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Abstract 

Artificial Intelligence technology has become increasingly important from a business perspective. In 
strategic sourcing, the technology has not been explored much. However, 67% of CPO:s in a survey 
showed that AI is one of their top priorities the next 10 years. AI can be used to identify patterns, predict 
prices and provide support in decision making. A qualitative case study has been performed in a strategic 
sourcing function at a large size global industrial company where the purpose has been to investigate 
how applicable AI is in the strategic sourcing process at The Case Company. In order to achieve the 
purpose of this study, it has been important to understand the strategic sourcing process and understand 
what AI technology is and what it is capable of in strategic sourcing. Based on the empirical data 
collection combined with literature, opportunities of applying AI in strategic sourcing have been 
identified and key areas for an implementation have been suggested. These include Forecasting, Spend 
Analysis & Savings Tracking, Supplier Risk Management, Supplier Identification & Selection, RFQ 
process, Negotiation process, Contract Management and Supplier Performance Management. These key 
areas have followed the framework identified in the literature study while identifying and adding new 
factors. It also seemed important to consider factors such as challenges and risks, readiness and maturity 
as well as factors that seems to be important to consider in order to enable an implementation. To assess 
how mature and ready the strategic sourcing function is for an implementation, some of the previous 
digital projects including AI technologies have been mapped and analysed. Based on the identified key 
areas of opportunities of applying AI, use cases and corresponding benefits of applying AI have been 
suggested. A guideline including important factors to consider if applying the technology has also been 
provided. However, it has been concluded that there might be beneficial to start with a smaller use case 
and then scale it up. Also as the strategic sourcing function has been establishing a spend analytics 
platform for the indirect team, there might be a good start to evaluate that project and then apply AI on 
top of the existing solution. Other factors to consider are ensuring data quality and security, align with 
top management as well as demonstrate the advantages AI can provide in terms of increased efficiency 
and cost savings. The entire strategic sourcing function should be involved in an AI project and the focus 
should not only be on technological aspect but also on soft factors including change management and 
working agile in order to successfully apply AI in strategic sourcing. 

Key-words  

Strategic sourcing, Artificial Intelligence, ANN, NLP, ML, spend analysis, forecasting, supplier 
selection, RFQ-process, negotiation process, contract management, supplier performance management 
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Sammanfattning 

Artificiell Intelligens har blivit allt viktigare ur ett affärsperspektiv. När det gäller strategiskt inköp har 
tekniken inte undersökts lika mycket tidigare. Hursomhelst, 67% av alla tillfrågade CPO:er i en enkät 
ansåg att AI är en av deras topprioriteringar de kommande tio åren. AI kan exempelvis identifiera 
mönster, förutspå priser samt ge support inom beslutsfattning. En kvalitativ fallstudie har utförts i en 
strategisk inköpsfunktion hos ett globalt industriföretag där syftet har varit att undersöka hur tillämpbart 
AI är i strategiskt inköp hos Case-Företaget. För att uppnå syftet med denna studie har det varit viktigt 
att förstå vad den strategiska inköpsprocessen omfattas av samt vad AI-teknologi är och vad den är 
kapabel till inom strategiskt inköp. Därför har litteraturstudien gjorts för att undersöka hur man använt 
AI inom strategiskt inköp tidigare och vilka fördelar som finns. Baserat på empirisk datainsamling 
kombinerat med litteratur har nyckelområden för att applicera AI inom strategiskt inköp föreslagits 
inkluderat forecasting, spendanalys & besparingsspårning, riskhantering av leverantörer, leverantörs-
identifikation och val, RFQ-processen, förhandlingsprocessen, kontrakthantering samt uppföljning av 
leverantörsprestation. Dessa nyckelområden har följt det ramverk som skapats i litteraturstudien 
samtidigt som nya faktorer har identifierats och lagts till då de ansetts som viktiga. För att tillämpa AI i 
strategiska inköpsprocessen måste Case-Företaget överväga andra aspekter än var i inköpsprocessen de 
kan dra nytta av AI mest. Faktorer som utmaningar och risker, beredskap och mognad samt faktorer som 
ansetts viktiga att beakta för att möjliggöra en implementering har identifierats. För att bedöma hur 
mogen och redo den strategiska inköpsfunktionen hos Case-Företaget är för en implementering har 
några av de tidigare digitala projekten inklusive AI-teknik kartlagts och analyserats. Det har emellertid 
konstaterats att det kan vara fördelaktigt för strategiskt inköp att börja med ett mindre 
användningsområde och sedan skala upp det. Eftersom strategiska inköpsfunktionen har implementerat 
en spendanalys plattform kan det vara en bra start att utvärdera det projektet och sedan tillämpa AI 
ovanpå den befintliga lösningen. Andra faktorer att beakta är att försäkra datakvalitet och säkerhet, 
involvera ledningen samt lyfta vilka fördelar AI kan ge i form av ökad effektivitet och 
kostnadsbesparingar. Därtill är det viktigt att inkludera hela strategiska inköps-funktionen samt att inte 
endast beakta den tekniska aspekten utan också mjuka faktorer så som change management och agila 
metoder.  

Nyckelord  

Strategiskt inköp, Artificiell Intelligens, ANN, NLP, ML, spendanalys, forecasting, leverantörsval, 
RFQ-process, kontraktshantering, uppföljning av leverantörsprestation   
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1. Introduction 
This chapter introduced the reader to this thesis, beginning with a background to the subject 
followed by the problem formulation, purpose and research questions to understand the aim of 
the project and what it is striving to achieve. Finally, the delimitations of this study have been 
presented to understand the scope of the project and how it has been narrowed down. 

1.1 Background  
Artificial Intelligence (AI) is expected to be one of the most disruptive emerging technologies 
(Naudé and Dimitri, 2019). For many businesses and sectors, AI technology is considered to be 
a strategic factor and thus included in the business model. AI can be applied in a lot of different 
applications for industrial, social and intellectual purposes (Dwivedi, 2019) and includes many 
technologies, for example machine learning (ML), natural language processing (NLP), deep 
learning (DL) and artificial neural networks (ANN) (Chopra, 2019; Bilal, 2018). In addition, 
AI can mimic human cognitive functions such as learning, speech and problem solving (Russell 
and Norvig, 2016). To describe AI in a simpler way, it can be considered as a technology that 
has the capacity of doing predictions in an advanced way (Agrawal et al., 2017). The new age 
of AI technology that is emerging enables remarkable change. This includes for example 
activities for making decisions which can support procurement to generate new opportunities. 
One of the major capabilities AI has is the ability to replace activities that previously have been 
manually performed by humans (Dwivedi et al., 2019).  

However, according to a survey, AI has been ranked to be one of CPOs (Chief Procurement 
Officer) top three priorities for the next 10 years according to the 67% CPO respondents 
(Roland and Berger, 2018). One of the CPOs in the survey described AI to be atechnology than 
can be considered the single way to enable the consumers to supplier end-to-end process. This 
was according to this respondent because this process must have the capacity of managing 
volumes of data which would not be possible to be managed by individuals (Roland and Berger, 
2018). However, the adoption of AI outside the technology sector is still in its early stage and 
only applied by a small number of companies (Ashok, 2018). According to another CPO survey 
by Deloitte (2019) only 1% of procurement functions in the survey fully implements Artificial 
Intelligence (Deloitte, 2019). However, the same survey shows that 25% of AI and cognitive 
computing technologies are either fully implemented, in the phase of scaling up the solution or 
in the actual phase of piloting the solution (Deloitte, 2019), indicating that the technology is 
starting to be utilized more and more. 

Moreover, the AI system consists of different AI technologies combined with the necessary 
data that is required to enable them (Chopra, 2019). The revolution of Information Technology 
(IT) including cloud-based computing and mobile technology as well as distributed computing 
in the environment of supply chain management have resulted in big data in both structured and 
unstructured form (Handfield et al., 2019). Volumes of different data exist in the different 
enterprise systems (ERP) of procurement functions. These systems are gathering for example 
spend data, transactions data as well as data from suppliers and orders from purchases. Data on 
pricing and contracts from different RFQs, contract management and Supplier Relationship 
Management (SRM) systems are also collected by these ERP systems. From activities such as 
planning of inventory to managing of demand, data from internal and external sources is 
affecting the whole supply chain (GEP, 2018). Other tasks performed by a category manager 
that generate volumes of data include receiving specifications of different services and 
products, monitoring of contracts and the performance of suppliers as well as creating 
scorecards and not to mention, generating profiles on diverse suppliers. Moreover, common 
external data sources involved in the work of a category manager includes for example 
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commodity supply market data, tax and tariff data as well as data on different currencies and 
inflation rates (de la Boulaye et al., 2017).   

This data, generated though the procurement function, can be utilized by AI. Through Artificial 
Intelligence, data models applied in procurement can become better and smarter. This enables 
for example access to more and better data and analytics capabilities and lead to improved 
decision-making. It also provides stakeholders with insights and lead to enhanced operations 
throughout the entire organization (Accenture, 2020a). AI can be applied in procurement to 
reduce cost and improve measures such as efficiency, transparency and productivity (Kosmol 
et al., 2019;  Columbus, 2019; Raconteur, 2020; Suplari; Accenture, 2018; GEP, 2018) There 
are different part of the strategic sourcing process where Artificial Intelligence technologies has 
the capability of being applied today including for example Category Management, Spend 
Analysis, Supplier Risk Management, Supplier Selection and Contract Management 
(Accenture, 2018; Sievo, 2020) and these are presented further in the literature chapter. 

1.2 Problem formulation 
There are many opportunities of applying Artificial Intelligence in many industries and it has 
shown to be applicable for strategic sourcing purposes as well. The strategic sourcing function 
at The Case Company want to explore digital technologies and utilize their capabilities which 
is included in their digital strategy. Therefore, it has been of interest for them to explore the 
opportunities of applying Artificial Intelligence technologies in the strategic sourcing process 
in order to improve quality, transparency, increase efficiency and productivity as well as reduce 
cost which are in line with their Key Performance Indicators which are quality, delivery, cost 
as well as project and process development.  

1.3 Purpose  
The purpose of this master thesis has been to investigate the opportunities of applying Artificial 
Intelligence in the strategic sourcing process at the strategic sourcing function at The Case 
Company. The purpose has also been to investigate how applicable AI is and therefore to 
investigate other important factors including challenges and risks when adopting this 
technology in the strategic sourcing process, assess the degree of maturity and readiness of 
applying AI in the strategic sourcing process as well as presenting important enablers to 
consider if applying the technology. 

The aim of this thesis has also been to contribute to the research field regarding procurement 
and Artificial Intelligence technologies which has shown a gap in the literature. As a result, on 
the scarce number of findings related to strategic sourcing and Artificial Intelligence, this study 
has been able to fill a gap and contribute to the research field of Artificial Intelligence and 
strategic sourcing, as well as the field of procurement in general. The thesis has been able to 
fill a gap in the literature by providing a consolidation of opportunities and challenges of 
adopting AI in the strategic sourcing process in a large decentralized industrial company, 
providing recommendations on how to enable an implementation by suggesting factors that 
seems to be important to consider if applying the technology as well as assessing the readiness 
and maturity of the strategic sourcing function and how it affects an implementation. 

1.4 Research questions 
The main research question of this study has been investigated in order to fulfil the purpose of 
this study. The main research question is the following: 

RQ: How applicable is Artificial Intelligence in strategic sourcing?  
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It has been discussed in 5.1 Discussion chapter by suggesting factors that indicate the 
applicability of AI within the strategic sourcing process for the strategic sourcing function at 
The Case Company. To be able to discuss the main research question, the sub research questions 
RQ1 and RQ2 have firstly been investigated through the Results and Analysis chapter.  

In order to understand what the strategic sourcing function at The Case Company does and what 
is included in the strategic sourcing process as well as how the function is organized, the sub 
research question 1 has been investigated: 

RQ1: What does strategic sourcing do?  

This question has been investigated in section 4.1 which introducing the strategic sourcing 
function at The Case Company. Specifically, it is presented and analysed in section 4.1 in the 
Results and Analysis chapter, supported by literature review and company documents. 

In order to understand what the strategic sourcing function has done previously regarding AI to 
assess readiness and maturity and what they believed the opportunities are regarding an 
implementation of AI in strategic sourcing as well has how they believed strategic sourcing 
function could benefit from applying AI in the strategic sourcing process in the future, the sub 
research question 2 has been investigated:  

RQ2: How is Artificial Intelligence applied in strategic sourcing?  

This question has been investigated in the Results and Analysis chapter, specifically through 
the rest of the sections in the Results and Analysis chapter (4.2-4.5) and has been supported by 
literature review and company documents. 

1.5 Delimitations 
The procurement function at The Case Company is decentralized and the procurement function 
studied in this project is a strategic sourcing function that is responsible for purchasing to certain 
divisions in The Case Company. Therefore, there is no central procurement function at The 
Case Company responsible for all purchasing processes. Moreover, the strategic sourcing 
function works strategically meaning that the operational procurement part is excluded in the 
study. With this said, the operational part has been included in the literature review to get an 
understanding of what is included in the procurement process in general and how the strategic 
sourcing process is separated from the operational purchasing process, as the procurement 
process includes both the strategic and the operational part. 

The focus on this study has been on Artificial Intelligence and how these technologies and tools 
can support and improve the strategic sourcing process. However, other digital technologies 
and tools related to these technologies has been included such as advanced analytics and 
cognitive- analytics and computing in order to understand how AI is used in this study. In 
addition, Artificial Intelligence is a broad spectrum of technologies, techniques and is based on 
different algorithms and models and thus, has different definitions. In this study the definition 
of Artificial Intelligence has had the focus on the capabilities of AI technologies such as 
Machine Learning, Natural Language Processing and Artificial Neural Networks algorithms. 
Meanwhile the study has been excluding RPA in the definition of AI but include robotics and 
automation in its definition which sometimes are confused with the definition of RPA. 
Meanwhile RPA only mimics human tasks, AI includes several mimics of human intelligences 
which can include robotics for example (Wu, 2019). However, the thesis has mainly been using 
a general definition with focus on utilizing data by Kaplan and Haenlein (2020) who define AI 
as “a system’s ability to interpret external data correctly, to learn from such data, and to use 
those learnings to achieve specific goals and tasks through flexible adaptation” (Kaplan and 
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Haenlein, 2020). However, in this case study, RPA has been discussed as opportunities 
regarding this technology has been assessed in the strategic sourcing function at The Case 
Company. 

Moreover, the analysis and discussion has been performed on a more conceptual level to 
identify how applicable the strategic sourcing function is of an implementation of AI by 
identifying where in the strategic sourcing process there are opportunities of applying AI 
according to interview respondents, as well as other factors to consider for an implementation 
such as the level of maturity, challenges and factors that seem to be important in order to enable 
an implementation. However, the technologies included in AI and has been investigated in this 
study has been described on a more technical level in the literature review. 

The study has also been limited to qualitative methods since quantitative methods was not 
considered in regards to the short time limit, as there would have not been sufficiently time to 
analyse the quantitative data and thus not give any valuable insights in order to fulfil the purpose 
of this study.  
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2. Literature review 
In this chapter, the literature review has been presented to provide a theoretical foundation of 
the procurement function in general with a focus on the strategic sourcing part. In addition, the 
literature review aims to present Artificial Intelligence and related technologies and tools work 
and what potentials they may bring in the strategic sourcing process. The literature review starts 
with an introduction to procurement with a focus on the strategic sourcing process to introduce 
to the subject. Thereafter, Artificial Intelligence technologies and tools are presented, both from 
a general point of view but mostly focused from a strategic sourcing perspective. Researches, 
benchmarking studies and use case examples as well as examples on platform providers using 
AI in strategic sourcing process and consultant reports has also been presented to get an 
understanding of the possibilities of implementing Artificial Intelligence technologies in the 
strategic sourcing process. This has been presented in order to understand how these 
technologies can be implemented in the strategic sourcing process and thus improve in terms 
of cost, efficiency and quality metrics. 

However, by scanning through the literature and previous research relevant for this study, it can 
be concluded that the field of procurement and strategic sourcing and Artificial Intelligence do 
not result in many findings, which has been confirmed by Srai and Lorentz (2019) claiming that 
there is a major research gap in the Purchasing and Supply Chain (PSM) literature when it 
comes to digitalisation (Srai and Lorentz, 2019). However, if searching for AI technologies in 
sub-parts in the strategic sourcing process such as for example forecasting, supplier selection 
or negotiation process there are some previous research that has been done and some are 
presented in this literature review.  

2.1 Procurement Process 
To be able to understand the strategic sourcing process, the procurement process has been 
presented to understand what includes in strategic sourcing and what parts are excluded. 
However according to Parniangtong (2016), the term procurement covers for example activities 
such as managing purchasing transactions and material management as well as the work of 
ensuring that the quality of the purchased and delivered product and services are met according 
to the specific requirements of them. The term strategic sourcing on the other hand has its focus 
on reducing cost of supply and thus, to purchase at the lowest price possible (Parniangtong, 
2016). In order to understand the concept and differences of source to pay, procure to pay and 
every steps in between, figure 1 shows a brief definition of these concepts is created by 
McKinsey & Company (Jain and Woodcock, 2017). 

 
Figure 1.  Source to Pay process by McKinsey & Co (Jain and Woodcock, 2017). 
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According to Monczka et al. (2009), the main purposes of the purchasing organisation is to 
maintain a continuity of supply, manage an efficient and effective purchasing process, develop 
a management of the supply base and support the goals and objectives aligned in the 
organization. In addition to that, developing purchasing strategies that are integrated with 
organizational strategies as well as developing the aligned goals with stakeholders internally 
are also included purposes in the procurement process (Monczka et al., 2009). The procurement 
model established by van Weele (2014) presented in figure 2, is connected with the six-step 
procurement process below described and is covering these activities: 

• Before the certain goods and services will be purchased, specifications of these should 
be determined in terms of quality for example, which is done in this step. In addition, 
the quantity that is required should be included as well. 

• The next step is to select the most suitable suppliers that have the capabilities of meeting 
the requirements. Therefore, the necessary procedures that enable it should be 
developed in this phase. 

• Together with the selected supplier, this step is about preparing and start the negotiation 
process together with the supplier(s) as well as establishing agreements and contracts 
for legal purposes. 

• In this step, the order should be placed with the supplier. Also, an efficient purchase 
order could be developed in this step. 

• The next step is the so called expediting, which means that the purchase order is 
monitored and controlled in order to ensure a secure supply of the goods and services 
that have been purchased. 

• The last and sixth step is about follow up and evaluating suppliers and their 
performance. It therefore includes activities such as updating files and documents of 
goods and services and suppliers as well as ranking of suppliers to mention some 
examples of activities. 

 
Figure 2. Purchasing process model (USA version) according to van Weele (2014). 

Procure-to-Pay (P2P) Process  
According to Monczka et al. (2009), the purchasing process is a process covering all steps that 
are associated with identification of needs and selecting suppliers, negotiation process and 
finally to follow up and ensure that the required supplier performance is met. The process begins 
with identification of the necessary needs in order to purchase the desired goods or service from 
the selected supplier. Once the specific item has been purchased, the buyer will accept a receipt. 
Finally, the purchased services and goods are delivered to the organization of the buyer and the 
supplier is paid accordingly (Monczka et al., 2009) 
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Source-to-pay (S2P) Process  
On the other hand, the source-to-pay process is by Monczka et al. (2009) defined as the entire 
process including all activities that are required in order for an organization to acquire the 
purchased goods and services delivered. It also covers the payment of them, which is the final 
step in this process, as the name entails. However, the first important activity is to develop the 
sourcing strategy, which is considered as a necessary step of the source-to-pay process 
(Monczka et al., 2009). In order to understand the distinction between the P2P process and the 
S2P process, see the figure 1 by McKinsey & Company (Jain and Woodcock, 2017).  
 
2.2 Strategic Sourcing Process 
For strategic sourcing, the model by Mällroth and Rafiey (2016) is based on 7 steps, which is 
corresponding to the operational procurement (see Figure 3). According to Mällroth and Rafiey 
(2016), the strategic sourcing steps involve the following: 

• Current analysis - the current analysis is the part of the strategic sourcing process to 
identify what to focus on, with the goal of reducing spend. Therefore, the spend analysis 
could be used as a foundation. The spend analysis should however be updated during 
the year and indicate which areas strategic sourcing should focus on. It will also suggests 
the previous efforts and results of the desired outcomes. 

• Select procurement category - when the area to focus on is determined in the current 
analysis including a spend analysis, this step includes the choice of strategy of category 
management to establish as efficient sourcing work as possible. 

• Select potential suppliers – for the specific procurement, the desired suppliers should 
be collected in a list in this step and is according to the authors divided in a long and a 
short one. The long list includes the suppliers that are currently used and also the ones 
that are not used. On the other hand, the short list includes suppliers that have the 
potential to meet the requirements and should be able to deliver according to these. 

• RFQs and negotiation - an RFQ (request for quotation) is sent out to the desired 
suppliers in this step. A price quotation can also be requested to scan the market for 
price and availability of the wanted goods and services. The negotiation process starts 
as soon as comparable RFQs have been received from different suppliers. 

• Final choice of supplier - final suppliers are selected in this phase, which should be able 
to deliver the requested products and services according to the RFQ specifications. 
Therefore, signing of contracts is included and preparation of the relationship between 
both parts are made. 

• Implement contract and routines - processes and procedures required to do the purchase 
work are introduced as soon as the contract has been signed. This is something that 
should be communicated within the whole organisation of the company which enable 
the operational procurement function to establish the new routines. Also, new data on 
items, prices, guarantees, delivery terms and other important data are also required to 
be updated in the ERP-systems. 

• Measure and follow up – the performance of suppliers should be measured continuously 
according to the requirements and is considered one of the most important activities. 
There are lots of things to consider such as if the deliveries are on time or if there are 
quality or price deviations of the supply and must be fixed. The daily work is normally 
done by the operational procurement team but the strategic team is still required to 
monitor the performance of the suppliers. (Mällroth and Rafiey, 2016) 
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Figure 3. The procurement process divided in a strategic and operational part by Mällroth and Rafiey (2016). 

Spend analysis  
The first step in the strategic sourcing process is to perform a spend analysis. The spend analysis 
provide the current situation, showing the distribution of cost, or spend, among the different 
categories and between different suppliers. Connected to the spend analysis is the use of the so 
called Pareto's principle, which is also often called the 20/80-rule. The concept of this principle 
is that about 80% of the spend comes from 20% of the suppliers while 20% of the spend comes 
from 80% of the suppliers. (Mällroth and Rafiey, 2016) 

Supplier Selection 
A key to success in the relationship between suppliers and buyers is the supplier selection 
process in accordance with van Weele (2014). Important factors to consider in the supplier 
selection process are the market structure of the supplier, the capacity of supplier improvement, 
collaboration conditions and of course the capabilities of the specific supplier in meeting the 
buyer’s requirements. (van Weele, 2014)  

Category Management  
Different ways of making the purchases are needed for different purchase areas. In category 
management, the information from the spend analysis is used as a tool in order to investigate 
different purchasing areas. Based on the certain need of a company, category management 
provide a foundation for the supplier selection.  

As mentioned, the model by Peter Kraljic (1983) is often used in category management to create 
strategies for purchasing. Different types of purchases are divided into different categories in 
this model, since these requires different kinds of strategies (Mällroth and Rafiey, 2016). 

 
Figure 4. Category Management Matrix by Peter Kraljic (1983) which is referred to in Mällroth and Rafiey 

(2016). 
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RFQ process 
When a buyer shows interest in something that the supplier could possibly deliver, a quote is 
requested (Parniangtong, 2018) which is considered the foundation for the requested products 
and services that will be purchased and is called a request for quotation (RFQ) (Mällroth and 
Rafiey, 2016). An RFQ includes for example delivery terms, quality desired, guarantees as well 
as payment terms or length of the contract. This kind of information may be requested in the 
negotiation process and must therefore be provided to the buyer before it takes place (Mällroth 
and Rafiey, 2016; Mhay and Coburn, 2019). These specifications should include as detailed 
information as needed to make the quote more precise according to the goods and services that 
should be delivered. In addition, a more detailed specification will also make the quote easier 
to compare with other RFQs from different suppliers. The specification could also be used as a 
document for buyers to make a legal connection with them and the supplier (Mhay and Coburn, 
2019). The RFQ does not mean that any commitments to buy something is established but there 
are obligations and the supplier must be able to deliver what has been described and promised 
in the RFQ (Mällroth and Rafiey, 2016). The RFQ is also a necessity for the buyer in order to 
gain insights on comparable suppliers to select the most suitable (Parniangtong, 2018). 

Audit 
To evaluate or assess the quality of suppliers, an audit is performed and there are according to 
van Weele (2014) three methods for it; product audit, process audit and systems audit. The 
product audit provides an examination on a company’s ability to execute everything according 
to their own standards. The process audit on the other hand is an investigation of the processes 
in order to ensure that the established standards are met in these technical processes. It is often 
related to 4M which stands for man, materials, machines and methods. The systems audit uses 
a system approach to compare the internal quality system with the external standards which can 
be both general or company specific. (van Weele, 2014) 

Negotiation 
When the price is being negotiated, a buyer wants to pay as little as possible and is the 
fundamental desire in the negotiation process. At the same time, the seller wants to maximize 
the price as far as possible which needs to be taken into consideration. When negotiating a 
quotation, the success from a buyers point of view corresponds to how far the quoted price can 
be reduced. (Mällroth and Rafiey, 2016) 

Contract Management 
When a long-term business relationship has been agreed on between the parties, a business 
agreement has been established through a contract (Mällroth and Rafiey, 2016), which links 
parties together. Different contracts are however used in situations with different purposes. The 
process of determining which type should be used for which product or service is what contract 
management is all about. After the process of contract negotiation and closure, contract 
management proceeds managing the contract (van Weele, 2014). van Weele (2014) defines the 
contract management process as “The process that ensures that all parties to the contract fully 
meet their obligations, in order to satisfy the operational objectives of the contract and the 
strategic business goals of the customer.” (van Weele, 2014). 

Supplier Relationship Management (SRM) 
One of the most critical part when outsourcing goods and services is managing the buyer-
supplier relationship and requires all parties to be fully involved in order to establish a mutual 
and good collaboration with each other (van Weele, 2014). Additionally, the goal for sustaining 
a good supplier relationship between the parties is to optimize the value for both the buyer and 
supplier (Keith et al, 2016). 
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Moreover, Supplier Relationship Management focusing on making the work between the 
parties more efficient by acknowledging the requirements in order for both parties to reach their 
internal goals (Schuh et al., 2014). According to Monczka et al. (2009), specific modules is 
what SRM systems usually are organized around which interact with different elements of the 
database and different features in the ERP-system. This is established through the integration 
of data from different sources or through communication with suppliers and customers. The 
goal by using this SRM modules is to support managers in making the right decisions but also 
to act as an interactive system for selecting suppliers and for ensuring contract compliance 
(Monczka et al., 2009).  

Supplier Performance Management 
Involving measurement, evaluation and analysis of the performance of suppliers is an important 
part of managing the supply base in an organization. A critical part is also to have the right 
capability and tools for measuring, developing as well as managing the performance of an 
organization's supply base. Buyers can hardly know how well their suppliers are performing or 
meeting the obligations in contracts without having a measurement system that evaluate the 
performance of the supply base. Supplier performance measurement system and methods are 
used to collect and provide information to enable rating, ranking and measuring of the 
performance of the supplier. In order to maximize result, companies should follow a process 
that is more systematic, as a part of their approach for measurement which also enable them to 
align their purpose both vertically and horizontally. It is important to follow the strategies that 
are aligned with the objectives of the company such as producers of low cost products or a 
leader in technology (Monczka et al., 2009). 

