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Abstract 
The sharing economy is a growing phenomenon, which has created markets out of the 

surplus of resources by allowing people to share these with peers. As the sharing 

economy is built upon peer-to-peer interactions, the user is dependent on the experience 

and trust offered by the provider, making trust crucial. Previous research on what affects 

trust in the sharing economy only focused on one factor at a time, and these factors have 

been reputation, peer-to-peer influence and perceived privacy and security. This has led 

to failing to gain a holistic picture of how the factors combined impact trust in the 

sharing economy. To cover this gap in research, this study combined the factors 

mentioned above into a conceptual model to explain the holistic impact on trust in the 

sharing economy. A sample of 329 respondents participated in the survey, where the 

results show that peer-to-peer influence, and perceived privacy and security together 

have a positive impact on trust in the sharing economy. Reputation on the other hand, 

does not have an impact in this conceptual model. The conceptual model of this study 

explains 17.2 percent of trust in the sharing economy, and based on the results of this 

study, implications and suggestions for future research will be presented. 
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1 Introduction 

1.1 Background 

In the late 20th century, online technology became an integrated part of an individual’s 

life (The Economist, 2013a). During this time, new ways of carrying out tasks online 

advanced, and consumption through processes such as online shopping flourished 

(Schutzer, 2014). Other online activities such as renting resources from peers and 

neighbours also began to flourish, however it took time and required a lot of planning 

around the sharing and lending activity (The Economist, 2013a). Technological 

advancements and the rise of social media systems through Web 2.0, technology that 

enables interactive user-generated content to be shared and communicated (Jussila, 

Kärkkäinen and Aramo-Immonen, 2014), have however made it easier for people to 

connect with each other on web platforms (Matzler, Veider and Kathan, 2015; Miller, 

2016). French (2015) argues that the sharing economy is the next progressive step 

succeeding the breakdown of the consumer-producer wall by social media. Therefore 

the peer-to-peer (P2P) transactions are no longer troublesome in a technical sense (The 

Economist, 2013a, The Economist, 2013b; Matzler, Veider and Kathan, 2015; Forbes, 

2016).  
 

The recession in the early 21st century also forced the development of a new economic 

model, based on sharing resources rather than consumers owning and purchasing all the 

resources they needed (Posen, 2015). This phenomenon is known by several terms, such 

as the sharing economy model, the P2P model and collaborative economy (The 

Economist, 2013b). However it is the term sharing economy that covers all conditions 

including collaborative consumption, shared ownership, and co-creation to name a few 

(Matofska, n.d.), which is why this study will solely use the term sharing economy. The 

sharing economy allows people to create, provide, share and loan underutilized goods, 

services, space and money interactively with each other through brands such as Airbnb, 

CouchSurfing, Blabla-cars, Uber and many more (Botsman and Rogers, 2010; Owyang, 

2014; Cusumano, 2015).  
 

McClure (n.d. cited by French, 2015) explains how the sharing economy has created 

markets out of things that would not have been considered profitable assets in the past. 

The sharing economy has effectively put to use the surplus of goods available and 

decreased the current excess. French (2015) considers this particularly relevant seeing 
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as consumers have become more mindful of the harmful effects consumption has on the 

environment, which has sparked more efficient markets. In addition to this, technology 

has enabled costs to be decreased, which has made the model of sharing goods and 

services become more affordable - also making it attainable on a larger scale (French, 

2015).  
 

The brands operating in the sharing economy are rather young and have not even 

existed for a decade (Miller, 2016). However, unlike the structure of a traditional 

company, the sharing economy allows private people to also be businesspeople and 

collaborate with a flexible approach (Botsman and Rogers, 2010; French, 2015). With 

the appearance of internet startups within the sharing economy constantly increasing, it 

is now possible for anyone to provide personal goods and services in exchange for 

money (Benkler, 2002; French, 2015). 
 

1.2 Problem Discussion 

The sharing economy is rapidly expanding and Ufford (2015) affirms that this growth 

will double in the year of 2016, seeing as companies within this business model are 

increasing its user rate. As the sharing economy is a growing phenomenon, researchers 

focus on aspects that are important to consider, wherein satisfaction has an essential role 

in order for the sharing economy to flourish (Rosen, Lafontaine and Hendrickson, 

2011). Vital determinants of satisfaction have shown to be trust, cost savings, 

familiarity and utility (Rosen, Lafontaine and Hendrickson, 2011; Möhlmann, 2015). 

Among those determinants affecting satisfaction, trust was found to be the most crucial 

and prominent (Möhlmann, 2015). The reason for this is that the sharing economy can 

only work properly when trust is present, since it is based on people relying on each 

other (Botsman and Rogers, 2010; Ert, Fletcher and Magen, 2016). 
 

Sasaki and Marsh (2012) argue that, as a result of globalization, the establishment of 

trust becomes complicated. This is since society, in some situations, requires one to 

trust strangers and one cannot rationally trust strangers without any reassurance (Sasaki 

and Marsh, 2012). However, a study has shown how individuals who engage with 

brands in the sharing economy have a higher level of trust towards strangers, compared 

to the general level (Forno and Garibaldi, 2015). According to Kramer and Tyler 

(1996), the willingness of individuals to trust others stems from the likelihood and 
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expectation that others will respond with the same trust. They further claim that trust 

also includes determining this risk and whether or not to engage in the action based on 

the future reaction of others (Kramer and Tyler, 1996). As consumer trust has proven to 

be one key revenue driver for online businesses, it is vital for brands to communicate 

how much they value trust among their consumers and peers (Enders, et al., 2008). It is 

therefore also vital for both already established brands and emerging brands within the 

sharing economy to understand the importance of trust (PwC, 2015).  
 

Andruss (2015) claims that consumers’ trust and their behavior are vital for businesses 

operating in the sharing economy. Pew Research Center (2014) conducted a study on 

the social trust levels and though the study focused on different generations, they found 

that in general there is a relatively low trust level, where only an average of 32 percent 

of the respondents believed they could trust most people (Pew Research Center, 2014). 

Furthermore a study made by Ray, Ow and Kim (2011) indicates how the concern of 

trust has shown to be prominent for 87 percent of the users online. Since the sharing 

economy is based on offering private services and goods, the user is dependent on the 

experience and trust offered by the provider through a sharing economy platform 

(Zeithaml, Bitner, and Gremler, 2006; Bonsón Ponte, Carvajal-Trujillo and Escobar-

Rodriguez, 2015). The sharing economy platform becomes crucial for the creation of 

trust, where the provider often times has no initial relationship with the user (PwC, 

2015).  
 

In academic literature, the phenomenon of the sharing economy (Posen, 2015) as well 

as trust in the sharing economy are well researched in a broader perspective (Botsman 

and Rogers, 2010; Bonsón Ponte, Carvajal-Trujillo, and Escobar-Rodriguez 2015; Ert, 

Fletcher and Magen, 2016). However, the importance of future researchers focusing on 

factors that together can drive trust in the sharing economy need to be investigated 

further, in order to gain a deeper understanding of it  (Möhlmann, 2015; Ert, Fletcher 

and Magen, 2016). 
 

There are however studies that have focused on factors of trust in the sharing economy, 

but these tended to investigate only one factor at a time, these factors being reputation, 

peer-to-peer influence, and perceived privacy and security (Ufford, 2015). This has led 

to failing to gain a holistic picture of how the factors combined impact trust in the 

sharing economy (Rosen, Lafontaine and Hendrickson, 2011; Bonsón Ponte, Carvajal-
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Trujillo, and Escobar-Rodriguez, 2015; Dambrine, Jerome and Ambrose, 2015). Seeing 

as the lack of trust is something that can affect the sharing economy directly as the 

interaction in the collaborative marketplace increases, the requirements for the factors 

that affect trust in the sharing economy should be researched further (Ufford, 2015). To 

cover the gap in research, this study will strive to reach a holistic picture of the factors 

reputation, peer-to-peer influence, and perceived privacy and security, in order to find 

how these factors combined affect the trust in the sharing economy. 

 

1.3 Purpose 

The purpose of this study is to explain the impact of the combined factors that affect 

trust in the sharing economy. 
  



  
 

9 

2 Theoretical Framework 

2.1 Trust in the Sharing Economy 

Trust is the speculation of future behavior of someone or something (Sasaki and Marsh, 

2012), and becomes apparent from reliance on goods and services that require 

involvement of other people (Kramer and Tyler, 1996). There are two settings in which 

trust can be found in, according to Chang, Dillon, and Hussain (2006). The first of 

which is a physical trust setting wherein trust is established between two individuals or 

groups who have the opportunity to know each other through personal interactions or 

introduction (Chang, Dillon, and Hussain, 2006). In contrast to this, the virtual trust 

setting is where both individuals or groups may or may not have had an encounter other 

than one using an online platform or medium (Laat, 2005; Chang, Dillon, and Hussain, 

2006). The virtual trust is enabled by technology (Chang, Dillon, and Hussain, 2006) 

and using the technology that is present today, the sharing economy is building and 

establishing a market for already existing and underused resources. These resources did 

not have a marketplace before, and hence this economy-model requires trust between 

strangers, which the technology can help build (Botsman, 2012). The more technology 

moves forward, the more efficient it becomes to create trust, and the more powerful the 

relational ties grow between people, which in turn makes sharing easier (Botsman, 

2012). 
 

Because the sharing economy relies on consumer trust, as well as the private services 

and goods offered by providers in order to function, it is crucial that the consumers trust 

both sharing economy brands and their providers (Zeithaml, Bitner, and Gremler, 2006; 

Bonsón Ponte, Carvajal-Trujillo and Escobar-Rodriguez, 2015). As previously 

mentioned in the problem discussion, trust is very important for the sharing economy to 

function (Botsman and Rogers, 2010; Ert, Fletcher and Magen, 2016). There are 

specific factors, namely reputation (Abdul-Rahman and Hailes, 2000; Özpolat, et al., 

2013; Dambrine, Jerome and Ambrose, 2015), peer-to-peer influence (Keymolen, 2013; 

Belew, 2014), and perceived privacy and security (Miyazaki and Fernandez, 2000; 

Yannopoulou, Moufahim, and Xuemei, 2013), that have been prominent in the literature 

and highlighted to have an impact on trust in the sharing economy. These factors will be 

further described and presented below based on gathered literature, and a conceptual 
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model will be introduced where the factors will be presented as independent variables 

and where trust in the sharing economy will be the dependent variable. 

