrowd dataset (n=45). Reported p-values refer to

two-tailed tests. The larger sample compared to Stake improves statistically significant of the

correlations.

Table 12

Correlation of Variables with Annualised Capital Appreciation and Rental Yield

. Cogzila;;(;;ls:z’lth Correlz.ltion With
Variable Capital P-Value Annuallsed Rental P-Value
Appreciation Yield

Appreciation/Total 0.80 0.0000 0.44 0.0027
Months -0.61 0.0000 0.10 0.5157
Nr of Investors N/A N/A N/A N/A
ROI Year 0.95 0.0000 0.49 0.0007
Sell Price 0.48 0.0008 -0.22 0.1388
Sq Foot 0.24 0.1115 -0.31 0.0370
Total Purchase 0.29 0.0512 -0.36 0.0160
Transaction Cost 041 0.0054 -0.32 0.0297
Type (Bedrooms) 0.21 0.1611 -0.25 0.1005
Price Deviation,
Area 0.36 0.01580 -0.018 0.9059

Note. Values are Pearson correlation coefficient with corresponding p-values. Values in bold

indicate correlations significant at the 5% level (p<0.05).
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Several correlations with annualised capital appreciation are statistically significant, including
very strong relationships with appreciation total and ROI tear. However, as with the Stake
dataset, these variables are mathematically related to the dependent measure and should not
be considered independent drivers. The negative correlation between holding period (months)
and appreciation is statistically significant and suggesting higher annualised appreciation for
shorter holding periods, however this relationship is not fully reliable in this model. Positive
correlations with sell price and total purchase, may indicate that higher-value properties have
greater price growth. The corelation between price deviation and annualised appreciation is
moderate but statistically significant (r=0.36, p=0.0,16), suggesting that properties locating in
areas with higher prices than market average tend to show higher appreciation.

For annualised rental yield, significant negative correlations are observed with sq foot, total
purchase, and transaction cost, indicating that larger, more expensive properties tend to have
lower yield. As with Stake, these results are indicative and not definitive. Even though more
relationships are statistically significant, the potential influence of multicollinearity limit the

ability to generalise findings without further analysis.

5.1.3 Multiple Regression Analysis

Stake dataset

Based on the small sample size (n=14) and the results from the correlation analysis,
statistically significant multiple regression results were considered unlikely from the outset.
Most variables with notable correlations were either mathematically related to the dependent
variable or showed weak. A couple of test regression was conducted using theoretically
relevant predictors not mathematically related to the dependent variable. The models revealed
severe multicollinearity with high variance inflation factors making coefficient estimates
unreliable. Therefore, for both annualised capital appreciation and annualised rental yield in

the Stake dataset, no multiple regression specification can be considered robust or reliable.

SmartCrowd dataset

Several multiple regression specifications were tested to identify potential drivers of
Annualised Capital Appreciation in the SmartCrowd dataset (n=45). Variables mathematically
related to the dependent measure were excluded. Based on the correlation analysis and data

availability, models typically included Months (holding period) and one or more property
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characteristics such as sq foot (size) or total purchase price. In one tested model with months

and sq foot as predictors, only months was statistically significant. Sq foot was not

statistically significant and did not materially improve the model. The adjusted R? of this

model was around 0.055, indicating very low explanatory power of the model. Given that

only one variable consistently reached statistical significance across tested models, no

multiple regression can be considered robust or reliable in annualised appreciation for

SmartCrowd.
Table 13

Multiple Regression Results for Annualised Capital Appreciation

Term Coefficient Std. Error p-value
Intercept 0.285 0.043 0.000
Months -0.004 0.001 0.000
Sq Foot 0.000 0.000 0.416
Observations 45
R? 0.378
Adjusted R? 0.055

Note. Table reports coefficients, standard errors, and p-values from an OLS regression of
annualised capital appreciation on property characteristics. R? and adjusted R? are included as

model fit statistics.

