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Abstract
This study investigates how business-to-business (B2B) organizations experience and perceive
the implementation of Al chatbots in customer engagement and service delivery. Drawing on
Service-Dominant Logic (SDL) and Consumer Involvement Theory (CIT), the research
examines cognitive, emotional, and behavioral dimensions of engagement and explores the
influence of varying organizational involvement. A qualitative design involving semi-
structured interviews with stakeholders from diverse industries provided rich insights into the
dynamics of chatbot integration.
Findings indicate that Al chatbots act as active operant resources, enhancing information
accessibility, decision support, and knowledge integration. Organizational responses ranged
from initial skepticism to conditional trust through deliberate human-Al collaboration, while
behavioral changes were observed in communication patterns, resource reallocation, and 24/7
service availability. Stakeholder engagement during design, testing, and implementation
emerged as crucial for addressing integration challenges and optimizing value creation.
The study's practical implications center on three key areas: implementing systematic cross-
functional collaboration involving IT, customer service, compliance, and operational staff;
establishing transparent human-Al collaboration models with clear escalation protocols and
handover mechanisms; and developing adaptive involvement strategies that evolve from
intensive design phases to sustained optimization monitoring. These findings prove particularly
relevant for organizations in regulated industries where trust-building through transparent
processes becomes essential for successful adoption.
The study showcases the application of SDL and CIT applications in Al-mediated B2B
contexts by demonstrating how continuous resource integration processes and adaptive
stakeholder involvement patterns operate in complex organizational settings. Specifically, the
research suggests that successful chatbot implementation requires hybrid service delivery
models that preserve human relationship elements while leveraging technological efficiency,
particularly important in B2B environments where relationship quality directly impacts
business outcomes. Future research should examine long-term organizational transformation
patterns, cross-cultural implementation variations, and the evolution from initial chatbot

adoption to broader Al integration across organizational functions.
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Chapter 1: Introduction
1.1 Background

The integration of artificial intelligence (Al) into business operations represents a fundamental
shift in how organizations approach customer engagement and service delivery (Gao et al.,
2022). Al chatbots have emerged as transformative tools in business-to-business (B2B)
environments, reshaping traditional engagement paradigms and fundamentally altering
business communication landscapes (Kushwaha et al., 2021). Al chatbots are computer
programs designed to simulate human-like conversations through text or voice interactions,
employing natural language processing and machine learning algorithms to understand,
interpret, and respond to customer inquiries with increasing sophistication and context
awareness (Adamopoulou & Moussiades, 2020). These Al-powered interfaces now handle
complex business queries, from initial customer inquiries to sophisticated service delivery
processes.

This technological evolution coincides with broader digital transformation trends across B2B
landscapes. Organizations are investing substantially in Al technologies to maintain
competitive advantage in increasingly digital marketplaces (Davenport et al., 2020). This
transformation extends beyond mere automation, as B2B organizations increasingly deploy Al
chatbots as strategic assets to deliver personalized experiences at scale (Kaushal & Yadav,
2022). Recent research indicates that B2B companies have implemented Al solutions to
enhance their customer service operations (Khvatova et al., 2024; Li et al., 2021). These Al
solutions have resulted in an improvement in response times and an increase in customer
satisfaction scores (EI-Shihy et al., 2024). This technological evolution parallels significant
changes in B2B buying behaviors, where digital interactions now influence most purchase
decisions (Paschen et al., 2019; Paschen et al., 2020). This shift reflects a broader trend toward
digital-first business strategies, where Al chatbots serve as primary touchpoints in customer
engagement journeys (Dwivedi et al., 2021).

Traditional models of engagement, characterized by human-to-human interactions, are giving
way to hybrid approaches that blend Al capabilities with human expertise (Masnita et al., 2024;
Paschen et al., 2020). Modern B2B relationships demand personalized, scalable, and efficient
service delivery mechanisms. Al chatbots fill this need by offering round-the-clock availability,
consistent service quality, and data-driven insights (Dwivedi et al., 2021). Understanding these
dynamics through the lens of Service-Dominant Logic (SDL) reveals how Al chatbots
contribute to value co-creation between firms and their business customers (Vargo & Lusch,

2016). The growing adoption of these Al-technologies necessitates a deeper understanding of



how businesses experience their implementation and use in complex B2B relationships
(Ramaswamy & Ozcan, 2018).

The integration of AI chatbots into B2B service environments represents more than a
technological advancement; it signifies a fundamental reconfiguration of how businesses
engage with customers and deliver value (Kushwaha et al., 2021). These technologies create
value by providing immediate responses to customer inquiries, personalizing interactions based
on relationship history, and capturing valuable data that informs future service improvements
(Chen et al., 2023). Through these mechanisms, Al chatbots enhance both operational
efficiency and relationship quality in B2B contexts. As Al technologies continue to evolve,
their capacity to influence customer engagement and service delivery becomes increasingly
significant for B2B organizations seeking competitive advantage in digital landscapes
(Dwivedi et al., 2021). This study aims to explore how B2B organizations experience Al
chatbot implementation and how these technologies influence customer engagement practices.
By examining both organizational experiences and contextual factors influencing chatbot

adoption, the research will provide insights into the role of Al in B2B service relationships.

1.2 Problem Discussion

Despite widespread adoption of Al chatbots in B2B environments, knowledge gaps persist in
understanding their influence on customer engagement dynamics. While existing research
extensively covers business-to-consumer (B2C) applications, the unique complexities of B2B
relationships demand dedicated investigation (Masnita et al., 2024). B2B interactions typically
involve multiple stakeholders, longer decision cycles, and more complex service requirements
- factors that challenge conventional understanding of Al-driven engagement (Lemon &
Verhoef, 2016). This gap becomes particularly evident when examining how Al chatbots
influence long-term business relationships and value co-creation processes in professional
settings (Holmgqvist et al., 2020).

The theoretical landscape reveals gaps in understanding how SDL applies to Al-mediated B2B
interactions (Kaartemo & Helkkula, 2018). Current SDL frameworks require exploration to
capture the role of Al intermediaries in B2B service ecosystems. Similarly, Consumer
Involvement Theory (CIT) developed by Zaichkowsky (1994), traditionally applied to
individual buying behavior, needs contextual adaptation to understand B2B stakeholder
engagement with Al technologies. CIT conceptualizes involvement as a person's perceived
relevance of an object based on inherent needs, values, and interests (Sharma & Klein, 2020).

When applied to organizational contexts, involvement reflects the collective engagement of



stakeholders with technologies based on their perceived relevance to business objectives
(Hollebeek et al., 2020).

Customer engagement, another central construct in this study, refers to the cognitive,
emotional, and behavioral dimensions of customer interactions with brands or firms (Hollebeek
etal., 2019). In B2B contexts, customer engagement encompasses the multifaceted interactions
between organizational stakeholders and service providers, including both human and
technological touchpoints (Sands et al., 2022). Customer experience, while related to
engagement, specifically focuses on the subjective response customers have to any direct or
indirect contact with a company throughout the customer journey (Lemon & Verhoef, 2016).
While conceptually distinct, engagement represents the interactive processes that contribute to
experience creation, making both essential for understanding Al chatbot influence in B2B
environments.

Industry data underscores the practical significance of understanding how B2B organizations
experience Al chatbot implementation and use. Recent studies report that while B2B
companies plan to increase Al chatbot investments, some of such organizations struggle to
measure their effectiveness in maintaining customer relationships (Kaushal & Yadav, 2022;
Kushwaha et al., 2021). This challenge carries substantial financial implications, with global
B2B e-commerce transactions expected to reach a market value of USD$36 trillion by 2026
(International Trade Administration, 2021). This disconnect between investment and impact
measurement suggests a need for exploratory research that can provide insights into
organizational experiences with chatbot implementation.

Research suggests that organizational involvement levels correlate with Al technology
adoption in B2B settings (Hollebeek et al., 2024; Uren & Edwards, 2023). Yet, the
understanding of how organizations perceive and experience different levels of involvement
during Al chatbot implementation and usage is limited. Specifically, we don't fully grasp how
factors like stakeholder participation in design processes, investment in training programs, and
leadership commitment to Al initiatives influence the ultimate effectiveness of chatbots in
building stronger customer relationships. This knowledge gap particularly affects industries
with high-stakes B2B relationships, such as financial services and manufacturing, where
chatbot interactions can significantly impact business outcomes (Ramaswamy & Ozcan, 2018).
The practical significance extends beyond immediate operational benefits. B2B organizations
face unique challenges in balancing automation with relationship-building. Research indicates
that most B2B decision-makers worry about losing personal connections with key accounts

when implementing Al solutions (El-Shihy et al., 2024). This concern highlights the



importance of research that explores how B2B organizations experience and perceive the role
of Al chatbots in their customer relationships.
The integration of SDL and CIT offers a promising framework for exploring these challenges.
By examining how B2B organizations experience chatbot-mediated engagement through these
theoretical lenses, this research aims to provide insights into the relationship between
technological implementation and customer engagement. This exploration becomes crucial as
global B2B Al chatbot market value is projected to reach $8.71 billion by 2025 and $25.88
billion by 2030, representing a compound annual growth rate of 24.32% during that period
(Mordor Intelligence, 2022), indicating the growing significance of understanding
implementation experiences.
This study focuses on two specific research gaps with both theoretical and practical
dimensions:
1) Limited understanding of how B2B organizations experience and perceive Al chatbot
implementation and use in customer engagement contexts, and
2) Limited exploration of how organizational involvement influence these experiences
and perceptions (Atienza-Barba et al., 2024; Barile et al., 2024; Dwivedi et al., 2021;
Hollebeek et al., 2020; Hollebeek et al., 2024; Holmgqvist et al., 2020; Kaartemo &
Helkkula, 2018; Kaushal & Yadav, 2022; Kushwaha et al., 2021; Maragno et al., 2022;
Sharma & Klein, 2020).
By addressing these focused gaps, this research aims to provide exploratory insights that can
inform both theoretical understanding and practical implementation of Al chatbots in B2B

service environments.

1.3 Research Purpose and Problem

This research explores how B2B organizations experience and perceive Al chatbot
implementation and use in customer engagement, using the theoretical lenses of SDL and CIT.
The study addresses the knowledge gap in understanding how organizations perceive and
experience Al-mediated interactions in complex B2B relationships.

The research problem centers on the limited understanding of how B2B organizations
experience Al chatbot implementation and use in customer engagement contexts. Unlike B2C
environments where chatbots handle straightforward customer inquiries and simple
transactions, B2B implementations face distinct operational challenges that create
implementation barriers. In B2B settings, chatbot systems must operate within multi-layered
decision-making structures involving several stakeholders, each with unique informational and

compliance requirements. For instance, in sectors like manufacturing or finance, chatbots are
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expected to support processes such as procurement negotiations, regulatory reporting, or
technical troubleshooting, which require a high degree of domain-specific knowledge and
contextual sensitivity (Cui et al., 2020; Hwang & Kim, 2021). These demands exceed the
capabilities of most out-of-the-box chatbot solutions designed for consumer contexts.
Additionally, manufacturing companies struggle with integrating chatbots into complex
procurement processes where buyers need detailed technical specifications, compliance
documentation, and multi-stakeholder approval workflows that can span weeks or months (Cui
et al., 2020). Similarly, financial services firms encounter difficulties when chatbots cannot
handle intricate regulatory inquiries about international compliance requirements or provide
personalized risk assessments that require understanding of specific business contexts (Hwang
& Kim, 2021). Healthcare technology providers face challenges when their chatbots lack the
sophistication to address complex integration questions about software compatibility across
different hospital systems or provide detailed implementation guidance for regulatory-sensitive
environments (Jovanovic et al., 2021).

These B2B-specific challenges extend beyond technical capabilities to relationship
management complexities. Research indicates that most B2B decision-makers express
concerns about losing personal connections with key accounts when implementing Al
solutions, compared to only few of B2C companies reporting similar relationship concerns
(Papagiannidis et al., 2023). This disparity reflects the fundamental difference in relationship
dynamics, where B2B partnerships often involve million-dollar contracts, multi-year
commitments, and trust-based relationships that develop through personal interactions over
extended periods. When financial services companies implement chatbots for corporate
banking clients, they risk disrupting established relationship patterns where account managers
have built trust through years of personalized service and deep understanding of specific
business needs (EI-Shihy et al., 2024).

The implementation complexity intensifies when multiple stakeholders influence B2B buying
decisions. Manufacturing clients typically involve procurement teams, technical specialists,
compliance officers, and senior executives in technology adoption decisions, creating
implementation challenges that require chatbots to serve diverse information needs
simultaneously (Cui et al., 2020). This multi-stakeholder reality means that B2B chatbots must
satisty technical users seeking detailed specifications, financial decision-makers requiring cost-
benefit analyses, and compliance teams needing regulatory assurance - a complexity absent in
B2C implementations where individual consumers make independent decisions.

While B2B organizations increasingly deploy Al chatbots, their experiences and perceptions

of how these technologies influence customer engagement and service delivery remain
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understudied (Hollebeek et al., 2024; Holmgqvist et al., 2020; Kaartemo & Helkkula, 2018;
Kaushal & Yadav, 2022; Kushwaha et al., 2021). This gap hampers organizations' ability to
effectively implement and optimize Al chatbot solutions for enhanced B2B relationships and
value creation. The practical urgency becomes apparent when considering that B2B companies
invest an average of $2.3 million annually in Al customer engagement technologies, yet 58%
report difficulty measuring their effectiveness in maintaining long-term business relationships
(Mordor Intelligence, 2022).

This study explores how Al chatbots contribute to value co-creation in B2B customer
engagement by applying the concepts of operant resources from SDL and stakeholder
involvement from CIT. It aims to generate exploratory insights into how organizations
experience and perceive chatbot-mediated engagement and what contextual factors influence

these experiences.

1.4 Research Objectives
This study aims to generate insights into how B2B organizations experience Al chatbot
implementation and use in customer engagement. Specifically, the research objectives are:

1. To explore how B2B organizations experience and perceive the cognitive, emotional,
and behavioral dimensions of customer engagement through Al chatbots, using the
theoretical lens of SDL focusing on how organizations perceive chatbots as resources
for creating value in business relationships.

2. To investigate how different levels of organizational involvement influence B2B
organizations' experiences and perceptions of Al chatbot implementation and use in
service delivery contexts

These objectives align with the exploratory nature of the study and focus on understanding

organizational experiences and perceptions rather than measuring outcomes or testing theories.

1.5 Research Questions
This study examines organizational experiences with Al chatbots in B2B contexts through the
following research questions:
1. How do B2B organizations perceive and experience Al chatbots in customer
engagement and service delivery?
2. How does organizational involvement influence the implementation and perceived
value of Al chatbots in B2B settings?
These research questions address the identified knowledge gaps by exploring both the

experiences and perceptions of B2B organizations regarding Al chatbot use in customer
6



engagement (RQ1) and the influence of organizational involvement on these experiences and
perceptions (RQ2). The questions are designed to elicit rich, qualitative insights into

organizational experiences rather than measuring causal relationships or effectiveness.

1.6 Delimitations

This study focuses specifically on B2B organizations that have implemented Al chatbots for
customer engagement within the past three years. The research primarily examines enterprises
in knowledge-intensive sectors, including financial services, technology, and professional
services, where customer engagement strategies significantly influence business outcomes.
While the findings may have broader applications, the study does not address B2C contexts or
industrial sectors with minimal digital customer engagement.

The theoretical scope centers on SDL and CIT, acknowledging but not deeply exploring other
relevant frameworks such as Technology Acceptance Model (TAM) and Unified Theory of
Acceptance and Use of Technology (UTAUT). This delimitation enables focused theoretical
development while maintaining feasibility within the research timeframe.

Geographically, the study concentrates on organizations operating in Sweden and the broader
Nordic region, allowing for cultural consistency in technology adoption patterns while ensuring
accessibility for data collection. This regional focus provides a coherent context for examining
Al chatbot implementation while acknowledging potential limitations in global applicability.
Methodologically, the research employs qualitative approaches, specifically semi-structured
interviews with key stakeholders involved in Al chatbot implementation and management.
These delimitations establish clear boundaries for the research while maintaining theoretical

and practical relevance.

1.7 Significance of the Study

This research contributes to both theoretical understanding and practical application in several
ways. Theoretically, it applies SDL to explore how Al chatbots may act as operant resources
in B2B service ecosystems, contributing to ongoing scholarly discussions about technology-
mediated value co-creation (Vargo & Lusch, 2016). Additionally, it draws on existing
applications of CIT in B2B contexts to interpret stakeholder engagement in Al chatbot
implementation and use (Sharma & Klein, 2020).

From a practical perspective, the findings provide B2B organizations with context-specific
insights that may inform chatbot about adoption and implementation decisions. By exploring

how organizations experience Al chatbot implementation and use in customer engagement



contexts. The research helps organizations better understand potential implementation
challenges and opportunities.

The timing of this study is particularly significant given the growing adoption of Al chatbots
among B2B organizations and the substantial investments being directed toward these
technologies. As the global B2B Al chatbot market continues to expand, understanding
organizational experiences and perceptions of these technologies becomes increasingly
valuable for organizations considering or currently implementing Al chatbots in their customer

engagement strategies.



Chapter 2: Literature Review and Theoretical Framework

2.1 Introduction

This chapter examines the scholarly landscape concerning Al chatbots in B2B customer
engagement and service delivery. The review follows a strategic progression from the
foundational elements of Al chatbot technology to their specific applications in B2B contexts,
before exploring how these technologies influence customer engagement. The chapter then
analyzes the theoretical frameworks of SDL and CIT that guide this study's exploration of
organizational experiences with Al chatbots.

Throughout this synthesis, the chapter identifies key knowledge gaps in the existing literature,
particularly regarding how B2B organizations experience Al chatbot implementation and how
organizational involvement influences these experiences. This targeted review establishes the
theoretical foundation for the qualitative exploration while positioning the research questions

within the current scholarly conversation.

2.2 Al Chatbots in Business Environments

2.2.1 Understanding AI Chatbots in B2B Service Contexts

The development of Al chatbots represents a significant technological evolution with profound
implications for business interactions (Nze, 2024). Al chatbots have evolved from simple rule-
based systems to sophisticated conversational agents powered by natural language processing
and machine learning capabilities (Adamopoulou & Moussiades, 2020; Hasan et al., 2023).
Modern Al chatbots interpret user intent, process natural language queries, and generate
contextually appropriate responses with remarkable accuracy (Tung et al., 2023). In B2B
environments, these technologies serve as service delivery mechanisms that apply specialized
knowledge to business interactions. Unlike their B2C counterparts that primarily handle
transactional exchanges, B2B chatbots engage in complex, knowledge-intensive interactions

that support ongoing business relationships (Dwivedi et al., 2021; Lu, 2024).

2.2.2 Applications and Implementation Challenges in B2B Contexts

The implementation of chatbots in B2B environments spans various service functions and
relationship stages. Unlike B2C applications that primarily focus on direct consumer
engagement, B2B chatbots address more complex organizational needs across extended
business relationships (Davenport et al., 2020; Kecht et al., 2023). Research by Kushwaha et

al. (2021) identifies several primary application categories in B2B contexts. Table 1



summarizes some of these primary application areas and associated challenges identified in the
literature.

Table 2.1: B2B Chatbot Applications and Implementation Challenges

Application | Key Functions Primary Challenges Relevant
Area Studies
Technical Complex product Domain knowledge | Adam et al
Support troubleshooting requirements (2021); Albeshr
Knowledge base Integration with technical | et al. (2024);
integration documentation Oluyjimi & Ade-
Issue escalation Balancing automation with | Ibijola (2023)
management expert intervention
Procurement Order processing System integration | Pillai &
Assistance Inventory complexity Sivathanu
monitoring Transaction security (2020); Rese et
Supplier Multi-stakeholder al. (2020); Sai et
communication coordination al. (2022); Tran
et al. (2021)
Lead Need assessment Relationship impact concerns | Josephine et al.
Qualification Information Sales team resistance (2024); Kaushal
gathering Complex buying process | & Yadav (2022);
Sales team navigation Priya &
routing Hariharanath
(2020)
After-Sales Maintenance Service continuity challenges | Kushwaha et al.
Service coordination Cross-departmental (2021); Ngai et
Warranty coordination al. (2021)
processing Knowledge integration
Service history barriers
tracking

Research identifies several recurring implementation challenges that influence B2B
organizations' experiences with chatbot technologies. Technical complexity emerges as a
significant barrier, with B2B chatbots requiring sophisticated language understanding

capabilities and domain-specific knowledge that exceeds typical B2C requirements (Kecht et

10



al., 2023). Successful implementation demands extensive training data and detailed knowledge
modeling to capture the technical terminology and business processes specific to particular
industries or organizational contexts (Shalaby et al., 2020). Research by Dwivedi et al. (2021)
indicates that inadequate domain knowledge represents the most frequent cause of B2B chatbot
implementation failure, with systems unable to handle the specialized inquiries characteristic
of professional business interactions.