 

2.1.1 Reputation 

One of the main factors affecting trust in the sharing economy is reputation (Abdul-

Rahman and Hailes, 2000; Chang, Dillon and Hussain, 2006). Two of the many 

definitions of reputation is that it is the result of all first, second and third hand 

recommendations combined with the trustworthiness of the source (Chang, Dillon and 

Hussain, 2006) and that it is the expectation one has of someone or something, based on 

information of previous behavior and experiences (Abdul-Rahman and Hailes, 2000). 

Dambrine, Jerome and Ambrose (2015) claim that for actors in the sharing economy, 

reputation has a key role since a good outcome is commonly linked to a good peer 

reputation. Both sides of the exchange have to trust that the deal will be beneficial, 

based on the peer reputation (Dambrine, Jerome and Ambrose, 2015). 
 

The provider’s reputation gives a potential buyer quality information that is based on 

previous customers’ experiences, which contributes to the decision-making of whether 

or not a deal should be made (Özpolat, et al., 2013). In addition, research by Bonsón 

Ponte, Carvajal-Trujillo, and Escobar-Rodriguez (2015) indicates that the provider’s 

reputation is the strongest element affecting the consumer’s perceived security and trust 

in the provider. This can be explained by the phenomena of traditional and online word-

of-mouth (Resnick and Zeckhauser, 2002). The word-of-mouth in traditional 

transactions spreads around among the peers and reaches a restricted area in few days, 

while online word-of-mouth is shared amongst peers and strangers in a much wider 

scale and in much faster pace. Therefore a good reputation is crucial for online 

transactions (Resnick and Zeckhauser, 2002; Lauterbach, et al., 2009). Since parties that 

are usually strangers to each other, interact in a potential transaction online, the need for 

trust becomes essential (Lauterbach, et al., 2009). Actors in the sharing economy are 

urged to manage their online reputation, as it is a signal of quality that is important for 

the building of trust (Bonsón Ponte, Carvajal-Trujillo, and Escobar-Rodriguez, 2015). ` 

 

The review above leads to the first hypothesis: H1: Reputation has a positive impact on 

trust in the sharing economy. 
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2.1.2 Peer-to-Peer Influence 

Peer-to-peer influence occurs throughout online networks, not just between family and 

friends (Belew 2014), seeing as the power in the opinions of existing consumers on 

future consumers is also increasing (Simonson and Rosen, 2014). Belew (2014) points 

out that strangers help persuade online consumers just as much, if not more. 

Furthermore, she mentions a study made by Nielsen which showed that online ratings, 

reviews and recommendations by other customers, which are commonly used in 

combination with each other (Bronner and de Hoog, 2010), is the second most trusted 

source when looking for information about a brand or company (Belew, 2014).   
 

Shen, Rees Ulmer and Hu (2015) highlight the importance of online reviews and rating 

systems, as consumers are becoming more reliant on online experiences and opinions by 

consumers who already interacted with a specific product or service. A review is the 

information posted online post-purchase as an indicator to future potential customers to 

guide them in their decision-making (Bronner and de Hoog, 2010), moreover 

Fagerstrøm and Ghinea (2011) specify that a satisfactory review from other customers 

is a recommendation. A study indicated that 82 percent of consumers were affected by 

online reviews before they made a purchase decision (Shen, Rees Ulmer and Hu, 2015), 

thus demonstrating the trust consumers have towards online reviews. When reviewing 

the tools available online that can help build and improve trust, Keymolen (2013) 

considers the online rating system as of great importance. The efficient tools that are 

available online, especially through social media systems has helped increase the trust 

in sharing economy platforms by giving the users helpful indicators to either trust or not 

trust a provider (Barnes and Mattson, 2015; Richardson, 2015). It is however important 

that these rating-tools work properly and are done in an efficient way. If they are done 

poorly they will not only harm the reputation of the individual provider, but might taint 

the whole reputation of the sharing economy platform (Barnes and Mattson, 2015).  
 

It is through rating systems that consumers are given a chance to reward or penalize the 

trustworthiness of a provider by means of an online review, oftentimes using a scale of 

1-5 stars (Keymolen, 2013). Customer reviews and recommendations of providers have 

also shown a strong impact on trust, the beliefs of the potential customers and the 

perceived quality (Benlian, Titah, and Hess, 2012; Lin, 2014). In addition, 

recommendations have proven to have a significant impact on sales, as a product or 

service with good recommendations is more trustworthy to the consumer (Lin, 2014). 
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The importance of reviews has increased over the years, and has become the main 

source of information for consumers when making an online purchase decision (Xie, 

Chen, Wu, 2016). Therefore consumers take positive and negative feedback into 

consideration from previous consumers, which affects their decision (Xie, Zhang and 

Zhang, 2014). Additionally, consumers trust recommendations not only by peers they 

already know, but also posted online by strangers (Nielsen, 2015). Both articles by 

Dambrine, Jerome and Ambrose (2015) and Benlian, Titah, and Hess (2012) claim that 

reviews is the determinant factor of consumers’ evaluations of where to place their trust. 

The review system also allows buyers and sellers to establish a good reputation and 

facilitate future endeavors (Keymolen, 2013).  
 

The review above leads to the second hypothesis: H2: Peer-to-peer influence has a 

positive impact on trust in the sharing economy. 

 

2.1.3 Perceived Privacy and Security 

Bonsón Ponte, Carvajal-Trujillo, and Escobar-Rodriguez (2015), and Richardson (2015) 

stress the importance of trust in businesses online for customers, and especially how the 

perceived privacy and security affects trust. This can be called internet privacy, and 

regards to the privacy and security of consumer data collected by brands online 

(Miyazaki and Fernandez, 2000). It is these factors affecting trust that in turn decide the 

level of satisfaction among the consumers (Bonsón Ponte, Carvajal-Trujillo, and 

Escobar-Rodriguez, 2015; Bansal, Zahedi, and Gefen, 2016). Bansal, Zahedi, and Gefen 

(2016) state that many brands based online require their customers to share personal and 

contact details, which some are reluctant to do due to concerns about their privacy. A 

study showed that a high level of perceived privacy concern affects the frequency of 

online transactions, meaning that consumers worried about their private information 

tend to avoid situations where the sharing of this information is required (Akhter, 2014). 

The level of concern regarding the perceived  privacy and trust is influenced by both 

personality traits of the individual in question, and by the context in which they are 

asked to share personal information. (Bansal, Zahedi, and Gefen, 2016). Enders, et al. 

(2008) also point out how important it is that the user trusts the platform and other users 

of the platform, which according to them can be supported by giving users control over 

their privacy settings and visibility of sensitive information to others.  
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The security within the sharing economy is put in the hands of the producer and 

consumer, and the compromise of security has lead to a decrease of transaction costs 

and cost for using these services (Kerr, 2014; Lehrer & Moylan, 2014). Traditionally 

insurance costs, licenses, membership fees of a specific industry or accreditations are 

passed onto the consumer and the price they pay for the service (Yannopoulou, 

Moufahim, and Xuemei, 2013). Gyimothy and Dredge (2015) suggest that this is not a 

problem within the sharing economy seeing as traditionally the high transaction cost 

and lack of rating system decrease trust, while in the sharing economy consumers can 

pay less money but with the help of rating systems, the trust can increase. Wood (2015) 

further expounds on this explaining that the new currency, which is crucial for the 

sharing economy, is a good reputation, which in turn increases the perceived security. 

This fact differs from traditional business ventures and since both providers and users 

are being rated, the high trust-level within the sharing economy is maintained 

(Gyimothy and Dredge, 2015; Wood, 2015). 
 

The review above leads to the third hypothesis: H3: Perceived privacy and security have 

a positive impact on trust in the sharing economy.  
  

2.2 Conceptual Framework 

When examining the already existing literature mentioned above on factors that could 

affect trust online, three factors were identified as most prominent - reputation, peer-to-

peer influence, and privacy and security. Each factor was individually studied in relation 

to trust by different researchers and suggested to have an impact on trust. It can 

therefore be deduced that these factors will have a positive impact on trust in the sharing 

economy. Separate hypotheses have been deduced from each independent variable, 

enabling them all to be combined in the analysis to see how they holistically impact 

trust in the sharing economy. Even if one of the independent variables would show no 

impact on the dependent variable by itself, it would still be critical to measure the 

impact of all independent variables. 
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Figure 2.1 Trust in Sharing Economy Conceptual Model. 
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3 Methodology 

3.1 Research Approach 

It is vital for any study, that the researchers decide which approach should be applied, 

based of the requirements of the specific research (Appannaiah, Reddy, and Ramanath, 

2010). The chosen approach will later affect methodological decisions such as research 

design, data collection method etc. (Bryman and Bell, 2011).  

 

3.1.1 Inductive vs. Deductive Research 

The two main research approaches that can be applied in business research are inductive 

and deductive approaches (Saunders, Lewis and Thornhill, 2009; Zikmund et al., 2010; 

Bryman & Bell 2011). A deductive approach is according to Bryman and Bell (2011) 

regarded as the most conventional relationship between theory and research. Deductive 

research begins with existing literature that helps determine theories and concepts that 

will be used subsequently to test data, which will be collected and analyzed (Saunders, 

Lewis and Thornhill, 2009). They further expound on this by pointing out that an 

evident theoretical stand is established prior to the data collection (Saunders, Lewis and 

Thornhill, 2009). Bryman and Bell (2011) add that the process of deduction is a 

sequence of linear steps that begins with the theory and the hypotheses that have 

stemmed from these theories, which then drive the procedure of collecting the data 

(Bryman and Bell, 2011). Moreover, it is important to consider the topic on which you 

define your theoretical framework and hypothesis on as it is sustained by the amount of 

literature that can be accessed and one that has an abundance of literature tends towards 

deduction (Saunders, Lewis and Thornhill, 2009).  
 

In contrast to this, inductive research starts with the process of collecting, exploring and 

examining data to develop theories that will be relevant to the literature, since no 

concepts, ideas or theories are established in advance (Saunders, Lewis and Thornhill, 

2009). The theory is the outcome of the inductive research seeing as the process of 

induction makes inferences from the observations made that then leads to the theoretical 

framework (Bryman and Bell, 2011).  
 