Based on the correlation analysis, the variables sq foot, total purchase and transaction cost
showed the strongest and statistically significant relationship with annualised rental yield. In
contrast, months had no meaningful correlation and was therefore not prioritised as a
predictor. However, these three significant variables are themselves strongly correlated, since
larger units tend to have higher purchase prices and transaction costs, which would introduce
severe multicollinearity if included in the same regression models. To address this, only one
of these related variables was retained in each test of regression models.

Several multiple regression models were tested using annualised rental yield as the dependent
variable. Across all tested specifications, explanatory power was low (low adjusted R2-values)
and often the variables were not statistically significant.

For example, one tested model included total purchase and months. In this model total
purchase was statistically significant, with a negative coefficient. Months remained non-
significant, and the model explained only about 8.9% of the variation in yields (adjusted R* =
0.089). Given the low explanatory power and the fact that only one predictor per model
reached statistical significance, no regression model could be found that provide an

explanatory framework for variation in rental yields.
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Table 14
Multiple Regression Results for Annualised Rental Yield.

Term / Statistic Coefficient Std. Error p-value
Intercept 0.072 0.009 0.000
Total Purchase 0.000 0.000 0.020
Months 0.000 0.000 0.734
Observations 45.000
R? 0.130
Adjusted R? 0.089

Note. Table reports coefficients, standard errors, and p-values from an OLS regression of
annualised rental yield on property characteristics. R? and adjusted R? are included as model

fit statistics.

5.2 Investor Accessibility

The two platforms studied, Stake and SmartCrowd, lower barriers to entry and facilitate
broader investor participation. On Stake, the minimum investment amount is AED 500 per
property, allowing investment regardless of total unit value. The low minimum investment
enables greater portfolio diversification and in contrast to traditional options, allows greater
property selection. SmartCrowd also targets accessibility, typically allowing investors to start
around AED 500. Both companies use SPV’s that owns the title deed of the underlying asset.
Both fractional platforms provide two exit paths, an exit sale of the underlying asset or selling
the fractional shares during exit windows that occur two times a year.

Table 15

Investor Accessibility Across Real Estate Investment Routes in Dubai

Indicator Direct Ownership | REITs/Funds Stake SmartCrowd
Minimum .
investment Vlfghilfh'ril?eﬂl %;Z’kg[nerischge 500 ~ 500
(AED) p p p .
Ownership . . Fund SPV with
granularity Single title deed units/shares SPV shares at AED 1 1,000,000 shares
Exit/ Months. Underlying | Daily. Stock Share-transfer Share-transfer

S windows. Not windows. Not
Liquidity asset need to be sold. | exchange.

guaranteed. guaranteed.

;Frraonsgire:ncy Self-performed due | Portfolio-level Valuation report + | Valuation report +
lgvefj) Y diligence disclosures full cost budget full cost budget

Note. The table compares minimum investment, ownership granularity, liquidity, and
transparency across different real estate investment routes in Dubai, including direct

ownership, REITs/funds, Stake and SmartCrowd.
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5.3 Fundraising Success Factor

5.3.1 Funding Time

The analysis of funding time in the SmartCrowd dataset aims to identify how leasing
strategies and property characteristics relate to the speed at which properties reach full

funding.

Descriptive statistics

As shown in Table 16, among leasing strategies, Balanced properties had the highest number
of listings (24) with an average of funding time of 54.1 days, followed closely by short-term
properties (53.9 days). Income properties, although only 5 properties, showed a slightly faster
average funding time of 48.0 days, but also the highest median of 60 days. Overall, the dataset
reveals some variation in funding time across both leasing strategies and unit types. The
differences are relatively small, and the limited sample size indicates that other factors beyond

rental model likely influence how quickly a property is funded.

Table 16

Distribution of Funding Time (days until fully funded) by Leasing Strategy.
Leasing Strategy Nr of Properties | Average | Medan | Min Max
Balanced 24 54.1 59.5 1 120
Short 16 53.9 56.5 1 133
Income 5 48.0 60 1 60

Note. Table reports the number of properties along with average, median, minimum funding

time in days for each leasing strategy.