Organizational resistance represents another significant challenge, particularly among
customer-facing teams concerned about technology disrupting valued human relationships
(Zhang et al., 2021). Unlike B2C contexts where efficiency often takes precedence, B2B
relationships emphasize trust development and interpersonal connections that stakeholders
may perceive as threatened by Al-mediated interactions (Kushwaha et al., 2021). Research by
Jenneboer et al. (2022) reveals that B2B sales professionals initially express concern about
chatbot implementation negatively affecting customer relationships, highlighting the
importance of change management in successful adoption. This resistance highlights the
importance of stakeholder involvement in implementation processes—a connection to the
research focus on organizational experiences and involvement.

Integration with existing business systems presents both technical and operational challenges
that influence implementation outcomes (Urbani et al., 2024). B2B chatbots require seamless
connections with customer relationship management platforms, enterprise resource planning
systems, and technical knowledge bases to deliver effective service (Malikireddy & Tadanki,
2022). The complexity of these integrations increases implementation costs and timelines,
creating barriers particularly for mid-sized B2B organizations with limited technical resources
(Sharma et al., 2024). Research indicates that integration difficulties account for some of
delayed or abandoned B2B chatbot implementations (Kaushal & Yadav, 2022).

Research on implementation success factors reveals several key patterns. Organizations that
achieve successful implementations typically demonstrate clear strategic alignment between
chatbot capabilities and specific business objectives (Ngai et al., 2021; Savastano et al., 2024).
Hybrid implementation approaches that combine Al capabilities with human expertise also
show higher satisfaction rates than fully automated solutions (Kousa, 2019; Zhang et al., 2021).
Organizations that invest extensively in industry-specific training data and continuous
knowledge refinement achieve significantly higher performance metrics than those relying on
generic chatbot platforms (Ngai et al., 2021). Perhaps most relevant to the research questions,
stakeholder involvement throughout implementation processes substantially influences
adoption outcomes, with high involvement levels correlating with more successful

implementations (Hollebeek et al., 2024; Sharma et al., 2024; Zhang et al., 2021).
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This finding connects to the study's interest in how organizational involvement influences
perceptions of customer engagement and service delivery in Al-mediated interactions. While
existing research identifies involvement as important, studies have not explored in depth how
involvement influences perceptions of customer engagement and service delivery in Al-

mediated interactions—a gap this study addresses using CIT as an interpretive lens.

2.3 Customer Engagement in B2B Contexts
2.3.1 Conceptualizing B2B Customer Engagement

Customer engagement represents a multidimensional construct that extends beyond
transactional exchanges to encompass cognitive, emotional, and behavioral dimensions of
customer-firm interactions (Hollebeek et al., 2019; Rosado-Pinto & Loureiro, 2020). In B2B
contexts, this construct acquires additional complexity due to the multi-stakeholder nature of
business relationships and the extended decision processes characteristic of organizational
buying behaviors (Kumar et al., 2019; Reinartz & Berkmann, 2018). Unlike B2C engagement
that predominantly involves individual consumers, B2B engagement encompasses interactions
across multiple organizational levels, from operational users to executive decision-makers,
creating layered engagement dynamics that require nuanced theoretical understanding (Kumar
et al., 2019; Marcos-Cuevas et al., 2016).

Scholarly conceptualizations of B2B customer engagement have evolved significantly over the
past decade. Early frameworks emphasized transactional dimensions, focusing on frequency
and volume of business interactions as primary engagement indicators (Youssef et al., 2018).
Subsequent research expanded this conceptualization to incorporate relational dimensions,
including trust development, knowledge sharing, and collaborative value creation (Kumar et
al., 2019; Trim & Lee, 2021). Contemporary frameworks further extend this understanding to
include digital dimensions that recognize technology-mediated interactions as integral
components of B2B engagement ecosystems (Hollebeek et al., 2020; Kaushal & Yadav 2022;
Srivastava et al., 2024).

Recent theoretical developments by Hollebeek et al. (2020) offers a valuable lens for
examining chatbot influence on B2B relationships: Cognitive engagement involves dedicated
attention and intellectual involvement in business relationships, manifested through
information exchange and joint problem-solving. AI chatbots potentially influence this
dimension by facilitating knowledge access and processing across organizational boundaries;
Emotional engagement encompasses positive feelings and affective commitment to business
partnerships, including trust development and relationship satisfaction. Chatbots may influence

this dimension both positively (through enhanced responsiveness) and negatively (through
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perceived depersonalization); Behavioral engagement involves tangible actions and resource
investments in the relationship, including communication frequency and collaborative
activities. Chatbots potentially reshape this dimension by changing interaction patterns and
resource allocation across customer journeys. This multidimensional framework provides
valuable constructs for exploring how B2B organizations experience chatbot implementation
across different engagement aspects.

From a practical perspective, B2B customer engagement exhibits several distinctive
characteristics compared to B2C contexts that influence Al chatbot implementation. First, it
involves collective rather than individual decision processes, with B2B engagement involving
multiple stakeholders with diverse priorities across buying centers (Ehret et al., 2024; Kumar
et al., 2019), requiring chatbots to navigate complex organizational structures. Second, it
emphasizes knowledge-intensive interactions, with technical information exchange and
specialized expertise forming central components of B2B engagement value (Bag et al., 2021;
Hollebeek et al., 2024), demanding sophisticated domain expertise from chatbot systems.
Third, B2B engagement typically spans extended timeframes, with relationship development
occurring across multiple interaction episodes and service encounters rather than discrete
transactions (Lievens & Blazevi¢, 2021), requiring chatbots to maintain conversational context
over time.

These distinctive characteristics create unique considerations when exploring organizational
experiences with chatbot technologies. The collective nature of B2B decision-making means
chatbots must engage with diverse stakeholders holding different information needs and
engagement preferences (Luo et al., 2021). The knowledge-intensive aspect demands
sophisticated domain expertise beyond typical consumer applications, requiring systems that
can engage in technical conversations with subject matter experts (Hollebeek et al., 2024). The
extended relationship timeframe necessitates consistent engagement quality across multiple
interaction episodes, with systems maintaining conversational context and relationship history

over time (Jiang et al., 2022).
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2.3.2 Value Co-Creation in B2B Customer Relationships

Value co-creation provides a conceptual bridge between customer engagement and the service-
focused theoretical framework guiding this study. This concept describes how value emerges
through collaborative processes between suppliers and customers rather than being embedded
in products or services themselves (Fehrenbach et al., 2024; Vargo et al., 2008). In B2B
contexts, value co-creation involves complex resource integration processes where business
partners combine specialized knowledge, technical capabilities, and organizational resources
to achieve outcomes beyond what either party could accomplish independently (Fehrenbach et
al., 2024; Kohtamiki & Rajala, 2016).

Research by Sales-Vivo et al. (2021) demonstrates how value co-creation in B2B relationships
encompasses multiple dimensions: economic value through improved business performance,
knowledge value through intellectual resource sharing, and relationship value through trust
development and future opportunity creation. These dimensions highlight how B2B value
creation extends beyond immediate financial outcomes to include capability development and
relationship strengthening (Pathak et al., 2021)—areas potentially influenced by Al chatbot
implementation (Li et al., 2021).

The value co-creation perspective proves particularly relevant when examining Al chatbot
influence on B2B engagement for several reasons. First, it positions technology as an active
participant in value creation processes rather than merely a service delivery channel (Breidbach
& Maglio, 2016; Kot & Leszczynski, 2022). This perspective aligns with the growing role of
Al chatbots as semi-autonomous actors in business relationships, where they increasingly make
decisions and provide specialized knowledge without direct human intervention. Second, it
acknowledges the interactive nature of value emergence, recognizing that value realization
depends on both provider capabilities and customer engagement with technological resources
(Kushwabha et al., 2021).

Empirical research demonstrates several mechanisms through which value co-creation occurs
in technology-mediated B2B relationships. Continuous knowledge exchange represents a
primary mechanism, with partners developing shared understanding through ongoing
information transfer across organizational boundaries (Li et al., 2021). AI chatbots potentially
enhance this mechanism by providing constantly available knowledge exchange channels that
operate beyond business hours and across geographical constraints (Al-Sharafi et al., 2022).
Research by Hollebeek et al. (2024) indicates that chatbots facilitating 24/7 technical
information access significantly increase knowledge transfer frequency between business

partners, creating more robust collaborative foundations.
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Joint problem-solving constitutes another important value co-creation mechanism in B2B
relationships. Partners combine complementary expertise to address complex challenges that
exceed individual organizational capabilities (Corsaro & Murtarelli, 2024). Al chatbots
contribute to this mechanism by documenting problem contexts, retrieving relevant solutions
from knowledge repositories, and connecting appropriate specialists across organizational
boundaries (Kot & Leszczynski, 2022). Studies by Folorunsho et al. (2024) demonstrate how
Al-mediated problem-solving in B2B technical support contexts reduces resolution times while
improving solution quality through more comprehensive knowledge integration.

Resource integration represents a third value co-creation mechanism particularly relevant to
Al-mediated B2B relationships. Business partners combine complementary resources
including technical systems, specialized knowledge, and organizational processes to create
integrated solutions (Petrescu et al., 2022; Vargo & Lusch, 2016). Al chatbots facilitate this
integration by establishing standardized communication protocols, maintaining interaction
records, and creating persistent connection points between otherwise separate organizational
systems (Urbani et al., 2024). Research by Althati et al. (2024) illustrates how digital platforms
that include Al components create value through enhanced resource integration, enabling more
efficient coordination across organizational boundaries.

These value co-creation mechanisms provide conceptual tools for exploring how B2B
organizations experience chatbot implementation in customer engagement contexts. These
represent specific processes through which chatbots potentially enhance business
relationships—processes that will be explored through the qualitative interviews central to this

study's methodology.

2.3.3 Challenges in Understanding Customer Engagement in Al-Mediated B2B
Environments

Understanding customer engagement in Al-mediated B2B environments presents distinctive
challenges for both researchers and practitioners. These challenges emerge from the
intersection of complex B2B relationships and emerging Al technologies, creating unique
methodological and conceptual considerations that this study aims to address. This study's
qualitative approach aims to explore these challenges by examining how organizations
themselves perceive and experience engagement quality through Al-mediated interactions.
The multi-stakeholder nature of B2B relationships makes understanding engagement
particularly challenging in Al-mediated contexts. Unlike B2C environments where
engagement primarily involves individual consumers, B2B engagement spans multiple

organizational roles with diverse priorities and interaction patterns (Kumar et al., 2019;
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Marcos-Cuevas et al., 2016). This complexity is further amplified when Al chatbots enter these
relationships, as different stakeholders may experience and perceive the technology in
fundamentally different ways depending on their organizational role, technical knowledge, and
frequency of interaction (Hollebeek et al., 2024; Kushwaha et al., 2021). This study addresses
this challenge by exploring organizational experiences across multiple stakeholder
perspectives, seeking to understand how different organizational roles perceive and engage
with Al chatbot implementations.

Extended relationship timeframes create additional complexity when studying Al influence on
B2B engagement. Business relationships typically develop through multiple interaction
episodes spanning months or years, making it difficult to isolate specific technology impacts
from broader relationship evolution (Jiang et al., 2022; Lievens & Blazevi¢, 2021). Al chatbot
effects may manifest gradually rather than immediately, requiring careful attention to temporal
dimensions when exploring organizational experiences. This study acknowledges this
challenge by examining the evolution of perceptions throughout implementation journeys,
asking participants to reflect on how their experiences and impressions have changed over time.
The highly contextual nature of B2B value creation further complicates understanding
engagement in Al-mediated environments. Value emerges differently across industries,
relationship types, and organizational contexts, making it difficult to develop universal models
of Al chatbot influence (Fehrenbach et al., 2024; Kohtamiki & Rajala, 2016). What constitutes
valuable engagement in one B2B context may differ substantially from another, requiring
research approaches that account for these contextual dimensions. This study addresses this
challenge by exploring experiences across diverse organizational contexts, seeking to identify
both common patterns and context-specific variations in how B2B organizations perceive Al
chatbot implementation.

These challenges illuminate why traditional measurement approaches may inadequately
capture the complexity of engagement in Al-mediated B2B environments. Quantitative metrics
alone often fail to capture the multifaceted nature of organizational experiences with emerging
technologies, particularly where multiple stakeholders and extended timeframes are involved
(Hollebeek et al., 2024; Prentice et al., 2020). This recognition reinforces the value of this
study's qualitative approach, which seeks to explore the rich complexity of organizational
experiences rather than reduce them to simplified metrics. By examining how organizations
perceive and experience Al chatbot implementation across different engagement dimensions,
this research provides insights that complement existing measurement-focused approaches

while addressing the contextual complexity characteristic of B2B environments.
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2.4 Theoretical Foundations

This study draws upon two complementary theoretical perspectives—SDL and CIT—to
explore organizational experiences with Al chatbot implementation in B2B contexts. These
theories were selected because they provide valuable conceptual tools for understanding both
value creation processes in service ecosystems (SDL) and stakeholder engagement with
technological innovations (CIT). This section presents the key concepts from each theory that
are most relevant to the research questions, explaining how they inform the study's approach

to understanding organizational experiences with Al chatbots.

2.4.1 SDL in AI-Mediated B2B Relationships

SDL provides a valuable theoretical lens for understanding how value emerges through Al-
mediated interactions in B2B contexts (Blaschke et al., 2019). Developed by Vargo and Lusch
(2016) and subsequently refined through multiple iterations, SDL represents a paradigmatic
shift from goods-centered to service-centered economic exchange. This perspective defines
service as the application of specialized competences (knowledge and skills) for the benefit of
another entity, positioning service exchange rather than goods transfer as the fundamental basis
of economic activity (Vargo & Lusch, 2016). While SDL encompasses numerous concepts,
this study focuses specifically on those most relevant to understanding AI chatbot
implementation in B2B environments: operant resources, value co-creation, and institutional
arrangements.

The concept of operant resources proves particularly valuable for understanding Al chatbots in
B2B contexts. SDL distinguishes between operand resources (tangible resources acted upon)
and operant resources (knowledge and skills that act upon other resources) (Vargo & Lusch,
2016). This distinction helps conceptualize Al chatbots not merely as technological tools but
as knowledge application systems that actively contribute to value creation through service
delivery. Research by Barile et al. (2024) further develops this perspective, demonstrating how
Al systems function as operant resources that apply specialized knowledge to enhance business
interactions. This conceptualization provides a theoretical foundation for exploring how B2B
organizations experience chatbots as resources for value creation rather than simply as
communication channels.

Value co-creation represents another central SDL concept with direct relevance to Al-mediated
B2B relationships. This concept describes how value emerges through collaborative processes
between providers and customers rather than being embedded in products themselves (Vargo

& Lusch, 2016). In B2B contexts, value co-creation involves complex interactions where
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multiple stakeholders combine specialized knowledge and capabilities to achieve outcomes
beyond what either party could accomplish independently (Fehrenbach et al., 2024). Research
by Li et al. (2023) demonstrates how digital technologies such as Al chatbots reshape these co-
creation processes by enabling new forms of knowledge exchange and resource integration.
This perspective provides conceptual tools for examining how B2B organizations experience
value emergence through Al-mediated interactions.

The institutional arrangements concept helps explain contextual factors shaping Al chatbot
implementation experiences. SDL recognizes that norms, rules, and shared beliefs significantly
influence how value co-creation unfolds within service ecosystems (Vargo & Lusch, 2016).
Research by Li et al. (2023) demonstrates how these institutional factors influence technology
adoption patterns and implementation experiences across different organizational contexts.
This perspective proves particularly valuable for understanding how industry norms and
organizational policies regarding Al technology influence B2B implementation experiences—
an 1mportant consideration given the study's interest in contextual factors shaping
organizational perceptions.

While SDL provides valuable insights into value creation processes, the theory has limitations
when applied to specific technological implementations. Its macro-level focus on service
ecosystems sometimes lacks granularity when examining individual stakeholder experiences
with specific technologies (Wilden et al., 2017). Its emphasis on systemic value creation can
also obscure individual factors affecting technology adoption, including varying engagement
levels across different stakeholders (Morgan-Thomas et al., 2020). These limitations highlight
the need for complementary theoretical perspectives that address micro-level engagement

factors—a need met through the integration of CIT.

2.4.2 CIT in B2B Technology Adoption

CIT provides complementary insights into stakeholder engagement with Al technologies in
B2B environments. While originally developed to explain consumer behavior in product
selection, the theory has been adapted to explore stakeholder engagement in organizations. In
this study, stakeholders include IT project leads, customer support directors, and sales
managers, each engaging with chatbots from distinct perspectives. High involvement might
occur when these groups participate in chatbot design and testing, whereas low involvement
may mean limited user input post-deployment. This study extends CIT by showing how
collective engagement levels influence perceived effectiveness and value creation, offering
new insight into the theory's applicability to multi-stakeholder enterprise settings (Klein &

Sharma, 2022; Sharma & Klein, 2020). This adaptation proves particularly valuable for
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understanding how organizational involvement influences AI chatbot implementation
experiences; a central focus of this study's second research question.

The core concept of involvement describes perceived relevance based on inherent needs,
values, and interests (Zaichkowsky, 1994). In organizational contexts, involvement reflects
stakeholders' collective engagement with technologies based on their perceived relevance to
business objectives (Klein & Sharma, 2022). Research by Sharma and Klein (2020)
demonstrates how this concept helps explain varying engagement levels across different
technological implementations, with high involvement characterizing initiatives perceived as
strategically important and low involvement typical of technologies viewed as merely
operational. This conceptualization provides a theoretical foundation for examining how
involvement levels influence Al chatbot implementation experiences in B2B contexts.
Research adapting involvement theory to organizational technology adoption identifies several
factors that influence stakeholder engagement levels. Industry characteristics, including
technical sophistication and competitive intensity, establish baseline involvement with
emerging technologies (Kushwaha et al., 2021). Organizational factors, including digital
maturity and innovation orientation, shape receptiveness to technologically mediated
engagement models (Atienza-Barba et al., 2024). Implementation approaches, particularly
regarding stakeholder inclusion in design processes, significantly affect engagement
throughout deployment phases (Maragno et al., 2022). These factors provide valuable
constructs for exploring what influences organizational involvement with Al chatbot
implementations across different B2B contexts.

The theory further distinguishes between different involvement dimensions with implications
for technology adoption. Cognitive involvement encompasses intellectual engagement with
technological attributes and capabilities, including information processing depth and technical
evaluation thoroughness (Abbas et al., 2023). Affective involvement includes emotional
connections to technologies, encompassing attitudes and feelings that influence adoption
decisions beyond rational assessment (Brachten et al., 2021). These dimensions provide
conceptual tools for examining different aspects of organizational engagement with Al chatbot
implementations, helping capture the multifaceted nature of stakeholder experiences.
Research by Atienza-Barba et al. (2024) demonstrates how organizational involvement levels
significantly influence technology implementation outcomes across multiple dimensions. Their
findings indicate that high-involvement implementations characterized by extensive
stakeholder engagement throughout design and deployment phases achieve higher satisfaction
rates and greater utilization levels than low-involvement implementations. These findings

highlight the potential significance of involvement as a factor shaping Al chatbot
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implementation experiences in B2B contexts—a relationship this study aims to explore through
qualitative inquiry.

While CIT offers valuable insights into stakeholder engagement factors, the theory also has
limitations when applied to complex organizational settings. Its original focus on individual
consumer contexts sometimes creates challenges when adapted to multi-stakeholder
organizational environments where collective decision processes predominate (Kumar et al.,
2019). Its emphasis on product selection contexts can also prove limiting when examining
ongoing service relationships characteristic of B2B environments (Shavitt & Laaksonen,
1996). These limitations highlight the value of integrating CIT with SDL to create a more
comprehensive theoretical framework that addresses both service ecosystem dynamics and

stakeholder engagement factors.