The conceptual framework of this study builds on previous literature on online trust and 

the sharing economy, and the theories that they are based on. These theories serve as the 
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foundation for the deduced hypothesis, as well as what the data collected will test. The 

purpose of this study is to explain the impact the independent variables have on the 

dependent variable, and therefore this study will have a deductive approach. 

 

3.1.2 Qualitative vs. Quantitative Research 

Knowing whether a research should be conducted through an inductive or deductive 

manner affects the decision to either make use of a qualitative or quantitative research 

approach (Creswell, 2003; Saunders, Lewis, and Thornhill, 2009; Bryman and Bell, 

2011). The deductive approach is mainly connected to the conduction of a quantitative 

study and hence testing already existing theories, while the qualitative approach 

generates new theory through induction (Bryman and Bell, 2011). Saunders, Lewis, and 

Thornhill (2009) elaborate by distinguishing the differences between the two 

approaches where quantitative research concerns measurement and thus being 

statistical, whilst qualitative research focuses on coming to the root of a phenomena by 

in-depth data collection and therefore being non-statistical. Quantitative data collection 

emphasises factor analysis and measurement (Bryman and Bell, 2011), while the 

qualitative data collection, which is aimed towards allowing more in-depth analysis 

through interviews and in-depth other methods (Saunders, Lewis, and Thornhill, 

2009).   
 

Quantitative data is in contrast to qualitative data, mainly occupied by numbers, 

measurement and the ability to generalize data, and is often referred to as a statistical 

approach to data gathering (USC, 2016). Objectivity is an important factor within 

quantitative research and the sample size should be large and representative so that 

generalization is possible (Bryman and Bell, 2011). Since this research approach is used 

when having a deductive perspective, it is occupied by testing already existing theory 

by the use of hypothesis testing and hence it can be of an explanatory nature trying to 

explain cause-and-effect (Creswell, 2003; Saunders, Lewis, and Thornhill, 2009). When 

making use of a quantitative research method one can conduct experiments and see the 

relationship between independent variables on a dependent variable (USC, 2016). The 

data collection in quantitative research is rather solid and inflexible where the use of 

surveys, structured observations and content analysis ensures that the responses do not 

differ in structure (Saunders, Lewis, and Thornhill, 2009). 
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This research method has however been exposed to some criticism where unlike 

qualitative research it fails to include humanistic factors due to its numerical and 

statistical approach. This might affect the results and therefore hinder the connection of 

the research and everyday life as well as fail to incorporate social meaning and 

structures (Marshall, 2006; Bryman and Bell, 2011). The positive aspects are however 

that it is a reliable method to use due to its objectivity (USC, 2016). The objectivity aids 

when trying to see the relationship between variables, where the researcher’s own 

subjectivity is at a distance (Bryman and Bell, 2011). Another positive aspect of this 

method is the ability to collect a large sample size, representing its population 

(Saunders, Lewis, and Thornhill, 2009). 
 

This study aims towards explaining the impact the independent variables have on the 

dependent variable, making a quantitative data collection most suitable. Other factors 

for choosing a quantitative approach is due to the possibility of reaching a large sample 

size, which can make the results generalizable, which is usually not possible when 

making use of a qualitative approach (Mack, et al., 2011).  

 

3.2 Research Purpose 

Saunders, Lewis, and Thornhill (2009) state that studies can be categorized into purpose 

groups depending on the purpose of the research. Most often this purpose is either 

exploratory, descriptive or explanatory (Saunders, Lewis, and Thornhill, 2009) and the 

choice of purpose is vital in order to acquire useful results, as the research purpose 

should affect the latter methodological decisions (Zikmund, et al., 2013). 
 

Exploratory research purpose is conducted when the topic of research is not yet 

explored and the aim of the study is to clarify the phenomenon (Zikmund, et al., 2013; 

Hair, et al., 2015). In the professional world this purpose is often used to assist product 

development (Zikmund, et al., 2013), using qualitative methods such as interviews and 

focus groups (Saunders, Lewis, and Thornhill, 2009; Hair, et al., 2015). Similar to the 

exploratory purpose, the meaning of descriptive studies is also implied by its name- 

namely that the aim is to describe objects, people, environments etc., and their 

characteristics (Zikmund, et al., 2013; Hair, et al., 2015). Descriptive studies can use 

methods associated to qualitative research, as well as quantitative research, but 

conducting surveys is most common (Saunders, Lewis, and Thornhill, 2009; Zikmund, 
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et al., 2013). Saunders, Lewis, and Thornhill (2009) continue by stating that explanatory 

studies aim to prove causal relationships between different factors. By finding these 

relationships one obtains a greater understanding of the cause-and-effect, resulting in 

greater control over the phenomena and process (Zikmund, et al., 2013). Due to the 

causal nature of explanatory purposes, quantitative methods such as surveys are most 

frequent (Saunders, Lewis, and Thornhill, 2009). 
 

This study aims to understand how the chosen factors combined impact trust in the 

sharing economy, which implies that the causal relationship between the independent 

and dependent variables are to be examined. As this study will be of causal nature, all 

following methodological decisions will be based on the explanatory purpose. 

 

3.3 Research Design 

There are five different research designs that can be applied to a study: experimental 

design, case study design, comparative design, longitudinal design, and cross-sectional 

design (Bryman and Bell, 2011). Experimental research is characterized by using 

groups in order to test the hypotheses, where an experimental group is exposed to the 

treatment and a control group is not (Bryman and Bell, 2011). A case study focuses on 

one single case, which can be an organization, a location, a person etc., to which a deep 

and intensive analysis is conducted (Saunders, Lewis, and Thornhill, 2009; Bryman and 

Bell, 2011). The comparative design is similar to a case study, but collects data from 

two or more contrasting cases using almost identical methods, and the different cases 

are later compared with each other (Bryman and Bell, 2011). For longitudinal studies, 

data is collected from the sample on at least two occasions (Bryman and Bell, 2011) and 

can reveal changes of opinions and behavior over time (Zikmund, et al., 2013). This 

study on the other hand will apply a cross-sectional design, also known as the social 

survey design, which collects data from the population or sample at one specific 

occasion (Saunders, Lewis, and Thornhill, 2009), with the aim to investigate how two or 

more variables can be connected, e.g. impact another variable (Bryman and Bell, 2011). 

The cross-sectional design has been applied to this study, as the design’s aim matches 

the purpose of this paper and will allow to explain potential impacts on trust in the 

sharing economy, caused by the independent variables in the conceptual framework. 
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3.4 Data Sources 

Appannaiah, Reddy, and Ramanath (2010), and Zikmund, et al., (2013) explain that 

when it comes to collecting data for a study, there are two different approaches: primary 

and secondary data collection. The source of the data is an important decision as the 

result of the study is relying on the quality of the data and how well it fits the purpose 

(Appannaiah, Reddy, and Ramanath, 2010). Appannaiah, Reddy, and Ramanath (2010) 

therefore continue by claiming that the approach to choose is dependent on the nature of 

the study and what one aims to achieve. Primary data, is data collected by the 

researchers themselves, for the specific purpose of a study (Appannaiah, Reddy, and 

Ramanath, 2010). The most commonly used method for collecting primary data is using 

surveys (Zikmund, et al., 2013), but Appannaiah, Reddy, and Ramanath (2010) also 

highlight methods such as observations and focus groups. The biggest advantage is that 

the researcher can customize the data collection to fit the specific study and have full 

control over the sample (Appannaiah, Reddy, and Ramanath, 2010). On the contrary, 

secondary data has already been collected by others, where the researcher obtains this 

data through journals, reports, publications etc. (Appannaiah, Reddy, and Ramanath, 

2010; Zikmund, et al., 2013). 
 

The most useful approach to apply is primary data collection, as this allows the data 

collection instrument to be customized to fit this exact aim and the context of sharing 

economy. In addition, primary data collection enables control over the sample, which 

will be an advantage to this study. 

 

3.5 Data Collection Method 

The research approach for this study will be quantitative and use primary data, as 

mentioned above, which limits the possible data collection methods. The most common 

methods used for quantitative research are surveys and structured observations (Bryman 

and Bell, 2011). Saunders, Lewis, and Thornhill (2009) describe structured observations 

as method that involves a systematic observation of people’s behavior in certain 

situations or contexts, and the quantitative approach to observations focuses on the 

frequency of actions of those observed (Saunders, Lewis, and Thornhill, 2009). Due to 

the fact that this study wants to understand the reasoning behind the consumers’ choice, 

before the actual actions are carried out, the data collection method structured 

observations is not suiting for this purpose. 
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In contrast, Saunders, Lewis, and Thornhill (2009) state that surveys allow the 

researchers to understand the thoughts of respondents and the reason behind these 

opinions. A survey can be either a self-completion questionnaire or a structured 

interview, which is cross-sectional and therefore conducted at one point in time 

(Bryman and Bell, 2011). Bryman and Bell (2011) further claim that the survey data 

collection method is used to examine relationships between variables, and Saunders, 

Lewis, and Thornhill (2009) add that the method is useful when producing models of 

those relationships. Additionally, surveys allow control over sampling and can generate 

big amounts of participants, at low costs, which can enable generalizable outcomes 

(Saunders, Lewis, and Thornhill, 2009). This data collection method is suitable for the 

purpose of this study for several reasons. The study aims to understand the relationship 

between the variables in the conceptual model created, which is possible through a 

questionnaire. Furthermore, being a quantitative study, will allow a great amount of 

respondents at a low cost. 

 

3.6 Sampling 

When doing research, all responses have to be collected from the right group of interest. 

This group of interest is the population, which refers to all individuals or objects that are 

of interest to the study and that what it aims to target (Saunders, Lewis, and Thornhill, 

2009). The whole population can in some cases be investigated, which is called census 

research (Bryman and Bell, 2011), but most often the population is too large and 

impossible to study as a whole (Saunders, Lewis, and Thornhill, 2009; Bryman and 

Bell, 2011). Bryman and Bell (2011) further state that when the population is too large, 

a representative sample has to be selected and the sample can either have a probability 

or non-probability approach. The probability approach uses a sampling frame, a list of 

all population objects, from which the sample is selected on a random basis, ensuring 

that each object has equal probability to be selected. On the contrary, non-probability 

sampling is applied when a sampling frame cannot be used and the objects of the 

sample are instead selected on a subjective judgement basis (Saunders, Lewis, and 

Thornhill, 2009; Bryman and Bell, 2011). 
 

