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Abstract

This paper examines the new �rm e�ect on entrepreneurship

and investigates the new �rm employee transition to entrepreneur-

ship and controls for the worker's ability in terms of income residu-

als. For empirical analysis, dataset collected from Swedish matched

employee-employer database from �ve di�erent cohorts (2001-2005),

is used and competing risk models are employed. The �ndings in-

dicate that the new �rm e�ect on entrepreneurship is positive and

statistically signi�cant and remains even after controlling for a

worker's ability. Moreover, workers with the lowest and the high-

est abilities are more likely to enter entrepreneurship. This e�ect

on worker's ability is also true for the entrepreneurial transition

among incumbent �rm employees. In contrast, among new �rm

employees, women entering into entrepreneurship are drawn from

the lowest and the next highest tails of the income residual distri-

bution, while men entering into entrepreneurship are drawn only

from the lowest tails of the income residual distribution.
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1 Introduction

Given the importance for economic development the phenomenon of en-

trepreneurship has attracted considerable interest among policymakers

and researchers, which has led to research in the �eld from di�erent lev-

els and perspectives; research has focused on questions such as determi-

nants of new �rm formation, their role in economic dynamics and policies

stimulating new �rm formation (see e.g. Thai and Turkina, 2013; Valdez

and Richardson, 2013; Barreneche Garcia, 2014; Ferris and Voia, 2012).

There are many important determinants that impact on an individual's

decision to become an entrepreneur, such as a person's occupational qual-

i�cations, family resources, gender, schooling and wage (Berglann et al.,

2011; Poschke, 2013), however, as Wilton and Toh (2012) state, there

is no �one special� factor that determines entrepreneurship, but rather

many factors that interact together.

More recent research has begun to study the role of new �rms in the

labour market in terms of their role as employers with respect to which

individuals they decide to hire (see e.g., Nyström, 2011; Nyström and

Elvung, 2014). According to previous research, new �rms, because they

are small, are less favourable as employers in the sense that they pay

lower wages (Brixy et al., 2007), provide worse fringe bene�ts (e.g. Shane,

2009; Winter-Ebmer, 2001), o�er less employment stability (Brixy et al.,

2006), provide worse opportunities for skill enhancement (Wagner, 1997),

and face a high risk of closure (Persson, 2004). However, even though

entering a new �rm as an employee may be risky, new �rms may o�er

other attractive factors.

Because new �rms are small on average, �rm-size and �rm-age relations

are often used interchangeably in the previous research, and new �rms

share some common traits with small �rms. Unlike larger �rms, smaller

�rms may provide attractive features to their employees, such as higher

levels of freedom with less bureaucracy, and opportunities to work along-

side managers and entrepreneurial co-workers (see e.g. Chuang and Hsu,

2004; Sørensen, 2007; Wagner, 2004), such that individuals who prefer

to work more independently are more likely to enter smaller �rms (Idson
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and Feaster, 1990).

At the same time, small �rms are important for entrepreneurship; �the

small �rm e�ect�, as discussed in the literature, describes a positive rela-

tionship between employment in small �rms and the likelihood of employ-

ees becoming entrepreneurs (Elfenbein et al., 2010). The small �rm e�ect

has been supported empirically by many researchers. For instance, Hyyti-

nen and Maliranta (2008) use a large employee-employer dataset from

Finland, and Baltzopoulos (2009) employs Swedish employer-employee

data and �nd that smaller �rms spawn new entrepreneurs more frequently

than do larger �rms. From another point of view, Kacperczyk (2012),

using U.S. data, �nds that employees in large and mature organizations

are less likely to transition to entrepreneurship. In short, the small �rm

e�ect on entrepreneurship is fairly established in the literature.

However, as Haltiwanger et al. (2013) �nd, the e�ect of �rm age � not

size � is very important to understand in terms of entrepreneurship and

policies to promote entrepreneurship. Young �rms are small on aver-

age, but not all small �rms are young.1 Hence, the small �rm e�ect on

entrepreneurship may not always be the same as the �new �rm e�ect�

on entrepreneurship; therefore, the �rm-age e�ect should be considered

separately from the �rm-size e�ect.

Empirical evidence on the new �rm e�ect on entrepreneurship is scarce,

to the best of my knowledge. For instance, Wagner (2004) uses Ger-

man data and demonstrates both the statistical signi�cance and the

economic importance of work experience in a young and small �rm for

entrepreneurship, even after controlling for various individual character-

istics. In his work, he de�nes a young �rm as one that is at most 10 years

old. Similarly, Sørensen (2007) tests the new �rm e�ect � the e�ect of

employment in �rms aged between 0 and 9 � on the entrepreneurial entry

of employees using Danish data and �nd a positive e�ect of employment

in younger �rms on entrepreneurship. However, he also �nds that the

�rm age e�ect is more sensitive to the inclusion of industry �xed e�ects

1For instance, more than 50 percent of small and medium businesses in 18 OECD
(The Organisation for Economic Co-operation and Development ) countries are old,
although there are large di�erences between the countries (see Criscuolo et al., 2014).
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and that the new �rm e�ect on entrepreneurship is strongest during the

�rm's formative years � less than three years of age.

In sum, the literature provides scarce evidence on the new �rm e�ect on

entrepreneurship compared to the small �rm e�ect. Additionally, new

�rms have been de�ned in various ways in di�erent studies. Moreover,

these studies do not di�erentiate types of new �rms. For instance, among

di�erent types of new �rms spin-o�s on average are larger and di�er from

other new �rms in terms of quality of their employees (see Andersson and

Klepper, 2013). Hence, building on previous research, this paper studies

the new �rm e�ect on entrepreneurship by analysing an individual's en-

gagement in entrepreneurial activity through employment experience in

new �rms. Unlike previous studies, it focuses only on employees of inde-

pendent start-ups, thus excluding new �rm formations due to mergers,

acquisitions or spin-o�s.

As Elfenbein et al. (2010) discuss, previous studies debate the compara-

tive importance of nature versus nurture in explaining entrepreneurship.

The �rst part explains how an individual's innate abilities cause them to

select entrepreneurship (see e.g. Lazear, 2005), while the second part fo-

cuses on the entrepreneurial environment that enables entrepreneurship

(see e.g. Sørensen, 2007). However, Elfenbein et al. (2010) argue that the

small �rm e�ect on entrepreneurship may be explained by using either

category, such that those who prefer to work in small �rms may also

be those who will transition to entrepreneurship when the opportunity

arises, and small �rms may provide such opportunities and in�uence their

employees to transition to entrepreneurship. Hence, this paper studies

the new �rm e�ect on entrepreneurship controlling for the worker's abil-

ity. The mechanism behind the new �rm e�ect on entrepreneurship is

based on the environment that new �rms may o�er to their employ-

ees. This impact is driven by the increase in human capital through the

accumulation of entrepreneurial knowledge and skills important for start-

ing a business. As small �rms, new �rms may act as important breed-

ing grounds for entrepreneurs (Baltzopoulos, 2009), providing favourable

conditions to develop entrepreneurial knowledge and skills. Moreover,
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new �rm employees have an opportunity to gain start-up experience,

which is an important human capital for entrepreneurship (see Davids-

son and Honig, 2003) while working in new �rms in their early years of

establishment.

The new �rm e�ect may re�ect the greater accumulation of entrepreneurial

human capital of their employees while working for new �rms. However,

human capital accumulated in new �rms may di�er among workers with

di�erent abilities. Because people are heterogeneous in their abilities,

there is likely to be heterogeneity in human capital accumulation, even

when individuals have access to the same opportunities and environment,

for instance, that in new �rms. Previous research �nds that individuals

entering entrepreneurship may be di�erent in terms of their ability or

skills (see e.g. Andersson Joona and Wadensjö, 2013; Astebro et al., 2011;

Poschke, 2013). Hence, in this paper the worker's ability is controlled,

following Elfenbein et al. (2010) and the unobserved ability derived by

the income residuals, is used, following the novel measure proposed by

Andersson Joona and Wadensjö (2013)as a proxy for the worker's ability.

For empirical testing, this paper uses dataset collected from Swedish

matched employee-�rm database including newly hired employees in the

years 2001-2005, and employ competing risk models. Previous research

shows that women and men have di�erences in their employment prospects

and unemployment rates, which a�ect their outside options (Guell and

Petrongolo, 2007), and in job transitions as well (see e.g. Theodossiou and

Zangelidis, 2009; D'Addio and Rosholm, 2005). For instance, more men

select entrepreneurship than do women (see e.g., Lofstrom, 2014; Lazear,

2005). Hence, the transition of new �rm employees into entrepreneur-

ship is analysed for men and women separately. As Minniti and Levesque

(2008) argue, although entrepreneurship and self-employment are not the

same thing, self-employment is often used as a means to operationalize

empirically the contribution of entrepreneurship to macroeconomic activ-

ity. Therefore, self-employment is also included as entrepreneurship, and

the terms self-employment and entrepreneurship are used interchange-

ably in the paper.
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The �ndings of the paper indicate that the new �rm e�ect is positive

and statistically signi�cant and remains even after controlling for the

worker's ability. Many covariates in the analysis seem to a�ect the self-

employment transition for women and men in the same way; however,

many signi�cant di�erences across women and men exist. In particular,

family status has a di�erent impact on the self-employment entry for

women and men. Moreover, the model including the ability dummies

shows that the employees in the highest and the lowest deciles of the in-

come residual distribution are more likely to enter entrepreneurship than

those in the middle of the income residual distribution. In particular,

both women and men who belong to the lowest 20 percent and the high-

est 20 percent of the income residual distribution are signi�cantly more

likely than the reference group (the middle of the residual distribution) to

become self-employed. The relatively high rate of entrepreneurial entry

among workers in the lowest tail of the income residual distribution may

be explained by the opportunity cost factor (see Elfenbein et al., 2010),

such that lower-ability workers have the lowest opportunity cost of be-

coming self-employed. However, workers in the lowest and the highest

ends of the income residual distribution may have di�erent reasons for

transitioning to self-employment. Finally, the analysis of the transition

of workers in new and incumbent �rms separately, shows that among new

�rm employees, self-employed women are drawn from the lowest and the

next highest tails of the income residual distribution, while self-employed

men are drawn from the lowest tails of the income residual distribution

only. However, among incumbent �rm employees, both self-employed

women and men are drawn from both tails of the income residual distri-

bution, suggesting that workers with the lowest and the highest abilities

are more likely to enter entrepreneurship.

The structure of the paper is as follows. Section 2 presents the conceptual

framework and a review of previous literature in the area. The data

description, variables and descriptive analysis are described in section 3.

The empirical strategy is presented in section 4, and the empirical results

are presented and discussed in section 5. Finally, in section 6, conclusions
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are made and suggestions for future research are presented.

2 Employment experience in new �rms as

important human capital for entrepreneur-

ship

Employee recruitment by �rms is a matching process between prospective

employees and employers and depends on employee and employer charac-

teristics. Individuals and �rms face both �rm and individual constraints

in the matching process. First, new �rms may �nd it di�cult to employ

highly quali�ed employees because they face constraints in the matching

process due to their newness (see e.g. Nyström and Elvung, 2015, for

a detailed discussion). At the same time, new �rms, because they are

small, are less attractive to potential employees, as they o�er worse jobs

than large incumbent �rms � wages are lower, fringe bene�ts are lower,

job security is lower and opportunities for skill enhancement are worse

(see e.g. Wagner, 1997; Shane, 2009). However, an individual's selec-

tion into new �rms may depend on non-pecuniary attractive attributes

of �rms. New �rms, as small �rms, may attract certain individuals by

providing, for example, less bureaucracy (Sørensen, 2007), close commu-

nication and often better relationship between employers and employees,

a much broader range of tasks and responsibilities, rewards for desirable

employee behaviours, and the possibility of obtaining di�erent forms of

compensation2 compared to larger �rms. Additionally, new �rms are

found to be important for certain group of individuals. For instance,

those most likely to enter new �rms include young individuals (Ouimet

and Zarutskie, 2014), immigrants and recent graduates (Nyström, 2011),

and involuntary job switchers (Nyström and Elvung, 2015). Finally, new

�rms di�er in their hiring decisions. New �rms are heterogeneous, and

as Dahl and Klepper 2015 �nd, productive new �rms hire more talented

2See Tumasjan et al. (2011) for a detailed discussion on attractive job attributes
of small �rms.
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employees already from the time of entry, and these �rms consistently

pay higher wages to their new hires.

According to the sociological view of entrepreneurship, the society or

context can in�uence the propensity to undertake entrepreneurial activ-

ities (Landstrom, 2006). In this view, the society or context of working

at new �rms, in this case, may in�uence an individual's entry into en-

trepreneurial activities. The argument here is that working at a new

�rm provides a special environment that may increase the value of hu-

man capital, which is important for entrepreneurship. Positive e�ects of

human capital in terms of entrepreneurship training and education are

found both on intentions to start a business (Galloway and Brown, 2002;

Kolvereid and Moen, 1997) and on entrepreneurship performance (Martin

et al., 2013). Human capital, which is important for entrepreneurship, is

accumulated not only through schooling and education but also through

experience, for instance, in new �rms.