Supplier Risk Management 
Since companies more and more outsource products and services from China, India and other 
countries with lower costs of the supply, enterprise risk management is seldom considering the 
hidden risks associated with outsourcing strategies. Although there are many benefits of 
outsourcing globally such as purchase products with lower prices and by getting access to a 
broader market, the amplified risk associated with outsourcing has begun to emerge. A reason 
is the increased probability of disruptions in the flow of products and services in the supply 
chain, which can lead to direct consequences of the profitability of a company (Monczka et al., 
2009). Strategies for Supply Chain Risk Management (SCRM) are varied and aim to address 
unexpected events or conditions in the supply chain that might have a negative impact. This is 
enabled by identifying, mitigating, assessing and monitor these happenings throughout the 
whole supply chain (Baryannis et al., 2019).  

2.3 Artificial Intelligence in strategic sourcing  
A very important step towards a successful implementation of AI in strategic sourcing, is by 
utilizing advanced analytics and most importantly, cognitive analytics. As procurement 
software has been adopted more and more, transaction data has become more available for the 
procurement function and thus compatible for data analysis (Westerski et al., 2020). 
Procurement analytics, includes both advanced- and cognitive analytics aiming to solve 
problems such as decisions regarding spend and budgets, reduction of cost, management of 
suppliers as well as evaluation of their performance. It also supports in category market 
intelligence, innovations, risks in the supply chain as well as for creating market strategies 
(Handfield et. al (2019). In supply chain management and procurement, there are uncertainties 
regarding factors such as demand, budget and impact of procurement, meaning that these must 
be managed by making accurate decisions (Choi et al., 2016). According to Tan & Lee (2015), 
procurement can benefit from different capabilities of analytics including improvements of 
pattern visibility and by providing better insights to stakeholders. As a result, a procurement or 
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strategic sourcing function can make enhanced strategies for different sourcing purposes (Tan 
& Lee, 2015).  

2.3.1 Advanced- & Cognitive Analytics 
The concept of advanced analytics includes analytics tools and techniques such as data mining, 
forecasting, machine learning and pattern matching. It also includes predictive, prescriptive and 
analytics that is driven by AI, which can be used for automating the process of making decisions 
(Wagner, 2018; Handfield et al., 2019). Data analytics is able to generate insights by processing 
data and transforming quantitative data. This data is usually structured meaning that the data 
that have been classified into variables and parameters. Structured data is often stored in 
traditional databases and has been produced by internal systems of the company (Handfield et 
al., 2019). 

On the other hand, cognitive analytics is specialized in managing diverse, heterogeneous and 
more complex and qualitative data than data analytics (Handfield et al., 2019). Therefore, it has 
the capability of managing data in both structured or unstructured form which as result, can 
mimicking cognitive models similar to the ones that consist within a brain of a human being. 
Based on this cognitive functions, cognitive analytics can generate valuable insights, interprets 
patterns and make conclusions as well as identify different connections (Sievo, 2020; Handfield 
et al., 2019). Moreover, unstructured data, which cognitive analytics utilizes, can be generated 
from internal sources such as emails, reports and tweets as well as from external sources such 
as company reports, news feeds, blogs and posts on social media to mention a few external 
sources. It is however based on ML and AI and an example of a well-known cognitive system 
is the IBM-developed Watson which has the capacity to read 800 million pages in one second 
(Handfield et al., 2019). 

As mentioned, cognitive analytics applies intelligent technologies that is similar to how humans 
are processing information in their brains. These abilities cover for example understanding the 
full context of what is written in a text document or different languages spoken by a human as 
well as recognizing objects in images (Expert System, 2016). Cognitive analytics applies the 
intelligent technologies together with analytics processes to optimize strategic activities such 
as decision-making and business intelligence. These intelligent technologies include for 
example semantics, AI algorithms and learning techniques such as deep learning and machine 
learning (Expert System, 2016). Cognitive analytics applications can also begin to identify 
underlying ideas and concepts (Handfield et al., 2019). By applying the techniques described 
previously, cognitive applications can learn from interactions with data and humans and thus, 
be able to become more effective and thus get smarter over time (Expert System, 2016).  

According to Desouza et al. (2019), AI systems are often included in cognitive computing 
systems (CCS) and have the ability to learn, as the name cognition implies (Desouza et al., 
2019). These systems will be further developed over time, as it continuously learns from the 
data. Therefore, these systems are able to reasoning around outcomes and identify relationships 
between variables and parameters. In decision-making, which has shown to be an important 
part of procurement (Choi et al., 2016), cognitive systems can support humans by forming 
different hypotheses, prioritize different recommendations and build arguments. The procedure 
of learning that the cognitive system is going through, can be done in a supervised or 
unsupervised way (Handfield et al., 2019). More of this will be presented in the next section. 

2.3.2 Artificial Intelligence 
Advanced analytics and Artificial Intelligence are sometimes described as the same thing, but 
they are not and are therefore separated, yet linked to each other (Wagner, 2018). AI includes 
different kinds of technologies. Some of the most common are for example machine learning 
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(ML), natural language processing (NLP), computer vision, and deep learning (DL) which is 
based on artificial neural networks (ANN) (Chopra, 2019; Bilal, 2018). Deep learning and ANN 
are however considered as subsets of machine learning algorithms (Lee and Shin, 2020; 
Dataflair, 2019). If it is trained, AI technologies can also begin to process and understand 
natural language and start to learn new tasks by themselves (Wagner, 2018). AI has however 
been developed progressively thanks to the big data development, improvements in machine 
learning and the reduced cost of processing power where cloud computing has been a major 
factor in enabling it (Dwivedi, 2019). Some of the applications for AI systems includes 
everything from robotics to autonomous vehicles and virtual agents but is also used to provide 
predictive outcomes by finding patterns in data (Chopra, 2019; Dwivedi, 2019). The AI system 
can therefore be described as a combination of different AI technologies and necessary data in 
line with Chopra (2019). 

Moreover, there are many definitions of AI and these differs to some extent, yet explaining the 
same technology. Kaplan and Haenlein (2020) however has a definition that is described as the 
following: “a system’s ability to interpret external data correctly, to learn from such data, and 
to use those learnings to achieve specific goals and tasks through flexible adaptation” (Kaplan 
and Haenlein, 2020). Additionally, in their book about Artificial Intelligence, Russell and 
Norvig (2016) mean that AI corresponds to mimicking of human characteristics such as 
learning, solving of problems and speech which are called cognitive functions (Russell and 
Norvig, 2016). Deloitte (2018) also define AI as the progress in a computer system, in the way 
in which the system is able to develop its capability of mimicking human intelligence (Deloitte, 
2018).  

AI systems not only encompass machine learning but also data mining, image and speech 
recognition. In addition, AI also includes manipulation of objects, visual perception, sentiment 
analysis as well as the capability of translate languages as humans are capable of doing (Wu, 
2019; EY, 2018; Lee and Shin, 2020). However, AI should not be mixed up by RPA since RPA 
are algorithms that mimic repetitive actions that are more simple to humans (Sievo, 2020). See 
figure 5. Another definition that distinguishes RPA and AI is suggested by Accenture (2017) 
stating that RPA is more rule-based, working on structured data while AI is based on 
judgements and manage unstructured data as well (Accenture, 2017).  

 

 
Figure 5. Visual definitions of AI, ML, NLP and RPA according to Sievo (2020). 

Wu (2019) suggests a broad definition of AI and define AI as the simulation of human 
intelligence processes performed by machines. In addition, by sensing and processing the 
information from the environment and continuously learn from it, AI can learn how to make its 
own decisions. By constantly learning and reasoning around this enormous amount of data that 
changes, AI is also capable of making adjustments of itself (Wu, 2019). Observe figure 6 in 
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order to understand how these human abilities are mapped for AI. Moreover, AI simulates 
humans advanced way of performing analysis and our ability to make conclusions which it 
bases on data. It can also learn to understand and perceive concepts that are very complex (Wu, 
2019; Wagner, 2018, EY, 2018).  

 
Figure 6. Definition of Artificial Intelligence according to Wu (2019) 

Machine learning 
A subset to artificial intelligence is machine learning which can take data and is able to learn 
patterns without defining them in advance (Lee and Shin, 2020). According to Lee and Shin 
(2020) and Sievo (2020), there are different types of Machine Learning algorithms. See figure 
6 for a mapping of the different types. The definition of ML by Mohri et al. (2018) is described 
as the following: “the scientific study of algorithms and computational models on computers 
using experience for progressively improving the performance on a specific task or to make 
accurate forecasts” (Mohri et al., 2018). In accordance with Tan and Lee (2015), machine 
learning techniques, for example artificial neural networks (ANN) can support in enabling 
sourcing to be more efficient. Also, predictive analytics techniques can be used for intelligent 
inventory management, SRM and material planning. Moreover, pattern recognition can be used 
to reveal process and performance issues using data on purchase orders historically as well as 
data from supplier deliveries (Tan and Lee, 2015). Progressively, the performance of certain 
tasks can be improved as the applications that are utilizing ML continuously improve the 
learning from the data they are constantly processing. Furthermore, ML technologies use data 
in order to identify patterns and predict events in the future (Lee and Shin, 2020). There are 
different types of machine learning which can be observed in Figure 7.  

Supervised Machine Learning is used for classification and prediction purposes. A mapping 
function is used and trained to make decisions based on the desired input and output data. By 
estimating the following probabilities of classes with training data sets, classification in ML 
provides a discriminatory ability for categorical purposes (Lee and Shin, 2020). In the training 
dataset, each record is tagged with the right classification and then the machine is learning 
which record is likely to be in each group (Desouza et al., 2019). 

Unsupervised Machine Learning is used where previously unknown patterns or groupings of 
data are discovered by the system (Lee and Shin, 2020). An example of when it is common to 
use unsupervised ML is when wanting to improve the knowledge of citizens in a state. In that 
case, an unsupervised machine is run and within the state, patterns and which type of people 
are existing there are discovered by the system. The system may for example discover that four 
types of citizens exist in the state, for example families with young children and few seniors. 
Thereafter a human can interpret and use this information for improved decision making. These 
decisions may include where funding should be provided, for example to more education in that 
specific state or more services for seniors (Desouza et al., 2019). 
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Semi-supervised Machine Learning employs both elements of super- and unsupervised 
learning and is therefore a process of two or multi stages. Via supervised machine learning, 
classifications tasks such as taking customers and grouping them into multiple classes can be 
more accurately performed using data sets that have been achieved through algorithms of 
unsupervised machine-learning. This is relevant to use when there is for example costly and 
time consuming to labelling output data and when classifying the data (clustering for example) 
is not necessary to do in advance (Lee and Shin, 2020). 

Reinforcement Learning is based on environmental feedback and mechanisms of rewards. 
Based on these, the software agent learns how it should behave and maximizing the reward by 
testing which actions enable a certain task instead of getting direct instructions on which actions 
it should perform or not. (Lee and Shin, 2020) 

Deep Learning is considered to be a subcategory of machine learning which utilizes a complex 
structure with many nodes, learning algorithms and hidden units. This system wants to 
influence the time spent on training and also the quality of learning. In order to perform complex 
learning tasks, deep learning technologies use multiple levels of representation and abstraction 
from big volumes of data. (Lee and Shin, 2020) 

 
Figure 7. Machine Learning algorithm types (Sievo, 2020: Lee and Shin, 2020; Chopra, 2019; Dataflair, 2019) 

Natural Language Processing (NLP) 
Natural Language Processing (NLP) is the ability of a machine to understand the linguistics 
that is performed by humans. It has the ability to make computers understand and synthesize 
human language in raw form by breaking down the text into smaller pieces. By doing this, NLP 
can extract the meanings from documents of text as well as identify interactions between these 
pieces of text. This is enabled by using linguistics and algorithms. NLP can also manipulate 
and analyse language similar to human brains in how it learns to structure language. Well 
known applications of NLP that are used by many are for example the Google Translator and 
Words Grammarly Check (Hiremath and Patil, 2020; GEP, 2018).  

Artificial Neural Networks (ANN) 
Artificial neural network (ANN) is a type of ML algorithm and is used in Deep Learning 
algorithms (Dataflair, 2019). ANN models can solve complex problems and were developed 
for simulating cognitive learning process of neurons in an animal brain by processing elements 
of a neural network. Prediction, clustering, classification as well as flagging when abnormal 
patterns has been uncovered are areas where ANN has been used for predominantly. One of the 
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most important attributes are their ability of learning through examples (Chou et al., 2015; 
Jordon et al., 2019). The performance of classifying data and the ability of approximating 
functions is however considered the main advantage of ANN (Osman et al., 2009). 

2.4 Opportunities of AI in the strategic sourcing process  
In this section, suggestions on implementation of AI in strategic sourcing are presented to give 
an understanding on use cases areas. The research on Artificial Intelligence in procurement 
(strategic sourcing part in this study) is scarce in general although there are some studies 
identified in some areas that have been presented in this section. Many examples of use cases 
and information in this area comes from consultancies and procurement technology solution 
providers that are specialized in AI applications within strategic sourcing or other procurement 
areas. In addition, the research that exists in the field of strategic sourcing are scarce and can 
only be applied in some areas such as supplier selection, forecasting and risk management. The 
purpose of this section is to get a glimpse on what AI can do and support with in strategic 
sourcing.  

Using AI can significantly be beneficial in procurement (and strategic sourcing) and have a 
great impact when it comes to reduction of lead times and raw material prices but also be a 
great advantage to uncover business risks of suppliers. By making decisions more correctly, 
procurement organizations can harvest on real improvements (Chopra, 2019). In accordance 
with Bag et al. (2020), the decision-making processes in procurement planning is gradually 
managed by AI systems (Bag et al., 2020). Pattern, probability and predictive analytics 
capabilities (advanced analytics) can be used by AI to find opportunities and to prevent that bad 
happenings occur (Raconteur, 2020). Moreover, according to Deloitte (2017), cognitive 
computing and artificial intelligence can categorize unstructured data regarding spend, cost, 
contract and suppliers rapidly by leveraging software and machine learning algorithms. By 
doing this, AI is able to deliver insights and provide new opportunities (Deloitte, 2017). Every 
organization phases different challenges and opportunities and Sievo (2020) has found areas 
where there are possibilities for AI in procurement to be leveraged: 

● Make better decisions 
● Identify new suppliers, markets and opportunities 
● Improving in operations 
● Automating tasks that are manually performed 
● Free up time 
● Detain and apply knowledge that is scarce 
● Optimize relationships with suppliers 

Moreover, Accenture (2018) has also identified value drivers of implementing Artificial 
Intelligence which can be observed in Figure 10. 
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Figure 8. AI value drivers by Accenture (2018). 

One of the capability AI is able to bring for procurement is to increase efficiency and remove 
human errors. Bottlenecks and inefficiencies can also be spotted by AI to improve process flow 
automatically (Higgins, 2019; Benton, 2019). AI can also be used for transparency 
improvements in the supply chain (Raconteur, 2020). By taking away the process of data that 
is manually managed AI can eliminate cost of operations and reduce mistakes. AI can also 
improve compliance by ensuring that all contractual obligations and regulations are followed 
by suppliers (Suplari, 2020). Other benefits of using AI is improving measures such as 
productivity, optimization of processes and consolidation of data more accurately to mention a 
few capabilities. Time-consuming tasks that are only reviewed twice a year or in a quarterly 
basis, that would be out of date when the time for reviewing comes, can instead easily be 
uncovered by AI. For example, AI can support by identify banned suppliers in spend data and 
monitor price and identify patterns in demand (GEP, 2018). 

However, Accenture (2018) has identified areas where AI can support in procurement by 
mapping out where in the procurement process AI can be applicable (excluding procure to pay 
process as it is part of operational purchasing) with a scale of Low, Medium and High impact, 
where all parts of the sourcing process have shown to be applicable for AI. These include 
Forecasting and Budgeting, Category Management, Spend Analytics, Savings Tracking, 
Supplier Management, Sourcing Management and Contract Management, see figure 8. 
Moreover, Sievo (2020) has identified 7 common areas where AI, according to them, can be 
implemented in procurement. See figure 9. below. In addition, the framework by Accenture 
(2018) and the identified AI implementation areas by Sievo (2020) as well as the framework 
by Mällroth and Rafiey (2016) has been used as inspiration for searching and mapping of 
potential areas of AI in the strategic sourcing process have been made and is presented further 
in this section. These areas include Forecasting, Category Management, Spend Analysis & 
Savings Tracking, Supplier Risk Management, Supplier Relationship Management, Supplier 
Performance Management, Supplier Identification & Selection, Negotiation Process and 
Contract Management. Negotiation process as a part of Sourcing Management in the 
framework by Accenture (2018) has been selected since AI has shown to be applicable there. 
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Figure  9. Accenture's (2018) Source to Settle (S2S) Framework with identified AI Potentials, excluding the 

procure-to-pay process in this study. 

 
Figure 10. Identified AI application areas by Sievo (2020). Purchasing and Payments are included in operational 

procurement but excluded in this study. 

2.4.1 Forecasting  
By increasing its knowledge in a way that resembles of how humans are learning, AI could be 
used to forecast through learning according to Jordon et al. (2019). Forecasting is necessary in 
order to define the purchasing plan, for purchased product quantity and by integrating delivery 
time of the current supplier activities. The capability of making accurate forecasts is also 
necessary for companies to make more accurate decisions and for managing control. Many 
companies are however still often use classical statistics methods rather than forecast with the 
support of AI techniques (Jordon et al., 2019). In a study performed by Kiefer et al. (2019), by 
using ANN, successful result of forecasting demand could be created. This was enabled by 
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using internal customer data such as daily running time and data from GPS for example. This 
was however also combined with data from external sources such as humidity, temperature and 
season, factors that affects the forecasting outcome (Kiefer et al., 2019).  

Moreover, in another study performed by Jordon et al. (2019), the focus was also to use ANN 
technology for achieving improvements in the forecasting of demand of medicines as well as 
dispatching them in a hospital. The result from the study showed that the ANN had the ability 
used data in order to forecast the demand and therefore be able to estimate and predict order 
quantities. This was however enabled by using a learning system. Over time, the performance 
of the learning system became more and more developed as it increased its knowledge 
accordingly (Jordon et al., 2019).  

2.4.2 Category Management 
A goal for the procurement team as well as for the business in whole is to drive savings. A 
central part in order to manage savings is by establishing a successful category management. 
There are many factors other than price that counts in order to realize savings within the 
organization where some of these includes factors on for example environment of suppliers, 
supplier risk, competition in the market and cost drivers. However, a category management 
workbench providing information in real-time is provided by GEP (2020). It has according to 
them, the ability to support category managers with know-hows in activities such as project 
planning and discovering of new opportunities for example. By helping companies to combine 
category and market intelligence in real-time, changes in the market and trends can be 
monitored easily. The category management can, as a result of this solution, be supported in 
finding new opportunities of value but also lead improvements in the work with different 
stakeholders (GEP, 2020).  
 
Accenture (2018) provides a procurement market intelligence advisor that creates reports based 
on supplier and category market intelligence. The intelligent advisor has the capability of 
managing unstructured text in the form of business news for example but also internal data 
sources as well as financial data. The system then extracts patterns from it which as a result, 
helps category managers in the process of strategic sourcing. Moreover, the solution has the 
capability of execute tasks in a speed that is 10 times faster than humans (Accenture, 2018). 
 
2.4.3 Spend Analysis & Savings Tracking 
By collecting, cleaning, organizing and classifying data on spend, cost analytics can be used to 
identify where the costs are too high for the procurement function in accordance with 
organizational goals and thus, emphasizing and highlighting costs that are considered 
unnecessary. For example, products or services from the same supplier that has been purchased 
by different companies can be detected by AI systems. In addition, the solution can decide 
which deal is most the best or by determining when the payment day has expired for the certain 
goods or services. The software solution manages the data and classify it to make savings 
available and visible, providing it to the procurement organization (Kharkovyna, 2019). 
However, Electrifai (n.d) provides a SaaS (Software-as-a-Service) solution including AI. The 
solution manages the spend data, transform it and as a result, highlights missed savings but also 
provides factors that have caused risks. It also increases the alignment of compliance and 
several other valuable factors from spend data which are important to consider. The 
procurement function at a company will however gain competitive advantage when having 
access to this kind of information in real time. This advantage especially arises when it comes 
to making more accurate decisions and to increase efficiency of cost. In addition, by using ML, 
spend patterns and opportunities to save more money can be identified. Also, the AI solution 
has a capacity of processing spend data that encompass $6 trillion in amount, as well as the 
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capability of providing visualizations of spend that is more exact, up-to-date and more reliable 
(Electrifai, n.d). Moreover, Orpheus (2020) offers AI methods to predict and simulate forecasts. 
Based on ANN algorithms, these methods have the ability to forecast spend volume. In addition, 
they also have the capacity to make simulations when prices on material and exchange rates 
goes up and down very frequently and thus, provide the effects of it (Orpheus, 2020). 
 
According to a report by McKinsey & Company, the spend solution can also be linked to real 
time data on profit and loss (P&L) statement as well as on the budget sheet. This however 
enables procurement functions to track their savings therefrom, in real time as mentioned (de 
la Boulaye et al., 2017). Based on the agreed savings goal aligned within the organisation, an 
intelligent solution provided by Zycus (Ashok, 2018) can support in assessing and assisting 
every purchase order and the corresponding invoice (Ashok, 2018). In addition, advanced 
automation and intelligent technologies are provided by GEP and have the capability of 
measuring savings in real time. These technologies manage this capability by assessing every 
order on purchases and their corresponding invoices and align it with the plan that the specific 
company has on savings (GEP, 2018).  
 
Furthermore, Robobai (2019) provides a savings module including AI technologies that also 
has the capacity of classifying data on spend with the goal of enabling better decisions for the 
procurement function, which however is enabled by managing historical spend data. The 
solution is able to uncover opportunities of savings throughout the supply chain by managing 
this classified data in a quickly approach. This is enabled by using factors such as price variance, 
reduction of suppliers, contract compliance, category competitiveness and contract 
management, which are included in a certain library of this solution. In addition, factors such 
as negotiation, tail spend, international sourcing and non-contract spends as well as factors on 
freight, leakage of spend but also opportunities for SRM are included in this library which the 
solution utilizes (Robobai, 2019). In order to lower savings throughout the entire supply base, 
GEP (2018) suggests that early payments, discounts in payments and if one supplier has 
multiple payment terms can be brought into the light by using AI and advanced analytics (GEP, 
2018). 
 
2.4.4 Supplier Risk Management 
There are several applications related to this field such as modelling of supply network risk and 
by automating the process of selecting suppliers. AI technologies can be used for support in the 
decision making process in risk management in order to managing disruptions in a good way. 
Deviations in the supply chain can also be detected and predicted. This could beneficial since 
these deviations can be prevented from occurring in the first place by the use of AI technology 
(Baryannis et al., 2018). The emphasis on the study conducted by Cavalcante et al. (2019) is on 
the supplier selection in digital manufacturing which showed to open up new opportunities, 
with the goal to improve sourcing decisions by utilizing digital data. In this case, supervised 
machine learning algorithms were used to select the most suitable suppliers by uncover the ones 
that are critical but also used to provide analysis of the current supply base. It however resulted 
in improvements in decision making when it comes to risk mitigation. Whether suppliers are 
delivering on time was seen to be a factor for supplier reliability and demonstrated to be 
improved with supervised machine learning according to this study. The ML technology can 
also be used to discover disruptions in the supply chain that may result in decreases of the 
performance of a certain supplier (Cavalcante et al., 2019).  

Risk Methods (2020) provides risk intelligence solutions including ML based AI technology 
that for example is able to scan data that originates from millions of sources such as commercial 
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databases, media channels and not to mention databases from governments.  By monitoring this 
data, the solution provides information in terms of risks in real time, which gives procurement 
function opportunities in identifying potential positions of risk throughout the whole supply 
chain (Risk Methods, 2020). Furthermore, Kodiak Rating (n.d) also provides a solution that 
assess the risk of a supplier based on a macro perspective by accumulating financial and 
geographical indexes from public sources. By doing this, risk profiles of a specific country 
where a certain supplier is based in geographically can be provided. To realize this, various risk 
parameters such as ethics in business and anti-corruption, environmental performance, stability 
in economies, currency, rights for labours as well as stability in politics, are all covered in this 
solution to assess risk and rate the suppliers correspondingly (Kodiak Rating, n.d).  

Genpact (2019) means that in order to focus on those suppliers that are risky and marked with 
red flags, a solution that can identify and cluster dataset that are similar called intelligent tagging 
can be used. This can be used based on news stories that are published and reported from 
multiple sources. Additionally, based on the degree of the supplier to be in contact with risk, 
third party suppliers can be categorized by the solution in an automatic way, which as a result 
enables procurement to recognize how many of these suppliers they need to investigate more 
deeply in terms of risk. In addition, based on unstructured data, AI technologies such as ML, 
NLP and text analytics are able to provide insights as well as analysing sentiments in data in 
order to create risk profiles of suppliers (Genpact, 2019). 
 
2.4.5 Supplier Identification & Selection 
In a study conducted by Kuo et al. (2010), DEA (data envelopment analysis) and ANP (analytic 
network process) were integrated and then combined with ANN to evaluate performances of 
mechanics-type suppliers and thus, find those who are most suitable to select from. ANN 
together with the learning algorithm were trained, based on historical data and certain selected 
performance criteria which in this study were delivery, quality, cost, service, environment and 
not to mention Corporate Social Responsibility (CSR) factors (Kuo et al., 2010).  

Moreover, Luan et al. (2019) used a novel hybrid algorithm in their study, that included the so 
called algorithms Genetic Algorithm (GA) and Ant Colony Optimization (ACO) to solve 
problems related to supplier selection. GA and ACO are however intelligent heuristic 
algorithms that were combined in this study. Factors included factors such as product quality, 
capacity of delivery, price and the ability of innovation were used to solve these problems 
related to selecting suppliers. The study provided a result showing that this hybrid algorithm 
has the capacity in offering support in the supplier selection by providing improved decision-
making (Luan et al., 2019). 

Tealbook (2020) provides solutions including ML algorithms in order to find and qualify new 
suppliers and thus extending the supplier base. The solution filters suppliers that are comparable 
by using certain kinds of keywords, certain types of certification and the specific geography. 
Using these keywords were used to provide the most proper option of suppliers as possible 
(Tealbook, 2020). Moreover, if implementing AI in the supplier selection phase, support in real 
time on conditions from the current market and comparisons on products and are guaranteed to 
be provided. The data must not be analysed manually through this solution. Instead, AI 
technology can enable reduction of the time spent that is required for this task. Additionally, AI 
can also facilitate in finding suppliers that are able to meet orders that are more urgent than 
others (Kharkovyna, 2019).  

Another use case on AI in the supplier selection process has been brought up in the article by 
Kosmol et al. (2019). By using the artificial intelligence system of IBM’s Watson, one company 
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was able to for example evaluate its suppliers and as a result, improve efficiency and reduce 
cost (Kosmol et al., 2019). To assist in the supplier selection and risk management as well as 
in the interaction with suppliers, ML and other intelligent algorithms can be used. These 
algorithms predict multiple scenarios about suppliers and provide the best scenario possible 
based on different parameters that are favourable for the certain situation. In addition, SRM 
engagements generate data on audits, assessments on suppliers and credit scoring which help 
buyers to decide whether to select one supplier or another one (Pecan, n.d). 