To generate a comprehensive result, this study’s group of interest is anyone who has 

previously made use of goods or services provided in the sharing economy. Due to the 
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global trend of sharing economy brands, it can be assumed that the population is very 

large and constantly increasing. Being such a big population that is not registered in any 

database, it is neither possible nor are there enough resources to conduct a census study. 

Another consequence of the lack of a database is that it will not be possible to find a 

sampling frame to conduct probability sampling. Instead, this study will apply non-

probability sampling. 

 

3.6.1 Sampling Strategy 

There are three different strategies of selecting a sample for non-probability sampling, 

namely convenience sample, snowball sample, and quota sample (Bryman and Bell, 

2011). A convenience sample uses objects easily accessible to the researcher, and 

snowball sampling is similar to this, with the distinction that the selected group of 

individuals are encouraged to invite other relevant people to the sample (Saunders, 

Lewis, and Thornhill, 2009; Bryman and Bell, 2011). Snowball sampling is commonly 

used when it is difficult to identify members of the population, and one could need help 

from other members of the population to reach a more diverse sample (Saunders, Lewis, 

and Thornhill, 2009). Saunders, Lewis, and Thornhill (2009), and Bryman and Bell 

(2011) continue by explaining that researchers using quota sampling reflect upon the 

population and create demographic groups of e.g. age, occupation etc. 
 

This study will apply snowball sampling seeing as the sharing economy is a global 

phenomenon, which means that the population of everyone who has ever used sharing 

economy goods or services is constantly increasing around the world. Using snowball 

sampling enables initial contact to be taken with participants, who in turn can spread the 

questionnaire to various members of the population. By doing this, a more diverse 

sample and a larger sample size can be included in the study.  

 

3.6.2 Sample Selection and Data Collection Procedure 

According to Saunders, Lewis, and Thornhill (2009), there are no rules regarding 

sample size for non-probability sampling. The sample size is instead decided based on 

the need and resources of the specific research (Saunders, Lewis, and Thornhill, 2009). 

Bryman and Bell (2011) explain how time and cost are prominent factors that can be 

used as guidelines to decide sample size. As the exact size of the population of this 

study (everyone who has used the sharing economy) is constantly changing as more and 
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more people use sharing economy brands, time and cost will function as determinants, 

along with the need of the research. 
 

Statistical formulas can be used in order to compute the sample size, wherein three main 

components must be taken into consideration: the degree of confidence, the margin of 

error, and finally the amount of variability (Hair,  et al., 2015). The degree of 

confidence depends on research judgement and historically the most common 

confidence levels are 90 percent, 95 percent, and 99 percent (Smith, 2013; Hair, et al., 

2015). The margin of error or specified level of precision is the difference between the 

estimated sample value and population value willing to be accepted (Hair, et al., 2015). 

The third and final component is the amount of variability in the population, which is 

measured by standard deviation. Hair, et al. (2015) continue by stating that it is seldom 

the true standard deviation is known, which is why researchers can use an estimate 

based on other similar studies. Smith (2013) also adds that using 0.5 as the standard 

deviation, makes allowances for the variance to expect but still ensures that the sample 

size will be large enough. This study will aim towards a sample size of 271 respondents, 

wherein the formula and calculation of the said sample size will be shown below:  

 

𝑆𝑎𝑚𝑝𝑙𝑒 𝑆𝑖𝑧𝑒 =
𝑍 𝑠𝑐𝑜𝑟𝑒 ! × 𝑆𝑡𝑑 𝐷𝑒𝑣 × (1− 𝑆𝑡𝑑 𝐷𝑒𝑣) !

𝑀𝑎𝑟𝑔𝑖𝑛 𝑜𝑓 𝐸𝑟𝑟𝑜𝑟!  

 
 
𝐷𝑒𝑔𝑟𝑒𝑒 𝑜𝑓 𝐶𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 =  90% = 𝑍 𝑠𝑐𝑜𝑟𝑒 𝑜𝑓 1.645 
𝑇𝑟𝑢𝑒 𝑉𝑎𝑟𝑖𝑎𝑏𝑖𝑙𝑖𝑡𝑦 = 𝑆𝑡𝑑 𝐷𝑒𝑣 =  0.5 
𝑀𝑎𝑟𝑔𝑖𝑛 𝑜𝑓 𝐸𝑟𝑟𝑜𝑟 =  ±5% = 0.05 
 
 

𝑆𝑎𝑚𝑝𝑙𝑒 𝑆𝑖𝑧𝑒 =
(1.645)! × 0.5  × (1− 0.5) !

0.05!  

 

𝑆𝑎𝑚𝑝𝑙𝑒 𝑆𝑖𝑧𝑒 =
2.7060 × (0.25)

0.0025  

 
𝑆𝑎𝑚𝑝𝑙𝑒 𝑆𝑖𝑧𝑒 = 271 
 

Once the questionnaire completed the pilot testing, the researchers posted on their 

Facebook, email and Instagram accounts a short introduction, the link to the 

questionnaire, and a closing message encouraging others to spread the word if they 

knew of people who might have used sharing economy. After 5 days and through the 
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use of snowball sampling, there were 401 respondents in total, and with the help of a 

filter question 329 respondents represented the population.  

 

3.7 Data Collection Instrument 

This chapter will explain the process of how the questionnaire was developed, which is 

also displayed in Figure 3.1. The creation of the questions and their connection to 

previous literature will be demonstrated through an operationalization. The questions 

will then be arranged together with the other components of the questionnaire as the 

design will evolve. Before the questionnaire is sent to the selected sample, professionals 

and representatives of the population will pretest this before it is approved. 

 

 

Figure 3.1 Process of Questionnaire Development.  

 

3.7.1 Operationalization and Measurement of Variables 

A goal in conceptualizing theories is standardizing what the concepts mean when they 

are being used (Mueller, 2007). Operationalization is a tool to help validly and reliably 

define these concepts and theories into measurable variables (Mueller, 2007; Bryman 

and Bell, 2011). From a theoretical concept it develops into something empirical that 

can be observed or analyzed (Mueller, 2007). This allows the study to have a consistent 

way of  interpreting and measuring the collected data, hence leading to consistent results 

that can be replicated by other researchers (Bryman and Bell, 2011). Mueller (2007) 

further states that for each variable measured in the questionnaire, the level of 

measurement scale, e.g. nominal, ordinal, etc., that will be applied for each question has 

to be predetermined in the operationalization. The chosen measurement level should be 

as high as possible for each question, as this enables more powerful statistical tests 

meaning that the results are stronger (Mueller, 2007). All questions in this 

operationalization will use an ordinal scale with a 5-point Likert-scale, which will be 

explained in the chapter below. 
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Table 3.1 Operationalization 

Variables Codes Theoretical 
Definition 

Authors Operationalize
d Definition 

Questions 

Trust in 
the Sharing 
Economy 

Trust_1 
Trust_2 
Trust_3 
Trust_4 

Trust is the 
speculation of 
future behavior of 
someone or 
something, and 
becomes apparent 
from reliance on 
goods and services 
that require 
involvement of 
other people, and 
therefore it plays a 
crucial role in the 
sharing economy. 

Kramer and 
Tyler (1996); 
Botsman and 
Rogers (2010); 
Sasaki and 
Marsh (2012); 
Ert, Fletcher, 
and Magen 
(2016) 

By investigating 
the dependent 
variable trust in 
sharing economy, 
it will be possible 
to measure the 
level of trust 
individuals have 
towards providers, 
and how reliable 
sharing economy 
is. 

1. Trust_1: I trust 
providers, who I do not 
know, on sharing 
economy websites.  

2. Trust_2: I trust that I 
will receive what was 
promised by sharing 
economy private 
providers.  

3. Trust_3: I think that 
providers in the sharing 
economy are 
trustworthy.  

4. Trust_4: I think that 
sharing economy 
brands are trustworthy.  

Reputation Rep_1 
Rep_2 
Rep_3 
Rep_4 

Reputation is the 
positive or negative 
expectation one has 
of someone or 
something, based 
on information of 
previous 
experiences 
(through word-of-
mouth and online 
word-of-mouth), 
which contributes 
to the decision 
making. 

Abdul-
Rahman and 
Hailes (2000); 
Özpolat, et al. 
(2013); 
Dambrine, 
Jerome and 
Ambrose 
(2015) 

This concept 
measures the 
importance of 
how others’ 
previous 
experiences affect 
one’s expectations 
and purchase 
decisions. 

1. Rep_1: When I choose 
to use a brand in the 
sharing economy, my 
buying decision is 
based on other people’s 
experiences with that 
brand.  

2. Rep_2: When I hear 
positive feedback 
about an experience 
from someone who has 
used a sharing 
economy brand, I 
expect the same 
positive experience 
when I use that brand.  

3. Rep_3: When I hear 
good things about a 
sharing economy 
brand, it positively 
affects my decision to 
use this brand.  

4. Rep_4: When I hear 
bad things about a 
sharing economy 
brand, it negatively 
affects my decision to 
use this brand.  

Peer-to-
Peer 
Influence 

P2P_1 
P2P_2 
P2P_3 

Systems within 
peer-to-peer 
influence in the 
form of ratings, 
reviews and 
recommendations,  
give former and 
existing consumers 
the chance to 
reward or penalize 

Keymolen 
(2013); Belew 
(2014) 

By investigating 
the concept of 
peer-to-peer 
influence systems, 
one can see the 
impact of ratings, 
reviews, and 
recommendations 
on the 
trustworthiness of 

1. P2P_1: It is important 
to me that a peer-to-
peer influence system 
(for example, ratings, 
reviews, and 
recommendations) is 
available in the sharing 
economy.  

2. P2P_2: I take peer-to-
peer influence (for 
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the trustworthiness 
of a provider. This 
is turn, can help a 
potential customer 
to make a purchase 
decision. 

providers in the 
sharing economy, 
as well as if there 
is an impact on 
the 
trustworthiness of 
the brand. 

example, ratings, 
reviews, and 
recommendations) into 
consideration when 
making a buying 
decision in the sharing 
economy.  

3. P2P_3: I consider peer-
to-peer influence (for 
example, ratings, 
reviews, and 
recommendations) to 
be reliable.  

Perceived 
Privacy 
and 
Security 

PriSec_1_
Recoded 
PriSec_2_
Recoded 
PriSec_3_
Recoded 
PriSec_4 

This regards to the 
perceived privacy 
and security of 
consumer data 
collected by brands 
online as well as the 
perceived online 
customer privacy 
and safety 
regarding the 
sharing economy. 