Since new �rms are often small, they share some similar characteris-

tics with small �rms. In the literature, small �rms have positive ef-

fects on an individual's engagement in entrepreneurial activities. The

less-bureaucratic environment found in small �rms allows closer relation-

ships between leadership and employees (Sørensen, 2007) and enhances

learning about �rm functioning (Gompers et al., 2005). In many cases,

employees enjoy more �exibility and more breadth in their jobs than

they usually do in large companies (Chuang and Hsu, 2004). Individuals

performing tasks similar to those of entrepreneurs in small �rms may

increase their con�dence in their ability to start a new �rm (Audia and

Rider, 2007). Hence, engagement in the broader tasks of small-�rm em-

ployees compared with the tasks of employees in incumbent �rms may

increase the opportunity to develop a broader, more diverse set of skills,

including both practical knowledge and management skills, which are

important for entrepreneurial engagement (Lazear, 2005).

New �rms tend to be small; however, not all small �rms are new. Unlike

employment in small �rms that are not necessarily new, employment in

new �rms involves job tasks related to the �rm's early establishment. A
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�rm's routines are likely to be established relatively early in its life, con-

stituting an environment di�erent from that of incumbent �rms, which

have established routines, their own niches in the market, and established

networks and customers. Under these conditions, new �rms may provide

a better environment for their employees to increase the value of their hu-

man capital via start-up experience; this type of human capital is found

to be important for entrepreneurship. For instance, Davidsson and Honig

(2003) �nd that the strongest human capital variable appeared to be tacit

knowledge acquired from previous start-up experience, that is, individu-

als' past experience of starting a business. Similarly, Farmer et al. (2011)

�nd that individuals with previous start-up experience are more likely to

be entrepreneurs than are those without such experience since past ex-

perience may give an advantage in knowing about what to expect, what

mistakes to avoid, and which strategies to apply when establishing a new

�rm. Employees with new �rms are not yet entrepreneurs; however, ac-

cording to Chen (2013) in the early stages of a startup, employees and

founders are more integrated as one work group, and the boundaries be-

tween their functional roles are less clear than in many more-established

�rms. Chen (2013) argues that, unlike regular workers, early employees

have closer interactions with founders and deeper involvement in the early

stages of business operation. Hence, the involvement in new �rms' ac-

tivities and functioning and the opportunity to work alongside managers

may give new �rm employees an opportunity to increase their human

capital on start-up and entrepreneurial skills and therefore increase their

propensity to be engaged in entrepreneurship.

3 Data and descriptive statistics

3.1 Data source

Data used in this paper are obtained from the unique matched employee-

employer database provided by Statistics Sweden. The database consists

of extremely detailed information about, e.g., age, gender, place of birth,
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education, place of residence, employment status, annual income and

employers for all employees for the 1986-2012 period. In this paper, the

transition of new �rm employees into entrepreneurship is analysed. The

data set contains all individuals working in private enterprises from �ve

di�erent cohorts corresponding to the years 2001-2005. For each cohort,

the data set is constructed in the following way. For instance, for cohort

2001, the unit of observation is a newly hired employee who accepted

employment at new or incumbent (all other �rms) �rms in year 2001.

This person may have been working at another �rm, unemployed or

inactive in the labour market a year before he/she joins the �rm3. These

individuals are followed in each cohort until they switch their current

employment or until the latest year of observation by tracking them over

a six-year period4.

This data set is constructed by two principles following Sørensen (2007):

the analysis is restricted to the �rst transition to entrepreneurship, and

to avoid the biases introduced by left-censoring in hazard-rate models

(discussed in section 5), the data set includes only new hires in order to

ensure that individuals are followed from when they are �rst at risk of

leaving their employer to enter entrepreneurship. Furthermore, the data

set is restricted to include individuals aged 25 to 55 years in the �rst year

of observation in order to exclude individuals who may still be complet-

ing their education or who are close to retirement age. Additionally, all

individuals engaged in entrepreneurial activities in the �rms are excluded

in order to keep only wage employees because the paper studies the role

of new �rms as employers. From this data set, self-employed individuals

(�rms with only one employee) are excluded . As Sørensen (2007) argues,

there is a possibility of a sorting mechanism such that individuals with

prior self-employment experience of their own are more likely to work

for small �rms, suggesting that the small �rm e�ect on entrepreneurship

3If a person switches from her previous �rm to her current one due to mergers,
acquisitions or spin-o�s, she is treated as a non-entrant and is thus excluded from the
data set.

4These years are selected according to the availability of the main variables used in
the analysis and the possibility of following the new �rms during their critical period
since a typical start-up fails within �ve years (see e.g. Shane, 2009)
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may be caused, at least in part, by sorting processes. Thus, to avoid

possible selection problems, all new hires with any self-employment ex-

perience during the past �ve years prior entering the current �rms are

excluded. Additionally, individuals working in the agriculture, mining

and household services sectors are dropped.5 The �nal data set for all

�ve cohorts consists of 62,962 (89,597) newly hired women (men) in new

�rms and 496,949 (674,617) women (men) in other or incumbent �rms.

3.2 Variables and summary statistics

This paper analyses the transition from new �rm employment to en-

trepreneurship. The main dependent variable in the analysis is a dummy

variable that speci�es the worker's transition to entrepreneurship or self-

employment in the next period at another �rm.6 The de�nition of an en-

trepreneur is based on the de�nition of Statistics Sweden: self-employed

at one's own company or a co-owner at one's own limited company.7

Following Andersson Joona and Wadensjö (2013) individuals with en-

trepreneurial income independent of their occupation are also included

to this category. The other competing employee transitions � transi-

tions to wage-employment and non-employment � are also included in

the analyses.

Measurement of entrepreneurial human capital in �rms is not directly

observable in the data, but the paper focuses on observable �rm charac-

teristics given by �rm age and analyses how �rm age a�ects individual

rates of entrepreneurial entry. Firm age, given by a new �rm dummy,

5Following Parker and Van Praag (2012), the agricultural sector is excluded be-
cause it is usually seen as a distinct sector and because entrepreneurship researchers
often exclude it from empirical analysis. The other sector is excluded from the data
set due to very few observations.

6The �rms in which new �rm employees become self-employed are not related to
the current �rm in order to exclude, for instance, subcontractors or owners of their
prior �rms (Elfenbein et al., 2010)

7An individual is de�ned as self-employed if the income received from self-
employment is higher than the income received from paid employment in the work-
place chosen as one's main activity during November. The highest November in-
come determines the choice of workplace. Additionally, the entrepreneurial income is
weighed by a factor of 1.6 (see ?, p.78).
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indicates a new �rm that is at most �ve years old at the beginning of the

observation period. A new �rm is de�ned as a newly established �rm,

an independent start-up, that is at most �ve years old since its establish-

ment and with at most 10 employees at the time of its establishment.8

All other �rms that are not new according to the de�nition above are

incumbent �rms and are used as a control group in the analysis.

Another important individual-�rm characteristic is the tenure in the �rm.

Since people are more likely to become entrepreneurs if they joined an

employer in its formative years (Sørensen, 2007), the new �rm e�ect

may be stronger for shorter �rm-speci�c tenure. Longer job tenure in

paid employment may indicate high-quality job-market matches between

workers and employers9, which implies higher opportunity costs of entry

and, hence, lower probabilities of transitions into entrepreneurship (see

e.g. Kaiser and Malchow-Møller, 2011; Lofstrom et al., 2014). On the

other hand, those with longer tenure are less likely to start a business

(Hyytinen and Maliranta, 2008). It may also indicate individual taste

� individuals who appreciate a stable working environment will have a

longer tenure than people with a taste for change. Then, shorter tenure in

new �rms maybe even more important for entrepreneurial human capital

accumulation during the early life of new �rms. On the contrary, shorter

tenure in the �rm may indicate job instability as well.

Additionally, a proxy measure for worker's ability based on a novel mea-

sure by Andersson Joona and Wadensjö (2013) is included. They derive

the residuals from an OLS (Ordinary Least Squares) income regression

with a large set of covariates as a measure of the di�erences between the

actual income a worker receives and the average income workers with the

same set of observable characteristics receive. Following this method, the

8This restriction of �rm size is based on the classi�cation of start-ups by Eriksson
and Kuhn (2006) based on Danish data. New �rms with more than 10 employees are
assumed to be divestitures, reorganizations of activities that previously occurred at
an incumbent �rm. For Swedish data, Andersson and Klepper (2013) use a similar
classi�cation of start-ups.

9For instance, wages tend to increase with the tenure (see e.g. Bruce and Schuetze,
2004), and the probability of quitting his or her job declines as the worker's job tenure
increases (e.g. Burdett, 1978; Hall, 1972).
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residuals from the income equations are derived with a set of covariates

(used in the main analysis as well) separately for each time period and

for women and men, and a percentile rank in the income residual dis-

tribution is constructed. Four dummies indicating the residuals at the

bottom and the top of the income residual distribution (10th, 20th, 80th

and 90th percentiles) are used with the reference category, membership

in the middle 60 percent of the income residual distribution.

The variables included in the analysis are the variables available in the

data that potentially a�ect the transition into entrepreneurship based on

the economic signi�cance and on previous research. Explanatory vari-

ables used in the analysis include individual controls, �rm and regional

characteristics. Individual controls include one's previous nonemployed

state, age, gender, family status (married or cohabiting and the pres-

ence of young children), education, and foreign background, given by

birth region. As Kaiser and Malchow-Møller (2011) argue marital sta-

tus and the number of children may be considered as proxy variables for

risk aversion. Additionally, local unemployment rates for Swedish mu-

nicipalities10 are controlled. Regional variables are included to indicate

which labour market region individual lives in. Dummy variables for

the major labour market areas of Stockholm, Gothenburg and Malmo

are included.11 Individual-�rm controls are occupation12, tenure in the

�rm as a �rm-speci�c experience and full-time employment.13 Another

variable is the annual income, taken as a proxy for the opportunity costs

of pursuing entrepreneurship (see e.g. Lee et al., 2011). This suggests

10Data source for the unemployment rate: Swedish Employment Agency, �Öppet
arbetslösa och sökande i program med aktivitetsstöd, andelar av befolknin-
gen� http://www.arbetsformedlingen.se/Om-oss/Statistik-prognoser/Tidigare-
statistik.html.

11There are 72 local labour market regions. They are de�ned based on commuting
patterns between 290 municipalities in Sweden (see SCB, 2010)

12The Swedish Standard Classi�cation of Occupations is based on International
Standard Classi�cation of Occupations (ISCO). Four occupational dummies used in
the paper are based on classi�cation of Andersson and Klepper (2013)

13In the dataset, there is no explicit information about full-time employment. Fol-
lowing Skans et al. (2007), a person is considered to be employed full-time if the
income exceeds a minimum wage, which is de�ned as 75 percent of the mean wage of
janitors employed by local municipalities. This index is calculated on an annual basis
(available upon request).
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that the opportunity cost associated with pursuing an entrepreneurial

opportunity will generally be higher for employees with larger income.

Firm controls include �rm size and industry sectors. Detailed de�nitions

of the variables are given in Table 1.

Table 2 presents the descriptive statistics of the newly hired employees at

the time they entered their �rms. These statistics reveal some useful in-

sights. In general, the table shows that new �rm employees are di�erent

from other �rm employees in many characteristics. These di�erences vary

between women and men as well, although many of their characteristics

are similar. As Table 2 shows the average age of employees is similar for

both new and incumbent �rms. However, new �rms' employees are more

likely to enter the �rm from non-employment and are less likely to have

tertiary education than incumbent �rm employees. However, employees

born in Africa, Asia and South America and with primary education are

over-represented in new �rms among men only. Additionally, employ-

ees in new �rms are more likely to be in retail and less likely to be in

manufacturing sectors.

Table 3 presents the transition matrix that takes place in time t+1 . As

the table shows, 53 per cent of entrants in new �rms and 51 per cent of

entrants in incumbent �rms transition to other �rms as wage employees,

yielding quite a similar trend. However, looking at the employee transi-

tion to entrepreneurship, one can see that the share of new �rm employees

who transition to self-employment is larger than the share of incumbent

�rm employees who transition to self-employment � 4.5 and 2.5 per cents,

respectively. However, at the end of year six, approximately 16 percent

of all entrants in new �rms survived or remained in the same �rm, while

29 per cent of employees in incumbent �rms stayed with the same �rm at

the end of the observation period. This shows that new �rms' employees

are more likely to leave their �rms than other �rms' employees. Addi-

tionally, only 17 percent of all entrants in incumbent �rms transition to

non-employment, while 26 per cent of new �rm entrants transition to

non-employment, which makes new �rms risky employers.

The characteristics of the employees entering self-employment sorted by
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two groups, new versus incumbent �rms, are shown in Table 4. Both

women and men in new �rms with previous non-employment experience

are more likely to enter self-employment in general than those in incum-

bent �rms. They are less likely to have a tertiary education and more

likely to have a background from outside of Europe and North America.

Looking at the individual-�rm characteristics of the employees entering

self-employment, it shows that new �rm employees are less likely to be

specialists but are more likely to be o�ce workers. Additionally, they

are less likely to come from the manufacturing sector and more likely to

come from the retail sector. Finally, new �rm employees entering self-

employment are more likely to have a slightly shorter �rm-speci�c tenure

than the self-employed coming from other �rms.