A similar pattern is seen across unit types in Table 17. While 1-bedroom apartments were the
most common and hade the fastest average funding time (42.2 days), studios showed a
slightly longer average of 50.8 days. 2-bedroom units required significantly more time to
fund, averaging 64.4 days, and 3-bedroom properties, although only represented by two
listings, had the longest average funding time. This outcome is understandable, as larger units
typically come with higher price and require more capital to reach full funding.

Table 17

Distribution of Funding Time (days until fully funded) by Property Type.

Nr of
Unit Type Properties Average Medan | Min | Max
Studio 14 50.8 37 18 133
1 Bedroom 18 42.2 60 1 65
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2 Bedroom 11 64.4 60 30 114
3 Bedroom 2 111.0 111 102 120
Note. Table reports the number of properties along with average, median, minimum funding

time in days for each property type.

While smaller units appeared to reach full funding faster, this section introduces funding
efficiency metric to determine whether these units are truly more efficient in attracting capital.
Funding efficiency is calculated by dividing each property’s total investment amount by the
number of days it took to reach full funding. To avoid skewed results, four extreme units that
were fully funded within a single day were excluded from the analysis. The finding shows
that although studios are funded quickly, larger units such as 2-bedroom and 3-bedroom
demonstrate higher funding efficiency. Notably, 1-bedroom units outperform studios,

reinforcing their position as a well-balanced investment option for fractional real estate

investors.

Table 18

Distribution of Funding Efficiency (AED funded per Day) by Property Type.

Nr of

Unit Type Properties Average Median Min Max
Studio 14 15,701 15,993 6,621.6 |31,166.7
1 Bedroom 14 21,590 20,649 8,833.3 |37,333.3
2 Bedroom 11 32,032 30,700 11,535.1 | 54,375.0
3 Bedroom 2 30,037 30,037 25490.2 | 34,583.3

Note. Table reports the number of properties, average funding efficiency (AED per day), and

the median, minimum, and maximum values for each property type.

Correlation analysis

Table 19 reports Pearson correlations between funding efficiency and selected property
characteristics in the SmartCrowd dataset. Reported p-values refer to two-tailed tests. Results
show that bedrooms (1=0.57, p<0.0001) and sq foot (r=0.53, p<0.001) are the strongest most
statistically significant predictors indicating that larger units tend to raise capital more
efficiently. Price deviation (=0.415, p=0.007) and discount is also positively correlated with
funding efficiency (r=0.31, p=0.05), however the relationship is weaker. Other variables show
no statistically significant correlations, suggesting limited influence on funding efficiency.
Table 19

Correlation of Property Characteristics with Funding Efficiency

Correlation with
Funding Efficiency

0.567

Variable p-value

Bedrooms 0.000
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Sq foot 0.529 0.000
Discount 0.307 0.051
Expected Yield (Net) -0.051 0.753
Floor 0.150 0.349
Level -0.217 0.174
Age 0.007 0.966
Price Deviation, Area 0415 0.007

Note. Values are Pearson correlation coefficients with corresponding p-values. Funding
efficiency is measured as AED funded per day until fully funded. Values in bold indicate

correlations significant at the 5% level (p<0.05).

Multiple regression analysis

To deepen the analysis of what drives capital raising speed, multiple regression models were
tested using funding efficiency as the dependent variable. In the first model, the independent
variables included bedrooms, discount, expected net yield, age and price deviation. Although
the model explained a moderate share of variance (Adjusted R?= 0.31), it was bedrooms,
discount and price deviation were statistically significant (p<0.005). A second regression
model was constructed using a composite interaction variable between discount and expected
net yield along with sq foot and price deviation. This model showed stronger overall
explanatory values (Adjusted R*= 0.039) and all included variables was statistically
significant (p<0.05). The results indicated that discount alone or high expected net yield alone
does not guarantee faster funding. Instead, when a high discount is combined with a high
expected net rental yield it has significantly greater impact on accelerating the fundraising
process. Additionally, the size of the property again showers positive effect, indicating that
larger units tend to attracter faster investment capital. The positive and significant coefficient
price deviation indicates once again that units located in areas with higher prices tend to

attract more investors.