2.4.6 Negotiation process 
Lee and Ou-Yang, (2009) have developed an intelligent system and have created a predictive 
model in their study which is based on ANN. ANN was used to forecast the bid prices of the 
suppliers in the negotiation process. By using the model, the relationship between the 
alternative bids of the buyer and the price of the next bid offered by the supplier could be 
predicted in beforehand. The ability of the ANN to forecast the bid price was applied with the 
goal of providing support the buyer in the negotiation process and to provide a foundation for 
the buyer to make decisions on which of the different current bid prices were the best offer. The 
model showed that there are possibilities of making the negotiation process more efficient and 
also speed up the entire process. Moreover, reducing cost, and make a reduction of the entire 
lead time in the whole supplier selection and not to mention, the negotiation process (Lee and 
Ou-Yang, 2009). Moreover, in a study by Rodríguez et al. (2019), which was done for a public 
procurement agency in Spain, the relation between the award price and the bidding price was 
analysed in order to reduce the total spend of resources used for public purposes. A dataset from 
2012 to 2018 were therefore analysed and included a total number of 58,337 tenders with a 
corresponding total cost of 31,426 million euros. An estimator of the award price was proposed 
using a ML algorithm and the result showed that the tender price could have been reduced by 
2.24%, which would have been around 811 million euros in savings. The study concluded that 
this result also could be useful for companies and not only in the public sphere and thus, 
enabling companies to win tenders more easily as well as getting support in decision making to 
reduce risks from an economic point of view (Rodríguez et al., 2019). 
 
Furthermore, if a company try to understand whether the same product is bought from different 
suppliers, AI can support with bid analytics in the negotiation process. In the AI sourcing 
system, specification documents can be interpreted and analysed by NLP and high pricing of 
suppliers and other anomalies can be brought into light by using cost regression analysis, acting 
as a support in the negotiation process (GEP, 2018). In a case study initiated by Roland and 
Berger (2018), a global services company decided to use AI for market research and for making 
sense of the information by developing cognitive management capabilities. In order to manage 
this, they linked sources both internally and externally into a platform and then connecting it to 
tools such as the existing spend analysis platform. Relevant information was automatically 
filtered and could easily be used by the buyer. The solution could also give recommendations 
on activities regarding renegotiation (Roland and Berger, 2018).  
 
Raconteur (2020) suggests that AI can be used as bots in auctions and negotiations and as a 
result, increase the execution speed. Information on commodity, market, and supply 
intelligence will be gathered as well as presented and analysed in a faster manner using these 
AI bots. As a result, buying decisions can be executed in a much faster manner, from a weekly 
basis to a few days. The AI can also provide recommendations on how many suppliers the 
sourcing function should invite for negotiations or auctions as well as identifying when the 
price is the best offer during a week (Raconteur, 2020). 
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2.4.7 Contract Management 
By applying AI in contract management, contracts can be viewed faster. In addition, data on it 
will be gathered in enormous volumes with the goal of accomplishing a reduction of 
disagreements of the different parties inside the contracts. Contract analytics is however a 
software that has the capacity of helping companies to meet the requirements and terms and 
conditions in a contract and identify where there is non-compliance. This is done in a more 
rapid execution speed (Kharkovyna, 2019). For reviewing contracts, people can be supported 
by ML which has the capability of doing the analysis of a contract in a much shorter period of 
time as well as being able to analyse a larger amount than a manual performed contract review. 
Lease contracts can accurately be extracted by AI tools in a much faster manner and with better 
precision than if a person would review it (EY, 2018). 
 
Moreover, Deloitte (2017) state that in order to read documents with unstructured data, Optical 
Character Recognition (OCR) together with learning algorithms can be used. From PDF 
contracts, the technology can extract pieces of data considered critical, for example tables of 
pricing, payment terms, and clauses for termination of the collaboration (Deloitte, 2017). 
Moreover, ElectrifAi (n.d) suggests a solution including machine learning which can be used 
for contracts because it is able to understand the specific language used in contracts as well as 
identifying clauses in them. By utilizing ML in contract management, it can support in 
uncovering hidden risks in contracts. The solution ensures that lost savings can be identify and 
retaken and efforts in negotiating of payment terms will be easier. In addition, large costs that 
are identified but unexpected can be avoided. The solution can also result in repayments for the 
procurement function, which comes from risk and discounts. This would however support 
organization in stopping that money leaks out of the organization (ElectrifAi, n.d). Moreover, 
Seal (n.d) offers solutions including AI in contract management where for example NLP is used 
to automatically scan and interpret legal documents that includes a lot of words and are very 
long. This technique enables opportunities in savings for the procurement organization (Seal, 
n.d). 
 
2.4.8 Supplier Performance Management 
Many manufacturers invest in machine learning applications so that inconsistent levels of 
quality and deliveries of suppliers can be detected and avoided. For mid-tier manufacturers in 
North America, challenges with the lack of quality consistency, performance of deliveries and 
availability of capable labour is a major obstacle that these manufacturers are facing from their 
suppliers today. The best and the worst suppliers can however quickly be identified using 
machine learning and advanced analytics (Columbus, 2019). Moreover, Shabanpour et al. 
(2017) combined ANN with dynamic DEA (data envelopment analysis) to forecast future 
efficiency of green suppliers. Based on scores of overall efficiency and slope of the efficiency 
trend, the suppliers were ranked accordingly. By doing this, efficient and inefficient suppliers 
can be identified and inefficiencies of supplier performance in the future can be predicted. The 
approach can be beneficial for decision making actions by highlighting awareness of future 
supplier efficiency and as a result, lead to a more realistic evaluation of the performances of 
suppliers. In addition, preventive actions can be made for the number of suppliers that have 
been forecasted to be inefficient in the future and as a result, stop further losses of cash within 
the organization (Shabanpour et al., 2017). 

Kodiak Rating (n.d) provides a platform including advanced analytics for SRM and Supplier 
Performance Management, which can give support to sourcing functions in order for them to 
create valuable relationship with the most suitable and best performing suppliers as well as 
driving operations to be of outstanding in performance. The platform is consisting of apps that 



 

 23 

collect data in an ecosystem. These apps include for example information on factory audits or 
inputs from the experiences suppliers have. In order to predict problems, the platform analyses 
data on deviations in quality and can also identify the performance of suppliers indicating which 
are the best or worst in terms of performance (Kodiak Rating, n.d). 
 
2.5 Technological Foundation 
According to Kurian (2019), organizations must be able to store, manage and analyse big data 
that comes from multiple sources with high variety if they want to succeed with their digital 
transformation (Kurian, 2019). Moreover, procurement organizations must create a 
technological foundation in order to add value from applying AI which according to Roland 
and Berger (2018) includes the usage of necessary box of IT-tools. As a result, Roland and 
Berger (2018) have however created what they consider is necessary in order to succeed with 
an implementation: 

a. Data integration should be a high priority for organizations in order to enable AI. Data 
silos and poor quality of data is a result from the common problem of fragmented IT-
systems. In order to counteract this problem, the first step is to make the right data 
available throughout the organization.  

b. The next step focuses on automating workflows by combining cloud-based ERP-
systems and module for Supplier Relationship Management. 

c. By making the standard applications more extended, RPA can be used to automate tasks 
that are simpler and repetitive. 

d. Cognitive artificial solutions platforms can be created based on the previous steps, 
enabling the interaction between big data and AI to support complex strategic issues. 

e. By integrating AI in procurement and also combine it with big data can have disruptive 
effects where efficiency and performance can be improved. (Roland and Berger, 2018) 

Moreover, AI algorithms and advanced analytics tools will not make predictions accurately and 
not provide the best insights without having high quality of data. The data must be collected, 
cleaned and normalized in order to be used in analytics tools and AI models (Wagner, 2018). 
Moreover, Handfield et al. (2019) state that in order to approach and find solutions to 
procurement problems, there are some technological components required. These include 
procurement technology as well as a machine for data clustering that uses data from multiple 
sources. The data will come from ERP systems, procure-to-pay (P2P) systems, the internet, 
contract management systems and not to mention, providers form third party sources. The 
machine that clusters data is however used for processing and presenting the information to the 
end users. These integrated data systems are referred to as procurement platforms. By collecting 
data from different systems, a procurement platform combines the data into a database aimed 
for procurement purposes. Examples of procurement platforms are Bravo, SAP Ariba, Coupa 
and Zycus to mention a few examples (Handfield et al., 2019). Moreover, Accenture (2020b) 
has also mapped components in order to generate value from analytics which according to them 
will be powered by AI, see figure 11. 

● ERP technology such as SAP and Oracle is moving to cloud and is the foundation for 
all processes (Accenture, 2020b). 

● There are different Procurement point solutions are the S2P core activities for both 
indirect and direct categories (Accenture, 2020b). There is a lot of different AI solutions 
at the marketplace such as Zycus, Coupa, Ariba, Sievo, Jaegger, Ivalua, Risk Methods 
and Seal to mention a few. Some providers only provide for example risk analysis in 
supplier selection and some have a broader spectrum of offerings (Accenture, 2018) 
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● The data lake combines different types of data from multiple sources such as internal, 
external, unstructured and structured data that are required to meet the needs from the 
client when it comes to analytics (Accenture, 2020b). 

● Visibility Analytics is customized to the industry and different customers. It is fed by the 
data lake and enabled by AI (Accenture, 2020b). 

 
Figure 11. AI technological components according to (Accenture 2020). 

Data lake 
Today, the world is facing volumes of data. At the same time, many organizations are not 
capable of providing available data to support strategic activities (IBM, n.d). In traditional data 
warehouses which are based on relational databases with structured data, unstructured and 
semi-structured data types that are utilized by AI technologies do not fit in well usually (Rouse, 
2019). In order to meet big data challenges, data lakes are according to IBM the next generation 
of data management solutions. Data lakes are capable of supporting extremely large volumes 
of data and the data can be used in its very native format and come from many data sources, in 
both structured and unstructured form (IBM, n.d; Accenture, 2020b). Moreover, data lakes are 
described to be a compliment to the data warehouse of a company and provide the framework 
necessary for advanced analytics and machine learning (IBM, n.d). 

2.6 Challenges of implementing AI in strategic sourcing 
According to Roland and Berger (2018) many companies have difficulties in scaling up the 
solution from their pilot projects and the reason is that the cultural change and the process 
required becomes difficult although the technology has become more available. This is due to 
the fact that both the technological and organizational side is affected by the necessary change 
in order to enable AI. Another mistake done by companies are that they rely too much on use 
cases that are too generalized. The reason is that the more ambitious the goals are set in the 
organization and the deeper the integration becomes into the organization, it requires more 
individual solutions and require the need of considering a large number of factors. In addition, 
when it comes to the project start, if the perspective is only focusing on the technology or 
product then there are risks that soft factors such as cultural, organizational and political factors 
that are critical for success are ignored. This on the other hand can, as a result, lead to blocking 
of projects very quickly (Roland and Berger, 2018). 
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As the ability to learn from new data continuously is among the capabilities of what applying 
AI in strategic sourcing provides, many companies found it hard to understand the fundamental 
drivers behind these decisions that are driven by data. Therefore it is hard to understand the 
corresponding outputs. Moreover, the traceability in the procurement organization can be 
challenged by applying AI solutions which in worst case can end up in severe errors (Deloitte, 
2018). 

2.7 Summarizing the literature chapter 
Based on the literature, a framework has been identified including the factors in the strategic 
sourcing process where opportunities of applying AI in strategic sourcing has been identified, 
but also challenges to consider if applying AI and the technological foundation needed in order 
to realise an implementation. This framework has been used as a foundation to group the 
findings from interviews.   

 
Figure 12. Framework of factors for applying AI, identified in the literature chapter.  
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3. Method  
The Method chapter is presenting the execution of the research process as well as the methods 
that have been used to achieve the purpose of this study. 

3.1 Research approach 
The thesis is a qualitative case study that has been carried out at a strategic sourcing function 
in The Case Company. The goal of this study has been to make the case generalized so that it 
could be conducted in other strategic sourcing functions at other companies and industries. 
However, in accordance with Gehman et al. (2017) and Karakaya (2019), a deductive approach 
has been used in this case study as the research process started out theorizing and then 
test/investigate if AI is applicable in the strategic sourcing function at The Case Company by 
scanning the existing literature and conduct interviews to support and confirm the theory when 
it has been possible. The deductive approach can be observed in figure 13. However, as this 
study is The chosen methods for data collection have been qualitative since the aim of this case 
study has been to describe, decode, translate, and understand the meaning of a certain naturally 
occurring phenomenon in the social world and not the frequency of it in line with Shah and 
Corley (2006). In this case study the phenomenon has been Artificial Intelligence within the 
context of the strategic sourcing function at The Case Company. 

 
Figure 13. Illustration of deductive approach (Karakaya, 2019). 

Literature have been reviewed continuously meanwhile the empirical data collection in the 
forms of interviews have been performed and company documents have been reviewed. The 
empirical case study was done in order to understand the internal strategic sourcing process at 
the strategic sourcing function at The Case Company and the digital initiatives including AI 
technology that have been done previously in order to assess the maturity and readiness of 
applying AI in the strategic sourcing process.  

Initially, the focus of the thesis was on a broader digital perspective but transformed into a 
delimitation on Artificial Intelligence technology after a short period of time. In addition, the 
literature review has been updated iteratively as new insights from interviews and literature 
emerged during the study. The literature review was also needed in order to conduct the 
interviews properly and create the proper questions according to the background of the specific 
interview respondent. Also, the interviews were also intended to give directions on where to 
read further and where to seek for new relevant theory. Therefore, the study has been conducted 
in an iterative way to gain new understanding and knowledge. In accordance with Baxter et al. 
(2008) this case study has been using an exploratory approach since the research area is complex 
and wide and there are different answers to it (Baxter et al., 2008). 
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3.2 Data collection 
To collect data, the primary methods have been qualitative interviews, a literature review and a 
review of company documents provided by the case company and retrieved from their internal 
website. The main research question has been investigated through the two sub-questions and 
therefore by performing interviews and by reviewing literature and company documents. See 
figure 14 to understand how the research questions and the data collection are connected to each 
other. 

 
Figure 14. A visual picture on the data collection methods used in order to investigate the research questions in 

this study. 

RQ1 has been investigated to give an understanding of the strategic sourcing process at the 
strategic sourcing function at The Case Company. RQ1 has been analysed through section 4.1 
which is introducing the strategic sourcing function The Case Company and how they are 
organized as well as how their sourcing process looks like. Each category and the differences 
between direct and indirect sourcing teams have been presented, although the result has not 
been divided in direct and indirect material and thus has focused on obtain results generally for 
the strategic sourcing function. This question has simultaneously been investigated by 
performing a literature review to understand the procurement process and strategic sourcing 
process in general. 

RQ2 has been investigated in order to understand what strategic sourcing has done previously 
regarding AI technology and what they believed can be done in strategic sourcing in the future. 
Therefore, interviews have been performed, and literature as well as company documents have 
been simultaneously reviewed. In order to asses all previous digital initiatives, they have been 
mapped out in section 4.4.1. This was done by performing interviews with category managers 
and people responsible for the RPA and Intelligent Automation project and the Value Hunt 
project where the strategic sourcing function has been involved. These interviews aimed to give 
an understanding on what has already been done in terms of Artificial Intelligence and other 
digital technologies but also understand what has been successful or not. This research question 
has been supported by a literature review in order to analyse it with previous research in this 
field. 

Based on the sub questions, the main research question has been discussed in the discussion 
chapter.  

3.3.1 Literature review 
In order to support the primary sources gathered through interviews, secondary sources have 
been used. These have been in the form of books, journals, reports and online sources and has 
been used to support and analyse the primary findings in this study. To search for previous 
studies in the field of AI in strategic sourcing many keywords on procurement and strategic 
sourcing (including terms such as procurement, purchasing, procurement and strategic 
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sourcing) as well as Artificial Intelligence technologies (including terms such as AI, ML, ANN 
and NLP) were used to find literature results. The primary literature search engines that have 
been used in this study is Web of Science and Science Direct as well as Research Gate. 
However, the literature on AI in the field of procurement and strategic sourcing is scarce and 
did not result in a big number of findings, although keywords on parts of the strategic sourcing 
process such as forecasting, supplier selection, contract management and risk management 
where some of these sub-processes resulted in some findings. 

However, the literature review has been done continuously throughout the study to gain more 
knowledge that has been of relevance to achieve the purpose of this study and contribute to the 
research field of strategic sourcing and Artificial Intelligence. 

A framework was established in the literature review chapter based on the literature from the 
procurement and strategic sourcing field and the literature that was found on the opportunities 
of AI in strategic sourcing as well as some factors that seemed important to consider if applying 
it. This framework was developed after in the results and analysis chapter.  

3.3.2 Interviews 
Interviews 
The primary sources used in this study has been semi-structured depth interviews with 
stakeholders that has been considered as relevant and critical in order to investigate the research 
questions. As mentioned, the choice to have semi-structured interviews was done. This 
technique is considered useful since it mixes both closed and open minded questions and are 
more focused on the special topic (Adams, 2015), and thus have given this study valuable 
answers. Approximately half of the interviews have been held face-to-face and half have been 
done through Microsoft Teams or Zoom when face-to-face meeting was not possible. 

Although the questions had a similar structure in all interviews, see Appendix A or Appendix 
B, they were semi-structured which mean they were also customized to some extent according 
to the background and role of the interviewee. All people who were interviewed had to answer 
questions about what opportunities and challenges they believed there are if applying AI as well 
as suggesting how ready and mature they believed The Case Company and the strategic 
sourcing function is for an implementation of AI (when interviewing internal people). Some 
questions were also asked more specifically for the background the person had. In addition, 
questions regarding specific areas in strategic sourcing where there are opportunities of 
applying AI had its foundation from the framework that has been stablished in the literature 
review. Most people were also asked if they generally work with digital projects/technologies 
to get a picture of the degree of maturity to implement an advanced technology such as AI. The 
readiness and maturity were also assessed by asking questions on the perception of the readiness 
and maturity of applying AI in the strategic sourcing function or in The Case Company in 
general. 

Some of the initial interviews were also performed to get insights in the strategic sourcing 
process and insights regarding the previous digital projects at the strategic sourcing function, to 
assess the maturity of applying AI. See Appendix A or Appendix B for the interview guidelines. 
Very early the thesis was more general regarding digital technologies including AI but also 
other digital technologies so the two first interviews were more general tin regards to different 
digital technologies but also valid to use for empirical results since AI was included. They also 
supported in analysing the two sub-questions meaning that they are valid to use in the empirical 
result. 

However, a difficulty during some interviews, has been to limit how much I, as an interviewer, 
have been able to be involved in the discussion in order not to influence the respondents’ 
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answers too much. For example, by providing an example in an area where there would be 
beneficial to apply AI to get the discussion ongoing. What was noticed during some interviews 
was however that initially, some respondents did not have much suggestions about AI, but 
gradually evolved into a deeper discussion when getting some suggestions on where AI could 
be beneficial. However, there was a difficult boundary between not mentioning too much about 
areas where AI could be beneficial for strategic sourcing at The Case Company or not 
mentioning anything at all, and as a consequence, letting the person respond very briefly. I think 
it has been valuable for the work to ask questions to get the discussions going, otherwise some 
answers would have been absent which would have made it more difficult to analyse the results, 
and consequently, adding less value to this thesis. The strategy during the interviews was 
therefore to try to open up for a discussion about AI and the opportunities in strategic sourcing 
without influencing too much. It has however been taken into account that some answers in 
some interviews might be biased and have therefore not received too much attention in the 
analysis. 

Interview selection 
The purpose of the interviews has been to gather insights on where people that have been 
interviewed believed there are opportunities of applying AI in the strategic sourcing process as 
well as gather insights on other factors that they believed to be important to consider if applying 
AI in the strategic sourcing process. Based on this, the main purpose has been to be able to 
discuss the main research question on how applicable AI is in strategic sourcing. The interviews 
were performed with people from different backgrounds in order to achieve different 
perspectives on how AI can be applied in strategic sourcing. Mainly, the focus has been to 
gather insights on the opportunities of applying AI from people working at the strategic 
sourcing function at The Case Company, but also to understand the potential challenges and 
risks of doing it. 

In table 1, the interview participants are presented. The group of people working at the strategic 
sourcing function at The Case Company such as Category Managers and Strategic Buyers has 
been very valuable for this thesis in order to understand the strategic sourcing process and to 
gain background on how they work, what digital projects they have had and currently 
participate in as well as getting their insights on an AI implementation and how they could 
benefit from it and what problems they think can be solved by implementing Artificial 
Intelligence. 

The group with IT-, BI- and ERP Developers/Managers are internal people working with IT, 
has been interviewed mostly in order to get insights on the technological foundation of 
implementing Artificial Intelligence in the certain business area at The Case Company and in 
the strategic sourcing process at the strategic sourcing function. The aim was primarily to assess 
the maturity of applying AI, when it comes to the technical aspect. 

Interviewing people working with to RPA and Intelligent Automation including AI 
technologies has been done in order to understand what has been done in the subject of Artificial 
Intelligence previously as well as to assess the maturity level of applying AI in the strategic 
sourcing function. These included the projects that have been done at the strategic sourcing 
function at the Case Company. As these have worked with various projects in the area of RPA 
and AI, they provided a picture of what can be done in strategic sourcing and what challenges 
exist if applying these technologies. 

External people has not been the focus in this study, but two of the respondents are not working 
at The Case Company. The AI researcher was chosen in order to get a deeper understanding on 
the capabilities and challenges of applying AI technology from someone having deep 
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knowledge about the technology from a research perspective. These interviews gave 
perspectives on a more general level but was applicable to strategic sourcing and procurement 
purposes as well. In addition, one person working at a strategic sourcing department at another 
company was interviewed as they have gone through a major digital journey within their 
strategic sourcing organization which was of interest to this study. 

Table 1. Interview matrix over the participants of the study. 

Interviewee # Title of participant Date of interview Length of interview 

1 Head of the strategic sourcing department  2020-01-21 0:43:20 

2 Category Manager  2020-02-03 0:31:01 

3 Project Lead Smart Automation  2020-02-04 and 2020-03-03 1:16:26 

4 Category Manager  2020-02-04 and 2020-03-04 1:23:40 

5 Category Manager  2020-02-05 0:46:21 

6 Vice President IT 2020-03-02 0:32:29 

7 Category Manager  2020-03-02 0:50:47 

8 ERP- & BI Manager 2020-03-03 0:39:27 

9 Project Purchasing Manager  2020-03-06 0:41:35 

10 Manager at a strategic sourcing function at a 
Supplier 

2020-03-18 0:33:35 

11 Project Buyer  2020-04-17 0:48:16 

12 Strategic Buyer  2020-04-02 0:36:41 

13 AI Researcher  2020-03-17 0:25:02 

14 ERP- & BI Developer 2020-03-27 0:29:03 

15 RPA Project Leader 2020-03-16 0:30:43* 

16 Enterprise Architect 2020-03-31 0:21:41 

17 Strategic Buyer  2020-03-19 0:44:25 

* = the recording failed during some of the time so the interview was a bit longer. 
 
3.3.3 Company documents 
Company documents were gathered primarily to support the understanding of the strategic 
sourcing process at strategic sourcing at The Case Company and what purpose they have in The 
Case Company. The company documents aimed to support the case study introduction which 
is presented in 4.1. Additionally, these documents supported the background material which 
was gathered through some of the interviews with strategic sourcing-people where some 
questions aimed to give background information about the strategic sourcing process but also 
the digital initiatives at strategic sourcing.  

3.3 Results and Analysis 
In the results and analysis chapter, the sub research questions RQ1 and RQ2 have been 
analysed. The purpose of the analysis has been to present what the strategic sourcing function 
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at The Case Company does, what previous digital projects have been done to assess readiness 
and maturity of applying AI as well as presenting how AI is applied and how the strategic 
sourcing function can benefit from applying AI in the future. The data obtained from interviews 
has been analysed and combined with literature on previous studies regarding AI in the strategic 
sourcing process. Literature and interviews have also been supported by company documents 
in order to introduce the Case Company and the strategic sourcing function, as well as mapping 
previous digital projects including AI.  

The data collected from interviews have been grouped and analysed according to the framework 
that has been established in the literature review and has been the foundation for analysing the 
results in this chapter. In addition, new factors have been identified during interviews since 
these factors seemed to be important to consider if applying AI in the strategic sourcing function 
at The Case Company. Therefore, these have been included in the framework. Also, some 
factors that were not identified during interviews but found in the literature on AI in the strategic 
sourcing process were excluded in the framework in the Result and Analysis chapter. However, 
the factors included in the framework are opportunities, challenges and risks, readiness and 
maturity as well as identified factors that seemed to be important in order to enable an 
implementation, which are named as enablers. 

3.4 Discussion 
In the discussion chapter, the main research question has been discussed as well as reconnecting 
the other two research questions. In order to do that, the empirical findings have been discussed 
in regards to how applicable AI is in the strategic sourcing function at the Case Company. This 
chapter has also discussed the theoretical and practical contribution by providing 
recommendations for the strategic sourcing function at The Case Company including use cases 
based on the framework with correlated benefits as well as a number of factors that seemed to 
be important to consider which could act as a guidance for the strategic sourcing function if 
applying AI. 

Discussions on things that has not been brought up in interviews but are suggested by the 
literature when it comes to AI in strategic sourcing has also been done, such as AI in category 
management and supplier relationship management. This chapter has also discussed interesting 
things that this thesis has not been able to be researched on due to time limit and will therefore 
be subject to further research, such as the supplier-buyer perspective of applying AI, which 
could have been an interesting topic to investigate. 

3.5 Quality of research 
It is very important that the research has a high quality and the research should be conducted in 
a way that is systematic in order to achieve high quality. Therefore, validity and reliability of 
the study have been guaranteed in accordance with Blomkvist and Hallin (2015). Also 
criticisms of sources have also been presented in this section, in order to ensure the quality of 
the sources used in this study. 

3.5.1 External validity  
The external validity of a study can be assured by ensuring that the phenomena also is applicable 
in other settings (Gibbert et al., 2008). In this study it means that the phenomena Artificial 
Intelligence is applicable in other functions than strategic sourcing, such as finance or HR, 
which can be confirmed since there have been previous projects including AI technologies 
which have included other functions than strategic sourcing as well, such as those who have 
been mentioned. The external validity is also about ensuring that the phenomena that is studied 
also is applicable in other industries, companies or contexts and thus, demonstrate a 
trustworthiness of the study (Brink, 1993; Gibbert et al., 2008). To ensure validity regarding 
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this study, the phenomena AI has been investigated in the context of a strategic sourcing 
department in an industrial company but is possible to be carried out in strategic sourcing 
functions in other industries as well, which has been shown in previous studies, especially 
within medicine which has been presented in the literature review in this study. In regards to 
the selection of the specific case study, it was appropriate since the phenomena (in this case 
study AI) has not previously been studied much in a strategic sourcing setting (Gibbert et al., 
2008). 

3.5.2 Internal validity 
The internal validity is about finding causal relationship in a study, between the variables used 
and results gained, which can be assured by for example using the so called pattern matching 
which according to Gibbert et al. (2008) is about identifying patterns in the data obtained from 
interviews and ensure that it has been detected in previous studies as well (Gibbert et al., 2008). 
In this study, it has been assured as the data from interviews have been confirmed by the 
literature in the results and analysis chapter and thus, verifying the data. A framework has been 
identified in the literature review and has been used as a foundation for analysing the obtained 
data from interviews and have therefore assured the internal validity further, in accordance with 
Gibbert et al. (2008). Moreover, the internal validity has also been assured by interviewing a 
group of people with different backgrounds within the company and not only those who are 
working at the strategic sourcing function at The Case Company. In addition, some external 
persons have been interviewed in order to get variations in the answers of the data collected but 
also to identify patterns to maintain repetitiveness in the answers. The internal validity has also 
been assured by identifying some of the answers from some respondents that have been 
identified by reading a company documents or discussing with a colleague as well, in 
accordance with Gibbert et al. (2008). The validity was also increased by informing participants 
in the study about the purpose of the study and how the data from obtained from interviews 
would be used (Brink, 1993). 
 