Miyazaki and 
Fernandez 
(2000) 
Yannopoulou, 
Moufahim, 
and Xuemei 
(2013) 

This concept 
measures the 
perceived privacy 
and security 
concerns on 
sharing economy 
websites. 

1. PriSec_1_Recoded: I 
think that the sharing 
economy websites 
collect too much 
personal information 
from me.  

2. PriSec_2_Recoded: I 
am worried that 
sharing economy 
websites will use my 
personal information 
for other purposes.  

3. PriSec_3_Recoded: I 
am worried that 
unauthorized persons 
(for example, hackers) 
have access to the 
personal information I 
enter on sharing 
economy websites.  

4. PriSec_4: I feel safe 
making online 
payments on sharing 
economy websites.  

 

3.7.2 Questionnaire Design 

According to Saunders, Lewis, and Thornhill (2009), the questionnaire design and 

structure administers to a large degree, the validity and reliability of the data collected. 

Using questions from existing and validated journal articles or internet based question 

banks can be beneficial and more time efficient (Saunders, Lewis and Thornhill, 2009). 

When writing a questionnaire several factors should be considered, and a key factor is 

the choice of words. The terms or phrases used in the questionnaire should be easily 

recognized and understood by the respondents in order for the questions to be clear 

(Saunders, Lewis and Thornhill, 2009; Malhotra, 2010). There are two main types of 

questions - open-ended or closed questions. Open-ended questions allow respondents to 

answer in a liberal way, meaning that there are no strict choices given. With closed 

questions on the other hand, alternative answers are provided from which the 
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respondent is required to choose from. This study will use closed questions as this leads 

to quicker and more responses as they are easier to answer since less effort is required in 

writing, and it is also less complicated to compare and analyze responses since they are 

already fixed (Saunders, Lewis and Thornhill, 2009).  
 

There are four common types of measurement scales; Nominal, ordinal, interval and 

ratio (Moore, McCabe and Craige, 2009; Pennstate, 2016). According to Saunders, 

Lewis and Thornhill (2009), rating or scale questions are commonly used to collect 

opinion data. This study will specifically use the 5-point Likert-style rating scale, a 

common ordinal measurement scale, where the respondent is asked to rate questions or 

statements from e.g. strongly disagree to strongly agree (Saunders, Lewis and Thornhill, 

2009). This study will also make use of filter questions to make sure that all respondents 

have used or purchased sharing economy goods and/or services. The actual 

questionnaire of this study will include a cover letter with a brief explanation of the 

study, what to expect, and how much time it should take to answer it, which can be seen 

in Appendix 1. The questionnaire will also have a simplistic layout that is clear to 

understand, but will also include illustrations or images in order to aid and encourage 

respondents in answering. Finally, it will close by thanking the respondents and a 

comments section should they have any other concerns. 
 

3.7.3 Pretesting 

In order to avoid unforeseen problems regarding the questionnaire and to be able to 

make changes relating to the questions, a pilot pretest should be conducted (Saunders, 

Lewis and Thornhill, 2009). The pretest is not only useful in order to ensure that the 

questions operate well, but also that the survey tool functions as a whole (Bryman and 

Bell, 2011). The questionnaire should be evaluated by both professionals within the 

field and individuals of the population in order to receive feedback and comments, and 

with this as a base assess the questions’ validity and reliability (Saunders, Lewis and 

Thornhill, 2009; Bryman and Bell, 2011). 
 

Pretesting was done on 10 individuals representing the population, and two experts 

within the field. The pretesting was done by allowing the individuals to conduct the 

questionnaire while going through exactly how they interpreted the questions and why 

they answered as they did. In this way, the thought process of the individuals was 

visible and communicated. The individuals gave comments on what could improve to 
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make the questionnaire even better, and this feedback was assessed to improve the 

questionnaire. When changes were made, new participants were chosen to do the 

questionnaire in order to see if it was understandable, which it showed to be. The 

experts within the field commented and reviewed the questionnaire and improvements 

were made accordingly. 

 

3.8 Data Analysis Method 

Among the statistical analyses in SPSS, descriptive statistics is the most basic and 

fundamental analysis method (Zikmund, et al., 2013), which enables comparison 

between variables (Saunders, Lewis, and Thornhill, 2009). All data from the 

questionnaire is analyzed, and descriptive statistics is used to find the central tendency 

with median, mode and mean, distribution and variability for each item or question 

(Saunders, Lewis, and Thornhill, 2009; Zikmund, et al., 2013). The descriptive statistics 

also reveal if there is any skewness and/or kurtosis, and according to Hair, et al. (2015) 

the skewness should be between ±1 and kurtosis should be between ±3. If the 

descriptive statistics indicate that there is too much skewness and/or kurtosis in the 

distribution, Moore, McCabe, and Craig (2009) suggest to conduct a box plot analysis 

in order to identify potential outliers causing this abnormality. Outliers occur when 

responses are too divergent from the other responses, and one can exclude these outliers 

to strive towards a normal distribution (Moore, McCabe, and Craig, 2009). 
 

To assess the validity of variables one can apply a correlation analysis (Saunders, 

Lewis, and Thornhill, 2009). Correlation measures the direction and strength of the 

linear relationship between items of a construct, or between the constructs themselves, 

where the Pearson correlation coefficient will be ±1 (Moore, McCabe, and Craig, 

2009). When controlling the validity within a construct, all items (questions), of that 

specific construct are included in the correlation analysis in SPSS. In order for all items 

of a construct to be valid, the correlation coefficient has to be > 0.5 without reaching 1 

to ensure that all items measure the construct, but is not the exact same question (Hair, 

et al., 2006). When determining the validity in between the constructs, however, the 

average of each construct is tested in SPSS and the correlation coefficient cannot exceed 

0.8, as the constructs would then be too similar (Hair, et al., 2010). The statistical 

significance of the correlation is calculated and results in a decision of whether or not 

the questions, or the constructs, are valid (Bryman and Bell, 2011). 
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Furthermore, to assess reliability for the results of a study, a Cronbach’s alpha analysis 

can be conducted through the use of SPSS (Moore, McCabe and Craig, 2009). The 

Cronbach’s alpha analysis provides a measurement of the reliability of the results, with 

the values between 0-1, and the stronger the Cronbach’s alpha is, the more the reliability 

increases (Tavakol and Dennick, 2011). Hair, et al. (2010)  suggest that when 

determining if results are considered reliable, the figure of 0.7 is a rule of thumb for an 

acceptable level of internal reliability and Tavakol and Dennick (2011) explain that the 

maximum alpha value of 0.9 is recommended, since above this value may suggest that 

the questions have been testing the same thing, but in different guise. These values are 

found when all items of each construct are inputted into SPSS. If an item in SPSS would 

show a Cronbach’s alpha value of  >0.7 or <0.9, then the item should be revised or 

discarded (Tavakol and Dennick, 2011). This could be done through viewing if the 

Cronbach’s alpha for each item would increase if one of the items were to be deleted.  
 

Multiple linear regression will be applied to this study to examine the predictive 

relationships of the three independent variables and the dependent variable, in other 

words; to test the hypotheses. Multiple linear regression is used to predict and explain 

the dependent variable based on two or more independent variables (Moore, McCabe, 

and Craig, 2009; Hair, et al., 2010). The average of each independent variable is tested 

in SPSS together with the control variables, age and gender, in order to examine if these 

have an impact on the dependent variable. The ANOVA test shows the F-value of the 

hypotheses, and this value has to be significant in order to proceed with the hypotheses 

testing, as this proves the null hypothesis rejected (Moore, McCabe, and Craig, 2009). 

Hair, et al. (2015) state that the multiple linear regression also presents a beta coefficient 

for each of the hypotheses, which shows the strength and direction of the relationship of 

each independent variable on the dependent variable. The beta coefficient of a variable 

has to be statistically significant in order for the hypothesis to be supported (Hair, et al., 

2015). Additionally, the adjusted R² is presented in the multiple linear regression and is 

often multiplied by 100 to be expressed as a percentage, which shows by how many 

percent the independent variables explain the dependent variable (Moore, McCabe, and 

Craig, 2009; Hair, et al., 2010). 
 

In order to compare means, such as between different age groups, a one-way ANOVA 

test will be used. One-way ANOVA is used when there is only one independent variable 
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of interest (Hair, et al., 2015), and it tests hypotheses by comparing the means between 

different groups to see if the difference between them is statistically significant (Moore, 

McCabe, and Craig, 2009; Saunders, Lewis and Thornhill, 2009). The dependent 

variable and the independent variable of interest are inputted into the one-way ANOVA 

test in SPSS wherein the significance of the F-value is presented and is the value of 

relevance. 
 

3.9 Quality Criteria 

Reliability, replicability and validity are the most prominent criteria that needs to be 

evaluated when conducting business research (Bryman and Bell, 2011). Following 

quality criteria can make the study you are conducting reliable and valid, and there are 

specific methods and programs allowing one to measure the validity and reliability of 

the study (Bryman and Bell, 2011). The importance of following quality criteria has 

grown over the past couple of years (Bryman, Becker and Sempik, 2007), and this is 

due to external stakeholders such as research funds etc., being interested in the quality 

of research (Duncan and Harrop, 2006). Saunders, Lewis and Thornhill (2009) explain 

reliability as a measure to see if what the study is aiming to measure is stable and if 

there is a possibility to come to the same conclusions if the study were to be conducted 

again. They further explain validity and how it concerns understanding if the research is 

measuring what it intends to measure (Saunders, Lewis and Thornhill, 2009), and 

therefore concerns the integrity of the conclusions, specifically looking into content, 

construct and criterion validity (Cooper and Schindler, 2008). There are different types 

of validity that are important to look deeper into, in order for the results to be 

considered valid (Bryman and Bell, 2011), and they will be presented below.  
 

3.9.1 Content Validity 

Saunders, Lewis and Thornhill (2009) explain content validity as concerning whether 

the questions that are asked in the questionnaire are valid and measures and covers the 

intended content under investigation. This can be done in a number of ways, where one 

way is to examine if there has been prior research within the topic of interest and what 

has been said about the topic previously (Saunders, Lewis and Thornhill, 2009). 