2.4.3 Integration of Theoretical Perspectives

The integration of SDL and CIT creates a complementary theoretical lens for examining
organizational experiences with Al chatbot implementation in B2B contexts. This integration
addresses limitations in each individual theory while providing a more comprehensive
framework for understanding both value creation processes within service ecosystems and
stakeholder engagement factors affecting implementation experiences. The resulting
theoretical synthesis guides this study's exploration of how B2B organizations experience Al
chatbot implementation across different engagement dimensions.

Several integration points between these theories prove particularly valuable for addressing the
research questions. SDL's concept of operant resources complements CIT's focus on perceived
relevance, as stakeholders demonstrate higher engagement with technologies they recognize as
valuable resources for achieving business objectives (Hollebeek et al., 2020; Vargo & Lusch,
2017). SDL's emphasis on value co-creation aligns with CIT's attention to active participation,
as both frameworks recognize the importance of collaborative engagement in realizing
technology benefits (Cheung & To, 2021; Kumar et al., 2019). SDL's institutional
arrangements concept complements CIT's situational factors, as organizational policies and
industry norms significantly influence perceived relevance of Al technologies in specific
business contexts (Sharma & Klein, 2020; Vargo & Lusch, 2017).

This theoretical integration yields several conceptual propositions that inform the study's
approach. First, Al chatbots function as operant resources within service ecosystems, applying
specialized knowledge to enhance business relationships through automated yet personalized
interactions. Second, organizational involvement levels influence how effectively these

resources are integrated into service delivery processes, shaping the quality of Al-mediated
20



engagement across different implementation contexts. Third, institutional arrangements
including industry norms and organizational policies regarding technology adoption
significantly influence perceived chatbot relevance and subsequent implementation
experiences.

The integrated theoretical framework provides conceptual tools for addressing both research
questions identified in the introduction. For exploring how B2B organizations experience and
perceive Al chatbot implementation (RQ1), the framework offers value co-creation concepts
and resource integration processes that help explain how technology influences business
relationships. For investigating how organizational involvement influences these experiences
and perceptions (RQ?2), the framework provides involvement dimensions and situational
factors that illuminate contextual influences on implementation outcomes. These theoretical
tools collectively guide the exploration of how B2B organizations experience Al chatbots
across different engagement dimensions.

Alternative theoretical frameworks were considered but deemed less suitable for addressing
the specific research questions. Technology Acceptance Model (TAM) and Unified Theory of
Acceptance and Use of Technology (UTAUT) focus primarily on adoption decisions rather
than ongoing service experiences, limiting their applicability to this study's interest in
implementation experiences across extended business relationships (Davis & Venkatesh, 2000;
Venkatesh et al., 2016). Innovation Diffusion Theory emphasizes adoption patterns across
populations rather than organizational experiences within specific business relationships,
making it less suitable for examining B2B engagement dimensions (Rogers, 2003). The
integration of SDL and CIT provides more relevant constructs for exploring organizational
experiences with Al-mediated service delivery, addressing both ecosystem dynamics and
stakeholder engagement factors central to the research questions.

2.5 Theoretical Framework for the Study

2.5.1 Conceptual Lens for Exploring Organizational Experiences

The theoretical framework synthesizes key constructs from SDL and CIT to create an
interpretive lens for exploring Al chatbot experiences in B2B contexts. Rather than proposing
testable relationships between variables, this framework identifies key theoretical dimensions
that guide data collection and analysis in this qualitative study.

At the framework's core, Al chatbot implementation represents the phenomenon being
explored, while B2B customer engagement quality reflects the multidimensional experiences
organizations have with this technology across cognitive, emotional, and behavioral
dimensions identified in the literature. Several theoretical mechanisms may illuminate how

chatbot implementation influences engagement experiences through specific processes.
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Organizational involvement level constitutes a key contextual factor that potentially influences
how organizations experience and perceive chatbot implementation across different settings.

This comprehensive structure provides a conceptual lens (figure 1) for exploring the complex
interactions between technology implementation, organizational factors, value creation

processes, and business relationship experiences.

Figure 1: Simple Conceptual Model Linking SDL and CIT In B2B Chatbot
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The customer engagement construct encompasses multiple dimensions drawn from
contemporary B2B literature that will guide exploration of organizational experiences.
Cognitive engagement reflects intellectual attention and thought processing devoted to
business relationships, manifesting through information exchange depth and decision
involvement (Hollebeek et al., 2019; Yusif & Hafeez-Baig, 2024). Emotional engagement
encompasses positive feelings and affective commitment to business partnerships, including
trust development and relationship satisfaction (Kumar et al., 2019; Musarra et al., 2022).
Behavioral engagement involves energy and effort devoted to interactions, reflected through
communication frequency, resource investment, and collaborative activities (Hollebeek et al.,
2020). These dimensions provide conceptual categories for exploring how B2B organizations
experience Al chatbot implementation across different aspects of customer engagement.

The AI chatbot implementation construct incorporates multiple aspects beyond mere
technology deployment that may influence organizational experiences. Implementation
approach reflects decisions regarding human-Al collaboration models, including fully
automated versus hybrid service delivery approaches (Dwivedi et al., 2021). Implementation
quality encompasses alignment with business objectives, integration with existing systems, and
customization to specific organizational needs (Maragno et al., 2022; Urbani et al., 2024).
Capability sophistication includes chatbot functional range, such as information provision,
transaction processing, and problem-solving capabilities (Adamopoulou & Moussiades, 2020).
These implementation dimensions provide conceptual categories for exploring how different
implementation characteristics might influence organizational experiences with Al chatbots.
Several theoretical mechanisms drawn from the literature may help interpret how chatbot
implementation influences engagement experiences. Knowledge accessibility enhancement
represents a potential mechanism through which chatbots might influence cognitive
engagement by providing immediate access to organizational expertise across time and
geographical constraints (Hollebeek et al., 2024). Interaction efficiency improvement offers
another potential interpretive lens, examining how chatbots might streamline routine
communication processes to enable deeper engagement on strategic rather than operational
matters (Kushwaha et al., 2021). Relationship continuity maintenance provides a third
interpretive perspective, exploring how chatbots might contribute to consistent service
experiences across interaction episodes to strengthen ongoing business partnerships (Sharma
et al., 2024; Urbani et al., 2024).

Organizational involvement level serves as a contextual factor that may influence how
organizations experience and perceive chatbot implementation. Drawing from CIT, this

construct encompasses stakeholder perception of chatbot relevance to business objectives,
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participation levels throughout implementation processes, and engagement with technology
adoption across organizational levels (Atienza-Barba et al., 2024; Zhang et al., 2021). High
involvement contexts might reflect extensive stakeholder participation, clear recognition of
technology relevance, and strong organizational commitment to implementation success
(Atienza-Barba et al., 2024). Low involvement contexts might demonstrate limited stakeholder
engagement, uncertain relevance perception, and minimal organization-wide commitment to
technology adoption (Zhang et al., 2021). This contextual factor provides a lens for exploring

how implementation experiences might vary across different organizational settings.

2.5.2 Exploring Key Constructs in Practice

This section discusses how the theoretical constructs described above will be explored through
qualitative interviews with B2B practitioners. Rather than attempting to measure these
constructs quantitatively, the study aims to understand how they manifest in organizational
experiences and how participants describe them in their own terms. This approach aligns with
the exploratory nature of the research questions and the qualitative methodology employed.
The AI chatbot implementation construct will be explored through several dimensions that
may emerge in conversations with B2B decision-makers. Participants will be asked to describe
how their organizations determined specific business requirements before chatbot
implementation and how these requirements informed design decisions (Kaushal & Yadav,
2022). Conversations will explore the functional capabilities of implemented chatbots,
including specific use cases they address and the complexity of queries they process
(Adamopoulou & Moussiades, 2020). Discussions will also examine human-AlT collaboration
models, particularly how organizations determine appropriate handoff points between
automated and human service delivery (Dwivedi et al., 2021). These exploratory conversations
aim to understand how implementation characteristics influence organizational experiences
rather than measuring implementation quality directly.

The multidimensional B2B customer engagement construct will be explored through
conversations examining how chatbots influence different engagement aspects. Participants
will be asked to reflect on how chatbots have affected information exchange between business
partners, including accessibility, depth, and frequency of knowledge sharing (Kumar et al.,
2019). Conversations will explore emotional dimensions of engagement, including how Al-
mediated interactions influence relationship satisfaction and trust development in business
partnerships (Hollebeek et al., 2020; Rosado-Pinto & Loureiro, 2020). Discussions will also
examine behavioral aspects, including how chatbots affect communication patterns, resource

allocation, and collaborative activities between business partners (Hollebeek et al., 2019).
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These exploratory conversations aim to understand how organizations experience engagement
across different dimensions rather than measuring engagement quality directly.

The organizational involvement contextual factor will be explored through discussions
examining stakeholder participation throughout implementation processes. Conversations will
explore which stakeholders were involved in implementation decisions, how extensively they
contributed, and whether involvement was sustained throughout implementation phases
(Atienza-Barba et al., 2024). Discussions will examine specific involvement mechanisms
including design workshops, feedback channels, and pilot testing arrangements that
characterized implementation approaches (Sharma et al., 2024). These exploratory
conversations aim to understand how involvement patterns influence implementation
experiences rather than categorizing involvement levels quantitatively.

The potential value creation processes will be explored through conversations examining
specific ways chatbots influence business relationships. Discussions will explore how chatbot
implementation has affected information availability across time, geographical, and
organizational boundaries (Hollebeek et al., 2024). Conversations will examine process
changes, including specific routine communications that have been automated and resulting
reallocation of human resources to different activities (Kushwaha et al., 2021). Discussions
will also explore consistency of experience across interaction episodes and maintenance of
contextual awareness throughout business partnerships (Sharma et al., 2024). These
exploratory conversations aim to understand how organizations experience value creation

processes rather than testing specific causal mechanisms.

2.5.3 Theoretical Lens for Interpreting Organizational Experiences

The integrated theoretical framework provides an interpretive lens for understanding patterns
that may emerge from conversations with B2B practitioners. Instead of testing predetermined
relationships between variables, this lens helps make sense of organizational experiences by
providing conceptual categories and theoretical perspectives that inform data interpretation.
This approach aligns with the exploratory nature of the study and its focus on understanding
how organizations experience and perceive Al chatbot implementation in customer
engagement contexts. Rather than restating the theoretical definitions already introduced in
section 2.4.1 and 2.4.2, this section focuses on how the frameworks will guide the
interpretation of organizational experiences in practice.

SDL informs the analysis by offering a structure for understanding how organizations articulate
the contribution of Al chatbots to relationship-building and knowledge-sharing activities. For

example, when participants describe improved responsiveness, collaborative service
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improvements, or long-term client satisfaction resulting from chatbot use, these will be
interpreted as indicators of value co-creation within service ecosystems (Vargo & Lusch, 2016;
Barile et al., 2024). Instead of viewing the chatbot merely as a communication tool, the lens
allows exploration of how it functions as a strategic resource embedded in relational and
knowledge exchange processes (Li et al., 2023).

CIT, on the other hand, facilitates interpretation of how stakeholder engagement levels
influence these experiences. Rather than treating organizational involvement as a static
variable, the analysis will examine how involvement is reflected in actions such as participation
in planning workshops, contribution to design features, or investment in internal training
(Sharma & Klein, 2020; Atienza-Barba et al., 2024). These observations help assess how
perceived relevance and active participation shape not only implementation outcomes but also
user attitudes and organizational alignment with chatbot adoption.

The integrated theoretical lens further suggests several potential relationships between key
constructs that may emerge through qualitative investigation. Implementation characteristics
might influence engagement experiences through specific value creation mechanisms, with
different chatbot capabilities enabling particular forms of knowledge exchange and resource
integration (Hollebeek et al., 2024; Li et al., 2023). Organizational involvement levels might
affect implementation quality through stakeholder contribution mechanisms, with higher
involvement potentially leading to better alignment between technological capabilities and
business requirements (Atienza-Barba et al., 2024; Maragno et al., 2022). These potential
relationships provide sensitizing concepts for data interpretation rather than hypotheses to be
tested, allowing patterns to emerge organically from practitioner conversations.

The theoretical framework guides exploration while remaining open to unexpected findings
and emergent patterns not anticipated by existing literature. This balanced approach
acknowledges the value of theoretical perspectives in guiding investigation while recognizing
the exploratory nature of the research questions and the relatively limited existing knowledge
regarding organizational experiences with Al chatbots in B2B contexts. The framework
informs data collection and interpretation without constraining discovery of unanticipated
insights that may emerge from conversations with practitioners actively implementing these

technologies in B2B customer engagement contexts.

2.6 Knowledge Gaps and Research Opportunity
The literature review reveals two critical knowledge gaps regarding Al chatbot implementation

in B2B customer engagement contexts that this study specifically addresses:
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First, while substantial research examines chatbots in B2C environments, significantly fewer
studies explore their implementation in complex B2B relationships characterized by multiple
stakeholders, extended timeframes, and knowledge-intensive interactions (Dwivedi et al.,
2021; Kushwaha et al., 2021). The distinctive nature of B2B engagement—featuring collective
decision processes, specialized knowledge requirements, and complex relationship
structures—creates unique implementation contexts that remain underexplored in existing
literature. This gap limits understanding of how Al chatbots function within the distinctive
engagement dynamics characteristic of business partnerships rather than consumer
interactions.

Second, the role of organizational involvement in shaping implementation experiences is
particularly underexamined in B2B chatbot contexts (Atienza-Barba et al., 2024; Maragno et
al., 2022). While involvement emerges as an important factor in general technology
implementation studies, its specific influence on Al chatbot experiences across different B2B
settings remains largely unexplored. This gap restricts understanding of how varying levels of
stakeholder participation, resource commitment, and engagement throughout implementation
processes ultimately influence perceptions of Al-mediated customer engagement across
different business contexts.

Few studies apply the integrated lens of SDL and CIT to examining chatbot implementation in
B2B environments (Barile et al., 2024; Hollebeek et al., 2020; Sharma & Klein, 2020). This
theoretical gap restricts understanding of how these technologies function simultaneously as
both value co-creation resources within service ecosystems and engagement objects subject to
varying involvement levels. Integrating these perspectives creates opportunities for more
comprehensive understanding of organizational experiences with Al-mediated B2B
engagement.

These knowledge gaps create a significant research opportunity addressed by this study's
approach. By exploring how B2B organizations experience Al chatbot implementation across
different engagement dimensions and examining how organizational involvement patterns
influence these experiences, this research contributes to both theoretical understanding and
practical implementation knowledge. This focused investigation allows for deeper
understanding of the specific mechanisms through which organizational involvement
influences implementation experiences in the unique context of B2B customer engagement
relationships mediated by Al technology.

The study's qualitative approach further enables nuanced exploration of how these factors
interact across different organizational settings, addressing methodological limitations in

existing literature that predominantly employs quantitative approaches focused on adoption
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decisions and performance metrics rather than experiential dimensions of implementation. By
examining these specific knowledge gaps through the integrated theoretical lens established in
this chapter, the research provides valuable insights for both scholarly understanding and
practitioner guidance regarding Al chatbot implementation in B2B customer engagement

contexts.
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Chapter 3: Methodology

3.1 Research Purpose

This study explores how B2B organizations experience Al chatbot implementation and how
varying levels of organizational involvement influence these perceptions and experiences. The
research adopts an exploratory approach to investigate these dynamics through the integrated
lens of SDL and CIT, focusing on customer engagement outcomes across cognitive, emotional,
and behavioral dimensions. The research findings will provide both theoretical insights and

concrete recommendations for practice.

3.2 Research Design

The study employs a qualitative research design aligned with the exploratory nature of the
research purpose. This design choice stems from several considerations related to the research
problem and theoretical underpinnings. First, the evolving nature of Al chatbot applications in
B2B environments necessitates an approach capable of capturing emerging patterns, contextual
nuances, and organizational experiences that quantitative methods might fail to address
adequately (Yin, 2018). Second, the research questions focusing on "how" B2B organizations
experience Al chatbots and "how" organizational involvement influences these experiences
demand rich, detailed data that can illuminate complex perceptions and contextual factors
(Eisenhardt & Graebner, 2007).

The selection of a qualitative design is grounded in an integrated theoretical framework that
draws on SDL and CIT to provide a comprehensive lens for analysis. Integrating these theories
allowed the study to capture the interdependence between value creation and stakeholder
engagement. For instance, when organizations recognizes the chatbot as an operant resource
(SDL), the degree to which it delivers value may depend on how engaged and involved internal
stakeholders were during its design and rollout (CIT). This synergy offerred a cohesive
framework for interpreting how technology, people, and organizational processes intersect in
B2B Al chatbot implementation.

Understanding organizations' experiences and perceptions within Al-mediated B2B
interactions requires accessing subjective viewpoints and contextual factors that influence
technology adoption and utilization patterns (Breidbach & Maglio, 2016). As Kaartemo and
Helkkula (2018) suggest, exploring Al technologies through these theoretical lenses benefits
from qualitative approaches that capture the complexity of resource integration and stakeholder
involvement across organizational boundaries.

The research design incorporated three complementary elements: (1) semi-structured

interviews with key stakeholders involved in Al chatbot implementation and management; (2)
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purposive sampling of organizations across financial technology, e-commerce, and customer
relationship management sectors; and (3) structured thematic analysis using an abductive
approach with coding processes inspired by Gioia-style structure (Gioia et al., 2013), this
ensured a structured yet flexible process for capturing how constructs like "organizational
involvement" and "value co-creation" manifests in practice. This integrated approach enables
systematic investigation of the research questions while maintaining flexibility to explore

emerging insights across different organizational contexts.

3.3 Research Strategy

The study utilizes a qualitative approach centered on semi-structured interviews to explore how
B2B organizations experience Al chatbot implementation and use in customer engagement.
This research strategy allowed systematic investigation of organizational perceptions while
maintaining flexibility to explore emerging themes and unexpected insights (Ruslin et al.,
2022). The semi-structured approach incorporated predetermined questions based on the
theoretical framework while enabling adaptability to pursue relevant topics that emerged
during conversations with participants.

This strategy aligns with the exploratory research purpose by facilitating in-depth exploration
of organizational experiences with Al chatbot implementation, patterns of value co-creation,
and variations in stakeholder involvement levels. As Kushwaha et al. (2021) note,
understanding Al-mediated customer engagement in B2B contexts requires accessing detailed
insights from multiple organizational perspectives that structured questionnaires might fail to
capture. The semi-structured approach therefore balances systematic data collection with space
for participants to articulate unique experiences and perspectives.

The research strategy followed an abductive reasoning approach, moving iteratively between
theoretical concepts and empirical observations (Vila-Henninger et al., 2022). This involved
developing initial interview questions based on the theoretical framework, refining these based
on preliminary findings, and allowing theoretical insights to emerge through continuous
engagement with the data. This abductive strategy was particularly valuable for understanding
how established theories apply to emerging technological contexts while remaining open to
novel theoretical insights.

3.4 Research Population

The study's research population comprises B2B organizations that have implemented Al
chatbot technologies for customer engagement within the past three years. This population is
further defined by several key parameters to ensure relevance to the research questions. First,

organizations need to utilize Al chatbots specifically for B2B customer engagement rather than
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B2C applications, as B2B contexts involve distinctive relationship dynamics and engagement
patterns (Kumar et al., 2019). Second, implementations need to be operational for at least six
months to ensure participants can reflect on meaningful experiences with Al chatbot use.

The sampling frame includes sectors where Al chatbot adoption has demonstrated significant
momentum: financial technology, customer relationship management, manufacturing, logistics
and professional services (Hollebeek et al., 2024; Pillai & Sivathanu, 2020). This sectoral focus
ensures the research addresses contexts where Al-mediated customer engagement plays a
strategic role in business operations while maintaining manageable scope. The inclusion of
these sectors reflects areas where Al chatbot adoption has shown considerable growth and
strategic integration into customer engagement processes (Hollebeek et al., 2024; Pillai &
Sivathanu, 2020). These industries are characterized by high levels of digital interaction,
information complexity, and customer relationship intensity, making them particularly relevant
for examining how Al technologies influence engagement and service delivery in B2B
contexts.

Focusing on organizations within the Nordic region (primarily Sweden, Norway, Finland, and
Denmark) offers additional methodological advantages. These countries are recognized for
their advanced digital infrastructure, progressive attitudes toward technology adoption, and
cultural openness to automation in professional services (European Commission, 2023). This
geographical focus ensures consistency in socio-technical conditions while supporting
accessibility for in-depth qualitative data collection. It also aligns with the researcher's local
knowledge and access, thereby increasing the feasibility of recruiting informed participants
across multiple stakeholder levels.