3.5.3 Reliability 
The reliability is about ensuring that the results are consistent if the study would be carried out 
again and by using the same techniques for data collection and analysis methods (Blomkvist 
and Hallin, 2015; Saunders et al., 2009). Moreover, the reliability has also to do with the ability 
of the researcher to accurately collect information and record it (Brink, 1993). To ensure 
reliability of this study, the methods of data collection has been carried out in a systematic way 
by interviewing participants and record it as well as transcribing the material and grouping the 
material according to a framework that has been established in the literature review, in order to 
investigate the research questions properly and obtain the purpose of the study. 

3.5.4 Source criticism  
Sources used in this research are very new, many of them are even from year 2019 and 2020 
which indicate that they are valid. However, as it has been hard to find relevant literature 
regarding AI technologies in the strategic sourcing process, some of the sources used in this 
study are from consultancies and companies selling procurement technology since they are in 
the forefront of providing AI technology for strategic sourcing purposes. This mean that the 
source may exaggerates the performance of the products and information about the capabilities. 
To ensure the quality of sources, it has been mixed with academic sources and other types of 
reliable sources that exists in the specific area. 

3.6 Ethical consideration 
It has been important to protect the participants in this study and thus, considering the 
confidentiality of all participants. In order to do that, the four requirements of ethics by the 
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Swedish Research Council (1996) have been considered and used as a guideline. These four 
requirements include information, consent, confidentiality and good use. Thus, the research has 
been transparent towards participants regarding the aim and purpose of the research and how 
the answers from the interviews will be managed and used in the report. In addition, the 
anonymity of each interviewee has been communicated accurately before all interviews has 
been recorded, which also has been confirmed before (Swedish Research Council, 1996). 

Furthermore, in order to fully protect data and act responsibly as a researcher and as an engineer, 
the ten principles of the code of honour by the Swedish Engineers (2019) have been considered. 
This means for example that all the actions and methods that have been used in this study has 
been done in a responsible way by for example transferring the correct messages about the 
study. It has also included to act in a way so that the study has contributed to deliver 
technological knowledge in a responsible way, without contributing to any harm (Swedish 
Engineers, 2019). 
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4. Results and Analysis 
The Results and Analysis chapter is divided in 5 subsections where the empirical data from 
interviews have been presented and analysed together with previous literature. The first section 
of this chapter, 4.1, has introduced the strategic sourcing function at The Case Company and 
investigated the sub question 1, RQ1: What does strategic sourcing do? The sub question 2, 
RQ2 has been analysed through the rest of the chapter, from 4.2 to 4.5: How is Artificial 
Intelligence applied in strategic sourcing? RQ2 has been analysed from two angles. Firstly, it 
has been analysed regarding what has been done previously regarding AI in the strategic 
sourcing function at The Case Company. Secondly it has been analysed on the opportunities in 
strategic sourcing they see for AI in the future. 

As mentioned, this chapter is divided in five sections, where the first section introduces the 
strategic sourcing function and The Case Company while the last four sections are based on the 
framework established in the literature chapter. The opportunities of applying AI in strategic 
sourcing have been identified from the empirical data collection and has been suggested as key 
areas for an implementation. These key areas are based on the framework in the literature 
review (Figure 12) but has been adjusted according to the interviews and case study including 
the strategic sourcing processes at the strategic sourcing function. However new factors were 
added that seemed to be important to consider if applying AI in strategic sourcing. These have 
therefore been added to the framework. One of those new identified factors includes Readiness 
and Maturity and Enablers which also are factors identified by the interviews and seemed to be 
important if applying AI in strategic sourcing. In addition, both Opportunities and Challenges 
and Risks have been adjusted in the established framework based on the interviews. 
Technological foundation which was a factor including in the framework based on the literature 
review has been extended in this chapter since it has been identified as a factor to consider from 
different perspectives as it has been identified in interviews to be a challenge or risk, a measure 
of readiness and maturity as well as a foundation to enable AI in strategic sourcing. However, 
some factors from the framework based on the literature have been removed such as category 
management as it was not identified as a key opportunity during interviews. It may however be 
investigated in further research since it has shown to be an opportunity for applying AI in the 
literature. In figure 15, the established framework based on literature and interviews can be 
observed, including the identified opportunities and other factors considered as important to 
apply AI in strategic. 

 
Figure 15. Framework identified by the empirics, based on the framework identified in the literature chapter. 
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4.1 The Case Company introduction 
This section introduces The Case Company and the strategic sourcing department at The Case 
Company in order to understand how strategic sourcing at The Case Company department is 
organized and what processes the function is responsible for. In order to do that, a pre-study 
was performed initially and simultaneously with the empirical interviews, where the 
responsible for the strategic sourcing function at The Case Company and all Category Managers 
including other relevant people were interviewed in order to understand the processes internally 
on a general level and to get an understanding on the digital (including AI) readiness and 
maturity for the strategic sourcing function, which are the primary sources for this section as 
well as supported by internal company documents. 

The Case Company is a global decentralized industrial company. It is active in 70 countries 
and has customers engaged in a wide range of industries in around 180 countries globally. Its 
customers are served worldwide with both direct and daily deliveries from multiple 
manufacturing sites and distribution centres at strategic locations. In addition, it is providing 
long term collaboration initiatives. The company is divided in different business areas and 
manages sales, service and marketing of innovative compressors, blowers, gas generators, 
vacuum solutions and air treatment systems, energy solutions, power-driven industrial tools and 
mounting systems (The Case Company Sweden, 2019).  

The procurement function at The Case Company is decentralized and the specific purchasing 
function that is investigated in this study is a strategic sourcing function at a specific business 
area for industrial tools at The Case Company. This strategic sourcing function is responsible 
for purchasing to different factories and brands for the product company belonging to The Case 
Company. A central responsible area is managing the supplier selection process and to manage, 
develop and optimize the internal KPIs (Key Performance Indicators) including quality, 
delivery, cost as well as project and process development, for all suppliers delivering to 
different manufacturing sites globally. The strategic sourcing function is responsible for the 
strategic sourcing part while the operational purchasing belongs to another organization. The 
focus and delimitation in this study has been on the strategic sourcing part. Both work in the 
same process but with different responsibilities and time horizon where the aim of strategic 
sourcing process is to secure deliveries in the future by selecting the best suppliers according 
to internal policies and guidelines. On the other hand, the operational purchasing function (also 
called the call-off) is responsible for daily delivery, invoice checking and controlling the right 
amount of parts and when it needs to be delivered.  

The Strategic sourcing at The Case Company function is organized in category teams with a 
responsible Category Manager for each category group which can be observed in figure 16. The 
figure 17 shows how the function is organized related to the categories. All category managers 
are responsible for Category leads and Category buyers specialized in subcategories in each 
category group. The four categories groups are based on commodity grouping of components 
and are divided into ACP, Electronics, Electro mechanics and Indirect Material and Services. 
In addition, Supplier Value Engineering (SVE) (or also called Project Purchasing) working 
parallel with project purchasing. These category groups are divided in direct and indirect 
materials where ACP, Electronic and Electro mechanics are direct material categories while 
Indirect Materials and Services is, as the name indicates, indirect materials. The difference 
between indirect and direct is that the direct team purchase components for the products and 
indirect processes purchases all other services and materials that are not classified as direct 
materials. In addition, the indirect team works more agile and. Also, the process mapping has 
been made separately for indirect and direct materials although the processes are very similar. 
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Figure 16. The general organizational structure of the strategic sourcing department at The Case Company. 

 
Figure 17.  Strategic sourcing at The Case Company and the different categories including Supplier Value 

Engineering/Project Purchasing. 

The strategic sourcing function at The Case Company is divided in direct sourcing and indirect 
sourcing and both processes are similar to the strategic part of the purchasing process described 
by van Weele (2014) and the strategic sourcing process by Mällroth and Rafiey (2016).  

4.1.1 Direct Materials 
The direct material category groups are three: ACP, Electronics and Electro mechanics, each 
area responsible for sub-categories. Currently, the mission for direct material is to own its 
business, make continuous improvements in line with the key performance indicators quality, 
delivery, cost and project and process development at strategic sourcing department at The Case 
Company. The focus is however on cost savings, where the TCO (Total Cost of Ownership) is 
a very central part. The work is very much about realizing savings and reduce risk which is a 
step on removing risks and each category group does a yearly planning. The categories follow 
the process which can be observed in Figure 18.   

ACP (Accessories, Components and Products)  
The category group ACP (Accessories, Components and Products) is responsible for 
purchasing of many sub-categories which is a very broad area of articles and products. They 
are responsible for accessories and standard articles, castings, plastics and packing materials 
including the simplest screw to the advanced electric nut wrench. They have about 200 suppliers 
with approximately 12600 article numbers. In terms of quality of their suppliers, they have 
divided them in categories: the focus category of suppliers which they are focusing on 
specifically, a category with suppliers they are only monitoring in mild cases and the third 
category is the suppliers they want to perform an audit on to check the quality status.  

Electronics  
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The Electronics category group is responsible for all external production of electronics 
components. They do not have its own electronics production and instead outsource it. 
Moreover, they manage around 30 suppliers and work towards development in the design phase 
and make sure that products are designed to be better fit for the production. This category team 
also works with the products towards the technical product owners and with the Marketing 
function, in order for the products to be manageable for manufacturing throughout the entire 
product life cycle.  

Electro mechanics  
Electro mechanics group working extensively with Supplier Value Engineering. They have 
about 200 suppliers and work much with selecting suppliers, how to maintain them and how to 
do it properly. The category supply components to different manufacturing sites and one group 
works more with existing products while some work more with SVE for new products. The 
category includes managing drawings of components very often and works closely with R&D. 
Their suppliers produce products based on their drawings and therefore specific features are 
required. The category includes components of electronic motors, transducers as well as 
batteries and cables.  

4.1.4 Direct Materials process  
The process of strategic sourcing for direct materials including the category groups ACP, 
Electronics and Electro mechanics are very similar and the general process can be observed in 
Figure 18. This process is based on internal company documents and interviews with Category 
Managers for each category. It is similar to the strategic sourcing part of the Procurement 
process of van Weele (2014) and similar to the strategic sourcing process by Mällroth and 
Rafiey (2016) including:  

1. Category analysis and strategy - includes analysis on financial strength, category 
strategy, classification of suppliers and supplier risk assessment. When developing a 
category strategy, the make/buy rules must be decided which is based on ABC 
classification, critical technologies, strategic importance, competence, performance 
(quality, delivery and cost parameters), risks and flow of value. These factors are 
relevant to consider as well as a clear aligned vision/strategy/roadmap on how to build 
an optimized production flow.  

2. RFI - the buyer can initiate the supplier selection process by using RFI documents.  
3. RFQ - stands for request for quotation is sent out to possible suppliers. 
4. Audit - category teams are responsible for a supplier starting audit processes. For new 

suppliers, an audit should always be performed before any relationship has been 
established or orders has been performed and the audit score must be on an acceptable 
level at least. For the existing supplier base the category buyers are responsible to 
classify suppliers.  

5. Qualify and approve - the suppliers that have been qualified and approved should be 
registered in the classification of vendors in SAP (ERP system) including parameters 
such as supplier classification, historical information (quality performance gathered 
from QlikView), data on assessments and approvals on supplier evaluation.  

6. Negotiate terms - negotiation is considered a formal discussion between the parties 
involved and has the purpose to find the most optimal agreement of terms.  

7. Sign agreement - each strategic category lead or strategic category buyer has the 
responsibility over the negotiation process which also includes guaranteeing that 
agreements are signed. Also they have the responsibility of uploading all the necessary 
documents into the system.  
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These steps are supported by Supplier Value Engineering and SRM in parallel. For the strategic 
sourcing function at The Case Company, SRM is about collaboratively working with suppliers 
that are considered necessary to achieve success and therefore, to optimize the potential value 
of the relationship. In addition, SRM is about identifying and eliminating waste in the 
relationship, with the goal of reducing lead times and costs as well as delivering with the right 
quality at the right time. The Strategical and Tactical Flow is followed by the Operational 
Flow, but this part is handled by the “Call off” at the production site with local purchasers and 
as mentioned, has not been investigated in this study.  

 

   
Figure 18. The process for strategic sourcing function at The Case Company for direct materials including the 

operational part at the bottom and supporting functions in the top as well as SVE and SRM. 

4.1.2 Indirect Materials and Services 
The Indirect Material and Services category group manages suppliers with a higher number 
than for the direct category groups and in addition within broader commodities such as 
investments, consumables, consultants, IT and software. A lot of the daily work for the team 
includes identification of needs for their internal stakeholders and often requires a more ad hoc 
approach. In addition, it also requires a more agile planning than the more traditional direct 
material categories as new things occur all the time and need to be prioritized instead of 
following more standardized processes. In addition, the indirect category group is not 
performing annual planning as the direct category groups do each year.  

Indirect Materials and Services process 
The indirect strategic sourcing process for new cases is similar to the strategic part of the 
Purchasing process by van Weele (2014) and the strategic process by Mällroth and Rafiey 
(2016). In addition, it is similar to the process for direct materials but the work related to it is 
more agile, see figure 18. It also contains the authority and responsibilities of each area which 
is not highlighted in the figure. During stage 1 and 2, stakeholders are the sponsor and has the 
main authority. During the Quarantine period, which includes more or less steps 2-5, strategic 
sourcing owns the authority and is in charge of the external communication. The last steps are 
managed more by the operational purchasing function although evaluation, identifying new 
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needs etc. are continuously managed by the strategic team. The process includes the following 
steps: 

1. Need Identification/Preliminary Research - in this phase, category strategies are 
aligned and led by the sourcing department for example two source initiatives at the 
same time, opportunities and mitigation of risk. KPIs such as business goals should also 
be aligned from management. 

2. Supply- and Market Analysis - includes the alignment on the scope between the 
sourcing team and stakeholders.  In addition, it includes decisions on supplier evaluation 
criteria and research which for example includes preparing of actions and requirements 
for new suppliers, economic health assessment and audits for suppliers. Specifications 
on the assignments that shows for example internal requirements, specifications and 
different criteria. It should also include documentation on RFx which in this stage 
should be complete as well as validated internally. Also, stakeholders perform sign-off 
to strategic sourcing and the RFx will be sent out to suppliers. 

3. RFQ/RFI - in this phase, specifications on quotes and tasks should be made where for 
example face-to-face meetings with suppliers presenting the quote can be performed. In 
addition, questions and answers sessions can also be performed at the same time. 
However, this includes interactions both externally and internally. Quotes are then 
validated to makes sure that the deliveries and what will be included as well as 
information of from which supplier it will be delivered from and the time on when it 
will happen. The quotes are then evaluated and based on certain parameters. Lastly, the 
preparation of the negotiation process should be done including time, strategy, 
parameters, an exit, team, the need of resources and possible agreements.  

4. Negotiation & Contracting - in this phase, the pre-negotiation mandate is assigned to 
the negotiation team and may be supported by the negotiation strategy, risk assessment 
and the resource need for example. Negotiations based on preparations are then held 
considering parameters where, how, who and when etc. and may be done in parallel of 
benchmarking all suppliers etc. Then, preparation of handover & implementation will 
take place and should be done for the internal organization but an externally check 
should also be performed. 

5. Selection, Handover and Implementation - In this phase the supplier is firstly 
awarded and the contract is signed. In addition, communication and feedback are given 
to suppliers that were non-awarded. Next part is handover and implementation by 
securing prepared resources and time plans for example. Finally, sourcing will stay in 
the project steering committee and act as an advisor in order to secure the progress of 
the collaboration.   

6. Divided in: 
a. Evaluation, Managing Supply Chain Management and Re-negotiation - in 

this step, sourcing will continuously work with evaluations and update 
category/commodity as well as preparing for possible re-negotiations and start 
identifying new needs. 

b. Carry out and Usage - this part is executed by operational purchasing. 
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Figure 19. The process for Strategic sourcing at The Case Company for indirect materials and services. 

4.1.3 Supplier Value Engineering (SVE) 
Supplier Value Engineering (or Project Purchasing) is the project purchasing function of the 
Strategic sourcing at The Case Company department. The SVE team consists of project 
purchasers and Supplier Quality Engineers (SQE). The mission is to develop the product quality 
and to be responsible for sourcing of new parts and products. The mission is also to develop the 
supplier base and their performance to deliver in the most efficient and visionary way. They 
work with new product projects and closely working with R&D and other functions in the 
development of new products. The aim is also to contribute to the development of new products 
and find better ways to reduce costs and improve product quality.  

4.2 Opportunities  
In this section, key findings from interviews on how AI is applied as well as can be applied in 
the future in the strategic sourcing function at The Case Company has been presented to 
investigate the research question RQ2: How is Artificial Intelligence applied in strategic 
sourcing? 

Based on the data collection, there are many opportunities for AI technologies to be applied in 
the area of strategic sourcing, and this has been confirmed by the literature study that 
demonstrates many areas in which AI can be implemented in and what value it can bring. When 
it comes to strategic sourcing at The Case Company, there are also many opportunities that have 
been brought to light from the interviews. Many interview respondents have discussed many 
areas in strategic sourcing that they believed AI could be beneficial to apply in. This was also 
discussed from that perspective in where the respondents think they would gain the most 
support and value from of an implementation of AI in the strategic sourcing process. 

The key findings are based on the framework from the literature section but only includes the 
factors that were identified in interviews and therefore excluding those that did not contribute 
to the results. In addition, some of these factors have been on their own since they seem to be 
specifically important, based on the answers from the interviews. These are: Forecasting, Spend 
Analysis & Savings Tracking, Supplier Risk Management, Supplier Identification & Selection, 
RFQ process, Negotiation process, Contract Management and Supplier Performance 
Management. 

4.2.1 Forecasting  
Forecasted demand used by the strategic sourcing function was explained to be managed by the 
Logistics and Marketing departments at the certain business area at The Case Company today. 
Strategic sourcing receives the forecasting based on what it is expected to be in annual volumes 
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and prices. Literature suggesting that in order to planning purchasing and to determine the 
quantity of purchased products, forecasting is a necessity. AI can therefore make forecasts of 
demand more accurate. However, classical statistics methods are still used very often instead 
of AI techniques (Jordon et al., 2019), which is the case of The Case Company today as well. 

However, there are several respondents that believed they would benefit from applying AI in 
forecasting. For example, the following statement by one respondent suggested that the forecast 
that they are receiving have potential of getting support from AI to make it more accurate: “We 
are not responsible for the forecast in that way. Forecasting is developed in SAP. What I believe 
and guess is that it is automatic in how it looks at how much has been ordered and what you 
can expect from the future, and by using historical data to look at the future. Marketing 
department gives an estimate of how much they think they will sell. There, I think there is a lot 
you can do with the forecast, if you could get it more precisely. " (11).  

AI can according to the literature be used to forecast demand by using data from internal sources 
such as customer data as well as external data such as temperature and season (Kiefer et al., 
2019). AI can also be utilized in forecast of demand through learning as it has the capability of 
increasing the knowledge similar to humans learning procedures (Jordon et al., 2019). In data 
of demand, AI can identify patterns in it (GEP, 2018), which affirms that there are many 
possibilities to utilize AI in forecasting of demand. Many respondent has mentioned forecast of 
demand to be a benefit for applying AI technologies, and the strategic sourcing function could 
therefore plan their purchases more strategical according to seasonal factors for example. 

Respondent (12) was also mentioning forecasting as a potential area for an AI implementation 
since they send the forecasts to suppliers which indicate that having a more accurate forecast 
also could be an opportunity for strategic sourcing to strengthen the relationship with suppliers: 
"You could also think about forecasting. Then it is more about logistics, but it does affect us. I 
mean we send out forecasts to the suppliers. There, I think you could have better forecasts 
through some smarter system to profit from, but then you are more into logistics and 
manufacturing, maybe not specifically strategic sourcing." (12). By having a more accurate 
forecast to send to suppliers could therefore mean that the collaboration between strategic 
sourcing and its suppliers may be improved.  

Another respondent also mean that AI can be utilized for making sure raw materials are up to 
date according to real time fluctuations in sales of the products of The Case Company: “For 
example in certain months of the year, this particular product has higher sale in this region so 
we make sure that our raw material in those areas is up-to-date.” (16). This could be beneficial 
in order to make the forecasted demand more accurate. It also indicating the importance of 
collaborating more with Marketing and Logistics departments. Literature also suggests that AI 
can be used to simulate material price effects that fluctuate frequently (Orpheus, 2020), which 
may be beneficial according to the statement by respondents (16).  

4.2.2 Spend Analysis & Savings Tracking 
As a part of the established framework in the literature review, Spend Analysis & Savings 
Tracking have been included in the framework as a key area for applying AI. For spend 
analytics, indirect sourcing has initiated a spend analytics platform project which might be a 
good steppingstone for future AI initiatives according to one respondent (16). The same 
respondent also suggested that the spend analytics project is a good first step to learn from and 
eventually there are possibilities to apply AI on the already existing system in the future that 
could provide predictions based on the spend data (16). By applying AI in spend analysis and 
savings tracking, strategic sourcing could benefit from many capabilities such as getting 
provided by forecasted spend (Orpheus, 2020), as well as enabling visibility on missing savings, 
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highlighting of risks and also enable improvements of compliance (Electrifai, n.d), to mention 
some beneficial areas of using AI in the spend analysis. This however can help strategic 
sourcing to make better decisions and being more cost-efficient which is compatible with the 
key performance indicators used by the strategic sourcing function (quality, delivery, cost and 
project and process development). AI in spend analysis and savings tracking can enable 
visibility of the missed savings. Based on historical spend data, AI can rapidly uncover saving 
opportunities in the entire supply chain, provided in in real time (Robobai, 2019; GEP, 2018). 
The strategic sourcing function can also benefit from AI in this key area since it emphasizes 
unnecessary costs (Kharkovyna, 2019). 

One respondent working for the direct materials team (12) also mentioned that AI can be 
beneficial for forecasting future spend indicating the relevance for applying AI in forecasting 
and spend analytics for strategic sourcing and also that the spend analytics project is something 
that also could be applicable for the direct sourcing team as well. Respondent (12) however also 
suggested that AI can be beneficial for consolidate reports including spend analysis and connect 
it with forecast and also things they are creating and analysing on themselves that could be 
supported by AI: “... it would be very useful for AI to be able to compile different types of reports 
of data which we would benefit enormously. Now it is a little messy. We have QlikView and we 
have lots of different systems like SAP for example. Everything is there but it is difficult to get 
data, so you could have more flexibility to get better reports. A concrete example could be that 
if you take a supplier, you know that they have these products, they have this spend, then we 
have this project coming and then there are these products to choose a supplier for. Then you 
might even get suggestions: "Which of my 4 suppliers would be good for this project, based on 
what kind of card it is, design, spend, future spend, etc.?"" (12). This is also something that can 
be connected with supplier selection, to for example base the selection on forecast of future 
spend. The supplier selection factor from the framework is presented. 

However, some interview respondents (6), (7) do not think it is necessary to use AI in spend 
analytics indicate the different standing points of the interview respondents which might be 
something to consider for strategic sourcing. Regarding where respondent (6) thought AI could 
be beneficial the answer was specifically: “I think that if you can link it to the design process 
and then we are more into supplier selection and negotiation rather than spend analytics”. (6). 

Although no interview respondents mentioned anything about savings tracking it is closely 
connected to spend analysis, as well as there can be beneficial to apply AI in spend analysis, 
the strategic sourcing function may benefit from it to also track their savings, since reducing 
cost is a major driver for them. 

4.2.3 Supplier Risk Management 
Many respondents from interviews believed that Supplier Risk Management is an area where 
strategic sourcing could benefit from applying AI. There were discussions on that the AI can 
provide better insights and support to use for supplier risk management, which on the other 
hand can be a foundation for supplier selection. The research field also suggests supervised 
machine learning to be used for risk mitigation purposes when selecting suppliers (Cavalcante 
et al., 2019), which also connects to the supplier selection. 

One respondent meant that AI can give enormous insights when it comes to risk by suggesting 
how to handle different situations (10). Another respondent was in line with the previous 
respondent and thought that AI could be used to get better insights and support during supplier 
selection and risk analysis for example: “Well, I think that is good. Sometimes you stand there 
and wonder where to start, and I have all the worlds foundation. It gets too much so you might 
start where you believe or where you have heard would be good... Then it is good to have a 
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support that limits it and says, "this is the area to look at", or "these factors should you 
consider.”” (17). 

Another respondent also believed that Supplier Risk Management is an area where there are 
opportunities to implement AI in strategic sourcing: “I know too little about AI but as we talked 
about regarding risk management, I really believe that, if anything, that's it. There is so much 
going on there, external factors, geographical, political risks as well as supplier-specific risks, 
financial risks, all such so it is a huge area...” (4).  

Literature confirms the previous statements from (17) and (4) suggesting that the AI could be 
used for risk management based on for example external factors, geographical risks, political 
risks as well as financial risks which have been mentioned in the literature (Kodiak Rating, n.d). 
Suppliers from third parties can also be categorized and the red flags uncovered (Genpact, 
2019). 

Another respondent also believed that risk management is an area where AI can support in. as 
they are manually gathering information about suppliers today such as credit safe information: 
“If you look at suppliers whether there is a risk or not, it is properly controlled and I think it 
can be done smart. There could be some AI there. There are so many parameters: how does the 
company go, what country it is in, how long transport...” (9 AI could also take external data 
and supplier data and then be able to uncover risks that are hidden, based on this data (Baryannis 
et al., 2019). 

A discussion about whether one could use AI in research of suppliers to, for example, not 
choose suppliers that are blacklisted, was done with one of the respondents from indirect 
material and services who said that it is something that is easier on direct material but that 
despite it, it is also very important for them: “...There is a great risk for us that we select a 
supplier who may be blacklisted for something in the US. If we sell a product where we have 
used a supplier that is blacklisted, we can either get the huge amount in fines or be blacklisted 
from sales in the US ... That must not happen!” (5). Literature is connecting to this by suggesting 
that in order to identify and create risk profiles on suppliers, AI technologies such as ML and 
NLP can be used (Genpact, 2019), which in this case would be preferable to have already before 
the supplier is selected. Moreover, Kodiak Rating (2020) is also suggested to provide risk 
profiles of the country in which the supplier is based in since these types of solutions that utilizes 
different risk parameters that could improve sustainability, such as ethics in business, 
environmental performance, economic and political stability, currency and labour rights 
indicating that there are many opportunities for AI in risk management and a suggestion for 
strategic sourcing to consider as well. 

Moreover, one respondent mentioned that there is one person that already works with a risk 
matrix that is supposed to take data from suppliers and then present them in Excel or in an app 
indicating that this is an area where strategic sourcing would benefit from it and might be 
supported by AI as well: “A person from strategic sourcing works with some risk matrix where 
we look at whether an RPA can facilitate. It is something that they do once a year and it takes 
a lot of time to pull out information about every single supplier we have and it is difficult to 
keep track of all the risk factors and you only update once a year. There is a lot that can happen. 
There we look at a solution that can retrieve data from all suppliers and present it in Excel or 
an app or something and where perhaps AI can be used for it. It is not just copy paste; it is not 
just rule-based." (15).  