4 Empirical strategy

In this paper, the transition of an employee from the current state, em-

ployment at a new/incumbent �rm, is examined as the employee exits.

A discrete-time duration model with competing risks of exit is speci�ed

following Allison (1982). Since there are several alternatives the worker

faces at each time period in addition to entering self-employment or stay-

ing in his or her job, all possible outcomes are considered to compare self-

employment entry with the alternative of staying as an employee with

the current �rm. Thus, a discrete-time duration model is applied for

entrants with three competing risks: moving to self-employment, wage

employment or non-employment. Remaining with the current �rm is the

reference state. In competing risk models, continuous-time models are

common; however, for time units given by years, as in this case, this treat-

ment becomes problematic (Allison, 1982). Therefore, a discrete-time

model is used rather than a continuous-time model because the data are

derived from yearly observations. In particular, a complementary log-

log model is used to estimate competing risk models that identify the

e�ects of explanatory variables on the hazards of �rm and occupational

change. In this discrete time model, the assumption is that transitions
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can occur only at the boundaries of the intervals t = (t, t + 1] (see e.g.,

Narendranathan and Stewart, 1993). Following Jenkins (2005), the pro-

portional hazard model is speci�ed, the transition of an individual from

the current �rm to one of the feasible destination states j = {S,W,N} (S-
self-employment,W -wage-employment and N -non-employment) in inter-

val t with no frailty or unobserved heterogeneity as:

hj(t,X) = 1− exp {−exp [θj(t) + β′jX]}↔

↔log
[
−log

(
1− hj(t,X)

)]
= θ(t)j + β′

j
X (1)

and with unobserved heterogeneity:

hj(t,X|v) = 1− exp
{
−exp

[
θj(t) + β′jX(t) + u

]}
↔

↔log
[
−log

(
1− hj(t,X|u)

)]
= θ(t)j + β′

j
X + u (2)

where θ(t) is the baseline hazard function, X is observed heterogeneity,

and u is an unobserved individual-speci�c error term and may be inter-

preted as the impact of omitted variables on the hazard rate. The model

is estimated by assuming that u follows the normal distribution.14 The

inclusion of only newly hired employees in the analysis avoids problems

with left-censoring in the model.

Dependent variables are the transition to self-employment, wage employ-

ment and non-employment, with staying at the current �rm as a base

category at each time t. The analysis for each event type is examine

separately, while treating other competing events as censored categories.

For all individuals joining new or incumbent �rms in �ve cohorts, start-

ing point, years 2001-2005, are observed when the worker is hired by new

or other �rms. However, ending points are not observed for all individ-

uals due to incomplete spells at the end of the observation period, so

the dataset is right censored. Hence, the individuals who are employed

by the same �rm at the end of the observation period are treated as

right-censored observations.

14Alternatively, one may suppose that u has a Gamma distribution. The comple-
mentary log-log model with normally distributed errors can be estimated by using
Stata's xtcloglog command.
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5 Estimation results

In the �rst part of the analysis, the transitions of employees in new

and incumbent �rms, to self-employment are estimated with the base

category, individuals who do not exit. Additionally, the other transitions,

wage-employment and non-employment are analysed. Tables 5 and 6

give the estimation results of these transitions and present hazard ratios

for women and men, respectively.15 The tables provide the estimation

results of the models with unobserved heterogeneity, which is assumed

to follow a normal distribution. A positive coe�cient means that the

hazard � or the exit from the current �rm � increases with a higher

value of the respective variable. In the model the likelihood ratio tests

suggest that unobserved heterogeneity is signi�cant in some speci�cations

(e.g., columns 4, 5 and 6 in Table 5 and columns 3-9 in Table 6, and in

others, the frailty is unimportant. In the second part of the analysis,

the model given by equation (2) is estimated for employees in new and

incumbent �rms separately. As Dahl and Klepper (2015) �nd, productive

new �rms hire more talented employees and, beginning with the time

of entry, consistently pay higher wages to their new hires. Thus, the

variation of the income in a new �rm may also re�ect the employee's

ability within the �rm. In the analysis, the ability variable from the

income residuals is estimated for new and incumbent �rms separately.

Tables 7 and 8 give the estimation results of the employee transitions in

new �rms and incumbent �rms, respectively.

5.1 New �rm employee transition to entrepreneur-

ship

The estimates for the competing risk models are reported in Tables 5 and

6 for women and men, respectively. Many covariates in the analysis seem

to a�ect the self-employment transition for women and men in the same

15The bivariate correlation matrix (not reported here) between the variables in-
cluded in the analysis suggests that the independent variables are not highly corre-
lated and that multicollinearity does not pose a concern.
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way; however, many signi�cant di�erences across women and men exist.

The main �ndings from all three speci�cations of the self-employment

transition of women and men (columns 1-3 of Tables 5 and 6) are as

follows.

First of all, the new �rm e�ect on entrepreneurship is positive and sta-

tistically signi�cant. This positive e�ect remains statistically signi�cant,

even after controlling for the opportunity costs given by the previous

income and the worker's ability (columns 2 and 3). Workers who have

fewer years in tenure with the current �rm are more likely to transit to

self-employment, consistent with the previous �ndings (see e.g. Kaiser

and Malchow-Møller, 2011; Berglann et al., 2011; Hyytinen and Mali-

ranta, 2008). Age has an inverse U-shaped relationship on the hazards of

the transition into entrepreneurship. This result is also consistent with

the previous empirical �ndings (Hyytinen and Maliranta, 2008; Kaiser

and Malchow-Møller, 2011). However, non-employment experience prior

to entering the new or incumbent �rms seems to have a negative e�ect on

the entry into self-employment. As the level of education and the occupa-

tion increases, the likelihood to enter entrepreneurship increases. Having

full-time employment reduces the probability of becoming self-employed.

Additionally, as previous income increases, the hazard of exiting and en-

tering entrepreneurship, which may be explained by the opportunity cost

factor, decreases.

There are some explanatory variables that a�ect the hazard of the self-

employment entry for women and men in di�erent ways. While women's

family status as married or cohabiting is statistically insigni�cant and

having children under 18 years old has a statistically signi�cant neg-

ative e�ect on the entry into self-employment, men who are married

or cohabiting and have children under 18 years old are more likely to

enter self-employment. This �nding may indicate that women having

small children are more risk averse than men, as the presence of children

may be considered as proxy variables for risk aversion (see Kaiser and

Malchow-Møller, 2011). Therefore, women may prefer more stable and

less risky employment over entering into self-employment. Additionally,
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being born outside of Europe and North America has an statistically

insigni�cant e�ect on women's entry into self-employment and an sta-

tistically insigni�cant e�ect on men becoming self-employed. It is also

worth noting that self-employed women are more likely to transition to

entrepreneurship from the �nance sector, while men are less likely come

from all other sectors (except the electricity sector) than other service

sectors.

In general, employees of new �rms much more frequently transition into

self-employment than those working in incumbent �rms. Column 3 of

Tables 5 and 6 present employees' transition to self-employment after

controlling for ability for women and men, respectively. The �ndings

indicate that the positive new �rm e�ect on entrepreneurship remains

statistically signi�cant even after controlling for employee ability. This

suggests that the new �rm e�ect is not due to the worker's ability, but

remains robust after controlling for the worker's ability. However, the

model including the ability dummies shows that the employees with the

highest and the lowest abilities are more likely to enter entrepreneur-

ship than those in the middle. In particular, women (men) who belong

to the lowest 20 percent (20 percent) and the highest 20 percent (the

next highest 10 percent) of the income residual distribution are signi�-

cantly more likely than the reference group (the middle of the residual

distribution) to become self-employed. The �ndings indicate that more

able employees and workers with lower abilities are more likely to enter

entrepreneurship, which is consistent with previous research (Elfenbein

et al., 2010; Andersson Joona and Wadensjö, 2013). According to Elfen-

bein et al. (2010), the relatively high rate of entrepreneurial entry among

workers with the lowest ability may be explained by the opportunity

cost factor, such that lower-ability workers have the lowest opportunity

cost of becoming self-employed and, hence, a higher likelihood of enter-

ing self-employment. However, high-ability workers may have di�erent

reasons for transitioning to self-employment than lower-ability workers,

which is not explained by the opportunity cost factor (Elfenbein et al.,

2010). As Andersson Joona and Wadensjö (2013) �nd that workers with
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the highest and the lowest abilities may transition to di�erent types of

self-employment activities.

Looking at the other transitions it can be observed that women and men

working in new �rms are indi�erent to enter wage-employment after con-

trolling for ability; however, the employees in the highest and the lowest

deciles of the income residual distribution are more likely to enter wage-

employment. In contrast, both women and men are more likely to exit

new �rms and enter non-employment even after controlling for ability,

while those who belong to the lowest 20 percent (highest 20 percent) of

the income residual distribution are signi�cantly more (less) likely than

the reference group to enter non-employment.

5.2 Entrepreneurial entry of new and incumbent �rm

employees

To analyse the transition to self-employment among workers with di�er-

ent abilities in new and incumbent �rms, equation (2) is estimated for

new and incumbent �rms separately. The estimations of workers' tran-

sitions including the ability dummies are presented in Tables 7 and 8 for

new and incumbent �rm employees, respectively. The main �ndings of

the main explanatory variables in the tables are similar and consistent

with the �ndings in Tables 5 and 6 as well. However, a worker's ability

has di�erent e�ects on the self-employment entry when new and incum-

bent �rm employees are taken separately. The �ndings indicate that

among new �rm employees, women who belong to the lowest 20 percent

and the next highest 10 percent of the income residual distribution are

more likely to enter entrepreneurship, while men who belong to the lowest

20 percent of the distribution only are more likely to enter entrepreneur-

ship. Looking at other exits, those who are in the lowest 20 percent are

more likely to enter wage-employment or non-employment, while those

who are in the higher deciles are less likely to enter wage-employment or

non-employment.

On the other hand, the �ndings from Table 8 indicate that both women
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and men working in incumbent �rms who belong to the lowest 20 percent

and the highest 10 percent of the income residual distribution are more

likely to enter entrepreneurship. Additionally, women (men) who belong

to the lowest 20 percent (20 percent), and the highest 10 percent (10

percent) of the distribution are more likely to enter wage-employment;

however, women who belong to the next highest 10 percent of the income

residual distribution are less likely to enter wage-employment. Finally,

consistent with the previous �ndings, both women and men with the

lowest ability are more likely to enter non-employment, and those with

the highest ability are less likely to enter non-employment. Thus, in

general, lower-ability workers in new �rms are more likely to exit their

�rms. Additionally, the worker's ability among new and incumbent �rms

has di�erent impacts on the entry into self-employment, especially for

men, which may show that self-employed coming from new �rms may

be more often engaged in di�erent types of entrepreneurial activity than

the self-employed transitioning from incumbent �rms. For instance, An-

dersson Joona and Wadensjö (2013) �nd that among wage-earners the

self-employed starting unincorporated �rms (e.g., purely new �rms) are

drawn from both tails of the income residual distribution, while the self-

employed starting an incorporated �rm (e.g., spinouts) are only drawn

from the top of the income residual distribution.

6 Conclusion

This paper examines the new �rm e�ect on entrepreneurship. The ques-

tion addresses whether employment experience in a new �rm increases

the likelihood of its employees to become entrepreneurs. Building on pre-

vious research, this paper examines the new �rm employees' transition to

self-employment and control for the worker's ability, as derived by income

residuals. For the empirical analysis, dataset collected from the matched

employee-employer database provided by Statistics Sweden and from �ve

di�erent cohorts (2001-2005) is used and employ competing risk models.

The paper analyses the new or incumbent �rm employees' transition to
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self-employment, considering the other exits to wage-employment and

non-employment. The analysis consists of two parts: �rst, the e�ects of

employment in new �rms compared to that in incumbent �rms on self-

employment entry is estimated and control for workers' ability. In the

second part, the transitions of new and incumbent �rm employees are es-

timated separately in order to analyse if the variation of workers' ability

within new or incumbent �rms has di�erent impacts on these workers'

self-employment entry.

The �ndings indicate that the working environment provided by new

�rms matters for transition to entrepreneurship. This impact is driven by

the increase in human capital through the accumulation of entrepreneurial

knowledge and skills important for starting a business. As small �rms,

new �rms act as important breeding grounds for entrepreneurs, provid-

ing the best conditions to develop entrepreneurial knowledge and skills.

Moreover, new �rm employees have opportunities to gain start-up expe-

rience while working in new �rms in their early years of establishment.

The �ndings show that many covariates in the analysis seem to a�ect the

self-employment transition for women and men in the same way; how-

ever, some di�erences across women and men exist; particularly, family

status has di�erent impacts on the self-employment entry among women

and men.

The new �rm e�ect on entrepreneurship is positive and statistically sig-

ni�cant. This positive e�ect remains statistically signi�cant even af-

ter controlling for opportunity costs, given by previous income, and the

worker's ability. This suggests not only that the new �rm e�ect is due

to the worker's ability but also that this e�ect is robust after controlling

for the worker's ability. However, the estimates show that the employees

in the highest and the lowest deciles of the income residual distribu-

tion are more likely to enter entrepreneurship than those in the middle

of the income residual distribution. This �nding may be partially ex-

plained by the opportunity cost factor such that relatively high rate of

entrepreneurial entry among workers with lower ability may show that

lower-ability workers have the lowest opportunity cost of becoming self-

22



employed and, hence, a higher probability to transit to entrepreneurship.