Within these organizations, the relevant population includes individuals directly involved in
Al chatbot implementation decisions, ongoing management, and strategic customer
engagement planning. This encompasses roles such as digital transformation leaders, customer
experience directors, IT implementation managers, and business development executives
responsible for B2B relationship management. This multi-level population perspective enables
access to diverse insights regarding organizational involvement patterns and implementation

experiences across different functional areas.

3.5 Sample Selection

The study employs purposive sampling to select organizations and participants that can provide
rich, relevant insights regarding the research questions. This sampling approach focuses on
identifying information-rich cases rather than achieving statistical representativeness (Patton,

2015). Organizations were selected based on four key criteria: (1) successful implementation
31



of Al chatbots within the past three years; (2) active utilization in B2B customer engagement;
(3) ability to provide access to multiple stakeholders; and (4) willingness to share
implementation experiences and perceptions.

To ensure the robustness and credibility of findings, following recommendations from
qualitative research methodologists (Miles et al., 2018), the study pursued theoretical
saturation, a core principle in qualitative research indicating the point at which additional data
no longer yield new insights or conceptual categories (Glaser & Strauss, 1967; Hennink, Kaiser
& Marconi, 2017). Specifically, the study monitored for both code saturation (when no new
themes or categories emerge) and meaning saturation (when deeper understanding of
established categories stabilizes across cases). Using a multi-organization, multi-respondent
design (1-2 participants per organization across 7-10 firms), the study anticipated reaching
saturation within 7-20 interviews, consistent with recommendations for qualitative studies
using thematic analysis and theoretical sampling (Guest, Bunce & Johnson, 2006).

Saturation was assessed iteratively during data collection and coding. After each round of 3-4
interviews, the data was reviewed for emergent codes and conceptual redundancy. When no
substantial new insights arose across different sectors or roles, this indicated that theoretical
saturation had been achieved, thereby validating the sufficiency of the sample size for the
research purpose. This multi-level approach enabled cross-comparison of perspectives within
each organization while facilitating cross-case analysis across different organizational
contexts.

Initial participants were identified through professional networks and industry associations,
with subsequent respondents recruited through snowball sampling techniques (Naderifar et al.,
2017). While snowball sampling provides valuable access to relevant stakeholders within
complex organizational structures, this approach carries potential bias risks. To mitigate these
risks, the sampling strategy actively sought diversity in organizational roles, implementation
experiences, and perspectives by establishing specific role-based quotas and using multiple
entry points within each organization (Robinson, 2014). Additionally, the final sample includes
balanced representation of technical roles (IT managers, system architects) and business
functions (customer service directors, relationship managers) to ensure comprehensive
coverage of both implementation processes and engagement perceptions.

Theoretical saturation guided the final sample size determination, following Hennink et al.'s
(2017) dual conception of saturation that distinguishes between code saturation (when no new
codes emerge) and meaning saturation (when no new dimensions or insights emerge within
existing codes). Practical assessment of saturation involved maintaining coding memos

throughout data collection and analysis, conducting preliminary analysis after each set of 3-4
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interviews, and documenting the emergence of new codes, themes, and insights (Saunders et
al., 2018). Data collection continued until both code and meaning saturation were achieved,
with special attention to theoretical saturation within each organizational context and role

category.

3.6 Data Collection Methods

Data collection centered on semi-structured interviews with organizational stakeholders
involved in Al chatbot implementation and management. An interview protocol was developed
based on the theoretical framework (see appendix), incorporating questions designed to explore
key constructs related to Al chatbot implementation, organizational involvement patterns,
customer engagement dimensions, and value co-creation perceptions.

The interview protocol consisted of four main sections aligned with the research questions and
theoretical framework. The first section explored participants' organizational roles and their
involvement in chatbot implementation processes. Questions included "Could you briefly
describe your role and responsibilities in the organization?" and "How long (in years) has your
organization been using Al chatbots in customer engagement?" The second section focused on
customer engagement experiences across the three theoretical dimensions. Sample questions
included "How has the Al chatbot influenced the exchange of information between your
organization and your business customers?" and "How has the chatbot changed communication
patterns with your business customers?". The third section examined organizational
involvement perceptions, with questions such as " How would you describe the level of
involvement from different organizational stakeholders throughout the implementation
process?" and "How has the chatbot influenced collaboration between your organization and
customers?" The final section addressed value co-creation outcomes and lessons learned,
including "Please share an example of how the Al chatbot has helped solve a complex customer
issue?” and “Based on your experience, what factors have most significantly influenced how
your organization perceives the value of Al chatbots in B2B customer engagement?”

Prior to the main data collection, pilot testing of the interview protocol was conducted with 2
participants representing similar roles to the target sample but from organizations outside the
final study population. This pilot testing served multiple purposes: (1) refining question
wording and sequence to improve clarity and flow; (2) identifying potential gaps in the protocol
that might leave important aspects unexplored; (3) estimating realistic interview duration to
inform participant communication; and (4) providing the researcher with practice in conducting

the interviews effectively (Tate et al.,, 2023). Feedback from pilot participants was
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systematically integrated into the final interview protocol before commencing formal data
collection.

Each interview lasted approximately 30-45 minutes and was conducted via video conferencing
to accommodate geographical dispersion while ensuring efficient data collection. Interviews
were recorded with participant consent and transcribed verbatim to facilitate detailed analysis.
The semi-structured format included predetermined questions addressing core theoretical
constructs while allowing flexibility to pursue emerging insights and organizational
specificities. This approach balances systematic data collection with openness to unexpected
findings that might enhance understanding of the research phenomena (Bryman & Bell, 2019).
To operationalize theoretical constructs effectively, interview questions incorporated specific
examples and scenarios relevant to B2B contexts. For instance, to explore organizational
perceptions of value co-creation, participants were asked to describe how chatbot
implementation changed information exchange across time, geographical, and organizational
boundaries (Hollebeek et al., 2024). Similarly, organizational involvement was explored
through questions examining stakeholder participation throughout implementation processes,
including design workshops, feedback channels, and pilot testing arrangements (Adamopoulou
& Moussiades, 2020).
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Table 3.1: Summary Table Linking Interview Questions to Key Constructs

Interview Question(s) Key Construct/ | Focus Research
Theory Question
Q1: Chatbot implementation and | CIT Perceived relevance | RQ2
business objectives
Q2: Types of queries and | SDL Operant  resources/ | RQl
complexity Chatbot capabilities
Q3: Human-chatbot decision | SDL Hybrid service model | RQI
process
Q4: Integration with existing [ SDL (Institutional | Implementation RQI
business systems arrangements) challenge
Q5: Influence on information | Customer Accessibility, RQ1
exchange Engagement frequency
(Cognitive)
Q6: Trust development Customer Trust and relationship | RQ1
Engagement building
(Emotional)
Q7: Changes in communication | Customer Timing, frequency, | RQl
patterns Engagement interaction format
(Behavioral)
Q8: Internal concerns or | CIT Organizational RQ2
pushback resistance
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Q9: Customer reaction to chatbot | Customer Customer perception | RQ1
vs human support Engagement

(Emotional)
Q10: Stakeholders involved in | CIT Multi-level RQ2
implementation involvement
Q11: Levels of stakeholder | CIT Engagement  across | RQ2
involvement throughout phases implementation

stages
Q12: Involvement mechanisms | CIT Mechanisms of | RQ2
(e.g., workshops, testing) participation
Q13: Evolution of involvement | CIT Temporal RQ2
since launch engagement dynamics
Q14: Chatbot solving complex | SDL (Value co- | Applied value | RQ1
customer issues creation) delivery
Q15:  Knowledge  sharing | SDL Resource integration, | RQ1
facilitation collaboration
Q16: Impact on resource | Customer Task shift, efficiency | RQ1
allocation in customer-facing | Engagement
teams (Behavioral)
Q17: Chatbot personalization | SDL Relational continuity | RQI
and long-term relevance
Q18: Factors  influencing | SDL + CIT Reflective evaluation | RQ1
perceived chatbot value RQ2
Q19: Additional insights SDL + CIT Emergent themes RQI
RQ2

The data collection process incorporated several strategies to enhance data quality (Singh et
al., 2021). First, multiple stakeholders from each organization were interviewed to enable
triangulation of perspectives regarding implementation experiences and perceptions. Second,
following each interview, field notes captured immediate impressions and emerging insights
to inform subsequent interviews and analysis. Third, member checking involved sharing
preliminary findings with selected participants to validate interpretations and enhance

credibility. These strategies collectively supported comprehensive data collection that captured

the complexity of Al-mediated customer engagement in B2B contexts.
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The final interview protocol was submitted to the thesis supervisor for review and approval
before commencing any data collection activities. This review process ensured alignment
between the data collection instruments and the research questions while addressing any

potential methodological concerns prior to fieldwork.

3.7 Data Analysis

Data analysis followed a structured thematic approach using an abductive reasoning framework
that moved iteratively between theoretical concepts and empirical observations. While inspired
by the structured coding processes characteristic of the Gioia methodology (Gioia et al., 2013),
the analysis approach was specifically adapted to align with the study's abductive nature and
theoretical grounding in SDL and CIT frameworks.

NVivo software supported rigorous data management and analysis through advanced coding
capabilities and visualization tools (see appendix). The analysis process began with detailed
reading of interview transcripts to gain familiarity with the data before initiating formal coding
procedures.

The structured thematic analysis was implemented through a specific three-stage coding
process inspired by Gioia-style structure:

1. First-order coding: Initial coding identified participant-centric concepts using
respondents' own language and terminology ("in vivo" codes). This stage involved line-
by-line analysis of interview transcripts to identify meaningful statements regarding Al
chatbot experiences, organizational involvement patterns, and perceived impacts on
customer engagement. First-order codes remained close to participant expressions,
minimizing researcher interpretation to ensure authenticity. Examples included direct
participant quotes such as "mixed bag at first" and "cross-functional effort."

2. Second-order theming: This stage involved identifying patterns among first-order
codes and abstracting them into researcher-induced themes that connected to theoretical
constructs while remaining grounded in participant experiences. These second-order
themes represented theoretically distinct categories that may relate to existing SDL and
CIT concepts. For example, multiple first-order codes about department collaboration
were grouped into the second-order theme "Cross-functional Stakeholder
Engagement.".

3. Aggregate dimensions: The final analytical stage involved organizing second-order
themes into broader aggregate theoretical dimensions that directly addressed the
research questions. These dimensions represented the highest level of theoretical

abstraction while maintaining clear linkages to both second-order themes and first-
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order concepts. The aggregate dimensions aligned with the study's theoretical

framework, including "Customer Engagement Transformation" and "Organizational

Involvement Patterns."
Following recommendations from Jackson and Bazeley (2019), the analysis incorporated
multiple coding cycles to ensure thorough examination of the data and identification of
meaningful patterns across different organizational contexts. Two researchers independently
coded segments of the interview transcripts to establish coding reliability before developing a
consolidated coding framework. Regular meetings facilitated discussion of emerging themes
and resolution of coding disagreements through consensus. This collaborative approach
enhanced analytical rigor while mitigating potential researcher bias in interpretation.
The analysis process maintained constant comparison between emerging findings and existing
theoretical concepts, consistent with the abductive approach underpinning the research design.
This involved iteratively revisiting data, codes, and theoretical constructs to refine
understanding of relationships between chatbot implementation, organizational involvement,
and customer engagement perceptions. Matrix coding queries facilitated exploration of patterns
across different organizational contexts and stakeholder roles, enabling identification of both
common themes and contextual variations in Al-mediated customer engagement practices.
This documentation (see appendix) provided transparency regarding analytical decisions and
supported the systematic progression from empirical observations to theoretical insights that

characterized the study's abductive approach.

3.8 Quality Standards

The study implements several strategies to ensure research quality and trustworthiness,
following established criteria for qualitative research rigor (Singh et al., 2021). Credibility was
enhanced through investigator triangulation, with two researchers independently coding data
segments to establish interpretive consistency. Member checking involved sharing preliminary
findings with selected participants to validate interpretations and ensure alignment with their
experiences. These strategies collectively strengthened the internal validity of research findings
by minimizing researcher bias and ensuring faithful representation of participant perspectives
(Ahmed, 2024).

Transferability was addressed through detailed documentation of organizational contexts and
implementation characteristics in several ways. First, comprehensive participant profiles were
maintained, including industry sector (manufacturing, healthcare technology, financial
services, automotive, business communications), organizational size, implementation timeline,

and stakeholder roles. Second, implementation contexts were systematically documented,
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covering technical specifications, integration complexity, customer base characteristics, and
geographical scope. Third, organizational characteristics were recorded, including decision-
making structures, departmental involvement patterns, and cultural factors influencing
technology adoption. This detailed contextual documentation enables readers to assess
applicability to other settings by comparing organizational and implementation characteristics
with their own contexts.

The sampling approach incorporated multiple sectors specifically including manufacturing
(digital workplace solutions), healthcare technology (software solutions), financial services
(fintech), automotive manufacturing (customer services divisions), and business
communications (technical management). This sectoral diversity enhances transferability by
demonstrating patterns across different B2B environments while documenting sector-specific
variations in implementation approaches and outcomes.

Dependability was strengthened through maintaining an audit trail documenting analytical
decisions and theoretical developments throughout the research process. This transparency
regarding methodological choices supports assessment of research consistency and procedural
rigor. The audit trail included coding decisions, theme development rationales, theoretical
connections, and methodological adaptations made during data collection and analysis.
Confirmability was enhanced through reflexive practices acknowledging researcher
positionality and potential biases that might influence data interpretation. Regular debriefing
sessions between researchers facilitated critical examination of emerging interpretations and
consideration of alternative explanations for observed patterns. These reflexive practices
support analytical distance while maintaining sensitivity to participant perspectives throughout
the research process.

The study addressed ethical considerations by establishing clear agreements with participating
organizations regarding data confidentiality and usage terms. Informed consent was obtained
from all participants, with explicit permission for recording interviews and using anonymized
quotes in research dissemination. These ethical practices ensured participant protection while
supporting research transparency and credibility.

Throughout the research process, the limitations of the qualitative approach and sample size
have been explicitly acknowledged. The study offers valuable exploratory insights based on a
limited number of interviews rather than making claims about generalizable findings or
definitive theoretical advancements. This positioning aligns with the exploratory nature of the

research and the qualitative methodology employed.

39



Chapter 4: Empirical Data, Results, and Analysis
4.1 Introduction
This chapter presents the empirical findings from semi-structured interviews with seven B2B
organizations that have implemented Al chatbots in their customer engagement and service
delivery processes. The analysis employs a structured thematic analysis using an abductive
approach, combining insights from SDL and CIT frameworks with patterns emerging from
participant experiences. The findings directly address the two research questions established in
Chapter 1. The first question examines how B2B organizations experience Al chatbots across
the cognitive, emotional, and behavioral dimensions of customer engagement and service
delivery. The second investigates how organizational involvement levels influence chatbot
implementation success and perceived value creation outcomes.
Drawing from semi-structured interviews with seven organizations spanning manufacturing,
healthcare technology, financial services, automotive, and business communications sectors,
this analysis employs systematic NVivo coding to extract meaningful patterns from
organizational experiences. The investigation connects empirical findings with the SDL and
CIT frameworks established in Chapter 2, demonstrating how theoretical constructs manifest
in real-world B2B environments.
The chapter progresses through four distinct sections: methodological alignment and data
collection processes, thematic analysis organized by research questions, theoretical framework
integration, and critical discussion of implications and limitations. The findings reveal that Al
chatbot implementation represents a multidimensional transformation affecting resource
allocation, relationship management, and value creation processes rather than simple

technological deployment.

4.2 Data Collection and Methodological Alignment

The empirical foundation of this study rests upon carefully orchestrated data collection
processes that maintain strict alignment with the established methodological framework. The
investigation engaged seven organizations across diverse B2B sectors, each representing
distinct approaches to Al chatbot implementation and customer engagement practices with
their business clients. This purposeful sampling strategy ensured comprehensive coverage of
varying organizational contexts while maintaining focus on the research objectives.

All seven interviews were conducted within the B2B context, where participants discussed
their organizations' experiences serving business clients rather than individual consumers. To
clarify this distinction, throughout the analysis, "customers" refers specifically to business

clients, ensuring clear B2B rather than B2C context understanding.
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The participant pool encompassed professionals from manufacturing, healthcare technology,
financial services, automotive manufacturing, and business communication industries.
Respondent 1 operated within the manufacturing sector, specializing in Digital Workplace
solutions for business client service teams. Respondent 3 led digital transformation initiatives
in automotive manufacturing's Customer Services division, while Respondent 4 served as a
Customer Success Specialist in healthcare software solutions serving business clients. The
financial technology sector was represented through Respondent 5, who managed business
client-facing activities in a startup environment serving small to medium enterprises with
digital financial solutions. Respondent 2 works with the Digital Customer Solutions team,
Respondent 6 works in a Fintech company in the Development and technology team, with
Respondent 7 serving as Technical manager in the business communication industry. This
diversity in organizational contexts and professional roles provided rich empirical material that
addresses the heterogeneous nature of B2B environments while ensuring transferability of
findings across different industry contexts.

As explained in chapter 3, the data collection process employed semi-structured interviews
conducted via secure video conferencing platforms, with each session lasting approximately
thirty minutes. This duration proved optimal for maintaining participant engagement while
allowing sufficient depth of exploration into complex organizational phenomena. All
interviews were digitally recorded with explicit participant consent, subsequently transcribed
verbatim to preserve the authentic voice and expressions of organizational experiences. The
semi-structured format enabled systematic exploration of predetermined themes while
maintaining flexibility to pursue emergent insights that enriched understanding of Al chatbot
implementation experiences.

The methodological consistency was maintained through rigorous application of NVivo
software for comprehensive data analysis. The transcribed interviews were systematically
imported into the analytical platform, creating a structured repository that facilitated systematic
coding and thematic development. This technological approach ensured transparency and
auditability of the analytical process while maintaining the interpretative richness essential for
qualitative inquiry.

The coding strategy employed a three-stage interpretative framework that aligned directly with
the study's exploratory objectives. The initial stage involved child coding, where in vivo codes
were generated directly from participants' language, preserving their authentic expressions and
organizational terminology. This approach respected the phenomenological nature of the
inquiry by maintaining fidelity to participants' lived experiences with Al chatbot

implementation. The second stage aggregated similar child codes into broader thematic
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categories, creating what the analysis terms "top codes" that represent consolidated patterns
across organizational experiences. The final stage involved developing aggregate dimensions

that directly correspond to the research questions, ensuring analytical coherence and theoretical

alignment.

Table 4.1: Data Structure

First-Order Codes

Second-Order

Themes

Aggregate Dimensions

"Information in seconds," "24/7

"nons

access," "immediate availability"

Enhanced Information

Accessibility

Cognitive Engagement

Transformation

"Knowledge base interaction,"

nn

"complex query handling," "analytical

processing"

Knowledge
Integration

Capabilities

"Decision  support,”  "structured

workflows," "problem-solving

assistance"

Decision-Making

Enhancement

"Initial skepticism," "worried about

nn

replacement,” "trust development over

time"

Trust Evolution

Patterns

Emotional Engagement

Dynamics

nn

"Consistent performance," "reliability

nn

building," "confidence growth"

Relationship  Quality

Maintenance

"Human-Al collaboration,"

"transparency  approach,”  "hybrid

service delivery"

Personalization

Strategies

nn

"More frequent interactions," "shorter

exchanges," "dynamic engagement"

Communication

Pattern Shifts

Behavioral Engagement

Changes

"Resource reallocation," "focus on

impactful work," "efficiency gains"

Strategic Resource

Deployment

nn

"Off-hours interactions," "continuous

nn

service," "extended availability"

Service Continuity

Enhancement

"Cross-functional teams,"

nn

"management backing," "collaborative

effort"

Multi-Stakeholder

Participation

Organizational

Involvement Patterns

42




"Design  workshops,"  "feedback | Systematic Feedback

loops," "user acceptance testing" Integration

"Monthly monitoring," "continuous | Sustained Engagement

improvement," "performance | Evolution

optimization"

"Technical integration," "security | Implementation Integration Challenge
considerations," "workflow | Adaptation Management
adaptation"

"Risk mitigation," "controlled rollout," | Adaptive ~ Problem-

"collaborative testing" Solving

The codebook (see appendix) reveals substantial evidence of data saturation and quality across
multiple dimensions. The "AI Chatbot Implementation" theme emerged from fourteen separate
coding instances across six different organizational files, indicating consistent patterns in
implementation experiences. Similarly, "Customer Engagement Experiences" generated
fifteen coding references across seven files, demonstrating the pervasive nature of engagement
transformation across diverse organizational contexts. The "Organizational Involvement"
theme accumulated ninteen coding instances across seven files, suggesting rich empirical
material that addresses the stakeholders involvement across diverse organizational contexts.
The "Value Co-creation" dimension accumulated eighteen coding instances, suggesting rich
empirical material that addresses the theoretical framework's central concerns with SDL and
resource integration.