As respondent (15) mentioned, it takes a lot of time to keep track of the risks regarding all 
suppliers. This could be solved by using for example Risk Methods (2020) solutions since the 
solution they provide is able to scan through millions of sources. These can include sources 
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from different databases and from media channels for example where the AI monitors the data 
and provide relevant information on real time risks about suppliers (Risk Methods, 2020). Also 
the respondent suggests the benefits from using AI as it is not as rule based as RPA is in 
accordance with (Accenture, 2017). 

When opportunities with digital solutions including AI were discussed with a respondent, the 
person also believed that digital technologies could be used in risk management although there 
are challenges: "You could be supported with digital solutions in risk management for example, 
but it is more difficult because it is not just collecting the data and get it. There are many 
parameters to consider there." (2).  

Supplier Risk Management seems like an area that would be beneficial for the strategic sourcing 
function, many important parameters can be considered to identify, monitor and flag risky 
suppliers. The key area can also be used a foundation for supplier identification and selection 
as well. 

4.2.4 Supplier Identification & Selection  
Several respondents also mentioned that supplier selection is a part where strategic sourcing 
could benefit from support by AI. The supplier selection is an important part as the final choice 
of suppliers should be able to deliver the products and services (Mällroth and Rafiey, 2016), 
that strategic sourcing requires. In addition, this part of the sourcing process also highlights the 
capability of extending or change the existing supplier base to the best possible for the strategic 
sourcing function and must not only be considered for a procurement case (selecting supplier 
for a new case). Tealbook (2020) shows that ML is possible to use in activities for selecting 
suppliers suggesting that AI can provide much faster support in real time (Tealbook, 2020), 
which strategic sourcing could benefit from since the analysis of selecting suppliers today is 
manually performed. 

One respondent which works in a company that has gone through a major digitalisation journey 
said that there will be no need for a human to perform the supplier selection in the future: “...All 
you have to do is to train the AI on the requirements the suppliers must have and then the AI 
can put together a request with the suppliers that fall within the scope of those requirements. 
Then the AI can send the requests and the supplier with the best price level will be selected. No 
human is really needed for it.” (10). Based on this statement, strategic sourcing could discuss 
whether this should be considered for them as well or whether their needs are different. As it 
seems that some at strategic sourcing at The Case Company would like to have some human 
interaction in the supplier selection process, it might not be desired to have it as automated as 
respondent (10) suggested. 

The supplier selection is today manually performed, at strategic sourcing function at The Case 
Company, as mentioned. The data used to evaluate the suppliers comes from QlikView based 
on a time frame between 10 months to one year, but the valuation is done manually in Excel 
and the data is exported from QlikView manually. A specific colour is used when choosing and 
ranking a new supplier. The colours represent preferred, competitive, new business on hold, 
phase out and potential. Preferred and competitive are suppliers that are allowed to choose 
between. New business on hold should be avoided. Phase out are actively moved away and 
potential are the new supplier that has just come in. Suppliers are rated on key performance 
indicators such as quality, delivery, cost and project and process development and there are 
some rules for example if you have two red a supplier cannot be rated as 2 or 1 and gets a 3 
when having two red performance metrics (7). By using AI in the supplier selection process, 
strategic sourcing could be supported by evaluating and catalogue their suppliers in order to 
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decreased cost as well as achieve efficiency improvements in line with what literature has 
suggested (Kosmol et al., 2019). 

However, the respondent (7) also suggested that it would be possible to apply AI in the form of 
supporting decisions during supplier selection. However, respondent (7) believed that it should 
not be entirely automated by AI but act as a support for strategic sourcing at The Case Company 
to make better decisions.: “Definitely, every time we have category meeting twice a year, 
quarters 1 and 4, I have to update everything manually. For example, turnover, someone who 
performs well or does not rate less. I update all figures myself. For drawings, I like to see that 
you still follow rules and people must talk because there are several factors you must think 
about… For example, this supplier has poor delivery, poor quality because they have a lot of 
new projects meaning there is a greater risk that it will be wrong. Then we can talk about it 
during category meeting and look at our key performance indicators quality, delivery, cost and 
project and process development. Also, if a supplier had a machine problem but now, they have 
solved this by purchasing new machines... Some soft stuff is needed but recommendation may 
be possible, for example "based on this, these two are recommended, confirm or not?" (7). The 
literature suggesting different intelligent algorithms to find the most suitable supplier based on 
criteria such as price, cost, quality and delivery for example (Kuo et al., 2010; Luan et al., 2019), 
which are in line with the KPIs for the strategic sourcing function. In addition, as this is only 
performed a few times a year, strategic sourcing might benefit from AI as the factors they are 
considering when evaluating and selecting suppliers might not be updated when they are 
discussed. As literature mentioned, AI can be used to support with time consuming tasks that 
are only performed annually (GEP, 2018). 

For supplier research, one interview respondent (5) thought AI can be used by calculating world 
market prices or giving suggestions on suppliers by linking the SAP system and supplier master 
data: “For research I have heard that you could use a lot of AI for calculating world market 
prices or get suggestions on suppliers. Linking our SAP with our supplier master data and then 
suggest which suppliers we should contact, based on a Gartner report.” (5). According to the 
literature, market conditions, product comparisons and real-time support could be provided by 
AI in the supplier selection (Kharkovyna, 2019). 

Another respondent also brought up the supplier selection as a part in strategic sourcing where 
digital technologies including AI, could be used to support: "In supplier selection, you can get 
help with digital technologies to find suppliers. Now you can scout websites, but it is still quite 
a manual job to go out and find new suppliers...." (2). 

Other opportunities of using AI in the supplier selection process was according to one 
respondent also to use some kind of market analysis tool in order to find the cheapest suppliers, 
which is not the case of today. The respondent said that today, suppliers are selected from the 
existing supplier base at the strategic sourcing function at The Case Company: “…some kind of 
market analysis tool, where is it good and cheap to buy which component? ... Today, I do not 
think that any major rational world market analysis is being done… It consists of suppliers who 
are considered safe, very much located in Sweden, China and Germany, where I purchase from, 
but we have pressure from above to reduce our exposure in Sweden. The reason many are form 
Sweden may be because strategic buyers do not have time to scout the market for good machine 
part suppliers. If you could get that kind of support… for example where to find the cheapest 
raw material… where can you buy the cheapest material ... it could segment where it is really 
best to buy our gears from. Is it only (naming a supplier) in Germany that makes gears of the 
best quality and best price or can you get the corresponding in Brazil? To get the world market 
price for our articles, I think we would benefit from it, because now we sit with our existing 
supplier base and select for new jobs... " (11).  
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As mentioned earlier, there are many capabilities of solving this problem with AI, which could 
enable the strategic sourcing function to extend or change their supplier base to reduce cost. 
For example, a market intelligent advisor has previously been suggested by Accenture (2018) 
and used to support when selecting the most suitable supplier. 

4.2.5 RFQ process  
Several respondents said they would benefit from applying AI in the RFQ process which is a 
foundation for the negotiation process, indicate that the RFQ process is a potential area of 
applying AI in strategic sourcing process. Although the RFQ process is not included in the 
framework from the literature when it comes to AI opportunities, it seemed to be an important 
factor based on the interviews. As presented in the literature chapter, the RFQ process is an 
important part of the strategic sourcing as it specifies what to be included in the necessary 
information about what to buy such as quality desired, payment terms and length of the contract 
(Mällroth and Rafiey, 2016; Mhay and Coburn, 2019). This could be a reason why many 
respondents believed it is a part of the strategic sourcing process they would benefit from 
applying AI somehow. Also one reason may also be that many perceive the process as time 
consuming and somehow inefficient. Additionally, the empirics show that this process has 
potential to be more digital with templates etc.  

Moreover, although the answers from the interviews suggesting RFQ process to be an key area 
of opportunities, it cannot be fully supported by the literature review in this study, AI is however 
capable of go through large amounts of data and identify patterns (Lee and Shin, 2018) and 
discover deviations (Baryannis et al., 2018), as well as go through and analyse texts (Hiremath 
and Patil, 2020) and analyse both structured and unstructured data (Handfield et al., 2019), 
indicating that AI would be possible to support parts of the RFQ process as well as it has a lot 
to do with documents. Also to support this further, the benefits from applying AI in procurement 
is among other things to free up time and automate manual tasks (Sievo). 

However, one respondent suggested that AI could be beneficial in the RFQ process for 
supporting the negotiation process since there must be a foundation for requesting a lower price 
when negotiations take place. There respondent believed it is an issue to update the system 
when there is a ramp up of a product, there is a lack of traceability and the respondent believed 
AI could be used to support the process: “In negotiation I must have concrete arguments why I 
want -3% reduction in price and there, an AI could be used. For products that have ramp up… 
if you buy for a new product you only need 50 first year and then when the product becomes 
more mature year 2 it will be 500, year 3 it might be 3000. It will not cost the same if you buy 
10, 50 or 100. Often we have scenario price for year 1,2,3 but the problem is that we have often 
introduced the new price in the system and then when we have new volume (when we ramp up 
to 500). Then it becomes lack of traceability… In that case, it could be more automatic.” (7).  

This is something that the study by Lee and Qu-Yang (2009) mentioned, that ANN could 
support in the negotiation process by forecasting the bid price, indicating that it is possible for 
strategic sourcing to use AI to support the RFQ process. In addition, cognitive systems can 
support humans in decision-making by making arguments (Handfield et al., 2019), which the 
respondent above could have benefit from in the RFQ process. 

The previous statement was also mentioned by another respondent meaning that it can be 
beneficial to have AI to support strategic buyers to follow-up on prices when components are 
ramped up in volume: “I do not know what could be classified as AI but we have a problem to 
follow-up on prices when volumes are ramping up. When I choose a supplier I choose the one 
with the best price at full volume, the one I see will have the cheapest price when we have full 
scale production… then the strategic buyer must follow up prices when products are ramped 
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up in volume. If you could get some form of automatic follow-up on it, someone who goes in 
and analyses how the volumes have fluctuated and give a notification to strategic buyers that 
this goes away and this should be able to lower the price due to the volume ramp-up." (11).  

Another respondent also suggested that AI could be beneficial in the RFQ process in order to 
speed up the process which would enable strategic sourcing to go out and ask and compare 
suppliers more often and that an AI software could look for the lowest price on for example 
components: “I would greatly benefit from having a faster RFQ process where you can more 
often go out and ask and compare suppliers. Which can be done at different levels, for example 
you can do it on a component on a card. Then there is more to what the suppliers should do 
and if we had an AI software that was always looking for the lowest price on components, we 
could forward this to suppliers….” (12). The respondent also suggests the RFQ process to be a 
good first step in implementing AI in strategic sourcing: "I think this is about sending out RFQs, 
compiling results, being able to compare RFQ responses, getting supplementary information 
etc... I think it is very manual today..." (12).  

In addition, the value strategic sourcing can bring from AI in the RFQ process was according 
to the same respondent: "Partly that you save time and I think you could do it more often. Send 
out more RFQs, challenge the supplier base more, maybe get suggestions of new suppliers… 
everyone struggles with sending out templates, it is rarely that you get the templates completely 
filled in so it is difficult to compare them." (12). If being able to speed up the RFQ process by 
getting support by AI and also be able do it more often might give strategic sourcing the 
opportunity to reduce cost if they get better suggestions on suppliers and also the possibility of 
spending time on more valuable tasks. 

When discussing general digital technologies including AI with a respondent, the respondent 
discussed about brought up that the RFQ process could be more automated: “For RFQ you 
make a request. When you have a new product, you could make it more digital. Now we do 
almost all documentation in Excel documents. I have seen that you can collect it in SharePoint 
templates and collect data, but it is not AI or blockchain but you can automate it better than 
how it is done today.” (2).  

4.2.6 Negotiation process 
The negotiation process is very close to the RFQ process and starts as soon as the strategic 
sourcing function has collected RFQs from different suppliers (Mällroth and Rafiey, 2016). The 
negotiation process was however a part of the strategic sourcing process where several 
respondents identified as a key opportunity area for applying AI. However, ANN can be used 
to forecast the bid price to support in the negotiation process or provide recommendations on 
which current bid price is the best (Lee and Ou-Yang, 2009). As presented in one study, 2,24% 
of the tender price was reduced using machine learning (Rodríguez et al., 2019). This is 
something that could be beneficial for strategic sourcing in order to keep costs down which is 
in line with their key performance indicators.  
 
When discussing where there are possibilities in implementing AI in strategic sourcing with 
one respondent, AI was mentioned to be a potential in the negotiation process: “I have only 
heard about this but an AI that negotiates with suppliers. I thought that was a bit cool.” (15). 
Another respondent is on the same track: “What I think most [regarding possibilities in 
implementing AI] is within strategic sourcing, where I think that negotiations should be possible 
to do, because it's really a game in some way but there is still data behind which one could base 
it on, and it would be able to understand.” (9).  
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Moreover, one respondent suggests that there are a lot of opportunities but excluding the human 
interaction in a negotiation where AI should not be applied: “I think you can do a lot. I have no 
example of what you can't do. In that case, it would be the human interaction in a negotiation.” 
(5). 

Moreover, AI was suggested to be beneficial for determine when it is best to go negotiate price 
based on commodity price and referring to an example: “Good examples are the long-distance 
telecommunications operators who came up when it was best to call someone whose phone, 
whose battery was running low so they could sell a new subscription. If you think from that 
perspective, for sourcing it will be like, as they must meet the needs of suppliers, when is it best 
to negotiate prices based on commodity prices and so on?” (6). Raconteur (2020) suggest that 
AI can be used to identify which day during a week the price is best (Raconteur, 2020), which 
might be based on commodity prices as respondent (6) suggested. It also indicates which day 
is the best to do the negotiations. This however reaffirm the benefits of applying AI in the 
negotiations process. 
 
4.2.7 Contract Management  
For agreements and contracts, there are some respondents who thought they would benefit from 
applying AI in this part of the strategic sourcing process indicating that this is a key area for 
applying AI. For example, an agreement pool with different contract versions was suggested by 
one respondent which possibly can be supported by AI to reduce the procedure of sending 
agreements to the legal department back and forth. For example, when suppliers do not agree 
on some part of the agreement: “We have a standard The Case Company agreement version 
and in that version, we have many words where suppliers often say "this part I cannot accept, 
that part I cannot accept..." and then we do negotiations. Our legal departments help us but I 
thinking that we can't do that next time when our suppliers say something about agreements, if 
I have 1,2,3 different versions that have been approved then it can give suggestions like “for 
this part, what do you think about it?” This is why I call it the agreement pool, that there are 
slightly different variants but that you can remember them. Otherwise, I myself have to go 
through them again, and then I have to ask the legal department again. I do not have the time, 
but if anyone can make every agreement have a standard, that we have a documentation, it will 
be much easier than instead of legally approving every time. AI can combine all agreements, 
insert them and scan and see the difference in the versions.” (7).  

As stated by respondent (7), contracts often are long and take a lot of time to go through and 
the fact that there are often different versions which can be hard to remember, AI could be used 
to support the process. ML and other AI tools are suggested for analysing and reviewing 
contracts with higher precision, reduced time and in a bigger volume (EY, 2018). As the 
respondent (7) believed that the AI could be used to combine different versions of agreements 
and be able to spot the differences in different versions as well as point out what should not be 
agreed on and give suggestions on what should be agreed on instead. This is supported by the 
literature where for example AI technologies can be used in order to extract the parts of critical 
data in contracts, for example payment terms, tables on pricing as well as termination clauses 
(Deloitte, 2017).  

Another respondent was on the same track as the previous claiming that there exists software 
that can read through agreements and point out where you have major risks in a company, such 
as the company Seal that was mentioned earlier: “...I think they use AI that can read through 
agreements and search for terms and words that can put us buyers at risk.” (5). The respondent 
(5) continued with: “Let us say that you get contract proposals from a supplier, it would be nice 
if an AI could read through it and say, "this you should not agree on". Because it can also take 
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time as well, to have someone review it. Legal is also a bottleneck, you as a strategic buyer 
must be able to read contracts and know what you can agree on and not.” (5).  

These statements are confirmed by the literature claiming that AI can ensure that suppliers are 
following the obligations and regulations in contracts and thus, improve compliance (Suplari, 
2020). Literature also suggest that AI can support organizations in to meet the contract 
requirements (Kharkovyna, 2019). This would also mean that the strategic sourcing would 
identify non-compliance cases more accurately. It has also been shown previously that AI 
technologies can read through documents and point out where there are hidden risks (ElectrifAi, 
n.d), as respondent (5) mentioned. 

However, one respondent mentioned that they are only managing a few contracts per year: 
“…we do not manage as many contracts per year. For us, there are fewer than 10…” (4). This 
was claimed by one respondent and is applicable for the specific category group the person is 
working in meaning that there are more contracts managed per year if including all category 
groups at the strategic sourcing function. In addition, as mentioned in the literature, AI can 
support with tasks that are only reviewed one or two times a year, like for example contracts 
that for some categories are not so many during a year but time consuming when the time has 
come to do it. There may be a risk that some factors to consider might be outdated when only 
reviewing for example a few contracts per year. Some factors regarding suppliers might have 
changed for example. This could however be supported by AI according to GEP (2018), 
meaning that AI can support with time consuming tasks that are only performed very few times 
a year (GEP, 2018). 

Based on the literature and the interviews, there seem to be a lot of opportunities of using AI 
for contract management which strategic sourcing also could benefit from. Seal software for 
example uses NLP to scan and interpret legal documents which also provides opportunities in 
saving (Seal, n.d) and also reduce cash leakage (ElectrifAi, n.d), for example. Also, if strategic 
sourcing receives a contract proposal from a supplier strategic sourcing would benefit from an 
AI that could point out what should not be agreed on in a much faster speed. In addition, if the 
AI would do the work instead of people at strategic sourcing, then there will be reduction in 
time spent for both strategic sourcing department and the legal department. 

4.2.8 Supplier Performance Management 
Supplier Performance Management is included in the framework from literature and was also 
identified in the interviews to be an area where AI could be beneficial to be applied. One 
respondent however believed that AI could be beneficial to get from support to, for example, 
find problems and get indications of the supplier performance: “...it is clear that from the 
QlikView view where you see how many QN (quality notifications) you have, you might want 
to get more detailed information about it. Or that it says that now, this supplier is dropping. 
There is always the human factor that you press wrong and miss, with this [AI] it would come 
up anyway, that someone responds that this supplier is not delivering above 95% which is our 
goal or requirement. That it gives a loud notification.” (17).  

As suggested by the literature, using data on historical purchase orders and supplier deliveries, 
AI can reveal issues related to process and performance (Tan and Lee, 2015), indicate that this 
might be applicable for the strategic sourcing function as well, confirming the statement from 
respondent (17). In addition, AI solutions have the capacity of predicting problems by analysing 
the quality deviations data but also identifying which among the suppliers are performing good 
or bad (Kodiak Rating, n.d), confirming the statement from respondent (17) who would benefit 
from this solution. 
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One respondent believed that traceability can be improved by AI and are areas the respondent 
believed would be beneficial: “In QlikView you can see the traceability 3 to 4 years. Many 
times, in casting where it is the same detail with same defect when the tools are worn out it is 
more than 4 to 5 years. So historically, the traceability would be tremendously good to see. For 
example, if it is a similar quality notification that is recurring for the same item. Today I have 
to go in myself and search, "ah but how many QN (quality notifications) does this article 
have?", instead of it popping up. I absolutely believe that there are many different opportunities, 
I do not do so much with the quality but at the same time I must express it to suppliers and keep 
track of it. We work a lot together and it would be good if they saw the same view as us.” (17).  

As respondent (17) confirmed, the respondent would benefit from keeping better track on the 
quality performance metric of suppliers as it needs to be expressed to suppliers. If this could be 
solved by AI is not fully confirmed by the literature but as AI is based on a lot of historical data, 
it might be possible for the AI to analyse data on recurring detail defects and then predict when 
the tools might be worn out, as one capability of AI is to predict the future based on data 
(Chopra, 2019; Dwivedi, 2019). The literature however state that ANN can be used to identify 
efficient and inefficient suppliers but also forecasting the future efficiency of suppliers. This 
can be favourable for decision making and be used for preventive actions (Shabanpour et al., 
2017). However, AI can be used for supplier performance management and the strategic 
sourcing function would benefit from it as it also may improve SRM, according to the statement 
by respondent (17). 

Another respondent meant that, since all data on purchase orders are in ERP systems, then the 
data could be utilized by the AI in order to find opportunities regarding suppliers, based on 
previous projects and how they have performed in different situations: “I think in terms 
of purchase orders we have all of this history in our ERP systems already. I think what we can 
do is analyze this data, the frequency of engagement with them and the kind of complexity of 
the project and we could see something like “these are the vendors who have accomplished 
their work very well with minimal cost, these are the ones which were more expensive for us 
but had more quality, and these are the ones where our project was not so happy when the 
vendor was costly. With such analysis, we can evaluate certain strategy partners we could work 
with.... Some candidate vendors could be very good in doing short-term engagements and are 
very competitive in terms of price.” (16). 

By utilizing and analyze data, strategic sourcing could according to the statement from 
respondent (16) benefit from new opportunities regarding suppliers. For example, by being 
more flexible and choose suppliers based on the certain project, strategic sourcing could be 
more accurate by selecting those who perform better in short term projects or those who perform 
better in long term projects, depending on what is required for the certain project or product, 
such as cost or quality metrics for example. If for example utilizing the capability of AI to 
forecast efficiency of the performance of suppliers (Shabanpour et al., 2017), the strategic 
sourcing function could benefit from many capabilities in this key area of applying AI, and as 
a result, increase savings. 

4.2.9 Other Benefits of applying AI 
There are also general benefits of AI in terms of automating things, make own decisions, give 
suggestion on how to do sourcing which has been suggestion by one respondent (10) meaning 
that: “AI will give us more free time which can be spent on innovation, Supplier Relationship 
Management building relationship with new suppliers and improve relationship with suppliers 
and customers. All this because we can utilize the data better.” (10). This statement can be 
confirmed by the literature where AI is suggested to be used to create valuable partnership with 
suppliers in accordance with Kodiak Rating (n.d) which provides these types of SRM platforms 
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including advanced analytics, which is something that strategic sourcing could benefit from as 
well as partnership with suppliers is one of their major drivers. 

Another respondent was also on the same track: “Whenever I think of AI I think of 
a predictive and a guiding opportunity for any business or technology.  So whether it is in the 
decision making or it is in sourcing, spending, saving, service I think they 
are different platforms that we can use AI to reduce the cost I would say, to increase the 
productivity and to make our branch more profitable.” (16).  

4.3 Challenges and Risks  
There are opportunities of applying AI in strategic sourcing but there are also challenges and 
risks of applying AI in strategic sourcing that seems to be important to consider. The challenge 
and risk factor has shown in interviews to be an important factor to consider if applying AI in 
strategic sourcing. It was also included in the in the framework built in the literature chapter 
but as added key areas of challenges and risks that have been identified during interviews: 
factors regarding organizational, AI technology, security and cost challenges and risks. 

4.3.1 Organizational challenges 
Most of the challenges brought up by interviews were regarding organizational factors. 
However, the results from interviews indicate that some respondents believed that there is a 
challenge for strategic sourcing to implement AI since many might not be willing to do what it 
takes, many are used to do things in a certain way and may not be willing to change the behavior. 
However, this view was not supported by all respondents as some respondents had a more 
positive view suggesting that many are open for change if it improves something in their daily 
work.  

However, one challenge if applying AI in strategic sourcing that has been suggested by many 
respondent was the fact that the strategic sourcing processes lacks a process owner or process 
governance. One of the respondents (15) meant that it had been an issue in previous projects 
using advanced technologies and lead to projects ending: “...what I lack there is a process 
owner for all processes” (15). The reason why is according to the respondent: "Our processes 
span between several departments. So we are divided into functions, we have strategic sourcing, 
we have IT, we have finance. We are not used to anyone having the overall responsibility for a 
process.” (15).  

Another respondent brought up the same issue regarding the lack of a process owner showing 
the importance of considering this factor: “Today, nobody owns the processes in strategic 
sourcing and in order to be able to implement and use AI technologies, an owner of the 
processes is required.” (3).  

As this is brought up by more than one of the interview respondents it indicates the necessity 
of having a process owner of the strategic sourcing process in order to apply AI in it. 
Respondent (3) continued by explaining why it is important to have a process owner if 
implementing AI: “The challenges are really, is the process well defined, is it clear, do we have 
control over it, do we have a clear owner, how should it be operated. It becomes even more 
important that someone is responsible for it if you automate it.” (3). As many respondent has 
been brought up the importance of process owner and governance it seems like a factor 
important to consider if applying AI. 

Another risk suggested by one respondent is that some tend to use a technology just because 
somebody else does it and that it is easy to build 10 bad processes instead one concrete process. 
The respondent also suggested that it is important to consider the challenges and carefully find 
out how technology can actually solve these challenges: “I think the risk arises if you implement 
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technologies just because it is technology.” (6). The same respondent also had a solution on 
this: “If you instead think about what are the challenges and how technology solves these things, 
and take the opportunity to modernize the processes, then I think you will minimize the risks.” 
(6). 

The Case Company seems to build their own systems very often, which could be a challenge if 
applying AI or other digital technologies in general according to the following statement by one 
respondent: “The Case Company is a lot for homemade things and what is scary about home 
made things is that it needs service, which you think does not exist. For example, updates on 
something that does not work. That cost is not really visible.” (5). Based on this statement it 
might be beneficial for strategic sourcing to consider whether to build internal systems or buy 
an AI system if starting an AI project in the strategic sourcing process. 

Another respondent brought up a challenge of applying AI because to some people in The Case 
Company seem to be against change: “... Many external people who started at The Case 
Company in recent years are pro change. Perhaps unlike those who have been here for a long 
time who instead question it... Many think “why touch a winning concept? ". While I certainly 
think we can find something even better.” (17).  

One respondent gave the previous statement a confirmation and said: “It is a relatively new 
thing for me. I have worked with sourcing all my life. There are so many who get used to what 
they are doing and do not discover what is wrong... you do not think there can be an easier 
way.” (7). This statements indicate that there is important for strategic sourcing to consider how 
they should make people understand the AI technology and the benefits of applying it.  

Another respondent however believed that a challenge could be that people are working 
differently: “I see no hinders, in that case it would be that people are working with different 
things.” (12). Based on this statement it could be beneficial for strategic sourcing to consider 
how they work, how the processes are, in order to find relevant use cases for applying AI. This 
could be evaluated at the same time strategic sourcing function is evaluating how they would 
benefit from AI, since the entire process may need to be mapped to understand where AI could 
be beneficial. 

Another respondent that works in another strategic sourcing organization was on the same track 
claiming that change management to be important as well as having the right skills, which is a 
challenge to tackle: “Challenges is to find the right competencies but also change management 
because it needs to be consider carefully since many are afraid that AI will take their jobs from 
our co-workers. Here it is important to be clear that it does not take their jobs, this is not the 
primary purpose. The purpose is to be able to concentrate on innovation creation and SRM.” 
(10).  

As respondent (10) said, the working time that the AI will “take over” is not supposed to make 
people unusable and unemployed. But as many fear it, it indicates the importance of 
communicating the opportunities and in order to do it, change management could be beneficial 
for strategic sourcing at The Case Company as well. For example, by communicating that AI 
can make it possible to spend more time on SRM or other valuable activities such as innovation 
as respondent (10) claimed. In addition, as it has been presented in the literature review, that 
projects can stop if soft factors such as cultural and organizational factors are ignored which 
however is a common problem in many organizations (Roland and Berger, 2018). 