Another way is by making use of a panel of expert that review the questionnaire prior to 

giving it out to the sample (Saunders, Lewis and Thornhill, 2009). 
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In this study the content validity has been assessed by examining and deducing theory 

from existing literature and finding gaps in previous research. The content validity has 

also been assessed through letting experts within the field, review and comment the 

questionnaire in order to improve potential misunderstandings or errors. The comments 

for improvements from the experts have been applied accordingly to the questionnaire 

until accepted by the experts. 
 

3.9.2 Construct Validity 

Construct validity concerns the validity of each question that is asked within a construct 

and between constructs (Saunders, Lewis and Thornhill, 2009; Bryman and Bell, 2011). 

Construct validity within a construct shows if each item within e.g. reputation actually 

measures reputation and should have a correlation coefficient of 0.5 or above in order to 

be valid and to assure that the items within a construct measures the construct (Hair, et 

al., 2006). It is also important to run a correlation analysis to assure that the constructs 

between each other do not measure the same construct, e.g. that reputation is not similar 

to perceived privacy and security. To assess this, the correlation coefficient should be 

0.8 or below in order to be valid and to assure that the constructs are not similar to each 

other (Hair, et al., 2006). Construct validity is examined by running a correlation 

analysis in SPSS, which is explained in chapter 3.8. Doing a correlation analysis can 

help understand the construct validity, and this is the analysis method this paper will 

make use of  in order to ensure the construct validity.  
 

To assess construct validity for this study, a correlation analysis was done in SPSS. The 

way the construct validity was assured was through looking into the positive correlation 

for each construct, both within and between the constructs. Therefore this study will aim 

towards having a construct validity where the correlation coefficient within each 

construct is 0.5 or above to be valid and 0.8 or below to be valid between constructs. 
 

3.9.3 Criterion Validity 

Criterion validity concerns the performance of the operationalization against some 

criterions, in order for the operationalization to be able to predict or distinguish 

something through theory (Trochim, 2006). To assess criterion validity, one has to 

compare the data from the questionnaire with the operationalization, and this can be 

done by the help of hypothesis testing (Saunders, Lewis and Thornhill, 2009).  
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Therefore this study will make use of hypotheses testing, where the hypotheses are 

deeper presented in the operationalization in order to become measurable. The 

explanations of each hypothesis in the operationalization has been derived from theory, 

and therefore increases the criterion validity. 
 

3.9.4 Reliability 

As mentioned earlier, reliability concerns whether or not conclusions derived from a 

research can be reproduced, and therefore transparency is of importance (Bryman and 

Bell, 2011). Additionally, Robson (2002) highlights the importance to consider subject 

or participant error and bias when conducting the study, seeing as these errors and 

biases may affect the data and hence, reliability. This can be done by trying to eliminate 

all the potential aspects that might lead the result to fluctuate and therefore leading to 

the study being difficult to reproduce (Robson, 2002).  
 

A way to assess reliability can be through a Cronbach’s alpha analysis (Moore, McCabe 

and Craig, 2009) which has been explained deeper in chapter 3.8. As Hair, et al. 

(2010)  suggests, the figure of 0.7 is an acceptable Cronbach’s alpha value, and it 

should not exceed a value of 0.9 (Tavakol and Dennick, 2011) If the Cronbach’s alpha 

value shows  to be > 0.7 or < 0.9 then the items within that construct have to be revised 

(Tavakol and Dennick, 2011). 
 

To assure that the reliability in this study is assessed, a reliability test will be conducted 

with the help of a Cronbach’s analysis in SPSS. The suggested values for an acceptable 

Cronbach’s alpha value will be between 0.7-0.9 when looking into each item in each 

construct, e.g. all questions in reputation. If any item would show to be below or above 

the acceptable levels of 0.7-0.9 then these will be revised or discarded as Tavakol and 

Dennick (2011) suggest. 
 

3.10 Ethical Considerations 

When conducting research, it is vital to consider the ethical matters (Saunders, Lewis, 

and Thornhill, 2009; Bryman and Bell, 2011). The four main concerns that need to be 

considered are harm done to participants, lack of informed consent, invasion of privacy, 

and deception (Bryman and Bell, 2011). 
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In this paper the four main ethical considerations have been considered in order to 

protect the participants of the questionnaire. In order to ensure that the participants felt 

no harm, the researchers’ email addresses were provided, in case the participants had 

further questions or wanted to contact any of the researchers. In addition to this, a 

comments section was also added at the end of the survey to give the participants a 

chance to express additional thoughts or concerns, which assures them that their 

thoughts matter.  In order to ensure that there was no lack of informed consent or 

deception, the purpose of the study was clearly explained in the initial page of the 

questionnaire, as well as how the data will be handled for this study. The importance of 

anonymity was also highlighted in the questionnaire in order to not invade the privacy 

of the participant. Finally, all participants had to be at least 18 in order to participate in 

the questionnaire in order to be in a legal age to decide for themselves. 
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4 Results 
The total amount of respondents who participated in the survey was 401, and of these 

329 represented the population of people who have previously used sharing economy 

services. Out of the 329 respondents 39.2 percent identified themselves as male, 59.6 

percent as female and 1.2 percent as other. Regarding the age groups, as presented in 

Appendix 2, the great majority were between the ages 18-21 and 25-34. The collected 

data was imported into SPSS in order to be analyzed. It is important to note that the first 

three questions regarding privacy and security were reverse coded in order to be in line 

with the hypothesis having a positive impact, as these items denoted unfavorable 

statements such as worry.  
 

Descriptive statistics, which can be seen in Table 4.1, indicated that the distribution was 

not normal, as both skewness and kurtosis were detected since the values were not 

between ±1 for the skewness and ±3 for kurtosis for some of the items. The exact 

values for the relevant six items can be found in the table in Appendix 4. In order to find 

the cause of the skewness and kurtosis, a box plot was used to find potential outliers. In 

total, 38 outliers were detected, caused by 16 respondents which is visible in Appendix 

5.  
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Table 4.1 Descriptive Statistics 

 N Minimum Maximum Mean Std. 
Deviation 

Skewness Kurtosis 

 Statistic Statistic Statistic Statistic Statistic Statistic Std. 
Error 

Statistic Std. 
Error 

Rep_1 329 1 5 3.98 .946 -1.059 .134 1.107 .268 

Rep_2 329 1 5 4.05 .801 -1.050 .134 1.960 .268 

Rep_3 329 1 5 4.19 .750 -1.503 .134 4.641 .268 

Rep_4 329 1 5 4.04 .838 -.950 .134 1.309 .268 

P2P_1 329 1 5 4.34 .841 -1.609 .134 3.166 .268 

P2P_2 329 1 5 4.29 .815 -1.466 .134 2.895 .268 

P2P_3 329 1 5 3.67 .850 -.677 .134 .969 .268 

PriSec_1_Recoded 329 1 5 2.97 .933 -.166 .134 -.314 .268 

PriSec_2_Recoded 329 1 5 2.87 1.097 .074 .134 -.905 .268 

PriSec_3_Recoded 329 1 5 2.84 1.130 .219 .134 -.817 .268 

PriSec_4 329 1 5 3.48 .894 -.662 .134 .132 .268 

Trust_1 329 1 5 3.06 .933 -.309 .134 -.322 .268 

Trust_2 329 1 5 3.56 .843 -.945 .134 .987 .268 

Trust_3 329 1 5 3.31 .742 -.666 .134 .887 .268 

Trust_4 329 1 5 3.59 .760 -1.135 .134 2.428 .268 

Valid N (listwise) 329         

 

As a consequence of identifying the outliers, a reliability test was conducted in order to 

decide whether or not to exclude the outliers, and thereby reach a normal distribution. 

The values of the Cronbach’s alpha, with and without outliers are presented in 

Appendix 6. Appendix 6 shows that when the outliers are excluded, the reliability of 

P2P and Trust decreases as well as the reliability of Rep that decreases to a level < 0.7, 

which according to Hair, et al. (2010) is not sufficient to ensure the reliability. Although 

excluding the outliers would lead to a more normal distribution, it would not only lead 

to a decrease in the reliability of the majority of the variables but also exclude people’s 

opinions. Due to these circumstances, the outliers will not be removed. 
 

Once the reliability of the variables was confirmed, the construct validity was tested 

with the help of correlation analyses. Firstly, the correlation within each variable was 
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examined to ensure that each item of the same variable measures what it intends to 

measure. The Pearson correlation coefficients for all variables are presented in 

Appendices 7-9 and 11. While examining the coefficients, it is noticeable that only the 

items of P2P are fully correlated, as all these coefficients are > 0.5 and significant. All 

correlation coefficients for PriSec_4 in Appendix 9 are very low, which means that the 

item is not valid. In order to make a decision on whether or not to exclude this item, a 

reliability test was conducted for the variable. Appendix 10 shows that the reliability 

increases when PriSec_4 is excluded, as the Cronbach’s alpha becomes 0.789. Due to 

the fact that it is not valid and that it weakens the reliability, it will be removed from 

further analyses. Since the remaining items are reverse coded, the variable PriSec will 

further on be referred to as PriSec_Recoded. Apart from PriSec_Recoded, the lowest 

reported correlation coefficient is present for Rep, where the correlation between the 

items Rep_1 and Rep_4 is 0.412. However all items will be retained seeing as most of 

the coefficients in the tables that are < 0.5 are still close to 0.5, and in addition to this all 

of the significant levels are < 0.001. 
 

When measuring the construct validity between the variables, ensuring that they do not 

measure the same construct, the Pearson correlation coefficient should be < 0.8 (Hair, et 

al., 2010). The average of each variable was inputted in a correlation analysis and is 

presented in Table 4.2. As seen in the table, all coefficients are < 0.8, meaning that the 

averages between the variables are valid since they do not measure exactly the same 

thing. The correlation between all the variables are considered to be significant, except 

for the correlation between P2P_AVG and PriSec_Recoded_AVG, which has a 

significance level of 0.457. Although, it is not significant, the nature of the variables are 

very different, which means that they do not measure the same thing. Therefore, validity 

exists even though the correlation coefficient is not significant. 
 

Table 4.2 Correlation Analysis All Variables 
  Rep_AVG P2P_AVG PriSec_Recoded

_AVG 
Trust_AVG 

Rep_AVG Pearson 
Correlation 
Sig.  

1 
 

.621*** 
 

.000 

-.131* 
 

.018 

.273*** 
 

.000 

P2P_AVG Pearson 
Correlation 
Sig.  