The interpretative coding approach provided nuanced insights into organizational experiences
by focusing on meaning-making rather than frequency counting. This methodology proved
particularly valuable in understanding how organizations conceptualize Al chatbots as
resources within their service ecosystems. The repeated appearance of specific codes across all
respondents confirms both data richness and analytical consistency, while the depth of coding
references demonstrates sufficient empirical foundation for addressing the research questions
comprehensively.

The data quality extends beyond mere volume to encompass theoretical relevance and
analytical depth. The systematic appearance of codes related to "Trust Development" across
fifteen references and six files indicates consistent organizational concerns that align with
established service relationship literature. Similarly, the emergence of "Knowledge Sharing"
themes across fourteen references demonstrates the empirical foundation necessary for

understanding value co-creation processes in Al-mediated service encounters.
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This methodological approach ensures that the empirical evidence meets qualitative standards
for depth and comprehensiveness. The systematic coding process, combined with the diversity
of organizational contexts and consistency of thematic emergence, provides a robust
foundation for addressing the study's research questions while maintaining theoretical

coherence with the SDL and CIT frameworks established in Chapter 2.

4.3 Empirical Data Presentation and Thematic Analysis

This section systematically presents the empirical findings derived from NVivo analysis,
organizing the data around the two primary research questions that guide this investigation.
The thematic structure enables comprehensive exploration of organizational experiences while
maintaining analytical coherence with the established theoretical framework. Each theme
emerges from systematic coding processes (as seen in Table 4.1) that preserve participant
authenticity while identifying patterns across diverse organizational contexts. The analysis
reveals how B2B organizations navigate complex implementation challenges while creating
value through Al-mediated customer interactions, providing insights that extend current

understanding of technology adoption in international business environments.

4.3.1 Experiences with AI Chatbots in Customer Engagement and Service Delivery (RQ1)
The analysis of interview data reveals distinct patterns in how B2B organizations experience
Al chatbot implementation across the three dimensions of customer engagement identified in
the theoretical framework. These experiences demonstrate the complex interplay between
technological capabilities and organizational value creation processes, offering insights into

how chatbots function as operant resources within service-dominant logic frameworks.

4.3.1.1 Cognitive Engagement Transformation

The cognitive dimension of customer engagement, characterized by intellectual involvement
and information processing capabilities, emerged as a primary area where organizations
experienced significant transformation through chatbot implementation. The analysis reveals
three key patterns: enhanced information accessibility, improved decision-making processes,

and sophisticated knowledge integration.

Enhanced Information Accessibility
Organizations consistently reported dramatic improvements in business clients' access to
specialized knowledge and technical information. Respondent 5 emphasized the

transformation: "It has significantly improved accessibility and timeliness. It's improved
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information flow tremendously. Business clients no longer need to wait for long business hours,
the chatbot provides information in seconds." This immediate access represents what Vargo
and Lusch (2016) characterize as operant resource activation, where specialized organizational
knowledge becomes continuously available for value co-creation processes.

The enhancement extends beyond simple information retrieval to sophisticated knowledge
application. Respondent 1 described how their chatbot enables complex information
processing: "The chatbot can handle technical specifications, product configurations, and
compatibility checks that previously required specialized staff." This capability demonstrates
resource integration processes where Al systems apply specialized competencies to business
client needs, supporting SDL's emphasis on knowledge as the fundamental source of
competitive advantage (Vargo & Lusch, 2017).

This immediate access to organizational knowledge aligns with Hollebeek et al.'s (2024)
assertion that chatbots facilitate 24/7 technical information access, significantly increasing

knowledge transfer frequency between business partners.

Knowledge Integration Capabilities

Organizations developed sophisticated approaches to combining their expertise with business
client requirements through Al-mediated interactions. Respondent 6 explained their
comprehensive knowledge integration: "We've built a knowledge base and exposed the chatbot
to it, so the business clients can then interact directly with the knowledge base through the
chatbot. It's mainly this that most business clients are using to resolve issues with integration."
This capability demonstrates what Vargo and Lusch (2016) characterize as resource
integration, where chatbots serve as conduits for combining specialized organizational
knowledge with customer requirements.

This integration process reflects what Barile et al. (2024) describe as Al systems functioning
as knowledge application platforms rather than simple information repositories. The chatbot
serves as an intermediary that combines organizational expertise with specific business client
contexts, creating what SDL literature characterizes as collaborative value creation through

resource integration (Li et al., 2023).

Decision-Making Enhancement

The most sophisticated cognitive transformation involved chatbots supporting complex
business decisions through analytical processing and contextual information provision.
Respondent 7 detailed their advanced implementation: "The queries range from regular

conversations that business clients can ask and then we respond. Other queries can be setup
45



processes where we connected ChatGPT to our system and based on the response from our
business clients, we can allow the chatbot to respond without the agent doing anything, but the
agent is monitoring the conversations." This sophisticated interaction capability reflects what
Sales-Vivo et al. (2021) describe as knowledge value creation through intellectual resource
sharing in B2B relationships.

This decision support capability exemplifies what SDL theory describes as operant resources
actively contributing to value creation rather than serving as passive tools (Vargo & Lusch,
2016). The chatbot processes contextual information, applies organizational knowledge, and
provides decision-relevant insights that enhance business client capabilities for achieving their
objectives.

The cognitive dimension findings reveal that chatbots function as what Breidbach and Maglio
(2016) conceptualize as active participants in value creation processes rather than merely
service delivery channels. Organizations experience cognitive enhancement not just through
faster information access, but through the chatbot's ability to process, contextualize, and deliver

specialized knowledge in ways that support complex business decision-making.

Table 4.2: Cognitive Engagement Patterns Across Sectors

Sector Information Knowledge Decision Support
Accessibility Integration
Manufacturing Technical specifications, | Equipment Setup process
product configurations compatibility guidance
checks
Healthcare Tech Password resets, | System integration | Compliance
onboarding procedures support guidance
Financial Services | Account inquiries, | Transaction Risk  assessment
payment status processing support
workflows
Automotive Service procedures, | Vehicle data | Maintenance
diagnostic information integration scheduling
Business Platform capabilities, | API integration | Implementation
Communication feature explanations support planning

Cross-Sector Patterns:

e All sectors emphasized 24/7 information availability
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e Knowledge integration most sophisticated in technical industries

e Decision support varies by regulatory complexity

4.3.1.2 Emotional Engagement Dynamics

The emotional dimension of customer engagement presented more complex transformation
patterns, with organizations reporting both challenges and opportunities in building affective
commitment and trust through Al-mediated interactions. The analysis reveals a progression
from initial skepticism to gradual acceptance, with specific strategies emerging for maintaining

relationship quality.

Trust Evolution Patterns

Organizations consistently encountered initial skepticism from business clients regarding Al-
mediated service delivery. Respondent 2 described the typical progression: "Mixed bag at first.
Some business clients were skeptical, or should I say worried it would replace human support.
But now, most see it as an efficiency tool, not a substitute." This initial resistance reflects what
CIT literature describes as low involvement contexts where stakeholders perceive limited
relevance or value (Zhang et al., 2021).

The trust development process occurred through consistent performance demonstration rather
than immediate acceptance. Respondent 4 explained the transformation: "At the beginning, it
was really skeptical, people were worried. Business clients weren't sure how much they could
rely on a bot for meaningful assistance. But once they figured out what it could resolve certain
issues, such as password resets, onboarding and some other technical issues, their confidence
in it grew steadily."

This gradual trust building aligns with SDL's institutional arrangements concept, where shared
beliefs and norms regarding technology acceptance develop through repeated positive
experiences within service ecosystems (Vargo & Lusch, 2016). The emotional engagement
transformation requires what Kumar et al. (2019) characterize as relationship investment over

time rather than immediate technology adoption.

Relationship Quality Maintenance

Organizations developed specific strategies to preserve emotional connection while leveraging
Al efficiency. Respondent 3 emphasized their positioning approach: "We made a decision early
on to treat the chatbot as an assistant, not a replacement." This positioning aligns with Ehret et
al.'s (2024) research on collective decision processes in B2B contexts, where maintaining

human involvement becomes essential for emotional engagement.
47



Several organizations implemented sophisticated emotional monitoring and escalation
protocols. Respondent 7 described their comprehensive system: "We have built the Al chatbot
in such a way that it has certain commands. If the Al chatbot can't answer like three times in a
row, it will hand over to an agent. We can also allow the business client to ask to be handed
over to an agent. When business clients keep asking questions that are outside of that
knowledge consistently, it will then also recommend handover to human agents." This strategic
framing reflects understanding that emotional engagement in B2B relationships requires what
Musarra et al. (2022) describe as careful balance between technological efficiency and personal

relationship maintenance.

Personalization Strategies

Organizations discovered that emotional engagement required active personalization efforts
within Al-mediated interactions. This involved customizing communication styles,
maintaining contextual awareness, and preserving relationship history across interaction
episodes. The personalization strategies reflect what Hollebeek et al. (2020) describe as
affective commitment maintenance through consistent, relevant service experiences that
acknowledge individual business client needs and preferences.

These findings demonstrate that emotional engagement in Al-mediated B2B relationships
requires careful balance between efficiency and personalization. Organizations that
successfully maintained emotional connection implemented what Musarra et al. (2022)
describe as hybrid service delivery models, where Al capabilities enhance rather than replace
human relationship management.

4.3.1.3 Behavioral Engagement Changes

The behavioral dimension revealed the most tangible changes in organizational practices, with
chatbots driving significant transformations in communication patterns, resource allocation,
and collaborative activities. These changes demonstrate how Al implementation reshapes the
behavioral aspects of customer engagement through process optimization and strategic

resource redeployment.

Communication Pattern Shifts

Organizations experienced significant changes in interaction frequency and structure with
business clients. Respondent 5 described the evolution: "Tremendously it has changed,
nowadays business clients reach out more frequently but with shorter interactions. They use

the chatbot for quick, one-off inquiries. That has led to more dynamic and ongoing
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engagement." This pattern represents what Hollebeek et al. (2020) characterize as behavioral
engagement intensification through increased interaction frequency and energy investment.

Communication transformation extends beyond frequency to interaction quality. Business
clients began using chatbots for routine inquiries while reserving human interaction for
strategic discussions. This behavioral adaptation reflects efficient resource utilization where Al
handles operational communication while preserving human capacity for relationship-building

activities.

Strategic Resource Deployment

The most significant behavioral change involved organizations reallocating human expertise
from routine tasks to high-value relationship activities. Respondent 4 explained the
transformation: "Over time they saw that the introduction of the chatbot actually helped reduce
repetitive tasks and allow them to focus on more impactful work." This resource reallocation
demonstrates what Kushwaha et al. (2021) describe as capability development through
technological enhancement of service delivery processes.

Organizations discovered that chatbot implementation enabled strategic deployment of
specialized human knowledge for complex problem-solving and relationship development. The
behavioral changes reflect SDL's resource integration concept, where technological capabilities
combine with human expertise to create enhanced value propositions for business clients (Li

et al., 2023).

Service Continuity Enhancement

The 24/7 availability created fundamental behavioral changes that extended business
relationships beyond traditional time constraints. Respondent 6 noted: "There is now an
increase in off-business hours interactions. You can come back in the morning and find that
there were lots of interactions with the Al overnight. Before we had the Al, you could see that
people were generally reluctant to initiate conversations in off-business hours because the
assumption is that there won't be support." This behavioral shift demonstrates how chatbots
influence what Lievens and Blazevi¢ (2021) describe as extended relationship timeframes in
B2B engagement.

This continuous availability represents what Urbani et al. (2024) describe as persistent
connection maintenance in B2B relationships, where service availability becomes a
competitive advantage that strengthens business partnerships through consistent accessibility

and responsiveness.
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Process Automation and Workflow Integration

This represented sophisticated behavioral changes where chatbots became embedded in
organizational processes. Respondent 5 described their comprehensive integration: "The
chatbot handles account-related inquiries, payment status checks, instructions for setting up
services, and real-time frequently asked questions like transaction limits or document uploads.
The complexity is moderate, it handles structured workflows well." This integration
exemplifies what Urbani et al. (2024) characterize as Al chatbots creating persistent connection
points between separate organizational systems.

The behavioral dimension findings reveal that chatbot implementation creates what Pathak et
al. (2021) describe as capability development outcomes, where organizations not only improve
operational efficiency but also develop new patterns of customer interaction and service
delivery. These behavioral transformations demonstrate how Al chatbots function as catalysts
for broader organizational change, reshaping how B2B companies allocate resources, manage

customer relationships, and deliver value across extended business partnerships.

4.3.2 Influence of Organizational Involvement on Al Chatbot Implementation and
Perceived Value (RQ2)

The second research question examined how organizational involvement influences the
implementation and perceived value of Al chatbots in B2B settings. This analysis reveals
significant patterns in stakeholder participation throughout implementation processes,
demonstrating clear connections between involvement levels and implementation success. The
analysis identifies two primary dimensions: stakeholder involvement and feedback processes,

and integration challenges and organizational adaptation strategies.

4.3.2.1 Stakeholder Involvement and Feedback Processes

Cross-Functional Collaboration

Organizations consistently demonstrated extensive stakeholder involvement throughout
implementation processes. Respondent 1 described comprehensive stakeholder engagement:
"The IT department, Project delivery and Marketing department, Logistics and so on were all
involved. But most importantly it was backed by management." With Respondent 2 noting "It
was cross-functional: IT, customer service, legal, and sales,". This multi-departmental

approach reflects what CIT literature describes as high involvement contexts where multiple
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stakeholders recognize technology relevance and commit resources to implementation success
(Atienza-Barba et al., 2024).

The depth of cross-functional collaboration varied by organizational complexity and industry
requirements. Respondent 4 detailed their comprehensive approach: "It was a collaborative
effort of virtually all the departments. Primarily [ would say the customer success team, product
development, and compliance were all deeply involved." This extensive involvement pattern
supports CIT's proposition that perceived relevance increases stakeholder participation, which
subsequently enhances implementation outcomes (Sharma & Klein, 2020).

The manufacturing and healthcare sectors demonstrated particularly sophisticated involvement
patterns due to regulatory and technical complexity requirements. Respondent 3 provided
detailed insights: "It was a true cross-functional effort. IT and digital services built the technical
framework. Aftersales teams helped identify what questions the bot should handle. Even
compliance had to weigh in because we deal with sensitive vehicle and driver data. Leadership
supported us but the real engine was the feedback from field technicians and service advisors."
This observation aligns with CIT, which emphasizes that active stakeholder participation

enhances technology adoption success (Atienza-Barba et al., 2024).

Systematic Feedback Integration

Organizations with successful implementations developed structured feedback mechanisms
that maintained stakeholder engagement throughout deployment phases. Respondent 6
described their comprehensive approach: "This particular development went through the
typical software development lifecycle, design phase, having lots of meetings with the different
disciplines. The nature of the involvement was in the meetings, and then taking the feedback
from the meetings and using them to actually evolve things. User acceptance testing was held
at different levels, different stages of development." This systematic feedback integration
process reflects the theoretical framework's emphasis on knowledge accessibility enhancement
as a mechanism for improved cognitive engagement (Hollebeek et al., 2024).

This systematic feedback integration demonstrates what CIT describes as sustained
involvement where stakeholder participation extends beyond initial adoption decisions to
continuous improvement processes (Zhang et al., 2021). The feedback mechanisms serve as
quality assurance systems that ensure chatbot capabilities align with actual business

requirements and stakeholder expectations.

Leadership Support and Resource Commitment
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The analysis reveals that successful implementations required both operational stakeholder
involvement and strategic leadership commitment. Respondent 5 detailed their comprehensive
governance structure: "The IT and digital department were the forerunner. Customer operations
team led the user experience design. Product and engineering handled integration. Legal and
compliance ensured data handling standards were met, and marketing helped craft the chatbot's
tone and branding. Senior leadership also provided strategic oversight." This comprehensive
involvement strategy resulted in what the respondent characterized as deep engagement,
particularly during critical phases.

This multi-level involvement pattern reflects what the theoretical framework established in
Chapter 2 identifies as institutional arrangements within service ecosystems, where
organizational policies and resource allocation decisions significantly influence technology
implementation success (Vargo & Lusch, 2016). The leadership support provides necessary
resources while operational involvement ensures practical implementation quality.

The relationship between involvement depth and perceived value becomes apparent through
respondent reflections on implementation outcomes. Respondent 4 noted that high involvement
levels, "especially during the testing phase. Each team wanted to make sure the chatbot would
align with our service standards and not introduce any risks, especially given the sensitivity of
healthcare data." This cautious yet thorough approach demonstrates how organizational
involvement serves as a quality assurance mechanism, ensuring chatbot capabilities align with
existing service standards and organizational requirements.

The temporal dimension of involvement also proves significant. Respondent 3 observed that
their involvement "was deep, especially in the design and testing phases. Product and
engineering were engaged daily, compliance provided ongoing reviews, and we ran several
joint workshops to refine user journeys and escalation rules." This sustained engagement
throughout implementation phases contrasts with organizations that experienced involvement
decline post-deployment, as noted by Respondent 1: "Strong early engagement, especially
during design and testing. Post-deployment, involvement dipped a bit, but we keep feedback
loops open."

The data reveals that successful involvement extends beyond initial implementation to ongoing
optimization processes. Respondent 4 described their transition "from implementation to
optimization. Now, we focus more on monitoring performance, identifying usage trends, and
tweaking the chatbot based on that data. We do this on a monthly basis." This evolution from
implementation involvement to performance monitoring involvement demonstrates how

organizational engagement adapts over time while maintaining continuous improvement focus.
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These findings support the theoretical framework's proposition that organizational involvement
level serves as a contextual factor influencing implementation experiences. The empirical
evidence demonstrates that extensive stakeholder participation creates more robust
implementation foundations, leading to enhanced perceived value and sustained engagement
with the technology. This connection between involvement depth and implementation success

validates CIT's relevance in B2B technology adoption contexts (Zhang et al., 2021).

4.3.2.2 Sustained Engagement Evolution

Implementation-to-Optimization Transition

Organizations experienced evolution in involvement patterns from intensive implementation
phases to sustained optimization processes. Respondent 4 described this transition: "We have
moved from implementation to optimization. Now, we focus more on monitoring performance,
identifying usage trends, and tweaking the chatbot based on that data. We do this on a monthly
basis." This evolution demonstrates adaptive involvement where stakeholder engagement
adjusts to changing implementation needs while maintaining continuous improvement focus.
The transition from implementation to optimization involvement illustrates what CIT literature
describes as involvement adaptation over time, where stakeholder participation evolves in
response to technology maturation and organizational learning (Atienza-Barba et al., 2024).
Organizations maintain engagement through different mechanisms while preserving

commitment to technology success.

Performance Monitoring and Continuous Improvement

Successful organizations developed systematic approaches to sustained stakeholder
engagement through performance monitoring and iterative improvement processes.
Respondent 2 described their ongoing approach: "It's more continuous now. Sales and support
teams give monthly feedback, and IT handles ongoing updates and improvements." This
continuous engagement pattern reflects successful integration of chatbot technology into
organizational routines while maintaining stakeholder investment in performance optimization.
The sustained engagement patterns support the theoretical framework's emphasis on value co-
creation as ongoing collaborative processes rather than discrete implementation events (Vargo
& Lusch, 2017). Organizations maintain stakeholder involvement through systematic feedback
collection and performance monitoring that ensures chatbot capabilities continue meeting

evolving business requirements.
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4.3.2.3 Integration Challenge Management

Adaptive Problem-Solving Approaches

Organizations encountered various technical and operational challenges that required
collaborative problem-solving approaches involving multiple stakeholders. Respondent 5
described their systematic challenge response: "We used collaborative platforms for
prototyping and feedback, ran simulation tests with real user queries, and collected internal
feedback from support agents who tested the system extensively before launch. We also
conducted a controlled rollout with selected business clients and used their input to fine-tune."
This comprehensive challenge management approach demonstrates how organizational
involvement serves as risk mitigation strategy, where multiple stakeholder perspectives
identify potential issues before full deployment. The collaborative problem-solving reflects
what SDL describes as resource integration processes where diverse organizational capabilities

combine to address implementation complexities (Li et al., 2023).