When one respondent was asked about challenges and risks with implementing AI, the answer 
was about the challenge of understanding what AI does and that it is easier to understand what 
an RPA can do: “Perhaps with AI, there is a great risk that people will not understand what the 
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solution does. With RPA, we have to document everything in every detail so... because it is rule-
based and you have to know all the rules that you program. We have a very detailed 
documentation about everything the robot does... But when it comes to perhaps ML, it is 
algorithms that calculate forecasts on how things behave. Then it will not be as easy to 
understand what it does and how it came to a certain decision or recommendation. That is why 
it is so important that the input is correct…” (15).  

This statement is connected to what another respondent said, who believed that the biggest 
challenge is to use the logic that is possible, since people need to know where in the process AI 
can be applied (12). This type of challenge was also confirmed by literature where Deloitte 
(2018) claiming that it can be hard to understand the technology, which is a challenge for many 
companies. This also connects to the previous statement about the importance of 
communicating the benefits of AI and what it does as many might not understand what AI does 
at all and therefore there might be risk of resistance. Therefore, this is another factor for strategic 
sourcing to consider if applying AI. 

A factor that seemed to be important to consider if applying a technology was according to one 
respondent that it is better to have a culture that focus on building one good process instead of 
10 bad ones, as it is easy to want to try out much of a technology instead of focus on one use 
case that actually bring value: “…Especially when implementing technology, it is very easy to 
“let’s try out everything”, instead of building a concrete process, we build 10 bad ones that we 
dispose.” (6). Based on the above statement, the sourcing function at The Case Company might 
benefit from evaluating how it approaches to technology and by that, focus on building one 
good process that actually works and bring value. 

This is also something that could be connected to the fact that The Case Company is a 
decentralized organization which was also a risk factor claimed by (6) as it is gives space for 
every business area and departments to work differently than other parts of the organization. It 
is common with silo projects and the respondent claimed that the most successful projects have 
been those who have involved different departments in the organization: “If I look at successful 
projects that we run, we have representation from different departments, different views from 
IT for technology, from a finance perspective by Finance and in Marketing managing sales for 
example.” (6). As this has been done with for example the RPA and Intelligent Automation 
project for direct team at the strategic sourcing function, it might be something that is not always 
beneficial for strategic sourcing as that project did not take any steps further within strategic 
sourcing. but seem to be important to consider. However, it seems like an important factor to 
consider because the project has been successful in one of the other departments. 

Another respondent also mentioned the issue of being a decentralized organization “I think the 
biggest challenge that we have is a decentralized setup. At least every business here 
independently persuades its projects… so we have sometimes invested in different technologies 
that are doing the same thing, separately. So instead, we should always work towards having 
a more strategic platform which is central that everybody can leverage on and use.” (16). The 
respondent meant that this was applicable for an AI platform as well. However as stated by 
respondent (6) it seems to be important to work cross-functional and involve different 
departments to successfully apply AI and having a centralized AI platform could enable it 
easier. 

There could be discussions on whether there is a challenge to be a decentralized organisation if 
applying advanced technologies including AI or not. However, one respondent meant that it is 
not a prerequisite but it is easier if there is a centralized organization which is a transition the 
company this respondent works within has gone through regarding digitalisation: “It does not 
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necessary mean that it is negative, on the contrary, it is very positive but if you use the same 
processes and do it in the same way, and having the same system, then there is nothing that 
hinders and it goes much faster. If you have different processes and different systems, then it 
takes more time since the solution might need to be adapted to all regions and then it gets more 
expensive.” (10). As the respondent meant, having a decentralized organisation is not a 
prerequisite if applying AI but there might be a factor to consider as it seems to take more time 
and be more expensive if there is a decentralized organization, and cost is a major driver for the 
strategic sourcing function. 

4.3.2 Technological  
Other challenges have to do with the technological foundation and the constraints and issues 
regarding the technology and the infrastructure it needs. One respondent which is researching 
in the field of AI said that today AI systems lacks the ability to explain why it came to a certain 
decision (13), for example why it suggested a certain supplier you should go for: “I mean some 
risks might be that a lot of these AI systems these days lacks explainability, so they might give 
you an output like “this is the supplier we should go for” without giving you the reasons why 
it's making that decision which can be a challenge maybe if you want to like investigating into 
that.” (13). This is confirmed by literature claiming that the underlying drivers that the 
decisions and outputs are based on from the AI can be hard to understand (Deloitte, 2018), as 
mentioned earlier. 

This was also somehow confirmed by another respondent claiming that an RPA is easier to 
understand than AI explaining that it will be hard to understand why the AI came to a certain 
decision (15). As an RPA is rule-based and AI is more based on judgements (Accenture, 2017), 
this could be a challenge that is needed to be considered.  

Another constraint with the AI technology which seemed to be a factor to consider was 
mentioned by respondent (13) suggested that there is also a risk of biases when the AI for 
example suggesting a certain supplier to choose: “There could be some biases so for example 
always choosing a certain supplier based on some data that it is trained on but that might not 
be what human would choose, again it lacks common sense and so on.” (13).  

Regarding the integration of different systems, storage locations and platforms with data used 
in strategic sourcing, one respondent believed it will be a challenge to integrate the data because 
if there are different business systems as sources, standardization is required, when it comes to 
the identity of the supplier for example. So according to the respondent (8) there is a need for 
master data management projects to set the standards “... That is the first thing and then 
integrating the data is the next step, to be able to transferring it. A customer may exist in several 
places and ensuring it actually has the same identity everywhere, so we can see that it is the 
same customer. Same with suppliers, this supplier is also a supplier to several factories…” (8). 
According to Roland and Berger (2018), poor quality of data is a result from the problem of 
disintegrated IT-systems and is a factor that strategic sourcing may need to consider. Having 
bad quality of data might end up in providing bad decisions from the AI (Roland and Berger, 
2018). 
 
Bad quality of the data was however brought up by one respondent when it comes to the risk of 
applying AI: “I would say the purity of the data. How good our data is because the AI is as 
good as the data. So if we feed in the data which is not correct and inconsistent, we could end 
up having wrong predictions that could jeopardize the operations as well.” (16). This is also 
suggested by Wagner (2018) meaning that in order for the data to be used by AI, the data must 
be collected, then cleaned and not to mention, be normalized (Wagner, 2018). Ensuring the data 
quality of today at the business area the strategic sourcing function works within, was among 
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the challenges brought up by respondent (16): ”I think we have a lot of separate silos of data 
with terminology specification, so we're not there yet. there's a lot of improvements that we 
need to do.” (16). In order to counteract this problem, the respondent said that they are trying 
to build a more centralized system to counteract the problem of data silos. Data silos are brought 
up to be a common problem for many organizations according to Roland and Berger (2018).  
 
Another respondent meant that best practice solutions are preferred but there could still be 
challenges with the already existing system. since there are a lot of adjustments in SAP which 
could cause difficulties in integrating it with an AI solution: “I am very much for best practice… 
now that we have made so many adjustments in our SAP and we have it customized, the service 
of it becomes expensive. Then, when you want to buy an off the shelf system then it does not 
work because we have a lot of drawbacks in our SAP. So I think that if there is a company that 
sells a product that they reconsidered a lot and are good at, then you should use it to a greater 
extent than building things yourself.” (5). 
 
In addition, another challenge is to overlook the security issues that comes with managing 
enormous amount of data which must be considered. One respondent brought up security issues 
regarding AI, with a focus on the data protection, meaning that it may be important for strategic 
sourcing to consider if applying AI: “I think the risk is that most of the platforms that provide 
AI are on the cloud and if we start moving our data to cloud there is always the kind of an 
apprehension how safe it is, because it is already sensitive data that we want the AI to consume 
and provide us with predictions. So, there is always a risk of security that we carry with any 
such decision...” (16).  

Another respondent also suggested security issues regarding AI, meaning that these questions 
should be considered: “…How do we secure it; can we take it over manually? Can people still 
do it? Will we retain the expertise? Do we have a backup? Do we rely on the technology? It is 
important to always carry it with you.” (3). Based on this, it seems that it would still be 
important for the strategic sourcing function to have knowledge in the process and 
understanding on how the AI works, even if they AI would do the work. 

4.3.3 Cost 
Cost as a challenge was also identified during the interviews as a factor that seem to be 
important to consider and is included as a factor in the framework for challenges. It is also one 
of the major drivers for strategic sourcing indicate its importance also if applying AI.  

One respondent pointed out high cost as a challenge of implementing the AI technology and 
mentioning for example that they only review about 10 contracts per year meaning that it might 
be unnecessary to have AI reviewing it: “... it certainly costs a lot of money… it is probably 
more costs that I am worried about in relation to the benefit. At this stage where AI is fairly 
new, will it pay off for us at all?” (4). 

Another respondent believed that everything is possible when it comes to implement AI and 
ML but that the challenge is rather the size of the team of the indirect team since the solution 
would cost a lot then. However, the same respondent thinks best practice solutions might be a 
solution to consider for this challenge: “I think everything is possible, but we are so small so if 
you just imagine indirect strategic buyers, the cost will be too high to develop this. Therefore, 
I think it is best to buy ready-made solutions.” (5). 

4.4 Readiness and Maturity 
It was also found through this study that a certain degree of maturity and readiness seem to be 
important to have in order to apply AI in strategic sourcing, and has therefore been an important 
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part to consider in this study. This factor was assessed both through interviews but also with 
supporting information from company documents and discussions with employees at the 
strategic sourcing function. However, this factor was therefore added to the framework that was 
established in the literature review chapter and includes sub-factors regarding the readiness and 
maturity of the strategic sourcing function to apply AI. These include digital initiatives at the 
Case Company, technological foundation and organizational readiness and maturity and have 
been identified for many interview respondents and indicate the level of readiness and maturity 
to apply AI in strategic sourcing. 

4.4.1 Digital initiatives 
In order to understand how Artificial Intelligence is applied in strategic sourcing department at 
The Case Company and to assess the degree of readiness and maturity of applying AI, the 
previous digital initiatives have been mapped out, to give an understanding on what has been 
done previously, is currently done or planned when it comes to digital technologies and AI. 
Based on it to the readiness and maturity of applying AI in strategic sourcing have been assessed 
to some extent. By discussing with and interviewing internal employees at the strategic sourcing 
function, the current digital projects were mapped in Table 2.  

Table 2. Mapping of digital projects at strategic sourcing function at The Case Company. 

Project Process/responsible Technology Procurement process 
part 

Spend analytics project Spend analysis Analytics Strategic 

Cost-estimation tool 
project 

Supplier Value Engineering/Project 
Purchasing 

Analytics Strategic and Operational 

RPA & AI value 
assessment for direct 
material 

Identification in all processes 
(including for Finance, Logistics 
and HR) 

RPA and 
AI technologies 

Strategic and Operational 

Indirect value hunt  Several RPA and AI 
technologies 

Strategic 

 

Cost-estimation tool project - direct 
There is currently a project utilizing a cost-estimation tool and is initiated and owned by 
Supplier Value Engineering. Since 70-80% of the total cost is set in the starting point of a 
product, there is not much room for cost reduction in the later phases. By optimizing the 
construction of the products there may be incentives of reducing the material usage. The 
application reads the technical documentation, drawings for example and then the system can 
simulate the should cost which means the cost the product should have. This project does 
however not include AI technologies. 

Spend analytics platform - indirect 
Indirect has initiated a spend analysis platform together with a supplier that are specialized in 
spend analytics solutions. As the indirect category is quite new, the categories are not yet 
defined thoroughly. The current categorization can be found in SAP but it is not used due to its 
complexity. Instead, in terms of categorization indirect sourcing has chosen to use the 
procurement platform company spend analytics in order to redo the category tree and is 



 

 57 

considered to be an alternative to building a spend in QlikView, which is the visualization tool 
used by the direct categories. This project does however not include AI technologies yet. 

Robotics and Intelligent Automation Value Assessment - direct 
Last year, Strategic sourcing at The Case Company together with Finance, Logistics and HR 
started a project in order to assess the value from implementing RPA and Intelligent 
Automation/AI relevance. From the assessment, automation potential from a scale of 
High/Medium/Low was assessed and grouped. Regarding Automation with Artificial 
Intelligence the result from the assessment indicated some processes where the technology can 
be implemented. The assessment and showed that 64% of the total processes of Finance, 
Sourcing, Logistics and HR had AI potentials. In the case of Sourcing, the processes identified 
had a Medium potential estimation. In these processes the type of AI opportunity was identified 
and in most cases for strategic sourcing ML algorithms have been identified as the type of AI 
potential. See Table 3. (The Case Company Robotics Value Assessment Final Presentation, 
2019). Although there were some selected use cases including AI that were selected to be more 
investigated, the project did not take any further steps in strategic sourcing for neither of RPA 
or AI. It however started to focus more on the invoice process related to Finance instead.  

Table 3. AI Scanning Insights for the strategic sourcing function specifically (The Case Company Robotics 
Value Assessment Final Presentation, 2019). 

 
Process Opportunity 

Strategic 
Sourcing 

Analyse 
market  

Decision support with Machine Learning to analyse and predict changes in 
vendor components. 

Strategic 
Sourcing 

Search and 
evaluate 
vendors  

Decision support with Machine Learning to enhance evaluation of vendors. 
Support to category review and negotiations by analysing TCO and other 
variables, cluster vendors and flag risky vendors. 

Strategic 
Sourcing 

Manage 
RFI/RFQ 

Decision support with Machine Learning. Analyse RFI/RFQ answers and 
cluster for selection. 

Strategic 
Sourcing 

Negotiate terms Decision support with Machine Learning. Follow up on TCO, flagging 
deviations & prediction of deviations. This is value input in negotiations. 

Strategic 
Sourcing 

Supplier 
Review 

Decision support with Machine Learning. Support Risk Assessment and 
Supply categorization. 

 

However, the strategic sourcing processes (for direct material) were identified as not mature 
enough to be automated with RPA and was raised by one respondent: “We realized that the 
processes are not mature enough for automation as there are too many deviations. RPA is not 
so flexible; it cannot learn by itself.” (3). However, the results and documentation on process 
steps from this project are of value and can be a foundation to be used if applying AI in the 
strategic sourcing process, although it might require to be further developed. 

Value hunt Source to Pay - indirect sourcing 
A value hunt was also made on indirect sourcing to find more opportunities with digital support 
which has been described by one respondent: “To find more opportunities we did a new value 
hunt with design thinking focusing on users' needs, and pinpoints. To identify needs and 
problems, interviews were conducted and attempts to draw flows and identify where we have 
the problem areas and what would the optimal flow look like, how can we get better with the 
help of automation and digital support?” (3). By investigating the processes three identified 
areas where found as pain points: 
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• Strategic sourcing activities (S2C) 
• Ordering devices (P2P) 
• Hiring consultants (P2P) 

By investigating these processes deeper, 14 concepts were created and for each concept, 5 
technologies have been mapped out which were considered to have potential in improving the 
processes above:  

• Robotics Process Automation or API integration 
• Optical Character Recognition (OCR) 
• Chat bots 
• NLP 
• Advanced Analytics 

In addition, New system needed to support the concepts were also identified in each concept. 
However, the project has not taken any further steps in with any of the identified concepts with 
AI technologies although it might have helped to identify problems and opportunities for them 
to be of value in the future. 

Other digital initiatives at The Case Company  
There are different digital initiatives and projects running or planned at today at the certain 
business area where the strategic sourcing function belongs to. There are ideas on using NLP 
to create texts for monthly reports in the various divisions: “We have ideas about looking at 
NLP, the part of reading and understanding text. Our second track of NLP is more about 
creating text and based on data, processing text to identify what is content in a monthly report. 
There are many such in different divisions and levels of monthly reports, everyone works with 
them, so it is somewhat recurring” (3). A chat bot named Cleo has also been introduced for 
global HR support function at the specific business area at The Case Company and is still 
existing. She takes care of maintenance for them and is a part of the team (3). 
 
Smart Automation is the project at the business area the strategic sourcing function lies under 
and works with advanced technologies such as AI technologies. They have for example been 
involved in a project including machine learning although the result was not what they 
expected: “The plan for Smart Automation is to test new technologies of AI. We have had a 
track to look at an outlook interpretation engine as an email assistant, started with a proof of 
concept on the machine learning algorithm, the part on how to classify different emails into 
different categories and create automated responses… We see that to get to this automation, it 
is necessary to have connections with more analysis parts which validate these answers, pick 
data from SAP. You need to do more integrations to get to that automation.” (3). 

Summary Digital projects 
The various digital projects and initiatives initiated and running at The Case Company today 
indicate that it is open to digitize processes and parts of the company. In addition, the value 
assessment project showed that 64% of the total processes of Finance, Sourcing, Logistics and 
HR had AI potentials meaning that there are possibilities of applying AI. Based on this, strategic 
sourcing can be assumed to be ready and mature for digitization and implementation of 
advanced technologies such as Artificial Intelligence. In addition, Smart Automation has 
planned a project including Natural Language Processing which they aim to use in monthly 
reports for various divisions in the specific business area at The Case Company. However, the 
challenge with finding opportunities for applying RPA in strategic sourcing was that the 
processes were not considered to be sufficiently mature, according to respondents (3) and (15).  
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However, as RPA and AI is not the same technology, the immaturity of the processes must not 
be the matter for the case of applying AI, although there are identified challenges and risks of 
doing it which has been presented in 4.3 section. However, as described in the literature, RPA 
performs more simple human tasks while AI simulate human intelligences where robotics may 
be included (Sievo, 2020; Wu, 2019). AI can support strategic issues of complexity form which 
an RPA cannot do in the same way because it only performs the same thing that a human would 
have done with a pre-programmed algorithm, while AI can learn to do something intelligent 
and continuously learn and improve itself (Sievo, 2020; Wu, 2019; Deloitte, 2018). 

4.4.2 Technological  
The technological foundation of implementing AI in strategic sourcing does not seem to be a 
major problem but has been included as a factor in the framework for Readiness and Maturity 
since it indicates the level of maturity and readiness of applying AI in the strategic sourcing 
function at The Case Company. To be clear, the technological factor was an independent factor 
in the framework established in the literature but has now been included as a factor that 
intersects in Challenges and Risks, Readiness and Maturity as well as Enablers.  

In terms of the technical aspect, strategic sourcing is ready to implement Artificial Intelligence 
in the strategic sourcing process according to respondent (6) which work within IT and claims 
“We wait until someone comes and say hey we would like to do this.” (6).  

In addition, the company is going through a technological shift and moving towards Microsoft 
Azure and using a data lake, which could enable more advanced technology such as AI to be 
applicable: “SAP will still be a major part of the data source but instead, we getting data from 
different sources in a data sheet from Azure, and building structures around it and storing 
data.” (8).  

However, in order to be able to enable AI in strategic sourcing and at The Case Company in 
whole, some respondents believed that it is important to not develop own platforms to apply AI 
as this has not been successful in the company previously: “Historically, we have almost never 
succeeded with platforms that we have developed by ourselves; we are not the type of 
company… I would rather have a standard platforms and modernize our processes than 
continue to develop our own. An implementation was made with SAPs sourcing platform several 
years ago.” (6). According to the respondent this project failed because of people did not know 
how to use it and because there was lack of the data required to fill the platform with (6). As 
the project failed because of the lack of required data, it indicates that an accurate data collection 
is necessary for enabling AI, and something for strategic sourcing to consider. In addition, to 
avoid failure it might also be important to consider soft factors (Roland and Berger, 2018), as 
people did not understand the new system.  

This view was supported by respondent (8) also claiming that there is a risk of losing knowledge 
of own processes when outsourcing everything which needs to be considered: “…we have been 
more towards SAP being the core and using the best of breed system that is specialized in a 
certain thing and integrating it… I do not think we should develop our own systems, but we 
should be part of the projects, so we learn and understand how everything is connected and 
how it is set up and have some of the knowledge. If you have knowledge of your IT systems, you 
also have knowledge of your processes then we outsource it and we lose knowledge of our own 
processes.” (8). A good point regarding this statement might be that although strategic sourcing 
might benefit from outsourcing a procurement platform including AI solutions, but being part 
of the projects would be beneficial to understand the processes and thus, retain knowledge.  

Respondent (8) continues by explaining that the new ERP-system includes AI capabilities but 
that it is also possible to use AI on top of the existing SAP systems such as procurement 
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platform providers such as those that have been presented in the literature chapter: “With the 
ERP core component, the new one called S4, there are some built-in AI and RPA components. 
But also using AI on top of existing SAP system is possible and quite likely.” (8).  

Like Accenture (2020b) has suggested, there are some components that seem beneficial to be 
considered which The Case Company seems to be doing already. This however reaffirm that 
The Case Company is mature enough to be able to provide a solid technological foundation for 
strategic sourcing function to use if applying AI, although there are some technological factors 
that needs to be considered in order to apply AI, which will be presented in 4.5.1 Technological 
Enablers. 

4.4.3 Organizational  
Many interview respondents have been discussing around things that indicate the organizational 
readiness and maturity of implementing AI in strategic sourcing and has been included as a sub-
factor in the framework for the factor Readiness and Maturity. One challenge regarding the 
readiness and maturity seem to be to understand what AI can do and to really find a good use 
case since many respondents may be more familiar with RPA due to previous projects. 
According to one respondent it seems to be easier to understand it as RPA is very precisely 
documented while with the case of applying AI in strategic sourcing, it might be harder to 
understand what the technology actually does or why it came to a certain conclusion. This is 
also confirmed by one AI researcher (13) mentioning that the AI lacks ability to explain, which 
was presented earlier. Although the RPA and intelligent automation project indicated that the 
processes at strategic sourcing are not mature enough for RPA it does necessarily not mean that 
they are not mature enough for AI since RPA and AI are not the same technologies. AI utilize 
both structured and unstructured data and can learn from doing continuous improvements of 
itself (Handfield et al., 2019; Kaplan and Haenlein, 2020). 

However, other respondents mean that The Case Company in whole is not really ready as the 
culture is very much “do it your own way”: “I do not think the whole company is really mature 
for that [AI]. You want to but you are not prepared to do everything that is required, and I think 
that reflects strategic sourcing in general. You want to go there, you talk a lot about 
digitalization, you talk about doing things very smart ... you have to take and make new RFQ 
templates, then it turns out that the indirect team working on one and then all of a sudden you 
are told the same day that project purchasing also works on one. Why not work together then? 
It does not feel like we are ready, everyone wants to go their own way. That's my biggest 
problem since I started. In The Case Company book it is, after all, "The Case Company Way". 
And that is true, many do self-management instead of working together.” (17).  

In line with this was suggested by another respondent: “The organization is not really ready for 
this, we need to change our way of working…” (15). As it seems, there might be a prerequisite 
to change the way of working if applying AI as the current way of working may make the 
implementation of AI more complex as people might be unwilling to do what it takes. However, 
it might be a challenge for the strategic sourcing function to force a change as this is in the very 
core of the company as it is decentralized. 

Another respondent stated that the strategic sourcing function and the business area in which 
strategic sourcing lies under has come more far than the beginning but still have some work to 
do in order to be fully mature. For example, the processes do not seem mature enough and the 
governance of them is non-existing. This has been suggested as a challenge and risk and also 
seems as a measure of maturity and readiness of applying AI: “I would not say that we are at 
the beginning, we have already started looking into it we have started developing the platforms 
but we do not have a mature process, a proper process governance around that yet…. a clearer 
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vision on this strategy as well needs to be there….” (16). Having a proper process governance 
has been suggested earlier, showing that it seems as an important factor to be able to apply AI. 

However, another respondent had a more positive view on the maturity of strategic sourcing at 
The Case Company and believed that strategic sourcing is mature enough for applying AI if 
there is a clear purpose and how to benefit from it: "... if you see the benefits of it, most people 
are very open to change, as long as you see what the benefits are... I mean there are many who 
struggle with different things in their daily work where it [AI] could be of use. If you can show 
what it is and what you can do with it, then I think most are open and interested. I see no 
obstacle, it is probably the opposite, it is probably very good. I mean everything that can 
facilitate wants people to use. In other places many see it as a threat and think it will come and 
take the job, but I do not think that anyone thinks so here.” (12). 

As been suggested in this section, there are organizational factors that indicate the readiness 
and maturity of the strategic sourcing function and can therefore be a support if applying AI in 
the processes. 

4.5 Enablers 
According to the interviews, AI enablers has also shown to be an important factor to consider 
if applying AI in strategic sourcing, and has therefore been included in the framework as an 
important factor. The sub-factors that are included in this factor are both based from the 
framework built from the literature review but other factors identified from the interviews also 
seemed to be important to consider in order to apply AI in strategic sourcing. In the framework 
of the literature, the sub-factor technological factor was identified in the literature and in the 
interviews and is therefore included in the framework. Other factors identified in the interviews 
are the importance of start small and focus on a use case factor regarding the focus if starting 
an AI project, which have shown to be by starting small and focus on a use case than several. 
The last factor is the organizational factor, where suggestions on how to enable AI regarding 
the organizational aspect has been suggested. 

4.5.1 Focus on use cases and start small 
Several respondents believed that a first step for strategic sourcing to enable an implementation 
of AI is to focus on a use case and start small, and eventually scale up the solution. For example, 
one respondent said: “For my part it is better that we make small steps which is reality and 
where you see results and that you get that thinking. Instead of having a huge project and that 
there is a risk that it will be lost. Start with smaller stuff but which is more practical.” (7).  

The previous statement was also confirmed by another respondent meaning that it is good to 
start small and then scale the project: “I think to start with it [referring to AI] it is important 
that we take smaller steps and learn from it so it would be good to see how successful spend 
analytics project is, get the learnings out of it, and then we scale it up….” (16). The spend 
analytics project the respondent was referring to seems to be a good starting point for strategic 
sourcing at The Case Company towards applying Artificial Intelligence in the future. It could 
be a good use case to evaluate, learn from it and then, if the small steps are successful, AI can 
be applied on top of it to give predictions in the future as respondent (16) suggested. A challenge 
might however be to scale up the solution which the literature highlights as a challenge as well 
for many companies trying to implement AI in procurement according to Roland and Berger 
(2018), meaning that it may be important for strategic sourcing to consider organizational 
factors (and not only technological) to enable an implementation. 

In line with the previous statements, another respondent also claimed the importance of having 
a good use case for applying AI in strategic sourcing, to prove what AI actually can do in order 
to make a difference: “In order for us to dare to invest in a technology, we need a good case 
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where “here we can actually make a difference.” (3). This is also supported by the literature, 
which says that many companies make the mistake of making the use cases too much 
generalized (Roland and Berger, 2018). 

Another respondent also mentioned use cases to find business value in applying AI, although 
the same respondent thought it would be hard to find business value in the strategic sourcing 
process: “I do not work with their processes and is not familiar with them to be able to give 
examples. They use to talk about use cases… is there something here that can be helped by AI 
and predictive analysis to find business value…” (14).  

Another respondent added to the previous statements suggesting that in order to enable AI there 
is a need for clear goals to get the necessary resources and investments to enable it: “I think we 
need to have a clear investment and that clear resources and goals are allocated. What is it 
that we want to achieve with it, so that the necessary resources are added to it.” (8).  

This statement shows that a clarification of the goal of a project with AI could be an important 
factor for strategic sourcing department to consider in order to receive the right investments and 
resources to enable it, especially as they are driving savings, it can be hard to argue for 
investments without showing the value from it. 