Funding Efficiency = 9,394.28 + 1,466,185.46 * (Discount * Expected Net Yield) + 10.48 *
Sq Foot + 8,678.54 * Price Deviation + ¢

Table 20
Multiple Regression Results for Funding Efficiency (SmartCrowd)
Term / Statistic Coefficient Std. Error t-Statistic p-value
Intercept 9,394.28 3,680.69 2.55 0.015

Discount x Expected

Net Yield 1,466,185.46 670,340.30 2.19 0.035
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Sq Foot 10.48 3.806.04 2.75 0.009
Price Deviation 8,678.54 3,963.185 2.19 0.035
Observations 41
R? 0.4317
Adjusted R? 0.3857

Note. Table reports coefficients, standard errors, t-statistics, and p-values from an OLS

regression of funding efficiency (AED per day).

5.3.2 Investor Participation

Descriptive Statistics

To assess investor participation, the number of individual investors per unit was analysed.
While Stake discloses how many investors participated in each offering, it does not provide
data on the size of the distribution of across investors. This limits the analysis participation
volume rather than investment concentration. The results in Table 21 show a clear pattern
between unit size and number of investors. Studio apartments had the lowest number of
investors per unit, averaging 386 participants. 1-bedrom units attracted an average of 589

investors, while 2-bedroom and 3-bedroom units reached 1,012 and 1,037 investors on

average.
Table 21
Descriptive Statistics for Number of Investors per Property Type.
Unit Type Nr of Units Average Median Min |Max
Studio 39 386.1 327 89| 777
1 Bedroom 85 588.8 544 88| 2,528
2 Bedroom 24 1,012.1 773 394 | 4,016
3 Bedroom 2 1,037 1,037] 1,021] 1,053

Note. Table reports the number of units, along with the average, median, minimum, and

maximum number of investors per property type.

To enable a more accurate comparison across unit types, especially since smaller properties
tend to have lower total prices, this analysis introduces a normalized measure: the number of
investors per 1,000,000 AED of property value. This metric reflects the relative density of

investor participation, adjusted for the capital required to fully fund a property.

As shown in the Table 22, 1-bedroom and 2-bedroom units attract the highest number of

investors per million AED, with averages of 441 and 455 respectively. Studios had a lower

average (419), suggesting that they attract less investors per 1.000.000 AED funded. This

31



suggests that the single investors for studios often invest with larger capital than the investor

for 1-3 bedrooms. Interestingly, the two 3-bedroom unit observed showed the lowest relative

investor density. However, since the sample size is limited to a only two observations of 3-

unit bedrooms, no general conclusion can be drawn about investor participation for this unit

type.
Table 22
Descriptive Statistics for Number of Investors per 1,000,000 AED per Property Type.
Unit Type Nr of Units Average |Median Min Max
Studio 39 418.9 394.79 69.44 773.51
1 Bedroom 85 440.8 405.99 117.33| 2,347.26
2 Bedroom 24 455.0 404.84 264.09 987.22
3 Bedroom 2 345.9 345.86 313.58 378.15

Note. Table reports the number of units, along with the average, median, minimum, and

maximum number of investors per AED 1,000,000 funded, by property type.

Correlation Analysis

Table 23 and Table 24 represent Pearson correlations between selected property
characteristics and investor participation in the Stake dataset. Two measures of participation
were examined: the absolute number of investors per property, and the number of investors
per AED 1.000.000 of property price. Reported p-values refer to two-tailed tests.

Table 23

Correlation Analysis for Investors per Property

Variable Correlation with Investors | p-value

Bedrooms 0.426 0.000
Sq foot 0.513 0.000
Property Price 0.714 0.000
Discount to valuation (%) 0.001 0.988
Expected yearly investment return (%) 0.038 0.644
Expected Rental Yield — Net (%) -0.181 0.027
# Pictures 0.289 0.000
Age (years) -0.028 0.732

Note. Values are Pearson correlation coefficients with corresponding p-values. Bold values

indicate statistical significance at the 5% level (p<0,05).