However, workers in the highest residual distribution may have di�erent

reasons for transitioning to self-employment.

Looking at the transition of new �rm employees, the results indicate that

women working in new �rms who belong to the lowest 20 percent and

the next highest 10 percent of the income residual distribution are more

likely to enter entrepreneurship, while men who belong to the lowest 20

percent of the distribution only are more likely to enter entrepreneurship.

On the other hand, both women and men working in incumbent �rms

who belong to the lowest 20 percent and the highest 10 percent of the

income residual distribution are more likely to enter entrepreneurship.

This paper aims to contribute to the discussion on the role of new �rms

in the labour market in terms of a new �rm e�ect on entrepreneurship

and to extend our knowledge on entrepreneurship. However, the present

research has limitations. In this paper, the focus is on only on one speci�c

type of new �rms, independent start-ups, as entrepreneurial �rms. As

the descriptive statistics show, this type of new �rm is concentrated in

speci�c industry sectors. It would be interesting to include other types of

new �rms as well. Second, entrepreneurs' transitions to other �rms are

not di�erentiated by types of entrepreneurial activity. This limitation

could lead to another question if the new �rm e�ect is di�erent for these

di�erent types of transitions, especially when considering the worker's

ability. Finally, the paper does not separate between the voluntary and

involuntary (e.g., due to �rm closure) transitions of new �rms' employ-

ees. Considering these di�erent transitions may explain more about the

new �rm e�ect entrepreneurship and the underlying motivation for these

individuals to become entrepreneurs.

23



References

Allison, P. D., 1982. Discrete-time methods for the analysis of event

histories. Sociological methodology 13 (1982), 61�98.

Andersson, M., Klepper, S., 2013. Characteristics and performance of

new �rms and spino�s in sweden. Industrial and Corporate Change

22 (1), 245�280.

Andersson Joona, P., Wadensjö, E., 2013. The best and the brightest or

the least successful? Self-employment entry among male wage-earners

in Sweden. Small Business Economics 40 (1), 155�172.

Astebro, T., Chen, J., Thompson, P., 2011. Stars and Mis�ts: Self- Em-

ployment and Labor Market Frictions. Management Science, 1999�

2017.

Audia, P. G., Rider, C. I., 2007. Entrepreneurs as Organizational Prod-

ucts Revisited. In: R. Baum, M. Frese, Baron, R. (Eds.), Entrepreneurs

as organizational products revisited. No. 1986. Lawrence Erlbaum As-

sociates, pp. 113�130.

Baltzopoulos, A., 2009. The �rm and the region as breeding grounds for

entrepreneurs. CESIS Electronic Working Paper Series Paper (189),

9�48.

URL https://static.sys.kth.se/itm/wp/cesis/cesiswp189.pdf

Barreneche Garcia, A., 2014. Analyzing the determinants of en-

trepreneurship in European cities. Small Business Economics 42 (1),

77�98.

Berglann, H., Moen, E. R., Røed, K., Skogstrøm, J. F., 2011. En-

trepreneurship: Origins and returns. Labour Economics 18 (2), 180�

193.

Brixy, U., Kohaut, S., Schnabel, C., 2006. How fast do newly founded

�rms mature? Empirical analyses on job quality in start-ups. In: En-

24



trepreneurship in the Region. No. 1989 in International Studies in En-

trepreneurship. pp. 95�112.

Brixy, U., Kohaut, S., Schnabel, C., 2007. Do newly founded �rms pay

lower wages? First evidence from Germany. Small Business Economics

29 (1-2), 161�171.

Bruce, D., Schuetze, H. J., 2004. The labor market consequences of ex-

perience in self-employment. Labour Economics 11 (5), 575�598.

Burdett, K., 1978. A Theory of Employee Job Search and Quit Rates.

The American Economic Review, 68 (1), 212�220.

Chen, J., 2013. Firm Characteristics and Employee Entrepreneurs '

Choice of Cofounders and Early Employees. Copenhagen Business

School Working Paper (February), 1�26.

Chuang, Y. C., Hsu, P. F., 2004. The employer size-wage di�erentials in

Taiwan. Small Business Economics 23 (4), 285�297.

Criscuolo, C., Gal, P. N., Menon, C., 2014. The Dynamics of Employment

Growth. OECD Science, Technology and Industry Policy Papers (14),

96.

D'Addio, A. C., Rosholm, M., 2005. Exits from temporary jobs in Europe:

A competing risks analysis. Labour Economics 12 (4), 449�468.

Dahl, M. S., Klepper, S., 2015. Whom do new �rms hire? Industrial and

Corporate Change 24 (4), 819�836.

Davidsson, P., Honig, B., 2003. The role of social and human capital

among nascent entrepreneurs. Journal of Business Venturing 18 (3),

301�331.

Elfenbein, D. W., Hamilton, B. H., Zenger, T. R., 2010. The Small Firm

E�ect and the Entrepreneurial Spawning of Scientists and Engineers.

Management Science 56 (4), 659�681.

25



Eriksson, T., Kuhn, J. M., 2006. Firm spin-o�s in Denmark 1981-2000 -

patterns of entry and exit. International Journal of Industrial Organi-

zation 24 (5), 1021�1040.

Farmer, S. M., Yao, X., Kung-Mcintyre, K., 2011. The Behavioral Im-

pact of Entrepreneur Identity Aspiration and Prior Entrepreneurial

Experience. Entrepreneurship: Theory and Practice 35 (2), 245�273.

Ferris, J. S., Voia, M.-C., 2012. What are the signi�cant determinants

of entrepreneurship? International Journal of Entrepreneurship and

Small Business 17 (4), 415�454.

Galloway, L., Brown, W., 2002. Entrepreneurship education at university:

a driver in the creation of high growth �rms? Education + Training

44 (8/9), 398�405.

Gompers, P., Lerner, J., Scharfstein, D., 2005. Entrepreneurial spawning:

Public corporations and the genesis of new ventures, 1986 to 1999.

Journal of Finance 60 (2), 577�614.

Guell, M., Petrongolo, B., 2007. How binding are legal limits? Transitions

from temporary to permanent work in Spain. Labour Economics 14 (2),

153�183.

Hall, R. E., 1972. Turnover in the Labor Market. Brookings Papers,

Washington 3, 709�765.

Haltiwanger, J., Jarmin, R., Miranda, J., 2013. Who Creates Jobs? Small

versus Large versus Young. The Review of Economics and Statistics

95 (2), 347�361.

Hyytinen, A., Maliranta, M., 2008. When do employees leave their job for

entrepreneurship? Scandinavian Journal of Economics 110 (1), 1�21.

Idson, T. L., Feaster, D. J., 1990. A selectivity model of employer-size

wage di�erentials. Journal of Labor Economics 8 (1), 99�122.

26



Jenkins, S. P., 2005. Survival Analysis. Unpublished manuscript, Insti-

tute for Social and Economic Research, University of Essex. Colchester,

UK.

Kacperczyk, a. J., 2012. Opportunity Structures in Established Firms:

Entrepreneurship versus Intrapreneurship in Mutual Funds. Adminis-

trative Science Quarterly 57 (3), 484�521.

Kaiser, U., Malchow-Møller, N., 2011. Is self-employment really a bad

experience?. The e�ects of previous self-employment on subsequent

wage-employment wages. Journal of Business Venturing 26 (5), 572�

588.

Kolvereid, L., Moen, Ø., 1997. Entrepreneurship Among Business Grad-

uates: Does a Major in Entrepreneurship Make a Di�erence? Journal

of European Industrial Training 21 (4), 154�160.

Landstrom, H., 2006. Pioneers in Entrepreneurship and Small Business

Research. Vol. 31.

Lazear, E. P., 2005. Entrepreneurship. Journal of Labor Economics

23 (4), 649�680.

Lee, L., Wong, P. K., Foo, M. D., Leung, A., 2011. Entrepreneurial inten-

tions: The in�uence of organizational and individual factors. Journal

of Business Venturing 26 (1), 124�136.

Lofstrom, M., 2014. Immigrants and entrepreneurship. IZA World of La-

bor (September), 1�10.

Lofstrom, M., Bates, T., Parker, S. C., 2014. Why are some people more

likely to become small-businesses owners than others: Entrepreneur-

ship entry and industry-speci�c barriers. Journal of Business Venturing

29 (2), 232�251.

Martin, B. C., McNally, J. J., Kay, M. J., 2013. Examining the formation

of human capital in entrepreneurship: A meta-analysis of entrepreneur-

ship education outcomes. Journal of Business Venturing 28 (2), 211�

224.

27



Minniti, M., Levesque, M., 2008. Recent developments in the economics

of entrepreneurship. Journal of Business Venturing 23 (6), 603�612.

Narendranathan, W., Stewart, M., 1993. How does the bene�t e�ect vary

as unemployment spells lengthen? Journal of Applied Econometrics

8 (4), 361�381.

Nyström, K., 2011. Labor mobility and entrepreneurship: Who do new

�rms employ? CESIS Electronic Working Paper Series (250), 1�18.

Nyström, K., Elvung, G. Z., 2014. New �rms and labor market entrants:

Is there a wage penalty for employment in new �rms? Small Business

Economics 43 (2), 399�410.

Nyström, K., Elvung, G. Z., 2015. New Firms as Employers: The Wage

Penalty for Voluntary and Involuntary Job Switchers. Labour 29 (4),

348�366.

Ouimet, P., Zarutskie, R., 2014. Who works for startups? The relation

between �rm age, employee age, and growth. Journal of Financial Eco-

nomics 112 (3), 386�407.

Parker, S. C., Van Praag, C. M., 2012. The entrepreneur's mode of entry:

Business takeover or new venture start? Journal of Business Venturing

27 (1), 31�46.

Persson, H., 2004. The survival and growth of new establishments in

Sweden, 1987-1995. Small Business Economics 23 (5), 423�440.

Poschke, M., 2013. Who becomes an entrepreneur? Labor market

prospects and occupational choice. Journal of Economic Dynamics and

Control 37 (3), 693�710.

SCB, 2010. Construction and use of labour market areas in Sweden.

Statistics Sweden.

Shane, S., 2009. Why encouraging more people to become entrepreneurs

is bad public policy. Small Business Economics 33 (2), 141�149.

28



Skans, O. N., Edin, P.-A., Holmlund, B., 2007. Wage dispersion be-

tween and within plants: Sweden 1985-2000. NBER Working Paper

No. 13021 (April).

URL http://www.nber.org/papers/w13021

Sørensen, J. B., 2007. Bureaucracy and Entrepreneurship: Workplace

E�ects on Entrepreneurial Entry. Administrative Science Quarterly

52 (3), 387�412.

Thai, M. T. T., Turkina, E., 2013. Macro-level determinants of formal

entrepreneurship versus informal entrepreneurship. Journal of Business

Venturing 29 (4), 490�510.

Theodossiou, I., Zangelidis, A., 2009. Should I stay or should I go? The

e�ect of gender, education and unemployment on labour market tran-

sitions. Labour Economics 16 (5), 566�577.

Tumasjan, A., Strobel, M., Welpe, I. M., 2011. Employer brand build-

ing for start-ups: Which job attributes do employees value most?

Zeitschrift für Betriebswirtschaft 81 (S6), 111�136.

Valdez, M. E., Richardson, J., 2013. Institutional determinants of macro-

level entrepreneurship. Entrepreneurship: Theory and Practice 37 (5),

1149�1175.

Wagner, J., 1997. Firm size and job quality: A survey of the evidence

from Germany. Small Business Economics 9, 411�425.

Wagner, J., 2004. Are young and small �rms hothouses for nascent en-

trepreneurs? Evidence from German micro data. Applied Economics

Quarterly 50 (4), 379�391.

Wilton, W., Toh, W., 2012. Determinants of entrepreneurship : a frame-

work for successful entrepreneurship. World Review of Entrepreneur-

ship, Management and Sust. Development 8 (3), 285�296.

Winter-Ebmer, R., 2001. Firm size, earnings, and displacement risk. Eco-

nomic Inquiry 39 (3), 474�486.