4.5.2 Organizational enablers 
In order to enable an implementation of AI it seems, based on interviews that organizational 
aspects seem to be important to consider. For example, one respondent (15) believed that the 
mind set must be changed and was considered as a good starting point for strategic sourcing if 
implementing AI in strategic sourcing. The respondent means that it is easy to just stick to old 
routines and working methods that you as an employee are used to, especially when you have 
so much to do and have a high workload. The solution, according to the respondent, is to have 
an open mind se and incorporate continuous improvements and lean thinking, which today is 
not really rooted in the organization (15). However, based on this it seems that strategic 
sourcing may benefit from giving room for changing the processes or the way of working. It 
seems that this is because they have too much to do that hinders change. 

The same respondent continuous with: "... I understand that people can be scared too," will my 
job remain?" Maybe not, but what does that mean?" (15). The respondent meant that it is good 
that you dare to discuss these issues and think big although it will be a long journey until you 
get there. This seems to be a factor that strategic sourcing may benefit from discussing as it is 
an issue if people are afraid of losing their job if applying AI into their processes. 

Working agile also seemed as an important factor for applying AI. One respondent believed it 
would be a good way of working with projects including AI: “...in other parts of the 
organization there is a lot of work around agility, that you change the whole way of working to 
a little more agile way. I think that if there were such working methods with us, it would also 
facilitate.” (15).  

Working agile was also what respondent (4) mentioned as something that would be beneficial 
if it was required of them to change the processes in order to enable an implementation of AI 
in strategic sourcing.: “About the processes ... We should be able to change the processes if 
required, it should not be such a big deal. We are a relatively large organization, but I think 
we can be quite agile there and adapt…” (4). However soft factors have been suggested by 
literature to be a factor not to forget if applying AI (Roland and Berger, 2018). Many 
organizations put too much emphasize on the technology and then miss the organizational 
aspect. In this case, working agile could be a factor to successfully apply AI.  
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According to respondent (15) it is easy to fall into old habits of working and that the projects 
often stops. In order to counteract it, the respondent believed that one should try to take it as a 
baseline to validate how to proceed the projects that are most valuable and interesting, instead 
of thinking "we have to do this, or we will not do anything at all" It should be dynamic and 
vibrant instead (15). This is somehow supported by the following statement from another 
respondent meaning that it is important to have a mind-set that goes beyond status quo: “I think 
you need to nurture a culture where you see a little bit of value in modernizing the processes 
that are set. Dare to leave the mind set "this is how we always have done."” (6). This indicate 
that in order to enable an implementation of AI, it seems that the culture must be more open for 
change, in terms of changing processes for example. 

The prerequisites for applying AI in strategic sourcing was according to one respondent that 
applying AI might require new routines that needs to be considered by strategic sourcing: ”...In 
the beginning it is about finding a lot of information because it (AI) cannot find everything by 
itself. There might be different routines and it might be more requests more than people are 
used to.” (17). The interpretation of this statement is that the information (or data) that the AI 
will be based on must be there and all systems where people at strategic sourcing are working 
with must be integrated with the AI system. That there are some pre-work needed in order to 
enable it. It somehow also indicates that people will be affected in their current workdays if AI 
will be applied, no matter if it is positive or negative.  

Considering previous projects that has been done at strategic sourcing at The Case Company, 
the same respondent meant that in order to get people at strategic sourcing involved in a project 
about AI the solution must be sold better showing the potential savings and other improvements: 
“I think we need to sell this positively and show what it can do in terms of improvements in 
efficiency and possible savings for strategic sourcing. It requires a better sale of this solution 
than it has been done so far.” (17). This somehow shows how important it is to present a use 
case in a good way to capture the interest of people and make them want to join the project. 

However, one respondent highlighted the importance of involving everyone from strategic 
sourcing department in a project with AI: “There are many who are ready for it and it is 
important to bring many.” (17). In addition, top management must also be aligned with the 
projects, convincing them about the value of applying AI in strategic sourcing: “I think the first 
thing is that our top management needs to be aligned on this, that this is a good investment and 
they could get some benefit out of it, and that is a good way to start. Once they are convinced 
that it could bring some value for them on the longer run, then we can drive it down to the lower 
management. So they can look at this as an opportunity to improve on processes and improve 
on productivity…” (16).  

The previous statement was supported by another respondent that also suggested that top 
management involvement is needed to enable AI: “…You need a management that believes that 
this is important and enables people to implement it. It is very important, if there is no belief 
that this will work then it will not work.” (10). As more than one respondent mentioned top 
management involvement, that they are aligned with the goals about applying AI. 

Respondent (17) suggested what needs to be done in order to enable an implementation of AI 
in strategic sourcing and brought up an Office 365 ambassador group which is a group of people 
at The Case Company that have an interest in the Office 365 transformation at The Case 
Company. The respondent thought could be the same for an implementation of AI as well: 
“Now when they were rolling out Office 365 with this ambassador group, I have been 
participating in it. There you have volunteers who have an interest and there has been 
tremendous activity on all these meetings. I think for this such thing (about this study on AI) it 
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would be at least as much of interest. In that case, you get those who are interested and then 
also those who can help to explain, who have an understanding and create this...” (17). This 
suggestion might be a good step of educating people at strategic sourcing department about the 
benefits of applying AI, since they can be hard to understand.  

Having a holistic view on implementing AI can also be a consideration for strategic sourcing 
according to one respondent (6) who claimed that the most successful projects regarding new 
technologies involves different stakeholders such as Finance, Marketing and HR for example 
which can be a good for strategic sourcing to consider: “I think you should have a somewhat 
holistic view of it [possibilities in implementing AI in strategic sourcing]. If you only look at 
strategic sourcing, you will find good things. But if you look at the entire value chain, based on 
that you can build a very accurate forecast on what sourcing should focus on, then they can 
more easily contact the suppliers with exact data. If you just look at sourcing, I think you miss 
things on how to optimize the entire process.” (6). This indicate the importance on involving 
many stakeholders in a project to make an implementation successful. As mentioned before, 
sourcing is for example working with Logistics and Marketing when it comes to Forecasting 
supporting the importance. In addition, the value assessment project at direct sourcing showed 
to be successful for the Finance department. 

4.5.3 Technological  
The technological factor in order to enable AI in strategic sourcing has shown to be important. 
For example, data collection seemed to be a good first step according to one respondent, to 
make sure the quality of the data is there in order to apply AI in strategic sourcing. Moreover, 
the respondent mentioning that ensuring that the data can be used in the AI system is by making 
sure it comes from the right sources as well as normalizing it and removing the inconsistency 
of data (16): “I think the first step is the data collection, making sure that we are tapping into 
the right sources and normalizing the data or removing the inconsistency and making sure that 
this data can be used in an AI system.” (16).  

This statement is confirmed by the literature meaning that the data must be must be collected 
in an accurate way and after it must be cleaned and then normalized in order to be used in the 
AI system (Wagner, 2018), which has been suggested earlier in this study. This also links to the 
importance of making sure that all systems and sources with data are integrated which are 
needed to build the AI.  

Another respondent also believed data collection is required, and the basis of enable an 
implementation of AI is to collect large amounts of data for a long time: “In some way I see 
that the basis for getting there is to gather quite large amounts of data…” (8). In order for 
organizations to make their digital transformation successful, Kurian (2019) claimed that they 
need to have the capacity to store, manage and not to mention, analyse big data, which originates 
from multiple sources (Kurian, 2019). 

One challenge regarding the quality of the data mentioned in 4.3.2, seemed to be the data silos 
with for example different specifications on terminology which was brought up by one 
respondent (16). Therefore, they are trying to centralize the systems in order to counteract it: 
“…which is why we're trying to build a more centralized system so we can feed in data from 
different sources and use that central system as an MDM (Master Data Management) or master 
data source which we can utilize for AI so we know that we have a consistent data source to 
feed it into.” (16). This is connected with the data lake project which aim to be able to manage 
data from different systems. Also as confirmed by literature, having access to the data from all 
different systems utilized by a procurement function is necessary in order to build the AI 
solution according to Roland and Berger (2018). 
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Another respondent also believed that the quality of the data must be good in order to enable 
an implementation: “It is all about ensuring both the quality of the data and the work that is 
performed, by minimizing the possibility of human error.” (3). To improve the quality of the 
data to get the most out of AI, respondent (16) believed that continually improving methods 
and processes: “I think it is important that we continue to develop methods and processes to 
improve the data quality of our systems. and that is when I think we can leverage the maximum 
benefit out of the AI.” (16). 

However, respondent (6) continued by claiming that the data is actually good at the business 
area where the strategic sourcing function works under at The Case Company, although there 
are room for improvements of the master data which according to the respondent is a foundation 
to succeed with an implementation of AI.  

Although they are not using AI technology yet, one respondent meant that they are building a 
data lake platform at the certain business area where the strategic sourcing lies under, which 
according to the respondent also will enable the use of AI: “…we are building the platform to 
use it. For example, we have different ERP systems from where we are pulling historic data of 
transactional data, data around the prices and all sales data into a data lake in Azure project, 
and we have built an analytics model on the top of that to get details about reporting and dash-
boarding, but that is for the data that we already have. The next step I foresee that we use some 
of the AI components that are in Azure to do predictive analysis.” (16).  

This indicates that there are initiatives driving to use AI in the future and which could be a 
foundation of applying the technology in strategic sourcing. The data lake could also be seen 
as a solution that could enable the integration of data from different systems into a centralized 
system, which on the other hand, seem to be a way of improving the quality of data as well 
according to respondent (16), mentioned earlier. Also as the literature suggests, data lakes are 
capable of managing enormous volumes of data (IBM, n.d) and they combine internal and 
external data that is both structured and unstructured (Accenture, 2020b), which AI utilizes 
(Handfield et al., 2019). 

Another respondent continued on mentioning that the AI is a lot about data and statistics: “AI 
is all about a lot of data and statistics so if you can access the data that is in all different systems 
then you have something to build your AI on. It is about making a machine as smart as us, but 
smarter in that it can handle a larger proportion of data than a human being can. But then it is 
the conclusion and draw all the interpretations. There is no brain, it is based on that you trained 
it on a certain number of cases and examples.” (3).  

One respondent however confirms the previous statement explaining that AI is just a computer 
program and in order to enable the use of it, the inputs and outputs must be defined: “...in the 
end it is just a computer program. If it’s in a robot, in a computer, in a mobile phone or 
whatever, or in a cloud, what you need is defining the inputs and the outputs on this program 
right…” (13).  

In addition, AI is basically a software, so what the strategic sourcing need in order to apply AI 
is basically a computer, processing power and data according to respondent (13), who 
continued: “… so you might need to define these features that are relevant for your systems. So 
if you need data from some buyer, suppliers and so on you need to have this data in a way that 
the AI system can reasoning on.” (13). This is connected to the necessary components suggested 
by Accenture (2020b) including ERP-system, data lake, procurement platforms and analytics 
tools that are powered by AI. 
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These statements about AI is supported by the literature claiming that AI is a combination of 
AI technologies using the required data to enable them (Chopra, 2019). There are many 
capabilities of AI such as ML and NLP but also includes image and speech recognition (Lee 
and Shin, 2020). Also, literature confirms that AI can be defined as computer system 
improvements to enable human intelligence (Deloitte, 2018). Also, as AI requires necessary 
processing power, literature states that these capabilities have been improved continuously 
because of cloud computing (Dwivedi, 2019). 

Based on these findings regarding technological enablers, it could however be interpreted that 
as long as the data is there, in a system that the AI can manage, there should be no problem for 
strategic sourcing to apply AI, when it comes to the technological aspect. 

5. Discussion 
This study has investigated several areas within strategic sourcing where there are opportunities 
of applying AI. The framework constructed in the literature review has been used as a 
foundation in order to investigate the sub research questions RQ1 and RQ2. In this chapter, the 
main research has been investigated which is: How applicable is Artificial Intelligence in 
strategic sourcing? To be able to answer this question, it has been important to assess where 
there are opportunities, challenges and risks, how ready and mature the strategic sourcing 
function is as well as identify what key enablers seem to be important to consider in order to 
apply AI successfully. Therefore, factors in the framework from the literature chapter and the 
factors that have been identified in the Results and Analysis chapter and added to this 
framework, have been discussed in this chapter. These factors have been discussed in order to 
connect several key findings together as well as discussing the main research question. Based 
on the framework and by analysing the two sub research questions in the Result and Analysis 
chapter, the applicability of AI in strategic sourcing has been assessed and discussed. To clarify, 
the factors from the framework have been mixed together to provide a discussion connecting 
all factors since they are interlinked. 

5.1 Applicability of AI in strategic sourcing 
Whether AI is applicable in strategic sourcing or not within the strategic process has been 
investigated based on a combination of interviews, case study and literature review, showing 
that there are several opportunities of applying AI in strategic sourcing. By being provided by 
these identified opportunities in different areas within strategic sourcing, where AI could be 
applied, it could be used for strategic sourcing as a foundation for deciding where to put the 
focus on for a possible implementation at strategic sourcing at The Case Company. All 
respondents were more or less positive towards an implementation of AI in the strategic 
sourcing process and have suggested several parts in the strategic sourcing process where they 
believed they could benefit from it the most or where they have seen potential of applying AI. 
These areas are Forecasting, Spend Analysis & Savings Tracking, Supplier Risk Management, 
Supplier Identification & Selection, RFQ process, Negotiation process, Contract Management 
and Supplier Performance Management. Some of these areas were also assessed to have 
potentials of applying AI in the value assessment project at strategic sourcing for direct 
materials, supporting applicability of AI. 

5.1.1 Opportunities  
By applying AI in forecasting of demand, strategic sourcing could benefit from purchasing 
more accurately as the demand may fluctuate during a year. Therefore, the purchases of 
components for example, could be more strategic in regards to for example seasonal factors and 
based on predicted risks internally or externally. In addition, as the forecast has been provided 
by Marketing and Logistics departments, it indicates that the strategic sourcing function could 
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benefit from working more closely with them and include them in decision-making and vice 
versa. This also connects to the suggestion of centralizing the AI platform which enable that 
more employees can utilize for different purposes. However, by applying AI in forecasts could 
make them more accurate, based on data from suppliers and purchase orders as well as other 
important parameters that affect the forecasted demand. For spend analysis and savings 
tracking, the already existing spend analytics project could be a stepping stone to apply the AI 
technology in the future. As a result, the strategic sourcing has built a foundation to use AI and 
could continue building on the existing solution to scale it up and use it in other areas at the 
business area strategic sourcing function at The Case Company lies under. In addition, based 
on classified historical spend data opportunities in savings could be uncovered which could be 
beneficial to track savings and discover new opportunities for strategic sourcing. The spend 
analytics project could also act as a stepping stone in order to apply AI somewhere else in the 
strategic sourcing process as new routines and improved processes (which could be a result of 
evaluating them as a first step in applying AI) could make it easier for it to be applied in other 
parts of the strategic sourcing process.  

The RFQ process has not been presented in the literature review in this study but has shown to 
be an area in the strategic sourcing process where AI could be beneficial and applicable. From 
the empirics, the process has shown to be beneficial for an implementation of AI. There seem 
to be several benefits for strategic sourcing, not only may AI enable to discover the best 
quotation with the best price but it may also shorten the time of the entire process and thus 
enable strategic sourcing to focus on value adding processes such as SRM activities or other 
important part of the strategic sourcing process. In Supplier Risk Management, many 
respondents believed that there are beneficial to use AI for managing risks, showing that it 
seems to be applicable for the strategic sourcing function. The benefits are especially that AI 
has the ability take a lot of parameters into account such as supplier risks, geographical risks, 
political risks and financial risks. This data could be generated in real time and based on it, 
create risk profiles on different suppliers which could challenging the existing supplier base at 
the strategic sourcing function.  

Moreover, applying AI in the supplier identification and selection process has been identified 
as a beneficial area and thus, applicable for strategic sourcing. The benefits from applying AI 
in risk management of suppliers could be used as a foundation for the selection process as 
mentioned. However, if they would consider applying AI for support in selecting suppliers, it 
might beneficial for strategic sourcing to discuss whether this should be automated or semi-
automated since some might benefit from having it without any human interactions and some 
might benefit from being able to interact to some extent. As empirics indicate, some would like 
to have some human interaction, it might not be desired to have it as automated as this 
respondent suggest. In addition to this, as the AI lacks the ability to explain, some might be 
afraid that the decisions that are made by the AI are not correct and might therefore want to 
interact in the process to some level. In addition, AI can base its predictions on biases such as 
to always choose a certain supplier based on trained data that the AI which might not be the 
choice of supplier that a human would do. However, the opportunity of applying AI in the 
supplier selection was shared by many and indicate that this area would support in the strategic 
sourcing process by select better suppliers and thus, reduce cost and increase efficiency for 
example.  

Using AI in the negotiation process could be very useful as a support where lots of fast decisions 
must be undertaken and a lot of factors need to be taken into account. Since AI can predict the 
bid price or suggest when there the most suitable day is to perform the negotiation process by 
identifying when the best price offered during a week which, it reaffirms that applying AI in 
the negotiation process would be beneficial for strategic sourcing function in order to reduce 
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price and may also shorten the time of the entire negotiation process as decisions made may be 
faster. Another beneficial key area where AI seem applicable for strategic sourcing is be 
contract and agreements where identified where problems such as managing the differences in 
agreement versions, what is valid or not, and that they are going back and forth to legal 
department as documents lack traceability. AI in contract management can reduce the time for 
strategic sourcing to manage the entire process and then spend this time on more valuable 
activities. The last key area which also seem like an applicable area for strategic sourcing is 
supplier performance management, which could be used to monitor the performance as well as 
receive notifications on quality deviations for example, in real time. In addition, AI can analyse 
the performance based on historical data and then identify the performance of the suppliers as 
well as predicting problems based on previous deviations in quality. By monitoring the 
performance of suppliers more accurately and in real time, strategic sourcing could be more 
responsive to changes and be more accurate on collaborating with suppliers that perform well. 
It could also improve the relationship with suppliers as AI could identify and flag bad 
performance, which the supplier might not have been aware of, giving room for improvements 
of the supplier. 

5.1.2 Challenges and Risks 
However, if investing in a new technology such as AI in the strategic sourcing function at The 
Case Company, it will cost a lot of money. As mentioned before, this also indicate the 
importance of consider this to be able to argue for investments from top management. In 
addition, since reducing cost is a major driving force for strategic sourcing, as a part of their 
key performance indicators, there might be a challenge of arguing for investing in AI in strategic 
sourcing since it costs a lot. Therefore, whilst been agreed on by interview respondents, it might 
be important to show what the AI can do in terms of improvements regarding efficiency as well 
as showing possible savings opportunities for strategic sourcing. In this case the involvement 
of top management may be even more important to align the technology implementation with 
the strategic goals. Also, to involve other departments could be successful in this case, to align 
the strategic goals for strategic sourcing with the strategic goals at other functions in the 
organization. However, as this was done for the value assessment project it is not a factor for 
success and more seem to be needed to enable a project with involvement from different 
departments. In addition, the suggestion in starting with smaller use cases and then scale it up 
(which has been suggested in some interviews) might be what strategic sourcing should do as 
it also may cost less if starting small. However, empirics showed that some respondents expect 
technologies such as RPA and AI to reduce time by replacing some of the manual work that is 
currently being done by strategic sourcing. As the entire culture in which The Case Company 
stands for, is very much about reducing costs in the form of money per unit of time, the strategic 
sourcing function at The Case Company might benefit from looking beyond the cost factor and 
instead use all the key performance indicators quality, delivery, cost and project and process 
development. It might be hard to argue for an AI investment from another standpoint other than 
from a cost perspective but indirectly, by for example selecting better suppliers or make more 
accurate decisions, the cost may be reduced in the long run.  

As the AI technology brings some challenges regarding the ability to explain why it came to a 
specific decision, it might be a challenge for strategic sourcing to understand what value AI can 
bring. As a consequence, this could possibly make those who are more against change even 
harder to adopt AI, as they would not understand why the AI suggested a certain supplier or 
price for example. As some also might be a bit resistant to change according to one respondent, 
or that some do not have the explicit knowledge about the benefits and value from it, it might 
be a further dimension of challenge to argue for the benefits of AI and for an implementation. 
In this case it may be beneficial for implementing change management which was suggested 
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by one respondent. To be able to educate people at strategic sourcing on what AI is and what it 
does, as well as explaining its constraints. What can be discussed in change management is that 
even though the AI might not always give explanations, neither do humans do accurate 
decisions which is an argument as AI is capable of processing enormous amount of data and 
information which a human cannot, the AI would be preferred before a human if the necessary 
technological foundation is set, in terms of quality of data, integrations of systems needed and 
a process owner that knows all the process steps that the AI will be integrated to. 

Also, as brought up by many respondents in this study, the technological foundation is not a 
major problem so if strategic sourcing is ready it would be possible to apply AI. The business 
area is building the platforms to use it and they are pulling historic data from different ERP 
systems into a data lake in Microsoft Azure, so the maturity of systems and technology is on a 
high level. In addition, to counteract the fact that the company is decentralized which can make 
it more complex, the suggestion on using a centralized AI platform would be beneficial, so that 
more departments can utilize it.  

However, there are room for improvements of the existing systems regarding the quality of the 
data for example, since data silos causes different terminology specifications on data, 
decreasing the quality level of it. Bad quality of data might result in the AI making wrong 
predictions and providing decisions based on wrong interpretations which would be devastating 
for the strategic sourcing function (and the whole company). To keep the same standards in all 
systems when it comes to naming of suppliers that are supplier for different factories etc. is 
important to consider and may require more master data management projects where strategic 
sourcing could benefit from being involved in. The challenge is also the risk of not having a 
sufficient security around the AI solution, when for example transferring data to and from cloud 
which is also a risky process, but also the possibility of the technology to not being monitored 
sufficiently and the possibility of no one really knows what the AI does in the process which 
could be risky if the technology shuts down. To counteract, always considering the security as 
a prioritization of applying AI could be a good start, but also to really have knowledge about 
the processes which might be easier if there was a clear government of the process.  

Suggested in the results and analysis chapter, there is a challenge of the small size of the indirect 
team and that it may cost a lot which has been discussed earlier. Therefore, it would be a great 
opportunity for closer collaboration with the direct team in order to get enough leverage from 
implementing AI. This importance of working together at strategic sourcing, no matter if it is 
indirect or direct team was also something that was discussed in results and analysis chapter 
and therefore seem to be important to consider. As a result of working together, the cost might 
not be as high in relation to the benefits as more people will benefit from the AI solutions and 
the cost might be high, since AI could for example reduce time of work or increase accuracy 
and quality of decisions and also make it possible for strategic sourcing to spend more time on 
value adding activities such as SRM. The results however affirm that both direct and indirect 
sourcing is open for digitisation projects but may, as suggested in empirics, work more together. 
However, both have initiated different types of projects for increased digitalisation but from 
different angles. Both have gone through a value assessment of possibilities in implementing 
RPA and AI technologies. There are differences between indirect and direct material, but their 
processes are quite the same and the biggest difference is that they have different categories 
and direct material purchases components for products while the indirect team purchase indirect 
material and services such as software. As mentioned earlier, the indirect team is smaller and 
work more agile than the direct material categories. As Artificial Intelligence technologies 
require more or less data and a high quality of the data it can be applicable for many cases. Even 
if indirect and direct would use AI for different purposes the foundation of using AI is quite the 
same. As AI could be used for support in predicting, decision making and highlighting risk for 
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example these are value that is applicable for both direct and indirect. However, for very critical 
part of the process such as supplier identification, supplier risk management, RFQ, negotiation 
and relationship to mention some areas are very similar for both direct and indirect sourcing. 
AI for contracts and agreements in the negotiation process is also a possible area of application 
for both indirect and direct material where both parts could benefit from it. What could be 
considered is establishing a process owner which has been discussed earlier. This is an issue 
that has been brought up by several respondents and was seen as a factor for successful 
implementation of AI. This is something that could be initiated together in order to make it 
happen. 

5.1.3 Readiness and Maturity 
Since previous digital projects at the certain business areas at The Case Company have tested 
to apply AI technology, such as a proof of concept on an email assistant using NLP and also an 
HR chat bot that works internally, it proves that the business area could be considered mature 
and ready enough to apply AI to some level. In addition, the value assessment project at direct 
materials showed that there is AI potential in 64% of the processes of Finance, Sourcing, 
Logistics and HR, indicating that there are possibilities of applying AI in strategic sourcing and 
thus, applicable to some extent. However, based on these previous projects, the strategic 
sourcing function seems to be ready and mature enough to start and engage in digital projects 
and therefore seems mature enough to start an AI project. Thus, AI seem applicable to some 
extent (which has not been measured with a scale in this study) when it come to the maturity 
and readiness of the sourcing function. However, many believe that the strategic sourcing 
function is not ready or mature enough to apply AI, mostly due to organizational factors which 
has been presented in the results and analysis chapter. For example, because there is a lack of 
process governance and ownership and the culture is much about self-management instead of 
working together which can make it more complex to apply AI even though the technological 
foundation is quite mature enough to be able to manage an implementation of AI. 

The two previous projects (one on direct material and one on indirect material) where the 
possibilities for implementing RPA or AI technology were investigated were very focused on 
developing opportunities and were very visionary, which of course is a good first step and 
provided valuable insights. Moreover, as these projects have been more on a conceptual level 
the strategic sourcing function seems to have problems of realising projects including advanced 
technologies and thus, difficulties in leaving the conceptual and more visionary level. Since the 
value hunt project at indirect services and material did not end up with leaving the conceptual 
phase and actually starting to apply the technology in strategic sourcing, it indicates that there 
are some obstacles of applying advanced technology. The projects also indicate that there may 
be something that needs to be changed or added in order to take it further and actually start a 
project. In order to do this, they might need to start working from a different angle and work in 
different way as also been raised during some interviews. One way to work in a different way 
and towards a successful implementation of AI in strategic sourcing may however be to find 
the right business case that brings value for strategic sourcing. In addition to this, when 
considering the technology and how AI can bring value, the focus should not only be on the 
technology. As been suggested by the literature and empirics, soft factors such as organizational 
and culture factors should not be overlooked which should be considered as a prerequisite since 
people may be required to change the way they work to some extent if applying AI. Soft factors 
should be as highlighted as the technology itself in order to apply AI successfully and therefore, 
change management as well as working more agile as suggested in the empirics seem to be very 
important to consider if technologies such as AI would be applied in strategic sourcing, and 
may therefore be considered at strategic sourcing at The Case Company as well. 
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5.1.4 Enablers 
Another important aspect in order to enable an implementation of AI is to thoroughly review 
the strategic sourcing process. Although the value assessment project showed that the processes 
in strategic sourcing are not mature enough to apply RPA, it does not mean that this is the case 
for applying AI. However, the processes have been considered by some to not be mature enough 
to apply AI and seems to impede an implementation, indicating that there must be something 
changed with the processes. It could therefore be a good start to evaluate all process steps at the 
same time assessing where AI could be beneficial as support. This is also beneficial in order to 
understand them and in order to discover bottlenecks and areas of improvement. The results 
from both value assessment and value hunt projects could be used as a support although there 
could be beneficial to start over in order to start from a clean sheet and only focus on AI. 
Another important aspect to consider if applying AI in strategic sourcing is to have a process 
owner which is not the case today. If introducing a process owner, it might also be a positive 
effect on strategic sourcing no matter if they would apply AI in the future or not. This is also 
an aspect that was suggested in the interviews and seem to be an extremely important aspect to 
have in place in order to even apply AI in the strategic sourcing process. Therefore, establishing 
a process owner should be included as a step in establishing an AI project in strategic sourcing. 
This would also be a good opportunity to really evaluate the processes and map the processes 
accurately. 