Security and Compliance Integration

Technical sectors required specialized stakeholder involvement for security and regulatory
compliance requirements. Respondent 6 noted their focus on security and governance: "The
risk and data privacy and governance team and also cybersecurity checked to be sure that we're
not going to be exposed to any harm by exposing the Al to everybody." This security-focused
involvement illustrates how industry context influences stakeholder participation patterns, with

regulated industries requiring additional expertise integration during implementation phases.

Organizational Learning and Capability Development

The most sophisticated organizations experienced transformation in their overall approach to
Al technology through chatbot implementation. Respondent 7 highlighted this evolution: "It
has evolved very well because eventually my company now started selling ourselves as an Al-
powered company, so you see that practically every communication and every development
we have to consider how do we push this narrative and expand other parts of our product to
also involve Al for ease of use."

This organizational transformation demonstrates how successful chatbot implementation can
catalyze broader technological capability development, reflecting SDL's emphasis on resource
integration as catalyst for service ecosystem evolution (Barile et al., 2024). The involvement
patterns established during chatbot implementation create organizational capabilities for

managing Al technology more broadly.
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These integration challenges and adaptive responses validate the theoretical framework's
emphasis on the complex nature of B2B technology implementation. The empirical evidence
shows that organizational involvement not only facilitates initial deployment but also enables
ongoing adaptation and optimization, supporting the value co-creation perspective that
positions technology as an active participant in ongoing business relationship development
(Kushwaha et al., 2021).

Table 4.3: Organizational Involvement Patterns Across Implementation Phases by Sector

Sector Implementation | Optimization Key Involvement
Phase Phase Stakeholders | Intensity
Manufacturing | Cross-functional | Monthly IT, Marketing, | High
design workshops, | performance Logistics,
extensive testing | reviews, Management
continuous
feedback
Healthcare Tech | Compliance- Performance Customer High
heavy design, | monitoring, Success,
multi-department | trend analysis Product Dev,
collaboration Compliance
Financial Comprehensive Systematic IT, Legal, | High
Services governance, feedback loops, | Marketing,
controlled rollout | monthly Customer Ops
optimization
Automotive Field technician | Ongoing  field | IT, Aftersales, | High
feedback, cross- | input, Compliance,
functional performance Field Staff
integration tracking
Fintech Security-focused | Risk monitoring, | Development, | High
design, multi- | continuous Security,
stage testing improvement Governance
Business Strategic Company-wide | Technical, High
Communication | positioning, Al adoption, | Product,
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product expanded Strategic

integration implementation | Leadership

Cross-Sector Observations:
o All sectors demonstrated high involvement levels during both phases
o Healthcare and Financial sectors showed highest compliance involvement
e Technical sectors emphasized security and integration stakeholders

e All maintained sustained engagement through systematic feedback mechanisms

4.4 Linking Empirical Findings with the Theoretical Framework

The empirical findings demonstrate strong alignment with SDL and CIT frameworks
established in Chapter 2, while also revealing nuanced organizational experiences that extend
existing theoretical understanding. The NVivo analysis confirms the relevance of both SDL
and CIT frameworks for understanding Al chatbot implementation in B2B contexts, though
the data reveals more complex interactions between theoretical dimensions than previously
documented.

4.4.1 Integration with SDL

The cognitive engagement findings particularly illuminate how chatbots function as operant
resources within SDL frameworks. The systematic appearance of enhanced information
accessibility across all organizations validates Vargo and Lusch's (2016) conceptualization of
resource integration as fundamental value creation mechanism. Respondent 6's description of
business clients interacting "directly with the knowledge base through the chatbot" exemplifies
what Breidbach and Maglio (2016) characterize as technology serving as active participant in
value creation rather than merely service delivery channel.

The resource reallocation patterns identified across organizations—where human expertise
shifts from routine tasks to strategic activities—demonstrates dynamic resource integration
described by Kushwaha et al. (2021). This finding extends SDL theory by illustrating how Al
chatbots enable organizations to reconfigure operant resources continuously rather than
through discrete implementation events. The behavioral changes reflect resource integration
where technological capabilities combine with human expertise to create enhanced value
propositions for business clients.

The value co-creation processes emerged clearly through collaborative engagement between
chatbots, organizational knowledge, and business client requirements. Organizations
experienced what Li et al. (2023) describe as interactive value creation where Al systems

facilitate knowledge exchange and resource combination that neither party could achieve
56



independently. This validates SDL's emphasis on collaborative value creation while
demonstrating how Al technology can enhance rather than replace human-to-human value

creation processes.

4.4.2 Integration with CIT

The empirical evidence strongly supports CIT's propositions regarding relationships between
stakeholder participation and implementation success. The systematic cross-functional
collaboration across all seven organizations validates Atienza-Barba et al.'s (2024) assertion
that active involvement enhances technology adoption outcomes. Respondent 3's detailed
description of comprehensive stakeholder engagement—involving IT, digital services,
aftersales teams, compliance, and field technicians—demonstrates multifaceted involvement
patterns that CIT suggests are crucial for successful implementation.

The data reveals that organizational involvement extends beyond initial deployment phases,
supporting Zhang et al.''s (2021) findings about sustained engagement requirements.
Respondent 4's description of transitioning "from implementation to optimization" with
monthly performance monitoring illustrates how involvement patterns evolve while
maintaining continuous improvement focus. This evolution extends CIT by demonstrating how
involvement adapts over time rather than remaining static throughout technology adoption
processes.

The relationship between involvement depth and perceived value becomes evident through
implementation success patterns. Organizations with extensive stakeholder participation
experienced smoother implementations, higher satisfaction levels, and more successful
integration with existing business processes. This supports CIT's core proposition that
perceived relevance drives participation, which subsequently enhances technology adoption
outcomes (Sharma & Klein, 2020).

4.4.3 Theoretical Integration and Extension

The integration of SDL and CIT provides comprehensive understanding of organizational
experiences that neither theory could achieve independently. The findings demonstrate how
operant resource integration (SDL) occurs through stakeholder involvement processes (CIT),
creating synergistic effects where theoretical perspectives complement rather than compete
with each other.

The emotional engagement challenges illustrate this integration clearly. Organizations
encountered initial resistance (low CIT involvement) that required careful relationship

management strategies to maintain value co-creation processes (SDL). Successful
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organizations developed hybrid service delivery models that preserved human relationship
elements while leveraging Al efficiency, demonstrating how theoretical integration guides
practical implementation strategies.

The sustained engagement evolution patterns reflect both theories working together.
Organizations maintain resource integration processes (SDL) through continued stakeholder
involvement (CIT), creating what the analysis terms "adaptive involvement" where
participation patterns evolve with technology maturation while preserving commitment to
value creation processes.

The findings align with Hollebeek et al.'s (2024) assertions about enhanced information
accessibility while revealing additional complexity in emotional engagement dimensions. The
data shows that trust development occurs through consistent performance over time rather than
through immediate acceptance, extending Kumar et al.'s (2019) work on relationship
development in business partnerships. The behavioral transformation patterns identified—
particularly the shift toward more frequent, shorter interactions—corroborate Hollebeek et al.'s
(2020) characterization of behavioral engagement while revealing specific organizational

adaptations not previously documented in B2B contexts.

4.5 Discussion, Implications, and Limitations

4.5.1 Key Findings Summary

This investigation reveals that B2B organizations experience Al chatbot implementation as
multidimensional transformation affecting cognitive, emotional, and behavioral aspects of
business client engagement simultaneously. The findings demonstrate that successful chatbot
implementation requires careful orchestration of organizational involvement across multiple
stakeholder groups and implementation phases. Rather than functioning as simple automation
tools, chatbots serve as catalysts for broader organizational change, reshaping how companies
allocate resources, manage relationships, and deliver value to business partners.

The cognitive dimension emerged as the primary transformation area, with organizations
consistently reporting enhanced information accessibility and sophisticated knowledge
integration capabilities. These improvements extend beyond efficiency gains to enable new
forms of intellectual engagement between business partners. The emotional dimension
presented more complex patterns, with initial skepticism gradually transforming into trust
through consistent performance and transparent human-Al collaboration models. The

behavioral dimension revealed the most tangible organizational changes, including
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communication pattern shifts, strategic resource reallocation, and extended service availability

that fundamentally altered how organizations interact with business clients.

4.5.2 Theoretical Contributions

The study contributes to existing theory in several important ways. First, it demonstrates how
SDL and CIT can be integrated effectively to understand complex technology implementation
phenomena. The empirical evidence shows that value co-creation processes occur through
stakeholder involvement mechanisms, creating synergistic effects where neither theory alone
could explain organizational experiences comprehensively.

Second, the findings extend CIT by demonstrating involvement pattern evolution over time.
The data reveals that organizational involvement adapts from intensive implementation phases
to sustained optimization processes, suggesting that involvement theory needs temporal
dimensions to fully explain technology adoption in complex organizational settings.

Third, the study extends SDL by illustrating how Al technology functions as operant resource
that actively participates in value creation rather than serving as passive tool. The findings
show that chatbots integrate organizational knowledge with business client requirements in

dynamic ways that create new value propositions neither party could achieve independently.

4.5.3 Practical Implications and Contextual Considerations

The findings offer strategic insights for practitioners while acknowledging important
contextual limitations. Organizations should conceptualize Al chatbot implementation as
strategic transformation initiatives requiring comprehensive stakeholder engagement from
design through optimization phases. This perspective demands particular attention to
maintaining cross-functional collaboration throughout implementation lifecycles.

The research reveals important sector-specific considerations that practitioners should
recognize. Manufacturing and automotive sectors demonstrated sophisticated involvement
patterns due to technical complexity requirements, while healthcare and financial services
emphasized compliance and regulatory stakeholders. Organizations in regulated industries
require additional expertise integration during implementation phases, suggesting that
implementation strategies must adapt to industry-specific requirements.

Company size and organizational maturity also influenced implementation experiences, though
this study's focus on established B2B organizations limits broader generalizability. The
participating organizations ranged from startup environments to large manufacturing
companies, with larger organizations demonstrating more sophisticated stakeholder

involvement patterns and resources for comprehensive implementation approaches.
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Organizations operating across international markets should leverage the 24/7 availability
advantages demonstrated in the behavioral dimension findings while adapting interaction
patterns to local business cultures. The resource reallocation benefits identified in the study
enable companies to deploy specialized human expertise more strategically across global
operations, potentially improving service quality in complex international business
relationships.

International business contexts present additional considerations that emerged through the
analysis. Respondent 7's experience serving Spanish-speaking business clients in Latin
America illustrates how chatbots can bridge language barriers while maintaining personalized
service quality. This capability becomes particularly valuable for international businesses

serving diverse markets with varying communication preferences and technical requirements.
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Chapter 5: Conclusions, Recommendations, and Limitations
5.1 Conclusions
This investigation into Al chatbot implementation in B2B customer engagement environments
reveals that these technologies fundamentally reshape organizational value creation processes
rather than merely automating existing service functions. The research demonstrates that B2B
organizations experience chatbot implementation across three interconnected dimensions—
cognitive, emotional, and behavioral—with each dimension contributing to sophisticated
transformation patterns that extend well beyond operational efficiency gains.
The cognitive dimension emerges as the primary catalyst for organizational change, with
chatbots enabling what Vargo and Lusch (2016) conceptualize as dynamic resource integration.
Organizations consistently reported enhanced knowledge accessibility and sophisticated
information processing capabilities that transformed how business partners engage with
organizational expertise. This finding supports and illustrates SDL's application in Al-mediated
B2B contexts, particularly demonstrating how the continuous nature of human-Al resource
integration differs from traditional human-to-human resource exchange patterns in its temporal
availability and processing consistency.
The emotional dimension revealed a distinctive progression from initial skepticism to
conditional trust development. Participants described trust not in the chatbot itself, but
specifically in the human-Al collaborative system when certain conditions were met. Trust
emerged as conditional on three key elements: transparent handover mechanisms to human
agents, clear communication about chatbot limitations, and consistent fallback options.
Respondent 7's experience illustrates this conditional trust: "We have built the Al chatbot in
such a way that it has certain commands. If the Al chatbot can't answer like three times in a
row, it will hand over to an agent." These finding nuances existing assumptions about trust in
Al systems by revealing that B2B stakeholders develop trust in the hybrid service arrangement
rather than the technology alone, with trust remaining fragile and dependent on maintained
transparency about system boundaries.
Behavioral transformations demonstrated organizational impacts that were distinctively B2B
in nature. Unlike B2C environments where individual consumer behavior adapts to technology,
the B2B context required fundamental shifts in organizational workflows and inter-company
communication protocols. Communication patterns shifted toward more frequent but focused
interactions, with business clients using chatbots for operational queries while preserving
human contact for strategic discussions. Strategic resource reallocation enabled human
expertise deployment in higher-value relationship activities, fundamentally altering how

organizations structure client-facing roles. Extended service availability transformed temporal
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boundaries of B2B engagement beyond traditional business hours, with Respondent 6 noting
increased off-hours interactions that were previously avoided due to assumptions about support
unavailability. These behavioral changes required organizations to adapt workflow structures,
redefine job roles, and establish new norms for when human intervention becomes necessary
in business relationships.

The investigation of organizational involvement influences supports and deepens CIT's
application in complex B2B technology contexts. The data reveals that stakeholder engagement
must be both comprehensive and adaptive, evolving from intensive collaborative design phases
to sustained optimization monitoring. This finding deepens existing CIT research by
demonstrating that involvement patterns in B2B environments require sustained commitment
across multiple organizational levels rather than the more discrete involvement patterns
typically observed in individual technology adoption. The data shows that successful
organizations maintained cross-functional engagement through systematic feedback
mechanisms, with involvement intensity adapting to implementation phases while preserving

continuous improvement focus.

5.2 Theoretical Contributions

This research addresses the identified knowledge gap regarding B2B organizations'
experiences with Al chatbot implementation by providing empirical evidence that supports and
illustrates existing theoretical frameworks in new contexts. The integration of Service-
Dominant Logic and Consumer Involvement Theory creates a comprehensive interpretive lens
that captures the complexity of technology-mediated value creation in business relationships.
The study supports SDL theory by demonstrating how Al chatbots function as operant
resources in B2B service ecosystems, while revealing a specific characteristic not previously
detailed in SDL literature: the continuous availability of resource integration processes. Unlike
human operant resources that operate within temporal constraints, Al chatbots enable what the
data reveals as "persistent resource integration," where organizational knowledge becomes
continuously accessible for value co-creation. This persistent availability creates different
resource integration dynamics than traditional SDL examples, supporting the theory while
illustrating its application in Al-mediated contexts.

The research contributes to Consumer Involvement Theory by revealing how stakeholder
participation patterns evolve throughout extended B2B implementation lifecycles. The data
shows that involvement in B2B technology adoption requires what emerged as "adaptive
involvement"—systematic evolution from intensive collaborative design to sustained

performance monitoring. This finding supports CIT while demonstrating how involvement
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patterns in complex organizational settings differ from individual consumer contexts, requiring
sustained multi-stakeholder coordination across extended timeframes.

What the study reveals about chatbots, value co-creation, and stakeholder involvement centers
on the hybrid nature of Al-mediated B2B relationships. The data demonstrates that successful
chatbot implementation requires maintaining human touchpoints within automated processes,
creating what participants described as "human-Al collaboration models" rather than
replacement scenarios. This hybrid approach to value co-creation represents a specific
application of SDL and CIT principles where technology enhances rather than substitutes
human relationship elements, particularly important in B2B contexts where relationship quality

directly impacts business outcomes.

5.3 Practical Implications

The findings offer strategic guidance for international business practitioners navigating digital
transformation initiatives. Organizations should approach Al chatbot implementation through
systematic change management that prioritizes cross-functional stakeholder engagement from
design through optimization phases. Specifically, successful organizations should establish
feedback mechanisms that span multiple departments, implement controlled rollout procedures
with selected business clients, and maintain systematic performance monitoring through
dedicated review cycles.

Based on the data, specific managerial actions include: establishing clear escalation protocols
that automatically transfer complex queries to human agents after three unsuccessful resolution
attempts; implementing transparent communication about chatbot capabilities and limitations
to business clients; developing systematic feedback collection from both internal stakeholders
and business clients during implementation phases; and creating hybrid service delivery
models that preserve human relationship elements for strategic discussions while leveraging
Al efficiency for operational queries.

The resource reallocation benefits identified suggest concrete opportunities for organizations
to restructure client-facing roles. Companies should reallocate human expertise from routine
inquiry management to relationship building, strategic consultation, and complex problem-
solving activities. This reallocation requires redefining job responsibilities, establishing new
performance metrics that account for both AI and human contributions, and training staff for
enhanced strategic interaction roles.

Drawing from the specific contexts in the data, international applications emerge from
Respondent 7's experience serving Spanish-speaking business clients, which demonstrates

chatbots' capability to bridge language barriers while maintaining service quality.
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Organizations operating across multiple markets can leverage 24/7 availability to maintain
consistent service across time zones while adapting interaction patterns to local business
cultures. The manufacturing and automotive sectors represented in the data show particular
success with technical specification handling across international operations, while financial
services participants demonstrated compliance management across different regulatory
environments.

Successful organizations demonstrated specific cross-functional collaboration practices that
prove transferable across contexts: conducting design workshops involving IT, customer
service, compliance, and field staff; implementing user acceptance testing at multiple
development stages; establishing systematic feedback loops that connect operational staff with
technical development teams; and maintaining management support throughout
implementation phases. These practices proved particularly important in high-stakes industries
like healthcare and financial services, where trust-building through transparent processes
becomes essential for successful adoption.

What transparent human-Al collaboration models actually look like, based on the data,
includes: clearly communicating chatbot limitations to business clients; implementing
automatic handover triggers when chatbots cannot resolve queries; maintaining human
oversight of Al interactions; providing business clients with direct access to human agents
when requested; and establishing systematic review of Al performance with regular
optimization based on stakeholder feedback. These specific practices enable organizations to

maintain relationship quality while leveraging technological efficiency.

5.4 Limitations

This qualitative investigation presents several inherent constraints that influence transferability
of findings. The purposeful sampling strategy while ensuring theoretical relevance through
diverse sector representation, limits generalizability across broader B2B landscapes. The seven
participating organizations may not capture the full spectrum of implementation approaches
and organizational contexts present in contemporary international business environments.

The cross-sectional research design prevents understanding of how organizational experiences
evolve over extended implementation periods. Longitudinal investigation tracking
organizations through multiple implementation phases could provide deeper insights into the
relationship between involvement patterns and long-term value realization outcomes.

The interpretative coding approach employed in NVivo thematic analysis, though preserving
participant authenticity, introduces potential researcher bias in theme identification and

categorization. Future research could strengthen these findings through mixed-methods
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approaches combining qualitative depth with quantitative validation across larger
organizational samples.

Geographic concentration in Nordic markets may limit applicability to emerging economies or
regions with different technology adoption patterns and regulatory environments. Cross-
cultural validation would enhance understanding of how national business cultures influence

Al chatbot implementation experiences.

5.5 Recommendations for Future Research

Future investigations should employ longitudinal methodologies to examine how
organizational experiences with Al chatbots evolve over extended timeframes. This approach
would provide insights into sustainability of involvement patterns and long-term value
realization outcomes that this cross-sectional study cannot address.

Mixed-methods research combining qualitative exploration with quantitative measurement
could validate these findings across larger organizational samples while preserving the
contextual richness that characterizes successful qualitative inquiry. Survey instruments
developed from these thematic findings could test relationships between involvement patterns
and implementation success across diverse B2B contexts.

Industry-specific investigations focusing on particular B2B sectors could provide deeper
insights into how sectoral characteristics influence chatbot implementation experiences.
Healthcare technology, financial services, and manufacturing sectors each present unique
regulatory, relationship, and service delivery contexts that merit dedicated investigation.
Research examining the evolution from chatbot implementation to broader Al integration
across organizational functions could provide insights into digital transformation trajectories
in international business contexts. This investigation could explore how initial chatbot success

influences subsequent Al adoption decisions and organizational Al capability development.