29



Table 1: Variable de�nitions

Variables De�nition

Dependent variables

Exit to self-employment 1, the worker switches to another �rm between t and

t + 1 as an entrepreneur; and 0 otherwise

Exit to wage-employment 1, the worker switches to another �rm between t and

t + 1 as a wage-employee; and 0 otherwise

Exit to nonemployment 1, the worker switches to nonemployment between t

and t + 1; and 0 otherwise

Control variables (t)

Main variables

New �rms (d) 1, the �rm is new according to the de�nition given

in the analysis; and 0 otherwise

Pre-entry status

Non-employed (d) 1, state occupied prior to entering the new/other

�rm; and 0 otherwise

Individual control

Age current age of the worker (years)

Age squared age squared

Gender 1, women; and 0 otherwise

Married/Cohabiting 1, married or cohabiting; and 0 otherwise

With children <18 years 1, with children under 18 years old; and 0 otherwise

Birth country

Sweden *(d) 1, born in Sweden; and 0 otherwise

Nordic (d) 1, born in North Europe (except Sweden); and 0 oth-

erwise

Western (d) 1, born in EU25 (except North Europe and Sweden),

North America or Oceania; and 0 otherwise

Eastern (d) 1, born in Europe (other than category Western,

Swedish and Nordic), Soviet Union; and 0 otherwise

Others (d) 1, born in Africa, South America, Asia or birth re-

gion is unknown; and 0 otherwise

Educational level

Primary education *(d) 1, highest education attained is lower secondary edu-

cation less than 9 years or lower secondary education

9 (10) years; and 0 otherwise
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... table 1 continued

Variables De�nition

Secondary education (d) 1, highest education attained is secondary education

no more than 2-years,or secondary education more

than 2 years but less than 3 years, or post-secondary

education less than 3 years; and 0 otherwise

Tertiary education (d) 1, highest education attained is post-secondary edu-

cation 3 years or longer, or graduate education; and

0 otherwise

Labour market region

Stockholm (d) 1, Stockholm labour market region; 0 otherwise

Gothenburg (d) 1, Gothenburg labour market region; 0 otherwise

Malmo (d) 1, Malmo labour market region; 0 otherwise

Other regions *(d) 1, other region than Stockholm, Gothenburg or

Malmo labour market regions; and 0 otherwise

Occupation

Management (d) 1, managerial occupation; and 0 otherwise

Specialist (d) 1, occupation comprise jobs that typically require

theoretical specialist knowledge (e.g.physical, math-

ematical, engineering science, health, teaching and

business professionals, etc.); and 0 otherwise

Quali�ed worker (d) 1, occupations comprise jobs that typically require

shorter university education (technicians and asso-

ciate professionals, medical and pharmaceutical as-

sistants, business services agents, etc.); and 0 other-

wise

O�ce worker (d) 1, occupations usually comprise secondary education

(e.g. clerks, service workers and shop sales workers,

craft work in construction and manufacturing, plant

and machine operators, etc.); and 0 otherwise

Other occupation *(d) 1, occupations usually comprise no or little educa-

tion; and 0 otherwise

Individual �rm control

Income annual log labour income (SEK)

Tenure tenure in the current �rm (in years)

Fulltime (d) 1, full-time employment according to the de�nition

used in the analysis; and 0 otherwise

Firm control

Firm size �rm employment size (log)

Industry sector
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... table 1 continued

Variables De�nition

Manufacturing (d) 1, manufacturing; and 0 otherwise

Electricity (d) 1, electricity, gas and construction; and 0 otherwise

Retail (d) 1, retail, hotel and restaurant; and 0 otherwise

Transport (d) 1, transport and communication; and 0 otherwise

Finance (d) 1, �nance and real estate services; and 0 otherwise

Other services *(d) 1, other services; and 0 otherwise

Local labour market

Local unemployment rate Local unemployment rate in municipality level

Cohorts

Cohort 2001 (d) 1, the worker enters the �rm in year 2001; and 0

otherwise

Cohort 2002 (d) 1, the worker enters the �rm in year 2002; and 0

otherwise

Cohort 2003 (d) 1, the worker enters the �rm in year 2003; and 0

otherwise

Cohort 2004 (d) 1, the worker enters the �rm in year 2004; and 0

otherwise

Cohort 2005 *(d) 1, the worker enters the �rm in year 2005; and 0

otherwise

Residuals

Res, d1 (d) 1, worker's residual value is less than the 1st deciles

of the income residual distribution; and 0 otherwise

Res, d2 (d) 1, worker's residual value is between the 1st and 2nd

deciles of the income residual distribution; and 0 oth-

erwise

Res, d8 (d) 1, worker's residual value is between the 8st and 9th

deciles of the income residual distribution; and 0 oth-

erwise

Res, d9 (d) 1, worker's residual value less than the 9th decile of

the income residual distribution; and 0 otherwise

Note: d-Dummy variables, *- Reference categories
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Table 2: Newly hired employees in new and other �rms

New �rms Other �rms

Women Men Women Men

(mean) (mean) (mean) (mean)

Pre-entry status

Non-employed 0.371 0.316 0.310 0.227

Individual control

Age 36.002 36.871 35.855 36.536

Age squared 1364.7 1430.9 1353.7 1406.4

Married/Cohabiting 0.510 0.470 0.505 0.496

With children <18 years 0.540 0.384 0.516 0.402

Birth country

Sweden 0.863 0.832 0.866 0.881

Nordic 0.028 0.030 0.031 0.025

Western 0.024 0.023 0.021 0.018

Eastern 0.027 0.035 0.029 0.027

Others 0.058 0.079 0.052 0.049

Educational level

Primary education 0.116 0.171 0.100 0.126

Secondary education 0.625 0.654 0.585 0.628

Tertiary education 0.259 0.175 0.315 0.246

Labor market region

Stockholm 0.344 0.322 0.363 0.295

Gothenburg 0.127 0.115 0.128 0.121

Malmo 0.110 0.112 0.108 0.109

Other regions 0.419 0.451 0.401 0.474

Occupation

Management 0.029 0.052 0.028 0.051

Specialist 0.123 0.110 0.145 0.144

Quali�ed worker 0.177 0.151 0.198 0.191

O�ce worker 0.578 0.619 0.538 0.552

Other occupation 0.093 0.069 0.091 0.062

Individual �rm control

Income 11.636 11.998 11.835 12.263

Fulltime 0.550 0.704 0.664 0.827

Firm control

Firm size 1.675 1.675 4.942 4.823

Industry sector

Manufacturing 0.057 0.099 0.171 0.272
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...Table 2 continued

New �rms Other �rms

Women Men Women Men

(mean) (mean) (mean) (mean)

Electricity 0.022 0.166 0.020 0.133

Retail 0.427 0.296 0.290 0.202

Transport 0.042 0.136 0.062 0.120

Finance 0.268 0.242 0.258 0.218

Other services 0.185 0.061 0.199 0.055

Local labor market

Local unemployment rate 3.745 3.831 3.704 3.810

Observations 62962 89597 496949 674617

D-dummy
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Table 3: Summary statistics by exit
Years New �rms Other �rms

0 1 2 3 Total 0 1 2 3 Total
1 81074 3274 43843 24368 152559 764906 11969 279868 114823 1171566
2 52971 1641 17806 8656 81074 582717 6622 132872 42695 764906
3 38807 996 9388 3780 52971 470562 4792 86194 21169 582717
4 30244 611 5669 2283 38807 396131 3076 56838 14517 470562
5 24699 383 3852 1310 30244 341521 2209 42347 10054 396131
Total 6905 80558 40397 28668 598119 203258
% 16.19 4.53 52.80 26.48 100 29.15 2.45 51.05 17.35 100

Note: 0=Stayed, 1=Self-employment, 2=Wage-employment, 3=Non-employment
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Table 4: Summary statistics of the main variables by entreprenurial

exit, t+1

New �rms Other �rms

Women Men Women Men

(mean) (mean) (mean) (mean)

Pre-entry status

Non-employed 0.34 0.25 0.28 0.17

Individual control

Age 37.11 37.48 37.64 37.73

Age squared 1438.4 1468.7 1480.7 1489.6

Married/Cohabiting 0.56 0.58 0.58 0.59

With children <18 years 0.58 0.50 0.57 0.49

Sweden 0.86 0.81 0.90 0.90

Nordic 0.02 0.02 0.03 0.02

Western 0.03 0.02 0.02 0.02

Eastern 0.03 0.04 0.02 0.02

Others 0.06 0.10 0.04 0.04

Educational level

Primary education 0.08 0.14 0.07 0.11

Secondary education 0.61 0.64 0.56 0.61

Tertiary education 0.32 0.22 0.38 0.28

Labor market region

Stockholm 0.41 0.39 0.43 0.35

Gothenburg 0.13 0.12 0.12 0.12

Malmo 0.10 0.10 0.11 0.10

Other regions 0.36 0.39 0.35 0.42

Occupation

Management 0.06 0.09 0.06 0.10

Specialist 0.19 0.15 0.23 0.20

Quali�ed worker 0.21 0.17 0.22 0.20

O�ce worker 0.48 0.54 0.44 0.46

Other occupation 0.06 0.05 0.06 0.04

Individual �rm control

Income 11.79 12.17 11.85 12.40

Tenure in the �rm 2.00 2.02 2.10 2.24

Fulltime 0.62 0.78 0.66 0.87

Firm control

Firm size 1.70 1.72 4.25 4.15

Industry sector
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...Table 4 continued

New �rms Other �rms

Women Men Women Men

(mean) (mean) (mean) (mean)

Manufacturing 0.07 0.08 0.14 0.17

Electricity 0.02 0.18 0.02 0.17

Retail 0.35 0.25 0.27 0.20

Transport 0.03 0.16 0.05 0.11

Finance 0.30 0.27 0.30 0.27

Other services 0.22 0.07 0.22 0.07

Local labor market

Local unemployment rate 3.62 3.68 3.56 3.63

Observations 2058 4847 8997 19671

D-dummy
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Table 5: Transitions of women with unobserved heterogeneity (nor-

mal frailty). All �rms.

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

New �rms 0.191∗∗∗ 0.192∗∗∗ 0.182∗∗∗ 0.013∗ 0.013∗ 0.008 0.127∗∗∗ 0.142∗∗∗ 0.121∗∗∗

(0.031) (0.031) (0.031) (0.008) (0.008) (0.008) (0.011) (0.011) (0.011)

Tenure: 1 year 0.559∗∗∗ 0.536∗∗∗ 0.574∗∗∗ 0.643∗∗∗ 0.606∗∗∗ 0.619∗∗∗ 0.757∗∗∗ 0.709∗∗∗ 0.751∗∗∗

(0.043) (0.043) (0.043) (0.019) (0.019) (0.019) (0.015) (0.015) (0.015)

Tenure: 2 years 0.450∗∗∗ 0.434∗∗∗ 0.447∗∗∗ 0.385∗∗∗ 0.361∗∗∗ 0.369∗∗∗ 0.651∗∗∗ 0.614∗∗∗ 0.653∗∗∗

(0.045) (0.045) (0.045) (0.014) (0.014) (0.014) (0.016) (0.016) (0.016)

Tenure: 3 years 0.370∗∗∗ 0.359∗∗∗ 0.369∗∗∗ 0.228∗∗∗ 0.212∗∗∗ 0.218∗∗∗ 0.305∗∗∗ 0.272∗∗∗ 0.293∗∗∗

(0.047) (0.047) (0.047) (0.012) (0.012) (0.012) (0.017) (0.017) (0.017)

Tenure: 4 years 0.157∗∗∗ 0.151∗∗∗ 0.157∗∗∗ 0.053∗∗∗ 0.045∗∗∗ 0.048∗∗∗ 0.151∗∗∗ 0.132∗∗∗ 0.140∗∗∗

(0.051) (0.051) (0.051) (0.011) (0.011) (0.011) (0.019) (0.019) (0.019)

Non-employed -0.107∗∗∗ -0.121∗∗∗ -0.120∗∗∗ -0.257∗∗∗ -0.269∗∗∗ -0.268∗∗∗ 0.346∗∗∗ 0.326∗∗∗ 0.345∗∗∗

(0.025) (0.025) (0.025) (0.006) (0.006) (0.006) (0.007) (0.007) (0.007)

Age 0.151∗∗∗ 0.157∗∗∗ 0.150∗∗∗ -0.004 0.000 -0.005∗ -0.056∗∗∗ -0.043∗∗∗ -0.067∗∗∗

(0.014) (0.014) (0.014) (0.003) (0.003) (0.003) (0.004) (0.004) (0.004)

Age squared -0.002∗∗∗ -0.002∗∗∗ -0.002∗∗∗ -0.000∗∗∗ -0.000∗∗∗ -0.000∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Married/Cohabiting 0.037 0.030 0.028 -0.167∗∗∗ -0.173∗∗∗ -0.171∗∗∗ -0.211∗∗∗ -0.249∗∗∗ -0.240∗∗∗

(0.026) (0.026) (0.026) (0.005) (0.005) (0.005) (0.008) (0.008) (0.008)

With children <18 years -0.093∗∗∗ -0.115∗∗∗ -0.111∗∗∗ 0.002 -0.011∗ -0.005 -0.067∗∗∗ -0.163∗∗∗ -0.132∗∗∗
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...Table 5 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.028) (0.028) (0.028) (0.006) (0.006) (0.006) (0.009) (0.009) (0.009)

Nordic -0.202∗∗∗ -0.205∗∗∗ -0.201∗∗∗ 0.019 0.018 0.019 0.145∗∗∗ 0.143∗∗∗ 0.144∗∗∗

(0.068) (0.068) (0.068) (0.013) (0.013) (0.013) (0.019) (0.019) (0.019)

Western 0.019 0.019 0.018 -0.085∗∗∗ -0.086∗∗∗ -0.086∗∗∗ 0.271∗∗∗ 0.286∗∗∗ 0.289∗∗∗

(0.071) (0.071) (0.071) (0.016) (0.016) (0.016) (0.021) (0.021) (0.021)