For the investors per property, the results show strong positive correlations with property
price (0.71, p<0.001), property size in square feet (0.51, p<0.001), and number of bedrooms
(0.43, p<0.001). This relationship shows that larger and more expensive relationships usually
lead to more investors rather than investors investing higher capital. The number of listing
pictures also show a small positive correlation (0.29, p<0.001), suggesting more pictures lead
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to a higher number of investors. Expected net rental yield is negatively correlated (-0.18,
p=0.027), suggesting higher yield properties tend to have fewer investors. An explanation
could be that higher yield properties have investors investing higher amounts of capital or just
a coincidence.

Table 24

Correlation Analysis for Investors per AED 1,000,000 funded

Correlation with

Investors per AED
Variable 1,000,000 funded | p-value
Bedrooms 0.034 0.677
Sq foot 0.047 0.564
Property Price 0.072 0.381
Discount to valuation (%) 0.074 0.371
Expected yearly investment return
(%) 0.083 0.315
Expected Rental Yield — Net (%) -0.161 0.049
# Pictures 0.038 0.647
Age (years) -0.153 0.061

Note. Values are Pearson correlation coefficients with corresponding p-values. Bold values

indicate statistical significance at the 5% level (p<0,05).

When participation is normalised by price no robust relationship occurs between investor
density and selected property and investment characteristics. The table should therefore be

viewed as indicative rather than evidence of casual drivers for investor density.

Multiple Regression Analysis

Several multiple regression models were tested to identify the main drivers of the number of
investors participating in a property offering. The initials models included the variables
bedrooms, property price, discount to valuation., expected net rental yield, pictures, and age.
This model achieved an Adjusted R? of 0.515, suggesting that it explained just over half of the
variation in investor counts. However, only property price (p<0.001) and age (p=0.015) were
statistically significant. Given the lack of significance for most predictors, a reduced model
was estimated including only property price and age. This alternative specification maintained
a similar explanatory power (Adjusted R* = 0.519) and confirmed the positive relationships

between property price and investor count, and the negative relationships with age.
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Table 25

Multiple Regression Results for Number of Investors per Property

Term / Statistic Coefficient Std. Error t-Statistic p-value
Intercept -76.006 69.705 -1.090 0.277
Property Price 0.001 0.000 12.787 0.000
Age -10.852 4.689 -2.314 0.022
Observations 150
R? 0.527
Adjusted R? 0.521

Note. Table reports unstandardised coefficients, standard errors, t-statistics, and p-values from

an OLS regression of number of investors on property price and age.

None of the tested models to explain variation in investor density per million AED could be
found. All models have low explanatory power and limit statistical significance. Property
price, a strong driver in the absolute number of investors, does not translate well into
predicting investor density when normalised by price. As an additional test, a model was
constructed to investigate whether the combination of a high discount and high expected net
yield, along with the age of the building, could influence the average amount invested per

investor. The results (R? = 0.032) show no meaningful relationship.
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6 Analysis and Discussion
6.1 Exit performance

The results reveal indications on how different characteristics influence returns in fractional
real estate investments on Stake and SmartCrowd. Both descriptive statistics and correlation
analyses confirm that premium locations such as DIFC and Palm Jumeirah are associated with
higher capital appreciation. At the same time, smaller units have delivered higher rental

yields.

The correlations in both datasets also indicate that larger and more expensive properties tend
to achieve lower rental yields, which is consistent with the fact that prime assets are often
rented at relatively lower yields compared to their purchase prices. At the same time, these
properties appear more attractive in terms of capital appreciation. This finding is reinforced
by the positive association between price deviation from area averages, underscoring that

premium districts tend to outperform in terms of value growth.

However, the regression models show very low explanatory power, particularly for
SmartCrowd, making it difficult to identify robust, independent predictors of returns. These
limitations can be explained by multicollinearity between size, purchase price, and transaction
cost as well as by the fact that the dataset reflects a relatively short and strongly bullish
market period (2020-2024) and the fact that the small amount of dataset for exited properties.
Overall, the results indicate that market cycles and location-specific factors are more decisive

for outcomes than the tested individual property characteristics.