A new evaluation of opportunities and use case assessment can also be done, focusing only on 
AI technologies. This could be done by using this study as a foundation, and thus focusing on 
what value AI technologies can bring for strategic sourcing, whether it is to select better 
suppliers or to speed up the RFQ process. Also, the previous assessed AI potentials from the 
value assessment project could also be used as a stepping stone but should be developed as it 
was not focusing much on AI technologies. When the assessment of AI opportunities has been 
made thoroughly, it can then be used as a basis for selecting the specific use case that actually 
brings value for strategic sourcing and where top management is involved and the strategic 
goals aligned. This also includes the need of showing business value for the entire business 
area, in terms of for example metrics such as cost, quality and efficiency. Too generalized use 
cases have been shown in the literature to be a pitfall showing that focus on one use case would 
be a consideration for strategic sourcing if applying AI. Additionally, which has been suggested, 
strategic sourcing may benefit form starting small and then scale up the solution, connecting 
with focusing on one use case. In this phase of evaluation, everyone at the strategic sourcing 
department should be involved to find the benefits for the entire strategic sourcing.  

Once the final use case to focus on is selected, based on the interviews, it seems to be an 
important factor to evaluate the project steps, iterate, learn from the things that do not work and 
then continue on developing the solution, in order to successfully apply AI in the strategic 
sourcing process. This is an agile way of working and has been confirmed to be a good 
methodology by many respondents and is also a soft factor that could be valuable if applying 
AI. It may also be a manner of thinking about how to work in the best way to enable 
implementation of AI in the strategic sourcing process, to modernize processes and start 
working more on continuous improvements and as mentioned, iterate the projects in a more 
agile way to successfully implement AI. This would enable the strategic sourcing function to 
evaluate the small improvements and also enable them to change the solution if necessary 
without having invested in only one-way solution. 

It could be beneficial for strategic sourcing to learn from both mistakes and successful projects 
that has been done previously at the business area. For example, in the project including the use 
of a machine learning algorithm, which has been done in another part of the organization (within 
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the same business area as the strategic sourcing function) to classify different emails, it was 
concluded that it is necessary to have more integrations between analysis parts in order to enable 
the automation. It does not mean it must be the case for all projects that would apply AI, for 
example in strategic sourcing. However, it may indicate that there might be an important factor 
to consider if starting an AI project in strategic sourcing, so that this aspect is included from the 
beginning. 

In addition to this, to involve many in initiating an AI project it is of importance so that everyone 
at strategic sourcing function are involved and part of the implementation to really understand 
the technology, what it does as well as contributing to evaluate where in the strategic sourcing 
process it might be beneficial to have AI as a support. It would also make people more 
acknowledge of their own processes and be more aware of the different process steps and where 
to find value of applying AI. As the RPA project resulted in the consideration that the processes 
are not mature and standardized enough for RPA, it is an opportunity to see where AI can bring 
value, since the AI does not require repetitiveness in the same way as RPA and learns from the 
data. However, the result from RPA can also be an indication that the processes may require to 
be modernized to be able to apply AI. The results and documentation on process steps from 
RPA could in that case, be used as a foundation when evaluating the processes for an AI project 
although It may require a deeper evaluation in order to find a good use case and apply AI in a 
successful way. So a mapping of the processes should be included in the project steps in an AI 
project, using the foundation from the RPA and Intelligent Automation project and evaluate 
which problem people at strategic sourcing phase the most and evaluate what the AI could do 
to solve the problem or facilitate, acting as a support to remove some of the unnecessary 
workload.  

5.1.5 Conclusion 
Although there are many suggested potential areas where AI could be applied in strategic 
sourcing, it must not necessarily be possible, due to constraints of the technology, complexity 
of integrating into the current processes, résistance of changing working habits or to high costs 
to mention some examples of challenges. However, the strategic sourcing function aims to 
apply more advanced technologies and have been involved in projects including AI showing 
that they have several opportunities if wanting to apply AI in the future, but there are some 
factors that must be considered so that they will be ready and mature enough to apply AI. Most 
of them are related to organizational factors although data quality and integration seems to be 
the biggest technological issue that fortunately is considered by centralising systems and 
building a data lake to manage unstructured data at the business area which the strategic 
sourcing function belongs to. The key considerations will be presented further in 5.3 
Recommendations and implications for practice. 

The research field is however novel regarding AI within strategic sourcing indicating that it 
needs to be investigated further to prove repeatability of applicability of the results, increasing 
the quality of this research and verifying the applicability of AI in strategic sourcing further.  

This study however shows that the majority of people in this study seem positive towards an 
implementation of AI in strategic sourcing and suggested many areas where AI can be applied 
as well as lots of suggestions on where strategic sourcing could benefit from getting support by 
AI, indicating that AI is applicable in strategic sourcing and that there are many potentials they 
can benefit from in the future. In addition, this study has contributed with providing a 
framework and guidelines to consider for an implementation of AI in strategic sourcing. 
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5.2 Theoretical Contribution 
Although AI has been researched in the setting of strategic sourcing it is a novel research field 
and it has not been investigated in different areas and a framework with this factors have not 
been established previously. Therefore, this thesis has contributed to existing research and fill 
a gap in the literature as well as contributing to industry practice. In this section, the contribution 
part has been divided in theoretical contribution and recommendation and implications for 
practice. 

Based on the empirical study, it can be concluded that the factors Readiness and Maturity and 
Enablers should be included in the framework, as factors important to consider for an 
implementation of AI in strategic sourcing. In addition, the factor Challenges and Risks has 
been extended by additional data obtained from interviews which seem to be important to 
consider in order to apply AI in strategic sourcing process. In addition, the RFQ-process which 
is an important part of the strategic sourcing process, could also be added in the framework 
since it has shown to be a key area for opportunities in applying AI and thus an area where the 
strategic sourcing function at The Case Company could find value of applying AI for support. 

This study has also contributed with suggestions on several Artificial Intelligence technologies 
which could be applied in several process steps in the strategic sourcing process. The focus on 
AI technologies has been on NLP and ML (including different types and techniques) since these 
have been identified several times in the literature review chapter and have been suggested in 
different areas in the strategic sourcing process. This included some suggestions on what they 
can do technically as well as how they can support in different areas within the strategic 
sourcing. However, the novel intelligent algorithms GA and ACO seem to be promising in this 
field and could be researched on further. In addition, other types of machine learning types such 
as Deep Learning could be further investigated.  

5.3 Recommendations and implications for practice 
This thesis has also been contributing to practice by providing recommendations and 
considerations for the strategic sourcing department at The Case Company, where use cases 
based on the framework that was established in the literature review and extended based on 
interviews and literature review, has been suggested.  

The discussion chapter also aims to give strategic sourcing a recommendation on how they can 
apply AI in the strategic sourcing process by providing a list of the identified key areas to apply 
AI, summarizing the key areas of opportunities for strategic sourcing at The Case Company. 
These are based on the empirical result from interviews and case study, literature review, as 
well as connected to the strategic sourcing processes for the strategic sourcing function which 
can be observed in section 4.1. These opportunities and correlated benefits can be observed in 
Table 4. In addition, many of the process steps are linked to each other and are focusing on the 
benefits from applying AI and to provide some kind of guidance how to choose the use case to 
focus on. As a complement to these key areas, this study suggests to use a framework that is 
aligned with the strategic goals for strategic sourcing, in order to assess the importance of each 
key areas, and based on it, they can decide which one they should prioritize. In addition, this 
study has provided a list of considerations which can be a roadmap for taking this into practice. 

Table 4. Recommendation on key areas for a use case, summarizing the opportunities for strategic sourcing at 
The Case Company with corresponding benefits. 

Key areas Benefits 
Forecasting • AI makes forecasted demand more accurate 
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• Be able to send a more accurate forecast of demand to 
suppliers, which as a result may lead to stronger buyer-
supplier relationship 

• AI enables better planning, controlling and make more 
accurate decisions based on more accurate forecast 

• AI simulates the effects of frequently fluctuated material 
prices, which can be beneficial in forecasting as well 

Spend analysis & 
Savings Tracking 

• AI provides visibility on missed savings and also track savings 
based on categorized historical spend data 

• AI increases visibility on missed savings and also improve 
compliance 

• Make spend analysis reports and connect it with forecast based 
on for example future spend of suppliers 

• The current spend analytics project at indirect sourcing could 
be used as a stepping stone for applying AI in strategic 
sourcing.  

Supplier Risk 
Management 

• To assess risk and rating suppliers, AI can use different risk 
parameters such as business ethics, anti-corruption, 
environmental performance, economy stability, rights of 
labour as well as political stability, which can improve 
sustainability 

• AI is able to uncover hidden risks of suppliers such as 
blacklisted companies as purchasing from blacklisted suppliers 
could affect the company enormously negative. It can also 
consider many external risk parameters such as geographical 
factors, political risks as well as financial risks 

• ML, NLP and text analytics can be used to make risk profiles 
of suppliers – to be used in the supplier selection 

• Be able to get updated information on suppliers considering 
important parameters such as material price, currencies, 
transport etc. 

• Supervised machine learning algorithms can be used to 
identify and prevent disruptions in the supply chain that 
otherwise may result in bad supplier performance 

Supplier 
Identification & 
Selection 

• AI supports in extending or redesigning the supplier base. AI 
could scan the market and provide components from suppliers 
based on world market price 

• AI makes the supplier selection more accurate based on 
criteria such as price, cost, quality and delivery capacity and 
innovation in real time, connecting it with supplier risks and 
other important factors other than those suggested. 

• AI enables the supplier selection without any human 
interaction 

• AI suggests the best price based on data on suppliers 
• AI provides better insights and support during supplier 

selection, suggest on which suppliers is the best based on more 
accurate analysis and real time data  
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RFQ process • AI seems to be beneficial to be used for price traceability 
when volumes are ramped up 

• AI can suggest the suppliers with lower price more often 
• Speed up the process by analysing quotations from different 

suppliers, comparing them and suggest the ones with the 
lowest price or the one that is favourable for a short or long 
term relationship 

Negotiation 
process 

• AI technologies such as ANN and ML can predict bid prices 
for savings potential 

• A proven case that used ML, increased the total savings of 
2.24% of the tender price, showing the potential 

• AI can be used a support to argue for lower price which can be 
connected with the RFQ process 

• AI can suggest which day of the week the offered price is the 
best option 

Contract 
Management 

• Contracts are long and take a lot of time to go through and 
there are often different versions which can be hard to 
remember which one is latest and which agreements are 
compliant with the latest version. AI could combine different 
versions of agreements and be able to spot the differences in 
versions and therefore speed up the process as it may lead to 
reduced involvement of legal office which has been 
considered a factor for slowing down the process 

• AI can scan through agreements to spot risks in company in 
terms of compliance, terms and clauses and is able to discover 
what to agree on and what to not agree on based on the 
contractual terms and conditions 

• As contracts may not be reviewed so often, only a limited 
number is managed during a year, the information might not 
be up to date when reviewing it. Therefore, the AI can support 
with real time data and also save time as it reduces manual 
work  

Supplier 
Performance 
Management 

• If a supplier is not delivering according to goals or 
requirement, AI could spot problems and provide indications 
of the performance of a certain supplier in real time, reducing 
the manual work 

• The AI can provide real time notifications of the supplier 
performance 

• AI can forecast future efficiency of suppliers performance 
• Improving traceability, for example the quality performance. 

The traceability could be improved when for example a detail 
always has the same defect when the tools are worn out, it can 
be detected by AI since AI can take historical data from longer 
horizon. Then it can predict when the defect will occur. 

• AI evaluates which suppliers are very competitive in terms of 
price 

• AI can be used to evaluate potential strategy partners to work 
with, for example, which may be expensive for a certain kind 
of work and which supplier could be very good in doing short-
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term engagements. This can be done in the existing supplier 
base but also an opportunity to change or extend the supplier 
base 

• AI can reveal process and performance issues based on 
historical purchase orders and data from supplier deliveries 

• Risk management can support the performance by spotting 
those suppliers that are affected by disruptions in the supply 
chain. For example, by analysing data to predict potential 
problems based on quality deviations for example 

 

However, this thesis has not only focused on providing key areas where AI seem to be 
applicable for the strategic sourcing function at The Case Company. This thesis has also 
highlighted important factors that needs to be considered if applying AI in strategic sourcing 
and these has been provided as a guidance for strategic sourcing function at The Case Company 
to consider if applying AI. These are based on the factors from the established framework and 
have been connected to summarize the most important aspects which has been discussed in this 
chapter. Therefore, the strategic sourcing function may benefit from considering the following: 

Consideration 1- value of AI 
The strategic sourcing department at The Case Company seem to be mature enough to establish 
digital projects but they need to consider the value of AI and identify where and how they could 
benefit from AI, in terms of efficiency, productivity, money saved as well as reduction in time 
spent in processes so that more time can be spent on more value adding activities such as SRM. 
It is important to really know what to achieve with AI, so the necessary resources and 
investments are allocated. This is important in order to get investments from top management 
to apply AI. It is also very important since applying AI requires a change of how the strategic 
sourcing function is working and therefore the value and benefits must outperform the 
challenges and risks.  
 
Also as the technology itself could be hard to grasp and understand and as many work in their 
own way (due to the decentralized culture at The Case Company) and might be resistant to 
change, a good starting point would therefore be to communicate and educate about AI and 
what kinds of technologies and techniques can be applied in the strategic sourcing process as 
well as showing the corresponding values, using this study as a foundation (Table 4 is a good 
start). For example, by performing a workshop together and discuss and evaluate where in the 
process AI could be of value to apply as well as solving current problems. 
 
Consideration 2 – involvement and collaboration 
People at the strategic sourcing function will be affected if applying AI, therefore involvement 
of everyone at the strategic sourcing department is a prerequisite to enable an implementation. 
All of the category groups could benefit from applying AI and an involvement and collaboration 
from everyone seem to be a prerequisite to succeed, although the solution might be customized 
for the different category groups as they are purchasing for different components and purposes. 
It is however important to emphasize in working together to enable AI and benefit from the 
value. Another factor that could enable an implementation is to involve different departments 
as many may benefit from using AI. In addition to this, a central AI platform seem to be 
beneficial which other departments also would benefit from. A factor that might be challenging 
is that the company is decentralized which however is not connected with failure, only a factor 
that might require more time and money. Also involve top management to align with strategic 
goals and showing the value of AI connecting to consideration 1. 
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Consideration 3 – start small and focus on use case 
Based on this study, a way of applying AI in strategic sourcing successfully seems to be in 
starting small, iterate the solution in steps, evaluate the outcomes and scale up the solution, in 
accordance with an agile working process. Do not implement AI only for the technology, 
instead, find relevant use cases that really bring value, as too generalized use cases seem to be 
a pitfall for companies. In order to find the relevant use case, use the suggested key areas and 
evaluate the most important using a framework that are in line with the strategic goals at 
strategic sourcing. As suggested, the spend analytics project could be a stepping stone to apply 
AI on top of the solution, which would be an easy way to start with. However, as this project is 
only applied for the indirect team, it could also be an easy way to include the direct team as 
well and as a result, increase the cooperation between direct and indirect team. 
 
Consideration 4 – process review 
Another step in order to enable an implementation is to thoroughly review the strategic sourcing 
processes. These do not necessarily need to be standardized as is in the case of the RPA project 
but evaluating all process steps seem to be an important thing to consider to understand the 
processes and in order to assess where AI could be beneficial as a supporting tool and at the 
same time bring value. Many work differently today and no one is owning the processes which 
can make it more complex to find the business value of applying AI. Also it might be a great 
opportunity to also modernize process steps and make them more efficient and easier to 
understand for many people. This is not only favourably for applying AI but improvements of 
the processes in general. 
 
Consideration 5 – process governance and ownership 
Establish a process owner for all processes at the strategic sourcing function, someone that is 
responsible for the process seem to be an important factor to start and is thus highly 
recommended. Process owner and governance have been suggested in the empirics and seem 
to be a prerequisite to apply AI in strategic sourcing. The process review recommendation could 
be used as a foundation to introduce a process owner. Having someone that has the knowledge 
in all process steps could be a good foundation to find areas where AI could be beneficial to 
apply as well.  

 
Consideration 6 – data quality and integration 
Since AI is based on a lot of data, it is important to ensure the quality of the data to make 
accurate predictions and support. If the data is incorrect and inconsistent, predictions by the AI 
can be wrong and operations can be affected negatively. The collection of data seems to be an 
important step as well as normalize and clean the data, and remove the inconsistency in it so 
that the AI system can use the data for certain purposes. There has been suggested in interviews 
that data silos with different terminology specifications are a problem at the business area where 
the strategic sourcing function belongs to, and a factor that cause bad quality of the data. 
Although the business area is working on build a centralized system that is able to feed in data 
from different sources, strategic sourcing could be more involved in it to ensure that the data 
quality is high so they get the maximum output from AI.  

 
Ensuring the quality of the data also means that there should be put more emphasize on data 
integration between different IT systems according to the literature. Therefore, strategic 
sourcing could benefit from ensuring that they or the business area invest more to ensure data 
integration and put emphasize on master data management projects to ensure that the data 
existing in different systems have the same specifications on terminology. However, they are 
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today building a more centralized system at the business area where strategic sourcing belongs 
to, where the aim is, as mentioned previously, to feed the data from different sources into a 
centralized system, where AI can be utilized. The building of a data lake is one of the initiatives 
towards this, where they take historic data from different ERP systems into the data lake, which 
is supposed to be used for analytics purposes, and in the future, AI. It however indicates that 
several departments must work together as the technological foundation is nothing that is 
governed by strategic sourcing but by the whole business area in which the strategic sourcing 
department lies under. In addition, another argument for investing in data collection and 
integration is that the data that strategic sourcing is using is also managed by other departments 
such as Finance and Logistics departments indicating the necessity of working cross 
organizational.  
 
Consideration 7 – security 
Ensuring security has also been suggested as important which is a prerequisite for ensuring a 
good use of AI in the strategic sourcing process, since the systems AI will be developed around 
will be based on large data amounts. Ensuring that the data that is safely transferred between 
different systems and in cloud environments should be done. Also considering security from 
the point of view what happens if the systems are shut down, who will have the knowledge of 
the process in which the AI is applied in, will the process be able to continue manually. Here it 
is also an argument to consider a process owner and ensure process governance. 

 
Consideration 8 – soft factors 
Soft factors should be considered. The organizational factors should not be overlooked. Many 
companies that only consider the technological part seem to have difficulties in scaling up pilot 
projects for example. Working more agile and Change management should be a part throughout 
the AI project making a successful transition as an implementation of AI possibly leads to new 
tasks and new ways of working. This is important in order to make people comfortable with 
changing their way of working and understand how AI works and what the benefits are. In 
addition, to avoid resistance, it is also important be open to discuss resistance and the feelings 
of the employees, such as if they are afraid of losing their jobs for example.  
 
Also, to make the transition smooth, it could be beneficial to have an ambassador group that 
has deep interest in the AI technology which could work working as ambassadors and promote 
AI and educate people about the new way of working with the technology, in line with 
Consideration 1. Similar to the one with Office 365 Ambassador group that has been 
established in the business area in which the strategic sourcing function lies under. This could 
be used to support people to understand the technology and the benefits and support in the 
transition phase where everyone in strategic sourcing should move towards working with AI. 
Starting small suggested could also make the transition towards new tasks more smooth, as well 
as working more agile as every step towards the final implemented solution will be evaluated. 
 
Consideration 9 – IPA 
If initiate an AI project, the focus when assessing the process steps that would be of value for 
applying AI and only AI. When established where AI can be applied within the strategic 
sourcing process and when the actual implementation has been done, it could be of value to 
assess if strategic sourcing could combine RPA and AI which is named Intelligent Process 
Automation (IPA), where AI technologies can be used to power the RPA according to UiPath 
(2020). This has also been suggested in the literature where automating workflows with RPA 
seem to be a necessary step for automation in procurement, and can thus be useful for the 
strategic sourcing function as well. The value assessment project has been investigating both of 
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the technologies but end up not go further with them in strategic sourcing. Since the result 
showed that the processes were not mature enough for RPA, it would however be even more 
important to change the processes if applying a combination of RPA and AI. It could however 
be of value to investigate IPA in a further research.  
 
5.4 Limitations and Further research 
The study has been limited to only interviewing two people outside the organisation and has 
focused more on internal people, mostly working at the strategic sourcing department at The 
Case Company. The next step could be to investigate what people outside the organisation 
would say about the opportunities of applying AI. Whether it would be differences in views 
between external people and internal people for example. The study is also limited by one level 
at maturity in an organization and it would be a good starting point for further research in this 
area to examine organizations within different maturity degrees when it comes to applying AI 
in strategic sourcing.  

In addition, this study has limited to only investigate the strategic sourcing part of the 
procurement process. An examination on opportunities for applying AI in other parts of the 
procurement process, such as operational purchasing. This could also be investigated to 
compare the differences in opportunities and challenges of applying AI in strategic sourcing 
versus operational purchasing. In addition, every identified area in the strategic sourcing 
process where AI seem to be applicable for the strategic sourcing function at The Case 
Company could be more analysed in depth. 

As AI is based on data, it would be interesting to research whether AI in strategic sourcing 
would be affected if the data comes from tier 2 or tier 3 suppliers. It has been suggested by one 
respondent in this study that strategic sourcing could be used for tier 2 suppliers by suggesting 
which suppliers their tier 1 suppliers may contact in order to lower the price. A kind of supplier-
buyer relationship. However, this could be a subject for further research and might include how 
the buyer-supplier relationship will be affected by an implementation of Artificial Intelligence. 
This field seems full of major opportunities for research. 

Combining AI and RPA (IPA) could also be more investigated although it has been touched 
upon in this study, which has been mentioned earlier. However, this thesis has been limited to 
only focus on AI technologies since RPA has been more focused on previously at the strategic 
sourcing function at The Case Company and AI was therefore an interesting area to investigate. 
Also because RPA was found to not be applicable in this state because of the immaturity of the 
process. However, when strategic sourcing is mature enough, a combination of both AI and 
RPA might be something to consider but this is suggested to be a subject to further research. 

Another aspect that was not discussed among interview respondent but has been proved to be 
an applicable area for AI is within Category Management and could thus be included in the 
opportunities factor in the framework for researches within this field in the future. AI 
capabilities in Category Management was also something brought up in the value assessment 
project for direct materials indicate that AI could be applicable in category management for the 
strategic sourcing function. Why this was not assessed during interviews may be several 
reasons. However, since spend analysis is a foundation for a building strategies of category 
management, it is indirectly an area that would be affected by applying AI in spend analytics. 
This could however be more investigated in further research. 

Suppliers were initially chosen to get a view from the supplier perspective and to get insights 
on how an implementation of Artificial Intelligence would affect the suppliers and how it could 
improve the buyer-supplier collaboration. In the literature, AI in Supplier Relationship 
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Management has not been studied extensively and therefore there is hard to make conclusions 
whether AI can be utilized in strategic sourcing function at The Case Company. However 
indirectly, by utilizing AI, strategic sourcing could spend more time on SRM and other more 
value creating activities. In this study it was hard to get anything concrete from the buyer-
supplier relationship from one supplier and the reason might be because suppliers are dependent 
on the buyer so it might be hard to get the whole truth from them. However, as the focus of this 
study was not to investigate the supplier-buyer relationship, it has not been investigated in depth 
but could be a subject for future research.  

5.5 Sustainability discussion 
The sustainability aspect in this study has been considered, both from a social, economic and 
environmental perspective. By for example using AI for selecting suppliers based on more 
sustainable parameters, for example some that has been presented in this study such as business 
ethics, anti-corruption, environmental performance, economy stability, labour rights can be 
taken into account for the AI to assess the risk of suppliers and thus, select suppliers that are 
more sustainable. Therefore, for example carbon-dioxide from transports could be detected and 
by not selecting those who will transport a long run would indirect affect the amount of 
emissions the strategic sourcing function will contribute to. There are internal goals to reduce 
the amount of emissions and as this has been considered, the parameters that affect the 
environment negatively can be avoided more often when spotted by the AI. Regarding the 
economical aspect, the strategic sourcing function also always try to reduce spend, no 
unnecessary investments should be done. The social aspect has been considered as strategic 
sourcing values their partnership with suppliers very much and the AI could point out 
parameters where suppliers are not following the regulations and compliance for the strategic 
sourcing function at The Case Company.   
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Appendices 
Appendix A 
Interview guide Swedish 

1. Vilken roll har du och vad gör du/arbetar med?  
a. Hur ser er process ut (om kategorichef eller strategisk inköpare)?  

  
2. Har ni någon digital strategi inom er inköpsorganisation?  

a. Hur jobbar ni med digitalisering och vad har ni för vision?  
  

3. Har ni några pågående eller planerade digitala initiativ eller projekt?  
a. Berätta om det projektet?  
b. Inkluderade det AI?  
  

4. Jobbar ni med Artificiell Intelligens inom inköp/generellt på något sätt och i så fall 
hur?  
  
5. Var i inköpsprocessen ser du mest möjligheter med att implementera AI?  

a. Spend Analysis 
b. Contract Management 
c. Supplier Selection  
d. Risk Management  
e. RFQ  
f. Annat  

  
6. Vad ser du för möjlighet att implementera AI i strategiskt inköp/generellt?  

a. Vad ser du för värde i att implementera AI?   
b. Hur skulle du dra nytta av att implementera AI?  

  
7. Vad ser du för utmaningar att implementera AI i strategiskt inköp/generellt?  

b. Vad kan man göra för att förhindra/motverka?  
  

8. Vilka risker ser du med en implementering av AI inom strategiskt inköp/generellt?  
  
9. Hur ser ni på framtiden med att implementera AI inom strategiskt inköp?  

   
10. Hur mogen/redo anser du att avdelningen för strategiskt inköp och/eller Case-företaget 
är för att applicera AI? 
 
11. Vad tror du man behöver för att kunna möjliggöra en implementation av AI inom 
strategiskt inköp?   

a. Tekniskt  
b. Organisation  
Processer  
 

12. Vad anser du är ett bra första steg om man skulle implementera AI i strategiskt 
inköp/generellt?  
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Appendix B 

Interview guide English 
 

1. What is your role and what do you do? 
a. How your process look like (if category manager or strategic buyer)? 

 
2. Do you have a digital strategy? 

a. How do you work with digitalisation and what is your vision? 
 

3. Do you have any ongoing or planned digital projects? 
a. Tell me about the project? 
b. Did it include AI? 

 
4. Do you work with Artificial Intelligence in strategic sourcing and if so, how? 

 
5. Where in the strategic sourcing process do you believe there are most opportunities for 

applying AI? 
a. Spend analysis 
b. Contract management  
c. Supplier selection 
d. Risk management 
e. RFQ process 
f. Something else 

 
6. What opportunities do you see with applying AI in strategic sourcing/in general? 

a. What value do you think it can bring? 
b. What would be the benefits for you? 

 
7. What challenges do you see with applying AI in strategic sourcing/in general? 

a. How do you think one can avoid it? 
 

8. What risks do you see with applying AI in strategic sourcing/in general? 
 

9. How do you see the future with applying AI in strategic sourcing? 
 

10. How mature/ready do you believe the strategic sourcing function and/or The Case 
Company is for applying AI? 
 

11. What do you think is needed in order to apply AI in strategic sourcing? 
a. Technological 
b. Organizational 
c. Processes 

 
12. What do you think is a good first step if applying AI in strategic sourcing/in general? 
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