Eastern -0.227∗∗∗ -0.229∗∗∗ -0.222∗∗∗ -0.234∗∗∗ -0.237∗∗∗ -0.234∗∗∗ 0.304∗∗∗ 0.319∗∗∗ 0.327∗∗∗

(0.077) (0.077) (0.077) (0.015) (0.015) (0.015) (0.017) (0.017) (0.017)

Others -0.079 -0.078 -0.076 -0.052∗∗∗ -0.053∗∗∗ -0.051∗∗∗ 0.335∗∗∗ 0.356∗∗∗ 0.372∗∗∗

(0.054) (0.054) (0.054) (0.010) (0.010) (0.010) (0.013) (0.013) (0.013)

Secondary education 0.272∗∗∗ 0.278∗∗∗ 0.273∗∗∗ 0.148∗∗∗ 0.153∗∗∗ 0.149∗∗∗ -0.143∗∗∗ -0.131∗∗∗ -0.152∗∗∗

(0.043) (0.043) (0.043) (0.008) (0.008) (0.008) (0.010) (0.010) (0.010)

Tertiary education 0.304∗∗∗ 0.322∗∗∗ 0.297∗∗∗ 0.391∗∗∗ 0.406∗∗∗ 0.391∗∗∗ -0.474∗∗∗ -0.429∗∗∗ -0.496∗∗∗

(0.048) (0.048) (0.048) (0.010) (0.010) (0.010) (0.013) (0.013) (0.013)

Stockholm 0.219∗∗∗ 0.230∗∗∗ 0.213∗∗∗ 0.130∗∗∗ 0.137∗∗∗ 0.128∗∗∗ -0.050∗∗∗ -0.045∗∗∗ -0.086∗∗∗

(0.028) (0.028) (0.028) (0.006) (0.006) (0.006) (0.009) (0.009) (0.009)

Gothenburg 0.013 0.018 0.012 0.001 0.004 0.000 -0.071∗∗∗ -0.063∗∗∗ -0.086∗∗∗

(0.035) (0.035) (0.035) (0.007) (0.007) (0.007) (0.011) (0.011) (0.011)

Malmo 0.124∗∗∗ 0.129∗∗∗ 0.125∗∗∗ -0.023∗∗∗ -0.021∗∗∗ -0.023∗∗∗ 0.054∗∗∗ 0.061∗∗∗ 0.054∗∗∗

(0.036) (0.037) (0.037) (0.008) (0.008) (0.008) (0.011) (0.011) (0.011)

Management 0.809∗∗∗ 0.863∗∗∗ 0.758∗∗∗ -0.033∗∗ 0.001 -0.056∗∗∗ -0.323∗∗∗ -0.233∗∗∗ -0.512∗∗∗

(0.064) (0.064) (0.064) (0.014) (0.014) (0.014) (0.027) (0.027) (0.027)

Specialist 0.721∗∗∗ 0.748∗∗∗ 0.705∗∗∗ -0.115∗∗∗ -0.097∗∗∗ -0.125∗∗∗ -0.308∗∗∗ -0.278∗∗∗ -0.431∗∗∗
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...Table 5 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.053) (0.053) (0.053) (0.010) (0.011) (0.011) (0.017) (0.016) (0.017)

Quali�ed worker 0.404∗∗∗ 0.416∗∗∗ 0.405∗∗∗ -0.042∗∗∗ -0.031∗∗∗ -0.045∗∗∗ -0.221∗∗∗ -0.224∗∗∗ -0.306∗∗∗

(0.051) (0.051) (0.051) (0.010) (0.010) (0.010) (0.014) (0.014) (0.014)

O�ce worker 0.169∗∗∗ 0.170∗∗∗ 0.175∗∗∗ 0.026∗∗∗ 0.027∗∗∗ 0.026∗∗∗ -0.060∗∗∗ -0.077∗∗∗ -0.101∗∗∗

(0.046) (0.046) (0.046) (0.008) (0.008) (0.008) (0.010) (0.010) (0.010)

Fulltime -0.580∗∗∗ -0.382∗∗∗ -0.482∗∗∗ -0.314∗∗∗ -0.206∗∗∗ -0.302∗∗∗ -1.461∗∗∗ -0.918∗∗∗ -1.590∗∗∗

(0.025) (0.033) (0.028) (0.005) (0.007) (0.006) (0.008) (0.009) (0.008)

Firm size -0.185∗∗∗ -0.185∗∗∗ -0.184∗∗∗ -0.050∗∗∗ -0.050∗∗∗ -0.050∗∗∗ -0.044∗∗∗ -0.050∗∗∗ -0.049∗∗∗

(0.006) (0.006) (0.006) (0.001) (0.001) (0.001) (0.002) (0.002) (0.002)

Local unemployment rate -0.050∗∗∗ -0.051∗∗∗ -0.049∗∗∗ 0.018∗∗∗ 0.018∗∗∗ 0.018∗∗∗ 0.002 0.002 0.006∗

(0.010) (0.010) (0.010) (0.002) (0.002) (0.002) (0.003) (0.003) (0.003)

Manufacturing -0.177∗∗∗ -0.159∗∗∗ -0.182∗∗∗ -0.307∗∗∗ -0.300∗∗∗ -0.314∗∗∗ -0.053∗∗∗ -0.023∗ -0.105∗∗∗

(0.038) (0.038) (0.038) (0.008) (0.008) (0.008) (0.012) (0.012) (0.012)

Electricity -0.049 -0.029 -0.056 -0.156∗∗∗ -0.148∗∗∗ -0.165∗∗∗ -0.188∗∗∗ -0.131∗∗∗ -0.231∗∗∗

(0.074) (0.074) (0.074) (0.016) (0.016) (0.016) (0.027) (0.027) (0.027)

Retail -0.108∗∗∗ -0.097∗∗∗ -0.116∗∗∗ -0.115∗∗∗ -0.112∗∗∗ -0.122∗∗∗ -0.073∗∗∗ -0.059∗∗∗ -0.110∗∗∗

(0.031) (0.031) (0.031) (0.006) (0.007) (0.007) (0.010) (0.010) (0.010)

Transport -0.089∗ -0.080 -0.094∗ -0.093∗∗∗ -0.090∗∗∗ -0.099∗∗∗ -0.022 -0.031∗∗ -0.068∗∗∗

(0.052) (0.052) (0.052) (0.010) (0.010) (0.010) (0.016) (0.016) (0.016)

Finance 0.082∗∗∗ 0.097∗∗∗ 0.077∗∗ 0.094∗∗∗ 0.102∗∗∗ 0.089∗∗∗ 0.057∗∗∗ 0.068∗∗∗ 0.006

(0.030) (0.030) (0.030) (0.006) (0.006) (0.006) (0.010) (0.010) (0.010)

Income -0.145∗∗∗ -0.086∗∗∗ -0.399∗∗∗
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...Table 5 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.016) (0.004) (0.003)

Res,d1 0.490∗∗∗ 0.219∗∗∗ 0.812∗∗∗

(0.031) (0.007) (0.009)

Res,d2 0.277∗∗∗ 0.160∗∗∗ 0.631∗∗∗

(0.035) (0.007) (0.011)

Res,d8 0.195∗∗∗ 0.037∗∗∗ -0.261∗∗∗

(0.035) (0.007) (0.012)

Res,d9 0.242∗∗∗ 0.020∗∗ -0.388∗∗∗

(0.037) (0.008) (0.011)

Cohort dummies Yes Yes Yes Yes Yes Yes Yes Yes Yes

Constant -7.557∗∗∗ -6.088∗∗∗ -7.726∗∗∗ -1.185∗∗∗ -0.288∗∗∗ -1.166∗∗∗ -0.787∗∗∗ 3.414∗∗∗ -0.397∗∗∗

(0.278) (0.324) (0.286) (0.055) (0.068) (0.055) (0.078) (0.085) (0.079)

Observations 1270141 1270141 1270141 1270141 1270141 1270141 1270141 1270141 1270141

sigma_u 0.229 0.274 0.277 0.287 0.341 0.340 0.006 0.011 0.007

(0.104) (0.208) (0.243) (0.040) (0.035) (0.035) (0.004) (0.008) (0.004)

rho 0.031 0.044 0.045 0.048 0.066 0.066 0.000 0.000 0.000

(0.027) (0.063) (0.075) (0.013) (0.013) (0.012) (0.000) (0.000) (0.000)

Prob.>=chibar2 0.387 0.440 0.453 0.000 0.000 0.000 0.431 0.435 0.398

Log-likelihood -52261 -52222 -52129 -582308 -582043 -581663 -289384 -283465 -281590

Standard errors in parentheses, Hazard ratios are reported, ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 6: Transitions of men with unobserved heterogeneity (normal

frailty). All �rms

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

New �rms 0.227∗∗∗ 0.222∗∗∗ 0.204∗∗∗ 0.013∗∗ 0.008 -0.001 0.169∗∗∗ 0.228∗∗∗ 0.131∗∗∗

(0.020) (0.020) (0.020) (0.006) (0.007) (0.007) (0.010) (0.014) (0.011)

Tenure: 1 year 0.349∗∗∗ 0.295∗∗∗ 0.339∗∗∗ 0.494∗∗∗ 0.437∗∗∗ 0.465∗∗∗ 0.769∗∗∗ 0.124∗∗∗ 0.660∗∗∗

(0.027) (0.028) (0.027) (0.018) (0.018) (0.018) (0.016) (0.023) (0.017)

Tenure: 2 years 0.350∗∗∗ 0.313∗∗∗ 0.338∗∗∗ 0.315∗∗∗ 0.279∗∗∗ 0.298∗∗∗ 0.617∗∗∗ 0.264∗∗∗ 0.556∗∗∗

(0.028) (0.028) (0.028) (0.012) (0.013) (0.012) (0.016) (0.018) (0.017)

Tenure: 3 years 0.340∗∗∗ 0.317∗∗∗ 0.332∗∗∗ 0.233∗∗∗ 0.211∗∗∗ 0.223∗∗∗ 0.267∗∗∗ 0.047∗∗ 0.218∗∗∗

(0.029) (0.029) (0.029) (0.010) (0.010) (0.010) (0.017) (0.019) (0.018)

Tenure: 4 years 0.154∗∗∗ 0.144∗∗∗ 0.151∗∗∗ 0.077∗∗∗ 0.068∗∗∗ 0.073∗∗∗ 0.191∗∗∗ 0.091∗∗∗ 0.163∗∗∗

(0.031) (0.031) (0.031) (0.009) (0.009) (0.009) (0.018) (0.019) (0.018)

Non-employed -0.270∗∗∗ -0.312∗∗∗ -0.328∗∗∗ -0.231∗∗∗ -0.259∗∗∗ -0.267∗∗∗ 0.559∗∗∗ 0.599∗∗∗ 0.438∗∗∗

(0.020) (0.020) (0.020) (0.005) (0.006) (0.006) (0.008) (0.011) (0.008)

Age 0.051∗∗∗ 0.057∗∗∗ 0.041∗∗∗ 0.000 0.004∗ -0.005∗∗ -0.068∗∗∗ -0.086∗∗∗ -0.138∗∗∗

(0.009) (0.009) (0.009) (0.002) (0.002) (0.002) (0.004) (0.005) (0.004)

Age squared -0.001∗∗∗ -0.001∗∗∗ -0.001∗∗∗ -0.000∗∗∗ -0.000∗∗∗ -0.000∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.002∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Married/Cohabiting 0.122∗∗∗ 0.131∗∗∗ 0.150∗∗∗ -0.022∗∗∗ -0.018∗∗∗ -0.007 -0.268∗∗∗ -0.305∗∗∗ -0.165∗∗∗

(0.021) (0.022) (0.022) (0.006) (0.006) (0.006) (0.010) (0.012) (0.010)

With children <18 years 0.100∗∗∗ 0.100∗∗∗ 0.121∗∗∗ 0.002 0.001 0.014∗∗ -0.248∗∗∗ -0.330∗∗∗ -0.146∗∗∗
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...Table 6 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.022) (0.022) (0.022) (0.006) (0.006) (0.006) (0.011) (0.013) (0.011)

Nordic -0.096∗∗ -0.103∗∗ -0.103∗∗ 0.012 0.008 0.009 0.280∗∗∗ 0.357∗∗∗ 0.290∗∗∗

(0.048) (0.048) (0.048) (0.012) (0.012) (0.012) (0.019) (0.025) (0.020)

Western 0.053 0.038 0.033 -0.019 -0.028∗ -0.031∗∗ 0.377∗∗∗ 0.458∗∗∗ 0.355∗∗∗

(0.051) (0.052) (0.052) (0.014) (0.014) (0.014) (0.021) (0.029) (0.023)

Eastern 0.005 -0.019 -0.023 -0.257∗∗∗ -0.273∗∗∗ -0.274∗∗∗ 0.469∗∗∗ 0.545∗∗∗ 0.421∗∗∗

(0.047) (0.048) (0.048) (0.013) (0.013) (0.013) (0.016) (0.022) (0.018)

Others 0.268∗∗∗ 0.246∗∗∗ 0.238∗∗∗ -0.054∗∗∗ -0.067∗∗∗ -0.070∗∗∗ 0.565∗∗∗ 0.733∗∗∗ 0.574∗∗∗