6.2 Investor Accessibility

The findings confirm that both Stake and SmartCrowd substantially reduce entry barriers
compared to traditional real estate ownership. With a minimum investment of around AED
500, these platforms allow small investors to diversify portfolios across multiple properties
and have more control over property selection than fund-based investments. However, while
accessibility in terms of capital entry is significantly improved, liquidity remains limited.
Unlike REITs, which trade daily, both platforms only offer two exit windows per year,
leaving investors exposed to timing risk and restricting flexibility. Thus, the model of
fractional ownership democratises market access but only partially addresses the liquidity

challenge.
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6.3 Fundraising Success

Funding time and efficiency (SmartCrowd)

When considering raw funding time, smaller units reached full funding fastest. This outcome
is intuitive since lower absolute capital requirements are needed to close the offering.
However, once funding efficiency (AED raised per day) is introduced; larger and more
expensive properties emerge as the most efficient at attracting capital daily. This distinction
illustrates the importance of separating speed from efficiency when evaluating fundraising

performance.

Correlation and regression analyses reinforce these findings. Size (bedrooms, square footage)
is a strong positive driver of funding efficiency. Pricing signals also play a critical role as both
discount to valuation, expected yield are associated with faster fundraising. Areas with higher
average property prices were also more attractive and the results indicated that properties in
more expensive areas could close the offerings faster. Most notably is that the interaction
between discount and expected net rental yield proves significant. Neither a high discount nor
a high yield alone guarantees accelerated funding, but when they occur together, they send a
strong credibility signal to investors, resulting in faster capital raising. This supports
signalling theory and highlights how investors respond most strongly to consistent and

reinforcing indicators.

Investor participation

The Stake dataset reveals that larger and more expensive properties attract more investors in
absolute terms. Strong positive correlations with property price, size, and number of
bedrooms confirm that higher property prices drive participation volume. Presentation quality
also matters as the number of listing photos correlates positively with investor count.

When normalized by property value (investors per AED 1 million), however, the relationships
weaken. One- and two-bedroom units had the highest investor density, whereas studios show
lower investor density. Three-bedroom units demonstrate the lowest density, but since there
were only two observations no conclusion can be drawn. Interestingly, expected net rental
yield is negatively correlated with investor number. This could reflect that higher-yielding
properties attract fewer but larger investors, or that higher-yielding properties are often tied to
less prestigious locations. Regression models confirm that property price is the dominant

predictor of absolute investor numbers. However, no robust models explain investor density.
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6.4 Limitations and Further Research
e Data availability and sample size: The small dataset, particularly for Stake’s exit

sample (n=14), limits the statistical power and the ability to generalise findings.

e Selection bias: Most of the data are from a period of a strong market bullish period
(2021-2024). As a result, average annualised appreciation may be overstated
compared to a more neutral market phase.

e Data limitations:

o As SmartCrowd did not share the nr of investors and Stake did not share the
funding time, which meant that the two datasets could not be analysed on a
comparable basis.

o Although Stake did share the number of investors, no information was
disclosed on the distribution of invested amounts among participants. This

forced the analysis to assume that all investors contributed equally.

Further studies should expand the dataset to include a larger number of exited properties and
cross-platforms comparisons to increase robustness and ability to generalise. Qualitative
research on investor behaviour and decision-making could complement quantitative findings

from this research.
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7 Conclusion

This thesis has examined fractional real estate investing in Dubai through the platforms Stake
and SmartCrowd, focusing on investment outcomes, accessibility, and fundraising dynamics.
The results show that premium locations drive stronger capital appreciation, while smaller

units deliver higher rental yields.

These platforms have lowered the investment barriers for smaller investors while liquidity
remains limited due to the platforms limited semi-annual exit windows.

Fundraising was shaped by both property size and by strong credibility signals, particularly
the combination of discount to valuation and high expected net yields. These findings
highlight how investor behaviour is influenced by financial fundamentals and how the

platform can gain capital by signalling financial information.

The study contributes to investment theory by demonstrating how small investors can apply
portfolio diversification in an otherwise hard accessible market. It affirms liquidity theory by
showing that limited secondary market contribute to timing risks, justifying higher return
expectations. Finally, it supports signalling theory, as signals related to value and yield were

decisive in successful real estate crowdfunding.
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