65



References

Abbas, S. K., Ko, A., & Szab6, Z. (2023). B2B Financial Sector Behavior Concerning
Cognitive Chatbots. Personalized Contextual Chatbots in Financial Sector. 2023 [4th
IEEE International Conference on Cognitive Infocommunications (CoglnfoCom),
000085—-000090. https://doi.org/10.1109/coginfocom59411.2023.10397514

Adam, M., Wessel, M., & Benlian, A. (2021). Al-based chatbots in customer service and their
effects on user compliance. Electronic Markets, 31(2), 427-445. Springer.
https://doi.org/10.1007/s12525-020-00414-7

Adamopoulou, E., & Moussiades, L. (2020). Chatbots: History, technology, and applications.
Machine Learning with Applications, 2(100006). Sciencedirect.
https://doi.org/10.1016/;.mlwa.2020.100006

Agarwal, R., & Wadhwa, M. (2020). Review of state-of-the-art design techniques for chatbots.
SN Computer Science, 1(5), 246. https://doi.org/10.1007/s42979-020-00255-3

Ahmed, S. K. (2024). The pillars of trustworthiness in qualitative research. Journal of
Medicine, Surgery, and Public Health, 2, 100051. Science Direct.
https://doi.org/10.1016/j.glmedi.2024.100051

Al-Qahtani, A. H., Al-Baltah, I. A., & Ghaleb, M. (2024). Comparative analysis of deep
learning techniques for chatbots implementation. 2024 st International Conference on
Emerging Technologies for Dependable Internet of Things (ICETI), 1-10.
https://doi.org/10.1109/iceti63946.2024.10777265

Al-Sharafi, M. A., Al-Emran, M., [ranmanesh, M., Al-Qaysi, N., lahad, N. A., & Arpaci, L.
(2022). Understanding the impact of knowledge management factors on the sustainable
use of Al-based chatbots for educational purposes using a hybrid SEM-ANN approach.
Interactive Learning Environments, 31(10), 7491-7510.
https://doi.org/10.1080/10494820.2022.2075014

Albeshr, A. M., Alnajjar, F., Abdulmouti, H., & Mubin, O. (2024). Enhancing service
management in industry 4.0: The role of ai-powered chatbots. 2024 Advances in
Science and Engineering Technology International Conferences (ASET), 1-5.
https://doi.org/10.1109/aset60340.2024.10708742

Althati, C., Tomar, M., & Shanmugam, L. (2024). Enhancing data integration and
management: The role of Al and machine learning in modern data platforms. Journal
of Artificial Intelligence General Science (JAIGS), 2(1), 220-232.
https://doi.org/10.60087/jaigs.v2il.154

Atienza-Barba, M., Meseguer-Martinez, A., Barba-Sanchez, V., & Alvarez-Garcia, J. (2024).

Chatbots and organizational outcomes: Attitude, usage, management support, and
66



organizational routines. Profesional de La Informacion, 33(5).
https://doi.org/10.3145/epi.2024.0506

Bag, S., Gupta, S., Kumar, A., & Sivarajah, U. (2021). An integrated artificial intelligence
framework for knowledge creation and B2B marketing rational decision making for
improving firm performance. Industrial Marketing Management, 92(1), 178—189.
https://doi.org/10.1016/j.indmarman.2020.12.001

Barile, S., Bassano, C., Piciocchi, P., Saviano, M., & Spohrer, J. C. (2024). Empowering value
co-creation in the digital age. Journal of Business & Industrial Marketing, 39(6), 1130—
1143. https://doi.org/10.1108/jbim-12-2019-0553

Blaschke, M., Riss, U., Haki, K., & Aier, S. (2019). Design principles for digital value co-
creation networks: A service-dominant logic perspective. Electronic Markets, 29, 443—
472. https://doi.org/10.1007/s12525-019-00356-9

Bosse, D., Thompson, S., & Ekman, P. (2023). In consilium apparatus: Artificial intelligence,
stakeholder reciprocity, and firm performance. Journal of Business Research, 155(A),
113402. https://doi.org/10.1016/j.jbusres.2022.113402

Brachten, F., Kissmer, T., & Stieglitz, S. (2021). The acceptance of chatbots in an enterprise
context — A survey study. International Journal of Information Management,
60(102375), 102375. https://doi.org/10.1016/j.ijinfomgt.2021.102375

Brandtzaeg, P. B., & Folstad, A. (2017). Why people use chatbots. In I. Kompatsiaris (Ed.),
The 4th International Conference on Internet Science (INSCI) (Vol. 10673, pp. 377—
392). Springer, Cham. https://doi.org/10.1007/978-3-319-70284-1 30

Breidbach, C. F., Brodie, R., & Hollebeek, L. (2014). Beyond virtuality: From engagement
platforms to engagement ecosystems. Managing Service Quality: An International
Journal, 24(6), 592—611. https://doi.org/10.1108/msq-08-2013-0158

Breidbach, C. F., & Maglio, P. P. (2016). Technology-enabled value co-creation: An empirical
analysis of actors, resources, and practices. Industrial Marketing Management, 56, 73—
85. https://doi.org/10.1016/j.indmarman.2016.03.011

Bryman, A., & Bell, E. (2019). Social research methods (Illustrated, p. 456). Oxford University
Press.

Chen, Q., Lu, Y., Gong, Y., & Xiong, J. (2023). Can Al chatbots help retain customers? Impact
of Al service quality on customer loyalty. Internet Research, 33(6), 2205-2243.
https://doi.org/10.1108/intr-09-2021-0686

Chen, J., Seng, K. P., Smith, J., & Ang, L. M. (2024). Situation awareness in Al-based
technologies and multimodal systems: Architectures, challenges and applications. /[EEE

Access, 12, 88779-88818. https://doi.org/10.1109/access.2024.3416370
67



Cheung, M. F. Y., & To, W. M. (2021). Effect of customer involvement on co-creation of
services: A moderated mediation model. Journal of Retailing and Consumer Services,
63, 102660. https://doi.org/10.1016/j.jretconser.2021.102660

Corsaro, D., & Murtarelli, G. (2024). B2B collaborative economy: A joint sphere perspective.
Management Decision, ahead-of-print(ahead-of-print). https://doi.org/10.1108/md-
06-2023-0883

Cui, R., Li, M., & Zhang, S. (2020). Al and procurement. Manufacturing & Service Operations
Management. https://doi.org/10.2139/ssrn.3570967

Davenport, T., Guha, A., Grewal, D., & Bressgott, T. (2020). How artificial intelligence will
change the future of marketing. Journal of the Academy of Marketing Science, 48(1),
24-42. Springer. https://doi.org/10.1007/s11747-019-00696-0

Davis, F. D., & Venkatesh, V. (2000). A theoretical extension of the technology acceptance
model: Four longitudinal field studies. Management Science, 46(2), 186—204.
https://doi.org/10.1287/mnsc.46.2.186.11926

Dwivedi, Y. K., Hughes, L., Ismagilova, E., Aarts, G., Coombs, C., Crick, T., Duan, Y.,
Dwivedi, R., Edwards, J., Eirug, A., Galanos, V., Ilavarasan, P. V., Janssen, M.,
Jones, P., Kar, A. K., Kizgin, H., Kronemann, B., Lal, B., Lucini, B., & Medaglia, R.
(2021). Artificial intelligence (AI): Multidisciplinary perspectives on emerging
challenges, opportunities, and agenda for research, practice and policy. International
Journal of Information Management, 57(101994).
https://doi.org/10.1016/j.ijinfomgt.2019.08.002

Ehret, M., Johnston, W. J., & Ritter, T. (2024). From buying centers to buying ecosystems:
Advancing the B2B research journey. Industrial Marketing Management, 117, A10—
A16. https://doi.org/10.1016/j.indmarman.2023.12.020

Eisenhardt, K. M., & Graebner, M. E. (2007). Theory building from cases: Opportunities and
challenges. Academy of Management Journal, 50(1), 25-32.
https://doi.org/10.5465/amj.2007.24160888

El-Shihy, D., Abdelraouf, M., Hegazy, M., & Hassan, N. (2024). The influence of Al chatbots
in fintech services on customer loyalty within the banking industry. Future of Business
Administration, 3(1), 16-28. https://doi.org/10.33422/fba.v3i1.644

European Commission. (2023). 2023 Report on the State of the Digital Decade. Retrieved from
https://digital-strategy.ec.europa.eu/en/library/2023-report-state-digital-decade

Fehrenbach, D., Herrando, C., & Martin-De Hoyos, M. J. (2024). Co-Creation with Al in B2B
markets: A systematic literature review. Sustainability, 16(18), 8009.

https://doi.org/10.3390/sul16188009
68


https://digital-strategy.ec.europa.eu/en/library/2023-report-state-digital-decade
https://digital-strategy.ec.europa.eu/en/library/2023-report-state-digital-decade

Folorunsho, S. O., Adenekan, O. A., Ezeigweneme, C., Somadina, I. C., & Okeleke, P. A.
(2024). Utilizing Al for predictive maintenance and problem resolution to optimize
technical support operations. International Journal of Frontiers in Engineering and
Technology Research, 07(01), 012—032. https://doi.org/10.53294/ijfetr.2024.7.1.0038

Galvagno, M., & Dalli, D. (2014). Theory of value co-creation: A systematic literature review.
Managing  Service Quality: An  International Journal, 24(6), 643—683.
https://doi.org/10.1108/msq-09-2013-0187

Gao, L., Li, G., Tsai, F., Gao, C., Zhu, M., & Qu, X. (2022). The impact of artificial intelligence
stimuli on customer engagement and value co-creation: The moderating role of
customer ability readiness. Journal of Research in Interactive Marketing, 17(2), 317—
333. https://doi.org/10.1108/jrim-10-2021-0260

Gioia, D. A., Corley, K. G., & Hamilton, A. L. (2013). Seeking qualitative rigor in inductive
research. Organizational Research Methods, 16(1), 15-31.
https://doi.org/10.1177/1094428112452151

Glaser, B. G., & Strauss, A. L. (1967). The discovery of grounded theory: Strategies for
qualitative research. Aldine Publishing.

Grum, M., & Gronau, N. (2024). The impact of knowledge characteristics on process
performance: Experimenting with the conversion perspective on knowledge transfer
velocity.  Business  Process  Management  Journal, 30(4), 1088-1110.
https://doi.org/10.1108/bpmj-10-2023-0853

Guest, G., Bunce, A., & Johnson, L. (2006). How many interviews are enough? An experiment
with  data saturation and variability. Field Methods, 18(1), 59-82.
https://doi.org/10.1177/1525822X05279903

Hasan, Z., Vishwakarma, Z., & Pateriya, N. (2023). NLP and its components: A detailed
discussion. International Journal of Innovative Research in Computer and
Communication Engineering, 11(09), 10798—10804.
https://doi.org/10.15680/ijircce.2023.1109034

Hennink, M. M., Kaiser, B. N., & Marconi, V. C. (2017). Code saturation versus meaning
saturation: How many interviews are enough? Qualitative Health Research, 27(4),
591-608. https://doi.org/10.1177/1049732316665344

Hollebeek, L. D., Menidjel, C., Sarstedt, M., Jansson, J., & Urbonavicius, S. (2024). Engaging
consumers through artificially intelligent technologies: Systematic review, conceptual
model, and further research. Psychology & Marketing, 41(4), 880-898.
https://doi.org/10.1002/mar.21957

69



Hollebeek, L. D., Kumar, V., & Srivastava, R. K. (2020). From customer-, to actor-, to
stakeholder engagement: Taking stock, conceptualization, and future directions.
Journal of Service Research, 25(2), 328-343.
https://doi.org/10.1177/1094670520977680. (Original work published 2022).

Hollebeek, L. D., Srivastava, R. K., & Chen, T. (2019). S-D logic—informed customer
engagement: Integrative framework, revised fundamental propositions, and application
to CRM. Journal of the Academy of Marketing Science, 47(1), 161-185.
https://doi.org/10.1007/s11747-016-0494-5

Holmgvist, J., Visconti, L. M., Grénroos, C., Guais, B., & Kessous, A. (2020). Understanding
the value process: Value creation in a luxury service context. Journal of Business
Research, 120, 114—126. https://doi.org/10.1016/j.jbusres.2020.07.002

Hwang, S., & Kim, J. (2021). Toward a chatbot for financial sustainability. Sustainability,
13(6), 3173. https://doi.org/10.3390/su13063173

International Trade Administration. (2021). 2024 eCommerce size & sales forecast.
Www.trade.gov; The International Trade Administration, U.S. Department of
Commerce. https://www.trade.gov/ecommerce-sales-size-forecast

Jackson, K., & Bazeley, P. (2019). Qualitative data analysis with Nvivo. SAGE.

Jenneboer, L., Herrando, C., & Constantinides, E. (2022). The impact of chatbots on
customer loyalty: A systematic literature review. Journal of Theoretical and Applied
Electronic Commerce Research, 17(1), 212-229. mdpi.
https://doi.org/10.3390/jtaer1 7010011

Jiang, H., Cheng, Y., Yang, J., & Gao, S. (2022). Al-powered chatbot communication with
customers: Dialogic interactions, satisfaction, engagement, and customer behavior.
Computers in Human Behavior, 134(107329), 107329.
https://doi.org/10.1016/j.chb.2022.107329

Josephine V L, H., Moorthy, V., Sai, C., & Joji, B. (2024). Optimising lead qualification
through machine learning: A customer data-driven approach. Applied Marketing
Analytics: The Peer-Reviewed Journal, 10(3), 255-270.
https://doi.org/10.69554/etxf7251

Jovanovic, M., Baez, M., & Casati, F. (2021). Chatbots as conversational healthcare services.
IEEFE Internet Computing, 25(3), 44-51. https://doi.org/10.1109/mic.2020.3037151

Kaartemo, V., & Helkkula, A. (2018). A systematic review of Artificial Intelligence and robots
in value co-creation: Current status and future research avenues. Journal of Creating

Value, 4(2), 211-228. https://do1.org/10.1177/2394964318805625

70



Kaushal, V., & Yadav, R. (2022). Learning successful implementation of chatbots in
businesses from B2B customer experience perspective. Concurrency and
Computation: Practice and Experience, 35(1),. https://doi.org/10.1002/cpe.7450

Kecht, C., Egger, A., Kratsch, W., & Roglinger, M. (2023). Quantifying chatbots’ ability to
learn  business  processes. Information  Systems, 113(102176), 102176.
https://doi.org/10.1016/5.15.2023.102176

Khvatova, T., Appio, F. P., Ray, S., & Schiavone, F. (2024). Exploring the role of Al in B2B
customer journey management: Towards an IPO model. /EEE Transactions on
Engineering Management, 71, 13852—13866.
https://doi.org/10.1109/tem.2023.3284532

Klein, A., & Sharma, V. M. (2022). Consumer decision-making styles, involvement, and the
intention to participate in online group buying. Journal of Retailing and Consumer
Services, 64(102808), 102808. https://doi.org/10.1016/j.jretconser.2021.102808

Kohtaméki, M., & Rajala, R. (2016). Theory and practice of value co-creation in B2B
systems. Industrial Marketing Management, 56, 4—13.
https://doi.org/10.1016/j.indmarman.2016.05.027

Kot, M., & Leszczynski, G. (2022). Al-activated value co-creation. An exploratory study of
conversational agents. Industrial Marketing Management, 107, 287-299.
https://doi.org/10.1016/j.indmarman.2022.10.013

Kousa, E. (2019). Exploring success factors in chatbot implementation projects. In Theseus.fi.
http://www.theseus.fi/handle/10024/166422

Kumar, V., Rajan, B., Gupta, S., & Pozza, 1. D. (2019). Customer engagement in service.
Journal of the Academy of Marketing Science, 47(1), 138—160.
https://doi.org/10.1007/s11747-017-0565-2

Kushwaha, A. K., Kumar, P., & Kar, A. K. (2021). What impacts customer experience for
B2B enterprises on using ai-enabled chatbots? Insights from big data analytics.
Industrial Marketing Management, 98, 207-221.
https://doi.org/10.1016/j.indmarman.2021.08.011

Kwiatek, P., Morgan, Z., & Thanasi-Boge, M. (2020). The role of relationship quality and
loyalty programs in building customer loyalty. Journal of Business & Industrial
Marketing, 35(11), 1645—1657. https://doi.org/10.1108/jbim-02-2019-0093

La Rocca, A., Moscatelli, P., Perna, A., & Snehota, 1. (2016). Customer involvement in new
product development in B2B: The role of sales. Industrial Marketing Management, 58,
45-57. https://doi.org/10.1016/j.indmarman.2016.05.014

71



Lemon, K. N., & Verhoef, P. C. (2016). Understanding customer experience throughout the
customer journey. Journal of Marketing, 80(6), 69—96. Sage pub.
https://doi.org/10.1509/jm.15.0420

Leso, B. H., & Cortimiglia, M. N. (2022). The influence of user involvement in information
system adoption: An extension of TAM. Cognition, Technology & Work, 24,215-231.
https://doi.org/10.1007/s10111-021-00685-w

Li, C.-Y., Fang, Y.-H., & Chiang, Y.-H. (2023). Can Al chatbots help retain customers? An
integrative perspective using affordance theory and service-domain logic.
Technological  Forecasting and  Social Change, 197(122921), 122921.
https://doi.org/10.1016/j.techfore.2023.122921

Li, S., Peng, G., Xing, F., Zhang, J., & Zhang, B. (2021). Value co-creation in industrial Al:
The interactive role of B2B supplier, customer and technology provider. Industrial
Marketing Management, 98, 105—-114.
https://doi.org/10.1016/j.indmarman.2021.07.015

Lievens, A., & Blazevi¢, V. (2021). A service design perspective on the stakeholder
engagement journey during B2B innovation: Challenges and future research agenda.
Industrial Marketing Management, 95, 128—141.
https://doi.org/10.1016/j.indmarman.2021.04.007

Lu, J. (2024). Enhancing chatbot user satisfaction: A machine learning approach integrating
decision tree, TF-IDF, and BERTopic. 2024 IEEE 6th International Conference on
Power, Intelligent Computing and Systems (ICPICS), 823—-828.
https://doi.org/10.1109/icpics62053.2024.10796445

Luo, B, Lau, R. Y. K., Li, C., & Si, Y. (2021). A critical review of state-of-the-art chatbot
designs and applications. Wiley Interdisciplinary Reviews: Data Mining and
Knowledge Discovery, 12(1), 1-26. https://doi.org/10.1002/widm.1434

Lusch, R. F., & Nambisan, S. (2015). Service innovation: A service-dominant logic
perspective. MIS Quarterly, 39(1), 155-175.
https://doi.org/10.25300/misq/2015/39.1.07

Malikireddy, S. K. R., & Tadanki, S. (2022). Al-Powered conversational interfaces for
CRM/ERP systems. World Journal of Advanced Engineering Technology and Sciences,
5(1), 063—-074. https://doi.org/10.30574/wjaets.2022.5.1.0003

Manser Payne, E. H., Dahl, A. J., & Peltier, J. (2021). Digital servitization value co-creation
framework for Al services: A research agenda for digital transformation in financial
service ecosystems. Journal of Research in Interactive Marketing, 15(2), 200-222.

https://doi.org/10.1108/jrim-12-2020-0252
72



Maragno, G., Tangi, L., Gastaldi, L., & Benedetti, M. (2022). Al as an organizational agent to
nurture: Effectively introducing chatbots in public entities. Public Management
Review, 25(11), 2135-2165. https://doi.org/10.1080/14719037.2022.2063935

Marcos-Cuevas, J., Nitti, S., Palo, T., & Baumann, J. (2016). Value co-creation practices and
capabilities: Sustained purposeful engagement across B2B systems. Industrial
Marketing Management, 56, 97-107.
https://doi.org/10.1016/j.indmarman.2016.03.012

Masnita, Y., Kasuma, J., Zahra, A., & Wilson, N. (2024). Artificial Intelligence in Marketing:
Literature Review and Future Research Agenda. Journal of System and Management
Sciences, 14(1), 120—140. https://doi.org/10.33168/jsms.2024.0108

Meduri, N. S. (2024). Revolutionizing customer service : The impact of large language models
on chatbot performance. International Journal of Scientific Research in Computer
Science  Engineering  and  Information  Technology,  10(5), 721-730.
https://doi.org/10.32628/cseit241051057

Miles, M. B., Huberman, A. M., & Saldana, J. (2018). Qualitative data analysis. SAGE
Publications.