(0.032) (0.032) (0.032) (0.009) (0.009) (0.009) (0.013) (0.017) (0.014)

Secondary education 0.091∗∗∗ 0.102∗∗∗ 0.091∗∗∗ 0.064∗∗∗ 0.071∗∗∗ 0.064∗∗∗ -0.082∗∗∗ -0.065∗∗∗ -0.096∗∗∗

(0.022) (0.023) (0.023) (0.006) (0.006) (0.006) (0.009) (0.012) (0.010)

Tertiary education 0.103∗∗∗ 0.142∗∗∗ 0.098∗∗∗ 0.201∗∗∗ 0.223∗∗∗ 0.198∗∗∗ -0.418∗∗∗ -0.369∗∗∗ -0.478∗∗∗

(0.028) (0.028) (0.028) (0.007) (0.008) (0.008) (0.013) (0.017) (0.014)

Stockholm 0.142∗∗∗ 0.163∗∗∗ 0.126∗∗∗ 0.080∗∗∗ 0.091∗∗∗ 0.071∗∗∗ -0.022∗∗ 0.007 -0.099∗∗∗

(0.018) (0.018) (0.018) (0.005) (0.005) (0.005) (0.009) (0.012) (0.010)

Gothenburg 0.031 0.041∗ 0.033 -0.045∗∗∗ -0.040∗∗∗ -0.045∗∗∗ -0.044∗∗∗ -0.050∗∗∗ -0.066∗∗∗

(0.023) (0.023) (0.023) (0.006) (0.006) (0.006) (0.011) (0.014) (0.012)

Malmo 0.006 0.016 0.010 -0.043∗∗∗ -0.039∗∗∗ -0.042∗∗∗ 0.087∗∗∗ 0.143∗∗∗ 0.103∗∗∗

(0.024) (0.024) (0.024) (0.006) (0.006) (0.006) (0.011) (0.014) (0.012)

Management 0.774∗∗∗ 0.901∗∗∗ 0.738∗∗∗ -0.052∗∗∗ 0.022∗ -0.066∗∗∗ -0.494∗∗∗ -0.152∗∗∗ -0.670∗∗∗

(0.041) (0.042) (0.042) (0.011) (0.012) (0.011) (0.023) (0.028) (0.024)

Specialist 0.584∗∗∗ 0.655∗∗∗ 0.587∗∗∗ -0.126∗∗∗ -0.084∗∗∗ -0.121∗∗∗ -0.486∗∗∗ -0.347∗∗∗ -0.571∗∗∗
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...Table 6 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.040) (0.040) (0.040) (0.010) (0.010) (0.010) (0.017) (0.022) (0.018)

Quali�ed worker 0.362∗∗∗ 0.415∗∗∗ 0.379∗∗∗ -0.050∗∗∗ -0.020∗∗ -0.040∗∗∗ -0.418∗∗∗ -0.351∗∗∗ -0.426∗∗∗

(0.038) (0.038) (0.038) (0.009) (0.009) (0.009) (0.015) (0.018) (0.016)

O�ce worker 0.124∗∗∗ 0.134∗∗∗ 0.137∗∗∗ 0.025∗∗∗ 0.030∗∗∗ 0.029∗∗∗ -0.141∗∗∗ -0.197∗∗∗ -0.201∗∗∗

(0.035) (0.035) (0.035) (0.008) (0.008) (0.008) (0.011) (0.015) (0.012)

Fulltime -0.484∗∗∗ -0.221∗∗∗ -0.499∗∗∗ -0.279∗∗∗ -0.134∗∗∗ -0.301∗∗∗ -1.596∗∗∗ -0.506∗∗∗ -2.076∗∗∗

(0.022) (0.030) (0.023) (0.006) (0.008) (0.007) (0.009) (0.014) (0.012)

Firm size -0.203∗∗∗ -0.200∗∗∗ -0.197∗∗∗ -0.074∗∗∗ -0.074∗∗∗ -0.072∗∗∗ -0.067∗∗∗ -0.088∗∗∗ -0.063∗∗∗

(0.004) (0.004) (0.004) (0.001) (0.001) (0.001) (0.002) (0.002) (0.002)

Local unemployment rate -0.054∗∗∗ -0.057∗∗∗ -0.057∗∗∗ 0.035∗∗∗ 0.035∗∗∗ 0.035∗∗∗ -0.009∗∗∗ -0.018∗∗∗ -0.011∗∗∗

(0.007) (0.007) (0.007) (0.002) (0.002) (0.002) (0.003) (0.004) (0.003)

Manufacturing -0.621∗∗∗ -0.594∗∗∗ -0.613∗∗∗ -0.403∗∗∗ -0.392∗∗∗ -0.402∗∗∗ -0.293∗∗∗ -0.306∗∗∗ -0.383∗∗∗

(0.032) (0.032) (0.032) (0.009) (0.010) (0.009) (0.015) (0.020) (0.016)

Electricity 0.024 0.055∗ 0.041 -0.179∗∗∗ -0.164∗∗∗ -0.172∗∗∗ -0.309∗∗∗ -0.289∗∗∗ -0.370∗∗∗

(0.032) (0.032) (0.032) (0.009) (0.010) (0.010) (0.016) (0.021) (0.018)

Retail -0.383∗∗∗ -0.361∗∗∗ -0.368∗∗∗ -0.258∗∗∗ -0.249∗∗∗ -0.252∗∗∗ -0.286∗∗∗ -0.286∗∗∗ -0.294∗∗∗

(0.030) (0.030) (0.030) (0.009) (0.009) (0.009) (0.015) (0.019) (0.016)

Transport -0.165∗∗∗ -0.139∗∗∗ -0.156∗∗∗ -0.043∗∗∗ -0.030∗∗∗ -0.037∗∗∗ -0.376∗∗∗ -0.430∗∗∗ -0.430∗∗∗

(0.033) (0.034) (0.034) (0.009) (0.010) (0.010) (0.016) (0.021) (0.018)

Finance -0.125∗∗∗ -0.091∗∗∗ -0.108∗∗∗ 0.019∗∗ 0.037∗∗∗ 0.026∗∗∗ -0.084∗∗∗ -0.019 -0.119∗∗∗

(0.029) (0.029) (0.029) (0.009) (0.009) (0.009) (0.015) (0.019) (0.016)

Income -0.223∗∗∗ -0.129∗∗∗ -1.154∗∗∗
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...Table 6 continued

Self-employment Wage-employment Non-employment

Variables 1 2 3 4 5 6 7 8 9

(0.016) (0.005) (0.013)

Res,d1 0.519∗∗∗ 0.270∗∗∗ 1.428∗∗∗

(0.021) (0.006) (0.011)

Res,d2 0.218∗∗∗ 0.161∗∗∗ 0.866∗∗∗

(0.024) (0.006) (0.011)

Res,d8 0.026 0.007 -0.351∗∗∗

(0.024) (0.006) (0.014)

Res,d9 0.175∗∗∗ 0.063∗∗∗ -0.441∗∗∗

(0.022) (0.006) (0.013)

Cohort dummies Yes Yes Yes Yes Yes Yes Yes Yes Yes

Constant -4.385∗∗∗ -2.125∗∗∗ -4.385∗∗∗ -0.925∗∗∗ 0.478∗∗∗ -0.832∗∗∗ -0.535∗∗∗ 12.895∗∗∗ 1.100∗∗∗

(0.177) (0.245) (0.179) (0.047) (0.072) (0.047) (0.076) (0.186) (0.084)

Observations 1951548 1951548 1951548 1951548 1951548 1951548 1951548 1951548 1951548

sigma_u 0.208 0.506 0.506 0.466 0.514 0.507 0.434 1.433 0.760

(0.081) (0.070) (0.056) (0.024) (0.023) (0.023) (0.028) (0.022) (0.021)

rho 0.026 0.135 0.135 0.117 0.138 0.135 0.103 0.555 0.260

(0.019) (0.032) (0.026) (0.011) (0.011) (0.011) (0.012) (0.008) (0.011)

Prob.>=chibar2 0.372 0.105 0.060 0.000 0.000 0.000 0.000 0.000 0.000

Log-likelihood -113876 -113787 -113561 -885410 -885048 -884211 -323824 -313587 -308210

Standard errors in parentheses, Hazard ratios are reported, ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 7: Transitions of new �rms employees with unobserved het-

erogeneity (normal frailty)

Women Men

Variables SE WE NE SE WE NE

Tenure: 1 year 0.397∗∗∗ 0.657∗∗∗ 0.641∗∗∗ 0.243∗∗∗ 0.819∗∗∗ 0.896∗∗∗

(0.110) (0.062) (0.046) (0.074) (0.025) (0.054)

Tenure: 2 years 0.407∗∗∗ 0.411∗∗∗ 0.612∗∗∗ 0.293∗∗∗ 0.576∗∗∗ 0.790∗∗∗

(0.113) (0.046) (0.047) (0.074) (0.025) (0.049)

Tenure: 3 years 0.315∗∗∗ 0.223∗∗∗ 0.348∗∗∗ 0.294∗∗∗ 0.356∗∗∗ 0.430∗∗∗

(0.119) (0.038) (0.050) (0.076) (0.027) (0.051)

Tenure: 4 years 0.085 0.070∗ 0.192∗∗∗ 0.192∗∗ 0.157∗∗∗ 0.310∗∗∗

(0.130) (0.037) (0.055) (0.081) (0.029) (0.054)

Non-employed -0.146∗∗ -0.357∗∗∗ 0.311∗∗∗ -0.282∗∗∗ -0.329∗∗∗ 0.393∗∗∗

(0.057) (0.018) (0.019) (0.041) (0.013) (0.020)

Age 0.132∗∗∗ -0.015∗ -0.076∗∗∗ 0.026 -0.010 -0.105∗∗∗

(0.033) (0.008) (0.011) (0.020) (0.006) (0.010)

Age squared -0.002∗∗∗ -0.000 0.001∗∗∗ -0.001∗∗ -0.000 0.001∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Married/Cohabiting -0.046 -0.176∗∗∗ -0.239∗∗∗ 0.195∗∗∗ -0.014 -0.138∗∗∗

(0.060) (0.016) (0.021) (0.050) (0.015) (0.025)

With children <18

years

-0.062 0.001 -0.026 0.218∗∗∗ 0.017 -0.086∗∗∗

(0.066) (0.017) (0.024) (0.051) (0.016) (0.027)

Nordic -0.216 0.004 0.151∗∗∗ -0.035 -0.045 0.329∗∗∗

(0.171) (0.040) (0.052) (0.107) (0.032) (0.046)

Western 0.343∗∗ -0.217∗∗∗ 0.290∗∗∗ 0.095 0.034 0.310∗∗∗

(0.146) (0.049) (0.053) (0.114) (0.036) (0.052)

Eastern 0.306∗∗ -0.204∗∗∗ 0.458∗∗∗ 0.333∗∗∗ -0.262∗∗∗ 0.421∗∗∗

(0.155) (0.049) (0.047) (0.089) (0.034) (0.041)

Others 0.125 -0.187∗∗∗ 0.414∗∗∗ 0.503∗∗∗ -0.124∗∗∗ 0.414∗∗∗

(0.117) (0.033) (0.034) (0.062) (0.023) (0.031)

Secondary educa-

tion

0.243∗∗ 0.134∗∗∗ -0.136∗∗∗ 0.150∗∗∗ 0.085∗∗∗ -0.114∗∗∗

(0.097) (0.023) (0.026) (0.049) (0.015) (0.022)

Tertiary education 0.196∗ 0.347∗∗∗ -0.432∗∗∗ 0.229∗∗∗ 0.179∗∗∗ -0.358∗∗∗

(0.108) (0.028) (0.034) (0.063) (0.020) (0.034)

Stockholm 0.275∗∗∗ 0.129∗∗∗ 0.035 0.180∗∗∗ 0.047∗∗∗ -0.066∗∗∗

(0.066) (0.017) (0.024) (0.043) (0.014) (0.023)

Gothenburg 0.117 0.028 0.001 0.027 -0.064∗∗∗ -0.006
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...Table 7 continued

Women Men

Variables SE WE NE SE WE NE

(0.081) (0.021) (0.029) (0.055) (0.017) (0.029)

Malmo 0.040 -0.051∗∗ 0.056∗ -0.030 -0.065∗∗∗ 0.119∗∗∗

(0.089) (0.023) (0.030) (0.058) (0.017) (0.028)

Management 0.793∗∗∗ -0.210∗∗∗ -0.390∗∗∗ 0.585∗∗∗ -0.209∗∗∗ -0.274∗∗∗

(0.152) (0.043) (0.063) (0.094) (0.032) (0.050)

Specialist 0.749∗∗∗ -0.094∗∗∗ -0.285∗∗∗ 0.407∗∗∗ -0.117∗∗∗ -0.316∗∗∗

(0.128) (0.031) (0.044) (0.090) (0.028) (0.045)

Quali�ed worker 0.490∗∗∗ -0.095∗∗∗ -0.353∗∗∗ 0.324∗∗∗ -0.045∗ -0.271∗∗∗

(0.122) (0.028) (0.038) (0.084) (0.025) (0.039)