.621*** 
 

.000 

1 
 

-.041 
 

.457 

.372*** 
 

.000 
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PriSec_Recoded_
AVG 

Pearson 
Correlation 
Sig.  

-.131* 
 

.018 

-.041 
 

.457 

1 .143** 
 

.009 

Trust_AVG Pearson 
Correlation 
Sig.  

.273*** 
 

.000 

.372*** 
 

.000 

.143** 
 

.009 

1 

*** Significant at level < 0.001 
** Significant at level < 0.01 
* Significant at level < 0.05 

 

The hypotheses were tested by using a multiple linear regression, which is presented in 

Table 4.3. The control variables age and gender were included in the analysis as Model 

1, as well as combined with each of the independent variables as seen in Models 2-4. In 

addition to this, Model 5 includes all control and independent variables, making a 

multiple linear regression. For each variable the Beta value as well as the significance 

level is presented below the models. The table also presents the adjusted R², as well as 

the F-value and degrees of freedom.  
 

This study aims to explain the impact of the combined factors of trust on trust in the 

sharing economy, which is tested through the three hypotheses on reputation, peer-to-

peer influence, and perceived privacy and security. In Table 4.3, the results of the 

hypotheses testing are presented and one can see that H2  and H3 are supported, meaning 

that peer-to-peer influence, and perceived privacy and security have an impact on trust 

in the sharing economy. When looking at Model 5, it can be seen that the significance 

levels of both hypotheses are < 0.001. In contrast to this, it can be seen that H1  about the 

impact of reputation, has a significance level of 0.102, which means that it is not 

significant and has to be rejected. 
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Table 4.3 Multiple Linear Regression 

  Model 
1 

Control 

Model 
2 

Model 
3 

Model 
4 

Model 
5 

All 

Result 

Control Variables        

Age Beta 
Std. Error 
Sig.  

.085 

.033 

.125 

.097 

.032 

.069 

.089 

.031 

.083 

.113 

.034 

.042 

.125 

.031 

.015 

 

Gender Beta 
Std. Error 
Sig.  

.054 

.070 

.329 

.007 

.069 

.904 

.005 

.066 

.922 

.066 

.070 

.225 

.009 

.065 

.863 

 

Independent Variables        

Rep_AVG 
 

Beta 
Std. Error 
Sig.  

 .276 
.054 
.000 

  .107 
.066 
.102 

H1 Rejected 

P2P_AVG Beta 
Std. Error 
Sig.  

  .372 
.047 
.000 

 .313 
.058 
.000 

H2 Supported*** 

PriSec_Recoded_AVG Beta 
Std. Error 
Sig.  

   .167 
.041 
.003 

.192 

.038 

.000 

H3 Supported*** 

R²  .010 .084 .146 .037 .184  

Adjusted R²  .004 .075 .138 
 

.028 .172  

F-value 
Sig. 

 1.673 
.189 

9.922 
.000 

18.568 
.000 

4.176 
.006 

14.604 
.000 

 

Degrees of Freedom 
(df) Regression 

 2 3 3 3 5  

*** Significant at level < 0.001 
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5 Discussion 
It can be seen that Table 4.3 not only shows the multiple linear regression with the 

combined factors, but also presents four other models. Model 1 focuses solely on the 

impact the control variables age and gender have on trust in the sharing economy. It can 

be seen that neither the significance level nor the F-value are significant, which shows 

that none of the control variables have an impact, and this means that at least one more 

variable has to be added in order to explain trust in the sharing economy.  
 

The first variable that is added to the control variables is reputation in Model 2, where 

age and gender are still not significant. However, reputation alone is significant with the 

beta coefficient 0.276 and has a significant F-value. The beta coefficient indicates that 

reputation has a rather strong positive impact in comparison to the beta coefficient of 

perceived privacy and security. Although reputation is significant when it is isolated in 

Model 2, it contradicts the results in Model 5 where the impact of reputation when 

combined with the other variables is not significant, which is why it is rejected. A 

reason behind this could be that the Pearson correlation coefficient between reputation 

and peer-to-peer influence is 0.621, which is considered valid although relatively near 

0.8, showing that these two variables might be similar. Despite the fact that both 

reputation and peer-to-peer influence are built upon other users' opinions and 

experiences, these similarities are not enough to combine them into one factor. Whereas 

the variable reputation is an expectation based on previous experiences and behavior 

(Abdul-Rahman and Hailes, 2000), peer-to-peer influence consists of ratings, reviews, 

and recommendations from customers (Bronner and de Hoog, 2010). However, it is still 

possible that due to the similarities peer-to-peer influence limits the impact of 

reputation, and running a multiple linear regression as shown in Appendix 12, excluding 

peer-to-peer influence results in reputation having a higher beta coefficient of 0.303 and 

a significance of 0.000. Although the results in Table 4.3 show that H1 should be 

rejected, this does not mean that it should be disregarded seeing as it has an impact on 

trust in the sharing economy as in seen in Model 2 in Table 4.3, and Appendix 12.  
 

When instead adding peer-to-peer influence with age and gender in Model 3, the control 

variables are still not significant. However, the F-value is significant as well as the beta 

coefficient 0.372, showing that peer-to-peer influence has the strongest positive impact 

on trust in the sharing economy, amongst the independent variables. This result was not 
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unexpected seeing as ratings, reviews, and recommendations, when used together, is 

one of the most trusted sources which help persuade online customers in their decision 

making process (Benlian, Titah, and Hess, 2012; Belew, 2014; Dambrine, Jerome and 

Ambrose, 2015). The literature also shows that customers are more reliant on other 

customers and their previous experiences (Barnes and Mattson, 2015; Richardson, 

2015), and seeing as the platforms allow transparency for both good and bad reviews, 

potential customers are assured that what is written is reliable and trustworthy. It can 

therefore be deduced that it is due to this transparency and the success of online rating 

systems that peer-to-peer influence has the strongest positive impact on trust in the 

sharing economy. 
 

Proceeding to Model 4, perceived privacy and security was combined with age and 

gender, where the control variable age is significant, however gender is not. The F-value 

is significant as well as the beta coefficient 0.167, which means that perceived privacy 

and security when isolated has a positive impact on trust in the sharing economy, but in 

comparison to the other independent variables it is rather weak. Based on the literature, 

people who are worried about their privacy and security online tend to be reluctant and 

avoid situations where personal information has to be shared (Akhter, 2014; Bansal, 

Zahedi, and Gefen, 2016). It can be due to this that those who are concerned about their 

privacy and security online generally avoid taking part in the sharing economy, which 

reflects the beta coefficient in Model 4. Furthermore, it can be reasoned that the beta 

coefficient is low because people who do engage in the sharing economy are not 

concerned and worried to an extent where it exceeds the will to use the sharing 

economy, leading to perceived privacy and security not having a strong impact on trust 

in the sharing economy in this study. Additionally, as age is significant, the means of 

each age group were compared and is presented in Appendix 13. It can be seen that as 

the age increases, the level of concern and worry generally increases, with the age group 

of 55 and above being the most concerned about privacy and security online.  
 

Model 5 includes all the independent variables, as well as the control variables age and 

gender. Gender shows no impact on trust in the sharing economy, but age is significant 

at the level 0.015. To find the variable(s) causing the significance of age in Model 5, a 

one-way ANOVA test was run. Appendix 14 shows that once again age is only 

significant for perceived privacy and security. The F-value for the model is significant 

and so are the beta coefficients for peer-to-peer influence, and perceived privacy and 
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security, meaning that H2 and H3 are supported, as presented in Table 4.3. This means 

that both peer-to-peer influence, and perceived privacy and security have a positive 

impact on trust in the sharing economy. Similar to what the results were when the 

independent variables were looked at separately, the beta coefficients of Model 5 

indicate that it is still peer-to-peer influence that has the strongest impact on trust in the 

sharing economy, wherein the potential reasons for this have been discussed above. 

Model 5 shows that the adjusted R² is 0.172, meaning that the conceptual model of the 

study explains 17.2 percent of trust in the sharing economy. This shows that when the 

variables are combined, it explains trust in the sharing economy to a greater extent than 

Models 1-4, where the variables are separated. Ultimately, the conceptual model shows 

that there is a positive impact, however, there may be other variables that could be 

added in combination with peer-to-peer influence, and perceived privacy and security in 

order to explain trust in the sharing economy even further. 
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6 Conclusion and Implications 

6.1 Conclusion 

The aim of this study is to explain the impact of the combined factors that affect trust in 

the sharing economy. After conducting the analysis it can be concluded that H2 and H3 

are supported, while H1 is rejected, which means that out of the factors that were 

combined only peer-to-peer influence and perceived privacy and security are proven to 

have a positive impact on trust in the sharing economy. Although H1 is rejected when 

combined with the other two factors, it showed a positive impact when it was isolated in 

Model 2. This shows that although the factor reputation is not significant in the 

conceptual model, it should still be taken into consideration as it is a factor that impacts 

trust in the sharing economy on its own. The results also indicate that peer-to-peer 

influence has the strongest positive impact in the conceptual model, due to the 

transparency available in ratings, reviews and recommendations and the success of these 

rating systems. Furthermore, perceived privacy and security has the weakest positive 

impact in the conceptual model, seeing as the sample showed concern, but not to an 

extent where it exceeded the will to use the sharing economy. Ultimately, the 

conceptual model with its combined factors explain 17.2 percent of trust in the sharing 

economy. 

 

6.2 Managerial Implications 

Peer-to-peer influence was shown to have the strongest positive impact on trust in the 

sharing economy. This makes it crucial for companies operating in the sharing economy 

to have a platform that enables customers to be transparent about their experience by 

having rating systems that allow reviews and recommendations. By allowing customers 

to reward or complain, the providers and companies can see areas that need 

improvement in order to provide a better experience. Through this, companies in the 

sharing economy and what they offer also become transparent, which leads to an 

increase in trust.  
 

Even for those who use sharing economy goods and services, the level of concern about 

privacy and security online is already rather high, even if it does not impact their level 

of trust very much in this study. As discussed above, those who are highly concerned 

about their privacy and security online, tend to avoid participating in the sharing 
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economy. Therefore, it is reasonable to believe that privacy and security online might 

have a greater effect on these potential customers. In order for companies to persuade 

new customers to participate in the sharing economy, they have to emphasize their 

privacy and security measures. By ensuring the customers that their personal 

information is safely stored and will not be used for other purposes, the potential 

customers might be converted into users. 
 