Mordor Intelligence. (2022). Chatbot market size, share, trends, growth forecast & industry
analysis (2025 - 2030). Www.mordorintelligence.com; Mordor Intelligence.
https://www.mordorintelligence.com/industry-reports/global-chatbot-market

Morgan-Thomas, A., Dessart, L., & Veloutsou, C. (2020). Digital ecosystem and consumer
engagement: A socio-technical perspective. Journal of Business Research, 121, 713—
723. https://doi.org/10.1016/j.jbusres.2020.03.042

Musarra, G., Kadile, V., Zaefarian, G., Oghazi, P., & Najafi-Tavani, Z. (2022). Emotions,
culture intelligence, and mutual trust in technology business relationships.
Technological Forecasting and Social Change, 181, 121770.
https://doi.org/10.1016/j.techfore.2022.121770

Naderifar, M., Goli, H., & Ghaljaie, F. (2017). Snowball sampling: A purposeful method of
sampling in qualitative research. Strides in Development of Medical Education, 14(3).
Researchgate. https://doi.org/10.5812/sdme.67670

Ng, I. C. L., & Vargo, S. L. (2018). Service-dominant (S-D) logic, service ecosystems and
institutions: An editorial bridging theory and practice. Journal of Service Management,
29(4), 518-520. https://doi.org/10.1108/josm-07-2018-412

Ngai, E. W. T., C. M. Lee, M., Luo, M., Chan, P. S. L., & Liang, T. (2021). An intelligent
knowledge-based chatbot for customer service. Electronic Commerce Research and

Applications, 50(101098), 101098. https://doi.org/10.1016/j.elerap.2021.101098
73



Nze, S. U. (2024). Al-Powered chatbots. Global Journal of Human Resource Management,
12(6), 34-45. https://doi.org/10.37745/gjhrm.2013/vol12n63445

Olujimi, P. A., & Ade-Ibijola, A. (2023). NLP techniques for automating responses to customer
queries: A systematic review. Discover Artificial Intelligence, 3(20).
https://doi.org/10.1007/s44163-023-00065-5

Papagiannidis, E., Mikalef, P., Conboy, K., & Van de Wetering, R. (2023). Uncovering the
dark side of Al-based decision-making: A case study in a B2B context. Industrial
Marketing Management, 115, 253-265.
https://doi.org/10.1016/j.indmarman.2023.10.003

Paschen, J., Kietzmann, J., & Kietzmann, T. C. (2019). Artificial intelligence (Al) and its
implications for market knowledge in B2B marketing. Journal of Business & Industrial
Marketing, 34(7), 1410—1419. https://doi.org/10.1108/jbim-10-2018-0295

Paschen, J., Wilson, M., & Ferreira, J. J. (2020). Collaborative intelligence: How human and
artificial intelligence create value along the B2B sales funnel. Business Horizons, 63(3),
403—414. https://doi.org/10.1016/j.bushor.2020.01.003

Pathak, B., Ashok, M., & Leng Tan, Y. (2021). Value co-creation in the B2B context: A
conceptual framework and its implications. The Service Industries Journal, 42(3-4),
178-205. https://doi.org/10.1080/02642069.2021.1989414

Patton, M. Q. (2015). Qualitative research & evaluation methods: Integrating theory and
practice (4th ed.). Sage Publications.

Peltier, J. W., Dahl, A. J., & Swan, E. L. (2020). Digital information flows across a B2C/C2C
continuum and technological innovations in service ecosystems: A service-dominant
logic perspective. Journal of Business Research, 121, 724—734.
https://doi.org/10.1016/j.jbusres.2020.03.020

Petrescu, M., Krishen, A. S., Kachen, S., & Gironda, J. T. (2022). Al-based innovation in B2B
marketing: An interdisciplinary framework incorporating academic and practitioner
perspectives. Industrial Marketing Management, 103, 61-72.
https://doi.org/10.1016/j.indmarman.2022.03.001

Pillai, R., & Sivathanu, B. (2020). Adoption of Al-based chatbots for hospitality and tourism.
International Journal of Contemporary Hospitality Management, 32(10), 3199-3226.
https://doi.org/10.1108/IJCHM-04-2020-0259

Prahalad, C. K., & Ramaswamy, V. (2004). Co-creation experiences: The next practice in
value creation. Journal of Interactive Marketing, 18(3), 5-14.
https://doi.org/10.1002/dir.20015

74



Prentice, C., Weaven, S., & Wong, 1. A. (2020). Linking Al quality performance and
customer engagement: The moderating effect of Al preference. International Journal
of Hospitality Management, 90(102629), 102629.
https://doi.org/10.1016/j.ijhm.2020.102629

Priya, V., Laxmi, & Hariharanath, K. (2020). Implementing Lead Qualification Model Using
ICP for Saas Products. International Journal of Management, 11(10), 81-90.
https://ssrn.com/abstract=3736569

Przegalinska, A., Ciechanowski, L., Stroz, A., Gloor, P., & Mazurek, G. (2019). In bot we trust:
A new methodology of chatbot performance measures. Business Horizons, 62(6), 785—
797. https://doi.org/10.1016/j.bushor.2019.08.005

Ramaswamy, V., & Ozcan, K. (2018). Offerings as digitalized interactive platforms: A
conceptual framework and implications. Journal of Marketing, §2(4), 19-31.
https://doi.org/10.1509/jm.15.0365

Reinartz, W. J., & Berkmann, M. (2018). From customer to partner engagement: A
conceptualization and typology of engagement in B2B. In R. Palmatier, V. Kumar, &
C. Harmeling (Eds.), Customer Engagement Marketing (pp. 243-268). Palgrave
Macmillan, Cham. https://doi.org/10.1007/978-3-319-61985-9 11

Rese, A., Ganster, L., & Baier, D. (2020). Chatbots in retailers’ customer communication: How
to measure their acceptance? Journal of Retailing and Consumer Services, 56(102176),
102176. Sciencedirect. https://doi.org/10.1016/j.jretconser.2020.102176

Robinson, O. C. (2014). Sampling in interview-based qualitative research: A theoretical and
practical guide. Qualitative Research in Psychology, 11(1), 25-41.
https://doi.org/10.1080/14780887.2013.801543

Rogers, E. M. (2003). Diffusion of innovations (5th ed.). Free Press.

Rosado-Pinto, F., & Loureiro, S. M. C. (2020). The growing complexity of customer
engagement: A systematic review. EuroMed Journal of Business, 15(2), 167-203.
emerald. https://doi.org/10.1108/emjb-10-2019-0126

Ruslin, R., Mashuri, S., Sarib, M., & Syam, H. (2022). Semi-structured interview: A
methodological reflection on the development of a qualitative research...
ResearchGate. https://www.researchgate.net/publication/358906376 Semi-
structured Interview A Methodological Reflection on the Development of a Qua
litative Research Instrument in Educational Studies Ruslin

Sai, B., Thanigaivelu, S., Shivaani, N., Babu, C. S. S., & Ramaa, A. (2022). Integration of

chatbots in the procurement stage of a supply chain. 2022 6th International Conference

75



on Computation System and Information Technology for Sustainable Solutions
(CSITSS), 1-5. https://doi.org/10.1109/CSITSS57437.2022.10026367

Sales-Vivo, V., Gil-Saura, 1., & Gallarza, M. G. (2021). Comparing relationship of quality-
satisfaction models: Effects of B2B value co-creation. International Journal of Retail
& Distribution Management, 49(7), 941-957. https://doi.org/10.1108/ijrdm-10-2020-
0394

Sands, S., Campbell, C., Ferraro, C., & Plangger, K. (2022). Buffering B2B service failure:
The role of customer engagement. Industrial Marketing Management, 103, 47-60.
https://doi.org/10.1016/j.indmarman.2022.03.007

Savastano, M., Biclesanu, I., Anagnoste, S., Laviola, F., & Cucari, N. (2024). Enterprise
chatbots in managers’ perception: A strategic framework to implement successful
chatbot applications for business decisions. Management Decision, ahead-of-
print(ahead-of-print). https://doi.org/10.1108/md-10-2023-1967

Scarlett, G., Reksoprawiro, R., Amelia, N., & Wibowo, A. J. I. (2022). Institutions and
technology in the value co-creation process of restaurant consumers: A service-
dominant logic perspective. The TOM Journal, 34(3), 357-376.
https://doi.org/10.1108/tqm-10-2020-0255

Shalaby, W., Arantes, A. S., GonzalezDiaz, T., & Gupta, C. (2020). Building chatbots from
large scale domain-specific knowledge bases: Challenges and opportunities. 2020 I[EEE
International Conference on Prognostics and Health Management (ICPHM), 1-8.
https://doi.org/10.1109/icphm49022.2020.9187036

Sharma, V. M., & Klein, A. (2020). Consumer perceived value, involvement, trust,
susceptibility to interpersonal influence, and intention to participate in online group
buying. Journal of Retailing and Consumer Services, 52(101946).
https://doi.org/10.1016/j.jretconser.2019.101946

Sharma, S., Singh, G., Islam, N., & Dhir, A. (2024). Why do SMEs adopt Artificial
Intelligence-Based chatbots? IEEE Transactions on Engineering Management, 71,
1773-1786. https://doi.org/10.1109/tem.2022.3203469

Shavitt, S., & Laaksonen, P. (1996). Consumer involvement: Concepts and research. Journal
of Marketing Research, 33(1), 115—117. https://doi.org/10.2307/3152019

Singh, N., Benmamoun, M., Meyr, E., & Arikan, R. H. (2021). Verifying rigor: Analyzing
qualitative research in international marketing. International Marketing Review, 38(6),

1289-1307. https://doi.org/10.1108/imr-03-2020-0040

76



Srivastava, M., Sivaramakrishnan, S., & Pandey, N. (2024). Demystifying customer
engagement in B2B markets. Journal of Business & Industrial Marketing, 39(11),
2364-2385. https://doi.org/10.1108/jbim-08-2023-0481

Tate, R., Beauregard, F., Peter, C., & Marotta, L. (2023). Pilot testing as a strategy to develop
interview and questionnaire skills for scholar practitioners. Impacting Education, 8(4),
20-25. https://doi.org/10.5195/1e.2023.333

Tran, A. D., Pallant, J. 1., & Johnson, L. W. (2021). Exploring the impact of chatbots on
consumer sentiment and expectations in retail. Journal of Retailing and Consumer
Services, 63(2), 102718. https://doi.org/10.1016/j.jretconser.2021.102718

Tran, M. T. (2024). Unlocking the Al-powered customer experience: Personalized service,
enhanced engagement, and data-driven strategies for e-commerce applications. Journal
of Infrastructure, Policy and Development, 8(7), 4970-4970. Article ID: 4970.
https://doi.org/10.24294/jipd.v817.4970

Trim, P. R. J., & Lee, Y.-I. (2021). How B2B marketers interact with customers and develop
knowledge to produce a co-owned marketing strategy. Journal of Business & Industrial
Marketing, 36(10), 1943—1955. https://doi.org/10.1108/jbim-12-2019-0544

Tung,J. Y. M., Lim, D. Y. Z., & Sng, G. G. R. (2023). Potential safety concerns in use of the
artificial intelligence chatbot “ChatGPT” for perioperative patient communication. BJU
International, 132(2), 157-159. https://doi.org/10.1111/bju.16042

Ullrich, A., ReiBBig, M., Niehoff, S., & Beier, G. (2023). Employee involvement and
participation in digital transformation: A combined analysis of literature and
practitioners’ expertise. Journal of Organizational Change Management, 36(8), 29-48.
https://doi.org/10.1108/jocm-10-2022-0302

Urbani, R., Ferreira, C., & Lam, J. (2024). Managerial framework for evaluating Al chatbot
integration: Bridging organizational readiness and technological challenges. Business
Horizons, 67(5), 595-606. https://doi.org/10.1016/j.bushor.2024.05.004

Uren, V., & Edwards, J. S. (2023). Technology readiness and the organizational journey
towards Al adoption: An empirical study. International Journal of Information
Management, 68, 102588. https://doi.org/10.1016/.ijinfomgt.2022.102588

Vargo, S. L., Maglio, P. P., & Akaka, M. A. (2008). On value and value co-creation: A service
systems and service logic perspective. European Management Journal, 26(3), 145—
152. https://doi.org/10.1016/j.em;j.2008.04.003

Vargo, S. L., & Lusch, R. F. (2016). Institutions and axioms: An extension and update of
service-dominant logic. Journal of the Academy of Marketing Science, 44(1), 5-23.

https://doi.org/10.1007/s11747-015-0456-3
77



Vargo, S. L., & Lusch, R. F. (2017). Service-dominant logic 2025. International Journal of
Research in Marketing, 34(1), 46—67. https://doi.org/10.1016/j.ijresmar.2016.11.001

Venkatesh, V., Thong, J., & Xu, X. (2016). Unified theory of acceptance and use of technology:
A synthesis and the road ahead. Journal of the Association for Information Systems,
17(5), 328-376. https://doi.org/10.17705/1jais.00428

Vila-Henninger, L., Dupuy, C., Van Ingelgom, V., Caprioli, M., Teuber, F., Pennetreau, D.,
Bussi, M., & Le Gall, C. (2022). Abductive coding: Theory building and qualitative
(re)analysis. Sociological Methods & Research, 53(2), 968-1001. Sagepub.
https://doi.org/10.1177/00491241211067508. (Original work published 2024).

Wilden, R., Akaka, M. A., Karpen, 1. O., & Hohberger, J. (2017). The evolution and prospects
of service-dominant logic. Journal of Service Research, 20(4), 345-361.
https://doi.org/10.1177/1094670517715121

Yin, R. K. (2018). Case study research and applications (6th ed.). SAGE Publications

Youssef, Y. M. A., Johnston, W. J., AbdelHamid, T. A., Dakrory, M. 1., & Seddick, M. G. S.
(2018). A customer engagement framework for a B2B context. Journal of Business &
Industrial Marketing, 33(1), 145—-152. https://doi.org/10.1108/jbim-11-2017-0286

Yusif, S., & Hafeez-Baig, A. (2024). Impact of stakeholder engagement strategies on
managerial cognitive decision-making: The context of CSP and CSR. Social
Responsibility Journal, 20(6), 1101-1121. https://doi.org/10.1108/s1j-05-2023-0295

Zaichkowsky, J. L. (1994). The personal involvement inventory: Reduction, revision, and
application to advertising. Journal of Advertising, 23(4), 59-70.

Zhang, J.J. Y., Folstad, A., & Bjerkli, C. A. (2021). Organizational factors affecting successful
implementation of chatbots for customer service. Journal of Internet Commerce, 22(1),
122-156.

78



Appendix A
Codebook

The Influence of Al Chatbots on Customer Engagement
and Service Delivery in B2B Environments
Codes

Al CHATBOT IMPLEMENTATION

Al chatbot implementation Respondent’s organization experience with Al chatbot implementation 6 14
experience
Al chatbot implementation process Description of the Al chatbot implementation in respondent’s organization 3 8
Al chatbot responsibilities Customer engagement, primary business objectives and integration challenges 2 2
Decision on when customers Determining factors on when customers interact with the chatbot versus when they 6 10
interact with chatbot or human are connected with human representatives
representatives
Integration challenges Integration challenges faced when implementing the Al chatbot with existing business 5 10
systems
Primary business objectives Primary business objectives driving Al chatbot implementation in respondent’s 5 6
organization
Types of queries Types of queries Al chatbot handle and type of | s it 6 13
Typical customer engagement Description of how typical customer engagement works in respondent’s organization 4 6
CUSTOMER ENGAGEMENT 0 0
EXPERIENCES
Chatbot communication patterns Changes in chatbot communication patterns 7 12

S

Chatbot influence How Al chatbot influences the exchange of information between respondent's
organization and business customers
Customers reaction to chatbot Business customers reaction to chatbot interactions compared to human support 5 10
interactions.
Direct feedback Direct feedback from customers about the chatbot 4 5
Internal concerns or pushback Internal concerns or pushback during chatbot implementation 7 12
Solutions to feedback Solutions to the feedback from customers about the chatbot 1 1
Trust development Ways Al chatbot implementation affected trust development in respondent’s business 6 15
relationships
ORGANIZATIONAL INVOLVEMENT 0 0

Involved Stakeholders Stakeholders within respondent’s organization involved in the Al chatbot 7 9
implementation process.

Involvement mechanisms specific involvement mechanisms used during implementation ] 19
Level of stakehalders involvement  The level of involvement from different organizational stakeholders throughout the 5 6
implementation process
Stakeholder involvement evolution  Stakeholder involvement evolution since the initial implementation of the chatbot 6 9
PARTICIPANT INFORMATION 0 0
Employer This is the name of the grganisation. the respondent works at. 3 3
Industry sector This is the sector within which the respondent is currently employed. 7 10
Responsibility Responsibility and Challenges 5
Roles Role and responsibilities in the organization. 3 3
Years of Al chatbots usage Years of respondent’s organization usage of Al chatbots in customer engagement 6 6
VALUE CO-CREATION 0 0
Al chatbot solutions Example of how the Al chatbot has helped solve a complex customer issue 7 18
Al chatbot value co-creation Al chatbot value co-creation challenges 1 1
challenges
S A
Chatbot relevance Chatbot'’s relevance or personalization over time in long-term customer relationships
Effect of chatbot on resource How the chatbot has affected resource allocation within customer-facing teams 5 10
allocation
Knowledge sharing How the chatbot facilitate knowledge sharing between respondent’s organization and 7 14
business customers
Perceived Al chatbots value Most significant influence of how respondent’s arganization perceives the value of Al 7 1

chatbots in B2B customer engagement
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Appendix B
Semi-Structured Interview Guide: The Influence of AT Chatbots on Customer Engagement

and Service Delivery in B2B Environments.

Introduction (5 minutes)

Thank you for participating in this research study. The purpose of this interview is to explore
how B2B organizations experience and perceive Al chatbot implementation and use in
customer engagement contexts. I'm particularly interested in understanding how organizational
involvement shapes these experiences and perceptions. The interview will take approximately
30-45 minutes and will be recorded for research purposes. All information shared will be
treated confidentially, and your identity will remain anonymous in any published findings.

Please feel free to ask questions at any time.

Participant Information:
e What’s the name of your organization and industry sector?
e Could you briefly describe your role and responsibilities in the organization?
e How long (in years) has your organization been using Al chatbots in customer

engagement?

Section 1: AI Chatbot Implementation (10 minutes)
1. Please, briefly describe how customer engagement typically works in your
organization.
2. Could you describe the Al chatbot implementation in your organization?
What were the primary business objectives driving this implementation?
3. What types of queries does your chatbot handle, and how complex are the interactions
it manages?
4. How does your organization determine when customers should interact with the chatbot
versus when they should be connected with human representatives?
5. What integration challenges did your organization face when implementing the Al
chatbot with existing business systems?
Section 2: Customer Engagement Experiences (10 minutes)
6. How has the Al chatbot influenced the exchange of information between your
organization and your business customers?

Probe: Accessibility, depth, or frequency of information sharing
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7.

8.

9.

10.

11.

In what ways has the Al chatbot implementation affected trust development in your
business relationships?

Probe: Both positive and negative effects

How has the chatbot changed communication patterns with your business customers?
Probe: Frequency, timing, format of interactions

Were there any internal concerns or pushback during chatbot implementation?

How do your business customers react to chatbot interactions compared to human
support?

Have you received any direct feedback from customers about the chatbot?

If yes, please elaborate

Section 3: Organizational Involvement (10 minutes)

12.

13.

14.

15.

Which stakeholders within your organization were involved in the AI chatbot
implementation process?

Probe: Departments, levels of seniority

How would you describe the level of involvement from different organizational
stakeholders throughout the implementation process?

Probe: Design phase, testing phase, deployment phase

What specific involvement mechanisms did your organization use during
implementation?

Probe: Design workshops, feedback channels, pilot testing

How has stakeholder involvement evolved since the initial implementation of the

chatbot?

Section 4: Value Co-Creation (10 minutes)

16.

17.

18.

19.

Please share an example of how the Al chatbot has helped solve a complex customer
issue?

In what ways does the chatbot facilitate knowledge sharing between your organization
and business customers?

How has the chatbot affected resource allocation within customer-facing teams?
Probe: Time spent on different activities, specialized expertise deployment

How does the chatbot stay relevant or personalized over time in long-term customer

relationships?

Conclusion (5 minutes)
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20. Based on your experience, what factors have most significantly influenced how your
organization perceives the value of Al chatbots in B2B customer engagement?
21.1Is there anything else about your organization's experience with Al chatbot
implementation that you would like to share?
Thank you for your time and valuable insights. Your contributions will help advance
understanding of how B2B organizations experience Al chatbot implementation in customer

engagement contexts.
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