O�ce worker 0.186∗ -0.091∗∗∗ -0.202∗∗∗ 0.058 0.028 -0.216∗∗∗

(0.110) (0.024) (0.027) (0.075) (0.022) (0.030)

Fulltime -0.259∗∗∗ -0.223∗∗∗ -1.290∗∗∗ -0.307∗∗∗ -0.136∗∗∗ -1.570∗∗∗

(0.062) (0.017) (0.023) (0.046) (0.015) (0.026)

Firm size -0.222∗∗∗ -0.009 -0.109∗∗∗ -0.210∗∗∗ 0.037∗∗∗ -0.088∗∗∗

(0.043) (0.011) (0.016) (0.027) (0.008) (0.016)

Local unemploy-

ment rate

-0.009 0.018∗∗∗ 0.016∗ -0.025 0.021∗∗∗ 0.006

(0.024) (0.006) (0.008) (0.016) (0.005) (0.008)

Manufacturing 0.095 0.004 0.041 -0.401∗∗∗ -0.196∗∗∗ -0.141∗∗∗

(0.109) (0.032) (0.044) (0.086) (0.026) (0.044)

Electricity -0.127 0.089∗ 0.127∗∗ 0.085 -0.097∗∗∗ -0.127∗∗∗

(0.182) (0.047) (0.063) (0.076) (0.025) (0.042)

Retail -0.161∗∗ 0.116∗∗∗ 0.118∗∗∗ -0.365∗∗∗ -0.121∗∗∗ -0.070∗

(0.071) (0.019) (0.026) (0.072) (0.023) (0.038)

Transport -0.156 0.154∗∗∗ 0.091∗ 0.118 0.164∗∗∗ -0.286∗∗∗

(0.142) (0.034) (0.050) (0.078) (0.025) (0.044)

Finance -0.034 0.121∗∗∗ 0.050∗ -0.137∗ -0.042∗ -0.091∗∗

(0.070) (0.020) (0.029) (0.070) (0.023) (0.039)

Res,d1 0.188∗∗ 0.223∗∗∗ 0.664∗∗∗ 0.325∗∗∗ 0.208∗∗∗ 1.063∗∗∗

(0.078) (0.021) (0.024) (0.052) (0.017) (0.027)

Res,d2 0.141∗ 0.155∗∗∗ 0.644∗∗∗ 0.260∗∗∗ 0.157∗∗∗ 0.785∗∗∗

(0.079) (0.021) (0.032) (0.049) (0.016) (0.027)

Res,d8 0.261∗∗∗ -0.035 -0.514∗∗∗ -0.022 -0.064∗∗∗ -0.707∗∗∗

(0.099) (0.030) (0.073) (0.059) (0.019) (0.060)

Res,d9 0.111 -0.055∗∗ -0.336∗∗∗ -0.069 0.005 -0.487∗∗∗

(0.084) (0.023) (0.030) (0.055) (0.018) (0.036)

Cohort dummies Yes Yes Yes Yes Yes Yes
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...Table 7 continued

Women Men

Variables SE WE NE SE WE NE

Constant -7.105∗∗∗ -1.066∗∗∗ -0.268 -4.161∗∗∗ -1.325∗∗∗ -0.099

(0.661) (0.166) (0.214) (0.418) (0.125) (0.209)

Observations 115375 115375 115375 173037 173037 173037

sigma_u 0.552 0.267 0.015 0.778 0.052 0.621

(0.153) (0.120) (0.021) (0.104) (0.070) (0.064)

rho 0.156 0.041 0.000 0.269 0.002 0.190

(0.073) (0.036) (0.000) (0.052) (0.004) (0.031)

Prob.>=chibar2 0.273 0.124 0.461 0.063 0.469 0.000

Log-likelihood -8534 -58992 -35455 -18890 -90612 -45326

Standard errors in parentheses, Hazard ratios are reported, ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗

p < 0.01, SE-self-employment, WE-wage employment, NE-nonemployment
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Table 8: Transitions of incumbent �rm employees with unobserved

heterogeneity (normal frailty)

Women Men

Variables SE WE NE SE WE NE

Tenure: 1 year 0.599∗∗∗ 0.613∗∗∗ 0.777∗∗∗ 0.346∗∗∗ 0.451∗∗∗ 0.702∗∗∗

(0.047) (0.020) (0.016) (0.029) (0.019) (0.018)

Tenure: 2 years 0.451∗∗∗ 0.364∗∗∗ 0.653∗∗∗ 0.343∗∗∗ 0.284∗∗∗ 0.548∗∗∗

(0.049) (0.015) (0.017) (0.030) (0.013) (0.017)

Tenure: 3 years 0.377∗∗∗ 0.217∗∗∗ 0.286∗∗∗ 0.338∗∗∗ 0.219∗∗∗ 0.206∗∗∗

(0.052) (0.012) (0.018) (0.032) (0.010) (0.019)

Tenure: 4 years 0.169∗∗∗ 0.046∗∗∗ 0.136∗∗∗ 0.143∗∗∗ 0.069∗∗∗ 0.156∗∗∗

(0.056) (0.011) (0.020) (0.034) (0.009) (0.020)

Non-employed -0.104∗∗∗ -0.254∗∗∗ 0.341∗∗∗ -0.337∗∗∗ -0.249∗∗∗ 0.413∗∗∗

(0.028) (0.006) (0.008) (0.023) (0.006) (0.009)

Age 0.158∗∗∗ -0.003 -0.070∗∗∗ 0.043∗∗∗ -0.004∗ -0.143∗∗∗

(0.015) (0.003) (0.004) (0.010) (0.002) (0.004)

Age squared -0.002∗∗∗ -0.000∗∗∗ 0.001∗∗∗ -0.001∗∗∗ -0.000∗∗∗ 0.002∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Married/Cohabiting 0.039 -0.169∗∗∗ -0.227∗∗∗ 0.137∗∗∗ -0.005 -0.156∗∗∗

(0.029) (0.006) (0.009) (0.024) (0.006) (0.011)

With children <18

years

-0.128∗∗∗ -0.007 -0.136∗∗∗ 0.095∗∗∗ 0.013∗∗ -0.157∗∗∗

(0.031) (0.006) (0.010) (0.024) (0.006) (0.012)

Nordic -0.197∗∗∗ 0.020 0.138∗∗∗ -0.117∗∗ 0.016 0.257∗∗∗

(0.074) (0.014) (0.020) (0.054) (0.013) (0.022)

Western -0.061 -0.070∗∗∗ 0.267∗∗∗ 0.024 -0.042∗∗∗ 0.302∗∗∗

(0.082) (0.017) (0.022) (0.058) (0.016) (0.025)

Eastern -0.352∗∗∗ -0.237∗∗∗ 0.310∗∗∗ -0.139∗∗ -0.268∗∗∗ 0.402∗∗∗

(0.089) (0.016) (0.018) (0.057) (0.014) (0.019)

Others -0.116∗ -0.039∗∗∗ 0.330∗∗∗ 0.118∗∗∗ -0.063∗∗∗ 0.517∗∗∗

(0.061) (0.011) (0.014) (0.039) (0.010) (0.015)

Secondary educa-

tion

0.280∗∗∗ 0.152∗∗∗ -0.145∗∗∗ 0.076∗∗∗ 0.058∗∗∗ -0.073∗∗∗

(0.048) (0.009) (0.011) (0.025) (0.006) (0.010)

Tertiary education 0.319∗∗∗ 0.399∗∗∗ -0.488∗∗∗ 0.065∗∗ 0.194∗∗∗ -0.445∗∗∗

(0.053) (0.010) (0.014) (0.031) (0.008) (0.015)

Stockholm 0.195∗∗∗ 0.128∗∗∗ -0.104∗∗∗ 0.104∗∗∗ 0.074∗∗∗ -0.104∗∗∗

(0.031) (0.006) (0.010) (0.020) (0.005) (0.010)

Gothenburg -0.017 -0.002 -0.087∗∗∗ 0.030 -0.043∗∗∗ -0.053∗∗∗
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...Table 8 continued

Women Men

Variables SE WE NE SE WE NE

(0.039) (0.007) (0.012) (0.025) (0.006) (0.013)

Malmo 0.141∗∗∗ -0.019∗∗ 0.055∗∗∗ 0.016 -0.039∗∗∗ 0.097∗∗∗

(0.040) (0.008) (0.012) (0.026) (0.007) (0.012)

Management 0.741∗∗∗ -0.026∗ -0.460∗∗∗ 0.777∗∗∗ -0.033∗∗∗ -0.591∗∗∗

(0.071) (0.015) (0.030) (0.047) (0.012) (0.027)

Specialist 0.701∗∗∗ -0.123∗∗∗ -0.423∗∗∗ 0.627∗∗∗ -0.114∗∗∗ -0.533∗∗∗

(0.059) (0.011) (0.018) (0.044) (0.011) (0.020)

Quali�ed worker 0.395∗∗∗ -0.034∗∗∗ -0.297∗∗∗ 0.395∗∗∗ -0.035∗∗∗ -0.434∗∗∗

(0.056) (0.010) (0.015) (0.042) (0.010) (0.016)

O�ce worker 0.183∗∗∗ 0.041∗∗∗ -0.105∗∗∗ 0.147∗∗∗ 0.024∗∗∗ -0.228∗∗∗

(0.051) (0.009) (0.011) (0.040) (0.009) (0.013)

Fulltime -0.580∗∗∗ -0.314∗∗∗ -1.470∗∗∗ -0.575∗∗∗ -0.337∗∗∗ -1.831∗∗∗

(0.030) (0.006) (0.009) (0.026) (0.007) (0.011)

Firm size -0.180∗∗∗ -0.051∗∗∗ -0.060∗∗∗ -0.197∗∗∗ -0.075∗∗∗ -0.086∗∗∗

(0.006) (0.001) (0.002) (0.004) (0.001) (0.002)

Local unemploy-

ment rate

-0.058∗∗∗ 0.018∗∗∗ 0.000 -0.065∗∗∗ 0.036∗∗∗ -0.022∗∗∗

(0.011) (0.002) (0.003) (0.007) (0.002) (0.004)

Manufacturing -0.201∗∗∗ -0.333∗∗∗ -0.092∗∗∗ -0.632∗∗∗ -0.411∗∗∗ -0.316∗∗∗

(0.041) (0.009) (0.012) (0.035) (0.010) (0.017)

Electricity -0.026 -0.192∗∗∗ -0.293∗∗∗ 0.034 -0.179∗∗∗ -0.376∗∗∗

(0.082) (0.017) (0.030) (0.035) (0.010) (0.018)

Retail -0.098∗∗∗ -0.150∗∗∗ -0.139∗∗∗ -0.372∗∗∗ -0.266∗∗∗ -0.302∗∗∗

(0.035) (0.007) (0.010) (0.034) (0.010) (0.017)

Transport -0.083 -0.122∗∗∗ -0.070∗∗∗ -0.236∗∗∗ -0.066∗∗∗ -0.389∗∗∗

(0.056) (0.011) (0.017) (0.037) (0.010) (0.018)

Finance 0.108∗∗∗ 0.088∗∗∗ -0.017 -0.105∗∗∗ 0.034∗∗∗ -0.156∗∗∗

(0.033) (0.007) (0.011) (0.032) (0.009) (0.017)

Res,d1 0.495∗∗∗ 0.185∗∗∗ 0.825∗∗∗ 0.552∗∗∗ 0.252∗∗∗ 1.364∗∗∗

(0.034) (0.007) (0.009) (0.023) (0.006) (0.011)

Res,d2 0.391∗∗∗ 0.187∗∗∗ 0.798∗∗∗ 0.288∗∗∗ 0.177∗∗∗ 0.901∗∗∗

(0.045) (0.010) (0.016) (0.029) (0.007) (0.014)

Res,d8 0.056 -0.026∗∗∗ -0.646∗∗∗ -0.009 -0.010 -0.720∗∗∗

(0.048) (0.010) (0.031) (0.027) (0.007) (0.028)

Res,d9 0.280∗∗∗ 0.017∗∗ -0.382∗∗∗ 0.212∗∗∗ 0.039∗∗∗ -0.478∗∗∗

(0.035) (0.008) (0.013) (0.024) (0.007) (0.018)

Cohort dummies Yes Yes Yes Yes Yes Yes
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...Table 8 continued

Women Men

Variables SE WE NE SE WE NE

Constant -7.855∗∗∗ -1.183∗∗∗ -0.347∗∗∗ -4.226∗∗∗ -0.777∗∗∗ 1.206∗∗∗

(0.307) (0.059) (0.085) (0.197) (0.050) (0.088)

Observations 1154766 1154766 1154766 1778511 1778511 1778511

sigma_u 0.232 0.349 0.007 0.221 0.507 0.606

(0.081) (0.036) (0.004) (0.072) (0.025) (0.026)

rho 0.032 0.069 0.000 0.029 0.135 0.182

(0.021) (0.013) (0.000) (0.018) (0.012) (0.013)

Prob.>=chibar2 0.349 0.000 0.407 0.345 0.000 0.000

Log-likelihood -43527 -522459 -246302 -94559 -793161 -263262

Standard errors in parentheses, Hazard ratios are reported, ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01,

SE-self-employment, WE-wage employment, NE-nonemployment
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