As mentioned above, reputation in the sharing economy should not be disregarded. 

Instead it should be enhanced seeing as previous experiences contribute to the 

reputation, which affect the expectations of future customers. Having a good reputation 

can be built over time by ensuring that customers with good experiences have the 

chance to express this. This can be connected to peer-to-peer influence that enables a 

good or bad reputation and also takes into consideration people’s opinions. 

Disregarding this can lead to a damaged reputation in the long run, which in turn harms 

the company.  

 

6.3 Academic Implications 

The introduction chapter presented that there is a gap in research about trust in the 

sharing economy, and Möhlmann (2015), and Ert, Fletcher and Magen (2016) suggest 

that researchers should look into the factors driving trust. Previous research on trust in 

the sharing economy focused on specific factors individually. To cover this gap, this 

study combined those factors to gain a more holistic perspective on how these factors 

impact trust in the sharing economy together. The contribution of this study is that peer-

to-peer influence and perceived privacy and security together, impacts trust in the 

sharing economy, whereas reputation which was considered as an important factor by 

previous researchers contradicts this since it does not work well with the other factors. 

Another implication this study presents is the similarities of reputation and peer-to-peer 

influence, which shows the importance of understanding what specifically distinguishes 

one factor from another. It is by understanding each factor and its differences from other 

trust factors in depth, that they could be more effectively used in a combined model.  
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7 Limitations and Future Research 

7.1 Limitations 

This study used a sample of 329 respondents, where a recommended sample size of 271 

respondents was calculated when having a confidence interval of 90 percent. With a 

higher confidence interval (e.g. 95-99 percent), the suggested sample size would 

increase and thereof also the generalizability of the results. However, as the sample size 

of this study exceeds the suggested sample size for a 90 percent confidence interval, it is 

safe to say that the confidence interval for this study is between 90-95 percent. 

Additionally, the respondents were not diverse in regards to age, as 82.6 percent were 

between the ages 18-34. This limited the possibility to generalize the findings to 

specific age groups as the age groups above 35 were underrepresented.  
 

When looking into the construct validity, it was found that the Pearson correlation 

coefficients within three of the variables were not always > 0.5. In order to increase the 

construct validity, the questions could have been modified and gone through more 

pretesting to ensure that the questions measured what they intended to measure. 

Moreover, if each variable had a larger amount of questions, the probability of having 

questions that are valid would increase. This means that questions with a correlation 

coefficient < 0.5 could be removed, hence the validity would increase. 

 

7.2 Future Research 

When discussing the results, several areas within trust in the sharing economy that 

could need additional research were detected. One of these was that the R² of the 

combined factors in Model 5 was higher than when the factors were separated, 

indicating that adding the right factors increases the R². Therefore a suggestion for 

future research would be to identify additional factors that, in combination with peer-to-

peer influence and perceived privacy and security, could explain trust in the sharing 

economy even further. The analysis showed that reputation was not significant when 

combined with the other two factors, but since it is significant when alone, it can be 

assumed that it would work well with other variables that need to be identified. 
 

An additional finding that was identified, although not part of the purpose, was that age 

in Model 4 and 5 was significant and proved to have an impact on trust in the sharing 
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economy. As mentioned above, the age of the respondents were not evenly distributed 

and therefore the results regarding age in this study could not be generalized. However, 

the significance of age should not be disregarded and future research should investigate 

this further, especially for perceived privacy and security. 
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Appendix 1 Questionnaire Design 
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Appendix 2 Age 

  

Frequency Percent Valid percent Cumulative percent 

Valid 18-24 134 40.7 40.7 40.7 
 

25-34 138 41.9 41.9 82.7 
 

35-44 16 4.9 4.9 87.5 
 

45-54 28 8.5 8.5 96.0 
 

55-over 13 4.0 4.0 100.0 
 

Total 329 100.0 100.0 
 

 



  
 

VIII 

 
Appendix 3 Gender 

  

Frequency Percent Valid percent Cumulative percent 

Valid Male 129 39.2 39.2 39.2 
 

Female 196 59.6 59.6 98.8 
 

Other 4 1.2 1.2 100.0 
 

Total 329 100.0 100.0 
 

 
 
Appendix 4 Skewness and Kurtosis 
 Skewness Kurtosis 

Rep_1 -1.059  

Rep_2 -1.050  

Rep_3 -1.503 4.641 

P2P_1 -1.609 3.166 

P2P_2 -1.466  

Trust_4 -1.135  

 
 



  
 

IX 

Appendix 5 Box Plot Derived from SPSS 

 
 
 
 
 
Appendix 6 Cronbach’s Alpha 

Variable Cronbach’s alpha 
with outliers 

Cronbach’s alpha 
without outliers 

Rep .775 .693 

P2P .823 .743 

PriSec .746 .771 

Trust .8 .772 

 
 
 
 
 
 
 
 
 



  
 

X 

Appendix 7 Correlation Analysis Rep 
  Rep_1 Rep_2 Rep_3 Rep_4 

Rep_1 
 
 

Pearson 
Correlation 
Sig. (2-tailed) 

1 
 

.428*** 
 

.000 

.440*** 
 

.000 

.412*** 
 

.000 

Rep_2 Pearson 
Correlation 
Sig. (2-tailed) 

.428*** 
 

.000 

1 .615*** 
 

.000 

.461*** 
 

.000 

Rep_3 Pearson 
Correlation 
Sig. (2-tailed) 

.440*** 
 

.000 

.615*** 
 

.000 

1 .483*** 
 

.000 

Rep_4 Pearson 
Correlation 
Sig. (2-tailed) 

.412*** 
 

.000 

.461*** 
 

.000 

.483*** 
 

.000 

1 

*** Significant at level < 0.001 
 
 
Appendix 8 Correlation Analysis P2P 

  P2P_1 P2P_2 P2P_3 

P2P_1 Pearson 
Correlation 
Sig. (2-tailed) 

1 
 

.709*** 
 

.000 

.518*** 
 

.000 

P2P_2 Pearson 
Correlation 
Sig. (2-tailed) 

.709*** 
 

.000 

1 
 

.603*** 
 

.000 

P2P_3 Pearson 
Correlation 
Sig. (2-tailed) 

.518*** 
 

.000 

.603*** 
 

.000 

1 

*** Significant at level < 0.001 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



  
 

XI 

Appendix 9 Correlation Analysis PriSec_Recoded 
  PriSec_1_Recoded PriSec_2_Recoded PriSec_3_Recoded PriSec_4 

PriSec_1_
Recoded 

Pearson 
Correlation 
Sig. (2-tailed) 

1 
 

.583*** 
 

.000 

.490*** 
 

.000 

.259*** 
 

.000 

PriSec_2_
Recoded 

Pearson 
Correlation 
Sig. (2-tailed) 

.583*** 
 

.000 

1 .604*** 
 

.000 

.299*** 
 

.000 

PriSec_3_
Recoded 

Pearson 
Correlation 
Sig. (2-tailed) 

.490*** 
 

.000 

.604*** 
 

.000 

1 .261*** 
 

.000 

PriSec_4 Pearson 
Correlation 
Sig. (2-tailed) 

.259*** 
 

.000 

.299*** 
 

.000 

.261*** 
 

.000 

1 

*** Significant at level < 0.001 
 
 
Appendix 10 Cronbach’s Alpha if Item Deleted 
 Cronbach’s alpha 

if item deleted 

PriSec_1_Recoded .665 

PriSec_2_Recoded .605 

PriSec_3_Recoded .652 

PriSec_4 .789 

 
 
Appendix 11 Correlation Analysis Trust 

  Trust_1 Trust_2 Trust_3 Trust_4 

Trust_1 Pearson 
Correlation 
Sig. (2-tailed) 

1 
 

.478*** 
 

.000 

.521*** 
 

.000 

.441*** 
 

.000 

Trust_2 Pearson 
Correlation 
Sig. (2-tailed) 

.478*** 
 

.000 

1 .559*** 
 

.000 

.488*** 
 

.000 

Trust_3 Pearson 
Correlation 
Sig. (2-tailed) 

.521*** 
 

.000 

.559*** 
 

.000 

1 
 

.573*** 
 

.000 

Trust_4 Pearson 
Correlation 
Sig. (2-tailed) 

.441*** 
 

.000 

.488*** 
 

.000 

.573*** 
 

.000 

1 

*** Significant at level < 0.001 
 



  
 

XII 

Appendix 12 Multiple Linear Regression for Rep and PriSec 
  Model 6 Result 

Control Variables    

Age Beta 
Std. Error 
Sig.  

.133 

.032 

.013 

 

Gender B 
Std. Error 
Sig.  

.018 

.067 

.741 

 

Independent Variables    

    

Rep_AVG 
 

Beta 
Std. Error 
Sig.  

.303 

.054 

.000 

Supported *** 

PriSec_Recoded_AVG Beta 
Std. Error 
Sig.  

.206 

.039 

.000 

Supported *** 

R²  .124  

Adjusted R²  .113  

F-value 
Sig. 

 11.497 
.000 

 

Degrees of Freedom 
(df) Regression 

 4  

*** Significant at level < 0.001 
 
 
Appendix 13 Compare Means PriSec_Recoded 

Age N Mean Std. Deviation 

18-24 134 3.0348 .89766 

25-34 138 2.8696 .85667 

35-44 16 2.6458 1.07819 

45-54 28 2.7619 .74180 

55 and over 13 2.3333 .89235 

Total 329 2.8956 .88666 

 
 
 



  
 

XIII 

Appendix 14 One-Way ANOVA 
  Sum of Squares df Mean Square F Sig. 

Rep_AVG Between groups 
Within groups 
Total 

.295 
136.927 
137.223 

4 
324 
328 

.074 

.423 
 

.175 .951 

P2P_AVG Between groups 
Within groups 
Total 

1.346 
167.855 
169.201 

4 
324 
328 

.336 

.518 
 

.649 .628 

PriSec_Recoded 
_AVG 

Between groups 
Within groups 
Total 

8.299 
249.562 
257.862 

4 
324 
328 

2.075 
.770 

2.69
4 

.031 

Trust_AVG Between groups 
Within groups 
Total 

1.881 
137.120 
139.002 

4 
324 
328 

.470 

.423 
1.11

1 
.351 

 


